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Abstract—Coronavirus is named because of the structure of 
the crown on its body surface. The effect of the Coronavirus for 
sufferers is a disturbance in the respiratory system. Several days 
later, the disruption from the lung infection got worse. To 
identify the cause of this disease, the doctor performs a 
computed tomography scan and manually observes the changes 
that occur in the lungs through an X-ray. Image identification 
using machine learning is the latest trend these days to assist 
medical analysts. If the number of patients treated is large 
enough, this is very helpful in the analysis. The choice of 
Convolutional Neural Network is due to the many architectural 
algorithms being developed at this time. This method works 
with multiple layers. But the drawback is that the computation 
time for the training process takes a long time. The purposed 
way in this research is a custom layer using 18-34 layers. There 
is four class in the test, namely Normal lung conditions, 
COVID19, bacterial pneumonia, and viral pneumonia. Data 
augmentation is used to add variation to data. The results 
showed that the method offered could be used to identify 
pneumonia with an average identification accuracy of 98.7% -
100%. The average value of error the MSE 18-34 layer is 0.0539, 
RMSE 0.1981, and MAE 0.0319. The average consumption time 
for the training process is 2.25 seconds. The best accuracy 
calculation is obtained at 34 layers with the Adaptive Moment 
Estimation optimizer with a computation time of around 1 
minute 48 seconds.  

Keywords— COVID19, Pneumonia, Custom convolutional 
Neural Network, Data Augmentation 

I. INTRODUCTION 

The city of Wuhan China, at the end of 2019, became the 
first case of the discovery of the Coronavirus. More than 200 
countries in the world have reported cases of exposure to the 
Coronavirus. A droplet from a person who is positive for 
COVID-19 and to a healthy human. Viruses cannot survive 
and reproduce on their own because they are looking for a host 
to live. They stay on other living organisms for energy that can 
be used for replication [1]. 

In mild infections, the sufferer only experiences sore 
throat, nasal congestion, and low-grade fever. Patients who 
experience fever and cough are moderate symptoms. The 
Coronavirus replicates to travel in the respiratory tract and 

enter the bronchial tubes. This condition can cause 
inflammation, which will result in a dry cough. In severe 
pulmonary infections, this virus leaves the bronchial tubes and 
enters deep into the lungs. As a result, the tissues involved in 
oxygen exchange are weak [2]. 

A series of X-Ray scans begin with 44-year-old Chinese 
patients. He died of the corona shows how the virus is 
damaging the lungs.The abnormality that doctors identified in 
the scan of corona patients was similar to that found in 
patients. From the results of a computer tomography scan, 
healthy lungs will be dark. White dots that appear are nodules 
or small growths in the lung tissue. Patients with COVID-19 
infection will appear in white spots or patches on the lungs. 
The X-ray image performed looks like a crack in shattered 
glass. What is visible is fluid in the lung space. The only way 
to tell the difference is to pay attention to their shape and 
distribution [3]. 

X-ray research conducted by Sohaib Asif 2020 used an X-
Ray image dataset consisting of 3 classes, namely COVID19, 
pneumonia virus, and normal conditions. The CNN method 
used is the Inception V3 model with transfer learning. Pre-
processing is done by resizing the image to fit with the input 
layer. The classification accuracy results show the training 
accuracy is more than 98%, and the validation accuracy is 
93%. In other research, Tulin Ozturk in 2020 conducted 
research using The DarkNet model for 2-3 class of pneumonia 
COVID19. The analysis applies different filters for each layer 
with 17 convolutional layers. In the classification process for 
class binaries, the resulting accuracy is 98.08%, while in 
multi-class, the accuracy is 87.02% [4]. 

Furthermore, X-ray analysis research was carried out by 
Makris (2020). The X-ray images used are mixed images 
available to the public with three output classes. Performance 
comparisons are made on several architectures. The results 
showed that the VGG16 and VGG19 designs were the best 
with an accuracy of 95%. Efficiency is being obtained using 
the NasnetLarge Model, with an average value of 81%. 
MobileNetV2 and densenet cannot exceed accuracy with 40% 
and 38% accuracy, respectively [5]. In his research (2020), 
Ioannis also uses a set of X-ray image data. There are three 
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classes and two data scenarios. VGG19 and MobileNet v2 
used to compile the data. Suppose the False negative (FN) is 
low, then optimal results for accuracy can be obtained. The 
result is that significant biomarkers related to Covid-19 can be 
done using X-ray imaging processing. The result is that the 
best value obtained is 96.46% specificity, 98.66% sensitivity, 
and 96.78% accuracy [6]. 

This proposed research analyzes X-rays of COVID19 
pneumonia patients also using convolutional neural networks. 
GAP, with previous research, is that previous researchers still 
use the existing CNN architecture, and most research do not 
take into account the time of the training process. CNN has 
high accuracy, but the computation time takes a long time 
because the learning is done in-depth. The novelty offered is 
the addition of auto contacts and the use of custom layers with 
data augmentation. Auto contrast aims to clarify objects, and 
the Custom layer aims to reduce computation time. The use of 
development is to increase data variation because X-rays of 
COVID19 patients are not widely available on the internet. 
This research focuses on the lung condition of pneumonia 
sufferers with four leading causes, namely COVID19, normal 
lung conditions, lung conditions due to bacterial infection, and 
lung conditions due to viruses. Some of the future research 
that can be done include the use of K-Fold validation, 
optimization to get the typical parameter values, and 
parameter calculations values. 

II. LITERATURE REVIEW AND METHODS 

The literature review contains definitions and methods to be 
used 

A. COVID-19 Virus 

The size of this virus has a diameter of only 20 
nanometers, which is lower than ribosomes. Based on direct 
observation using an electron microscope, with ultra-thin 
sections of infected living things [7]. Viruses are transmitted 
through a series of layers of different sizes. Meanwhile, the 
tail functions to make contact with the body of the organism 
it attacks [8].  

Fig. 1. Lung Condition (a) Normal (b) COVID19 

The difference is shown in Fig 1. White patches are more 
visible in patients with the identification of COVID19. 
 

B. Convolutional Neural Network 

Convolutional Neural Neural works by arranging several 
variables into a target so that the objectives of the technique 
can be achieved [9]. The architecture of CNN is divided into 
two major parts, Feature Learning and Classification.  
 

The underlying architecture is shown in Fig 2 [10]. 
 

 
Fig. 2. The architecture of Convolutional neural network 

The types of architecture include AlexNet, Googlenet, 
Resnet, VGG, Densenet, Squeezenet [11]. The difference lies 
in the number of layers used. More Layers will increase the 
number of parameters. It's just that it will add computing time 
[12]. The convolutional filter will shift by one of the stride 
values is 1. The stride is a determinant of the filter shift of N 
pixels in the filter convolution process. The transformation is 
done horizontally and vertically [13]—the layer relationship 
in performance expressed in Equation (1). 
fit	ݏ݊݋ݎݑ݁݊	݂݋	ݎܾ݁݉ݑܰ  = (ௐିிାଶ௓௉)ௌାଵ              (1) 

 
Where S is the stride of its application, F as the size of the 
filter, W is the width and height of the input image, and the 
number of zero paddings (ZP)  [14]. The pooling layer is a 
layer that reduces the dimensions of the feature map—the 
formula Pooling layer expressed in Equation (2). 
 ௢ܲ௨௧ = ௡೓ି௙ାଵ௦ ݔ ௡ೢି௙ାଵ௦  ௖                    (2)݊ݔ

 
With ௢ܲ௨௧= pooling output, ݊௛ = height of feature map, ݊௪ = 
width of the feature map, ݊௖ = number of channels, f = filter 
size, s = stride [15]. The pooling layer speeding up the 
computation because the parameters that have to be updated 
are fewer and overcome overfitting.[16]. 

C. Data augmentation 

Data augmentation is the process of modifying images so that 
the computer will detect that the modified model is a different 
image. But humans can still know that the modified image is 
the same picture [17]. Shears expressed in Equation (3). 
ܣ  = ቀ1 0ݏ 1ቁ                                 (3) 

 is sheared, and it is in the range ܫ defines the amount that ݏ 
of [0.1, 0.35]. Augmentation can improve the CNN model 
accuracy that trained [18]. Development performed in this 
research is to reverse the image horizontally, zoom in 
randomly, with a maximum zoom of 50% of the image size. 
Rotate pictures randomly with a maximum degree of 90◦ [19]. 

D. Accuracy 

A confusion matrix is a matrix that is arranged based on the 
actual prediction class error [20]. Models that have undergone 
the training process will issue predictions. The Root Mean 
Square (RMSE) expressed in Equation (4) [21]. 

ܧܵܯܴ  = ටଵே ∑ ( ௝ܼ − መܼ௝)ଶே௝ୀଵ                    (4) 

With N=number of the sample image, ௝ܼ= actual label image, መܼ௝ = predicted label image. Another calculation uses Mean 
absolute error (MAE) [22]. It expressed in Equation (5). 

       
(a)                                         (b) 
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ܧܣܯ = ଵ௡∑ หݕ௝ − ො௝ห௡௝ୀଵݕ                          (5) 

MAE measures the magnitude of the average error in a series 
of predictions against the actual, without considering the 
direction. [23] 

III. RESEARCH METHODS 

The research method used is as illustrated in the flowchart 
below: 

 
Fig. 3. Customize layer of Convolutional neural network 

As shown in Fig 3, this research begins by preparing 
preliminary data in the form of X-Ray data obtained from the 
internet. Before entering CNN, the data is processed first using 
automatic contrast and resizing to format [224 224]. The 
convolutional layer process followed by the filter continues at 
the collection layer, which serves to get a feature map. A 
multidimensional array is a feature map that results from a 
feature extraction layer - reconfiguring the feature map into a 
vector. The software used is the MATLAB 2019a. The 
hardware used is a Laptop Core i-7 with 8GB of RAM with 
an NVIDIA GTX1050 Graphics Processing Unit (GPU).  

 Secondary data is available on the internet that can be used 
in this research. The Lung Condition dataset address used is 
https://www.kaggle.com/paultimothymooney/chest-xray-pneumonia. Total 
File Size of 1GB. Picture of COVID X-Ray was taken from 
https://github.com/ieee8023/covid-chestxray-dataset/tree/master/images. 
The specifications are patients who are identified as having 
eight classes of pulmonary pain. In this research, training does 
use four types. The X-Ray data image files contain 43 
COVID19, 234 Normal, 242 Pneumonia bacterial, and 148 
Pneumonia virus [24]. 

 

IV. RESULT AND DISCUSSION 

This stage contains the steps of Pre-processing, CNN, Pre-
trained and data augmentation, and accuracy. 

A. Initial process 

The necessary preparation is to adjust the image dimensions 
similar to the aspects of the Convolutional neural network. 
This research uses 224x224 dimensions with one channel of 
the color. Dataset has various dimensions of size because data 
sources might be taken from different X-Ray photo machines. 
Data Image is shown in Fig 4. 
  

 
Fig. 4. Image input file 

The next step is to run auto contrast to increase the intensity 
of the differentiation between the object and the background. 
The formula used is shown in Equation (6).  
 ௔݂௖(ܽ) = (ܽ − ܽ௟௢௪). ଶହହ௔೓೔೒೓ି௔೗೚ೢ                  (6) 

 
with ௔݂௖(ܽ)= the mapping function. The gray-scale image has 
the full range from 0–255 using eight depth of bits. Output 
auto contrast has shown in Fig 5. 

Fig. 5. Pre-processing (a) before autocontrast (b) after autocontrast 

         
   (a)                                                       (b) 
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B. Convolutional Layer and Feature Maps 

The feature maps using padding "same" means the 
assumption that the output feature map size is the same as the 
input feature map. The goal is to get a planned feature with 
the same size as the input layer. Visualization of the Batch 
normalization layer shown in Fig 6. 

Fig. 6. Layer Convolution and Batch Normalization 

C. Data augmentation 

Image datastore works by enlarging training data sets, 
validation data, test data, and prediction data. The operation 
of resizing, rotating, and reflecting is carried out at this stage. 
The image data augmentation result shows in Fig 7. Scaling 
do by Equation (7). 

ܣ  = ൬ݏ௫ 00  ௬൰                                  (7)ݏ

Fig. 7. Augmentation: Scaling and Rotation 

Another technique uses for data augmentation is rotation. 
Each image ܫ is rotated, represented by the following affine 
transformation. It expressed in Equation (8). ܣ = ቀcos ߠ sinߠ݊݅ݏ− ߠ cos ߠ ቁ                              (8) 

While ߠ  is the degree, the value is between 10 and 175 
degrees. In this research used random rotation options of 90, 
arbitrary Scale 0.5, Random X Shear [-45 45], and Random 
Y Shear [-60 60]. The output is shown in Fig 8. 

Fig. 8. Augmentation: Shear and reflection 

D. Training 

The training stage, a scenario using 18-34 layer. Options set 
Initial learning rate at 310ିݔସ , max epoch 30, iteration 100, 
validation Frequency 30 and minibatch 32. Training 
optimization used is rmsprop (root mean square propagation), 
sgdm (stochastic gradient descent with momentum), and 
adam (adaptive moment estimation). The training process 
using optimization shown in Fig 9. 

E. Accuracy and Error classification 

Confusion matrix can be used to determine classification 
accuracy by comparing testLabels and predicted Labels of 
image validation. F1-score expressed in Equation (9). 1ܨ	݁ݎ݋ܿݏ = ଶ௫(ோ௘௖௔௟௟௫௉௥௘௖௜௦௜௢௡)ோ௘௖௔௟௟ା௉௥௘௖௜௦௦௜௢௡                     (9) 

Confusion Matrix F1 Score is a comparison of weighted 
average precision and recall written in Eq. (9). Table 1 shows 
the classification error calculation using Eq. (4) and Eq (5). 
The results show that at layer 34, the smallest MSE, RMSE, 
and MAE values are obtained. It is influenced by the stability 
of the training process because there are more convolutional 
layers. The average error cost of the MSE 18-34 layer is 
0.0539, RMSE 0.1981, and MAE 0.0319. The average 
consumption time for the training process is 2.25 seconds. 

     

TABLE I.  RESULT WITH TRAINING OPTIMIZATION

         
     (a)                                                           (b) 
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Fig. 9. Comparison of Accuracy vs. time-consuming 

 

 

 

 

 

 

 

 

Fig. 10. Confusion matrix of pneumonia 

From Fig 10, the Confusion matrix can be explained that from 
40 COVID19 X-ray images, 43 can be classified correctly. 
Pneumonia bacteria, amounting to 242 files, five files are 
misclassified into the pneumonia virus class so that the 
accuracy is 98%. In the pneumonia virus, there is one file 
classify as Normal condition, so the efficiency is 99.6%. And 
from the total classification results obtained an average 
accuracy of 98.7%. 

F. Prediction 

Prediction is the stage that is used to test the data. This stage 
will match the image in the test data to the model formed from 
the results of the training process. The trials in Fig 11, show 
that the system can recognize pictures quite well. The first 
prediction results show the model can realize visions as 
pneumonia bacteria with an accuracy of 87.7% and 98.8%. 
The image is recognized as COVID19 98.2%. The healthy 
lung is 99.7%. In addition to the resulting efficiency, another 
thing to be concerned about is computational time. It is 
supported by the use of auto contrast to increase the 
difference between objects and the background so that the 
training process runs more stable. 

 
Fig. 11. Confusion matrix of pneumonia 

G. Comparison of Research, Accuracy and time consuming 

A comparison of the research that has been done by previous 
researchers using X-Ray images is shown in Table 2. In 
previous research, the existing architecture of CNN was still 
used. The number of output classes used is 3-4 classes. There 
is one researcher who uses pre-processing to improve the 
image. Image correction is also needed because some photos 
are sometimes taken with different devices so that they have 
different dimensions and the number of color channels. 

TABLE 2. COMPARISON BETWEEN RESEARCH 

No Author 
Pre 

process 
Arch 

No of 
layer 

Aug 
Avg 
Acc 

Train 
time 
(min) 

1 
Makris 
[5] 

#N/A VGG 41-47 
Avai 
lable 

95% 33,33  

2 Asif [4] resize 
 Incep-
tion V3  

48 #N/A 98% #N/A 

3 
Ozturk 
[25] 

#N/A Darknet 75 #N/A 
98.08

% 
#N/A 

4 
Ioannis 
[6] 

#N/A 
Mobile
Net v2 

53 #N/A 
96.78

% 
#N/A 

5 
Pro-
posed 
Method 

resize & 
Auto- 

contrast 

Custom 
Layer 

26-34 
Avai 
lable 

98.7
% 

2,5 

 
The comparison of layer performance shown in Fig 12 shows 
that using 34 layers with Adam's optimizer produces 
maximum accuracy. The best computational time for the 
training process needed is around 1 minute, 49 seconds. If the 
number of layers used is too small, the training process to find 

 
Fig 9. Comparison of Accuracy vs time consuming 
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accuracy performance runs too fast but tends to be unstable, 
training time is fast, but the resulting accuracy cannot be 
maximized. In comparison with existing architecture, the 
purposed method produces maximum efficiency with better 
computing time compared with alexnet and squeezenet. The 
best time needed is around 2 minutes and 30 seconds. 

 
Fig. 12. Comparison of Architecture 

V. CONCLUSION 

The comparison results with other architectures show that the 
proposed custom layer can be used as a reference in the 
identification process. This research conducted observations 
on four output classes, namely bacterial pneumonia, Normal 
conditions, pneumonia COVID19, and viral pneumonia. The 
gap with previous research was in pre-processing, Number of 
Layer and time consumption. Proposals offered with custom 
layers 18-34 layers assisted with data augmentation can 
produce an average accuracy of 98.7-100% with computation 
time training processes ranging from one minute and 48 
seconds. The average value of the MSE 18-34 layer is 0.0539, 
RMSE 0.1981, and MAE 0.0319, with average consumption 
time for the training process is 2.25 seconds. Research 
features that can be developed from this research are analysis 
with K-Fold validation and  usings optimization to get the real 
parameter value. 

ACKNOWLEDGMENT 

Author Thanks to Dr. Soetomo Hospital in Surabaya for 
supporting primary data and the Ministry of Research, 
Technology and Higher Education, Grant 2019/2020, with 
contract number 812/UN3.14/PT/2020. 

REFERENCES 
[1] Ather A., B. Patel, N.B. Ruparel, "Coronavirus Disease 19 (COVID-

19): Implications for Clinical Dental Care," Journal of Endodontics. 
Vol. 46, pp 584-595, 2020. 

[2] Chen X., W. Wei, J. Wang, "Tide drove microbial dynamics through 
virus-host interactions in the estuarine ecosystem," Water Research. 
Vol. 160, pp 118-129, 2019. 

[3] Ma L., X. Liu, Y. Gao, "A new method of content-based medical image 
retrieval and its applications to CT imaging sign retrieval," Journal of 
Biomedical Informatics. Vol. 66, pp 148-158, 2017. 

[4] Asif S., Y. Wenhui, H. Jin, "Classification of COVID-19 from Chest 
X-ray images using Deep Convolutional Neural Networks," medRxiv. 
Vol. pp 2020.05.01.20088211, 2020. 

[5] Makris A., I. Kontopoulos, and K. Tserpes, "COVID-19 detection from 
chest X-Ray images using Deep Learning and Convolutional Neural 
Networks," Vol. pp, 2020. 

[6] Apostolopoulos I.D. and T.A. Mpesiana, "Covid-19: automatic 
detection from X-ray images utilizing transfer learning with 
convolutional neural networks," Physical and Engineering Sciences in 
Medicine. Vol. 43, pp 635-640, 2020. 

[7] Li X., M. Geng, Y. Peng, "Molecular immune pathogenesis and 
diagnosis of COVID-19," Journal of Pharmaceutical Analysis. Vol. 10, 
pp 102-108, 2020. 

[8] Grove J. and M. Marsh, "The cell biology of receptor-mediated virus 
entry," The Journal of cell biology. Vol. 195, pp 1071-1082, 2011. 

[9] Perera P. and V.M. Patel, "Learning Deep Features for One-Class 
Classification," IEEE Transactions on Image Processing. Vol. 28, pp 
5450-5463, 2019. 

[10] Saikia AR, K. Bora, L.B. Mahanta, "Comparative assessment of CNN 
architectures for classification of breast FNAC images," Tissue and 
Cell. Vol. 57, pp 8-14, 2019. 

[11] Sandoval C., E. Pirogova, and M. Lech, "Two-Stage Deep Learning 
Approach to the Classification of Fine-Art Paintings," IEEE Access. 
Vol. 7, pp 41770-41781, 2019. 

[12] Yan Z., Y. Zhan, S. Zhang. "Chapter 4 - Multi-Instance Multi-Stage 
Deep Learning for Medical Image Recognition", in Deep Learning for 
Medical Image AnalysisAcademic Press, 2017:  p. 83-104. 

[13] Yepez J. and S. Ko, "Stride 2 1-D, 2-D, and 3-D Winograd for 
Convolutional Neural Networks," IEEE Transactions on Very Large 
Scale Integration (VLSI) Systems. Vol. 28, pp 853-863, 2020. 

[14] Risum A.B. and R. Bro, "Using deep learning to evaluate peaks in 
chromatographic data," Talanta. Vol. 204, pp 255-260, 2019. 

[15] Yang W., Q. Liu, S. Wang, "Down image recognition based on deep 
convolutional neural network," Information Processing in Agriculture. 
Vol. 5, pp 246-252, 2018. 

[16] Kamnitsas K., C. Ledig, V.F.J. Newcombe, "Efficient multi-scale 3D 
CNN with fully connected CRF for accurate brain lesion 
segmentation," Medical Image Analysis. Vol. 36, pp 61-78, 2017. 

[17] Al-Qerem A., "An efficient machine-learning model based on data 
augmentation for pain intensity recognition," Egyptian Informatics 
Journal. Vol. pp, 2020. 

[18] Mikołajczyk A. and M. Grochowski, "Data augmentation for 
improving deep learning in image classification problem." in 2018 
International Interdisciplinary Ph.D. Workshop (IIPhDW), Vol. 117-
122.2018. 

[19] Bayr U. and O. Puschmann, "Automatic detection of woody vegetation 
in repeat landscape photographs using a convolutional neural network," 
Ecological Informatics. Vol. 50, pp 220-233, 2019. 

[20] Kaur A. and I. Kaur, "An empirical evaluation of classification 
algorithms for fault prediction in open source projects," Journal of King 
Saud University - Computer and Information Sciences. Vol. 30, pp 2-
17, 2018. 

[21] Popoola S.I., A. Jefia, A.A. Atayero, "Determination of Neural 
Network Parameters for Path Loss Prediction in Very High-Frequency 
Wireless Channel," IEEE Access. Vol. 7, pp 150462-150483, 2019. 

[22] Rémy N.M., T.T. Martial, and T.D. Clémentin, "The prediction of good 
physicians for prospective diagnosis using data mining," Informatics in 
Medicine Unlocked. Vol. 12, pp 120-127, 2018. 

[23] Sharma P., Y.P.S. Berwal, and W. Ghai, "Performance analysis of deep 
learning CNN models for disease detection in plants using image 
segmentation," Information Processing in Agriculture. Vol. pp, 2019. 

[24] Toğaçar M., B. Ergen, and Z. Cömert, "COVID-19 detection using 
deep learning models to exploit Social Mimic Optimization and 
structured chest X-ray images using fuzzy color and stacking 
approaches," Computers in Biology and Medicine. Vol. pp 103805, 
2020. 

[25] Ozturk T., M. Talo, EA Yildirim, "Automated detection of COVID-19 
cases using deep neural networks with X-ray images," Computers in 
Biology and Medicine. Vol. pp 103792, 2020. 

 

 

2020 3rd International Conference on Biomedical Engineering (IBIOMED), Yogyakarta, Indonesia

76



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Error
  /CompatibilityLevel 1.7
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 0
  /ParseDSCComments false
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo false
  /PreserveFlatness true
  /PreserveHalftoneInfo true
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Remove
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
    /AbadiMT-CondensedLight
    /ACaslon-Italic
    /ACaslon-Regular
    /ACaslon-Semibold
    /ACaslon-SemiboldItalic
    /AdobeArabic-Bold
    /AdobeArabic-BoldItalic
    /AdobeArabic-Italic
    /AdobeArabic-Regular
    /AdobeHebrew-Bold
    /AdobeHebrew-BoldItalic
    /AdobeHebrew-Italic
    /AdobeHebrew-Regular
    /AdobeHeitiStd-Regular
    /AdobeMingStd-Light
    /AdobeMyungjoStd-Medium
    /AdobePiStd
    /AdobeSongStd-Light
    /AdobeThai-Bold
    /AdobeThai-BoldItalic
    /AdobeThai-Italic
    /AdobeThai-Regular
    /AGaramond-Bold
    /AGaramond-BoldItalic
    /AGaramond-Italic
    /AGaramond-Regular
    /AGaramond-Semibold
    /AGaramond-SemiboldItalic
    /AgencyFB-Bold
    /AgencyFB-Reg
    /AGOldFace-Outline
    /AharoniBold
    /Algerian
    /Americana
    /Americana-ExtraBold
    /AndaleMono
    /AndaleMonoIPA
    /AngsanaNew
    /AngsanaNew-Bold
    /AngsanaNew-BoldItalic
    /AngsanaNew-Italic
    /AngsanaUPC
    /AngsanaUPC-Bold
    /AngsanaUPC-BoldItalic
    /AngsanaUPC-Italic
    /Anna
    /ArialAlternative
    /ArialAlternativeSymbol
    /Arial-Black
    /Arial-BlackItalic
    /Arial-BoldItalicMT
    /Arial-BoldMT
    /Arial-ItalicMT
    /ArialMT
    /ArialMT-Black
    /ArialNarrow
    /ArialNarrow-Bold
    /ArialNarrow-BoldItalic
    /ArialNarrow-Italic
    /ArialRoundedMTBold
    /ArialUnicodeMS
    /ArrusBT-Bold
    /ArrusBT-BoldItalic
    /ArrusBT-Italic
    /ArrusBT-Roman
    /AvantGarde-Book
    /AvantGarde-BookOblique
    /AvantGarde-Demi
    /AvantGarde-DemiOblique
    /AvantGardeITCbyBT-Book
    /AvantGardeITCbyBT-BookOblique
    /BakerSignet
    /BankGothicBT-Medium
    /Barmeno-Bold
    /Barmeno-ExtraBold
    /Barmeno-Medium
    /Barmeno-Regular
    /Baskerville
    /BaskervilleBE-Italic
    /BaskervilleBE-Medium
    /BaskervilleBE-MediumItalic
    /BaskervilleBE-Regular
    /Baskerville-Bold
    /Baskerville-BoldItalic
    /Baskerville-Italic
    /BaskOldFace
    /Batang
    /BatangChe
    /Bauhaus93
    /Bellevue
    /BellMT
    /BellMTBold
    /BellMTItalic
    /BerlingAntiqua-Bold
    /BerlingAntiqua-BoldItalic
    /BerlingAntiqua-Italic
    /BerlingAntiqua-Roman
    /BerlinSansFB-Bold
    /BerlinSansFBDemi-Bold
    /BerlinSansFB-Reg
    /BernardMT-Condensed
    /BernhardModernBT-Bold
    /BernhardModernBT-BoldItalic
    /BernhardModernBT-Italic
    /BernhardModernBT-Roman
    /BiffoMT
    /BinnerD
    /BinnerGothic
    /BlackadderITC-Regular
    /Blackoak
    /blex
    /blsy
    /Bodoni
    /Bodoni-Bold
    /Bodoni-BoldItalic
    /Bodoni-Italic
    /BodoniMT
    /BodoniMTBlack
    /BodoniMTBlack-Italic
    /BodoniMT-Bold
    /BodoniMT-BoldItalic
    /BodoniMTCondensed
    /BodoniMTCondensed-Bold
    /BodoniMTCondensed-BoldItalic
    /BodoniMTCondensed-Italic
    /BodoniMT-Italic
    /BodoniMTPosterCompressed
    /Bodoni-Poster
    /Bodoni-PosterCompressed
    /BookAntiqua
    /BookAntiqua-Bold
    /BookAntiqua-BoldItalic
    /BookAntiqua-Italic
    /Bookman-Demi
    /Bookman-DemiItalic
    /Bookman-Light
    /Bookman-LightItalic
    /BookmanOldStyle
    /BookmanOldStyle-Bold
    /BookmanOldStyle-BoldItalic
    /BookmanOldStyle-Italic
    /BookshelfSymbolOne-Regular
    /BookshelfSymbolSeven
    /BookshelfSymbolThree-Regular
    /BookshelfSymbolTwo-Regular
    /Botanical
    /Boton-Italic
    /Boton-Medium
    /Boton-MediumItalic
    /Boton-Regular
    /Boulevard
    /BradleyHandITC
    /Braggadocio
    /BritannicBold
    /Broadway
    /BrowalliaNew
    /BrowalliaNew-Bold
    /BrowalliaNew-BoldItalic
    /BrowalliaNew-Italic
    /BrowalliaUPC
    /BrowalliaUPC-Bold
    /BrowalliaUPC-BoldItalic
    /BrowalliaUPC-Italic
    /BrushScript
    /BrushScriptMT
    /CaflischScript-Bold
    /CaflischScript-Regular
    /Calibri
    /Calibri-Bold
    /Calibri-BoldItalic
    /Calibri-Italic
    /CalifornianFB-Bold
    /CalifornianFB-Italic
    /CalifornianFB-Reg
    /CalisMTBol
    /CalistoMT
    /CalistoMT-BoldItalic
    /CalistoMT-Italic
    /Cambria
    /Cambria-Bold
    /Cambria-BoldItalic
    /Cambria-Italic
    /CambriaMath
    /Candara
    /Candara-Bold
    /Candara-BoldItalic
    /Candara-Italic
    /Carta
    /CaslonOpenfaceBT-Regular
    /Castellar
    /CastellarMT
    /Centaur
    /Centaur-Italic
    /Century
    /CenturyGothic
    /CenturyGothic-Bold
    /CenturyGothic-BoldItalic
    /CenturyGothic-Italic
    /CenturySchL-Bold
    /CenturySchL-BoldItal
    /CenturySchL-Ital
    /CenturySchL-Roma
    /CenturySchoolbook
    /CenturySchoolbook-Bold
    /CenturySchoolbook-BoldItalic
    /CenturySchoolbook-Italic
    /CGTimes-Bold
    /CGTimes-BoldItalic
    /CGTimes-Italic
    /CGTimes-Regular
    /CharterBT-Bold
    /CharterBT-BoldItalic
    /CharterBT-Italic
    /CharterBT-Roman
    /CheltenhamITCbyBT-Bold
    /CheltenhamITCbyBT-BoldItalic
    /CheltenhamITCbyBT-Book
    /CheltenhamITCbyBT-BookItalic
    /Chiller-Regular
    /Cmb10
    /CMB10
    /Cmbsy10
    /CMBSY10
    /CMBSY5
    /CMBSY6
    /CMBSY7
    /CMBSY8
    /CMBSY9
    /Cmbx10
    /CMBX10
    /Cmbx12
    /CMBX12
    /Cmbx5
    /CMBX5
    /Cmbx6
    /CMBX6
    /Cmbx7
    /CMBX7
    /Cmbx8
    /CMBX8
    /Cmbx9
    /CMBX9
    /Cmbxsl10
    /CMBXSL10
    /Cmbxti10
    /CMBXTI10
    /Cmcsc10
    /CMCSC10
    /Cmcsc8
    /CMCSC8
    /Cmcsc9
    /CMCSC9
    /Cmdunh10
    /CMDUNH10
    /Cmex10
    /CMEX10
    /CMEX7
    /CMEX8
    /CMEX9
    /Cmff10
    /CMFF10
    /Cmfi10
    /CMFI10
    /Cmfib8
    /CMFIB8
    /Cminch
    /CMINCH
    /Cmitt10
    /CMITT10
    /Cmmi10
    /CMMI10
    /Cmmi12
    /CMMI12
    /Cmmi5
    /CMMI5
    /Cmmi6
    /CMMI6
    /Cmmi7
    /CMMI7
    /Cmmi8
    /CMMI8
    /Cmmi9
    /CMMI9
    /Cmmib10
    /CMMIB10
    /CMMIB5
    /CMMIB6
    /CMMIB7
    /CMMIB8
    /CMMIB9
    /Cmr10
    /CMR10
    /Cmr12
    /CMR12
    /Cmr17
    /CMR17
    /Cmr5
    /CMR5
    /Cmr6
    /CMR6
    /Cmr7
    /CMR7
    /Cmr8
    /CMR8
    /Cmr9
    /CMR9
    /Cmsl10
    /CMSL10
    /Cmsl12
    /CMSL12
    /Cmsl8
    /CMSL8
    /Cmsl9
    /CMSL9
    /Cmsltt10
    /CMSLTT10
    /Cmss10
    /CMSS10
    /Cmss12
    /CMSS12
    /Cmss17
    /CMSS17
    /Cmss8
    /CMSS8
    /Cmss9
    /CMSS9
    /Cmssbx10
    /CMSSBX10
    /Cmssdc10
    /CMSSDC10
    /Cmssi10
    /CMSSI10
    /Cmssi12
    /CMSSI12
    /Cmssi17
    /CMSSI17
    /Cmssi8
    /CMSSI8
    /Cmssi9
    /CMSSI9
    /Cmssq8
    /CMSSQ8
    /Cmssqi8
    /CMSSQI8
    /Cmsy10
    /CMSY10
    /Cmsy5
    /CMSY5
    /Cmsy6
    /CMSY6
    /Cmsy7
    /CMSY7
    /Cmsy8
    /CMSY8
    /Cmsy9
    /CMSY9
    /Cmtcsc10
    /CMTCSC10
    /Cmtex10
    /CMTEX10
    /Cmtex8
    /CMTEX8
    /Cmtex9
    /CMTEX9
    /Cmti10
    /CMTI10
    /Cmti12
    /CMTI12
    /Cmti7
    /CMTI7
    /Cmti8
    /CMTI8
    /Cmti9
    /CMTI9
    /Cmtt10
    /CMTT10
    /Cmtt12
    /CMTT12
    /Cmtt8
    /CMTT8
    /Cmtt9
    /CMTT9
    /Cmu10
    /CMU10
    /Cmvtt10
    /CMVTT10
    /ColonnaMT
    /Colossalis-Bold
    /ComicSansMS
    /ComicSansMS-Bold
    /Consolas
    /Consolas-Bold
    /Consolas-BoldItalic
    /Consolas-Italic
    /Constantia
    /Constantia-Bold
    /Constantia-BoldItalic
    /Constantia-Italic
    /CooperBlack
    /CopperplateGothic-Bold
    /CopperplateGothic-Light
    /Copperplate-ThirtyThreeBC
    /Corbel
    /Corbel-Bold
    /Corbel-BoldItalic
    /Corbel-Italic
    /CordiaNew
    /CordiaNew-Bold
    /CordiaNew-BoldItalic
    /CordiaNew-Italic
    /CordiaUPC
    /CordiaUPC-Bold
    /CordiaUPC-BoldItalic
    /CordiaUPC-Italic
    /Courier
    /Courier-Bold
    /Courier-BoldOblique
    /CourierNewPS-BoldItalicMT
    /CourierNewPS-BoldMT
    /CourierNewPS-ItalicMT
    /CourierNewPSMT
    /Courier-Oblique
    /CourierStd
    /CourierStd-Bold
    /CourierStd-BoldOblique
    /CourierStd-Oblique
    /CourierX-Bold
    /CourierX-BoldOblique
    /CourierX-Oblique
    /CourierX-Regular
    /CreepyRegular
    /CurlzMT
    /David-Bold
    /David-Reg
    /DavidTransparent
    /Dcb10
    /Dcbx10
    /Dcbxsl10
    /Dcbxti10
    /Dccsc10
    /Dcitt10
    /Dcr10
    /Desdemona
    /DilleniaUPC
    /DilleniaUPCBold
    /DilleniaUPCBoldItalic
    /DilleniaUPCItalic
    /Dingbats
    /DomCasual
    /Dotum
    /DotumChe
    /DoulosSIL
    /EdwardianScriptITC
    /Elephant-Italic
    /Elephant-Regular
    /EngraversGothicBT-Regular
    /EngraversMT
    /EraserDust
    /ErasITC-Bold
    /ErasITC-Demi
    /ErasITC-Light
    /ErasITC-Medium
    /ErieBlackPSMT
    /ErieLightPSMT
    /EriePSMT
    /EstrangeloEdessa
    /Euclid
    /Euclid-Bold
    /Euclid-BoldItalic
    /EuclidExtra
    /EuclidExtra-Bold
    /EuclidFraktur
    /EuclidFraktur-Bold
    /Euclid-Italic
    /EuclidMathOne
    /EuclidMathOne-Bold
    /EuclidMathTwo
    /EuclidMathTwo-Bold
    /EuclidSymbol
    /EuclidSymbol-Bold
    /EuclidSymbol-BoldItalic
    /EuclidSymbol-Italic
    /EucrosiaUPC
    /EucrosiaUPCBold
    /EucrosiaUPCBoldItalic
    /EucrosiaUPCItalic
    /EUEX10
    /EUEX7
    /EUEX8
    /EUEX9
    /EUFB10
    /EUFB5
    /EUFB7
    /EUFM10
    /EUFM5
    /EUFM7
    /EURB10
    /EURB5
    /EURB7
    /EURM10
    /EURM5
    /EURM7
    /EuroMono-Bold
    /EuroMono-BoldItalic
    /EuroMono-Italic
    /EuroMono-Regular
    /EuroSans-Bold
    /EuroSans-BoldItalic
    /EuroSans-Italic
    /EuroSans-Regular
    /EuroSerif-Bold
    /EuroSerif-BoldItalic
    /EuroSerif-Italic
    /EuroSerif-Regular
    /EUSB10
    /EUSB5
    /EUSB7
    /EUSM10
    /EUSM5
    /EUSM7
    /FelixTitlingMT
    /Fences
    /FencesPlain
    /FigaroMT
    /FixedMiriamTransparent
    /FootlightMTLight
    /Formata-Italic
    /Formata-Medium
    /Formata-MediumItalic
    /Formata-Regular
    /ForteMT
    /FranklinGothic-Book
    /FranklinGothic-BookItalic
    /FranklinGothic-Demi
    /FranklinGothic-DemiCond
    /FranklinGothic-DemiItalic
    /FranklinGothic-Heavy
    /FranklinGothic-HeavyItalic
    /FranklinGothicITCbyBT-Book
    /FranklinGothicITCbyBT-BookItal
    /FranklinGothicITCbyBT-Demi
    /FranklinGothicITCbyBT-DemiItal
    /FranklinGothic-Medium
    /FranklinGothic-MediumCond
    /FranklinGothic-MediumItalic
    /FrankRuehl
    /FreesiaUPC
    /FreesiaUPCBold
    /FreesiaUPCBoldItalic
    /FreesiaUPCItalic
    /FreestyleScript-Regular
    /FrenchScriptMT
    /Frutiger-Black
    /Frutiger-BlackCn
    /Frutiger-BlackItalic
    /Frutiger-Bold
    /Frutiger-BoldCn
    /Frutiger-BoldItalic
    /Frutiger-Cn
    /Frutiger-ExtraBlackCn
    /Frutiger-Italic
    /Frutiger-Light
    /Frutiger-LightCn
    /Frutiger-LightItalic
    /Frutiger-Roman
    /Frutiger-UltraBlack
    /Futura-Bold
    /Futura-BoldOblique
    /Futura-Book
    /Futura-BookOblique
    /FuturaBT-Bold
    /FuturaBT-BoldItalic
    /FuturaBT-Book
    /FuturaBT-BookItalic
    /FuturaBT-Medium
    /FuturaBT-MediumItalic
    /Futura-Light
    /Futura-LightOblique
    /GalliardITCbyBT-Bold
    /GalliardITCbyBT-BoldItalic
    /GalliardITCbyBT-Italic
    /GalliardITCbyBT-Roman
    /Garamond
    /Garamond-Bold
    /Garamond-BoldCondensed
    /Garamond-BoldCondensedItalic
    /Garamond-BoldItalic
    /Garamond-BookCondensed
    /Garamond-BookCondensedItalic
    /Garamond-Italic
    /Garamond-LightCondensed
    /Garamond-LightCondensedItalic
    /Gautami
    /GeometricSlab703BT-Light
    /GeometricSlab703BT-LightItalic
    /Georgia
    /Georgia-Bold
    /Georgia-BoldItalic
    /Georgia-Italic
    /GeorgiaRef
    /Giddyup
    /Giddyup-Thangs
    /Gigi-Regular
    /GillSans
    /GillSans-Bold
    /GillSans-BoldItalic
    /GillSans-Condensed
    /GillSans-CondensedBold
    /GillSans-Italic
    /GillSans-Light
    /GillSans-LightItalic
    /GillSansMT
    /GillSansMT-Bold
    /GillSansMT-BoldItalic
    /GillSansMT-Condensed
    /GillSansMT-ExtraCondensedBold
    /GillSansMT-Italic
    /GillSans-UltraBold
    /GillSans-UltraBoldCondensed
    /GloucesterMT-ExtraCondensed
    /Gothic-Thirteen
    /GoudyOldStyleBT-Bold
    /GoudyOldStyleBT-BoldItalic
    /GoudyOldStyleBT-Italic
    /GoudyOldStyleBT-Roman
    /GoudyOldStyleT-Bold
    /GoudyOldStyleT-Italic
    /GoudyOldStyleT-Regular
    /GoudyStout
    /GoudyTextMT-LombardicCapitals
    /GSIDefaultSymbols
    /Gulim
    /GulimChe
    /Gungsuh
    /GungsuhChe
    /Haettenschweiler
    /HarlowSolid
    /Harrington
    /Helvetica
    /Helvetica-Black
    /Helvetica-BlackOblique
    /Helvetica-Bold
    /Helvetica-BoldOblique
    /Helvetica-Condensed
    /Helvetica-Condensed-Black
    /Helvetica-Condensed-BlackObl
    /Helvetica-Condensed-Bold
    /Helvetica-Condensed-BoldObl
    /Helvetica-Condensed-Light
    /Helvetica-Condensed-LightObl
    /Helvetica-Condensed-Oblique
    /Helvetica-Fraction
    /Helvetica-Narrow
    /Helvetica-Narrow-Bold
    /Helvetica-Narrow-BoldOblique
    /Helvetica-Narrow-Oblique
    /Helvetica-Oblique
    /HighTowerText-Italic
    /HighTowerText-Reg
    /Humanist521BT-BoldCondensed
    /Humanist521BT-Light
    /Humanist521BT-LightItalic
    /Humanist521BT-RomanCondensed
    /Imago-ExtraBold
    /Impact
    /ImprintMT-Shadow
    /InformalRoman-Regular
    /IrisUPC
    /IrisUPCBold
    /IrisUPCBoldItalic
    /IrisUPCItalic
    /Ironwood
    /ItcEras-Medium
    /ItcKabel-Bold
    /ItcKabel-Book
    /ItcKabel-Demi
    /ItcKabel-Medium
    /ItcKabel-Ultra
    /JasmineUPC
    /JasmineUPC-Bold
    /JasmineUPC-BoldItalic
    /JasmineUPC-Italic
    /JoannaMT
    /JoannaMT-Italic
    /Jokerman-Regular
    /JuiceITC-Regular
    /Kartika
    /Kaufmann
    /KaufmannBT-Bold
    /KaufmannBT-Regular
    /KidTYPEPaint
    /KinoMT
    /KodchiangUPC
    /KodchiangUPC-Bold
    /KodchiangUPC-BoldItalic
    /KodchiangUPC-Italic
    /KorinnaITCbyBT-Regular
    /KristenITC-Regular
    /KrutiDev040Bold
    /KrutiDev040BoldItalic
    /KrutiDev040Condensed
    /KrutiDev040Italic
    /KrutiDev040Thin
    /KrutiDev040Wide
    /KrutiDev060
    /KrutiDev060Bold
    /KrutiDev060BoldItalic
    /KrutiDev060Condensed
    /KrutiDev060Italic
    /KrutiDev060Thin
    /KrutiDev060Wide
    /KrutiDev070
    /KrutiDev070Condensed
    /KrutiDev070Italic
    /KrutiDev070Thin
    /KrutiDev070Wide
    /KrutiDev080
    /KrutiDev080Condensed
    /KrutiDev080Italic
    /KrutiDev080Wide
    /KrutiDev090
    /KrutiDev090Bold
    /KrutiDev090BoldItalic
    /KrutiDev090Condensed
    /KrutiDev090Italic
    /KrutiDev090Thin
    /KrutiDev090Wide
    /KrutiDev100
    /KrutiDev100Bold
    /KrutiDev100BoldItalic
    /KrutiDev100Condensed
    /KrutiDev100Italic
    /KrutiDev100Thin
    /KrutiDev100Wide
    /KrutiDev120
    /KrutiDev120Condensed
    /KrutiDev120Thin
    /KrutiDev120Wide
    /KrutiDev130
    /KrutiDev130Condensed
    /KrutiDev130Thin
    /KrutiDev130Wide
    /KunstlerScript
    /Latha
    /LatinWide
    /LetterGothic
    /LetterGothic-Bold
    /LetterGothic-BoldOblique
    /LetterGothic-BoldSlanted
    /LetterGothicMT
    /LetterGothicMT-Bold
    /LetterGothicMT-BoldOblique
    /LetterGothicMT-Oblique
    /LetterGothic-Slanted
    /LevenimMT
    /LevenimMTBold
    /LilyUPC
    /LilyUPCBold
    /LilyUPCBoldItalic
    /LilyUPCItalic
    /Lithos-Black
    /Lithos-Regular
    /LotusWPBox-Roman
    /LotusWPIcon-Roman
    /LotusWPIntA-Roman
    /LotusWPIntB-Roman
    /LotusWPType-Roman
    /LucidaBright
    /LucidaBright-Demi
    /LucidaBright-DemiItalic
    /LucidaBright-Italic
    /LucidaCalligraphy-Italic
    /LucidaConsole
    /LucidaFax
    /LucidaFax-Demi
    /LucidaFax-DemiItalic
    /LucidaFax-Italic
    /LucidaHandwriting-Italic
    /LucidaSans
    /LucidaSans-Demi
    /LucidaSans-DemiItalic
    /LucidaSans-Italic
    /LucidaSans-Typewriter
    /LucidaSans-TypewriterBold
    /LucidaSans-TypewriterBoldOblique
    /LucidaSans-TypewriterOblique
    /LucidaSansUnicode
    /Lydian
    /Magneto-Bold
    /MaiandraGD-Regular
    /Mangal-Regular
    /Map-Symbols
    /MathA
    /MathB
    /MathC
    /Mathematica1
    /Mathematica1-Bold
    /Mathematica1Mono
    /Mathematica1Mono-Bold
    /Mathematica2
    /Mathematica2-Bold
    /Mathematica2Mono
    /Mathematica2Mono-Bold
    /Mathematica3
    /Mathematica3-Bold
    /Mathematica3Mono
    /Mathematica3Mono-Bold
    /Mathematica4
    /Mathematica4-Bold
    /Mathematica4Mono
    /Mathematica4Mono-Bold
    /Mathematica5
    /Mathematica5-Bold
    /Mathematica5Mono
    /Mathematica5Mono-Bold
    /Mathematica6
    /Mathematica6Bold
    /Mathematica6Mono
    /Mathematica6MonoBold
    /Mathematica7
    /Mathematica7Bold
    /Mathematica7Mono
    /Mathematica7MonoBold
    /MatisseITC-Regular
    /MaturaMTScriptCapitals
    /Mesquite
    /Mezz-Black
    /Mezz-Regular
    /MICR
    /MicrosoftSansSerif
    /MingLiU
    /Minion-BoldCondensed
    /Minion-BoldCondensedItalic
    /Minion-Condensed
    /Minion-CondensedItalic
    /Minion-Ornaments
    /MinionPro-Bold
    /MinionPro-BoldIt
    /MinionPro-It
    /MinionPro-Regular
    /Miriam
    /MiriamFixed
    /MiriamTransparent
    /Mistral
    /Modern-Regular
    /MonotypeCorsiva
    /MonotypeSorts
    /MSAM10
    /MSAM5
    /MSAM6
    /MSAM7
    /MSAM8
    /MSAM9
    /MSBM10
    /MSBM5
    /MSBM6
    /MSBM7
    /MSBM8
    /MSBM9
    /MS-Gothic
    /MSHei
    /MSLineDrawPSMT
    /MS-Mincho
    /MSOutlook
    /MS-PGothic
    /MS-PMincho
    /MSReference1
    /MSReference2
    /MSReferenceSansSerif
    /MSReferenceSansSerif-Bold
    /MSReferenceSansSerif-BoldItalic
    /MSReferenceSansSerif-Italic
    /MSReferenceSerif
    /MSReferenceSerif-Bold
    /MSReferenceSerif-BoldItalic
    /MSReferenceSerif-Italic
    /MSReferenceSpecialty
    /MSSong
    /MS-UIGothic
    /MT-Extra
    /MTExtraTiger
    /MT-Symbol
    /MT-Symbol-Italic
    /MVBoli
    /Myriad-Bold
    /Myriad-BoldItalic
    /Myriad-Italic
    /Myriad-Roman
    /Narkisim
    /NewCenturySchlbk-Bold
    /NewCenturySchlbk-BoldItalic
    /NewCenturySchlbk-Italic
    /NewCenturySchlbk-Roman
    /NewMilleniumSchlbk-BoldItalicSH
    /NewsGothic
    /NewsGothic-Bold
    /NewsGothicBT-Bold
    /NewsGothicBT-BoldItalic
    /NewsGothicBT-Italic
    /NewsGothicBT-Roman
    /NewsGothic-Condensed
    /NewsGothic-Italic
    /NewsGothicMT
    /NewsGothicMT-Bold
    /NewsGothicMT-Italic
    /NiagaraEngraved-Reg
    /NiagaraSolid-Reg
    /NimbusMonL-Bold
    /NimbusMonL-BoldObli
    /NimbusMonL-Regu
    /NimbusMonL-ReguObli
    /NimbusRomNo9L-Medi
    /NimbusRomNo9L-MediItal
    /NimbusRomNo9L-Regu
    /NimbusRomNo9L-ReguItal
    /NimbusSanL-Bold
    /NimbusSanL-BoldCond
    /NimbusSanL-BoldCondItal
    /NimbusSanL-BoldItal
    /NimbusSanL-Regu
    /NimbusSanL-ReguCond
    /NimbusSanL-ReguCondItal
    /NimbusSanL-ReguItal
    /Nimrod
    /Nimrod-Bold
    /Nimrod-BoldItalic
    /Nimrod-Italic
    /NSimSun
    /Nueva-BoldExtended
    /Nueva-BoldExtendedItalic
    /Nueva-Italic
    /Nueva-Roman
    /NuptialScript
    /OCRA
    /OCRA-Alternate
    /OCRAExtended
    /OCRB
    /OCRB-Alternate
    /OfficinaSans-Bold
    /OfficinaSans-BoldItalic
    /OfficinaSans-Book
    /OfficinaSans-BookItalic
    /OfficinaSerif-Bold
    /OfficinaSerif-BoldItalic
    /OfficinaSerif-Book
    /OfficinaSerif-BookItalic
    /OldEnglishTextMT
    /Onyx
    /OnyxBT-Regular
    /OzHandicraftBT-Roman
    /PalaceScriptMT
    /Palatino-Bold
    /Palatino-BoldItalic
    /Palatino-Italic
    /PalatinoLinotype-Bold
    /PalatinoLinotype-BoldItalic
    /PalatinoLinotype-Italic
    /PalatinoLinotype-Roman
    /Palatino-Roman
    /PapyrusPlain
    /Papyrus-Regular
    /Parchment-Regular
    /Parisian
    /ParkAvenue
    /Penumbra-SemiboldFlare
    /Penumbra-SemiboldSans
    /Penumbra-SemiboldSerif
    /PepitaMT
    /Perpetua
    /Perpetua-Bold
    /Perpetua-BoldItalic
    /Perpetua-Italic
    /PerpetuaTitlingMT-Bold
    /PerpetuaTitlingMT-Light
    /PhotinaCasualBlack
    /Playbill
    /PMingLiU
    /Poetica-SuppOrnaments
    /PoorRichard-Regular
    /PopplLaudatio-Italic
    /PopplLaudatio-Medium
    /PopplLaudatio-MediumItalic
    /PopplLaudatio-Regular
    /PrestigeElite
    /Pristina-Regular
    /PTBarnumBT-Regular
    /Raavi
    /RageItalic
    /Ravie
    /RefSpecialty
    /Ribbon131BT-Bold
    /Rockwell
    /Rockwell-Bold
    /Rockwell-BoldItalic
    /Rockwell-Condensed
    /Rockwell-CondensedBold
    /Rockwell-ExtraBold
    /Rockwell-Italic
    /Rockwell-Light
    /Rockwell-LightItalic
    /Rod
    /RodTransparent
    /RunicMT-Condensed
    /Sanvito-Light
    /Sanvito-Roman
    /ScriptC
    /ScriptMTBold
    /SegoeUI
    /SegoeUI-Bold
    /SegoeUI-BoldItalic
    /SegoeUI-Italic
    /Serpentine-BoldOblique
    /ShelleyVolanteBT-Regular
    /ShowcardGothic-Reg
    /Shruti
    /SILDoulosIPA
    /SimHei
    /SimSun
    /SimSun-PUA
    /SnapITC-Regular
    /StandardSymL
    /Stencil
    /StoneSans
    /StoneSans-Bold
    /StoneSans-BoldItalic
    /StoneSans-Italic
    /StoneSans-Semibold
    /StoneSans-SemiboldItalic
    /Stop
    /Swiss721BT-BlackExtended
    /Sylfaen
    /Symbol
    /SymbolMT
    /SymbolTiger
    /SymbolTigerExpert
    /Tahoma
    /Tahoma-Bold
    /Tci1
    /Tci1Bold
    /Tci1BoldItalic
    /Tci1Italic
    /Tci2
    /Tci2Bold
    /Tci2BoldItalic
    /Tci2Italic
    /Tci3
    /Tci3Bold
    /Tci3BoldItalic
    /Tci3Italic
    /Tci4
    /Tci4Bold
    /Tci4BoldItalic
    /Tci4Italic
    /TechnicalItalic
    /TechnicalPlain
    /Tekton
    /Tekton-Bold
    /TektonMM
    /Tempo-HeavyCondensed
    /Tempo-HeavyCondensedItalic
    /TempusSansITC
    /Tiger
    /TigerExpert
    /Times-Bold
    /Times-BoldItalic
    /Times-BoldItalicOsF
    /Times-BoldSC
    /Times-ExtraBold
    /Times-Italic
    /Times-ItalicOsF
    /TimesNewRomanMT-ExtraBold
    /TimesNewRomanPS-BoldItalicMT
    /TimesNewRomanPS-BoldMT
    /TimesNewRomanPS-ItalicMT
    /TimesNewRomanPSMT
    /Times-Roman
    /Times-RomanSC
    /Trajan-Bold
    /Trebuchet-BoldItalic
    /TrebuchetMS
    /TrebuchetMS-Bold
    /TrebuchetMS-Italic
    /Tunga-Regular
    /TwCenMT-Bold
    /TwCenMT-BoldItalic
    /TwCenMT-Condensed
    /TwCenMT-CondensedBold
    /TwCenMT-CondensedExtraBold
    /TwCenMT-CondensedMedium
    /TwCenMT-Italic
    /TwCenMT-Regular
    /Univers-Bold
    /Univers-BoldItalic
    /UniversCondensed-Bold
    /UniversCondensed-BoldItalic
    /UniversCondensed-Medium
    /UniversCondensed-MediumItalic
    /Univers-Medium
    /Univers-MediumItalic
    /URWBookmanL-DemiBold
    /URWBookmanL-DemiBoldItal
    /URWBookmanL-Ligh
    /URWBookmanL-LighItal
    /URWChanceryL-MediItal
    /URWGothicL-Book
    /URWGothicL-BookObli
    /URWGothicL-Demi
    /URWGothicL-DemiObli
    /URWPalladioL-Bold
    /URWPalladioL-BoldItal
    /URWPalladioL-Ital
    /URWPalladioL-Roma
    /USPSBarCode
    /VAGRounded-Black
    /VAGRounded-Bold
    /VAGRounded-Light
    /VAGRounded-Thin
    /Verdana
    /Verdana-Bold
    /Verdana-BoldItalic
    /Verdana-Italic
    /VerdanaRef
    /VinerHandITC
    /Viva-BoldExtraExtended
    /Vivaldii
    /Viva-LightCondensed
    /Viva-Regular
    /VladimirScript
    /Vrinda
    /Webdings
    /Westminster
    /Willow
    /Wingdings2
    /Wingdings3
    /Wingdings-Regular
    /WNCYB10
    /WNCYI10
    /WNCYR10
    /WNCYSC10
    /WNCYSS10
    /WoodtypeOrnaments-One
    /WoodtypeOrnaments-Two
    /WP-ArabicScriptSihafa
    /WP-ArabicSihafa
    /WP-BoxDrawing
    /WP-CyrillicA
    /WP-CyrillicB
    /WP-GreekCentury
    /WP-GreekCourier
    /WP-GreekHelve
    /WP-HebrewDavid
    /WP-IconicSymbolsA
    /WP-IconicSymbolsB
    /WP-Japanese
    /WP-MathA
    /WP-MathB
    /WP-MathExtendedA
    /WP-MathExtendedB
    /WP-MultinationalAHelve
    /WP-MultinationalARoman
    /WP-MultinationalBCourier
    /WP-MultinationalBHelve
    /WP-MultinationalBRoman
    /WP-MultinationalCourier
    /WP-Phonetic
    /WPTypographicSymbols
    /XYATIP10
    /XYBSQL10
    /XYBTIP10
    /XYCIRC10
    /XYCMAT10
    /XYCMBT10
    /XYDASH10
    /XYEUAT10
    /XYEUBT10
    /ZapfChancery-MediumItalic
    /ZapfDingbats
    /ZapfHumanist601BT-Bold
    /ZapfHumanist601BT-BoldItalic
    /ZapfHumanist601BT-Demi
    /ZapfHumanist601BT-DemiItalic
    /ZapfHumanist601BT-Italic
    /ZapfHumanist601BT-Roman
    /ZWAdobeF
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 150
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 2.00333
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /ColorImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 150
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 2.00333
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /GrayImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 600
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.00167
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<

    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e55464e1a65876863768467e5770b548c62535370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc666e901a554652d965874ef6768467e5770b548c52175370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /CZE <>
    /DAN <>
    /DEU <>
    /ESP <>
    /FRA <>
    /GRE <>

    /HRV (Za stvaranje Adobe PDF dokumenata pogodnih za pouzdani prikaz i ispis poslovnih dokumenata koristite ove postavke.  Stvoreni PDF dokumenti mogu se otvoriti Acrobat i Adobe Reader 5.0 i kasnijim verzijama.)
    /HUN <>
    /ITA (Utilizzare queste impostazioni per creare documenti Adobe PDF adatti per visualizzare e stampare documenti aziendali in modo affidabile. I documenti PDF creati possono essere aperti con Acrobat e Adobe Reader 5.0 e versioni successive.)
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020be44c988b2c8c2a40020bb38c11cb97c0020c548c815c801c73cb85c0020bcf4ace00020c778c1c4d558b2940020b3700020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken waarmee zakelijke documenten betrouwbaar kunnen worden weergegeven en afgedrukt. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /POL <>
    /PTB <>
    /RUM <>
    /RUS <>
    /SLV <>
    /SUO <>
    /SVE <>
    /TUR <>
    /ENU (Use these settings to create Adobe PDF documents suitable for reliable viewing and printing of business documents.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
  >>
>> setdistillerparams
<<
  /HWResolution [600 600]
  /PageSize [612.000 792.000]
>> setpagedevice


		2022-08-24T17:11:44-0400
	Preflight Ticket Signature




