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ABSTRACT Deploying reconfigurable intelligent surface (RIS) to enhance wireless transmission is a promis-
ing approach. In this paper, we investigate large-scale multi-RIS-assisted multi-cell systems, where multiple
RISs are deployed in each cell. Different from the full-buffer scenario, the mutual interference in our system
is not known a priori, and for this reason we apply the load coupling model to analyze this system. The
objective is to minimize the total resource consumption subject to user demand requirement by optimizing
the reflection coefficients in the cells. The cells are highly coupled and the overall problem is non-convex. To
tackle this, we first investigate the single-cell case with given interference, and propose a low-complexity
algorithm based on the Majorization-Minimization method to obtain a locally optimal solution. Then,
we embed this algorithm into an algorithmic framework for the overall multi-cell problem, and prove its
feasibility and convergence to a solution that is at least locally optimal. Simulation results demonstrate the
benefit of RIS in time-frequency resource utilization in the multi-cell system.

INDEX TERMS Load coupling, multi-cell system, reconfigurable intelligent surface (RIS), resource alloca-
tion.

I. INTRODUCTION

AN ARRAY of new technologies that can contribute
to beyond 5 G (B5G) and the sixth-generation (6 G)

wireless networks are being proposed and extensively in-
vestigated, including massive multiple-input multiple-output
(m-MIMO) [1] or utilizing higher frequency bands such as
millimeter wave (mmWave) [2] and even terahertz (THz) [3].
However, to apply these technologies, it may be necessary to
develop new network software and hardware platforms. For
example, millions of antennas and baseband units (BBU) need
to be deployed to support mmWave and THz technologies. As
a low-cost solution, reconfigurable intelligent surface (RIS)
has recently drawn significant attention [4]–[7].

The RIS-assisted wireless network not only provides lower
cost compared with some other technologies, but also leads
to less overhead to the existing wireless systems [8]. RIS is
a planar surface composed of reconfigurable passive printed
dipoles connected to a controller. The controller is able to
reconfigure the phase shifts according to the incident signal,

to achieve more favorable signal propagation. By its nature,
RIS provides a higher degree of freedom for data transmis-
sion, thus improving the capacity and reliability. In contrast to
traditional relay technology, RIS consumes much less energy
without amplifying noise or generating self-interference, as
the signal is passively reflected. Also, as deploying RIS in a
wireless network is modular, it is more suitable for upgrading
current wireless systems.

A. RELATED WORKS
1) STUDIES ON CHARACTERISTICS OF RIS
The authors of [9] propose a far-field path loss model for
RIS by the physical optics method, and explain why RIS can
beamform the diffuse signal to the desired receivers. In [10]–
[12], the differences and similarities among RIS, decode-and-
forward (DF), and amplify-and-forward (AF) relay are dis-
cussed. The authors of [11] point out that a sufficient number
of reconfigurable elements should be considered to make up
for the low reflecting channel gain without any amplification.
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The authors of [13] conduct the performance comparison be-
tween non-orthogonal multiple access (NOMA) and orthog-
onal multiple access (OMA) in the RIS-assisted downlink
for the two-users scenario, and reveal that OMA outperforms
NOMA for near-RIS user pairing. Additionally, even though
the adjustment range of the reflection elements usually is
limited in order to reduce the cost in practice, [14] shows
that it still can guarantee a good spectral efficiency. Further-
more, in [15], RIS powered by wireless energy transmission is
considered, and the results show that RIS can work well with
wireless charging.

2) STUDIES ON SINGLE-CELL SYSTEM WITH RIS
Inspired by the advantages of RIS, the authors of [5] out-
line several typical use cases of RIS, e.g., improving the
experience of the user located in poorly covered areas and
enhancing the capacity and reliability of massive devices
communications. The authors of [16] optimize the reflection
elements to improve the rate of the cell-edge users in an RIS-
assisted orthogonal frequency division multiplexing access
(OFDMA)-based system. In [17], the authors jointly adopt the
semidefinite relaxation (SDR) and the alternating optimiza-
tion (AO) method to improve the spectral and energy effi-
ciency of an RIS-assisted multi-user multi-input single-output
(MISO) downlink system. For the same type of system, the
authors of [18] propose an algorithm based on the fractional
programming technique to improve the capacity. Besides, due
to its excellent compatibility, the RIS is able to adapt to vari-
ous multiple access techniques, e.g., NOMA [19], [20] and the
promising rate splitting multiple access (RSMA) [21]. Addi-
tionally, a variety of RIS-assisted application are investigate
in [12], [22]–[26]. The works in [27]–[31] study RIS-assisted
spectrum sharing scenarios. The authors of [27] integrate an
RIS into a multi-user full-duplex cognitive radio network
(CRN) to simultaneously improve the system performance of
the secondary network and efficiently reduce the interference
from the primary users (PUs). The authors of [28] provide
an algorithm based on block coordinate descent to maximize
the weighted sum rate of the secondary users (SUs) in CRNs
subject to their total power. The work in [29] investigates
two types of CSI error models for the PU-related channels
in RIS-assisted CRNs, and propose two schemes based on the
successive convex approximation method to jointly optimize
the transmit precoding and phase shift of matrices. The au-
thors of [30] propose alternative optimization method based
semidefinite relaxation techniques via jointly optimizing ver-
tical beamforming and RIS to maximize spectral efficiency
of the secondary network in an RIS-assisted CRN. The work
in [31] studies an RIS-assisted spectrum sharing underlay
cognitive radio wiretap channel, and proposes efficient algo-
rithms to enhance the secrecy rate of SU for three different
cases: full CSI, imperfect CSI, and no CSI. In addition, the
authors of [32] develop a deep reinforcement learning (DRL)
based algorithm to obtain the transmit beamforming and phase
shifts in RIS-assisted multi-user MISO systems. A novel
DRL-based hybrid beamforming algorithm is designed in [33]

to improve the coverage range of THz-band frequencies in
multi-hop RIS-assisted communication systems. The authors
of [34] propose a decaying deep Q-network based algorithm
to solve an energy consumption minimizing problem in RIS
in unmanned aerial vehicle (UAV) enabled wireless networks.

3) STUDIES ON MULTI-CELL SYSTEM WITH RIS
All the above works [5], [16]–[31] focus on a single-cell
setup. Different from the single-cell scenario, the key issue
for a multi-cell system is the presence of inter-cell inter-
ference. The authors of [35] jointly optimize transmission
beamforming and the reflection elements to maximize the
minimum user rate in an RIS-assisted joint processing coordi-
nated multipoint (JP-CoMP) system. For fairness, a max-min
weighted signal-interference-plus-noise ratio (SINR) prob-
lem in an RIS-assisted multi-cell MISO system is solved by
three AO-based algorithms in [36], and the numerical results
demonstrate that RIS can help improve the SINR and sup-
press the inter-cell interference, especially for cell-edge users.
Three algorithms are proposed to minimize the sum power
of a large-scale discrete-phase RIS-assisted MIMO multi-cell
system in [37]. In [38], the authors give a novel algorithm
for resource allocation in an RIS-assisted multi-cell NOMA
system to maximize the sum rate. The authors of [39] jointly
optimize the reflection elements, base station (BS)-user pair-
ing, and user transmit power by a DRL approach to maximize
the sum rate for a multi-RIS-assisted MIMO multi-cell uplink
system.

B. OUR CONTRIBUTIONS
It is noteworthy that almost all existing papers studying RIS-
assisted multi-cell systems focus on the rate maximization
problem, which usually means making full use of the resource.
In many scenarios, however, the user demands are finite, and
hence it is relevant to meet the user data demands rather than
achieving highest total rate by exhausting all the resource. For
such scenarios, inter-cell interference is not represented by
the worst-case value as not all resources are used for trans-
mission. Having this in mind, we consider the time-frequency
resource consumption minimization problem in the multi-
RIS-assisted multi-cell system. Different from the existing
full-buffer works, in our scenario, the mutual interference is
not known a priori instead of the worst-case value. The main
contributions of this paper can be summarized as follows:
� We formulate an optimization problem for the multi-

RIS-assisted multi-cell system. Our objective is to opti-
mize the reflection coefficients of all RISs in the system
to minimize the total time-frequency resource consump-
tion subject to the user demand requirement.

� Due to the non-convexity of this problem, we first in-
vestigate its single-cell version. We derive an approx-
imate convex model for the single-cell problem. We
then propose an algorithm based on the Majorization-
Minimization (MM) method to obtain a locally optimal
solution.
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� In the next step, we embed the single-cell algorithm into
an algorithmic framework to obtain a locally optimal
solution for the overall multi-cell problem, and prove its
feasibility and convergence. The algorithmic framework
also is proved that it can reach the global optimality if
the single-cell can be solved to optimum.

� We evaluate the performance of the system optimized by
our algorithmic framework, make performance compari-
son to three benchmark solutions. The numerical results
demonstrate the proposed algorithmic framework is ca-
pable of achieving significant time-frequency resource
saving.

C. ORGANIZATION AND NOTATION
1) ORGANIZATION
The remainder of this paper is organized as follows. In Sec-
tion II, we describe the multi-RIS-assisted multi-cell system
model and formulate our optimization problem with the load
coupling model for characterizing inter-cell interference. In
Section III, we investigate the single-cell problem, and pro-
pose an algorithm based on the MM method. In Section IV, we
propose an algorithmic framework for the multi-cell problem.
In Section V, simulation results are shown for performance
evaluation. Finally, we conclude in Section VI.

2) NOTATION
The matrices and vectors are respectively denoted by boldface
capital and lower case letters. C1×M and CM×1 stand for a
collection of complex matrices, in which each matrix has size
1×M and M × 1, respectively. diag{·} denotes the diagonal-
ization operation. For a complex value eiθ , i denotes the imag-
inary unit. x ∼ CN (μ, σ 2) denotes the circularly symmet-
ric complex Gaussian (CSCG) distribution with mean μ and
variance σ 2. Transpose, conjugate, and transpose-conjugate
operations are denoted by (·)T , (·)�, and (·)H , respectively.
�{·} and �{·} denote the real and imaginary parts of a complex
number, respectively. O(·) denotes the order in computational
complexity. In addition, || · ||∞ denotes the infinity norm of a
vector.

II. SYSTEM MODEL AND PROBLEM FORMULATION
A. SYSTEM MODEL
We consider a downlink multi-cell wireless system shown
in Fig. 1 with a total of L RISs and I user equipments
(UEs) distributed in J cells. Denote by L = {1, 2, . . ., L}, I =
{1, 2, . . ., I}, and J = {1, 2, . . ., J} the sets of RISs, cells, and
UEs, respectively. In addition, Ji (∀i ∈ I ) represents the set
of the UEs served by cell i. Without loss of generality, we
assume that all RISs have the same number (denoted by M) of
reflection elements. Let M = {1, 2, . . ., M}.

We use gi j , Gil ∈ C1×M , and H l j ∈ CM×1 to denote the
channel gain from the BS of cell i to UE j, that from the BS of
cell i to RIS l , and that from RIS l to UE j, respectively. Note
that the channels between BS and RIS, as well as the channels
between RIS and users in RIS-assisted multi-cell systems can

FIGURE 1. This figure shows a concise example for the received signal and
interference at a user in the multi-RIS-assisted multi-cell system, where
blue solid line, dashed line stand for the direct and reflected signal,
respectively, and red solid line, dashed line stand for the direct and
reflected interference, respectively.

be estimated by existing works, such as the channel estima-
tion framework based on the PARAllel FACtor (PARAFAC)
decomposition in [40]. The diagonal reflection matrix of the
l-th RIS is denoted by

�l = diag{φl1, φl2, . . ., φlM}, (1)

where φlm = λlmeiθlm , ∀m ∈M. Further, φlm is the m-th re-
flection coefficient of the l-th RIS, where λlm and θlm repre-
sent its amplitude and phase, respectively. In this paper, we
consider the following three value domains of the reflection
coefficient.

1) IDEAL
Ideally, the amplitude and phase can be adjusted indepen-
dently, i.e., λlm ∈ [0, 1] and θlm ∈ [0, 2π ]. This leads to the
following domain definition:

D1 =
{
λlmeiθlm

∣∣∣λlm ∈ [0, 1], θlm ∈ [0, 2π ]
}

. (2)

2) CONTINUOUS PHASE SHIFTER
In this case, the amplitude is at its maximum, i.e., λlm = 1,
and only the phase can be adjusted. Under this assumption,
the corresponding domain is:

D2 =
{

eiθlm

∣∣∣θlm ∈ [0, 2π ]
}

. (3)

3) DISCRETE PHASE SHIFTER
This is also called practical RIS. A practical RIS only provides
a finite number of phase shifts, and its amplitude is fixed at
one. We assume the phase shift can be adjusted in N discrete
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values in the following domain:

D3 =
{

eiθlm

∣∣∣θlm ∈ {0,�θ, . . ., (N − 1) �θ}, N ≥ 2
}

, (4)

where �θ = 2π/N .
Note that, for single-user single-antenna scenarios with

perfect CSI, amplitude control is unnecessary because the
amplitude should be one in both theory and practice [41].
For the multi-user systems with perfect SCI, the work in [18]
has shown that the performance gain provided by the ampli-
tude control is negligible. Therefore, in our paper, we do not
exclude amplitude control, and use optimization to examine
if our scenario with cell load coupling also submits to this
observation. Our numerical results (see later in Section V)
show the optimal amplitude of the RIS should be one.

We use xk to represent the transmitted signal at BS in cell k.
Accordingly, the overall received signal including interference
at UE j is given by

y j =
∑
k∈I

gk jxk︸ ︷︷ ︸
Direct links (from BSs)

+
∑
k∈I

∑
l∈L

Gkl�l H l jxk︸ ︷︷ ︸
RIS-assisted links

+z j

=
∑
k∈I

(
gk j +

∑
l∈L

Gkl�l H l j

)
xk + z j, (5)

where z j ∼ CN (0, σ 2) is the additive white Gaussian noise at
UE j. UE j in cell i treats all the signals from other cells as
interference, then (5) can be re-written by

y j =
(

gi j +
∑
l∈L

Gil�l H l j

)
xi︸ ︷︷ ︸

Desired signal

+

⎛⎜⎝∑
k∈I,
k 	=i

gk j +
∑
k∈I,
k 	=i

∑
l∈L

Gkl�l H l j

⎞⎟⎠ xk

︸ ︷︷ ︸
Interference

+z j, (6)

Let Pk be the transmission power per resource block (RB)
in cell k, and we use ρk ∈ [0, 1] to represent the proportion of
RBs consumed in cell k, and this entity is referred to as the cell
load in [42]. In fact, it is quite difficult to fully coordinate the
inter-cell interference in large-scale multi-cell networks. For
this reason, we use the load levels to characterize a cell’s like-
lihood of interfering the others. A cell transmitting on many
RBs, i.e., high load, generates more interference to others than
almost idle cell of low load. We remark that this inter-cell
interference approximation is suitable for the network-level
performance analysis, and [43], [44] have shown that the
approximation has good accuracy for inter-cell interference
characterization. Thus, the power of interference received at
UE j is calculated by∑

k∈I,
k 	=i

|gk j+
∑
l∈L

Gkl�l H l j |2ρkPk, (7)

where gk j and
∑

l∈L Gkl�l H l j are the channel gain of the di-
rect interference link and that of the RIS-assisted interference
link between cell k and UE j, respectively.

Hence, the signal-to-interference-and-noise ratio (SINR) of
the UE j in cell i is modelled as

SINR j (ρ,φ)=
∣∣gi j+

∑
l∈L Gil�l H l j

∣∣2 Pi∑
k∈I,
k 	=i

∣∣gk j+
∑

l∈L Gkl�l H l j
∣∣2 Pkρk+σ 2

,

(8)
where ρ = [ρ1, ρ2, . . ., ρI ]T and φ = {φlm|l ∈ L, m ∈M}.
Note that the load of cell k, ρk in (8), the proportion of
resource used for transmission in cell k, serves as interference
scaling.

The achievable capacity of UE j is then log(1+
SINR j (ρ,φ)). Let d j denote the demand of UE j, and denote
by B and K the bandwidth of each RB and the total number
of RBs in one cell, respectively. In addition, let ρ j be the
proportion of RBs consumption by a specific UE j in the
associated cell. We have

KBρ j log2

(
1+ SINR j (ρ,φ)

) ≥ d j . (9)

For any cell i, we have

ρi =
∑
j∈Ji

ρ j ≥
∑
j∈Ji

d j

KB log2

(
1+ SINR j (ρ,φ)

) . (10)

For convenience, in the following discussion, we use nor-
malized d j such that B and K are no longer necessary.

B. PROBLEM FORMULATION
We consider the following optimization problem where the
reflection coefficients are to be optimized for minimizing the
total resource consumption, subject to the user demand re-
quirement.

[P1] min
ρ,φ

∑
i∈I

ρi (11a)

s.t. ρ j log2

(
1+ SINR j (ρ, φ)

) ≥ d j,∀ j ∈ J,

(11b)

ρi =
∑
j∈Ji

ρ j,∀i ∈ I, (11c)

φlm ∈ D,∀l ∈ L,∀m ∈M. (11d)

The objective function (11a) is the sum of required RBs.
Constraint (11b) represents user demand requirement, and it
is non-convex. Constraint (11c) is the load of cell i. Constraint
(11d) is for the value domain of the reflection coefficients, in
which D can be any of D1, D2, and D3. In general, problem
P1 is hard to solve, because not only is it non-convex, but also
the cells are highly coupled. From equation (8) in constraint
(11b), we can see that the inter-cell interference depends on
the load levels, which in turn is governed by interference.
What is more, the problem have different properties in dif-
ferent domains, and the impact of these domains should be
discussed further.
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III. OPTIMIZATION WITHIN A CELL
Let us first consider the simpler single-cell case, and later we
will use the derived results to address the multi-cell prob-
lem. In the single-cell problem, we minimize the load of
any generic cell i, whereas the load levels as well as the
RIS reflection coefficients of the other cells are given. Let
Li (∀i ∈ I) represent the set of RISs in cell i. We define
ρ−i = {ρk|k ∈ I, k 	= i}, φ−i = {φlm|m ∈M, l ∈ L \ Li}, and
φi = {φlm|m ∈M, l ∈ Li}.

A. FORMULATION AND TRANSFORMATION
For a UE j in cell i, the intended signal received at UE j is
given by ∣∣∣∣ gi j +

∑
l∈L\Li

Gil�l H l j︸ ︷︷ ︸
known

+
∑
l∈Li

Gil�l H l j︸ ︷︷ ︸
to be optimized

∣∣∣∣2Pi

=
∣∣∣∣ĝi j +

∑
l∈Li

Gil�l H l j

∣∣∣∣2Pi, (12)

where ĝi, j is the known part of total gain.
Similarly, the interference received at UE j is given by∑

k∈I,
k 	=i

∣∣∣∣ĝk j +
∑
l∈Li

Gkl�l H l j

∣∣∣∣2Pkρk . (13)

Let φl = [φl1, φl2, . . ., φlM ]T , we have

Gil�l H l j = �i jlφl , (14)

where �i jl = Gildiag{H l j}. To distinguish from the SINR

formulation (8) in the multi-cell problem, we use SINR〈s〉j (φi )
as follows to present the SINR of UE j in the single-cell
problem.

SINR〈s〉j (φi ) =

∣∣∣ĝi j +
∑

l∈Li
�i jlφl

∣∣∣2 Pi∑
k∈I,
k 	=i

∣∣∣ĝk j +
∑

l∈Li
�k jlφl

∣∣∣2 Pkρk + σ 2
.

(15)

Then the single-cell problem is as follows.

[P2] min
φi

∑
j∈Ji

d j

log2

(
1+ SINR〈s〉j (φi )

) (16a)

s.t. φlm ∈ D,∀m ∈M,∀l ∈ Li. (16b)

Note that (16a) is non-convex. To proceed, we first intro-
duce auxiliary variables γ i = [γ1, γ2, . . ., γJi ]

T , where Ji =
|Ji|. Then problem P2 can be rewritten as follows.

[P2.1] min
φi,γ i

∑
j∈Ji

d j

log2

(
1+ γ j

) (17a)

s.t. (16b),

SINR〈s〉j (φi ) ≥ γ j,∀ j ∈ Ji. (17b)

Clearly, the objective function of P2.1 is convex. However,
the additional constraint (17b) is not convex. We introduce
auxiliary variables βi = [β1, β2, . . ., βJi ]

T such that

∑
k∈I,k 	=i

∣∣∣∣∣∣ĝk j +
∑
l∈Li

�k jlφl

∣∣∣∣∣∣
2

Pkρk + σ 2 ≤ β j,∀ j ∈ Ji. (18)

Lemma 1: Constraint (18) is convex.
Proof: Note that∣∣∣∣∣∣ĝk j +

∑
l∈Li

�k jlφl

∣∣∣∣∣∣
2

=
⎛⎝ĝk j +

∑
l∈Li

�k jlφl

⎞⎠⎛⎝ĝ�
k j +

∑
l∈Li

φH
l �H

k jl

⎞⎠
=

∑
l∈Li

φH
l �H

k jl�k jlφl+2�
⎧⎨⎩ĝ�

k j

∑
l∈Li

�k jlφl

⎫⎬⎭+|ĝk j |2, (19)

where
∑

l∈Li
φH

l �H
k jl�k jlφl is the second-order cone (SOC)

and 2�{ĝ�
k j

∑
l∈Li

�k jlφl} is affine, hence constraint (18) is
convex.

With βi, the SINR constraint (17b) can be expressed by∣∣∣∣∣∣ĝi j +
∑
l∈Li

�i jlφl

∣∣∣∣∣∣
2

Pi ≥ β jγ j,∀ j ∈ Ji. (20)

Thus, problem P2.1 can be restated as follows.

[P2.2] min
φi,γ i,βi

∑
j∈Ji

d j

log2

(
1+ γ j

)
s.t. (16b), (18), and (20). (21a)

Proposition 2: Problems P2 and P2.2 are equivalent.
Proof: The result follows from that, by construction, there

clearly is a one-to-one mapping between the solutions of P2
and P2.2.

B. PROBLEM APPROXIMATION
Consider P2.2, where constraints (16b) and (20) are non-
convex. We first deal with constraint (20), and defer the dis-
cussion of domain constraint (16b).

We apply the transformation β jγ j = 1
4 ((β j + γ j )2 − (β j −

γ j )2) to constraint (20), we thus have the following equivalent
constraint(

β j + γ j
)2 − (

β j − γ j
)2

− 4Pi

∣∣∣∣∣∣ĝi j +
∑
l∈Li

�i jlφl

∣∣∣∣∣∣
2

≤ 0,∀ j ∈ Ji. (22)
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We define a function as follows

F j (γ j, β j, φi ) �

(
β j + γ j

)2 − (
β j − γ j

)2 − 4Pi

∣∣∣∣∣∣ĝi j +
∑
l∈Li

�i jlφl

∣∣∣∣∣∣
2

,∀ j ∈ Ji.

(23)

Observing that F j is the difference of two convex (DC)
functions, we adopt the DC programming technique:

1) The Taylor expansion of (β j − γ j )2 at point (β̃ j, γ̃ j ) is
given by(

β j − γ j
)2 = 2(β̃ j − γ̃ j )

(
β j−γ j

)− (β̃ j − γ̃ j )
2

+ R1(β j, γ j ), (24)

where R1(β j, γ j ) is the remainder. As (β j − γ j )2 is con-
vex, we can easily know

R1(β j, γ j ) ≥ 0. (25)

By (24) and (25), we have(
β j − γ j

)2 ≥ 2(β̃ j − γ̃ j )
(
β j − γ j

)− (β̃ j − γ̃ j )
2,

(26)
2) Similarly, we have∣∣∣∣∣∣ĝi j +

∑
l∈Li

�i jlφl

∣∣∣∣∣∣
2

=
⎛⎝ĝi j +

∑
l∈Li

�i jlφl

⎞⎠⎛⎝ĝ�
i j +

∑
l∈Li

φH
l �H

i jl

⎞⎠

=
∣∣∣∣∣∣
∑
l∈Li

�i jlφl

∣∣∣∣∣∣
2

+ 2�
⎧⎨⎩ĝi j

∑
l∈Li

φH
l �H

i jl

⎫⎬⎭+ |ĝi j |2

≥ 2�
⎧⎨⎩
⎛⎝ĝi j +

∑
l∈Li

�i jl φ̃l

⎞⎠� ∑
l∈Li

�i jlφl

⎫⎬⎭
−

∣∣∣∣∣∣
∑
l∈Li

�i jl φ̃l

∣∣∣∣∣∣
2

+ |ĝi j |2. (27)

Then we define the following function

F̃ j (γ j, β j, φi )=
(
β j+γ j

)2−2(β̃ j−γ̃ j )
(
β j−γ j

)+(β̃ j−γ̃ j )
2

− 4Pi

(
2�

⎧⎨⎩
⎛⎝ĝi j +

∑
l∈Li

�i jl φ̃l

⎞⎠� ∑
l∈Li

�i jlφl

⎫⎬⎭
−

∣∣∣∣∣∣
∑
l∈Li

�i jl φ̃l

∣∣∣∣∣∣
2

+ |ĝi j |2
)

,∀ j ∈ Ji. (28)

Lemma 3: F̃ j (γ j, β j, φi ) ≥ F j (γ j, β j, φi ).
Proof: It follows from immediately definitions (23) and

(28), and the inequalities (26) and (27).

Algorithm 1: Single-Cell Optimization Based on MM.

Input:ρ−i, {d j, gi j, Gil , H l j},∀l ∈ Li,∀ j ∈ Ji, ε;
Output:ρi, φi;

1: Initialize {φ(0)
i , γ

(0)
i ,β

(0)
i };

2: t ← 0;
3: repeat
4: {φ̃i, γ̃ i, β̃i} ← {φ(t )

i , γ
(t )
i ,β

(t )
i };

5: Obtain {φ(t+1)
i , γ

(t+1)
i ,β

(t+1)
i } by P2.3 or P2.5;

6: t ← t + 1;
7: until(30a) or (33a) converges with respect to ε

8: ρi =
∑

j∈Ji

d j

log2(1+γ
(t )
j )

, φi = φ
(t )
i ;

9: return ρi, φi;

Thus, we use the following constraint to approximate con-
straint (22).

F̃ j (γ j, β j, φi ) ≤ 0,∀ j ∈ Ji. (29)

Noted that F̃ j (γ j, β j, φi ) is a sum of a convex function
and affine functions, thus the approximate constraint (29) is
convex. We thus obtain an approximate problem as follows.

[P2.3] min
φi,γ i,βi

∑
j∈Ji

d j

log2

(
1+ γ j

)
s.t. (16b), (18), and (29). (30a)

The objective function (30a), constraints (18) and (29) are
all convex. Next, we investigate the effect of constraint (16b).

C. THE IMPACT OF REFLECTION COEFFICIENT MODELS
1) IDEAL
As D1 is a convex set, approximate problem P2.3 is a convex
problem for this domain. We can find the optimal solution
efficiently via existing solvers. Making use of the following
remark, the MM method (a.k.a Successive Upper-bound Min-
imization) can be applied to approach P2 and guarantee a local
optimum [45].

Remark 4: By Lemma 3, the Lagrange dual function of
problem P2.3 is an upper bound of that of P2.2.

Specifically, we can find a locally optimal solution to P2
by solving a sequence of successive upper-bound approximate
problems in form of P2.3. The algorithm for the single-cell
case with D1 is detailed in Algorithm 1.

2) CONTINUOUS PHASE SHIFTER
Domain D2 is non-convex, and we handle this issue by the
penalty method. The resulting optimization problem can be
rewritten as

[P2.4] min
φi,γ i,βi

∑
j∈Ji

d j

log2

(
1+ γ j

) −C
∑
l∈Li ,
m∈M

(|φlm|2 − 1
)

(31a)

s.t. (18) and (29),

|φm| ≤ 1,∀m ∈M,∀l ∈ Li, (31b)
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where C is the penalty parameter. Note that the penalty term
C
∑

l∈Li,m∈M(|φlm|2 − 1) enforces that |φlm|2 − 1 = 0 for the
optimal solution of P2.4. However, the objective function be-
comes non-convex, and we use the DC programming tech-
nique to approximate it. With the first-order Taylor expansion
of φ�

lmφlm, we have

|φlm|2 = φ�
lmφlm ≥ 2� {

φ̃�
lmφlm

}− |φ̃lm|2. (32)

Then P2.4 can be approximated with the following convex
problem.

[P2.5] min
φi,γ i,βi

∑
j∈Ji

d j

log2

(
1+ γ j

) − 2C
∑
m∈M,
l∈Li

� {
φ̃�

lmφlm
}

s.t. (18), (29), and (31b). (33a)

Note that the constant term C(|φ̃lm|2 + 1) is not stated ex-
plicitly in (33a) as it has no impact on optimum.

We obtain a locally optimal solution to P2 with domain D2

by the MM method that solves a sequence of problems in form
of P2.5. The algorithm is given in Algorithm 1, as all major
algorithmic steps for D1 remain.

3) DISCRETE PHASE SHIFTER
If D = D3, the single-cell problem P2 is NP-hard.

Proposition 5: The single-cell problem P2 is NP-hard
when D = D3.

Proof: Please refer to Appendix.
As P2 with D3 is NP-hard, we aim to get an approximate

solution to this case. We first obtain the solution to P2 with
D2, φ〈D2〉

lm (∀m ∈M,∀l ∈ Li ), by Algorithm 1. Then we make
use of the following rounding equation to obtain an approxi-
mate solution φ

〈D3〉
lm (∀m ∈M,∀l ∈ Li ) in this case.

φ
〈D3〉
lm = argmin

φlm∈D3

∣∣∣φlm − φ
〈D2〉
lm

∣∣∣ ,∀m ∈M,∀l ∈ Li, (34)

D. COMPLEXITY ANALYSIS
Algorithm 1 includes two parts: 1) An iterative process based
on the MM method, and 2) solving the convex approximate
problems. We first analyze the computation complexity of
solving problem P2.3 by a standard interior-point method
in [46]. There are M × |Li| SOC constraints of size two (in the
number of variables), |Ji| SOC constraints of size 2×M ×
|Li| + 1, and |Ji| SOC constraints of size M × |Li| + 2, with
2×M × |Li| + 2× |Ji| optimization variables. To simplify
the notation, let Q = M × |Li| and T = |Ji|. From [47], the
complexity of solving P2.3 is thus given by√

Q+ 2T (2Q+ 2T )
(
4Q+ T (2Q+ 1)2

+T (Q+ 2)2 + (2Q+ 2T )2) = O(Q3.5T 2.5). (35)

Similarly, the computation complexity of solving prob-
lem P2.5 is also of O(Q3.5T 2.5). Additionally, as the com-
plexity of the iterative process based on the MM method
is of O(ln(1/ε)), where ε is the convergence tolerance in

Step 7, and the overall complexity of Algorithm 1 is of
O(Q3.5P2.5 ln(1/ε))

IV. MULTI-CELL LOAD OPTIMIZATION
This section proposes an algorithmic framework for the multi-
cell problem and then discuss its convergence.

In the last section, we have solved the single-cell problem
via algorithm 1, and a locally optimal load of cell i can be ob-
tained, when loads of other cells ρ−i and the reflection coeffi-
cients of RISs at the other cells φ−i are given. We aim to solve
the multi-cell problem by solving iteratively the single-cell
problem. However, Algorithm 1 will obtain different locally
optimal solutions, with the different initial parameters. If we
directly embed it into an algorithmic framework based on the
fixed-point method like [48], [49], the convergence will not be
guaranteed. To avoid this issue, the initial parameters of Al-
gorithm 1 should be pre-determined instead of random in the
algorithmic framework. Therefore, we use fi(ρ−i, φ−i, i ) to
represent the process of obtaining ρi by the Algorithm 1 with
the pre-determined initial parameters, i.e.,

fi (ρ−i, φ−i, i ) = ρi, (36)

where ρi is obtained by Algorithm 1 with the initial parame-
ters i = {φ(0)

i , γ
(0)
i ,β

(0)
i }.

Lemma 6: fi(ρ−i, φ−i, i ) is well-defined.
Proof: Note that ρi is obtained by solving a sequence of

convex problems, where the solution to a problem is the initial
point of the next problem instance. It is clear that Algorithm 1
will always converge by the construction of the MM method,
and the same holds if it is applied repeatedly for a finite
number of times. Therefore, fi(ρ−i, φ−i, i ) is well-defined.

With fi(ρ−i, φ−i, i ) and Lemma 6, we then propose an
algorithmic framework based on the following iteration to
obtain a locally optimal solution.

ρ (τ+1) =
[

f1

(
ρ

(τ )
−1 , φ

(τ )
−1 , 

(τ )
1

)
, f2

(
ρ

(τ )
−2 , φ

(τ )
−2 , 

(τ )
2

)
,

. . ., fI

(
ρ

(τ )
−I , φ

(τ )
−I , 

(τ )
I

)]T
. (37)

The algorithmic framework is detailed in Algorithm 2,
named iterative convex approximation (ICA) algorithm.

Steps 1 and 2 are for obtaining appropriate initial param-
eters. We first give φ(0), and our problem be in form of the
problem in [48], then the ρ (0) can be easily obtained, and the
γ (0) and β(0) also can be calculated. The convergence of ICA
is shown below.

Lemma 7: fi(ρ−i, φ−i, i ) is a monotonically increasing
function of ρ−i.

Proof: When φ−i and i are fixed, our single-cell prob-
lem P2 will degenerate into the single-cell problem in [48].
In [48], it has been proved that the corresponding function is
monotonically increasing with increasing ρ−i.

Lemma 8: ρ
(1)
i ≤ ρ

(0)
i ,∀i ∈ I holds in ICA.

Proof: In ICA, ρ (1) is obtained by (37) based on the MM
method with ρ (0) as the initial parameter. By the construction
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Algorithm 2: Iterative Convex Approximation (ICA).

Input: {d j, gi j, Gil , H l j},∀i ∈ I,∀l ∈ L,∀ j∈ J, ε;
Output:ρ, φ;

1: Initialize φ(0);
2: Obtain ρ (0), γ (0) = {γ (0)

1 , γ
(0)
2 , . . ., γ

(0)
I }, and

β(0) = {β(0)
1 ,β

(0)
2 , . . .,β

(0)
I } from solving the

multi-cell problem with φ(0);
3: τ ← 0;
4: repeat
5: forcell i, ∀i ∈ Ido
6: ρ

(τ+1)
i = fi(ρ

(τ )
−i , φ

(τ )
−i , 

(τ )
i );

7: φ
(τ+1)
−i ← φ

(τ )
−i retrieved from Step 6;

8: 
(τ+1)
i ← 

(τ )
i retrieved from Step 6;

9: τ ← τ + 1;
10: until ||ρ (τ ) − ρ (τ−1)||∞ ≤ ε

11: ρ = ρ (t ), φ = φ(t );
12: return ρ, φ;

of the MM method, the obtained locally optimal solution can
not be worse than the initial one, i.e., ρ

(1)
i ≤ ρ

(0)
i ,∀i ∈ I.

Proposition 9: ICA is convergent.
Proof: From Lemmas 7 and 8, for any τ > 0 and ∀i ∈ I,

ρ
(τ+1)
i ≤ ρ

(τ )
i holds. Therefore, the total load is monotoni-

cally decreasing over iterations in ICA, the convergence fol-
lows then from that the load levels are non-negative.

A particular interesting aspect for the multi-cell problem is
under what condition it can be solved to global optimum with
our multi-cell algorithm. As an interesting finding, our algo-
rithm carries the property of converging to global optimum, if
the single-cell problem can be solved to optimum.

Theorem 10: The global optimum of the multi-cell problem
can be obtained if the single-cell problem can be solved to
optimum.

Proof: First, we use Fi(ρ−i, φi ) to represent the optimal
solution to the single-cell optimization problem under any
given reflection coefficient vector φi, and it can be directly
expressed by

Fi(ρ−i, φi ) =
∑
j∈Ji

d j

log2

(
1+ SINR〈s〉j (φi )

) . (38)

By [48, Theorem 2], Fi(ρ−i, φi ) is strictly concave for ρ−i,
and by [48, Corollary 3], we can prove easily it has the prop-
erty of scalability, i.e., for any α > 1,

αFi(ρ−i, φi ) > Fi(αρ−i, φi ). (39)

In addition, SINR〈s〉j (φi ) is clearly monotonically decreas-
ing for ρ−i. Therefore, Fi(ρ−i, φi ) has monotonicity, i.e., for
any ρ′−i > ρ−i,

Fi(ρ
′
−i, φi ) > Fi(ρ−i, φi ). (40)

These properties define the so called standard interference
function (SIF) [50], hence, Fi(ρ−i, φi ) is an SIF.

Let Gi(ρ−i ) be the optimal solution to the single-cell opti-
mization problem P2, then we have

Gi(ρ−i ) = Fi(ρ−i, φ
∗
i ) = min

φi
ρi s.t. (16b)

= min {Fi(ρ−i, φi )|φi ∈ D} (41)

where φ∗i is the optimal reflection coefficients vector. We
show Gi(ρ−i ) is also an SIF, because it has scalability and
monotonicity, and the proof is as follows.
� Scalability:

For any α > 1, let φ�i be the optimal reflection coeffi-
cients vector for Fi(αρ−i, φi ), i.e.,

Gi(αρ−i ) = Fi(αρ−i, φ
�
i ) ≤ Fi(αρ−i, φ

∗
i ). (42)

By (39),

Fi(αρ−i, φ
∗
i ) < αFi(ρ−i, φ

∗
i ) = αGi(ρ−i ). (43)

Therefore, by (42) and (43), we have

Gi(αρ−i ) < αGi(ρ−i ). (44)

� Monotonicity:
Since, for any φi ∈ D and ρ′−i > ρ−i, inequality (40)
holds, we have

min{Fi(ρ
′
−i, φi )|φi ∈ D}>min{Fi(ρ−i, φi )|φi ∈ D}.

(45)
Therefore, for ρ′−i > ρ−i,

Gi(ρ
′
−i ) > Gi(ρ−i ), (46)

Therefore, Gi(ρ−i ) is an SIF, for which fixed-point itera-
tions guarantees convergence and optimality [50]. Hence the
conclusion.

Theorem 10 implies that the multi-cell problem can be
solved to global optimum if an optimal algorithm of single-
cell is embedded into our algorithmic framework. The perfor-
mance of the algorithmic framework remains satisfactory even
though the embedded single-cell algorithm can only guarantee
local optimality (e.g., Algorithm 1). For small-scale scenarios
with D3, the optimum of the single-cell problem can be found
by exhaustive search, then the global optimum of the multi-
cell problem also will be guaranteed by Theorem 10. With the
global optimum provided, we will gauge the performance of
the algorithmic framework embedded with Algorithm 1 in the
next section.

V. PERFORMANCE EVALUATION
A. PRELIMINARIES
We use a cellular network of seven cells, adopting a wrap-
around technique. In each cell, ten UEs are randomly and
uniformly distributed. The cells have the same number of
RISs. All RISs have the same number of reflection elements.
For each cell, its RISs are evenly distributed around the BS
location, with a distance of 250 m to the BS that is located in
the center point of the cell. Each RIS has M = 20 reflection
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TABLE 1 Simulation Parameters

elements, and we use Si = |Li| ×M to denote the total num-
ber of reflection elements in cell i. The channel between cell i
and UE j is given by gi j = D−αcu

i j g0, where Di j is the distance
between the BS and UE, αcu = 3.5 is the path loss exponent,
and g0 follows a Rayleigh distribution. Similarly, the channel
from the BS of cell i to RIS l is given by Gil = D−αci

il G0, and
the channel from RIS l to UE j is given by H l j = D−αiu

l j H0.
Some additional simulation parameters are given in Table 1.

B. BENCHMARKS AND INITIALIZATION
In our simulation, we use three benchmark schemes as fol-
lows.

1) NO RIS
We take the system without RIS as a baseline scheme. For
this scheme, we can compute the global optimum of resource
minimization using the fixed-point method in [48].

2) RANDOM
In this scheme, the RIS reflection coefficients are randomly
chosen from domain D1. Once the coefficients are set, the
optimum subject to the chosen coefficient values can again
be obtained by the fixed-point method.

3) DECOMPOSITION
In this scheme, the RIS reflection coefficients of the cells are
optimized independently, by treating inter-cell interference as
zero or the worst-case value, namely Decomposition-1 and
Decomposition-2, respectively. The resulting single-cell prob-
lem for domain D1 for a generic cell i can be reformulated as
follows.

[P3] min
φi

∑
j∈Ji

d j

log2

(
1+ |ĝi j+

∑
l∈Li

�i jlφl |2Pi

ϒ+σ 2

) (47a)

s.t. φlm ∈ D1,∀m ∈M,∀l ∈ Li, (47b)

where given inter-cell interference ϒ = 0 or
∑

k∈I,
k 	=i
|ĝk j +∑

l∈Li
�k jlφl |2Pk . Following [16], by introducing a

set of auxiliary variables yi = [y1, y2, . . ., yJi ]
T , ai =

[a1, a2, . . ., aJi ]
T , and bi = [b1, b2, . . ., bJi ]

T , problem P3

Algorithm 3: Optimization for the Decomposition
Scheme Based on MM for Cell i.

Input: {d j, gi j, Gil , H l j},∀l ∈ Li,∀ j∈ Ji, ε;
Output:ρ, φ;

1: Initialize φ
(0)
i ;

2: t ← 0;
3: repeat
4: φ̃i ← φ

(t )
i ;

5: ã j ← �{ĝi j +
∑

l∈Li
�i jl φ̃l},∀ j ∈ Ji;

6: b̃ j ← �{ĝi j +
∑

l∈Li
�i jl φ̃l},∀ j ∈ Ji;

7: Obtain φ
(t+1)
i by solving P3.1;

8: t ← t + 1;
9: until(48a) converges with respect to ε

10: return φi = φ
(t )
i ;

can be approximated by the following problem.

[P3.1]min
φi,yi ,
ai,bi

∑
j∈Ji

d j

log2

(
1+ y jPi

σ 2

) (48a)

s.t. |φlm| ≤ 1,∀m ∈M,∀l ∈ Li. (48b)

a j = �
⎧⎨⎩ĝi j +

∑
l∈Li

�i jlφl

⎫⎬⎭ ,∀ j ∈ Ji (48c)

b j = �
⎧⎨⎩ĝi j +

∑
l∈Li

�i jlφl

⎫⎬⎭ ,∀ j ∈ Ji (48d)

y j ≤ ã2
j + b̃2

j + 2ã j (a j − ã j )+ 2b̃ j (b j − b̃ j ),

∀ j ∈ Ji. (48e)

P3.1 is a convex optimization problem that can be solved
efficiently. An algorithm based on the MM method for prob-
lem P3 is provided in Algorithm 3. After solving P3.1 for all
individual cells to obtain the RIS reflection coefficients, the
resulting optimum of P1 can be computed by the fixed-point
method.

As for the value domain of RIS reflection coefficients, we
consider D1, D2, D3 (2-bit), and D3 (1-bit). Specifically,
D3 (2-bit) represents the discrete phases with N = 4 and D3

(1-bit) that with N = 2. Additionally, in our simulation, we
initialize all the reflection coefficients to be φ = eiπ .

C. IMPACT OF DEMAND
Fig. 2 illustrates the total load, i.e., resource consumption,
with respect to the normalized demand d , when Si = 140
(∀i ∈ I) and αci = αiu = 2.2. It can be seen that the RIS pro-
vides little improvement if it is not optimized, as the difference
between the performance of no RIS and that of the random
scheme is very small. In contrast, ICA achieves significant
performance gains compared with the three benchmark so-
lutions. Specifically, ICA-D1 can save up to 51.3% resource
than no RIS when d = 0.4. Even with the most restrictive
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FIGURE 2. Total load in function of normalized demand when S = 140 and
αci = αiu = 2.2.

setup of ICA-D3 (1 b), a 41.4% reduction in resource usages
is achieved.

D. DISCUSSION FOR THE COUPLING EFFECTS
We have evaluated two decomposition schemes with given
interference. In Fig. 2, we can see that the performance of
Decomposition-1 is close to that of ICA-D1 when d ≤ 0.4,
since small demand leads to fairly negligible inter-cell inter-
ference. As the demand increases, accounting for inter-cell in-
terference becomes increasingly important, thus the difference
between Decomposition-1 and ICA-D1 grows. For example,
Decomposition-1 indicates 32.8% more resource consump-
tion compared with ICA-D1 when d = 0.8. Conversely, the
performance of Decomposition-2 is close to that of ICA-D1

when the demand is high, however, Decomposition-2 erro-
neously predicts 80% more resource usage when d = 0.4.
In summary, the results obtained by the two decomposition
schemes both deviate significantly from those obtained when
the coupling relation between cells is accounted for. The ob-
servation demonstrates the importance of capturing the dy-
namics due to load coupling in optimization.

E. IMPACT OF RIS
Fig. 3 depicts the total load versus the number of reflection
elements, when d = 0.6 Mbps and αci = αiu = 2.2. We can
see that, with more reflected elements, the system can clearly
benefit except for the random scheme.

Fig. 4 shows the impact of the path loss exponent of RIS for
the total load. As we can observe that the total load increases
upon increasing αRIS , since larger αRIS leads to the lower
channel gain between RIS and BS/UE. The path loss exponent
of RIS depends on the physical environment. For example, in
practice αRIS is usually smaller when the RIS is at a higher
altitude due to fewer obstacles. But with an increasing height

FIGURE 3. Total load in function of the number of reflection elements Si
(∀i ∈ I ) when d = 0.6 Mbps, when αci = αiu = 2.2.

FIGURE 4. Total load in function of the path loss exponent αRIS = αci = αiu,
when d = 0.6 and Si = 140 (∀i ∈ I ).

of the RIS position, the distance between the RIS and BS/UE
also will increase, which leads to a larger path loss.

We also observe from Fig. 2–4 that the curves of ICA-D1

and ICA-D2 almost overlap. It means that ICA loses little
performance even though the amplitudes of the reflection co-
efficients are restricted to be one. In addition, for domain D3,
we can see that, the performance of ICA-D2 is almost closed
to the ICA-D1. It means that even RIS with low adjustability
in practice can still help.

F. DISCUSSION FOR PRACTICAL RIS
By Proposition 10, for a small number of RIS elements, for the
single-cell problem one can exhaustively consider the combi-
nations of phase shifts for D3, and embedding this into the
fixed-point method gives the global optimum for the multi-cell
system. This allows us to gain insight of our algorithm in
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FIGURE 5. A comparison about the solution obtained by our algorithm
and the optimal solution in a small scale simulation scenario under
different normalized demand.

FIGURE 6. This figure illustrates the norm || · ||∞ in function of iteration τ

in the ICA algorithm under three scenarios.

terms of performance with respect to global optimality. To this
end, we consider a 3-cell scenario where two UEs and total
ten reflection elements in each cell. The results are shown in
Fig. 5, showing that algorithm ICA delivers solutions within
at most 4% gap to the global optimum for the small-scale
scenario.

G. CONVERGENCE ANALYSIS
We show the convergence behavior of ICA in Fig. 6. The con-
vergence is consistently very fast. Note that the convergence
becomes slightly slower for smaller demand. The reason is
that smaller demand require a lower load in the final solution,
and as a result, the difference between the initial one and the
final load becomes larger. Similar reasoning applies to the
convergence rate for larger S.

VI. CONCLUSION
In this paper, we have investigated the resource minimization
problem with interference coupling subject to the user demand
requirement in multi-RIS-assisted multi-cell systems. An al-
gorithmic framework has been designed to obtain a locally
optimal solution. The numerical results have shown that the
RIS can enhance the multi-cell system performance signif-
icantly. Additionally, even RIS with few discrete adjustable
phases can achieve a good performance. In fact, RIS-assisted
multi-cell scenarios are complex, and system simulation of
large-scale scenario is time-consuming. Therefore, it would
be desirable to explore model-based approaches, that are able
to reasonably performance. In this paper, we chooese the load
coupling model to capture the system dynamics, namely the
interference dependency between interference and resource
consumption. Although we acknowledge that the method is
not exact, we hope one work represents the one step towards
the multi-cell interference-coupled scenarios with RIS.

APPENDIX
To prove Proposition 5, we use a polynomial-time reduction
from the 3-satisfiability (3-SAT) problem to P2. The 3-SAT
problem is NP-complete [51]. All notations we define in this
appendix are used for this proof only.

Consider a 3-SAT instance with n Boolean variables
x1, x2, . . ., xn and m clauses. Denote by x̂i the negation of
xi. A literal means a variables or its negation. Each clause is
composed by a disjunction of exactly three distinct literals, for
example, (x̂1 ∨ x2 ∨ x̂n). The problem is to determine whether
or not there exists an assignment of true/false values to the
variables, such that all clauses are true.

For any instance of 3-SAT with n clauses and m variables,
we construct a corresponding network with a single cell, n
UEs, and m RISs each having one reflection element, with
domain D3 = {e−i λ

4c , ei λ
4c }, where λ is the wavelength of the

carrier, and c is the speed of light. Each variable of the 3-SAT
instance is mapped to an RIS. Moreover, the assignment of
true/false to xi corresponds to setting the reflection coefficient
of RIS i to ei λ

4c and e−i λ
4c , respectively. There is a one-to-one

correspondence between the clauses in the 3-SAT instance and
the UEs. It is not difficult to see that the parameters of our P2
scenario can be set such that the following hold.

1) The phase of the direct signal from the BS to all UEs is
always at a crest.

2) For any UE, there are three RISs that potentially may
contribute to the signal; the other RISs will have no
effect on the UE (e.g., due to obstacle). In addition,
For UE j, j = 1, 2, . . ., m, these three RISs are those
corresponding to the three literals in clause j of the
3-SAT instance. Specifically, the literal xi in clause j
corresponds the case where the phase of the reflected
signal from RIS i to UE j will be at a crest if the
reflection coefficient e−i λ

4c is chosen, and that will be at
a trough for ei λ

4c . Conversely, the literal x̂i in the clause
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corresponds the case where the phase will be at a trough
if e−i λ

4c , and that will be at a crest if ei λ
4c .

3) The demand of UEs is set such that it can not be satisfied
if and only if the power of the overall composite signal is
zero. For any of three reflected signals received by UEs,
the received power is one-third of the received power of
the direct signal from the BS. By 1), we can know that,
for any UE, the power of the overall composite signal
will be zero (i.e., the demand can not be satisfied) if and
only if its three reflected signals are all at a trough.

Obviously, solving an instance of 3-SAT problem corre-
sponds to determining if the defined P2 scenario has any
feasible solution or not. Hence the conclusion.

REFERENCES
[1] E. Björnson, L. Sanguinetti, H. Wymeersch, J. Hoydis, and T. L.

Marzetta, “Massive MIMO is a reality-what is next? Five promising
research directions for antenna arrays,” Digit. Signal Process., vol. 94,
pp. 3–20, 2019.

[2] S. A. Busari, K. M. S. Huq, S. Mumtaz, L. Dai, and J. Rodriguez,
“Millimeter-wave massive MIMO communication for future wire-
less systems: A survey,” IEEE Commun. Surv. Tut., vol. 20, no. 2,
pp. 836–869, Apr.–Jun. 2018.

[3] K. M. S. Huq, S. A. Busari, J. Rodriguez, V. Frascolla, W. Bazzi, and
D. C. Sicker, “Terahertz-enabled wireless system for beyond-5G ultra-
fast networks: A brief survey,” IEEE Netw., vol. 33, no. 4, pp. 89–95,
Jul./Aug. 2019.

[4] M. Di Renzo et al., “Smart radio environments empowered by reconfig-
urable AI meta-surfaces: An idea whose time has come,” EURASIP J.
Wireless Commun. Netw., vol. 2019, no. 1, pp. 1–20, 2019.

[5] Q. Wu and R. Zhang, “Towards smart and reconfigurable environment:
Intelligent reflecting surface aided wireless network,” IEEE Commun.
Mag., vol. 58, no. 1, pp. 106–112, Jan. 2019.

[6] J. Zhang, E. Björnson, M. Matthaiou, D. W. K. Ng, H. Yang, and D.
J. Love, “Prospective multiple antenna technologies for beyond 5G,”
IEEE J. Sel. Areas Commun., vol. 38, no. 8, pp. 1637–1660, Aug. 2020.

[7] C. Huang et al., “Holographic MIMO surfaces for 6G wireless net-
works: Opportunities, challenges, and trends,” IEEE Wireless Commun.,
vol. 27, no. 5, pp. 118–125, Oct. 2020.

[8] Q. Wu, S. Zhang, B. Zheng, C. You, and R. Zhang, “Intelligent reflect-
ing surface-aided wireless communications: A tutorial,” IEEE Trans.
Commun., vol. 69, no. 5, pp. 3313–3351, May 2021.

[9] Ö. Özdogan, E. Björnson, and E. G. Larsson, “Intelligent reflecting
surfaces: Physics, propagation, and pathloss modeling,” IEEE Wireless
Commun. Lett., vol. 9, no. 5, pp. 581–585, May 2020.

[10] M. Di Renzo et al., “Reconfigurable intelligent surfaces vs. relaying:
Differences, similarities, and performance comparison,” IEEE Open J.
Commun. Soc., vol. 1, pp. 798–807, Jun. 2020.

[11] E. Björnson, Ö. Özdogan, and E. G. Larsson, “Intelligent reflecting sur-
face versus decode-and-forward: How large surfaces are needed to beat
Relaying?,” IEEE Wireless Commun. Lett., vol. 9, no. 2, pp. 244–248,
Feb. 2020.

[12] C. Huang, A. Zappone, G. C. Alexandropoulos, M. Debbah, and C.
Yuen, “Reconfigurable intelligent surfaces for energy efficiency in wire-
less communication,” IEEE Trans. Wireless Commun., vol. 18, no. 8,
pp. 4157–4170, Aug. 2019.

[13] B. Zheng, Q. Wu, and R. Zhang, “Intelligent reflecting surface-assisted
multiple access with user pairing: NOMA or OMA?,” IEEE Commun.
Lett., vol. 24, no. 4, pp. 753–757, Apr. 2020.

[14] Y. Han, W. Tang, S. Jin, C. Wen, and X. Ma, “Large intelligent
surface-assisted wireless communication exploiting statistical CSI,”
IEEE Trans. Veh. Technol., vol. 68, no. 8, pp. 8238–8242, 2019.

[15] Y. Zou, S. Gong, J. Xu, W. Cheng, D. T. Hoang, and D. Niyato, “Joint
energy beamforming and optimization for intelligent reflecting surface
enhanced communications,” in Proc. IEEE Wireless Commun. Netw.
Conf. Workshops, 2020, pp. 1–6.

[16] Y. Yang, B. Zheng, S. Zhang, and R. Zhang, “Intelligent reflecting
surface meets OFDM: Protocol design and rate maximization,” IEEE
Trans. Commun., vol. 68, no. 7, pp. 4522–4535, Jul. 2020.

[17] Q. Wu and R. Zhang, “Intelligent reflecting surface enhanced wireless
network via joint active and passive beamforming,” IEEE Trans. Wire-
less Commun., vol. 18, no. 11, pp. 5394–5409, Nov. 2019.

[18] H. Guo, Y.-C. Liang, J. Chen, and E. G. Larsson, “Weighted sum-rate
optimization for intelligent reflecting surface enhanced wireless net-
works,” 2019, arXiv:1905.07920.

[19] M. Zeng, X. Li, G. Li, W. Hao, and O. A. Dobre, “Sum rate maxi-
mization for IRS-assisted uplink NOMA,” IEEE Commun. Lett., vol. 25,
no. 1, pp. 234–238, Jan. 2021.

[20] J. Zhu, Y. Huang, J. Wang, K. Navaie, and Z. Ding, “Power effi-
cient IRS-assisted NOMA,” IEEE Trans. Commun., vol. 69, no. 2,
pp. 900–913, Feb. 2020.

[21] Z. Yang, J. Shi, Z. Li, M. Chen, W. Xu, and M. Shikh-Bahaei, “Energy
efficient rate splitting multiple access (RSMA) with reconfigurable in-
telligent surface,” in Proc. IEEE Int. Conf. Commun. Workshops, 2020,
pp. 1–6.

[22] G. Zhou, C. Pan, H. Ren, K. Wang, and A. Nallanathan, “Intelligent
reflecting surface aided multigroup multicast MISO communication
systems,” IEEE Trans. Signal Process., vol. 68, pp. 3236–3251, Apr.
2020.

[23] C. Pan et al., “Intelligent reflecting surface aided MIMO broadcasting
for simultaneous wireless information and power transfer,” IEEE J. Sel.
Areas Commun., vol. 38, no. 8, pp. 1719–1734, Aug. 2020.

[24] T. Bai, C. Pan, Y. Deng, M. Elkashlan, A. Nallanathan, and L. Hanzo,
“Latency minimization for intelligent reflecting surface aided mo-
bile edge computing,” IEEE J. Sel. Areas Commun., vol. 38, no. 11,
pp. 2666–2682, Nov. 2020.

[25] H. Shen, W. Xu, S. Gong, Z. He, and C. Zhao, “Secrecy rate maximiza-
tion for intelligent reflecting surface assisted multi-antenna communica-
tions,” IEEE Commun. Lett., vol. 23, no. 9, pp. 1488–1492, Sep. 2019.

[26] X. Yu, D. Xu, Y. Sun, D. W. K. Ng, and R. Schober, “Robust and secure
wireless communications via intelligent reflecting surfaces,” IEEE J.
Sel. Areas Commun., vol. 38, no. 11, pp. 2637–2652, Nov. 2020.

[27] D. Xu, X. Yu, Y. Sun, D. W. K. Ng, and R. Schober, “Resource alloca-
tion for IRS-assisted full-duplex cognitive radio systems,” IEEE Trans.
Commun., vol. 68, no. 12, pp. 7376–7394, Dec. 2020.

[28] L. Zhang, Y. Wang, W. Tao, Z. Jia, T. Song, and C. Pan, “Intelligent
reflecting surface aided MIMO cognitive radio systems,” IEEE Trans.
Veh. Technol., vol. 69, no. 10, pp. 11445–11457, Oct. 2020.

[29] L. Zhang, C. Pan, Y. Wang, H. Ren, and K. Wang, “Robust
beamforming design for intelligent reflecting surface aided cog-
nitive radio systems with imperfect cascaded CSI,” IEEE Trans.
Cogn. Commun. Netw., vol. 8, no. 1, pp. 186–201, Mar. 2022,
doi: 10.1109/TCCN.2021.3107510.

[30] S. F. Zamanian, S. M. Razavizadeh, and Q. Wu, “Vertical beamforming
in intelligent reflecting surface-aided cognitive radio networks,” IEEE
Wireless Commun. Lett., vol. 10, no. 9, pp. 1919–1923, Sep. 2021.

[31] L. Dong, H.-M. Wang, and H. Xiao, “Secure cognitive radio communi-
cation via intelligent reflecting surface,” IEEE Trans. Commun., vol. 69,
no. 7, pp. 4678–4690, Jul. 2021.

[32] C. Huang, R. Mo, and C. Yuen, “Reconfigurable intelligent surface
assisted multiuser MISO systems exploiting deep reinforcement learn-
ing,” IEEE J. Sel. Areas Commun., vol. 38, no. 8, pp. 1839–1850,
Aug. 2020.

[33] C. Huang et al., “Multi-hop RIS-empowered terahertz communications:
A DRL-based hybrid beamforming design,” IEEE J. Sel. Areas Com-
mun., vol. 39, no. 6, pp. 1663–1677, Jun. 2021.

[34] X. Liu, Y. Liu, and Y. Chen, “Machine learning empowered trajectory
and passive beamforming design in UAV-RIS wireless networks,” IEEE
J. Sel. Areas Commun., vol. 39, no. 7, pp. 2042–2055, Jul. 2021.

[35] M. Hua, Q. Wu, D. W. K. Ng, J. Zhao, and L. Yang, “Intelligent re-
flecting surface-aided joint processing coordinated multipoint transmis-
sion,” IEEE Trans. Commun., vol. 69, no. 3, pp. 1650–1665, Mar. 2021.

[36] H. Xie, J. Xu, and Y.-F. Liu, “Max-min fairness in IRS-aided multi-cell
MISO systems with joint transmit and reflective beamforming,” IEEE
Trans. Wireless Commun., vol. 20, no. 2, pp. 1379–1393, Feb. 2021.

[37] Y. Omid, S. M. Shahabi, C. Pan, Y. Deng, and A. Nallanathan, “IRS-
aided large-scale MIMO systems with passive constant envelope pre-
coding,” 2020, arXiv:2002.10965.

[38] W. Ni, X. Liu, Y. Liu, H. Tian, and Y. Chen, “Resource allocation for
multi-cell IRS-aided NOMA networks,” IEEE Trans. Wireless Com-
mun., vol. 20, no. 7, pp. 4253–4268, Jul. 2021.

[39] J. Kim, S. Hosseinalipour, T. Kim, D. J. Love, and C. G. Brinton,
“Exploiting multiple intelligent reflecting surfaces in multi-cell uplink
MIMO communications,” 2020, arXiv:2011.01141.

VOLUME 3, 2022 109

https://dx.doi.org/10.1109/TCCN.2021.3107510


YU AND YUAN: RESOURCE OPTIMIZATION WITH INTERFERENCE COUPLING IN MULTI-RIS-ASSISTED MULTI-CELL SYSTEMS

[40] L. Wei, C. Huang, G. C. Alexandropoulos, C. Yuen, Z. Zhang, and
M. Debbah, “Channel estimation for RIS-empowered multi-user MISO
wireless communications,” IEEE Trans. Commun., vol. 69, no. 6,
pp. 4144–4157, Jun. 2021.

[41] M.-M. Zhao, Q. Wu, M.-J. Zhao, and R. Zhang, “Exploiting ampli-
tude control in intelligent reflecting surface aided wireless commu-
nication with imperfect CSI,” IEEE Trans. Commun., vol. 69, no. 6,
pp. 4216–4231, Jun. 2021.

[42] P. Mogensen et al., “LTE capacity compared to the Shannon bound,” in
Proc. IEEE 65th Veh. Technol. Conf., 2007, pp. 1234–1238.

[43] A. J. Fehske and G. P. Fettweis, “Aggregation of variables in load
models for interference-coupled cellular data networks,” in Proc. IEEE
Int. Conf. Commun., 2012, pp. 5102–5107.

[44] H. Klessig, D. Öhmann, A. J. Fehske, and G. P. Fettweis, “A per-
formance evaluation framework for interference-coupled cellular data
networks,” IEEE Trans. Wireless Commun., vol. 15, no. 2, pp. 938–950,
Feb. 2016.

[45] C. J. Wu, “On the convergence properties of the EM algorithm,” Ann.
Statist., vol. 11, no. 1, pp. 95–103, Mar. 1983.

[46] A. Ben-Tal and A. Nemirovski, Lectures on Modern Convex Optimiza-
tion: Analysis, Algorithms, and Engineering Applications. Philadelphia,
PA, USA: SIAM, 2001.

[47] K. Wang, A. M. So, T. Chang, W. Ma, and C. Chi, “Outage constrained
robust transmit optimization for multiuser MISO downlinks: Tractable
approximations by conic optimization,” IEEE Trans. Signal Process.,
vol. 62, no. 21, pp. 5690–5705, Nov. 2014.

[48] I. Siomina and D. Yuan, “Analysis of cell load coupling for LTE network
planning and optimization,” IEEE Trans. Wireless Commun., vol. 11,
no. 6, pp. 2287–2297, Jun. 2012.

[49] L. You, D. Yuan, L. Lei, S. Sun, S. Chatzinotas, and B. Ottersten,
“Resource optimization with load coupling in multi-cell NOMA,” IEEE
Trans. Wireless Commun., vol. 17, no. 7, pp. 4735–4749, Jul. 2018.

[50] R. D. Yates, “A framework for uplink power control in cellular radio
systems,” IEEE J. Sel. Areas Commun., vol. 13, no. 7, pp. 1341–1347,
Sep. 1995.

[51] R. M. Karp, “Reducibility among combinatorial problems,” in Com-
plexity of Computer Computations. Berlin, Germany: Springer, 1972,
pp. 85–103.

ZHANWEI YU (Graduate Student Member, IEEE) received the B.Sc. de-
gree in computer science and the M.Sc. degree in computer engineering
from the Zhejiang University of Technology, Hangzhou, China, in 2016 and
2019, respectively. He is currently working toward the Ph.D. degree with
the Department of Information Technology, Uppsala University, Uppsala,
Sweden. His research interests include network optimization of B5G and 6G
systems.

DI YUAN (Senior Member, IEEE) received the M.Sc. degree in computer
science and engineering and the Ph.D. degree in optimization from the
Linköping Institute of Technology, Linköping, Sweden, in 1996 and 2001,
respectively. He was an Associate Professor and then a Full Professor with
the Department of Science and Technology, Linköping University. In 2016,
he joined Uppsala University, as a Chair Professor. He has been a Guest
Professor with the Technical University of Milan (Politecnico di Milano),
Milan, Italy, since 2008, and a Senior Visiting Scientist with Ranplan Wireless
Network Design Ltd., U.K., in 2009 and 2012. From 2011 to 2013, he was
part time with Ericsson Research, Sweden. From 2014 to 2015, he was a Vis-
iting Professor with the University of Maryland, College Park, MD, USA. He
was with the management committee of four European Cooperation in field
of scientific and technical research (COST) actions, an Invited Lecturer of the
European Network of Excellence EuroNF, and the Principal Investigator of
several European FP7 and Horizon 2020 projects. His research interests in-
clude network optimization of 4G and 5G systems, and capacity optimization
of wireless networks. He was the co-recipient of the IEEE ICC’12 Best Paper
Award, and the Supervisor of the Best Student Journal Paper Award by the
IEEE Sweden Joint VT-COM-IT Chapter in 2014. He is the Area Editor of
Computer Networks.

110 VOLUME 3, 2022



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.4
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /sRGB
  /DoThumbnails true
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 0
  /ParseDSCComments false
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo false
  /PreserveFlatness true
  /PreserveHalftoneInfo true
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Remove
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
    /Algerian
    /Arial-Black
    /Arial-BlackItalic
    /Arial-BoldItalicMT
    /Arial-BoldMT
    /Arial-ItalicMT
    /ArialMT
    /ArialNarrow
    /ArialNarrow-Bold
    /ArialNarrow-BoldItalic
    /ArialNarrow-Italic
    /ArialUnicodeMS
    /BaskOldFace
    /Batang
    /Bauhaus93
    /BellMT
    /BellMTBold
    /BellMTItalic
    /BerlinSansFB-Bold
    /BerlinSansFBDemi-Bold
    /BerlinSansFB-Reg
    /BernardMT-Condensed
    /BodoniMTPosterCompressed
    /BookAntiqua
    /BookAntiqua-Bold
    /BookAntiqua-BoldItalic
    /BookAntiqua-Italic
    /BookmanOldStyle
    /BookmanOldStyle-Bold
    /BookmanOldStyle-BoldItalic
    /BookmanOldStyle-Italic
    /BookshelfSymbolSeven
    /BritannicBold
    /Broadway
    /BrushScriptMT
    /CalifornianFB-Bold
    /CalifornianFB-Italic
    /CalifornianFB-Reg
    /Centaur
    /Century
    /CenturyGothic
    /CenturyGothic-Bold
    /CenturyGothic-BoldItalic
    /CenturyGothic-Italic
    /CenturySchoolbook
    /CenturySchoolbook-Bold
    /CenturySchoolbook-BoldItalic
    /CenturySchoolbook-Italic
    /Chiller-Regular
    /ColonnaMT
    /ComicSansMS
    /ComicSansMS-Bold
    /CooperBlack
    /CourierNewPS-BoldItalicMT
    /CourierNewPS-BoldMT
    /CourierNewPS-ItalicMT
    /CourierNewPSMT
    /EstrangeloEdessa
    /FootlightMTLight
    /FreestyleScript-Regular
    /Garamond
    /Garamond-Bold
    /Garamond-Italic
    /Georgia
    /Georgia-Bold
    /Georgia-BoldItalic
    /Georgia-Italic
    /Haettenschweiler
    /HarlowSolid
    /Harrington
    /HighTowerText-Italic
    /HighTowerText-Reg
    /Impact
    /InformalRoman-Regular
    /Jokerman-Regular
    /JuiceITC-Regular
    /KristenITC-Regular
    /KuenstlerScript-Black
    /KuenstlerScript-Medium
    /KuenstlerScript-TwoBold
    /KunstlerScript
    /LatinWide
    /LetterGothicMT
    /LetterGothicMT-Bold
    /LetterGothicMT-BoldOblique
    /LetterGothicMT-Oblique
    /LucidaBright
    /LucidaBright-Demi
    /LucidaBright-DemiItalic
    /LucidaBright-Italic
    /LucidaCalligraphy-Italic
    /LucidaConsole
    /LucidaFax
    /LucidaFax-Demi
    /LucidaFax-DemiItalic
    /LucidaFax-Italic
    /LucidaHandwriting-Italic
    /LucidaSansUnicode
    /Magneto-Bold
    /MaturaMTScriptCapitals
    /MediciScriptLTStd
    /MicrosoftSansSerif
    /Mistral
    /Modern-Regular
    /MonotypeCorsiva
    /MS-Mincho
    /MSReferenceSansSerif
    /MSReferenceSpecialty
    /NiagaraEngraved-Reg
    /NiagaraSolid-Reg
    /NuptialScript
    /OldEnglishTextMT
    /Onyx
    /PalatinoLinotype-Bold
    /PalatinoLinotype-BoldItalic
    /PalatinoLinotype-Italic
    /PalatinoLinotype-Roman
    /Parchment-Regular
    /Playbill
    /PMingLiU
    /PoorRichard-Regular
    /Ravie
    /ShowcardGothic-Reg
    /SimSun
    /SnapITC-Regular
    /Stencil
    /SymbolMT
    /Tahoma
    /Tahoma-Bold
    /TempusSansITC
    /TimesNewRomanMT-ExtraBold
    /TimesNewRomanMTStd
    /TimesNewRomanMTStd-Bold
    /TimesNewRomanMTStd-BoldCond
    /TimesNewRomanMTStd-BoldIt
    /TimesNewRomanMTStd-Cond
    /TimesNewRomanMTStd-CondIt
    /TimesNewRomanMTStd-Italic
    /TimesNewRomanPS-BoldItalicMT
    /TimesNewRomanPS-BoldMT
    /TimesNewRomanPS-ItalicMT
    /TimesNewRomanPSMT
    /Times-Roman
    /Trebuchet-BoldItalic
    /TrebuchetMS
    /TrebuchetMS-Bold
    /TrebuchetMS-Italic
    /Verdana
    /Verdana-Bold
    /Verdana-BoldItalic
    /Verdana-Italic
    /VinerHandITC
    /Vivaldii
    /VladimirScript
    /Webdings
    /Wingdings2
    /Wingdings3
    /Wingdings-Regular
    /ZapfChanceryStd-Demi
    /ZWAdobeF
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 150
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages false
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 900
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.00111
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages false
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /ColorImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 150
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages false
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 1200
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.00083
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages false
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /GrayImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages false
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 1600
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.00063
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e55464e1a65876863768467e5770b548c62535370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc666e901a554652d965874ef6768467e5770b548c52175370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /DAN <>
    /DEU <>
    /ESP <>
    /FRA <>
    /ITA (Utilizzare queste impostazioni per creare documenti Adobe PDF adatti per visualizzare e stampare documenti aziendali in modo affidabile. I documenti PDF creati possono essere aperti con Acrobat e Adobe Reader 5.0 e versioni successive.)
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020be44c988b2c8c2a40020bb38c11cb97c0020c548c815c801c73cb85c0020bcf4ace00020c778c1c4d558b2940020b3700020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken waarmee zakelijke documenten betrouwbaar kunnen worden weergegeven en afgedrukt. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /PTB <>
    /SUO <>
    /SVE <>
    /ENU (Use these settings to create PDFs that match the "Suggested"  settings for PDF Specification 4.0)
  >>
>> setdistillerparams
<<
  /HWResolution [600 600]
  /PageSize [612.000 792.000]
>> setpagedevice


