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Abstract

Why do people spread disaster-related news in
social media? To address this question, we analyzed
people’s tendency to share information discussing the
Great East Japan Earthquake and the feelings that
they experienced after reading the information in
three conditions: when they were asked to think
about themselves in a disaster center, when they were
asked to think about another person, John, in a
disaster center, and when they were not asked to take
any perspective. A previous work showed that people
who imagined themselves in a disaster center,
Fukushima, Japan, were more likely to share related
information. We successfully replicated the previous
work and extended it by suggesting that feelings
could predict the likelihood of information sharing.
In this paper, we reported our new findings,
proposed a model of information sharing during
disaster  response, and  provided  practical
implications for advancing the effective use of social
media technologies for crises management.

1. Introduction

According to a recent report, the number of
monthly active users of Twitter has exceeded 200
millions [43]. Twitter and other social media
technologies have become our everyday tools. During
an emergency event, such as a natural disaster, social
media become increasingly important real-time
communication channels, through which people
converse with each other and exchange related
information [5, 21]. By sharing the information about
an event in social media, people not only form their
individual opinions, attitudes, and beliefs but also
participate in collective behavior in response to the
event [9, 35]. For example, on Twitter a local
resident might report some damages in the aftermath
of an earthquake, by posting a short message, called
“tweet”, containing 140 or fewer characters. People
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who read it can repost the message, called “retweet”,
if they decide to share it.

In social media, credibility of information varies
[1, 8]. Although useful information can help people
make sense of the world in most situations, there is a
chance that misinformation is passed along and
negatively affects our societies. Given that
information can reach far and wide in social media, a
better understanding of how people perceive and why
they share information during disasters might be
useful. For example, research on how disaster-
relevant information is spread can inform us the best
practice on how to develop social media technologies
that can promote the spread of useful information
while minimize the spread of harmful information [8,
22, 37].

Many studies on diffusion of disaster-relevant
information in social media have examined the
collective behavior in response to crises within a
particular social media system such as Twitter and
Sina-Weibo [29, 35]. However, less is known about
whether certain psychological factors, such as
subjective feelings, can influence the behavior of
sharing information. Decision-making literature
suggests that emotion interacts with cognition and
they together determine human behavior [31, 32, 48].
Different types of feelings will focus individuals’
attention on different aspects of information and
therefore direct their decisions [46]. In other words,
how people perceive and feel about a message posted
on social media can influence their decision about
whether or not to share it. In the current work, we
investigated the relationship between the feelings that
people experienced after reading a tweet about the
Great East Japan Earthquake and their likelihood of
retweeting the tweet.

Our work has made several theoretical and
practical contributions. First, we developed a model
that could predict the likelihood of sharing disaster-
related news on Twitter. Second, we extended past
research on feelings [17, 31, 32, 33] and perspective
taking [14, 15] to information sharing. Third, we
tested the usefulness of past work on classifying
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feelings [11] in predicting the spread of information
in social media. Finally, we provided practical
suggestions for using and managing social media
content during disasters.

2. Background

2.1. Information sharing

Social media have been widely recognized as
important real-time communication tools. During
disasters, information posted in social media becomes
more accessible thanks to the development of mobile
technologies. In particular, Twitter has played a
critical role of broadcasting information and
coordinating responses during a series of disasters
caused by the Great East Japan Earthquake, which
occurred on March 11, 2011. However, the spread of
false rumors on Twitter caused stress of citizens and
interfered with disaster management by the
government [1, 36, 37]. Given these observations, it
is essential to study how people share disaster-
relevant information in social media.

Spreading information in social media is not so
effortful. For example, retweeting is a well-known
function on Twitter, with which people can broadcast
news to their followers. The public can also view the
news if reposted. Related to retweeting behavior, a
past study has suggested that people would be more
likely to share the information that has been
previously shared by many [30]. Understanding why
people share information in social media can help us
predict information virality and find a possible means
to direct public opinions particularly in critical
situations.

Of course, there are many variables that could
influence information sharing behavior such as
involvement in the disaster and the ability to think
critically during the disaster [36, 37]. In the current
work, we focused on people’s distance from the
disaster center and the feelings they report as factors
that might affect the sharing of disaster-relevant
information [10]. Moreover, we investigated how
distance might relate to feelings.

2.2. Social distance

According to construal-level theory, social
distance between self and other can influence how
people construe information and make decisions [28,
40, 41]. Past research has confirmed a significant
effect of social distance on human decision-making
[25, 47]. Also, perspective-taking research, in which
researchers typically instructed subjects to focus on

self or other, has also demonstrated the effect of
social distance [14, 15].

In a previous study on how people spread news, a
researcher found that people were more likely to pass
along news when they perceived themselves more
involved in the event [20]. When considering self in a
disaster center, would people be more engaged in
understanding a disaster situation and consequently
become more likely to spread related news? Our past
work has found a significant effect of social distance
on information sharing, and we were interested to see
if the results could be replicated in the current work.

2.3. An empirical work on distance effects on
information sharing

Chen and Sakamoto’s work (2013) has revealed a
significant effect of social distance on information
sharing [10]. In their experiment, subjects were first
presented a tweet (see Figure 1). Then they were: (1)
asked to think about themselves in Fukushima, Japan,
and report how they would feel about the tweet, (2)
asked to think about another person, John, in
Fukushima, Japan, and report how John would feel,
or (3) not asked to take any perspective but were
asked about their feelings about the tweet. We
presented 200 tweets in a random order in each
condition. The main finding of this work was that
subjects who imagined themselves in a disaster center
were more likely to retweet the tweet.

RADIATION leaking from FUKUSHIMA power plant

should be monitored more closely http://bit.ly/ii3ikl
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Figure 1. An example tweet subjects read

One goal of the current work was to successfully
replicate the previous work. While past work has
discussed some preliminary analyses of feelings, no
clear conclusion has been made. So, another goal of
the current work is to explain the relationship
between feelings and information sharing behavior.

2.4. Feelings-as-information

Emotion is contagious in social media [18]. An
individual creates a message to express attitudes,
opinions, and beliefs. Others who read the message
would most likely generate some feelings as feedback
[19, 27, 39].

The feelings-as-information theory proposes that
feelings can influence various judgments, including
people’s  perceptions of  truthfulness, risk,
intelligence, and liking (see [17, 31, 32, 33] for



reviews). Similarly, feelings might affect people’s
intention to share these messages.

People experience certain feelings when reading
news about the Great East Japan Earthquake. Using
tweets subjects saw as examples, a message
addressing “FUKUSHIMA caused world’s worst sea
pollution” might make people angry while another
message mentioning “TSUNAMI aid not reaching
victims” might make people sad. Past research in
psychology suggests two general classes of feelings
that can affect people’s information sharing behavior:
valence and arousal.

Feelings vary on valence. Feelings can be positive
(e.g., happy) or negative (e.g., sad). Past research
proposed that positive and negative emotions would
result in different behaviors [44]. In particular, people
prefer to spread bad news more than good news [20,
24]. This indicates that valence of feelings, being
positive or negative, can predict the likelihood of
sharing information.

Feelings also vary on physiological arousal [34].
Some feelings, such as anger and anxiety, are more
closely linked to activity, or high arousal. Other
feelings, such as sadness and depression, are more
closely related to relaxation, or low arousal. In a past
work, researchers classified the emotions expressed
by Twitter users and found significant associations
between different types of emotional states and
various user behaviors, such as frequency of usage,
sociality, and activity level [11]. A study on
information virality found that both valence and
arousal could explain why certain contents were more
likely to be shared in social media [4]. The
researchers claimed that an article published on the
New York Times (www.nytimes.com) that made
people feel angry or anxious was more likely to be
recommended to friends via email. This indicates that
arousal of feelings, being excited or calm, can predict
the likelihood of sharing information.

In short, past research supports a classification of
feelings based on valence and arousal and suggests
that feelings will affect information sharing behavior.

3. Hypotheses

Although a previous work indicated that thinking
about self in a disaster center would result in people’s
negative feelings and therefore increase their
likelihood of sharing, no direct evidence has been
provided [10]. In this paper, we directly tested
whether feelings vary across three conditions: (1)
when subjects were asked to think about themselves
in Fukushima, Japan, (2) when they were asked to
think about another person, John, in Fukushima,
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Japan, and (3) when they were not asked to take any
perspective. We also tested the relationship between
feelings and information sharing. We proposed that
the likelihood of spreading disaster-related news
could be affected by distance and feelings. We then
developed the following hypotheses:

HI: People are more likely to share disaster-
relevant information when they experience negative
feelings.

H2: People are more likely to share disaster-
relevant information when they experience feelings
with high arousal.

H3: Thinking about self versus other affects
people’s feelings on (a) valence and (b) arousal after
reading disaster-relevant information.

H4: Thinking about a disaster center versus a
default location affects people’s feelings on (a)
valence and (b) arousal after reading disaster-relevant
information.

4. Method and Results

4.1. Data collection

We recruited 408 workers who resided in the
USA from Amazon Mechanical Turk
(https.://www.mturk.com). We used the materials and
procedure identical to what we used in a past work
[10]. Subjects were first introduced to background
information, then read a message (see Figure 1 for an
example), and finally answered two questions [10].
Specifically, we asked subjects to describe how they
felt if they were in Fukushima, Japan (in “Self in
Fukushima” condition) or how John felt if he were in
Fukushima, Japan (in “Other in Fukushima”
condition) or how they felt without being asked to
take any specific perspective (in “Control”
condition). Subjects were randomly assigned to one
of the three conditions and asked to rate how likely
they would pass along the message using a 7-point
Likert scale (1 = not likely at all, 7 = very likely).
Each subject was allowed to work in one condition
repeatedly. For each tweet, we collected answers
from 10 subjects.

4.2. Likelihood of information sharing

The results of one-way ANOVA analysis
revealed that subjects were more likely to share
information when thinking about self in Fukushima,
Japan, than when thinking about another person,
John, in Fukushima (4.85 vs. 3.59, p < 0.001).
Moreover, the sharing likelihood of the subjects who
were thinking about John did not significantly differ



from the sharing likelihood of subjects who were not
taking any specific perspective (3.59 vs. 3.45, p =
0.1). These results replicated the results reported in a
previous study [10].

4.3. Classification of feelings

Given the past findings that feelings can influence
people’s judgments [17, 31, 32, 33], we tested if
feelings could predict information sharing behavior.
Following past work in psychology [23, 26] and
information transmission [3, 4, 11, 24], we classified
self-reported feelings according to valence and
arousal.

Table 1. Analytical tools for classifying feelings

Tools Methods

ANEW A set Qf English words with

. the ratings of Valence and
(Affective Norms
for English Arousal (Mean and SD)
Words), [6] provided. We used ANEW

’ to rate feeling words.

A program that identifies

Lmwc emotion-related words as
(Linguistic positive, negative, or
Inquiry and Word neutral. We used LIWC to

Count), [38] label valence of feeling

words.

PANAS-X
(Positive and
Negative Affect
Schedule —
Expanded Form),
[45]

Scales to assess self-rated
affect as positive or
negative. We used PANAS-
X to validate our valence
ratings based on ANEW
and LIWC.

The Merriam-
Webster
Dictionary of
Synonyms and
Antonyms, [7]

A dictionary that presents
English words with similar
or dissimilar meanings. We
used the dictionary to
comprehend feeling words.

Table 1 shows the tools that we used to analyze
feelings. While most feeling words could be rated
using ANEW (see Table 1), a few words have not
been encoded by this lexicon. For the word missing
in ANEW, we gave the valence and arousal scores of
a semantically similar word. For example, “glad” was
often reported by subjects but not included in
ANEW. So, we rated the valence and arousal of
“glad” as 8.21 and 6.49, which were the scores
originally given to “happy” by ANEW. We validated
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similarity of meanings of a pair of words by referring
to Merriam-Webster (see Table 1).

The 233 feelings classified in this work were not
equally distributed in the four quadrants defined by
the two dimensions of valence and arousal [cf. 11].
Overall, we found more negative feelings than
positive feelings reported by subjects (see Figure 2-
1). This is reasonable because subjects would be
more likely to feel negative when hearing news about
a natural disaster. The pattern of valence was similar
in all three conditions. In contrast, the pattern of
arousal was different in the three conditions. In the
Self in Fukushima and Other in Fukushima
conditions, there were more positive scores on
arousal than in the Control condition. Imagining the
disaster center made subjects perceive messages as
more exciting (see Figure 2-2).

4.4. Regression analyses on feelings

Table 2 shows the variables related to valence and
arousal, which we used in regression analyses to
predict the likelihood of information sharing. The
values of valence and arousal were based on ANEW
as mentioned previously and the scores of other
variables were calculated based on the formulas
developed in past work [3, 11, 16]. For example, if
10 subjects reading a tweet report 5 positive feelings,
2 negative feelings, and 3 neutral feelings, then
positivity will be 1, negativity will be 0.25,
subjectivity will be 2.33, polarity will be 3, and
positive-negative ratio will be 2.5.

Table 2. Predictors used in regression analyses

Predictors Value Descriptions
range
Mean of valence scores
Valence 1-10 rated by ANEW
Mean of arousal scores
Arousal 1-10 rated by ANEW
e # of positive
Positivity 0-10 # of negative and neutral
. # of negative
Negativity | 0-10 -5 positive and neutral
. # of positive and negative
Subjectivity | 0-10 ¥ of neutral
. Absolute value of (# of
Polarity 0-10 positive - # of negative)
Positive- .
Negative 0-10 M
. # of negative
Ratio




We first ran correlation analyses to select
predictors. Valence rated by ANEW was not
significantly correlated to the likelihood of
information sharing (rs < 0.05, ps > 0.1). However,
positivity was significantly correlated to the
likelihood of information sharing (rs > 0.1, ps <
0.05). Arousal was significantly correlated to the
likelihood of information sharing (rs > 0.25, ps <

0.001). Thus, we included positivity, as a measure of
valence, and arousal in regression analyses.

Table 3 shows the results of regression analyses
for three conditions separately. Figure 2-1 and Figure
2-2 illustrate how positivity and arousal relate to the
likelihood of information sharing in (1) Self in
Fukushima, (2) Other in Fukushima, and (3) Control
conditions.

Table 3. Results of regression analyses for three conditions (Self in Fukushima, Other in Fukushima, Control)

Independent Predictions Models Experimental
variables p t p Adjusted R F-value conditions
Positivity 1.88 2.79 0.01 1925

Arousal 0.96 4.03 <0.001 0.22 (< 0 001) Self in Fukushima
Arousal x Positivity |  -0.31 -2.45 0.02 '
Positivity 1.62 2.39 0.02 39,55
Arousal 1.11 9.73 <0.001 0.37 (< 0 001) Other in Fukushima
Arousal x Positivity -0.24 -1.94 0.05 '
Positivity 1.64 1.90 0.06 8.661
Arousal 0.77 4.03 <0.001 0.10 ® <'0 001) Control
Arousal x Positivity -0.27 -1.66 0.1 '
- Self in Fukushima - Other in Fukushima . Control
6 ! 6 6
S FHiss 'L, gl g
< R - e e o
g4 T 24 Biia 4 110,
g i N L g Mo
£ £ ¢ £, 8,85 §
N o g3 Ml
= = = Lt 1
: 0 1 2 3 4 5 ! 0 1 2 3 4 5 ! 0 1 2 3 4 5
Positivity Positivity Positivity
Figure 2-1. Likelihood of sharing and positivity of 200 tweets
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Figure 2-2. Likelihood of sharing, positivity, and arousal of 200 tweets
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As shown in Table 3, the main effects of
positivity and arousal were both significant (ps <
0.05). This suggested that people were more likely to
share disaster-relevant information when they felt
positive (with relatively higher positivity, see Figure
2-1) and aroused (with relatively higher arousal, see
Figure 2-2). Figure 2-1 similarly demonstrated that
people were more likely to spread good news as they
experienced positive feelings rather than bad news as
they experienced negative feelings; moreover,
people’s likelihood of sharing bad news showed
greater variability. As shown in Table 3, there was
also a significant effect caused by the interaction
between positivity and arousal (ps < 0.1). Figure 2-2
explained this effect — people’s likelihood of sharing
bad news (represented by smaller dots) would largely
depend on whether they felt aroused or not; in
contrast, people’s likelihood of sharing good news
(represented by larger dots) was not significantly
related to arousal. HI and H2 were both partially
supported: people were more likely to spread bad
news only when they experienced negative feelings
with high arousal. For example, a message that
causes anger (low positivity and high arousal) would
be more likely to be passed along, compared to a
message that results in sadness (low positivity and
low arousal). For another example, a message that
causes happiness (high positivity and high arousal)
would be equally likely to be spread, compared to a
message that results in relief (high positivity and low
arousal).

To further test whether or not social distance
between self and other can predict information
sharing behavior, we introduced a dummy variable
that represented perspective in a combined regression
[13]: O for other-perspective and 1 for self-
perspective. The results of a regression analysis
combining “Self in Fukushima” and “Other in
Fukushima” conditions are shown in Table 4.
Perspective is a significant predictor of information
sharing, along with positivity and arousal.

Table 4. Results of combined regression analysis (Self
in Fukushima, Other in Fukushima)

Independent Predictions
variables p t )4
Positivity 1.81 3.70 <0.001

Arousal 1.13 9.63 <0.001
Arousal x 027 | -3.09 0.002
Positivity

Perspective
©, 1) 2.46 2.66 0.008
Overall, Adjusted R* = 0.53;
F-value =75.28 (» < 0.001)

Next we compared the mean scores of positivity
and arousal in the three conditions to examine if
perspective taken by subjects could direct self-
reported feelings. As for positivity, there was no
significant difference across conditions — “Self in
Fukushima”, “Other in Fukushima”, and “Control”
(0.82 vs. 0.74 vs. 0.73, ps > 0.1). As for arousal, we
found no significant difference between “Self in
Fukushima” and “Other in Fukushima” conditions
(5.65 vs. 5.66, p > 0.1); but arousal in “Control”
condition was significantly lower than that in “Self in
Fukushima” condition (5.20 vs. 5.65, p < 0.001) and
that in “Other in Fukushima” condition (5.20 vs.
5.66, p < 0.001). The results indicated that social
distance did not cause any significant difference of
positivity or arousal between “Self in Fukushima”
and “Other in Fukushima” conditions. Thus, H3 was
rejected. Physical distance between a disaster center,
Fukushima, Japan, and a default location resulted in a
significant difference of arousal but no difference of
positivity between “Self in Fukushima” (or “Other in
Fukushima”) and “Control” conditions. Thus, H4
was partially supported. These results suggest that
perspective and feelings are independent of each
other when affecting the likelihood of information
sharing.

4.5. A model of information sharing during
disasters

We developed a model to explain why people
would share disaster-relevant information, which
included (1) perspective (self vs. other), (2) valence
of feelings (low to high positivity), and (3) arousal of
feelings (low to high arousal), as shown in Figure 3.
As social distance had no influence on feelings, we
proposed that perspective, valence (measured by
positivity), and arousal were all directly linked to
information sharing behavior.

— { Perspective
Distance \
—_—
Subjective Behavior
Feelings m /

Figure 3. A model of information sharing during
disasters

Information
Sharing

To validate, we tested the model in all three
conditions using potential predictors. Specifically, we
included low-level content-based features, such as
word length, presence of URLs, hashtags, @signs,
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and inclusion of numeric values (e.g., magnitude,
time, date) as well as high-level content-based
features, such as topics (e.g., earthquake, nuclear,
tsunami) and sentiment encoded by LIWC, along
with arousal, positivity, and social distance. The
results showed that none of the variables other than
perspective, positivity, and arousal was significantly
associated with the likelihood of information sharing.
We also performed regression analyses separately for
three conditions, in which we included the top 20
feelings that were most frequently reported in each
condition. Overall, the effects of these feelings were
not consistently significant in all conditions, although
a few types of feelings correlated with the likelihood
of sharing in some conditions. In sum, the model we
proposed in Figure 3 was robust using the current
data set.

5. Discussion

5.1. Summary of results

In this work, we completed an experiment and
explored the relationship between distance, feelings,
and sharing of disaster-relevant information in a
Twitter-like environment. We examined the effects of
social distance and feelings on information sharing in
three conditions: (1) when we asked subjects to focus
on self in a disaster center, (2) when we asked them
to focus on other in a disaster center, and (3) when
we did not instruct them to take any perspective. Our
main finding was that perspective, positivity, and
arousal could explain why people would spread
disaster-related news.

We proposed a model of information sharing
during a natural disaster — the Great East Japan
Earthquake. Our results suggested that, when people
considered themselves in a disaster situation and
when they experienced negative feelings with high
arousal in response to a message posted in social
media, they became more likely to share the
information.

Table 5 summarizes our hypotheses and results.
Overall, our results partially supported HI, H2, and
H4, and rejected H3.

First, this work replicated the results that we
obtained in a previous study and confirmed that
people were more likely to spread disaster-related
news when imagining themselves in a disaster center.
This indicated that, our subjects who resided in the
USA were more likely to perceive an event that was
far away as irrelevant, except that they were asked to
think about themselves in a disaster situation.

Second, this work further explored why people
became committed to share disaster-relevant

information, by analyzing feelings and investigating
the effects of feelings on information sharing. We
found that feelings, labeled as high or low in
positivity and high or low in arousal, would affect
people’s decision to spread news. In particular,
people who experienced negative feelings, were more
likely to share only when they felt aroused; rather,
those who encountered positive or neutral feelings
were equally likely to share regardless of being
emotionally aroused or not.

Table 5. Summary of hypotheses and results

Hypotheses Results

HI: People are more likely to
share disaster-relevant information
when they experience negative
feelings.

Partially
supported.

H2: People are more likely to
share disaster-relevant information
when they experience feelings
with high arousal.

Partially
supported.

H3: Thinking about self versus
other affects people’s feelings on
(a) valence and (b) arousal after
reading disaster-relevant
information.

Rejected.

H4: Thinking about a disaster
center versus a default location
affects people’s feelings on (a)
valence and (b) arousal after
reading disaster-relevant
information.

Partially
supported.
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5.2. Theoretical implications

The results summarized above provided a
nuanced picture of how perspective and feelings
could influence people’s decision to share
information in social media. The results implied a
model of information sharing, which involved
perspective, positivity, and arousal. We found that
people would share good news more than bad news
in a disaster situation and that people would spread
bad news only when they were emotionally aroused
such as being angry or anxious as opposed to when
they were not aroused such as being sad or depressed
[20, 24]. Imagining self in a disaster center increased
people’s likelihood of sharing disaster-related
messages.



The current results also add to a growing body of
social media research focused on sentiment analysis
that feelings are multifaceted [12, 42]. Imagining self
vs. other might not influence positivity (valence) or
arousal. However, imagining a disaster center might
influence arousal but not positivity. These findings
shed lights on how people perceive information in
social media during disasters.

5.3. Practical implications

This work provided suggestions for citizens,
government, and social media designers in
preparation for and response to emergency events,
such as a natural disaster. First, we suggested social
media users be alert in the presence of overwhelming
information during disasters. Citizens can contribute
to the crowdsourcing of disaster responses by
collecting and sharing useful information distributed
by credible sources rather than spreading bad news
that has not been verified. If people would rather be
empathetic by considering the situation of another
person in a disaster center, they will be less likely to
share some potentially false and harmful information.
Second, because people seemed to be more willing to
spread good news than bad news during disasters, we
suggested officials in public administration make
timely clarification of a disaster situation in positive
tones. Third, we suggested developers of social
media platforms design a communication system, in
which some good news could be presented prior to
bad news, in order to mitigate the risk that people
read too much bad news and then become impulsive
spreaders without a concern of any negative impacts
on our societies.

In sum, while information and communication
technologies have become increasingly important in
disaster management, we are facing many challenges.
By leveraging social media technologies, we will
achieve more effective communication among
citizens, communities, and government agencies.
With the suggestions provided above, we can build a
social media system that could help improve
information quality during disaster response.

5.4. Future work

In the current work we examined whether feelings
could influence the likelihood that subjects resided in
the USA would spread disaster-related news.
Although we did not know how easy our subjects
could imagine crises in Fukushima, Japan, our
manipulation of perspective and location resulted in
significant effects. To extend this work, we would
like to investigate local residents to see whether our

1965

manipulation can induce stronger feelings and
therefore influence their information sharing behavior
more significantly [cf. 36].

Compared to studies that used a large number of
tweets to analyze sentiment in social media, here we
investigated information sharing behavior in a
controlled experiment by using a small sample of
tweets. A fruitful extension of the current work is to
test our model using a large dataset.

Another future direction is to evaluate the use of
non-experts to comprehend online content for
sentiment analysis [2]. Crowdsourcing of sentiment
coding using workers of Amazon Mechanical Turk in
the current work was fine because we were interested
in the relationship between their reporting of the
feelings and their likelihood of information sharing.
However, more work is needed if the goal is to
augment natural language processing of tweets using
crowds.

While the focus here is on the effects of feelings
on information sharing, there are other factors that
affect people’s sharing of disaster-related news. For
example, trustworthiness of information presented,
individual differences in motivation to spread news,
and cultural differences between  different
populations, are all important variables that need to
be considered to fully explain why people share
information in disaster situations.

Finally, future work should design and test a
system, in which we can provide real-time
information about an emergency event with
manipulations similar to the current work, so that we
can learn how people behave in real life.

6. Conclusions

Communication in social media can help
coordinate disaster response. This work investigated
people’s sharing of crisis information in a Twitter-
like environment. Based on our results, we think that
a social media system can be designed to promote the
spread of useful information while reducing the
spread of harmful information by directing people’s
focus on self or other in a disaster situation or by
directing their feelings in response to the information
provided. Such a system will help improve the
quality of information provided in social media and
make it easier for users to find valuable information
in social media during disasters.
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