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ABSTRACT Structural Health Monitoring (SHM) systems have widely been used to guarantee the safe
functioning of electrical, mechanical, civil, and aerospace engineering assets. It is required to improve the
SHM systems from different aspects in terms of smartification, performance, beneficiation, sustainment,
automation, cost-effectivity, and safety using cutting-edge technologies. Blockchain is currently the most
revolutionary technology in computer science. Implementation of Blockchain in different fields of academia
and industry has recently given very good results. However, application of Blockchain in SHM is still
in the infancy stage. Therefore, many challenges are still ahead. One of the main potential applications
of Blockchain is to secure the sensor data. In this study, a local Blockchain approach is developed as a
secure storage using the extracted Principal Components (PCs) of Frequency Response Function (FRF) data
obtained from modal analysis of a plate-like structure. In general, Secure Hash Algorithm (SHA) is one of
the most practical hash functions with efficient performance which has been employed in Bitcoin. Therefore,
in this research, SHA-256 is considered to generate the hash for each block. To the best of our knowledge,
this is the first attempt to develop a secure storage for SHM data using Blockchain.

INDEX TERMS Blockchain, data security, frequency response function, industry 4.0, modal analysis,
principal component analysis, structural health monitoring, big data.

I. INTRODUCTION
The focus on damage detection systems have been on the rise
for engineering applications in order to evaluate the structural
integrity using SHM methods [1]. Therefore, effective and
reliable damage detection approaches are very significant
to monitor engineering assets for the occurrence, location
and severity of any damage [2]. To this end, there has
recently been a vast motivation on theoretical and experi-
mental condition assessment systems from small scale com-
ponents, (e.g. couplers [3], beam-like [4] and plate-like
structures [5]) to large scale structures, (e.g. buildings [6],
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bridges [7], pipelines [8], oil and gas platforms [9], rail-
ways [10], tunnels [11], dams [12], transmission towers [13],
wind turbine structures [14], and offshore structures [15])
in order to make satisfactory decisions on structural main-
tenance, repair, and rehabilitation. SHM is the process of
applying a damage detection approach to evaluate the health
condition of civil, mechanical, and aerospace in-service
structures. In general, damage detection techniques can be
considered in two categories due to their detection abili-
ties which include local-based and global-based techniques
[16]. Non-destructive test approaches, e.g. visual inspec-
tions, ultrasonic, acoustic emissions, radiography, etc. are
local-based damage detection methods with various draw-
backs [17]. For instance, the aforesaid costly techniques
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normally necessitate prior knowledge of the damage location
which makes them inefficient, especially in big and compli-
cated structures. On the other hand, global-based methods,
e.g. vibration-based techniques are based on global structural
response and they have been developed to overcome the
aforementioned drawbacks [18], [19]. The basic concept
behind vibration-based approaches is that the damage-
induced changes in the physical properties such as stiffness,
mass, and damping will trigger measurable changes in modal
properties (mode shapes, modal damping, and natural fre-
quencies) [20], [21], [22]. Hence, it is intuitive that damage
can be detected through the investigation of the changes in
structural vibration characteristics [23].

Besides, different methods and models such as the appli-
cation of modal reduction and mode superposition technique
for efficient estimation of critical (highly stressed) areas in
civil structures [24], spatial incompatibility filters [25], data
mining [26], [27], artificial neural network [28], cluster-
ing analysis [8], genetic algorithm [29], deep learning [30],
fuzzy logic [31], principal component analysis [32], Bayesian
[33], support vector machine [34], particle swarm opti-
mization [35], decision tree [36], regression analysis [37],
remote sensing [38], unmanned aerial systems [39], [40], and
anomaly detection [41] have been also applied in SHM.

The traditional SHM is mainly based on visual inspec-
tions which is laborious, difficult to inspect the load-
carrying structural members, time-consuming, and requires
human judgment [42], [43]. Therefore, as mentioned before,
vibration-based methods have been developed to overcome
the above limitations [44]. Most of the vibration-based SHM
methods can be considered as some kind of pattern recogni-
tion due to their capability to discover the changes among two
data, (e.g. before and after damage) [45], [46]. For example,
modal analysis is a common vibration-based approach which
has been utilized to detect damage from any changes in
structural vibration characteristics with prior knowledge of
the undamaged state [47].

The term ‘‘industry’’ refers to the creation of products,
services, and facilities within an economy. Our world has
experienced four steps of industrialization (see Table 1).
The fourth industrial revolution (i.e. Industry 4.0) is a smart
technological platform along with digital innovations using
various contributions [48], [49], [50], [51], [52]. For example,
Big Data is one of the key contributions of Industry 4.0 that
refers to large databases [53]. With the development in the
application scope of computing tools, it is required to apply
more precise systematic solutions for Big Data problems
[54]. To this end, data-driven strategies based on data mining
have been employed to obtain useful patterns from recorded
sensor data [55]. Data mining is defined as ‘‘the process of
exploringmassive amounts of data (Big Data) to discover pat-
terns such as the rules of association or temporal sequences’’
[56]. Despite the above trends, in the 2020s, the world is
changing at an ever faster rate as the internet and digital
revolutions become the drivers of commerce today. This is
due to the fact that emerging Industry 4.0 technologies such

as Blockchain [57] are reaching human-like precision and
reliability on high complexity tasks with the most signifi-
cant global impact across sectors [58]. It is because these
technologies are felt throughout our daily lives. For example,
Blockchain technology has recently attracted huge attention
from practitioners and academics in various fields such as
business [59], energy [60], manufacturing [61], smart cities
[62], smart grids [63], finance [64], healthcare [65], and trans-
portation [66]. In the same line, computer-based technolo-
gies and their applications pervade everywhere in real life,
especially in different fields of engineering. For instance, the
traditional SHM should be upgraded to Blockchain-based and
Internet of Things (IoT)-based SHM. As mentioned earlier,
it is because traditional approaches are challenged by real-
time, low-cost, and quality-guaranteed SHM. Besides, the
advantage of using new technologies is their automation,
intelligence, and specialization. Therefore, it is required to
integrate the application of emerging technologies and struc-
tural damage detection approaches to guarantee more reliable
SHM systems. It is worth noting that IoT is an emerging evo-
lutionary technology comprising billions of physical devices
around the world containing embedded sophisticated chips,
sensors and actuators which able to connect, collect, share,
interact, and exchange any type of data [67], [68], [69].

Blockchain technology is a growing reality of our modern
society [70]. Moreover, Big Data analytics can also extract
meaningful information from the oceans of data produced
by sensor devices [71]. The implementation of Blockchain-
based solutions could solve several issues, i.e. the high main-
tenance cost of centralized approaches [72]. In the era of
information technology (IT), every transaction made on a
Blockchain network has to be verified consensually by the
thousands of linked computers. Verified transactions are then
added as a block in the chain. A unique hash is assigned to
each block which cannot be edited or changed, making the
entire chain secure and impenetrable.

Based on the literature review, it is felt to improve the
smartification and security of SHM systems using the fourth
industrial revolution technologies due to the demanding com-
putational processes of physical signals. Therefore, by tak-
ing advantage of the recent advances in the IT field, the
current research offers a new way to compute recorded
sensor data for condition monitoring of structures which is
needed to address the limitations of SHM. Hence, in the
present study, an attempt is made to investigate the appli-
cability of Blockchain technology for improvement of SHM
systems. The rest of this paper comprises the following sec-
tions. A brief background of vibration-based SHM, FRF,
PCA, and Blockchain are described in Section 2. The
construction of PCA-FRF is performed in Section 3. The
details of experimental work are presented in Section 4.
Then, Section 5 introduces the developed Blockchain
algorithm. The implementation of the Blockchain is also
discussed in Section 5. Future work direction is addressed
in Section 6. Last but not least, Section 7 highlights the
conclusion.
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TABLE 1. Global industrial revolution and their contribution

TABLE 2. Summary of possible factors for vibration-based parameter
identification.

II. BACKGROUND AND OVERVIEW OF PRINCIPLES
A. VIBRATION-BASED DAMAGE DETECTION
Vibration-based damage detection comprises two signifi-
cant parts, i.e. modal parameter estimation methods such as
Experimental Modal Analysis (EMA), Operational Modal
Analysis (OMA) and Impact- Synchronous Modal Analy-
sis (ISMA) and detection / identification systems such as FRF
change, natural frequency change, mode shape change, modal
flexibility change, strain mode shape / mode shape curvature,
modal strain energy change, and matrix methods. The second
part uses the first component to quantify and detect damage.
Hence, they are highly influenced by each other [37]. It is
worth noting that the selection of a suitable identification /
detection strategy relies on several aspects, summarized in
Table 2 [73].

OMA frequently employs the output-only measurements
while EMA operates with input and output measurements
to identify the modal parameters [74], [75]. OMA is gen-
erally applied in practical engineering. This is due to the
facts that (1) it is difficult to shut down the system while
the structure is in-service, or (2) the artificial excitation
source (i.e. impact hammer or shaker) is not able to excite
the structure. Consequently, real operating vibration envi-
ronment can be considered to implement the OMA method
[76]. However, the extraction of damping properties is not
an easy task using OMA [77]. On the other hand, EMA is
regularly conducted by means of artificial excitation [78].
ISMA is another modal analysis technique with de-noising
properties. This input–output model identification approach
can be described as applying EMA developments through
Impact-Synchronous Time Averaging strategy. For that rea-
son, ISMA is able to measure the FRF data of in-service
structures because of de-noising properties. Several develop-
ments and improvements on the ISMA technique have been
made over the decade [79], [80], [81], [82], with the recent
development method includes the scope of inertial sensor
based human behavior recognition using machine learning
approach, which enable semi-automated features for ISMA
modal testing [83]. Generally, the phase difference informa-
tion between acceleration response and cyclic load compo-
nent suppresses the non-synchronous components, enabling

VOLUME 10, 2022 84839



M. Gordan et al.: Implementation of a Secure Storage Using Blockchain

FIGURE 1. Concept of frequency response function.

ISMA to be conducted on a structure that is exposed to
noise or is in-operation without compromising the quality
of the modal parameters extracted [84], [85]. A comparison
between ISMA and OMA techniques was also conducted
by the authors of [86]. According to their research, the
OMA could generally provide a better performance for com-
plex and large structures, while the outputs of ISMA was
superior to OMA results for in-service structures. This is
due to the fact that an artificial excitation is required to
implement for the ISMA procedure, which is not applicable
for large structures. Hence, OMA and ISMA are suitable
tools for large static structures and in-operating structures,
respectively.

B. FREQUENCY RESPONSE FUNCTION (FRF)
Figure 1 shows the concept of FRF which is at the foundation
of modern system analysis. To explain this, when a linear
system, i.e. a Single Degree-of-Freedom (SDOF) or a Multi-
degree-of-freedom (MDOF) is excited by a dynamic force,
it will respond at the identical frequency along with its cor-
responding amplitude which is representing the frequency of
excitation. In general, the phase of the dynamic response is
not the same as the external force, i.e. excitation. Thus, this
phase difference can change the frequency. Hence, it is not
required to excite the system using a specific frequency at the
time. Therefore, the response signals and the excitation must
be subjected to the Fourier transform with the aim to achieve
how the system responds at different frequencies [87]. For

this reason, FRF can be considered as one of the most signif-
icant measurements of modal analysis acquired from a data
analyzer. Fast Fourier Transform (FFT) is used to transform
the time-domain responses into the frequency domain. As it
can be seen from Figure 1, FRF (H(ω)) is the ratio of the
Fourier transform of output responses (X(ω)) to the Fourier
transform of input excitation (F(ω)) [88].

C. PRINCIPAL COMPONENT ANALYSIS (PCA)
PCA is a commonly applied multivariate numerical method
to decrease the dimensionality of datasets [89]. This approach
is also known as Karhunen-Loeve Technique (KLT) which
is used to maximize the scatter of all projected samples by
selecting a dimensionality decreasing linear projection [90].
In addition, it is also applied to data exploration, prediction
assessment modeling, and online fault diagnosis [91], [92].
In other words, PCA can be used in a linearity form for rep-
resenting high-dimensional data into low-dimensional data
with minimum decrease of data [93], [94]. Accordingly, the
solution of an eigenvalue problem is produced from the PCA
method by using covariance matrix determination, eigenvec-
tor evaluation, and orthogonal projection. An orthogonal pro-
jection converts multidimensional data into lower dimensions
of independent data which is called ‘‘principal components’’.
Figure 2 illustrates the architecture of PCA showing the
first principal components with maximum variance in several
dimensions. This figure also presents the definition as well as
the applications of PCA.
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FIGURE 2. Overview of principal component analysis.

FIGURE 3. Timeline for blockchain adoption in industries adapted from [97].

D. BLOCKCHAIN TECHNOLOGY
In the past few years, Blockchain has been the most impor-
tant development in IT field [95] and right now the most
revolutionary technology in computer science. ‘‘It is only a
matter of time until Blockchain becomes just another normal
part of everyday life, like smartphones and the World Wide
Web’’. In the IT world, ‘Blockchain’ is a self-explanatory
term which is able to store a database using blocks. A ‘block’

is referring to a storage unit or space for digital information,
and a ‘chain’ is representing the locations of stored databases.
The very first block in a chain is known as the ‘genesis’ block.
Blockchain as a decentralized ledger increases accuracy in
transactions along with several benefits, i.e. economic effi-
ciency, data security, and time efficiency [96]. Data security is
the main focus of current study. According to a report by [97],
Blockchain has achieved major breakthrough and adoptions
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FIGURE 4. (a) Evolution of blockchain, and (b) Potential applications of blockchain and future blockchain [100].

in industries. In this regard, Figure 3 shows a timeline for
Blockchain adoption.

With using Blockchain, reliable and secure information
can be transferred across private and public sectors auto-
matically. Therefore, it is possible to securely store, con-
trol and verify the databases using Blockchain. With bet-
ter data comes better decision-making [98]. Don Tapscott,
Executive Chairperson, Blockchain Research Institute and
Co-author of Blockchain Revolution: How the Technology
Behind Bitcoin is Changing Money, Business, and the World
[99] said: ‘‘The digital revolution’s first era failed to solve
pressing social, economic and environmental challenges.
Blockchain offers a once-in-a-generation opportunity to get
it right. Blockchain skillfully champions the opportunities
offered by a new internet of value.’’ Figure 4(a) illustrates
the evolution of Blockchain from 2008 until now. Like-
wise, Figure 4(b) presents the potential applications of future
Blockchain.

In Blockchain, a ‘‘Block’’ holds a number of elements,
i.e. index, data, hash, previous hash and timestamp. Figure 5
presents the typical structure of a Blockchain. To know
Blockchain, it is important to understand what a ‘‘hash’’ is.
A ‘‘hash’’ is a sequence of random characters in the ‘‘block’’
which representing a digital fingerprint of digital data. Each
hash value is connected to its particular input. Therefore,
it is not possible to generate a unique hash value by adding
dissimilar data [101]. In the same way, the Blockchain will
constantly expand as blocks (including files along with data)
as more data are linked to the previous block using a hash.
This hash can be created by proceeding subjects of the block
using a hash function.

A Blockchain-based conceptual framework was proposed
by the authors of [102] to improve the efficiency of
SHM-related technologies for civil structures through mak-
ing connection between hardware and software components
(see Figure 6). In this regard, the authors of this study
aimed to develop the reliability of current damage detection

platforms through the integration of vibration-based methods
and Blockchain. As it can be observed from Figure 6, SHM
process of the in-service structure starts with data measure-
ment. In most cases, the input excitation and output response
are measured in time domain. However, it is difficult to
study damage identification in such manner. Hereupon, time
domain data can be transformed to frequency domain using
modal analysis and modal domain data can be extracted from
frequency domain. Consequently, the modal domain methods
play a significant role in structural damage identification and
their popularity is much more than time domain or frequency
domain approach. This is due to the fact that, the modal prop-
erties such as natural frequencies, modal damping and mode
shapes have their physical meaning and they are easier to
interpret in compare to mathematical features obtained from
time or frequency domain. Then, Blockchain technology is
utilized to increase the reliability of the recorded database.
The Blockchain algorithm will validate all sensor data base
on these blocks to determine that the sensor is giving genuine
signals for further processing. In the next step, applicable
vibration-based damage detection algorithm using artificial
intelligence and machine learning is suggested to be applied
for training the database in order to generate the test design,
and patterns creation. Last but not least, pattern validation
is also detailed to determine the severity and location of
damage.

III. CONSTRUCTION OF THE PCA-FRF
In this study, the correlated variables of FRF sensor data
are extracted using PCA to construct the uncorrelated vari-
ables, i.e. PCs. To aid the aim, the original sensor data in an
N-dimensional space can be transformed by an orthogonal
projection to a lower space, i.e. P-dimensional space (P < N ).
A Matrix with M spectral lines and N measurement points
represents the raw FRFs, as follows [103]:

H = [hij(ω)]M×N (1)
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FIGURE 5. Structure of a blockchain.

FIGURE 6. Schematic illustration of the proposed conceptual framework by [102].

The ‘‘auto-scaling’’ of FRF matrix (H) is conducted to cre-
ate zero mean variables. It also helps to generate a unit vari-
ance by standard deviation. The following equations present
the theoretical formulation of PCA-FRF construction through
the corresponding references [104], [105], [106].

The mean response of the j-th column is stated as:

H̄j =
1
M

M∑
i=1

hij (2)

The corresponding standard deviation Sj is:

Sj =

√∑M
i=1 (hij (ω)− H̄j)

2

M
(3)

An element hij(ω) of the FRF matrix can be substituted
by the following Equation in order to achieve a response
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variation matrix H̃ .

h̃ij (ω) =
hij − H̄j
Sj

(4)

The covariance matrix [C]M×N can be defined by the
response variation matrix, as follows:

[C]M×N = [H̃ ]
T
N×M [H̃ ]M×N (5)

The PCs comprise the eigenvalues and correlated eigenvec-
tors (λi, 9i) of the covariance matrix:

[C] {9i} = λi {9i} (6)

The projection matrix [A]M×N of the response variation
matrix H̃ on the N PCs is also defined as:

[A]M×N = [H̃ (ω)]M×N [9]N×N (7)

The projection and eigenvector matrices, i.e. [A], [9], are
divided into two sub-matrices with K and (N-K) principal
components. K and (N-K) are related to the important features
and uncertainties, respectively.

dH̃Re = [A] [9]T

= d[A1]M×N
... [A2]M×(N−K )e

× [[91]M×K
... [92]M×(N−K )]

T

∼= [A1]M×K [91]TK×N (8)

The first PC (i.e. maximum eigenvalue along with its cor-
responding eigenvector) indicates the direction and amount
of highest variability in the original raw FRF data. The sec-
ond PC shows the second most significant contribution from
the original raw FRF data. It is worth nothing that PC1 is
orthogonal to PC2. According to [107], it is proven that the
first two PCs are sufficient to represent the multiple FRFs.
Therefore, PC1 and PC2 are considered in this study to plot
the PCA-FRF sensor data.

IV. EXPERIMENTAL WORK
Figure 7 shows the experimental setup for this study which
was conducted by the Advanced Shock and Vibration
Research (ASVR) Group of University of Malaya. A Perspex
plate with the dimensions of 48 cm × 20 cm × 0.9 cm and
mass of 1.1 kg was used as the test structure. Table 2 briefly
explains the representation of the components for this study.
Each of the four corners of the plate was ground-supported
using screws to simulate an automobile chassis with wheel
suspensions, where the supports represent the suspension
components. The vibration modes of the test rig were heav-
ing, rolling, pitching and bending, which were similar to the
modes of a vehicle chassis.

Figure 8 shows a schematic view of the test setup.
EMA using the roving accelerometer technique was con-
ducted to acquire the FRFs of the five measurement points.
Five Wilcoxon Research model S100C accelerometers with
built-in charge amplifiers were mounted below the plate by
cyanoacrylate adhesive. The impact location was fixed at

TABLE 3. Representation of components.

a point near Edge 4 of the plate to simulate actual impact
on the wheel when the vehicle passes a road bump or pot-
hole. PCB model 086C03 impact hammer was used. For
data acquisition, the National Instrument-Universal Serial
Bus (NI-USB 9234) signal acquisition module was used to
acquire the dynamic signals from the five accelerometers
and the impact hammer before post-processing the FRFs in
LabVIEW software. The frequency range for this study was
0Hz to 120Hz with 241 frequency points. PCA algorithmwas
then applied on the FRFs to build the PCA-FRF for damage
assessment.

Stiffness reduction at the suspension/spring is a com-
mon automobile fault. To simulate the fault, the tightness
of the screws that connect the steel plates with the plate
were adjusted according to the desired damage severity.
The accelerometers were also mounted at the plate instead
of mounting them directly at the supports to simulate the
actual conditions, where it is difficult to mount sensors at the
wheel/suspensions area. Therefore, the measurement points
were located away from the four edges and were labeled as
Point 1, 2, 3, 4 and 5 to reflect the real-life condition.

Table 4 indicates the detailed description of damage cases
simulated on the plate-like structure. Overall, twenty-four
damage conditions were simulated. At each of the four edges,
single damage with six damage levels were simulated, where
DL1 indicates the lowest damage severity and DL6 indicates
the highest damage severity. Stiffness reduction was simu-
lated by adjusting the tightness of the screw. The tightening
force of the screws was measured by FlexiForce A201 force
sensors, which were placed between the two thin steel plates
of the supports. Table 3 also lists the tightening force of
the screws at each of the edges for all simulated conditions.
For healthy state or undamaged condition, all screws were
tightened to 150N. The screws at the damage location were
then loosened to 113N, 75N, 38N and 0N for damage levels
of DL1, DL2, DL3, and DL4, respectively. For DL5 damage
cases, one screw was removed and the other screw was loos-
ened to 0N at the damage location. Both screws at the damage
location were removed for DL6 damage cases.

V. RESULTS AND DISCUSSIONS
FRFmeasurements of the intact and damaged cases of the test
specimen were collected from EMA. Curve fitting was car-
ried out on each set of FRFs to construct the data structures.
The curve fitting tool used in this study was the LabVIEW
FDPI fit algorithm. It was a frequency domain multiple
degrees of freedommodal analysis method to estimate modes
in a narrow frequency band. Then, PCA was applied to
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FIGURE 7. Laboratory test setup: (a) Impact hammer PCB 086C03, (b) FlexiForce sensor A201, (c) Signal acquisition
module NI-USB9234, and (d) Accelerometer Wilcoxon Snap model S100CS.

FIGURE 8. Schematic view of the test setup.

build the PCA-FRF for damage assessment. Figure 9 shows
the constructed PCA-FRF data for undamaged and damaged
states. More information about the conducted feature extrac-
tion process can be found in [107] which has been carried out
by the co-authors of current study. In this work, the PCA-FRF
has been used as the input to develop a secure storage scheme
using Blockchain technology.

In this paper a SHM-based approach is presented, utilizing
the technical principles of private Blockchains. Blockchain
works on a network by many different participants (or nodes)
based on transparency. To this end, in Blockchain, a pre-
developed interaction is generated by a transaction which

is called a block. Information can be exchanged between
nodes using this interaction. Then, all nodes are continually
synchronized using transactions to grow as blocks. Besides,
each block is chained to another using a hash. It should be
noted that a cryptographic hash function can produce the hash
through running contents of the block [108]. Consequently,
the hash of the previous block can be maintained in each
block. As a result, any unmatched data or any modification
is obviously detectable in the following block. Eventually,
a secure network is created using valid data amongst all
participants including trusted and untrusted nodes. The only
data, which acknowledged by the majority, can consider
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TABLE 4. The detailed description of damage cases in the plate-like structure.

FIGURE 9. PCA-FRF of healthy case and all damage cases in (a) Edge 1, (b) Edge 2, (c) Edge 3, and (d) Edge 4.

valid. Hence, according to the Blockchain strategy, any
entrance of data to the Blockchain cannot be done due to

accessibility of all nodes. Therefore, the agreement from the
majority is required for any entry in the Blockchain.
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TABLE 5. Block hash results of Blockchain implementation.

FIGURE 10. Framework of the developed blockchain algorithm.

For implementation of the Blockchain, a local algo-
rithm was developed to secure the recorded database. The
simulation was implemented in Python (Version 3.8.3)
using Visual Studio Code (Version 1.47.1) 2020 in 64-bit.
Hash functions are key components of Blockchain [109].

The hash value was generated by executing the crypto-
graphic hash function [110]. Nowadays, various hash func-
tions exist, such as Message Digest (MD) family (e.g.
MD2, MD4, MD5) designed and developed by Ronald
Rivest [111] at Massachusetts Institute of Technology from
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FIGURE 11. Proposed visual interface.

1989 until 1991, Race Integrity Primitive EvaluationMessage
Digest (RIPEMD) family, (e.g. RIPEMD-128, RIPEMD-160,
RIPEMD-320) introduced in 1992 and developed in 1996
[112], [113], Whirlpool stemmed from the revised edition of
Advanced Encryption Standard (AES) developed by Vincent
Rijmen and Paulo Barreto in 2000 [114], and Secure hash
algorithm (SHA) family (e.g. SHA-0, SHA-1, SHA-256,
SHA-384, SHA-512) developed by the National Institute
of Standards and Technology (NIST) and National Security
Agency (NSA) in the USA from 1993 until 2014 [115], [116],
[117], [118]. In SHA, the performance of hash operations
depends on the length of the hashed message. SHA-2 is one
of the most powerful, practical, and secure standards in the
hash functions families with efficient performance and good
resistance for attacks [117], [119]. For example, SHA-256 as
an ideal cryptographic hash function has been employed in
Bitcoin. SHA-256 is a kind of SHA that generates a 256 bits
output from any input [108], [120]. Based on the above
descriptions, SHA-256 was considered in this research to
generate the hash for each new block. Figure 10 and Table 5
present the framework of the developedBlockchain algorithm
and the simulation results, respectively.

VI. FUTURE WORK DIRECTION
In the past few years, close to 90% of real-world data has
been generated because of IoT technology [67], [69]. As a
matter of fact, this new generation of digital networks has
made lots of contributions to our daily life. Other computer-
based knowledge discovery technologies such as Blockchain
and data mining have also recently gained growing attention
in SHM because of their potential ability to be combined
with diagnostic systems. However, at the beginning of the
new decade, it is time for industrial and academic structural
assessment markets to take the next step using the aforesaid

emerging technologies. Besides, what all of these technolo-
gies have in common is their connectionwith wireless sensors
network (WSN), which eventually could be considered as a
practical tool in SHM. Therefore,WSNdata can be diagnosed
by the emergence of new technologies which has inspired
a paradigm shift for the fourth industrial revolution. In this
regard, a software interface is proposed to use for future
research work, as indicated in Figure 11. The main idea
behind the proposed Blockchain-based WSN data diagnostic
concept comes from the fact that the emerging technologies
are changing the physical world with traditional societies and
industries to a huge database system that can support real-
time applications.

VII. CONCLUSION
Damage detection using FRF data is one to most significant
SHM techniques which has been widely performed in the
last decades. The PCA has been also employed by many
researchers to improve the practicability of FRFs in dam-
age detection. Therefore, the co-authors of this work have
recently developed a novel PCA-reduction method on raw
FRFs to build the PCA-FRF. In addition, advanced compu-
tational techniques such as Blockchain and data mining have
also recently gained growing attention in SHM due to their
potential capacity to be integrated with diagnostic systems.
To this end, in this research, the constructed PCA-FRF data
has been used to develop a Blockchain algorithm. As a result,
data security which is one of the main factors in Blockchain
technology has been addressed as the main focus of current
study. To the best of our knowledge, this is the first attempt to
implement a secure storage for SHM data using Blockchain.
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