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Abstract—Earth observation utilizes multisource satellite data
to enhance photogrammetry mapping. This study introduces a
novel method to improve the geometric positioning accuracy of
large-scale optical satellite imagery by combined adjustment with
NASA’s Ice, Cloud, and Land Elevation Satellite-2 (ICESat-2)
laser altimetry data. Although ICESat-2 is known for its high
vertical accuracy, its potential to improve horizontal accuracy has
been limited due to the difficulty in matching caused by temporal
inconsistencies across large survey areas. To address this, our
method employs a robust terrain profile elevation sequence simi-
larity matching technique, refined with two-dimensional Gaussian
fitting to achieve enhanced position extraction. We also propose a
weighted adjustment strategy that uses matching confidence to en-
hance the precision of the combined adjustments. Large-scale tests
across various terrains showed that our approach has significantly
reduced horizontal and vertical positioning errors to 4.3 and 1.7 m,
respectively, outperforming existing methods.

Index Terms—Combined adjustment, NASA’s Ice, Cloud,
and Land Elevation Satellite-2 (ICEsat-2), matching, rational
polynomial coefficients, satellite geometric positioning.

I. INTRODUCTION

ADVANCED remote sensing techniques, such as mul-
timodal cooperation, multitemporal fusion, multiview

imaging, and multiscale linkage, have dramatically enhanced
earth observation. These innovations have transformed how data
is collected and processed for various geospatial applications.
This has led to the exploration of combined adjustments uti-
lizing multisource satellite data for enhanced photogrammetry
mapping accuracy [1], [2], [3].
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A key pursuit lies in improving the geometric positioning
accuracy of optical satellites, which is typically lower than other
data sources. Laser altimetry systems (LASs), such as NASA’s
Ice, Cloud, and Land Elevation Satellite (ICESat) [4] and the Ice,
Cloud, and Land Elevation Satellite-2 (ICESat-2) [5] can obtain
precise surface elevation data with accuracy better than 1m on
the whole [6], [7], [8], for their high ranging accuracy. ICESat-2
also have the better horizontal accuracy (about 5 m) [9], [10].
They are significantly outperforming the positioning capabilities
of optical satellites like ZY-3 (10 m in horizontal direction,
5 m in vertical direction) [11]. Thus, the higher accuracy of
ICESat-2 data makes it an essential source of control points
both in horizontal and vertical.

In practice, LASs data has been primarily used as vertical
control points [13], [14], [15], [56], [58]. However, in areas
with undulating terrain, such as mountains and hills, vertical
accuracy decreases because the same horizontal shift leads to
greater vertical error in these regions. To reduce vertical error,
laser footprint images are aligned with optical images when
reference digital orthophotos (DOM) or footprint cameras are
available [16], [17], [18]. Unfortunately, many LASs, such as
ICESat-1/2, lack footprint cameras, with only a few satellites,
such as GF-7, possessing them. Consequently, some researchers
have attempted to improve planar accuracy by incorporating
SAR imagery. However, publicly available high-precision SAR
data are difficult to obtain [53], [54]. In [55], the vertical accuracy
of ICESat-2 control points was improved by aligning building
edges with ICESat-2 data in urban areas; however, this approach
is not feasible in non-urban regions. Therefore, when unknown
horizontal offsets exist between LASs data and optical imagery,
mainstream methods employ slope or flatness analysis to filter
laser points from non-flat areas. Even if horizontal errors cause
elevation inaccuracies, the effect is minimal in these regions,
allowing laser points to be projected onto images to generate
vertical control points for combined adjustment [19], [20], [21],
[22], [23], [57].

These filter-based methods is crude, for wasting valuable
information from nonflat areas. What is more, they failed to
use ICESat-2’s high horizontal accuracy (about 5 m) [9], [10].
Recent research has attempted to match ICESat-2 data with
stereo satellite optical images before performing combined ad-
justments by point cloud registration methods [37], [38]. Point
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Fig. 1. ICESat-2 is directly matched with digital surface models (DSMs)
generated from stereo optical satellite images, but the matching results are
significantly compromised by gross errors, initial value conditions, and the
quantity of point clouds.

cloud registration methods [24], [25] generally fall into three
categories: optimization-based methods [26], [27], [28], [29],
feature-based methods [30], [31], [32], and deeplearning-based
methods [33], [34]. However, these techniques are typically
designed for same-source point clouds. The ICESat-2 points
clouds and point clouds form stereo satellite optical images
are typical cross-source point clouds. The cross-source point
clouds posed unique challenges, including large outliers, density
differences, partial overlap, large rotation, and scale differences
[24], [36]. When matching ICESat-2 data with stereo satellite
optical images, although satellite geometric calibration provides
reasonable initial positioning capabilities, minimizing issues
related to large rotation and scale differences, the challenges
posed by large outliers, density differences, and partial overlap
are more severe, as shown in Fig. 1.

Specifically, for feature-based methods, the sparsity of
ICESat-2 point clouds makes it difficult to extract suitable
features. Deeplearning-based methods are data-driven but often
rely on same-source point cloud datasets, with few cross-source
datasets relevant to this scenario. Conversely, optimization-
based methods are theoretically well-suited to this context. The
latest approaches for matching ICESat-2 with stereo satellite
optical image data typically use optimization-based methods
[37], [38]. In [37], a method based on terrain similarity [specif-
ically, the minimum standard deviation of the elevation dif-
ference between digital surface models (DSMs) from stereo
optical satellite images and ICESat-2 data] was proposed after
preprocessing ICESat-2 data. In [38], the unmodified ICP algo-
rithm was directly applied to match ICESat-2 data with DSMs.
Both methods demonstrated improved horizontal and vertical
accuracy of optical satellite images in small-scale experiments
with the aid of ICESat-2 data.

However, applying these methods to large-scale data still
presents challenges. Optimization-based methods require ac-
curate initial values, which can be difficult due to inherent

Fig. 2. Density differences alone can easily cause divergence in optimization-
based point cloud registration methods.

positioning errors (ranging from a few meters to tens of me-
ters) in large-area optical imagery. Additionally, significant
discrepancies in point cloud density (with differences reaching
thousands of times between ICESat-2 point clouds and DSMs)
hinder convergence [28], as shown in Fig. 1. To investigate the
reasons for the failure of optimization-based methods in our
scenario, we conducted a simulation experiment depicted in
Fig. 2. The experiment simulated two characteristics of ICESat-2
point clouds and DSMs: 1) The density of the blue point cloud for
matching is reduced by a factor of 20 compared with red one to
simulate the significant difference in quantity between ICESat-2
and DSM point clouds; 2. Gaussian noise with a variance of
0.0001 are added to simulate gross errors between them. The
results for the ICP registration, a optimization-based method,
of ICESat-2 and DSM point clouds in Fig. 2 demonstrate a
substantial error which is consistent with reference [28]. In our
scenario, despite cropping, the disparity in the number of points
between ICESat-2 and DSMs point clouds remains thousands of
times larger. And the errors from time-varying factors exceed the
added Gaussian noise. This highlights the limitations of using
the optimization-based method in our scenario.

Furthermore, we reviewed current cross-source point cloud
registration methods [24]. The most cross-source point cloud
registration methods rely on preprocessing steps to simplify
cross-source registration complexity to the level of same-source
registration, and then utilizing same-source point cloud regis-
tration techniques. Meanwhile, these methods are still in their
infancy, as they suffer from limitations in both efficiency and
accuracy, which prevents their real-world application. These
methods primarily achieve practical efficiency through down-
sampling, which results in a significant loss of accuracy. As
shown in Table II, the comparative experiments indicate that
existing point cloud registration methods [26], [29], [36] exhibit
significant deficiencies in accuracy and stability in our scenario.

While common point cloud registration methods are not ap-
plicable to this scenario, we found a simple yet practical method:
the terrain profile elevation sequence similarity. This technique is
used in extraterrestrial mapping of laser altimeter data and stereo
satellite images [39]. In [39], they move laser altimeter data in the
latitude and longitude directions to find the most similar profile
location, achieving successful matching of LOLA with LRO
wide angle camera DTMs, Mars orbiter laser altimeter with the
high-resolution stereo camera, and Mercury laser altimeter with
Mercury dual imaging system. Although they did not analyze
why this simple method can replace point cloud registration that
considers rotation, translation, and scale.
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TABLE I
DETAILS OF SURVEY AREA DATA

TABLE II
COMPARISON OF MATCHING METHODS

We analyzed the registration of spaceborne lidar altimetry
point clouds and DSMs point clouds generated from stereo satel-
lite optical images, with the following observations: Satellite
imagery has good initial accuracy due to geometric calibra-
tion, minimizing the need for rotational alignment and focusing
primarily on translation, with almost no scale issues. Thus, in
this context, point cloud registration simplifies from estimating
rotation, translation, and scale to solving only for translation.
Furthermore, when using the Z-direction elevation profile as
a feature, the search space for final matching is reduced to
horizontal displacement in the latitude and longitude directions.
At this stage, point cloud registration has shifted from seeking
a local optimum in the solution space of rotation, translation,
and scale to employing a global search method that traverses
the known range to find the global optimum. The convergence

and robustness of this global traversal approach are superior to
optimization methods.

However, a key challenge remains: extraterrestrial mapping,
such as on Mars and the Moon, typically involves bare surfaces
with minimal vegetation, seasonal changes, or significant hu-
man activity. In contrast, ICESat-2 data used for large-scale
Earth mapping are often multitemporal. As shown in Fig. 3,
the complex and temporally varying nature of Earth’s sur-
face topography introduces numerous outliers in terrain profile
elevation sequences, caused by changes in vegetation, water
bodies, snow cover, and surface structures [40]. To address
this, we removed outliers at multiple stages during the match-
ing. Despite these removals, the registration performance of
each ICESat-2 orbit varies due to differences in terrain fea-
tures, temporal changes, or gross errors in the imagery. These
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Fig. 3. ICESat-2 and optical digital surface model (DSM) provide elevation information with differences. Laser altimetry from ICESat-2 penetrates vegetation,
while optical imagery used for DSM generation does not. This leads to discrepancies in the captured elevation. Furthermore, temporal discrepancies between data
acquisitions due to vegetation growth, human activities, and instrument limitations can introduce uncertainties in pinpointing the exact source of the elevation
measurement (surface, canopy, or top of canopy).

TABLE III
COMPARATIVE EXPERIMENT OF MATCHING METHODS FOR DIFFERENT PROCESSES

variations result in inconsistent control performance from the
matched ICESat-2 data. Existing adjustment methods do not
account for such prior information. In response, we incorpo-
rated these uncertainties into a weight for combined adjust-
ments, significantly improving the accuracy of the adjustment
process.

The contributions of this article are as follows.
Contribution 1: We improved the registration method for

ICESat-2 and stereo satellite optical imagery to address the
complex conditions of large-area data. This includes elimi-
nating point cloud rotational errors through digital elevation
model(DEM) adjustments, removing significant outliers us-
ing the Z-score method, and designing a robust Gaussian fit-
ting method to ensure sub-pixel accuracy and provide more
precise registration. In Section III-B, we conducted ablation
experiments to demonstrate the effectiveness of each compo-
nent, with results presented in Table III.

Contribution 2: To address the issue of varying matching
performance caused by diverse terrain and temporal differences

across large areas, we introduced a novel combined adjustment
weight strategy that accounts for matching uncertainties. We use
the two-dimensional (2-D) Gaussian sigma parameters as indi-
cators of matching confidence, transforming them into weights
for the combined adjustment. In Section III-C, we compare the
results, showing improvements in planar accuracy from 4.72 to
4.24 m and elevation accuracy from 1.86 to 1.67 m in the Hubei
test area, as well as improvements in planar accuracy from 3.88
to 3.46 m and elevation accuracy from 1.69 to 1.53 m in the
Jiangxi test area.

Contribution 3: We achieved successful registration and com-
bined adjustment of ICESat-2 and optical imagery over large
areas with significant temporal differences (4–9 years in Hubei
and 1–5 years in Jiangxi). Existing methods typically apply to
small areas with only one or a few scenes, often fewer than
six. These methods also work best when temporal variation
between datasets is minimal, usually between 0 and 3 years. Our
experiments demonstrate that even in large provincial regions,
with a temporal gap of up to 9 years between laser and optical
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Fig. 4. Large-area ICESat-2 data and stereo satellite images combined adjustment pipeline.

imagery, high accuracy can still be achieved. This provides a
valuable reference for future work.

II. METHODOLOGY

Matching ICESat-2 data with DSMs using the ICP method
faces limitations, especially due to poor initial values and large
discrepancies in point numbers. To address this, we adopted a
terrain profile similarity-based method (see Section II-A). How-
ever, this approach tends to have low matching accuracy due to its
susceptibility to gross errors caused by time-varying factors. To
improve this, we implemented a more robust similarity measure
(see Section II-A-2) and an enhanced matching point extraction
algorithm (see Section II-A-3). And then, we discovered that
heatmaps generated from the matching process reflect variations
in matching accuracy, providing valuable information for more
precise adjustments (Section II-A). The entire process is detailed
in Fig. 4.

A. Matching Between ICESat-2 Data and Stereo Satellite
Images

1) Preprocessing of ICESAT-2 Data: ICESat-2 was launched
as a NASA mission in 2018 to measure Earth’s ice, land, and
vegetation elevations using the advanced topographic laser al-
timeter system (ATLAS). ATLAS emits laser pulses to capture
precise elevation data, which is crucial for understanding climate
change impacts.

ICESat-2 produces two main data products: ATL03 and
ATL08. ATL03 offers high-resolution, geolocated photon data
at a 17-m resolution, whereas ATL08 provides a coarser 100-m
resolution, classifying surface types. The data products gener-
ated by ICESat-2 support studies in cryosphere dynamics, land
topography, forest structure, hydrology, and climate change.
ICESat-2’s detailed measurements enhance our comprehension
of Earth’s dynamic systems, informing climate and environmen-
tal policies [5].

Despite the high density of ATL03 data, inherent noise can
hinder matching performance. Therefore, we use PhoReal soft-
ware [40] for classification and denoising, utilizing ATL08 map-
ping information, as shown in Fig. 5. We retain points classified
as surface, vegetation, or canopy, provided their confidence level
exceeds 2 (medium to high quality).

2) Preliminary Geometric Correction and Stripe DSM Gen-
eration: Based on the methodology in [3], we integrate Coper-
nicus digital elevation models 30 m (Cop-30) with optical
satellite imagery for combined adjustments, which offers the
highest accuracy among publicly available 30-m DEMs [42].
Cop-30 is a global elevation dataset produced by the European
Space Agency as part of the Copernicus program. Derived
from TanDEM-X satellite data, it provides detailed 30-m spatial
resolution data of Earth’s surface, supporting applications in
environmental monitoring, flood modeling, terrain analysis, and
urban planning. The dataset’s high accuracy and open-access
policy make it a valuable tool for scientific research, disaster
response, and sustainable development efforts worldwide.

Using the Copernicus DEM 30 m in conjunction with stereo
satellite optical imagery for combined adjustment represents a
technique designed to eliminate geometric positioning errors
of satellite camera model roughly. By aligning the DEM with
the stereo imagery, discrepancies in elevation and positioning
caused by sensor inaccuracies or terrain distortions are corrected.
Specifically, by reading the height values from the DEM, the
object-space coordinates of tie points, identified through im-
age matching, are used to generate elevation control points.
The combined adjustment process then employed these height
control points along with tie points to refine the alignment
between the datasets, leading to improved accuracy. This method
effectively eliminates vertical, pitch, and roll offsets between the
point cloud and its true position, and due to the characteristics
of satellite imaging, the yaw angle is typically negligible.

Next, we generate DSMs and point clouds from the stereo
imagery using the S2P [43], a satellite 3-D reconstruction li-
brary. To optimize computational efficiency for large-scale data
processing, we create strip DSMs localized near ICESat-2 data
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Fig. 5. ICESat-2 data classification results show that the original ATL03 product is divided into four types. In this study, we retained only the ground, canopy,
and top of canopy classifications, while gray noise points were removed.

Fig. 6. Local stripe DSM generated from satellite images for corresponding
ICESat-2 data.

tracks as visualized in Fig. 6. This strategy leverages two key
aspects: 1) ICESat-2 data is distributed in six roughly straight
lines, and 2) there is a relatively small initial geographic offset
(typically less than 100 m) between ICESat-2 and optical satel-
lite image. While maintaining accuracy, this approach minimizes
resource consumption, as demonstrated by the time performance
analysis in Section III-D.

3) Robust Matching Base on Terrain Profile Elevation Se-
quence Similarity: With the preprocessed ICESat-2 points and
corresponding DSMs, the matching task becomes on identifying
the most similar locations in two horizontal directions. The
matching, based on terrain profile elevation sequence similarity,
involves two steps.

1) Horizontal translation and similarity heatmap generation
(See Fig. 7): We iteratively translate ICESat-2 points
horizontally on the DSM, generating elevation vectors
for both datasets. The corresponding elevation value on
the DSM for each translated ICESat-2 point is obtained
using bilinear interpolation. A similarity measure is then
calculated at each position, resulting in a heatmap.

2) Matching position extraction (See Fig. 9): The heatmap
reflects the terrain profile elevation sequence similarity

between the data sets at various horizontal offsets. The
ideal matching result corresponds to the peak locations
in the heatmap. In order to improve matching accuracy,
subpixel matching accuracy is often required, but refining
the search step size will result in a time consumption of
square times, so we perform center point fitting. Mean-
while, outliers can introduce inconsistent. We also need to
consider this.

a) Robust similarity: After obtaining the series of
ICESat-2 point elevations on the DSM by moving in horizontal,
we get two sequence of elevation vectors
HICES Sat = {hICESat

n | n = 1, 2 . . . N} and HDSM
i =

{hDSM
n | n = 1, 2 . . . N} where hDSM

n (Δlon,Δlat) = τ(lonn
+Δ lon n, latn +Δ lat ) ∈ R the corresponding elevation
value on the DSM when moving Δlon,Δlat in horizontal.τ is
a bilinear interpolation. n and N are the serial number and total
number of ICEsat-2 points.

To reduce outliers commonly present in time-varying remote
sensing data, we employ the Z-score method for outlier detec-
tion and removal. Points with Z-scores exceeding a predefined
threshold (set to 2 in this work) are identified and excluded.
Subsequently, Pearson correlation [45], a robust metric less
susceptible to outliers compared to elevation difference meth-
ods, is used to measure similarity. The formula for the Pearson
correlation coefficient r is as follows:

r =

∑(
HICESat

i −HICESat
)(

HDSM
i −HDSM

)
√∑(

HICESat
i −HICESat

)2 ∑(
HDSM

i −HDSM
)2

(1)
where HICESat and HDSM are the means.

After calculating the similarity of each moving position, a
heatmap depicting the terrain profile elevation sequence simi-
larity will be generated. Fig. 8 demonstrates that by translating
the ICESat-2 data in the longitude and calculating the similarity
with DSM, the extremum similarity of the Pearson Correlation
measure is closer to the true value compared to the elevation
difference. Furthermore, the sharper peaks of the Pearson Cor-
relation measure indicate that the similarity difference between
correct and incorrect positions is more pronounced.
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Fig. 7. Horizontal translation and similarity heatmap generation for matching. The color bar values represent different contour similarities, ranging from 0 to 1.
The redder areas indicate a higher similarity score, meaning that the profiles between the laser data and DSM are more closely matched in these regions. (a) Input
Data and matching. (b) Local visualization of terrain profile elevation sequence similarity. (c) Similarity heatmap.

Fig. 8. Comparison of matching similarity results between elevation differ-
ence and Pearson correlation when moving longitude direction.

b) Robust matching position extraction: Once the similar-
ity heatmap is obtained, accurate matching location extraction
is crucial. We compare commonly used methods, including the
maximum value method, grayscale centroid method [47], and
2-D Gaussian fitting with orientation [48].

Fig. 9 illustrates the comparison of these methods. In actual
heatmap, it reveals that 2-D Gaussian fitting with a robust kernel
outperforms other methods. The maximum value methods in
A and B were both affected by incorrect extreme values and
failed to utilize the trend of the heatmap. Additionally, when
the heatmap in B is incomplete, the grayscale centroid method
also extracts an incorrect center. In contrast, our Gaussian center
fitting method with a robust loss function effectively addresses

both incomplete heatmaps and outliers, leading to more accurate
spot center extraction.

The general form of a 2-D rotated Gaussian function is given
by the following:

z (x, y)=Aexp

(
−
(

a(x−x0)
2+

2b (x−x0) (y − y0) + c(y − y0)
2

))
(2)

where
A is the amplitude.
x0, y0 are the coordinates of the center of the Gaussian.
a, b, c are coefficients that depend on the standard deviations

σx, σy along the x and y axes and the rotation angle θ, calculated
as follows:

a =
cos2θ

2σ2
x

+
sin2θ

2σ2
y

b = − sin 2θ

4σ2
x

+
sin 2θ

4σ2
y

c =
sin2θ

2σ2
x

+
cos2θ

2σ2
y

. (3)

We use least squares estimation for fitting and enhance its
robustness to outliers by incorporating additional robust kernel,
enabling the retrieval of accurate central coordinates.

B. Combined Bundle Adjustment

We account for the inherent errors in ICESat-2 control points
by treating them as weighted observations with object space
constraints during the bundle adjustment. This least-squares
approach minimizes reprojection error as well as deviations in
ground coordinates. To improve robustness and eliminate the
influence of dimensional differences, we perform the adjustment
in a normalized coordinate system derived from the rational
polynomial coefficients associated with each image [49][50].
The optimization loss function is defined as follows:

V = AT +BX − L,P (4)
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Fig. 9. Comparison of matching position extraction methods.

T = [Δa0Δa1Δa2Δb0Δb1Δb2]
T is the correction vector of

the affine transformation parameters,
X = [ΔφΔλΔh]T is the correction vector of the ground

point coordinates, φ, λ, h is the normalized ground coordinate
parameter of longitude, latitude, and elevation.

The observation V is the vector of residual errors from all
tie points, A is the coefficient matrices for affine parameter cor-
rection, and B is the coefficient matrices for ground coordinate
correction. They contain the partial derivatives of parameters.

Where

A1 =

[ ∂s
∂a0

∂s
∂a1

∂s
∂a2

0 0 0

0 0 0 ∂l
∂b0

∂l
∂b1

∂l
∂b2

]
(5)

B1 =

[
∂s
∂φ

∂s
∂λ

∂s
∂h

∂l
∂φ

∂l
∂λ

∂l
∂h

]
. (6)

P is the weight matrix. In this article, the weight matrix
assigned to the optical tie points is uniform, while the weights for
the control points are determined by the matching errorσMatching.

The 2-D Gaussian sigma (standard deviation) and orientation
obtained during subpixel matching (see Section II-A-3) serve as
an indicator of matching confidence. Spots with higher concen-
tration and smoother distributions in the heatmap represent more
reliable matches. We use this anisotropic confidence information
to guide the bundle adjustment.

To incorporate this uncertainty into a combined adjustment
framework, we derive a weight matrix P based on the inverse
of the covariance matrix Σ, which encapsulates the uncertainty
information.

The covariance matrix for the rotated Gaussian distribution is
given by the following:

Σ =

[
σ2
xcos2θ + σ2

ysin2θ
(
σ2
x − σ2

y

)
cosθsinθ(

σ2
x − σ2

y

)
cosθsinθ σ2

xsin2θ + σ2
ycos2θ

]
. (7)

The inverse of the covariance matrix, which forms the basis
of the weight matrix, is as follows:

Σ−1=
1

σ2
xσ

2
y

[
σ2
ycos2θ+σ2

xsin2θ −(
σ2
x−σ2

y

)
cosθsinθ

−(
σ2
x−σ2

y

)
cosθsinθ σ2

xcos2θ+σ2
ysin2θ

]
.

(8)

Fig. 10. Fit 2-D Gaussian and corresponding weights from the matching
heatmap.

The weight matrix P is thus defined as follows:

P = Σ−1. (9)

Specifically, we move the 2-D Gaussian center to (0,0), fol-
lowed by obtaining covariance matrix calculation and weight
matrix by inversion (see Fig. 10). This weight matrix is incorpo-
rated into a generalized least squares problem [46] formulated
with Huber robust loss function [51] to account for potential
outliers. Solving this system yields the final geometric correction
results.

III. EXPERIMENTS

A. Data Description

We employed stereo optical imagery from four satellites:
Jinlin-1, GF-7, ZY-3, and TH-1. The ATL03 and ATL08 product
from ICESat-2 was used.

1) Matching Experiment Sites: Five test regions across
China were chosen: Baotou, Chifeng, Nanjing, Songshan, and
Ganzhou. Baotou, Chifeng, and Songshan encompass urban,
plain, and mountainous areas, while Nanjing and Ganzhou rep-
resent typical urban and mountainous landscapes, respectively.
This selection allows us to evaluate the algorithm’s performance
across varied terrains. The survey areas include 1:2000-scale
DOM, DEM, or GPS reference points for verification.
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Fig. 11. Details of matching experimental, The black quadrilateral represents the optical satellite image, the red points represent ICESat-2 data, the blue raster
image is DSM, and the green triangle represent the check points.

2) Combined Adjustment Experiment Sites: Two large re-
gions were selected for combined bundle adjustment: Hubei
Province (108.3661–116.1327 E, 29.0994–33.3364 N, area:
187 500 km²) and Jiangxi Province (113.5619–118.4569 E,
24.484–30.10 N, area: 167 000 km²). These areas, encompassing
mountains, hills, and plains, provided a comprehensive testing
ground and included GPS control points with sub-centimeter
accuracy for verification.

The diverse landforms in Hubei and Jiangxi, ranging from
mountainous regions to lowland plains, provide a comprehen-
sive foundation for assessing the algorithm’s adaptability across
various terrain conditions. These regions also encompass a broad
spectrum of land cover types, including forests, agricultural
fields, urban areas, and water bodies. This allows for a thorough
evaluation of the algorithm’s potential for wider geographical
application. The dataset covers a temporal range of 1–9 years,
capturing seasonal variations, vegetation dynamics, and human
activity across the regions. This temporal diversity tests the al-
gorithm’s robustness by assessing its ability to handle significant
temporal changes.

We employed the scale-invariant feature transform [52] algo-
rithm for automated tie point matching between optical images.
Pixel locations on stereo satellite images of ICESat-2 points
were obtained through template matching. Details are provided
in Figs. 11, 12, and Table I.

B. Matching Experiment and Evaluation

The matching performance determines the accuracy of the
combined adjustment, and higher planar accuracy also means
higher vertical accuracy. Direct comparison of the matching

accuracy of ICESat-2 data for each track is challenging due to the
lack of sufficient high-precision DSM for error evaluation. But
our goal is to generate control points to improve the accuracy of
optical images, so we evaluate the control ability of a set of stereo
image pairs after matching with ICESat-2 through checkpoint
evaluation. The results are as Table II.

Compared with the existing methods, our method has the
characteristics of simplicity, robustness, and high accuracy.
This demonstrated that ICESat-2 data and optical images
can be more accurately aligned, leading to improved vertical
accuracy.

The ICP [26] method is highly sensitive to initial values and
suffers from excessive degrees of freedom due to the large dis-
crepancies between datasets. It also requires manual parameter
adjustments, making it difficult to define convergence thresh-
olds. These issues lead to potential stagnation in some locations,
such as Nanjing, or divergence in other cities.

The Robust-ICP [29] method demonstrated improved accu-
racy compared to the original ICP method in specific regions.
Nevertheless, challenges such as large outliers, density differ-
ences, and partial overlap remain prevalent in optimization-
based point cloud matching, resulting in significant errors that
persist despite these improvements.

The GCTR [36] method, while designed for cross-source
point cloud matching, encounters significant errors and pro-
nounced density differences between ICESat-2 and DSM point
clouds in this study. This resulted in divergence at locations
such as Chifeng, Songshan, and Ganzhou. Although successful
matches were achieved in Baotou and Nanjing, the downsam-
pling feature inherent in this method led to lower accuracy
compared to our proposed approach.
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Fig. 12. Details for bunlding adjustment (BA) experiment. The black quadrangle represents the optical satellite image, the red points represent ICESat-2 ATL03
data, and the green triangle represent the check points. (a) Hubei survey area. (b) Jiangxi survey area.
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Fig. 13. Heatmaps and extraction results for the study areas. The color bar values represent similarity scores, ranging from 0 to 1. Redder areas indicate higher
similarity scores, signifying a closer match between the profiles of the ICESat-2 data and the DSM at these locations.

Our proposed method, as visualized in Fig. 13, demonstrated
consistent performance across diverse terrains (urban, moun-
tainous, hilly, or combinations), various resolutions (0.7–3 m),
and significant time intervals (2–7 years). Notably, it achieved
planar accuracy better than 5 m using a single stereo image
pair and ICESat-2 data. Moreover, our matching accuracy is
theoretically higher as these results include horizontal errors
inherent to ICESat-2 data.

Furthermore, we conducted ablation experiments on our
improvements to demonstrate their effectiveness, with results
shown in Table III.

Without DEM-assisted pre-correction, uncontrolled precision
in some stereo satellite optical images resulted in varying de-
grees of rotational errors between ICESat-2 laser point clouds
and DSM point clouds, leading to reduced registration accuracy.
This demonstrated the necessity of DEM-assisted precorrection.

When the minimum elevation difference was used instead of
the NCC correlation coefficient in this study, the instability of
the similarity measure lead to a decrease in accuracy across all
test areas. The decline were most pronounced in Songshan and
Ganzhou, where seasonal vegetation changes occur.

Without using our robust Gaussian fitting method and employ-
ing existing maximum extraction methods, the matching results
became integers, and the heatmap maximum skewed, causing
decreased accuracy.

Finally, we tested the threshold for the Z-score method. The
conventional empirical value is 3, but in this study, we found
that a large amount of outlier significantly will impact matching
accuracy. Therefore, we recommend a threshold of 2, which
achieved better results, especially in vegetation-rich areas like
Songshan and Ganzhou.

In summary, the improvements in our matching method have
been proven to yield positive results, demonstrating the ratio-
nality and effectiveness of the enhancements presented in this
article.

C. Combined Adjustment Experiments and Evaluation

To assess the effectiveness of our combined bundle adjustment
approach, we compared its performance with that of several al-
ternative methods in the large survey areas of Hubei and Jiangxi.
We did not choose optimization-based matching approaches,
because the matching produced too many divergences, render-
ing the results incomparable. Tables IV and V summarize the
results. MIN and MAX represent the minimum and maximum
absolute deviations, respectively. RMSE stands for root mean
square error. We analyzed the results.

1) Forward Intersection: This method directly computes ob-
ject space coordinates without bundle adjustment, offering
no improvement due to the lack of external references for
systematic errors.

2) Free-Network Adjustment: This approach focuses on the
internal image consistency and yields limited improve-
ment (e.g., Hubei: planimetric accuracy from 11.3 to
9.87 m, vertical accuracy from 8.2 to 6.4 m; Jiangxi:
planimetric accuracy from 18.77 to 11.01 m, vertical
accuracy from 14.99 to 11.52 m). These results highlight
the necessity of external data for enhancing geometric
positioning accuracy.

3) COP-30 DEM Reference: While COP-30 DEM usage
improved vertical accuracy and eliminating almost all
attitude errors. Its limitations included: Low resolution
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TABLE IV
COMBINED ADJUSTMENT RESULT IN HUBEI

TABLE V
COMBINED ADJUSTMENT RESULT IN JIANGXI

TABLE VI
TIME CONSUMPTION AND EFFICIENCY IMPROVEMENT OF DSM GENERATION ACROSS DIFFERENT REGIONS

(30 m) leading to reduced accuracy; Time discrepancy
between DEM (2016) and optical imagery, causing tem-
poral errors; Inconsistency due to differing imaging bands
(COP-30 penetrating ground objects, optical imagery cap-
turing them).

4) Terrain-Filtered ICESat-2 Projection [13], [13], [14],
[15], [16], [17], [18], [19], [20], [21]: This common
method removes ICESat-2 points in uneven terrain to ac-
commodate planimetric errors in optical images. However,
the results suggest there are two limitations in this method:
Inability to register the horizontal, thus offering no im-
provement in planimetric accuracy; Significant removal
of laser points, hindering data utilization, especially in
mountainous areas.

5) Our Proposed Method: Our approach achieved superior
performance, enhancing both horizontal and vertical accu-
racy to 5 and 2 m, respectively (Hubei: 4.24 m horizontal,
1.67 m vertical; Jiangxi: 3.46 m horizontal, 1.53 m verti-
cal). The matching accuracy of images is basically fixed,
and low resolution will reduce the intersection accuracy
of the object space. Thus, Jiangxi exhibited slightly better

accuracy due to higher ground resolution of the ZY3
images compared to TH1 images used in Hubei. Addi-
tionally, incorporating a weight strategy based on match-
ing confidence further improved geographic positioning
accuracy, proving effective for adjustment.

To summarize, our method outperforms existing approaches,
achieving significant improvements in both planimetric and
vertical accuracy. Utilizing matching confidence information
enhances the robustness of the combined adjustment process.

D. Time Performance Analysis

This study conducted experiments across five representa-
tive regions, including three small regions (Baotou, Chifeng,
Songshan) and two large regions (Hubei, Jiangxi). The
specific information for each region is shown in Table I. Hubei
and Jiangxi are large-scale areas with significantly more data
volume compared to the small regions. These experiments were
conducted on a machine with 16 GB RAM, a 1 TB SSD, and a
20-core Intel i7-13709KF processor.
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As shown in Table VI, our algorithm completes the combined
bundle adjustment for provincial-scale data efficiently within
a day on a standard machine. The total processing time for
Hubei is 925.2 min (15.4 h), while Jiangxi takes 1176.0 min
(19.6 h), demonstrated the method’s feasibility for large-scale
remote sensing mapping.

DSM generation, due to its dense features, is the most time-
consuming step. Without our optimization, generating the full
DSM for matching with ICESat-2 data would take 4932.6 min
(82.2 h) for Hubei and 7424.3 min (123.7 h) for Jiangxi. How-
ever, by generating DSMs only for the regions covered by laser
tracks, as explained in Section II-A-2, we reduced the DSM
generation time by 77% to 90%. This reduction in time was
achieved without compromising the accuracy of the bundle
adjustment, ensuring the efficiency of the combined processing
of ICESat-2 and optical satellite data for large regions.

When analyzing time consumption from small to large re-
gions, we observed a nearly linear increase across all process-
ing stages. For smaller regions, such as Baotou and Chifeng,
local DSM generation took between 7.5 and 9.8 min (for 2
images). In contrast, for larger regions like Hubei and Jiangxi,
the process required 571.7 min (297 images) and 679.4 min (255
images), respectively. This nearly linear growth in processing
time demonstrated the algorithm’s scalability to larger datasets
and its potential for global-scale applications.

IV. CONCLUSION

In this study, we present a robust matching and weighted
combined adjustment method that leverages ICESat-2 GLAS
data to enhance the geometric positioning accuracy of optical
satellites in large survey areas. Our approach accounts for the
time-variant characteristics of both ICESat-2 and optical im-
ages. We validated the performance of our matching algorithm
through extensive experiments. Additionally, we introduced a
confidence-based weighting strategy in the combined adjust-
ment process. Our method achieved a horizontal accuracy of
4.3 m and a vertical accuracy of 1.7 m across different landforms
in Hubei and Jiangxi, China. These findings underscore the
effectiveness and practicality of our method.

While the method has shown promising results in Hubei and
Jiangxi, its applicability to global-scale mapping, especially in
extreme terrains like glacier-covered regions or deep canyons.
Such regions often have complex topographies and significant
climate variability, leading to temporal discrepancies between
optical satellite imagery and laser altimetry data, which may
result in matching errors. Future research should expand the
scope of experimentation to include these challenging environ-
ments, verifying the method’s robustness and generalizability.
Furthermore, integrating multi-source satellite data, such as
SAR, could further improve the accuracy of combined mapping
in complex terrains and dynamic climate conditions.

REFERENCES

[1] D. Li, “A review of high resolution optical satellite surveying and mapping
technology,” Spacecraft Recovery Remote Sens., vol. 41, no. 2, pp. 1–11,
2020.

[2] N. Jiao et al., “A generic framework for improving the geopositioning
accuracy of multi-source optical and SAR imagery,” ISPRS J. Photogram-
metry Remote Sens., vol. 169, pp. 377–388, 2020.

[3] P. Zhou et al., “SRTM-assisted block adjustment for stereo pushbroom
imagery,” Photogrammetric Rec., vol. 33, no. 161, pp. 49–65, 2018.

[4] B. E. Schutz et al., “Overview of the ICESat mission,” Geophysical Res.
Lett., vol. 32, no. 21, 2005, Art. no. L21S01.

[5] T. Markus et al., “The ice, cloud, and land elevation satellite-2
(ICESat-2): Science requirements, concept, and implementation,” Remote
Sens. Environ., vol. 190, pp. 260–273, 2017.

[6] X. Tian and J. Shan, “Comprehensive evaluation of the ICESat-2 ATL08
terrain product,” IEEE Trans. Geosci. Remote Sens., vol. 59, no. 10,
pp. 8195–8209, Oct. 2021.

[7] B. Li et al., “A method of extracting high-accuracy elevation control
points from ICESat-2 altimetry data,” Photogrammetric Eng. Remote
Sens., vol. 87, no. 11, pp. 821–830, 2021.

[8] J. Yu et al., “Accuracy assessment of ICESat-2 ground elevation and canopy
height estimates in mangroves,” IEEE Geosci. Remote Sens. Lett., vol. 19,
2022, Art. no. 2501405, doi: 10.1109/LGRS.2021.3107440.

[9] M. Gao et al., “Assessment of ICESat-2’s horizontal accuracy using an
iterative matching method based on high-accuracy terrains,” Remote Sens.,
vol. 15, no. 9, Art. no. 2236, 2023.

[10] T. Schenk, B. Csatho, and T. Neumann, “Assessment of ICESat-2’s
horizontal accuracy using precisely surveyed terrains in McMurdo Dry
Valleys, Antarctica,” IEEE Trans. Geosci. Remote Sens., vol. 60, 2022,
Art. no. 4303811.

[11] X. Tang et al., “Verification of ZY-3 satellite imagery geometric accuracy
without ground control points,” IEEE Geosci. Remote Sens. Lett., vol. 12,
no. 10, pp. 2100–2104, Oct. 2015.

[12] X. Tang et al., “Overview of the GF-7 laser altimeter system mission,”
Earth Space Sci., vol. 7, no. 1, 2020, Art. no. e2019EA000777.

[13] D. Qv et al., “ZY-3 block adjustment and DSM vertical accuracy evaluation
supported by ICESat/GLAS laser points,” in Proc. 7th Symp. Novel Pho-
toelectron. Detection Technol. Appl., 2021, vol. 11763, pp. 1373–1378.

[14] P. Zhou, X. Tang, D. Li, and X. Wang, “Combined block adjustment of
stereo imagery and laser altimetry points of the ZY3-03 satellite,” IEEE
Geosci. Remote Sens. Lett., vol. 19, 2022, Art. no. 6506705.

[15] G. Y. Li et al., “Improve the ZY-3 height accuracy using ICESat/GLAS
laser altimeter data,” in Proc. 23rd Congr. Int. Soc. Photogrammetry
Remote Sens., Jul. 2016, pp. 37–42.

[16] G. Y. Li et al., “ZY-3 block adjustment supported by GLAS laser altimetry
data,” Photogrammetric Rec., vol. 31, no. 153, pp. 88–107, 2016.

[17] C. Liu, X. Tang, H. Zhang, G. Li, X. Wang, and F. Li, “Geopositioning im-
provement of ZY-3 satellite imagery integrating GF-7 laser altimetry data,”
IEEE Geosci. Remote Sens. Lett., vol. 19, Dec. 2022, Art. no. 6503805,
doi: 10.1109/LGRS.2021.3136389.

[18] J. Y. Chen et al., “Registration and combined adjustment for the laser
altimetry data and high-resolution optical stereo images of the GF-7
satellite,” Remote Sens., vol. 14, no. 7, Art. no. 1652, 2022.

[19] G. Li et al., “Integration of ZY3-02 satellite laser altimetry data and stereo
images for high-accuracy mapping,” Photogrammetric Eng. Remote Sens.,
vol. 84, no. 9, pp. 569–578, 2018.

[20] W. Lian et al., “Extraction of high-accuracy control points using ICESat-2
ATL03 in urban areas,” Int. J. Appl. Earth Observation Geoinf., vol. 115,
2022, Art. no. 103116.

[21] M. Wang, Y. Wei, and Y. Pi, “Geometric positioning integrating optical
satellite stereo imagery and a global database of ICESat-2 laser control
points: A framework and key technologies,” Geo-Spatial Inf. Sci., vol. 26,
pp. 206–217, 2023.

[22] S. J. Liu et al., “An alternative approach for registration of high-resolution
satellite optical imagery and ICESat laser altimetry data,” Sensors, vol. 16,
no. 12, 2016, Art. no. 2047.

[23] X. L. Zhang et al., “Satellite remote sensing image stereoscopic positioning
accuracy promotion based on joint block adjustment with ICESat-2 laser
altimetry data,” IEEE Access, vol. 9, pp. 113362–113376, 2021.

[24] X. Huang, G. Mei, and J. Zhang, “Cross-source point cloud registration:
Challenges, progress and prospects,” Neurocomputing, vol. 548, 2023,
Art. no. 126383.

[25] X. Huang et al., “A comprehensive survey on point cloud registration,”
2021, arXiv:2103.02690.

[26] F. Wang and Z. Zhao, “A survey of iterative closest point algorithm,” in
Proc. Chin. Automat. Congr., 2017, pp. 4395–4399.

[27] H. M. Le et al., “SDRSAC: Semidefinite-based randomized approach
for robust point cloud registration without correspondences,” in Proc.
IEEE/CVF Conf. Comput. Vis. Pattern Recognit., 2019, pp. 124–133.

https://dx.doi.org/10.1109/LGRS.2021.3107440
https://dx.doi.org/10.1109/LGRS.2021.3136389


19784 IEEE JOURNAL OF SELECTED TOPICS IN APPLIED EARTH OBSERVATIONS AND REMOTE SENSING, VOL. 17, 2024

[28] H. Yang, J. Shi, and L. Carlone, “TEASER: Fast and certifiable point
cloud registration,” IEEE Trans. Robot., vol. 37, no. 2, pp. 314–333,
Apr. 2021.

[29] J. Zhang, Y. Yao, and B. Deng, “Fast and robust iterative closest point,”
IEEE Trans. Pattern Anal. Mach. Intell., vol. 44, no. 7, pp. 3450–3466,
Jul. 2022.

[30] A. Zeng, S. Song, M. Nießner, M. Fisher, J. Xiao, and T. Funkhouser,
“3DMatch: Learning local geometric descriptors from RGB-D recon-
structions,” in Proc. IEEE Conf. Comput. Vis. Pattern Recognit., 2017,
pp. 1802–1811.

[31] H. Deng, T. Birdal, and S. Ilic, “PPFNet: Global context aware local
features for robust 3D point matching,” in Proc. IEEE Conf. Comput. Vis.
Pattern Recognit., 2018, pp. 195–205.

[32] Z. Gojcic, C. Zhou, J. D. Wegner, and A. Wieser, “The perfect match: 3D
point cloud matching with smoothed densities,” in Proc. IEEE/CVF Conf.
Comput. Vis. Pattern Recognit., 2019, pp. 5545–5554.

[33] Z. Qin et al., “GeoTransformer: Fast and robust point cloud registration
with geometric transformer,” IEEE Trans. Pattern Anal. Mach. Intell.,
vol. 45, no. 8, pp. 9806–9821, Aug. 2023.

[34] W. Lu, G. Wan, Y. Zhou, X. Fu, P. Yuan, and S. Song, “DeepVCP: An
end-to-end deep neural network for point cloud registration,” in Proc.
IEEE/CVF Int. Conf. Comput. Vis., 2019, pp. 12–21.

[35] J. Li, Q. Hu, and M. Ai, “Point cloud registration based on one-point
RANSAC and scale-annealing biweight estimation,” IEEE Trans. Geosci.
Remote Sens., vol. 59, no. 11, pp. 9716–9729, Nov. 2021.

[36] X. Huang, L. Fan, Q. Wu, J. Zhang, and C. Yuan, “Fast registration
for cross-source point clouds by using weak regional affinity and pixel-
wise refinement,” in Proc. IEEE Int. Conf. Multimedia Expo, 2019,
pp. 1552–1557.

[37] J. Ye et al., “High-precision digital surface model extraction from satellite
stereo images fused with ICESat-2 data,” Remote Sens., vol. 14, no. 1,
2022, Art. no. 104.

[38] S. Zou et al., “ICESat-2 laser altimetry data-guided high-accuracy posi-
tioning of satellite stereo images,” ISPRS Ann. Photogrammetry, Remote
Sens. Spatial Inf. Sci., vol. V-1-2022, pp. 41–48, 2022.

[39] P. Gläser et al., “Co-registration of laser altimeter tracks with digital terrain
models and applications in planetary science,” Planet. Space Sci., vol. 89,
pp. 111–117, 2013.

[40] J. Gong et al., “A review of multi-temporal remote sensing data change
detection algorithms,” Int. Arch. Photogramm. Remote Sens. Spatial Inf.
Sci., vol. XXXVII, Part B7, pp. 757–762, 2008.

[41] PhoREAL, “Photon research and engineering analysis library for ICESat-
2 data analysis,” Version 3.30, GitHub Repository, Feb. 2022. [Online].
Available: https://github.com/icesat-2UT/PhoREAL

[42] L. Cenci, M. Galli, G. Palumbo, L. Sapia, C. Santella, and C. Albinet,
“Describing the quality assessment workflow designed for DEM products
distributed via the Copernicus Programme. Case study: The absolute
vertical accuracy of the copernicus DEM dataset in Spain,” in Proc. IEEE
Int. Geosci. Remote Sens. Symp., 2021, pp. 6143–614.

[43] G. Facciolo, C. De Franchis, and E. Meinhardt-Llopis, “Auto-
matic 3D reconstruction from multi-date satellite images,” in Proc.
IEEE Conf. Comput. Vis. Pattern Recognit. Workshops, 2017,
pp. 57–66.

[44] H. Li et al., “Global DEMs vary from one to another: An evaluation of
newly released Copernicus, NASA and AW3D30 DEM on selected terrains
of China using ICESat-2 altimetry data,” Int. J. Digit. Earth, vol. 15, no. 1,
pp. 1149–1168, 2022.

[45] Cohen, Y. Huang et al., “Pearson correlation coefficient,” in Proc. Noise
Reduction Speech Process., 2009, pp. 1–4.

[46] T. Kariya and H. Kurata, Generalized Least Squares. Hoboken, NJ, USA:
Wiley, 2004.

[47] M. R. Shortis, T. A. Clarke, and T. Short, “Comparison of some techniques
for the subpixel location of discrete target images,” in Proc. Videomet-
rics III, 1994, vol. 2350, pp. 239–250.

[48] S. M. Anthony and S. Granick, “Image analysis with rapid and ac-
curate two-dimensional gaussian fitting,” Langmuir, vol. 25, no. 14,
pp. 8152–8160, 2009.

[49] C. V. Tao and Y. Hu, “A comprehensive study of the rational function
model for photogrammetric processing,” Photogrammetric Eng. Remote
Sens., vol. 67, no. 12, pp. 1347–1358, 2001.

[50] Grodecki and G. Dial, “Block adjustment of high-resolution satellite
images described by rational polynomials,” Photogrammetric Eng. Remote
Sens., vol. 69, no. 1, pp. 59–68, 2003.

[51] P. J. Bickel, “One-step Huber estimates in the linear model,” J. Amer. Stat.
Assoc., vol. 70, no. 350, pp. 428–434, 1975.

[52] D. G. Lowe, “Distinctive image features from scale-invariant keypoints,”
Int. J. Comput. Vis., vol. 60, no. 2, pp. 91–110, 2004.

[53] G. Zhang et al., “Combined block adjustment for optical satellite stereo
imagery assisted by spaceborne SAR and laser altimetry data,” Remote
Sens., vol. 13, no. 16, 2021, Art. no. 3062.

[54] Y.-H. Jiang, S. Wei, M. Xu, G. Zhang, and J.-Y. Wang, “Combined ad-
justment pipeline for improved global geopositioning accuracy of optical
satellite imagery with the aid of SAR and GLAS,” IEEE J. Sel. Topics
Appl. Earth Observ. Remote Sens., vol. 15, pp. 5076–5085, May 2022,
doi: 10.1109/JSTARS.2022.3183594.

[55] Y. Jie, S. Li, Q. Guo, S. Zhou, P. Zhao, and Y. Ma, “Stereo imagery
adjustment constrained by building boundary points from ICESat-2,”
IEEE Geosci. Remote Sens. Lett., vol. 21, May 2024, Art. no. 6501005,
doi: 10.1109/LGRS.2024.3399050.

[56] Y. Ruan, G. Cai, and Y. Xue, “Optimization of urban elevation accuracy
by combining laser altimetry and stereoscopic imaging,” in Proc. IEEE
Int. Geosci. Remote Sens. Symp., 2023, pp. 3686–3689.

[57] X Zhang et al., “A two-step block adjustment method for DSM accuracy
improvement with elevation control of ICESat-2 Data,” Remote Sens.,
vol. 14, no. 18, 2022, Art. no. 4455.

[58] R. Zhou et al., “Robust co-registration of external laser altimetry points
and stereo images,” Sensors Mater., vol. 35, pp. 975–987, 2023.

Shaodong Wei received the M.S. degree in automa-
tion from the Nanjing University of Aeronautics and
Astronautics, Nanjing, China, in 2021. He is currently
working toward the Ph.D. degree in photogrammetry
and remote sensing from the State Key Laboratory of
Information Engineering in Surveying, Mapping, and
Remote Sensing, Wuhan University, Wuhan, China.

His research interests include combined processing
of satellite multisource data and 3-D modeling of
satellite.

Yonghua Jiang received the B.S. and Ph.D. degrees
in remote sensing science and technique from the
School of Remote Sensing and Information Engineer-
ing, Wuhan University, Wuhan, China, in 2010 and
2015, respectively.

Since 2015, he has been with the School of Re-
mote Sensing and Information Engineering, Wuhan
University, where he became a Professor in 2023.
His research interests include geometry processing
of spaceborne optical imagery.

Bin Du received the B.Eng. degreee in surveying
and mapping engineering from Wuhan University,
Wuhan, China, in 2008.

He is currently a Senior Engineer with the Inner
Mongolia Surveying and Mapping Geographic Infor-
mation Center, Hohhot, China. His research interests
include remote sensing data processing and applica-
tion system development. Mr. Du was the recipient
of multiple awards, including the Chinese Society for
Geodesy Science and Technology Progress Award.
He has led several key regional projects.

https://github.com/icesat-2UT/PhoREAL
https://dx.doi.org/10.1109/JSTARS.2022.3183594
https://dx.doi.org/10.1109/LGRS.2024.3399050


WEI et al.: LARGE-SCALE COMBINED ADJUSTMENT OF OPTICAL SATELLITE IMAGERY AND ICESAT-2 DATA 19785

MeiLin Tan received the B.S. degree in remote
sensing science and technology and the M.S. degree
in surveying and mapping engineering from Wuhan
University, Wuhan, China, in 2010 and 2018, respec-
tively.

He is currently an Engineer with Inner Mongolia
Autonomous Region Surveying and Mapping Geo-
graphic Information Center, Hohhot, China.

Miaozhong Xu received the B.S. degree in surveying
and mapping engineering from the Wuhan Technical
University of Surveying and Mapping, Wuhan, China,
in 1989, and the Ph.D. degree in photogrammetry
and remote sensing from the State Key Laboratory of
Information Engineering in Surveying, Mapping, and
Remote Sensing, Wuhan University, Wuhan, in 2004.

He is currently a Professor with the State Key
Laboratory of Information Engineering in Surveying,
Mapping, and Remote Sensing, Wuhan University.
His research interests include high-resolution image
processing, photogrammetry, and cartography.

Weiqi Lian received the bachelor’s degree in geo-
graphic information science from Zhengzhou Univer-
sity, Zhengzhou, China, in 2018, and the Ph.D. degree
in photogrammetry and remote sensing from Wuhan
University, Wuhan, China, in 2023.

She is currently a Lecturer with Information Engi-
neering University, Zhengzhou. Her research interests
include spaceborne laser data processing and appli-
cation.

Guo Zhang (Member, IEEE) received the B.E. and
Ph.D. degrees in photogrammetry and remote sensing
from the School of Remote Sensing and Information
Engineering, Wuhan University, Wuhan, China, in
2000 and 2005, respectively. His Ph.D. dissertation
concerned the rectification of high-resolution remote
sensing imaging under lack of ground control points.

He has been working with the State Key Laboratory
of Information Engineering in Surveying, Mapping
and Remote Sensing (LIESMARS), Wuhan Univer-
sity, since 2005, where he became a Professor in 2011.

His research interests include space photogrammetry, geometry processing of
spaceborne optical/synthetic aperture radar (SAR)/InSAR imagery, altimetry,
and high-accuracy image matching.



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.4
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /sRGB
  /DoThumbnails true
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 0
  /ParseDSCComments false
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo false
  /PreserveFlatness true
  /PreserveHalftoneInfo true
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Remove
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
    /Algerian
    /Arial-Black
    /Arial-BlackItalic
    /Arial-BoldItalicMT
    /Arial-BoldMT
    /Arial-ItalicMT
    /ArialMT
    /ArialNarrow
    /ArialNarrow-Bold
    /ArialNarrow-BoldItalic
    /ArialNarrow-Italic
    /ArialUnicodeMS
    /BaskOldFace
    /Batang
    /Bauhaus93
    /BellMT
    /BellMTBold
    /BellMTItalic
    /BerlinSansFB-Bold
    /BerlinSansFBDemi-Bold
    /BerlinSansFB-Reg
    /BernardMT-Condensed
    /BodoniMTPosterCompressed
    /BookAntiqua
    /BookAntiqua-Bold
    /BookAntiqua-BoldItalic
    /BookAntiqua-Italic
    /BookmanOldStyle
    /BookmanOldStyle-Bold
    /BookmanOldStyle-BoldItalic
    /BookmanOldStyle-Italic
    /BookshelfSymbolSeven
    /BritannicBold
    /Broadway
    /BrushScriptMT
    /CalifornianFB-Bold
    /CalifornianFB-Italic
    /CalifornianFB-Reg
    /Centaur
    /Century
    /CenturyGothic
    /CenturyGothic-Bold
    /CenturyGothic-BoldItalic
    /CenturyGothic-Italic
    /CenturySchoolbook
    /CenturySchoolbook-Bold
    /CenturySchoolbook-BoldItalic
    /CenturySchoolbook-Italic
    /Chiller-Regular
    /ColonnaMT
    /ComicSansMS
    /ComicSansMS-Bold
    /CooperBlack
    /CourierNewPS-BoldItalicMT
    /CourierNewPS-BoldMT
    /CourierNewPS-ItalicMT
    /CourierNewPSMT
    /EstrangeloEdessa
    /FootlightMTLight
    /FreestyleScript-Regular
    /Garamond
    /Garamond-Bold
    /Garamond-Italic
    /Georgia
    /Georgia-Bold
    /Georgia-BoldItalic
    /Georgia-Italic
    /Haettenschweiler
    /HarlowSolid
    /Harrington
    /HighTowerText-Italic
    /HighTowerText-Reg
    /Impact
    /InformalRoman-Regular
    /Jokerman-Regular
    /JuiceITC-Regular
    /KristenITC-Regular
    /KuenstlerScript-Black
    /KuenstlerScript-Medium
    /KuenstlerScript-TwoBold
    /KunstlerScript
    /LatinWide
    /LetterGothicMT
    /LetterGothicMT-Bold
    /LetterGothicMT-BoldOblique
    /LetterGothicMT-Oblique
    /LucidaBright
    /LucidaBright-Demi
    /LucidaBright-DemiItalic
    /LucidaBright-Italic
    /LucidaCalligraphy-Italic
    /LucidaConsole
    /LucidaFax
    /LucidaFax-Demi
    /LucidaFax-DemiItalic
    /LucidaFax-Italic
    /LucidaHandwriting-Italic
    /LucidaSansUnicode
    /Magneto-Bold
    /MaturaMTScriptCapitals
    /MediciScriptLTStd
    /MicrosoftSansSerif
    /Mistral
    /Modern-Regular
    /MonotypeCorsiva
    /MS-Mincho
    /MSReferenceSansSerif
    /MSReferenceSpecialty
    /NiagaraEngraved-Reg
    /NiagaraSolid-Reg
    /NuptialScript
    /OldEnglishTextMT
    /Onyx
    /PalatinoLinotype-Bold
    /PalatinoLinotype-BoldItalic
    /PalatinoLinotype-Italic
    /PalatinoLinotype-Roman
    /Parchment-Regular
    /Playbill
    /PMingLiU
    /PoorRichard-Regular
    /Ravie
    /ShowcardGothic-Reg
    /SimSun
    /SnapITC-Regular
    /Stencil
    /SymbolMT
    /Tahoma
    /Tahoma-Bold
    /TempusSansITC
    /TimesNewRomanMT-ExtraBold
    /TimesNewRomanMTStd
    /TimesNewRomanMTStd-Bold
    /TimesNewRomanMTStd-BoldCond
    /TimesNewRomanMTStd-BoldIt
    /TimesNewRomanMTStd-Cond
    /TimesNewRomanMTStd-CondIt
    /TimesNewRomanMTStd-Italic
    /TimesNewRomanPS-BoldItalicMT
    /TimesNewRomanPS-BoldMT
    /TimesNewRomanPS-ItalicMT
    /TimesNewRomanPSMT
    /Times-Roman
    /Trebuchet-BoldItalic
    /TrebuchetMS
    /TrebuchetMS-Bold
    /TrebuchetMS-Italic
    /Verdana
    /Verdana-Bold
    /Verdana-BoldItalic
    /Verdana-Italic
    /VinerHandITC
    /Vivaldii
    /VladimirScript
    /Webdings
    /Wingdings2
    /Wingdings3
    /Wingdings-Regular
    /ZapfChanceryStd-Demi
    /ZWAdobeF
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 150
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages false
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 900
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.00111
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /ColorImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 150
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages false
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 1200
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.00083
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /GrayImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages false
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 1600
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.00063
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e55464e1a65876863768467e5770b548c62535370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc666e901a554652d965874ef6768467e5770b548c52175370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /DAN <>
    /DEU <>
    /ESP <>
    /FRA <>
    /ITA (Utilizzare queste impostazioni per creare documenti Adobe PDF adatti per visualizzare e stampare documenti aziendali in modo affidabile. I documenti PDF creati possono essere aperti con Acrobat e Adobe Reader 5.0 e versioni successive.)
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020be44c988b2c8c2a40020bb38c11cb97c0020c548c815c801c73cb85c0020bcf4ace00020c778c1c4d558b2940020b3700020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken waarmee zakelijke documenten betrouwbaar kunnen worden weergegeven en afgedrukt. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /PTB <>
    /SUO <>
    /SVE <>
    /ENU (Use these settings to create PDFs that match the "Suggested"  settings for PDF Specification 4.0)
  >>
>> setdistillerparams
<<
  /HWResolution [600 600]
  /PageSize [612.000 792.000]
>> setpagedevice


