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ABSTRACT The aim of this paper is to show how compact mmWave radar systems, attached to a person,
can take advantage of their movements, in order to significantly improve the image resolution by means of
synthetic aperture radar (SAR) techniques. Thus, high resolution imaging becomes possible even with tiny
on-chip systems, opening up a horizon of possibilities to assist visually impaired people. The approach is
illustrated for movements in terms of arm swings. For this purpose, it is firstly shown that the information
from an inertial measurement unit (IMU) can be used to provide a trajectory estimation, which is enough
to apply synthetic aperture radar processing. As a consequence, the resolution of the radar is greatly
improved when compared with that achieved considering a single position. In order to avoid the continuously
growing position error, commonly observed in dead-reckoning systems relying just on IMU, zero velocity
updates (ZUPT) will be systematically applied. For doing so, two different zero velocity detectors (ZVD)
are considered, one based on acceleration data and other on velocity estimation. Although the positioning
information is extracted from the IMU, demonstrating the enhanced obstacle detection capabilities obtained
with this approach, other sensors that can be carried by a person and that are capable of providing trajectory
estimations to combine measurements acquired with compact mmWave radars could have been used. The
system is tested using different targets and a good performance comparable to the one achieved by using a
high accuracy reference positioning system is attained. The compactness of the system enables the possibility
of using it as a wearable device, e.g., attached to the wrist. This shows that an IMU is enough for tracking
relatively simple movements, though more complex positioning systems can be used for more general
actions.

INDEX TERMS Freehand imaging, visually impaired, inertial measurement unit, mmWave radar, synthetic

aperture radar (SAR), wrist mounted imager, zero velocity detectors (ZVD).

I. INTRODUCTION

Radar technology has been widely used to detect the distance,
angular position and/or velocity of objects, such as ships,
vehicles or aircrafts [1]. Its working principle is based on
the reflection of radio waves on them and the application
of different phenomena, such as wave propagation, Doppler
effect and phase of arrival [2]. This technology not only
enables the detection of visible objects, but also concealed
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or covered ones [3], as electromagnetic waves can propagate
through several materials.

Thanks to the advent of new technologies, such as the
autonomous vehicles and advanced driver-assistance systems
(ADAS), radar technology has experimented a great tech-
nological leap [4] and now, compact mmWave radars are
available at an affordable price [5]. Moreover, the technology
has been greatly compacted, enabling tiny radar-on-chip sys-
tems [6], which are excellent candidates for the development
of new compact and wearable devices. In addition, mmWaves
are robust to harsh environmental conditions [7] and exhibit a
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wide range of coverage [8], which outperforms the behavior
of other systems, such as the ones based on depth-cameras
[9]. Besides, radar signals can pass through clothes, so radar
devices do not need to be exposed and can be covered by gar-
ments. Finally, they are also able to work under low visibility
conditions (fog, smoke, etc.) [10].

Due to the previous features, mmWave radar signals are
excellent candidates to assist visually impaired people in
their everyday life, aiming at replacing or complementing the
traditional aids, such as guide dogs or white canes, which
just provide limited information. Recently, new electronic
travel aids (ETAs) devices [11] have been developed to
help impaired persons to detect objects and warn them by
means of sounds and vibrations [12]-[14]. Other systems are
based on the fusion of data provided by depth-cameras and
mmWave radars, aiming at compensating each sensor draw-
backs [15], [16]. In this context, depth-cameras are sensitive
to the light and their range resolution is limited. Therefore,
they cannot compensate the limited cross-range resolution of
radars in a large variety of situations. In addition, most of the
proposed systems are based on detecting large objects.

Consequently, radar imaging techniques seem to be a
promising solution to circumvent the previous issues and to
extract additional information from targets. In [17], a radar
with a beam steering antenna is developed to be placed on a
person head to create an image of the surrounding environ-
ment. However, both a mechanical set-up and the design of a
complex antenna are required to cover enough area.

In general, the resolution of a radar system depends on
its electrical size. The larger the electrical size, the better
the resolution. However, large size devices are not conve-
nient for wearable systems. In this context, synthetic aperture
radar (SAR) techniques are of great relevance to improve the
cross-range resolution and accurately determine the location
of targets [18]. This technique involves the movement of an
antenna along certain path [19]. Consequently, one can take
advantage of the human motion and get the required informa-
tion, to extract an electromagnetic image of the surrounding
environment. At this point, it should be remarked that not only
the radar information, but also its position and, thus, their
antenna locations, is required to create the electromagnetic
image.

The positioning information can be obtained using differ-
ent systems such as optical positioning systems [20], RFID
tags [21], GPS information [22], other sensor networks [23]
or the combination of different positioning systems [24].
However, most of these systems are just suitable for either
indoor or outdoor environments and the majority of them
involve the deployment of other sensors in the tracking envi-
ronment. In addition, specialized devices, devoted to tracking,
are slowly becoming available, allowing compact and reliable
tracking with enough accuracy to enable mmWave SAR [25].

One of the most extended sensors with tracking capabilities
are the inertial measurement units (IMUs). These sensors
usually consist of tri-axials gyroscopes and accelerometers.
Modern or hybrid IMUs, also known as MARG (magnetic,
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angular, rate and gravity), incorporate a tri-axial magnetome-
ter too [26]. Both devices have been widely used for orien-
tation and position estimation, enabling a mature technology,
which can be greatly miniaturized.

To achieve orientation estimation, the angular rate pro-
vided by the gyroscope has to be integrated. However, this
integration introduces a drift that it is commonly com-
pensated using different algorithms based on the magne-
tometer and accelerometer data, such as the one proposed
by Madgwick [26] or the nonlinear complementary filter
of Mahony [27] among others [28]. Using any of these
algorithms, a suitable estimation of the orientation can be
obtained. A greater problem arises when estimating the posi-
tion, as it involves a double integration of the acceleration,
causing a significant drift in the estimation [29]. Different
correction techniques have been used to compensate this
error, such as the employment of complementary informa-
tion from GPS signals, ultrasonic sensors, cameras or other
sensors [30]. However, most of these techniques are only
suitable for either indoor or outdoor environments. Other
correction methods have been introduced in the literature,
such as the Zero Angular Rate Update (ZARU), Magnetic
Angular Rate Update (MARU) or Heuristic Drift Reduc-
tion (HDR). Nonetheless, they require different conditions
to be met that are usually difficult to detect with handheld
devices [31]. The most commonly implemented technique
is the correction based on zero velocity updates (ZUPT),
which corrects velocity errors on an Extended Kalman Filter
(EKF) [32]. A key aspect to apply the previous algorithm is
the detection of zero velocity. Using acceleration or gyro-
scope information or a combination of both, the stance phase
can be detected [33], [34]. Although this algorithm works fine
when the IMU is tied to the foot, it undergoes difficulties
when it is attached to the wrist, as the wrist swing frequency is
twice the leg one and, hence, the motionless wrist time during
natural walk is much shorter [35].

The main contribution of this paper is the study of the
capabilities of a compact radar system complemented by a
tracking system, to enable a compact wearable SAR imager
with capacity to detect nearby obstacles. In this case, an
IMU is used as the tracking system as it is one of the most
extended sensors, though not the most reliable one. As a
consequence of this fusion, the quality of the obtained images
in terms of resolution significantly outperforms that of the
images retrieved when a single position is considered. The
position information is extracted using improved pedestrian
dead reckoning techniques, fast sampling rates and new cor-
rection algorithms. Although other alternatives to extract the
position information are feasible and they enable direct access
to this location data [25], [36], the authors have used an IMU,
as it is widely available and enables great compactness, but it
should be noticed that the goal of this paper is not to introduce
anew method for improving the existing algorithms to extract
the position information from an IMU. The remainder of this
paper is organized as follows. First, the components of the
prototype are described together with the overall flowchart

125043



IEEE Access

H. F. ALVAREZ et al.: System Based on Compact mmWave Radar and Natural Body Movement

FIGURE 1. Scenario of a visually impaired person walking through the
street with the proposed prototype attached to their wrist.

of the system. Next, the tool to track the radar location
from the sensor data is developed, which, in our implemen-
tation, consists of an algorithm for estimating the position
from IMU data, considering two ZUPT algorithms. In the
results section several experiments are presented to assess
the object detection capabilities under different conditions.
Finally, the advantages and disadvantages of the presented
approach and future research lines are drawn in Section IV.

Il. SYSTEM DESCRIPTION

The prototype used in this work is the one presented in the
inset of Figure 1. Although the system relies on off-the-shelf
components for easy development and debugging and, con-
sequently, it is not as compact as possible, it is representative
of the capabilities that can be achieved by means of the fusion
of on-chip radars and IMU data.

On one hand, this prototype includes a frequency modu-
lated continuous mmWave (FMCW) radar module. In par-
ticular, the radar-on-chip BGT60TR24B evaluation board
manufactured by Infineon [25], [37] has been chosen as
it provides a tiny radar with a reduced power consump-
tion, as it was originally developed to be used in mobile
phones for gesture detection [38]. On the other hand, the
LPMS-CURS2 IMU by LP-Research is used [39], as it com-
prises a compact board with USB interfacing. Both devices
are arranged together using an ad-hoc 3D printed platform.

This prototype is representative of a system that can be
easily attached to a person, benefiting from their natural
motion to enable high resolution imaging. For example, it can
be attached to their wrist, as it is a handy place allowing them
to scan and detect objects or obstacles. Moreover, it is an ideal
location to prevent collisions with the upper body part, which
cannot be avoided using traditional white canes [13].

Figure 2 shows the workflow for data processing. It com-
prises two main steps: the orientation and positioning extrac-
tion and the electromagnetic image generation. There is an
additional step, which is called position calibration, that was
only introduced for evaluation purposes to assess the per-
formance of the system and will not be in the final prod-
uct. This latter step enables to measure the accuracy of the
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FIGURE 2. Proposed system workflow.

proposed system when compared to an accurate reference
system based on a commercial motion capture system, con-
sisting of external infrared cameras and a set of markers
attached to the prototype.

A. ORIENTATION AND POSITION DETERMINATION

In order to create an electromagnetic (EM) image using
synthetic aperture radar techniques, both the orientation and
the position of the radar antennas have to be known at each
measurement instant[3].

The orientation of the system is computed by applying a
Kalman filter (KF) to the IMU data (rotation rate (w), accel-
eration (a), magnetic field (m)), as it is shown in the yellow
background box of Figure 2. This filter properly corrects
the gyroscope drift, and hence a suitable information of the
orientation is obtained. For convenience, a quaternion (gmmu)
representation is employed.

The position of the radar antennas is estimated by a double
integration of the measured acceleration provided by the
IMU. As it was mentioned, this double integration causes
a position drift error that continuously increases. Aiming at
correcting this error, a zero velocity detection (ZVD) tech-
nique is applied, so that it feeds an extended Kalman filter
(EKF), similar to the one proposed in [40], to correct the
position deviations. More precisely, the prediction states of
the EKF, computed using the inertial navigation equations,
are corrected by calculating the predicted error when zero
velocity is detected. The latter helps the system to system-
atically correct its error and avoid the growing drift on the
position estimation.

Using the previous procedure, the system can work
autonomously and independently from other sensors, being
suitable not just in outdoor, but also in indoor environments.
The main problem in this stage is the accurate detection of the
zero velocity to properly correct the error, as an imprecise
correction of the predicted states on the EKF, introduces
larger positioning errors than the ones added by the IMU
positioning drift.
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B. ZERO VELOCITY DETECTION

As it was previously mentioned, the available ZVD algo-
rithms in the literature are suitable when the IMU is tied
to the foot, but their accuracy clearly worsens when it is
attached to the wrist. However, most applications (such as the
ones related with health monitoring) do not require a precise
determination of zero velocity, as they just measure steps and
the accurate determination of the step stages does not matter
on the counting process.

In this article, two different zero velocity detection algo-
rithms based on the movement of the wrist are considered.
Figure 3 and 4 show the proposed algorithms workflows.
One of them relies on the acceleration and the other on the
estimated velocity.

The acceleration based ZVD algorithm comprises a pre-
processing stage, in which a coordinate system transforma-
tion is applied to get the acceleration in the IMU coordinate
system (ay(t), see Figure 3). Then, an FFT (Fast Fourier
Transform) is performed to examine the acceleration harmon-
ics (ap(f)). After an empirical analysis, it was observed that
the wrist swinging phase exhibits a predominant harmonic
component due to the arm movement (in this paper static
swings will be considered). Therefore, in the post-processing
stage the noisy higher frequency harmonic components are
removed, using a rectangular filtering window (I1(f)) and
then, a smoother signal () (¢)) is recovered after applying the
Inverse Fast Fourier Transform (IFFT), which better repre-
sents the arm movement. Finally, a peak/valley finding (PVF)
algorithm is implemented, which also ensures that after a
peak there is a valley and vice versa, so that just the most
likely zero velocity positions, ZVD,(t), are identified on each
swing. For comparison purposes, the ZVD,(¢) is compared
to the one obtained using the reference system, ZVD,(t),
in the last image of figure 3 using a binary representation
(1 and O for either zero velocity detection and non-detection,
respectively), noticing slight differences between both.

In the velocity based ZVD, a pre-processing stage, similar
to the one conducted in the previous algorithm for trans-
forming the acceleration data to the IMU coordinate system,
is applied. Then, the inertial navigation equation given by:

V(1) = Vo +/ap(t)dt, (1)

Iy

wherein vy is the initial velocity and #; is the sampling inter-
val, is used to predict the velocity v(¢). After that, a post-
processing stage is applied, which comprises the application
of a high-pass zero-phase digital filter to the estimated veloc-
ity data, obtaining v,,(t). Finally, a zero-cross function (ZCF)
is used to determine the zero velocity positions (ZVD,(t)).
As in the previous case, the ZVD,(t) is compared with the
ZVD,(t) in Figure 4 obtaining slight discrepancies.

C. ELECTROMAGNETIC IMAGE GENERATION

This module creates the 2D electromagnetic image of the
scenario under evaluation. The workflow is shown in the
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FIGURE 4. Velocity based ZVD workflows and signals.

red background part of Figure 2 and it is based on the one
described in [3]. As previously discussed, SAR techniques
allows to increase the lateral resolution of electromagnetic
images. For that purpose, it is necessary to coherently com-
bine the acquired data and, therefore, the position the radar
transmitters and receivers must be known.

The employed FMCW radar module performs dechirped-
on-receive operations and, considering a point target, at each
sampling position, the received signal s;(¢) can be expressed
as

i BW BW
5p ) = Sr(Brere ) )

where BW is the bandwidth of the radar module, T is the
chirp duration, f; is central frequency and t is the propagation
delay, which is proportional to the distance between the radar
transmitter and the target, and from the target to the radar
receiver. In case of a distributed target, the received signal
can be expressed a superposition of signals according to (2).
It should be remarked that the radar module does not provide
the complex form of s;(¢), but due to its wideband nature
a Hilbert transform (H) can be used to obtain it. The next
step is to compensate the extra phase term, which can be
approximated for close targets by f.7, and perform a range
compression applying an FFT:

Se(f) = Flsp(t)e 727ty A3)

where .% - represents the Fourier transform operator. Finally,
the reflectivity, p, of each point, r’, of the scenario under
evaluation, i.e., the value of each pixel of the SAR image,
after the m-th radar acquisition is computed by means of a
delay-and-sum algorithm:

pm (r') = _Zsc (r’, BTVSV rm) 4)

i=1
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At this point, it should be remarked that, in order to coher-
ently combine radar acquisitions the orientation and position
of the radar antennas, which are extracted from the IMU data,
following the steps mentioned in section II B, must be known.
In addition, a motion capture system (OptiTrack®) is used
as reference system. Note that this reference system relies
on external cameras and, therefore, it is not useful for a real
prototype.

The reference frame of the IMU and that of the refer-
ence motion capture system are transformed to refer their
position and orientation using the same coordinate system.
At this point, it should be highlighted that the position extrac-
tion is independently retrieved with each system, i.e., the
IMU tracking system can be used without the reference
system.

Finally, it is worth mentioning that, though the previous
algorithms prevent massive drifting, slight drifting will still
exist. Thus, if there is a swing so the radar moves back
to the same range of positions, the accumulated position-
ing error could result in this last swing not producing an
accurate coherent combination. Thus, it is prudent to con-
sider coherent combinations for relatively short time frames
to prevent potentially destructive interferences due to the
position drift. In our implementation, these time frames are
defined as the length of an entire swing. Consequently, data
acquired during each swing is coherently used to gener-
ated an image using SAR techniques. The final image is
achieved by non-coherently adding the images from each
swing, i.e., the images are added by considering only their
amplitude.

In summary, both the orientation and positioning infor-
mation, as well as the radar signals are used to create the
electromagnetic image using a SAR technique.

IIl. RESULTS AND DISCUSIONS

In order to assess the capability of increasing the resolution of
a wearable radar by using the natural motion of the person car-
rying it, several experiments were conducted with the setup
shown in Figure 5. Although the signal processing could be
carried out in an embedded system or wirelessly transmitted
to another platform (e.g., a smartphone), a conventional com-
puter was used for this purpose to provide a high degree of
flexibility enabling to focus on the core of the system (i.e., use
of the radar and the IMU). In addition, it enables to capture
the data from the reference system to carry out performance
evaluations. In order to mimic an arbitrary motion, several
swings are performed in front of the targets. Although thisis a
simplified case, as it does not consider a constant movement,
it enables us to assess the capabilities of the system to exploit
the natural motion as long as the position can be tracked.
Furthermore, all the swings are considered to be carried out
through a similar space region as depicted in Figure 5, which
is very challenging as drifts in the positioning error can result
in destructive interferences if not properly corrected. It is
worthy to remark that this SAR-based approach enhances
the cross-range resolution and, therefore, if the movement is
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FIGURE 6. Reflectivity images using the acceleration based ZVD
information after two swings: (a) reference motion capture system,

(b) IMU and (c) IMU + ZUPT. (d) Reflectivity image considering only one
radar position.

mostly done along the one direction (e.g., the z-axis), then the
resolution enhancement will be achieved along that direction.

The first experiment is devoted to evaluate the performance
in case of narrow obstacles. In this case, the target comprises
two cylindrical metallic rods of radius 1.3 cm with a distance
of 17.7 cm between them. Both rods are placed at different
distances from the radar. In the first scanning test, the radar
and the information from the positioning systems (both IMU
and reference system) are captured in a serial way, so that
the update rate is limited by the slowest subsystem. In this
case, the positioning updates are faster than the radar ones.
Once the data is recorded, the electromagnetic image is gen-
erated, following the steps described in section II-C. Three
electromagnetic images will be compared. The first one is
obtained using the reference positioning system, which will
be compared to the obtained ones using just the IMU and the
IMU + ZUPT systems.

The results in Figure 6(a, b, ¢) and 7 show the three men-
tioned electromagnetic images corresponding to two swings.
The only difference between both figures is the employed
ZVD technique, which is the acceleration and the velocity
based ZVD, respectively. It should be noticed that the chosen
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FIGURE 7. Reflectivity images using the velocity based ZVD information
after two swings: (a) reference motion capture system, (b) IMU and

(c) IMU+ZUPT.
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FIGURE 8. Reflectivity images using the acceleration based ZVD
information after four swings: (a) reference motion capture system,
(b) IMU and (c) IMU+ZUPT.

ZVD does not only modify the ZUPT + IMU reflectivity
image, but also the other two (Figure 6(a, b) and 7(a, b)), since
the swing defines the signals that have to be added coherently,
as it was previously mentioned.

In these figures, the red crosses indicate the location of the
two rods, which were determined using the reference motion
capture system during the calibration stage. From the results,
one can observe that the targets are clearly identified using
the motion capture system and the IMU + ZUPT, whereas
they are more blurred when using just the IMU system.
For comparison purposes, Figure 6(d) shows the reflectivity
image when considering only one radar position, noticing the
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FIGURE 9. Reflectivity images using the velocity based ZVD information
after 2 steps: (a) reference motion capture system, (b) IMU and
() IMU+ZUPT.
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FIGURE 10. (a) Antennas’ position and distance from reference system to
IMU (Opti-IMU) and IMU+ZUPT (Opti-IMUzypr), using the acceleration
based ZVD.

lack of azimuth information. For the sake of compactness, this
latter image will not be rendered in the subsequent figures as
it is identical.

Figure 8 and 9 show the electromagnetic images after four
swings. As one can notice, similar conclusions can be drawn.
Although the best performance is achieved using the refer-
ence motion capture system, the results from the IMU+ZUPT
image are also trustworthy. It is relevant to note that by
increasing the number of swings, the image from the IMU
is worsened, whereas the one from the IMU+ZUPT can be
improved. Although the targets are clearly identified in the
IMU-+ZUPT, they are slightly shifted in the z-axis, probably
due to a wrong estimation at the beginning of the swing when
using the velocity based ZVD.

In Figures 10 and 11, the measurement positions are pre-
sented, as well as the difference, in terms of distance, between
the position estimation of the reference system and the one
computed using the IMU and IMU+ZUPT algorithms. As it
can be noticed, an increasing error is observed when consid-
ering just the IMU data, whereas the increasing rate is signif-
icantly lower when applying the ZUPT algorithm, explaining
the better quality of the reflectivity image.
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FIGURE 12. Reflectivity images using the acceleration based ZVD
information with higher update rate after two swings: (a) reference
motion capture system, (b) IMU and (c) IMU+ZUPT.

Using the same target, the second test comprises the paral-
lel acquisition of positioning and radar data, which is then
synchronized on the post-processing stage. This test will
provide a faster update rate of the IMU information and
hence, it may also reduce the positioning error or at least,
slow down the quickly growing tendency. It should be noticed
that the radar data cannot be acquired at faster rates, due
to hardware and software limitations. Therefore, the new
positioning system update rate is about 140 Hz, which is
much higher than the previous one, 50 Hz, enabling a better
tracking of the prototype.

In order to quantify the amount of energy around the target,
the target-to-clutter ratio (TCR) is computed as follows [41]:

N, >

(x,2)€A;

Ny Y

(x,2)€A,

lp(x, 2)|?
TCR = 10 log

5
oG P ©)

where p is the reflectivity, A; is the area enclosing the targets
and A, is the area outside the targets, and N; and N, are the
number of pixels of A; and A, respectively.
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FIGURE 13. Reflectivity images using the velocity based ZVD information
with higher update rate after two swings: (a) reference motion capture
system, (b) IMU and (c) IMU+ZUPT.

TABLE 1. Target-to-clutter ratio at higher update rate.

Positioning Arm TCR (dB) TCR (dB)
subsystem swings (Acceleration ZVD) (Velocity ZVD)

Motion 2 10.7 11.1
capture sys. 4 10.6 10.9
2 5.6 6.8
my 4 5.1 42
2 8.6 9.8
IMU+ZUPT 4 7.8 8.4

FIGURE 14. Measurement set-up.

Figure 12 and 13 show the reflectivity images considering
both the acceleration and velocity based ZVDs after two
swings. As one can clearly observe, better results are achieved
than for the case of updating the position at lower rates.
This can be confirmed observing Table 1, where the TCR for
both cases is presented, also including the results when four
swings are considered. Once again, an improved performance
is obtained when applying the ZUPT-based algorithm to the
IMU data. In this case, it is not worth to consider more
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FIGURE 15. Reflectivity images using the acceleration based ZVvD
information with higher update rate after two swings: (a) reference
motion capture system, (b) IMU and (c) IMU+ZUPT. (d) Reflectivity image
considering only one radar position.
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FIGURE 16. Reflectivity images using the velocity based ZVD information
with higher update rate after two swings: (a) reference motion capture
system, (b) IMU and (c) IMU+ZUPT.

than two swings, as the reflectivity images are not improved.
Although this could seem counterintuitive, more swings will
result in better TCR if the results between swings are consis-
tent (e.g., there is no spatial offset between them). However,
in the case of gathering the positioning information from the
IMU and IMU+ZUPT, the coherence between arm swings is
not perfect, so the results start degrading after a few swings.

In a second experiment, a different object, aiming at testing
the versatility of the proposed system, is used. The new set-up
is the one presented in Figure 14, which is identical to the

VOLUME 9, 2021

TABLE 2. Target-to-clutter ratio (one target).

Positioning Arm TCR (dB) TCR (dB)
subsystem swings (Acceleration ZVD) (Velocity ZVD)
Motion 2 12 12
capture sys. 4 13 13.1
2 9.8 9.8
my 4 8.5 8.4
2 12 12
IMU+ZUPT 4 11.9 115

previous one, but the target is modified. In this case just one
wider target of 3.8 cm is considered.

The reflectivity images are presented in Figure 15(a,b,c)
and 16 and the TCR information is gathered in Table 2. It can
be clearly observed that the target can be identified from
the results using the reference motion capture system and
the IMU+ZUPT algorithm, whereas when using only the
IMU system the clutter increases. As in the previous case,
the results considering just one radar position are presented
in Figure 15(d).

IV. CONCLUSION

The possibility of enhancing the resolution of a wearable
radar system by exploiting body movements has been pre-
sented in this paper. The approach has been illustrated for the
case of considering movements in terms of arm swings. For
this kind of movement, a prototype of handheld imager, com-
prising a mmWave radar and an inertial measurement unit
(IMU), has been developed. The system has been designed
using compact components showing the potential of imple-
menting wearable devices, enabling easing its use for visually
impaired people to detect objects and obstacles.

The study shows that a direct estimation of the trajec-
tory from the acceleration integration is enough to focus the
image energy at the position of the targets in contrast to the
low resolution achieved from a single radar position. This
improvement is achieved along the cross-range dimension.
In the considered prototype, based on position tracking from
IMU data, the resolution can be further improved if some
enhancements are considered. For this purpose, two zero
velocity techniques have been considered to correct the posi-
tion estimation error computed from the IMU data and, hence,
properly apply synthetic aperture radar (SAR) techniques
to generate accurate electromagnetic images of the nearby
environment. It should be mentioned that the IMU is a mean
to achieve the main goal of this paper that is to show that
compact mmWave radars can take advantage of the human
movement to enhance their obstacle detection capabilities.

These techniques have been proved successful in detecting
different targets, showing an accuracy similar to the one
achieved when using a high accuracy external positioning
system. Future research will focus on exploring other sensors
to be integrated on the proposed system in order to improve
the detection of the zero velocity as well as on the use of direct
tracking systems (e.g. depth and tracking cameras) to handle
arbitrary movements.
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