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ABSTRACT The construction of virtual transportation networks requires massive data to be transmitted from
edge devices to Virtual Service Providers (VSP) to facilitate circulations between the physical and virtual
domains in Metaverse. Leveraging semantic communication for reducing information redundancy, VSPs can
receive semantic data from edge devices to provide varied services through advanced techniques, e.g., AI-
Generated Content (AIGC), for users to explore digital worlds. But the use of semantic communication raises
a security issue because attackers could send malicious semantic data with similar semantic information but
different desired content to break Metaverse services and cause wrong output of AIGC. Therefore, in this
paper, we first propose a blockchain-aided semantic communication framework for AIGC services in virtual
transportation networks to facilitate interactions of the physical and virtual domains among VSPs and edge
devices. We illustrate a training-based targeted semantic attack scheme to generate adversarial semantic
data by various loss functions. We also design a semantic defense scheme that uses the blockchain and
zero-knowledge proofs to tell the difference between the semantic similarities of adversarial and authentic
semantic data and to check the authenticity of semantic data transformations. Simulation results show that
the proposed defense method can reduce the semantic similarity of the adversarial semantic data and the
authentic ones by up to 30% compared with the attack scheme.

INDEX TERMS Metaverse, blockchain, semantic communication, semantic attacks, semantic defenses.

I. INTRODUCTION
The word Metaverse was coined in the science-fiction novel
Snow Crash [1] to describe a virtual reality society in which
people utilize digital avatars to symbolize themselves and
experience the world. In recent years, Metaverse has received
attention from academia and industries as a novel Internet
application due to the advancement of Augmented Reality
(AR), Virtual Reality (VR), Artificial Intelligence (AI), and

Blockchain. Specifically, extending reality (AR/VR) and AI
technologies can provide users with immersive experiences
and facilitate continuous data synchronization from the phys-
ical domain to the virtual domain, which is supported by
data perceived by edge devices and services driven in Meta-
verse. Blockchain can help the physical and virtual domains
to share information and construct economic systems in a
decentralized manner. Thus, the Metaverse can be viewed as
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the integration of multiple technologies supported by massive
data interactions between the physical and virtual domains.

One of the significant advantages of Metaverse is that peo-
ple can conduct experiments in the virtual world that cannot
be conducted in the real world. Because the virtual world can
be created based on real-world data, e.g., images, sensing data,
and text, the experimental result in Metaverse can be used to
guide the real world. One example is the virtual transportation
networks [2], i.e., virtual environments in which users can
safely train automatic driving algorithms and test vehicles.
To build such virtual environments, virtual service providers
(VSPs) can leverage network edge devices to capture images
from the real world and then render the virtual objects. How-
ever, this process entails three challenges as follows:

D1) How to use the data collected from the real world, e.g.,
images, to achieve fast virtual world building?

D2) How to improve the efficiency of data transmission
to facilitate interactions of the physical and virtual
domains?

D3) How to ensure the security of the data received by
VSP to ensure that the virtual world can be accurately
synchronized with the real world?

Since virtual transportation networks require extensive in-
teractions between the physical domain and Metaverse, edge
devices can be utilized to capture images of geographical
landmarks. However, converting these captured images into
a consistent style for the virtual world is complicated. In
several virtual service designs, VSPs need to hire digital
painters to pre-process images [3], which is time-consuming
and costly. The boom in AI has brought alternative solutions.
AI-generated content (AIGC) technology [4] allows VSP to
process quickly images collected from the real world using
well-trained AI models (For D1). However, the collected
data could still burden the network. For example, the authors
in [5] state that a pair of sensing devices can generate 3.072
megabytes of data per second, which challenges conventional
communication systems. Fortunately, semantic communica-
tion [6] is introduced to filter out irrelevant information from
edge devices to reduce information redundancy of VSPs
by extracting semantic data from raw data and expressing
desired meanings (For D2). With the help of semantic com-
munications, massive amounts of data can be circulated in
the virtual transportation networks to empower Metaverse
services. The integration of blockchain and semantic com-
munication can enable more efficient and secure exchange of
semantic information among unknown Metaverse participants
in a decentralized manner. Semantic communication allows
participants to exchange and process extracted semantic in-
formation to reduce communication overheads and storage
spaces required for large amounts of data, while blockchain
can construct trust among anonymous participants and share
semantic information to prevent semantic information manip-
ulations and false modifications from attackers or third parties.

However, the integration of semantic communication
and blockchain is challenged by higher requirements of
data security. Efficient semantic data sharing is achieved

between unknown VSPs and edge devices deployed in un-
trusted environments via blockchain, before being uploaded
to blockchain, while the extracted semantic data can be tam-
pered to almost the same descriptors (semantic similarities)
but different desired meanings. The attacker (edge device)
can modify the pixels of a sunflower to make it similar to
the extracted semantic data (snowy mountain) in terms of
semantic similarities but visually dissimilar [7]. Then se-
mantic data recorded on blockchain is useless, which affects
the output of the AIGC models and is difficult for VSPs to
detect the difference between the adversarial and authentic
semantic data. Moreover, it is hard to detect and prevent
semantic data mutations for virtual transportation networks
in Metaverse. Since VSPs and edge devices are distributed,
it is difficult to record, trace, and verify data transforma-
tions. To solve the aforementioned problems, the blockchain
and Zero-Knowledge Proof techniques can be used (For
D3). Thus, we present a blockchain-aided semantic commu-
nication framework with AIGC services to achieve virtual
transportation networks in Metaverse. Here, blockchain-aided
semantic communication can facilitate data circulation and
economic activities between VSPs and edge devices in a
decentralized manner [8]. Targeted semantic attacks [7] are
utilized to generate adversarial semantic data to improve their
semantic similarities almost up to that of the extracted seman-
tic data by training various loss functions. Zero-Knowledge
Proof (ZKP) [9] is integrated into the proposed framework to
process semantic data and securely guarantee correct trans-
formations. The contributions of this paper are summarized as
follows:
� We propose a blockchain-aided semantic communi-

cation framework for AIGC in virtual transportation
networks that ensures the authenticity of semantic data
transmitted from edge devices to VSPs to facilitate inter-
actions of the physical and virtual domains.

� We illustrate how a training-based targeted semantic
attack scheme generates adversarial semantic data (im-
ages) without revealing the authentic semantic data. The
attack semantic data has almost the same semantic simi-
larities as the authentic ones but is visually dissimilar to
them.

� We, for the first time, design a blockchain and zero-
knowledge proof-based semantic defense scheme to
assure the authentication of semantic data. The scheme
can utilize zero-knowledge proof to record the transfor-
mations of semantic data, and use blockchain to track
and verify semantic data mutations.

The rest of this article is described as follows. Section II
reviews previous works on secure semantic communication.
Section III demonstrates a blockchain-aided semantic com-
munication framework for AIGC in Metaverse. Section IV
illustrates a training-based targeted semantic attack scheme.
Section V designs a blockchain and zero-knowledge proof-
based semantic defense scheme. The proposed mechanisms
are evaluated in Section VI. Section VII concludes the paper
and elaborates the future work.
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II. RELATED WORK
In this paper, we consider the integration of blockchain-aided
semantic communications for Metaverse, which involves mul-
tiple emerging technologies. Therefore, we divide the related
work into three parts: Blockchain-aided Semantic Communi-
cations, Semantic Attacks, and Semantic Defenses.

A. BLOCKCHAIN-AIDED SEMANTIC COMMUNICATIONS
Semantic communication [6] can lighten virtual transportation
network burdens by transmitting relevant semantic data to
VSPs after processing original data by AI technologies in edge
devices. Z. Weng et al. [10] utilized deep learning (DL) to
identify the essential speech information with higher weights
for semantic communication in dynamic channel conditions.
To enable edge devices to perform DL-based semantic com-
munication tasks, H. Xie et al. [11] proposed a lite-distributed
semantic communication framework for edge devices to trans-
mit low-complexity texts by optimizing training processes.

Although semantic communication can help Metaverse re-
duce information redundancy, it can not handle the challenge
that how to construct trust among unknown edge devices
and VSPs to facilitate data sharing and economic activities.
Blockchain [12] is a peer-to-peer network that can construct
decentralized ledgers for participants to share data. The inte-
gration of blockchain and AI-based semantic communication
can empower Metaverse ecosystems to carry out rich activities
between the physical and virtual domains [13]. Y. Lin et al. [8]
proposed a unified blockchain-semantic framework to enable
Web 3.0 services to implement on-chain and off-chain in-
teractions. A proof of semantic mechanism is proposed to
verify semantic data before adding it to blockchain. However,
they do not mention the performance indicators of semantic
data. Y. Lin et al. [14] proposed a blockchain-based seman-
tic exchange framework that can mint Non-Fungible Tokens
(NFT) for semantic data, utilize the game theory to facilitate
exchange, and introduce ZKP to enable privacy-preserving.
However, they do not consider semantic attacks that may
reduce exchange efficiency.

B. SEMANTIC ATTACKS AND DEFENSES
The introduction of semantic communication brings about
security issues for Metaverse. However, current research on
the security of semantic communication is still in its infancy.
Q. Hu et al. [15] analyzed semantic noise that causes se-
mantic data to express misleading meanings. To reduce the
effects caused by semantic noise, they added weight perturba-
tion to adversarial training processes, suppressed noise-related
and task-unrelated features, and designed semantic similarity-
based loss functions to reduce transmitting overheads. X. Luo
et al. [16] focused on privacy leakages when sharing back-
ground knowledge. They introduced symmetric encryption to
adversarial training processes to encrypt and decrypt semantic
data to ensure confidentiality. H. Du et al. [7] focused on the
semantic Internet-of Things (SIoT) and proposed new perfor-
mance indicators for SIoT to quantify security issues, includ-
ing semantic secrecy outage probability and detection failure

probability. They focused on image transmission-oriented
semantic communication and divided semantic attacks into
targeted and untargeted semantic attacks. The targeted attack
can generate adversarial semantic data (images) that can be
recovered to a given target requested by receivers. The adver-
sarial semantic data has almost the same descriptors (semantic
similarities), but is visually dissimilar [17]. The untargeted
semantic attack can generate adversarial semantic data that
minimizes semantic similarities. They do not pursue to be
recovered to any target by receivers.

In this paper, we study the targeted semantic attacks and
introduce ZKP to differ in semantic similarities between
the adversarial and target images to protect semantic data.
ZKP has been widely used in blockchain to enable privacy-
preserving and authenticity. R. Song et al. [9] utilized NFT
and ZKP to construct a traceable data exchange scheme in
blockchain, which can protect data privacy and exchange fair-
ness. Z. Wang et al. [18] designed a ZKP-based off-chain data
feed scheme to take in off-chain sensitive data to execute the
business logic of smart contract-based applications. H. Galal
et al. [19] leveraged ZKP and smart contracts to hide details
of NFTs and swap NFTs in a fair manner. Y. Fang et al. [20]
utilized ZKP to verify the authenticity of model prediction
processes without leasing private parameters of deep learning
models. However, the above methods do not consider how
to use ZKP to prevent targeted semantic attacks to detect
adversarial semantic data.

C. ARTIFICIAL INTELLIGENCE GENERATED CONTENT
AIGC refers to the use of AI algorithms, natural language
processing (NLP), and computer version (CV) methods to
produce a variety of media forms, including text, images, and
audio. In terms of text content generation, an epoch-making
AIGC application is the ChatGPT, a conversational language
model developed by OpenAI [21]. ChatGPT is a type of
the Generative Pre-trained Transformer (GPT) model that is
trained on a huge amount of conversational data. ChatGPT
is able to generate text that sounds as if it were written by
a human. This makes it helpful for a variety of purposes,
including chatbots, virtual assistants, and language transla-
tion. For image generation, diffusion model [22], a new class
of state-of-the-art generative models, have demonstrated ex-
ceptional performance in Image Generation tasks and have
surpassed the performance of generative adversarial networks
(GANs) [23] in numerous tasks. Stable Diffusion, an AIGC
model that is released by Stability AI, is an open-source text-
to-image generator that creates amazing artwork in a matter of
seconds. It operates with unprecedented speed and quality on
consumer-grade GPUs. Furthermore, AIGC techniques con-
tinue to advance in the field of audio generation. The authors
in [24] propose a deep learning-based method that employs
contrastive representation learning and clustering to automat-
ically derive thematic information from music pieces in the
training data. The simulation results show that the proposed
model is capable of generating polyphonic pop piano music
with repetition and plausible variations.
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FIGURE 1. Blockchain-aided Semantic Communication Framework for AIGC in Metaverse.

One of the primary benefits of AIGC is that it can be
produced at a number and speed that would be difficult for
human beings to do alone. It also permits a great degree
of consistency and precision. Therefore, the development of
AIGC technologies can provide a strong boost to the evolu-
tion of the Internet. Notably, despite the potential benefits,
there are also some worries about the ramifications of AIGC,
including the possibility for prejudice, the semantic errors
in the generated content, and the blurring of the boundary
between human- and machine-generated content. Therefore, it
is significant to ensure the correctness of the AIGC, avoiding
attacks from malicious parties that causes resource waste to
affect the quality of AIGC services.

III. BLOCKCHAIN-AIDED SEMANTIC COMMUNICATION
FRAMEWORK FOR AIGC IN METAVERSE
The implementation of virtual transportation networks re-
quires the following main steps: 1) Semantic extraction and
transmission for data interactions between physical and virtual
domains, 2) Semantic transformation and verification, and 3)
AIGC for Metaverse, as shown in Fig. 1.

A. SEMANTIC EXTRACTION AND TRANSMISSION
Pedestrians are in danger when auto-driving models in ve-
hicles are not trained well enough, which motivates the
development of virtual transportation networks in the Meta-
verse. Therefore, it is necessary to digitize physical domains
using data produced in the real world to simulate environ-
ments for training vehicles and drivers. VSPs can take pictures
using edge devices like smartphones, cameras, and sensors
in physical domains to obtain information about the weather,
traffic, and geographical landmarks that can be used to train
and test the detection systems of vehicles in virtual domains.
Virtual domain output can be fed back into physical do-
mains to configure vehicles for better and safer performance.
Based on the simulated environment, inexperienced drivers
and vehicles can practice their reactions under unfamiliar
weather or traffic conditions in Metaverse in a safe way.
Therefore, VSPs need to frequently interact with edge devices
supported by a tremendous amount of data to construct vir-
tual transportation networks in Metaverse to provide services,
which challenges the transmission capabilities of edge devices
and VSPs.
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Unfortunately, conventional communication systems
cannot afford such frequent interactions between the
physical and virtual domains, which will cause virtual
transportation networks in Metaverse to lack enough data
to simulate virtual environments. Semantic communication,
a completely new paradigm that extracts semantic meaning
from raw data for transmission, can be utilized to resolve
this challenge. Instead of transmitting original data, edge
devices can extract the semantic data and transmit to VSPs.
The VSPs can then use the received semantic data to generate
simulation environments for drivers and autonomous vehicle
training on the virtual road. For instance, edge devices,
e.g., smartphones, positioned at various locations along the
same road may gather photographs of traffic conditions
from their perspective. To reduce information redundancy,
they can utilize semantic segmentation modules to crop
key components of images as semantic data [2]. Then edge
devices only transmit semantic data to VSPs to report traffic
conditions on roads.

However, since VSPs have to collect semantic data from
multiple edge devices to train virtual transportation net-
works in different situations, malicious edge devices could
falsify semantic data (images) and corrupt the training pro-
cess, which is dangerous for pedestrians and drivers. In this
paper, we study the targeted semantic attack [7], [17] in
that the adversarial and authentic semantic data have almost
the same semantic similarities but are totally irrelevant. The
semantic similarities are calculated with the help of high-
dimensional descriptors extracted by a convolutional neural
network (CNN). However, malicious edge devices could train
a corresponding neural network to modify some pixels in
attack images to achieve similar descriptors as the authentic
images to corrupt the construction of virtual transportation
networks. The training-based targeted semantic attack scheme
is illustrated in Section IV.

B. AIGC IN METAVERSE
After receiving semantic data (images) from edge devices
deployed in different locations, VSPs can perceive conditions
or views of landmarks, and render images by AIGC services
in Metaverse. For example, semantic data of landmarks from
different perspectives can be utilized by VSPs to render 3D
scenes to provide users with seamless experiences. VSPs can
also utilize views of landmarks to generate artworks or avatars
in Metaverse. Therefore, AIGC services play an important
role in virtual transportation networks to facilitate the use of
data resources and the applications of Metaverse. Besides, se-
mantic data is important for subsequent AIGC services since
its quality may affect the content generated by AIGC.

However, since semantic data circulated in the Metaverse
may be corrupted by the aforementioned targeted semantic
attacks produced by malicious edge devices, the AIGC ser-
vices may do useless work and provide users with hateful
content. For example, VSPs want to collect images of famous
landmarks (i.e., Eiffel Tower) while malicious edge devices

may extract unrelated images of flowers to corrupt the sub-
sequent AIGC services that renders 3D scenes with different
perspectives of the landmark. VSPs also want to perceive
images of landmarks to generate artworks or avatars while at-
tackers transmit irrelative semantic data of animals to obstacle
AIGC services. Since the adversarial semantic data (images)
modified by attackers have almost the same semantic simi-
larities, it is difficult and time-consuming for VSPs to verify
the authenticity of images. Therefore, it is necessary to design
a mechanism to ensure the security of data transmission to
protect the security of AIGC services.

C. SEMANTIC TRANSFORMATION AND VERIFICATION
Malicious semantic data can affect the security of virtual
transportation services in Metaverse. Modifying pixels in un-
related semantic data increases the semantic similarity score,
causing the VSPs to use the wrong semantic data as input to
AIGC and corrupt the virtual environment. Inspired by [17],
image transformations can be performed to distinguish se-
mantic similarities between the adversarial and authentic
images. However, malicious edge devices can continue ad-
justing pixels in irrelative images to make them similar to
transformed semantic data. Moreover, it is impossible for
edge devices to transform semantic data unlimited times. A
possible and practical solution is to record and verify trans-
formations performed on semantic data.

Therefore, we propose a blockchain and zero-knowledge
proof-based semantic defense scheme in Section V. The logic
of transformations is recorded on the circuit produced by
the zero-knowledge algorithm. Edge devices utilize extracted
semantic data as inputs to generate proof of transformations
and output transformed semantic data. They send the proof
and semantic data to VSPs for verification. Since VSPs and
edge devices are distributed in unknown Metaverse environ-
ments represented by avatars, the blockchain should be used
to record and verify transformations to prevent data mutations.

IV. TRAINING-BASED TARGETED SEMANTIC ATTACK
SCHEME
Although the blockchain-aided semantic communication
framework for AIGC in Metaverse can reduce information re-
dundancy and establish decentralized trust between unknown
edge devices and VSPs, malicious edge devices may conduct
training-based targeted semantic attacks to corrupt seman-
tic data (images) circulated in the Metaverse services. The
targeted semantic attacks refer to transmitting adversarial se-
mantic data with almost the same semantic descriptors but
visually dissimilar to the authentic one [7], which is difficult
for VSPs to utilize semantic similarities (inner product of
descriptors among images) evaluation to distinguish them. In
this section, we illustrate the workflow of the training-based
targeted semantic attack targeted semantic attacks [7], [17].

Descriptor Extraction: Since extracted semantic data (im-
ages) is difficult to evaluate, edge devices can utilize a CNN
to map images to high dimensional descriptors. Then VSPs
can use the descriptors to distinguish semantic similarities of
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FIGURE 2. Relationship among images.

images. The process of descriptor extraction is illustrated as
follows.

Let us denote three types of semantic data produced by ma-
licious edge devices, including the adversarial semantic data
xa, the authentic one xt, and the carrier one xc. The authentic
semantic data xt is extracted from original images by semantic
extraction in edge devices according to requirements and asso-
ciated with label yt = fc(xt ), which has semantic similarities
with xa. fc(·) is utilized to classify semantic data. The carrier
semantic data xc is an auxiliary image to help malicious edge
devices generate xa, which is classified as yc = fc(xc) �= yt

and has visual similarities with xa. The adversarial seman-
tic data xa is produced by training networks to learn how
to modify pixels, which can achieve that xa has almost the
same descriptors but is visually dissimilar from the authentic
one xt generated by semantic extraction, as shown in Fig. 2.
Besides, xa is visually similar to xc but classified incorrectly
as yt . Therefore, the descriptor extraction process is vital for
malicious edge devices to produce adversarial images xa.

The input image x should be re-sampled to xs with the same
dimension s to make xt and xc with the same resolution. The
image xs is utilized as an input to train a Fully CNN given by
gxs = g(xs) : RW ×H×3 → R

w×h×d to implement feature ex-
traction where W × H × 3 and w × h × d are weight, height,
and channel of images. A pooling layer is utilized to map
the input tensor gxs and the descriptor hxs = h(gxs ) by the
CNN with network parameters θ, which is mapped by h :
R

w×h×d → R
d . The descriptor is the output of the pooling

layer, which can be utilized to compare with other descrip-
tors to calculate semantic similarities. The l2 normalization is
utilized to easily compare semantic similarities.

Loss Function: Considering the goal of malicious edge de-
vices is to make xa almost the same as xt in terms of semantics
but visually similar to xc, the loss function consists of the
performance loss lts(x, xt ) and the distortion loss between x

and xc, which can be defined as

Lts(xc, xt ; x) = lts(x, xt ) + λ‖x − xc‖2, (1)

where λ is a hyper-parameter to show the impact of the distor-
tion loss.

Performance Loss: Let us assume that malicious edge de-
vices can access to the network structure of the descriptor
extraction [17] since it is necessary for edge devices to know
the evaluation standard of VSPs. Considering different scenar-
ios where targeted semantic attacks generate, referring to [17],
we introduce the three empirical forms of the performance
loss as follows.

Global Descriptor Loss is suitable that malicious edge
devices even know all parameters of the network of the de-
scriptor extraction. Thus, the performance loss function lts
can be given by calculating the inner product of xa and xt
as follows:

lglobal(x, xt ) = 1 − h�
x hxt . (2)

Activation Tensor Loss is adapted to the scenario where
the outputs of the network of the descriptor extraction are
the same for xa and xt before down-sampling to resolution
s, which can be denoted by the mean squared difference of gx
and gxt as follows:

ltensor(x, xt ) = ‖gx − gxt ‖2

w · h · d
. (3)

Activation Histogram Loss is utilized to preserve first-order
statistics of activations ‖u(gx, b)i‖ per channel i to achieve
identical extracted descriptors regardless of spatial informa-
tion in images, which can be denoted as follows:

lhist(x, xt ) = 1

d

d∑
i=1

‖u(gx, b)i − u(gxt , b)i‖, (4)

where b is the histogram bin centers.
Optimization: Our goal is to find the optimal loss function

that minimizes the semantic similarities of xt and x, which
equivalently optimizes network parameters θ. We can use the
Adam algorithm to update θ as

θt+1 = θt − η
ρt√

υt + ε
, (5)

where η is the learning rate, ρt and υt are the first-order and
second-order momenta of gradients, and ε is utilized to pre-
vent the

√
υt + ε from being zero. Therefore, the adversarial

semantic data xa can be expressed by

xa = arg min
x

Lts(xc, xt ; x), (6)

where Lts can be replaced by lglobal, ltensor, or lhist according to
different scenarios.

V. BLOCKCHAIN AND ZERO-KNOWLEDGE PROOF-BASED
SEMANTIC DEFENSE SCHEME
Since the adversarial semantic data generated by malicious
edge devices has almost the same descriptors (semantic simi-
larity) but different desired meanings from the authentic ones
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FIGURE 3. Blockchain and Zero-Knowledge Proof-based Semantic Defense Scheme.

produced by honest edge devices, inspired by [7][17], we
utilize blockchain and zero-knowledge proof-based seman-
tic defense scheme to help VSPs to identify attack images
transmitted in the Metaverse. Instead of submitting extracted
semantic data directly, edge devices should transform or
process semantic data by the bilinear interpolation algo-
rithm [25], and utilize Zero-Knowledge Proof to record and
verify transformations. The details of the proposed scheme are
elaborated as follows, as shown in Fig. 3.

Transformation: The transformation of semantic data is a
training-free defense method that uses visual invariance to
distinguish adversarial and authentic semantic extraction. The
reason is that attackers adjust some pixels to make descriptors
of adversarial images similar to the authentic ones [7]. As a
result, we attempt to increase visual invariance by blurring ex-
tracted images using the spatial transformation of the bilinear
interpolation algorithm.

Let us assume that (x1, y1), (x1, y2), (x2, y1), and (x2, y2)
are four points in the extracted images. Then the targeted
points (x, y) can be obtained by the spatial transformation,
i.e., bilinear interpolation in the x and y directions. The spatial
transformation can be considered a mapping function f (·, ·).
Thus, the linear interpolation in the x direction can be derived
as follows:

f (x, y1) ≈ x2 − x

x2 − x1
f (x1, y1) + x − x1

x2 − x1
f (x2, y1) (7)

and

f (x, y2) ≈ x2 − x

x2 − x1
f (x1, y2) + x − x1

x2 − x1
f (x2, y2). (8)

The targeted points are transformed by the linear interpolation
in the y direction as follows:

f (x, y) ≈ y2 − y

y2 − y1
f (x, y1) + y − y1

y2 − y1
f (x, y2)

≈ (x2 − x)(y2 − y)

(x2 − x1)(y2 − y1)
f (x1, y1)

+ (x − x1)(y2 − y)

(x2 − x1)(y2 − y1))
f (x2, y1)

+ (x2 − x)(y − y1)

(x2 − x1)(y2 − y1)
f (x1, y2)

+ (x − x1)(y − y1)

(x2 − x1)(y2 − y1)
f (x2, y2). (9)

Although edge devices can perform transformations to ob-
tain the blurred semantic data that can distinguish from the
adversarial one, it is difficult for VSPs to verify whether
the blurred semantic data is derived from authentic transfor-
mations. Malicious edge devices may modify some pixels
to make descriptors of their semantic data close to that of
honest edge devices after transformations. Therefore, to as-
sure the authenticity of the blur transformation for semantic
data, we utilize ZKP to record transformations and blockchain
to verify them. The proposed mechanism is a tuple of 3
polynomial-time schemes after extracting a circuit mapping
the transformation, including Key Generation, Proof, and Ver-
ification, which works as follows:

Extraction: The mechanism initiates the logic in a computa-
tion circuit C using the simple arithmetic expression mapping
the transformation f to construct the public statement s and
the private witness w [20]. The circuit implements the logic
of bilinear interpolation via circom [26], a ZKP circuit com-
piler. The circuit can provide a relation between the inputs
and outputs semantic data which can be used for verifiable
computation on transformations without disclosing the inputs.
The process of extraction can be illustrated as follows:

Extract( f ) → (s, w). (10)

Key Generation: Edge devices take a security parameter 1λ

and the transformation circuit C as inputs to generate a com-
mon reference string crs. The common reference string crs
includes an evaluation key crs.ek and a verification key crs.vk
for proof and verification. The process of key generation can
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FIGURE 4. Performance Loss of Attacks.

be expressed as follows:

KeyGen(1λ, C)
C−→ crs(ek, vk). (11)

Proof: Edge devices take the evaluation key crs.ek, the
statement s and the witness w related to the transformed
and original semantic data, which satisfies C(s, w) = 1. The
statement s and the witness w stand for the public and pri-
vate information corresponding to the transformation relation.
Thus, a zero-knowledge proof π is generated to reflect and
verify the relation. The process of proof generation can be
denoted as follows:

Prove(crs.ek, s, w)
C−→ π. (12)

Verification: VSPs utilize smart contracts deployed on
blockchain to verify the authenticity of transformations and
implement the business logic of blockchain-aided semantic
communication for AIGC in Metaverse. Since the verification
process is implemented in the blockchain, edge devices and
VSPs can query verification results to construct trust in a de-
centralized manner. The verification key crs.vk, the statement
s, and the proof π are the inputs written into smart contracts
to determine whether to accept or reject the proof according
to outputs. When the status of the output is 1, the verifica-
tion succeeds and VSPs accept the semantic data provided
by edge devices; otherwise, VSPs refuse to accept the proof
corresponding to semantic data produced by malicious edge
devices. The process of proof verification can be given as
follows:

Verify(crs.vk, s, π ) → {0, 1}. (13)

The semantic defense scheme should satisfy the follow-
ing properties including completeness, soundness, and zero-
knowledge [9], [18], [19], [20].

Completeness means that an honest edge device with a
valid witness w can convince an honest VSP for the authen-
ticity of transformed semantic data generated from the circuit
C. If the transformed semantic data extracted by bilinear in-
terpolation is correct and edge devices construct the proof
π correctly through the proof circuit C and the evaluation
key crs.ek, then the VSPs can use the verification key crs.vk

FIGURE 5. Semantic Similarity Performance of Attacks.

generated by the proof circuit C, the proof π , and the public
information (statement) s to obtain a verification result. For
each C(s, w) = 1, the proof π generated from an honest edge
device will be accepted with probability 1, which can be
denoted as follows:

Pr

⎡
⎣

KeyGen(1λ, C) → crs(ek, vk)
Prove(crs.ek, s, w) → π

Verify(crs.vk, s, π ) = 1

⎤
⎦ = 1. (14)

Soundness denotes that malicious edge devices cannot pro-
vide VSPs with authentic transformed semantic data, which
means that edge devices can provide valid witnesses if they
can produce valid proofs. If (s, w) is not a valid input to the
proof circuit C(s, w) = 0, there is a polynomial time extractor
Ext for a malicious edge device A that makes the probabilities
of Verify(crs.vk, s, π∗) = 1 are negligible. The adversarial
advantage of soundness Advsd

A (λ) can be represented as fol-
lows:

Pr

⎡
⎢⎢⎣

KeyGen(1λ, C) → crs(ek, vk)
A(crs.ek, s) → π∗

Ext(crs.ek, s, π∗) → w
Verify(crs.vk, s, π∗) = 1

⎤
⎥⎥⎦ ≤ negl(λ). (15)
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FIGURE 6. Semantic Similarity Comparison between Attack and Defense Schemes.

FIGURE 7. Semantic Similarity Performance of Blockchain and ZKP-based
Defenses.

Malicious edge devices A can hardly falsify semantic data
or make honest VSPs V accept invalid proofs about transfor-
mations f . According to (15), VSPs cannot accept false proof
π from A except for a negligible probability negl(λ).

Zero-knowledge represents that VSPs can only verify the
authenticity of transformed semantic data while they cannot
obtain the original semantic data unless edge devices send it
to them. Let us assume that there are probabilistic polynomial
time simulators S1, S2, and malicious edge devices A1, A2.
The simulator S1 can produce a common reference string that
is used by the simulator S2 to generate a simulated proof. Then
the proposed mechanism has the zero-knowledge property if
the adversarial advantage of zero-knowledge Advzk

A (λ) satis-
fies:

| Pr(real) − Pr(sim)| ≤ negl(λ), (16)

where Pr(real) and Pr(sim) can be denoted as

Pr(real) = Pr

⎡
⎢⎢⎣

KeyGen(1λ, C) → crs
A1( f ) → (s, w)

Prove(crs, s, w) → π

A2(crs, s, w, π ) = 1

⎤
⎥⎥⎦ (17)

and

Pr(sim) = Pr

⎡
⎢⎢⎣

S1(1λ, C) → crs
A1( f ) → (s, w)
S2(crs, s) → π

A2(crs, s, w, π ) = 1

⎤
⎥⎥⎦ . (18)
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FIGURE 8. Blockchain Consensus and Computation Overheads.

VSPs who know public statements mapping with semantic
data can hardly learn any knowledge about semantic data be-
fore and after transformation. According to (16), VSPs cannot
know anything about semantic data other than what can be
inferred from transformation.

VI. EXPERIMENTAL EVALUATIONS
We simulate the proposed mechanism on Ubuntu 20.04LTS,
Intel Xeon, 8 core, 64 G memory, and 25000 Mb/s with
2 Tesla V100, Go 1.19.4, Node v14.17.0, PyTorch 1.12.1,
Torchvision 0.13.1, and CUDA 10.2. We perform experiments
on a standard image benchmark, Revisited Paris [27], to mea-
sure the attack and defense performance among edge devices
and VSPs. We exploit pre-trained networks on ImageNet [28]
and AlexNet [29] to execute the attacks and defenses with
100 iterations. Unless otherwise mentioned, we use these pa-
rameters referring to [17]. The learning rate η is set to 0.01.

The hyper-parameter λ that adjusts the impact of distortion
loss is 0. The training process performs 100 iterations for our
experiments.

A. PERFORMANCE OF SEMANTIC ATTACK SCHEME
Fig. 4 is the performance loss of the proposed semantic attack
scheme with different loss functions [Global, Hist, Tensor]
corresponding to the global descriptor, activation tensor, and
activation histogram as the number of iterations increases.
Tensor converges much slower than Global and Hist, which
requires more iterations to reach its plateau.

Fig. 5 is the semantic similarity attack performance be-
tween the adversarial semantic data and the authentic or the
carrier one with three loss functions [Global, Hist, Tensor].
As shown in Fig. 5(a) and Fig. 5(b), Global and Hist con-
verge around the 40th iteration which is much faster than
Tensor. The semantic similarity performance of attacks is con-
sistent with Fig. 4 which shows the same trend in three loss
functions.

B. PERFORMANCE OF BLOCKCHAIN AND ZKP-BASED
SEMANTIC DEFENSE SCHEME
Fig. 6 is the semantic similarity comparison between attack
and defense schemes by displaying example images, which
utilizes blockchain and zero-knowledge proof to prevent ma-
licious images. Fig. 7 is the semantic similarity (descriptors)
defense performance between the adversarial semantic data
and the authentic one or the carrier one with three loss
functions [Global, Hist, Tensor]. Compared with Fig. 5, the
adversarial image (semantic data) can differ in semantic
similarities when applying the proposed blockchain and zero-
knowledge proof-based semantic defense scheme. Since the
extracted semantic data is required to execute the defense
scheme and the execution can be assured by blockchain and
zero-knowledge proof, the images can differ in descriptors. As
shown in Fig. 5(a) and Fig. 7(a), the semantic similarity can
reduce by up to 35% between the adversarial and the authentic
images. Fig. 5(b) and Fig. 7(b) show that the semantic similar-
ity can decrease 10% between the adversarial and the carrier
images.

Fig. 8(a) is the blockchain consensus overhead without
malicious nodes for [Attack, Authentic, Defense] types of se-
mantic data (image) with [275 KB,467 KB,10 KB] data sizes
when the number of blockchain nodes is [5,50,5] by utilizing
the PBFT consensus algorithm [30]. As shown in Fig. 8(a), the
proposed scheme can reduce the time consumed in blockchain
to improve consensus efficiency due to the attack and defense
schemes cropping authentic semantic data while differing
in semantic similarities according to Fig. 7. Fig. 8(b) is the
ZKP computation overhead for [GenWitness, GenProof, Ver-
ifyProof] operations with [10 KB,100 KB,1MB] data sizes.
We can see from Fig. 8(b) that the ZKP computation overhead
depends on the GenProof operation, while the sizes of se-
mantic data affect little on the proposed scheme. Besides, the
computation overhead for verifying proofs is less than for gen-
erating proofs, which can be written into smart contracts [9],
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[18], [19]. Fig. 8(c) is the blockchain consensus overhead
of sharing semantic defense images with [10%, 20%, 30%]
malicious nodes as the number of blockchain nodes increases
from 10 to 50. We simulate the malicious nodes via sleep
functions to defer nodes triggering the consensus process. As
we can observe that the adoption of blockchain can prevent
malicious nodes from damaging information sharing in this
framework.

VII. CONCLUSION AND FUTURE WORK
In this paper, we first integrated blockchain-aided semantic
communication into Metaverse to support AIGC services in
virtual transportation networks. We also presented a training-
based targeted semantic attack scheme to illustrate potential
attacks by generating adversarial semantic data with the same
descriptors but different desired meanings. To prevent the
above attack, we designed a blockchain and zero-knowledge
proof-based semantic defense scheme that records trans-
formations of semantic data and verifies mutations in a
decentralized manner. Simulation results show that the pro-
posed mechanism can differ in the descriptors between the
adversarial semantic data and the authentic one. The defense
scheme can identify malicious edge devices falsifying seman-
tic data to corrupt AIGC services in virtual transportation
networks.

Although the proposed integration of blockchain and se-
mantic communication framework can prevent semantic at-
tacks from data mutations, there are also potential drawbacks
to consider since blockchain could be overhead-intense. One
of the main concerns is that blockchain can be resource-
intensive and may require significant computational power
and storage capacity, which can lead to increased costs
and slower transaction processing times. Efficient blockchain
structures and consensus algorithms are good solutions to
improve the performance of blockchain. Besides, the on-
chain and off-chain collaboration mechanism can be also
utilized to reduce on-chain overhead to improve blockchain
efficiency.

In future research work, we will study how to miti-
gate malicious edge devices and facilitate resource alloca-
tion with economic incentive mechanisms in the proposed
framework.
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[27] F. Radenović, A. Iscen, G. Tolias, Y. Avrithis, and O. Chum, “Revisiting
Oxford and Paris: Large-scale image retrieval benchmarking,” in Proc.
IEEE Conf. Comput. Vis. Pattern Recognit., 2018, pp. 5706–5715.

[28] O. Russakovsky et al., “ImageNet large scale visual recognition chal-
lenge,” Int. J. Comput. Vis., vol. 115, no. 3, pp. 211–252, 2015.

[29] A. Krizhevsky, I. Sutskever, and G. E. Hinton, “ImageNet classification
with deep convolutional neural networks,” Commun. ACM, vol. 60,
no. 6, pp. 84–90, 2017.

[30] M. Castro et al., “Practical byzantine fault tolerance,” OsDI, vol. 99, no.
1999, pp. 173–186.

82 VOLUME 4, 2023

https://dx.doi.org/10.1109/TWC.2022.3232565
https://dx.doi.org/10.1109/MWC.018.2200568
https://dx.doi.org/10.1109/TPAMI.2023.3261988
https://dx.doi.org/10.1109/TMM.2022.3161851
https://github.com/iden3/circom
https://github.com/iden3/circom


YIJING LIN received the bachelor’s degree from
the North China Electric Power University, Bei-
jing, China. She is currently working toward the
Ph.D. degree with the State Key Laboratory of
Networking and Switching Technology, Beijing
University of Posts and Telecommunications, Bei-
jing. Her research interests include blockchain and
edge computing.

HONGYANG DU (Graduate Student Member,
IEEE) received the B.Sc. degree from Beijing Jiao-
tong University, Beijing, China, in 2021. He is
currently working toward the Ph.D. degree with
the School of Computer Science and Engineer-
ing, Energy Research Institute @ NTU, Nanyang
Technological University, Singapore, under the In-
terdisciplinary Graduate Program. His research
interests include semantic communications, re-
configurable intelligent surfaces, and communi-
cation theory. He was the recipient of the IEEE

Daniel E. Noble Fellowship Award in 2022. He was recognized as an Exem-
plary Reviewer of the IEEE TRANSACTIONS ON COMMUNICATIONS in 2021.

DUSIT NIYATO (Fellow, IEEE) received the
B.Eng. degree from the King Mongkuts Institute
of Technology Ladkrabang, Bangkok, Thailand in
1999, and the Ph.D. degree in electrical and com-
puter engineering from the University of Manitoba,
Winnipeg, MB,Canada, in 2008. He is currently
a Professor with the School of Computer Science
and Engineering, Nanyang Technological Univer-
sity, Singapore. His research interests include the
areas of sustainability, edge intelligence, decentral-
ized machine learning, and incentive mechanism
design.

JIANGTIAN NIE (Member, IEEE) received the
B.Eng. degree in electronics and information engi-
neering from the Huazhong University of Science
and Technology, Wuhan, China, and the Ph.D.
degree from ERI@N, Interdisciplinary Graduate
School, Nanyang Technological University (NTU),
Singapore. She is currently a Research Fellow with
NTU, Singapore. Her research interests include
network economics, game theory, crowd sens-
ing, and learning. She is the Editor of Computer
Networks, Computer Communications, Physical

Communication, and EURASIP Journal on Wireless Communications and
Networking.

JIAYI ZHANG (Senior Member, IEEE) received
the B.Sc. and Ph.D. degrees in communication
engineering from Beijing Jiaotong University, Bei-
jing, China, in 2007 and 2014, respectively. From
2012 to 2013, he was a Visiting Scholar with
the Wireless Group, University of Southamp-
ton, Southampton, U.K. From 2014 to 2016, he
was a Post-Doctoral Research Associate with the
Department of Electronic Engineering, Tsinghua
University, Beijing. From 2014 to 2015, he was
also a Humboldt Research Fellow with the Insti-

tute for Digital Communications, Friedrich-Alexander-University Erlangen-
Nürnberg (FAU), Erlangen, Germany. Since 2016, he has been a Professor
with the School of Electronic and Information Engineering, Beijing Jiao-
tong University. His research interests include cell-free massive MIMO,
reconfigurable intelligent surface (RIS), communication theory, and applied
mathematics. He was the recipient of the Best Paper Awards at the WCSP
2017 and IEEE APCC 2017, URSI Young Scientist Award in 2020, and IEEE
ComSoc Asia–Pacific Outstanding Young Researcher Award in 2020. He
was recognized as an Exemplary Reviewer of the IEEE COMMUNICATIONS

LETTERS during in 2015–2017. He was also recognized as an Exemplary
Reviewer of the IEEE TRANSACTIONS ON COMMUNICATIONS in 2017–2019.
He was the Lead Guest Editor of the Special Issue on Multiple Antenna
Technologies for Beyond 5G of the IEEE JOURNAL ON SELECTED AREAS

IN COMMUNICATIONS and Editor of IEEE COMMUNICATIONS LETTERS from
2016 to 2021. He was an Associate Editor for IEEE TRANSACTIONS ON

COMMUNICATIONS, IEEE ACCESS, and IET Communications.

YANYU CHENG (Member, IEEE) received the
B.Eng. degree in information engineering from
Shanghai Jiao Tong University, Shanghai, China,
in 2015, and the M.Sc. degree in signal pro-
cessing and the Ph.D. degree in electrical engi-
neering from Nanyang Technological University
(NTU), Singapore, in 2016 and 2021, respectively.
He is currently a Postdoctoral Research Fellow
with Alibaba-NTU Singapore Joint Research Insti-
tute, NTU. His research interests include 5G/6G
networks, cybersecurity, cloud computing, and
machine learning.

ZHAOHUI YANG (Member, IEEE) received the
B.S. degree in information science and engineering
from the Chien-Shiung Wu Honors College, South-
east University, Nanjing, China, in June 2014, and
the Ph.D. degree in communication and informa-
tion system from the National Mobile Communi-
cations Research Laboratory, Southeast University,
Nanjing, in May 2018. From 2018 to 2020, he was
a Post-Doctoral Research Associate with the Cen-
ter for Telecommunications Research, Department
of Informatics, King’s College London, U.K. From

2020 to 2022, he was a Research Fellow with the Department of Electronic
and Electrical Engineering, University College London, U.K. He is currently
a ZJU Young Professor with the Zhejiang Key Laboratory of Information
Processing Communication and Networking, College of Information Science
and Electronic Engineering, Zhejiang University, and a Research Scientist
with Zhejiang Laboratory. His research interests include joint communica-
tion, sensing and computation, federated learning, reconfigurable intelligent
surface, UAV, and NOMA. He was a TPC Member of IEEE ICC from 2015 to
2022 and GLOBECOM from 2017 to 2022. He is an Associate Editor for the
IEEE Communications Letters, IET Communications, and EURASIP Journal
on Wireless Communications and Networking. He has guest edited a feature
topic/special issue of IEEE Communications Magazine, IEEE WIRELESS

COMMUNICATIONS, and IEEE JOURNAL ON SELECTED AREAS IN COMMUNI-
CATIONS. He was the Co-Chair of international workshops with more than ten
times, including ICC, GLOBECOM, WCNC, PIMRC, and INFOCOM. He
was also an Exemplary Reviewer of the IEEE TRANSACTIONS ON COMMUNI-
CATIONS in 2019 and 2020.

VOLUME 4, 2023 83



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.4
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /sRGB
  /DoThumbnails true
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 0
  /ParseDSCComments false
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo false
  /PreserveFlatness true
  /PreserveHalftoneInfo true
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Remove
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
    /Algerian
    /Arial-Black
    /Arial-BlackItalic
    /Arial-BoldItalicMT
    /Arial-BoldMT
    /Arial-ItalicMT
    /ArialMT
    /ArialNarrow
    /ArialNarrow-Bold
    /ArialNarrow-BoldItalic
    /ArialNarrow-Italic
    /ArialUnicodeMS
    /BaskOldFace
    /Batang
    /Bauhaus93
    /BellMT
    /BellMTBold
    /BellMTItalic
    /BerlinSansFB-Bold
    /BerlinSansFBDemi-Bold
    /BerlinSansFB-Reg
    /BernardMT-Condensed
    /BodoniMTPosterCompressed
    /BookAntiqua
    /BookAntiqua-Bold
    /BookAntiqua-BoldItalic
    /BookAntiqua-Italic
    /BookmanOldStyle
    /BookmanOldStyle-Bold
    /BookmanOldStyle-BoldItalic
    /BookmanOldStyle-Italic
    /BookshelfSymbolSeven
    /BritannicBold
    /Broadway
    /BrushScriptMT
    /CalifornianFB-Bold
    /CalifornianFB-Italic
    /CalifornianFB-Reg
    /Centaur
    /Century
    /CenturyGothic
    /CenturyGothic-Bold
    /CenturyGothic-BoldItalic
    /CenturyGothic-Italic
    /CenturySchoolbook
    /CenturySchoolbook-Bold
    /CenturySchoolbook-BoldItalic
    /CenturySchoolbook-Italic
    /Chiller-Regular
    /ColonnaMT
    /ComicSansMS
    /ComicSansMS-Bold
    /CooperBlack
    /CourierNewPS-BoldItalicMT
    /CourierNewPS-BoldMT
    /CourierNewPS-ItalicMT
    /CourierNewPSMT
    /EstrangeloEdessa
    /FootlightMTLight
    /FreestyleScript-Regular
    /Garamond
    /Garamond-Bold
    /Garamond-Italic
    /Georgia
    /Georgia-Bold
    /Georgia-BoldItalic
    /Georgia-Italic
    /Haettenschweiler
    /HarlowSolid
    /Harrington
    /HighTowerText-Italic
    /HighTowerText-Reg
    /Impact
    /InformalRoman-Regular
    /Jokerman-Regular
    /JuiceITC-Regular
    /KristenITC-Regular
    /KuenstlerScript-Black
    /KuenstlerScript-Medium
    /KuenstlerScript-TwoBold
    /KunstlerScript
    /LatinWide
    /LetterGothicMT
    /LetterGothicMT-Bold
    /LetterGothicMT-BoldOblique
    /LetterGothicMT-Oblique
    /LucidaBright
    /LucidaBright-Demi
    /LucidaBright-DemiItalic
    /LucidaBright-Italic
    /LucidaCalligraphy-Italic
    /LucidaConsole
    /LucidaFax
    /LucidaFax-Demi
    /LucidaFax-DemiItalic
    /LucidaFax-Italic
    /LucidaHandwriting-Italic
    /LucidaSansUnicode
    /Magneto-Bold
    /MaturaMTScriptCapitals
    /MediciScriptLTStd
    /MicrosoftSansSerif
    /Mistral
    /Modern-Regular
    /MonotypeCorsiva
    /MS-Mincho
    /MSReferenceSansSerif
    /MSReferenceSpecialty
    /NiagaraEngraved-Reg
    /NiagaraSolid-Reg
    /NuptialScript
    /OldEnglishTextMT
    /Onyx
    /PalatinoLinotype-Bold
    /PalatinoLinotype-BoldItalic
    /PalatinoLinotype-Italic
    /PalatinoLinotype-Roman
    /Parchment-Regular
    /Playbill
    /PMingLiU
    /PoorRichard-Regular
    /Ravie
    /ShowcardGothic-Reg
    /SimSun
    /SnapITC-Regular
    /Stencil
    /SymbolMT
    /Tahoma
    /Tahoma-Bold
    /TempusSansITC
    /TimesNewRomanMT-ExtraBold
    /TimesNewRomanMTStd
    /TimesNewRomanMTStd-Bold
    /TimesNewRomanMTStd-BoldCond
    /TimesNewRomanMTStd-BoldIt
    /TimesNewRomanMTStd-Cond
    /TimesNewRomanMTStd-CondIt
    /TimesNewRomanMTStd-Italic
    /TimesNewRomanPS-BoldItalicMT
    /TimesNewRomanPS-BoldMT
    /TimesNewRomanPS-ItalicMT
    /TimesNewRomanPSMT
    /Times-Roman
    /Trebuchet-BoldItalic
    /TrebuchetMS
    /TrebuchetMS-Bold
    /TrebuchetMS-Italic
    /Verdana
    /Verdana-Bold
    /Verdana-BoldItalic
    /Verdana-Italic
    /VinerHandITC
    /Vivaldii
    /VladimirScript
    /Webdings
    /Wingdings2
    /Wingdings3
    /Wingdings-Regular
    /ZapfChanceryStd-Demi
    /ZWAdobeF
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 150
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages false
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 900
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.00111
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /ColorImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 150
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages false
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 1200
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.00083
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /GrayImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages false
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 1600
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.00063
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e55464e1a65876863768467e5770b548c62535370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc666e901a554652d965874ef6768467e5770b548c52175370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /DAN <>
    /DEU <>
    /ESP <>
    /FRA <>
    /ITA (Utilizzare queste impostazioni per creare documenti Adobe PDF adatti per visualizzare e stampare documenti aziendali in modo affidabile. I documenti PDF creati possono essere aperti con Acrobat e Adobe Reader 5.0 e versioni successive.)
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020be44c988b2c8c2a40020bb38c11cb97c0020c548c815c801c73cb85c0020bcf4ace00020c778c1c4d558b2940020b3700020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken waarmee zakelijke documenten betrouwbaar kunnen worden weergegeven en afgedrukt. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /PTB <>
    /SUO <>
    /SVE <>
    /ENU (Use these settings to create PDFs that match the "Suggested"  settings for PDF Specification 4.0)
  >>
>> setdistillerparams
<<
  /HWResolution [600 600]
  /PageSize [612.000 792.000]
>> setpagedevice


