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ABSTRACT In this paper, a cloud radio access network (C-RAN) is considered where the remote radio
heads (RRHs) are separated from the baseband units which form a common pool of computational resource
units. Depending on their capacity, the RRHs may form one or more clusters. Each RRH accommodates
multiservice traffic, i.e., calls from different service-classes with different radio and computational resource
requirements. Arriving calls follow a Poisson process and simultaneously require radio and computational
resource units in order to be accepted in the serving RRH. If their resource requirements cannot be met
then calls are blocked and lost. Otherwise, calls remain in the serving RRH for a generally distributed
service time. Assuming the single-cluster C-RAN, we model it as a multiservice loss system, prove that
a product form solution exists for the steady-state probabilities and determine call blocking probabilities via
an efficient convolution algorithm whose accuracy is validated via simulation. Furthermore, we generalize
the previous multiservice loss model by considering the more complex multi-cluster case where RRHs of
the same capacity are grouped in different clusters.

INDEX TERMS Cloud-radio access, cluster, call blocking, poisson process, product form, convolution.

I. INTRODUCTION
The cloud radio access network (C-RAN) architecture is con-
sidered to be a promising and cost-effective fifth generation
(5G) RAN solution which is anticipated to cope with the
constantly increasing wireless traffic and the soaring demand
for bandwidth-hungry applications, decreased latency and
enhanced data rate [1], [2].

According to the C-RAN architecture, a base station is sep-
arated into two parts: a) the remote radio head (RRH) which
consists of the antenna and the radio frequency components
and is responsible for the transmission/reception of the signal
and b) the baseband unit (BBU) which is responsible for
the baseband signal processing. Quality of service (QoS) can
be guaranteed, to the mobile users (MUs), via the C-RAN
architecture by deploying a number of RRHs, each of capac-
ity C radio resource units (RUs), and forming a common
pool of BBUs. Such a BBU pooling reduces not only the
necessary processors for baseband processing but also the

The associate editor coordinating the review of this manuscript and

approving it for publication was Emrecan Demirors .

operators’ capital/operational expenditures as well as the
power consumption compared to the traditional RAN archi-
tectures [3], [4]. To further benefit from network function vir-
tualization [5], we consider virtualized BBU computational
resources (V-BBU) which are connected to the RRHs with a
low-latency, high-capacity fronthaul, via the common public
radio interface (CPRI) [6].

During the last years, various significant aspects of
the 5G C-RAN architecture have been extensively stud-
ied, including: a) functional splits and capacity demands
of the fronthaul network [7]–[9], b) privacy and secu-
rity challenges [10], [11] and c) energy and cost saving
issues [12]–[15]. On the other hand, only a few papers exist in
the literature that study call admission control (CAC) of MUs
in a 5G C-RAN and propose efficient formulas, via Markov-
based loss/queueing models, for the call blocking probabili-
ties (CBP) computation [16]–[21]. Such formulas are always
desirable to have as they reduce the computational complex-
ity of the CBP determination and therefore can be adopted
by telecom engineers in network dimensioning/planning
procedures.
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In [16], a single cluster of RRHs is considered, where all
RRHs have the same capacity in terms of radio RUs. Calls
arrive in the RRHs according to a Poisson process and form a
single service-class according to their resource requirements.
More specifically, a new call requests two RUs: a radio one
from the serving RRH and a computational one from the
V-BBU. If these RUs are available then the call remains in the
serving RRH for a generally distributed service time. Other-
wise, call blocking occurs, i.e, there are no available queues to
accommodate blocked calls. This single-class-single-cluster
(SC-SC) model has a product form solution (PFS) for the
steady-state probabilities which is essential for the accurate
computation of CBP. The SC-SC model has been extended
in [17], [18] to include the notion of overlapping cells and
also in [19] to include the case of grouping the RRHs (in
terms of their capacity) in more than one clusters. We name
themodel of [19], single-class-multi-cluster (SC-MC)model.
The SC-SC and the SC-MC models have been extended
in [20] and in [21], respectively, to include the case of RRHs
serving random (Poisson), quasi-random and batched Poisson
traffic. Quasi-random traffic is generated by a finite number
of MUs while in the case of batched Poisson traffic, calls
arrive in the C-RAN in the form of batches which follow a
Poisson process [22], [23].

The common characteristic of [16]–[21] is that all RRHs
serve single-service calls which require a single radio RU
and a single computational RU. However, in contemporary
networks it is essential to consider a multi-service environ-
ment where calls may have different resource requirements.
The call-level analysis of such networks (wired, wireless or
even satellite) is always challenging due to the complexity
of the underlying multidimensional Markov chains but also
essential in network dimensioning and planning [24]–[34].

In this paper, we generalize the SC-SC and SC-MC mod-
els by assuming that RRHs can serve many service-classes
whose calls have different traffic and resource requirements.
A possible application scenario is the enhancedmobile broad-
band scenario which focuses not only in voice services but
also on different and high resource requirements’ service-
classes such as online 4K video and virtual reality [35].
To the best of our knowledge, this is the first paper that
considers the multi-service case in a 5G C-RAN and pro-
vides an efficient CBP computation via convolution algo-
rithms. Such algorithms have the advantage that they can
incorporate complicated resource sharing policies including
the threshold-based policies and the bandwidth reservation
policy [36]–[41]. On the other hand, the CBP algorithms
proposed in [16] and [19] are difficult to be extended to other
resource sharing policies. The corresponding proposed mod-
els are named herein multi-class-single-cluster (MC-SC) and
multi-class-multi-cluster (MC-MC), respectively, while our
contribution can be summarized as follows: 1) we propose the
MC-SC model and show that a PFS holds for the steady-state
probability distribution, 2) we provide a brute force method
as well as a convolution algorithm for the computation of
CBP in the MC-SC model, 3) we compare the CBP results of

the MC-SC model with those obtained via simulation and the
SC-SC model of [16], 4) we propose the MC-MC model and
show via a multidimensional Markov chain that a PFS holds
for the steady-state probability distribution, 5) we provide a
brute force method and a convolution algorithm for the CBP
determination in the MC-MC model and 6) we compare the
CBP results of the MC-MC model with those obtained via
the MC-SC model in order to show the impact of forming
different clusters of RRHs on CBP.

The remainder of this paper is the following: In Section II,
we propose the MC-SC model. In Section II-A, we deter-
mine the steady-state probabilities of the MC-SC model
via a PFS while in Sections II-B and II-C, we propose a
brute force method as well as a convolution algorithm for
the CBP computation, respectively. In Section III, we pro-
vide analytical and simulation CBP results for the proposed
MC-SC model and analytical CBP results of the SC-SC
model of [16]. In Section IV, we propose the MC-MCmodel.
In Section IV-A, we determine the steady-state probabilities
of the MC-MC model via a PFS while in Sections IV-B
and IV-C, we propose a brute force method and a convo-
lution algorithm for the CBP computation, respectively and
in Sections IV-D we compare the MC-MC model against
the MC-SC one. We conclude in Section V. In Appendix A,
we provide the pseudocode for the software implementation
for both the brute force method and the convolution algorithm
in the case of the proposed MC-SC model. In Appendix B,
we present a tutorial MC-SC example that shows all inter-
mediate CBP calculations for both the brute force method
and the convolution algorithm. For the reader’s convenience,
we include in Table 1 the list of abbreviations adopted in this
paper.

TABLE 1. List of abbreviations.

II. THE MC-SC MODEL
A. THE ANALYTICAL MODEL
Consider the C-RAN of Fig. 1 where the RRHs are separated
from the centralized V-BBU. Let M be the total number of
RRHs and assume that each RRH has a capacity of C radio
RUs which can be allocated to the accepted calls. Similarly,
let T be the computational RUs of the V-BBU which can also
be allocated to the accepted calls.
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The m-th RRH (m = 1, . . . ,M ) accommodates calls from
Km different service-classes. A call of service-class k (k =
1, . . . ,Km) arrives to the m-th RRH according to a Poisson
process with a mean arrival rate of λm,k and requires brm,k
radio RUs and bcm,k computational RUs. In what follows,
we assume that brm,k = bcm,k . The call is accepted in the m-
th RRH for a generally distributed service time with mean
µ−1m,k if the required RUs are available at the time of its arrival,
i.e., if the occupied radio RUs in them-th RRH do not exceed
the value of C − brm,k and the occupied computational RUs
do not exceed the value of T − bcm,k . Otherwise, the call is
blocked and lost without further affecting the system, i.e., the
blocked call does not have the option to enter a queue or retry.

FIGURE 1. The MC-SC model.

To proceed with the analysis of the proposed MC-SC
model let αm,k = λm,k/µm,k be the offered traffic-load (in
erl) of service-class k calls in the m-th RRH and denote as
nm,k the number of in-service calls of service-class k (k =
1, . . . ,Km), where nm,k ≥ 0. Then, the steady-state vector
n = (n1,1, . . . , n1,K1 , . . . , nm,1, . . . , nm,k , . . . , nm,Km , . . . ,
nM ,1, . . . , nM ,KM ) expresses the number of all in-service calls
of all service-classes in all RRHs. By further denoting as �

the system’s state space, we can express the set of all possible
states, via:

� =


n :nm,k ≥ 0,

Km∑
k=1

nm,kbrm,k ≤ C,

M∑
m=1

Km∑
k=1

nm,kbcm,k ≤ T


. (1)

Our first target is to determine the steady-state probability
distribution P(n). To this end, we denote the additional
steady-state vectors n−m,k = (n1,1, . . . , n1,K1 , . . . , nm,1, . . . ,

nm,k − 1, . . . , nm,Km , . . . , nM ,1, . . . , nM ,KM ), n+m,k =

(n1,1, . . . , n1,K1 , . . . , nm,1, . . . , nm,k + 1, . . . , nm,Km , . . . ,
nM ,1, . . . , nM ,KM ) and let P(n−m,k ),P(n

+

m,k ) be the corre-
sponding steady-state probability distributions. Assuming
that the states n−m,k ,n,n

+

m,k belong to the system’s state space
�, we show in Fig. 2 the state transition diagram for service-
class k calls in the m-th RRH.

FIGURE 2. State transition diagram for service-class k calls in the m-th
RRH of the MC-SC model.

Based on Fig. 2 and since the corresponding Markov chain
for the m-th RRH is reversible, we have the following local
balance equations (rate-up = rate-down) for the adjacent
states: a) n−m,k and n (see (2)) and b) n and n+m,k (see (3)):

λm,kP(n−m,k ) = nm,kµm,kP(n), (2)

λm,kP(n) = (nm,k + 1)µm,kP(n+m,k ). (3)

In addition, we have the following global balance equation
(rate-in = rate-out) for state n:

λm,kP(n−m,k )+ (nm,k + 1)µm,kP(n+m,k )

= λm,kP(n)+ nm,kµm,kP(n). (4)

The system of (2), (3) and (4) is satisfied by the following
PFS for n ∈ � and m = 1, . . . ,M :

P(n) =
1
G

M∏
m=1

Km∏
k=1

α
nm,k
m,k

nm,k !
, (5)

where: G ≡ G(�) =
∑

n∈�
∏M

m=1
∏Km

k=1 α
nm,k
m,k /nm,k ! refers

to the normalization constant and� is the system’s state space
expressed via (1).

Having calculated P(n) via (5) we can determine the CBP
of service-class k calls in them-th RRH. Call blocking occurs
either due to insufficient radio RUs in the (serving) m-th
RRH or due to insufficient computational RUs in the V-BBU.
We distinguish these blocking events by denoting asBr,m,k the
CBP of service-class k calls in the m-th RRH due to lack of
radio RUs and as Bc,m,k the CBP of service-class k calls in the
m-th RRH due to lack of computational RUs. Then, the total
CBP, Btot,m,k , is expressed as follows:

Btot,m,k = Br,m,k + Bc,m,k . (6)

The values of Btot,m,k can be calculated either via a brute
force method or via a convolution algorithm (presented in
Subsections II-B and II-C, respectively).
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B. CBP BASED ON A BRUTE FORCE METHOD
The values of Br,m,k can be computed via (5) as follows:

Br,m,k =
∑

n∈�C,<T
m,k

P(n), (7)

where �
C,<T
m,k = {�C

m,k ∩ �<T
m,k}, �C

m,k = {n : C − brm,k <∑Km
y=1 nm,yb

r
m,y ≤ C}, �<T

m,k = {n :
∑M

x=1
∑Kx

y=1 nx,yb
c
x,y ≤

T − bcm,k}.
The set �C,<T

m,k includes all those blocking states that refer
to the unavailability of radio RUs and excludes those blocking
states that refer to the lack of computational RUs.

Similarly, by denoting as �T
m,k = {n : T − bcm,k <∑M

x=1
∑Kx

y=1 nx,yb
c
x,y ≤ T }, the CBP of service-class k calls

in them-th RRH due to the lack of computational RUs can be
computed via:

Bc,m,k =
∑

n∈�T
m,k

P(n). (8)

The set �T
m,k includes all those blocking states that refer to

the unavailability of computational RUs as well as blocking
states that refer to both insufficient radio and computational
RUs.

Computing Br,m,k and Bc,m,k (and consequently Btot,m,k )
via (7) and (8) respectively, is accurate (compared to sim-
ulation) but complex especially for a system with many
service-classes and RRHs of large capacities. This is because
it is necessary to enumerate/process � in order to obtain all
blocking states (see also Appendix B for a tutorial exam-
ple). Due to this, the brute force method can be useful for
small (tutorial) examples. To circumvent this problem, a con-
volution algorithm is proposed in the next subsection that
leads to the efficient CBP determination.

C. CBP BASED ON A CONVOLUTION ALGORITHM
The proposed convolution algorithm exploits the fact that the
MC-SC model has a PFS and consists of the following three
steps:

STEP 1
In this step, we determine the occupancy distribution of
each RRH. To this end, we initially compute the occupancy
distribution for each service-class k of the m-th RRH (k =
1, . . . ,Km), qm,k (j), assuming that only calls of service-class
k exist in the m-th RRH:

qm,k (j) =


αim,k
i! qm,k (0), for 1 ≤ i ≤ b C

brm,k
c, j = ibrm,k

1, for j = 0
0, otherwise,

(9)

where i expresses the number of in-service calls of service-
class k in the m-th RRH and j the corresponding occupied
radio RUs.

The values of qm,k (j) should be normalized via the
constant Gm,k =

∑C
j=0 qm,k (j) and are denoted via

q′m,k (j) = qm,k (j)/Gm,k .

Having determined the values of q′m,k (j), we calculate the
aggregated occupancy distribution of the m-th RRH exclud-
ing calls of the first service-class, Qm(−1):

Qm(−1) = q′m,2 ∗ . . . ∗ q
′
m,k ∗ . . . ∗ q

′
m,Km , (10)

where the convolution operation between two normalized
distributions q′m,v and q

′
m,w is given by:

q′m,v ∗ q
′
m,w =


q′m,v(0)·q

′
m,w(0),

1∑
x=0

q′m,v(x)·q
′
m,w(1−x),

. . . ,

C∑
x=0

q′m,v(x)·q
′
m,w(C−x)


(11)

Finally, to determine the normalized occupancy distribu-
tion of the m-th RRH, q′m, we proceed with the convolu-
tion operation qm = Qm(−1) ∗ q

′

m,1 and the normalization
q′m(j) = qm(j)/Gm where Gm =

∑C
j=0 qm(j).

STEP 2
In this step, we determine the aggregated occupancy distribu-
tion of all RRHs apart from the m-th one, via the formula:

Q(−m) = q′1 ∗ . . . ∗ q
′

m−1 ∗ q
′

m+1 ∗ . . . ∗ q
′
M . (12)

The convolution operation between two occupancy distri-
butions q′v and q

′
w is given by:

q′v ∗ q
′
w =


q′v(0)·q

′
w(0),

1∑
x=0

q′v(x)·q
′
w(1−x),

. . . ,

T∑
x=0

q′v(x)·q
′
w(T−x)


. (13)

The normalized values of Q(−m)(j), denoted as Q′(−m)(j),
can be obtained via the formula Q′(−m)(j) = Q(−m)(j)/G(−m)

where G(−m) =
∑T

j=0Q(−m)(j).

STEP 3
In this step, we initially determine the convolution opera-
tion Q′(−m) ∗ q

′
m. This operation results to the unnormalized

values of Qm(j) which can be normalized via the constant
G∗m =

∑T
j=0Qm(j), resulting in:

Q′(j) =
Qm(j)
G∗m

. (14)

To obtain the values of Q′(j), we may adopt any of the M
RRHs since all of them have the same capacity and the same
occupancy distribution.

Having determined the computational occupancy distribu-
tion, we can calculate the CBP due to lack of computational
RUs and radio RUs via (15) and (16), respectively:

Bc,m,k =
T∑

j=T−bcm,k+1

Q′(j), (15)
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FIGURE 3. The proposed methodology in the MC-SC model.

Br,m,k =
1
G∗m

C∑
x=C−brm,k+1

q′m(x)

T−brm,k∑
y=x

Q′(−m)(T − b
r
m,k − y).

(16)

Figure 3 summarizes the proposed methodology which is
essential for the CBP determination in the MC-SC model.
Initially, it is important to determine the steady-state probabil-
ities via a PFS (note that in non-PFS models, the application
of convolution algorithms can become quite complex [36],
[38], [41]). Since the proposed model can be analyzed with
the aid of a reversible Markov chain, we obtain the PFS of
(5). Based on (5), a convolution algorithm is proposed for the
exact CBP determination.

III. EVALUATION
In this section, we present a C-RAN application example and
provide not only analytical but also simulation CBP results in
the case of the proposed MC-SC model as well as analytical
results for the existing SC-SC model of [16]. Simulation
results, which are mean values of seven runs, are obtained
via the simulation tool of SIMSCRIPT III [42]. In every run,
we allow the generation of two hundred million calls. The
initial 5% of these calls is not considered in the CBP results
in order to have a warm-up period [43], [44]. The main points
of the evaluation section that are examined are the following:
a) how close the analytical CBP results are (depicted in line-
format in all figures) with the corresponding simulation CBP
results (depicted in dot or triangle format in all figures), b)
how the increase in offered traffic-load affects CBP and c)
how close are the CBP results of the existing SC-SC model
with those of the proposed MC-SC model.

In the C-RAN application example, we consider M = 6
RRHs of capacity C = 10 radio RUs. As far as the com-
putational RUs is concerned, we assume that T = 30 RUs.
The m-th RRH (m = 1, . . . , 6) serves calls from Km different
service-classes and let bm,k = bcm,k = brm,k be the amount of
RUs required by a service-class k call in them-th RRH. More
specifically, the first RRH serves calls from K1 = 3 service-
classes. Calls of the first service-class require b1,1 = 1
RU, calls of the second service-class require b1,2 = 2 RUs
while calls of the third service-class require b1,3 = 3 RUs.
Similarly, the second RRH serves calls from K2 = 2 service-
classes, with b2,1 = 2 RUs and b2,2 = 3 RUs. On the same
hand, the third RRH serves calls fromK3 = 2 service-classes,
with b3,1 = 1 RU and b3,2 = 3 RUs, the fourth RRH serves
calls from K4 = 2 service-classes, with b4,1 = 1 RU and
b4,2 = 2 RUs, the fifth RRH serves calls from only a single
service-class with b5,1 = 2 RUs and finally the sixth RRH
serves also calls from a single service-class with b6,1 = 1

TABLE 2. Traffic description parameters of the C-RAN application
example.

RU. Regarding the offered traffic-load, we initially assume
that αm,k = 1 erl for all calls in all RRHs (point 1 in the x-axis
of Figs. 4-10). Table 2 summarizes the traffic parameters used
for the simulation and analytical CBP results of this example.

We evaluate the C-RAN, by calculating the corresponding
CBP for 31 steps, where in each step the offered traffic-load
increases by 0.2 erl. Thus, in the last step, we have αm,k = 7
erl for all calls in all RRHs (point 31 in the x-axis of
Figs 4-10).

For comparison, we consider the SC-SC model of [16]
where all calls in all RRHs require a single RU. Since
the SC-SC model does not support the case of many
service-classes whose calls require a different number of
RUs, it is necessary for our comparison to determine the
offered traffic-load αm for every RRH of the SC-SC model.
To this end, we consider a load factor lm (m = 1, . . . , 6),
given by lm =

∑Km
k=1 bm,k where Km and bm,k are the cor-

responding values of the MC-SC model. The initial values
of the offered traffic-load αm are equal to the corresponding
value of lm, i.e.,: (α1, α2, α3, α4, α5, α6) = (6, 5, 4, 3, 2, 1).
Similarly to the MC-SC model, we consider 31 steps where
in each step the values of αm are increased by 0.2lm.
Thus in the last step, we have (α1, α2, α3, α4, α5, α6) =
(42, 35, 28, 21, 14, 7).
In Fig. 4, we present the analytical and simulation CBP

results (Bc,m,k ), due to lack of computational RUs, of the
MC-SC model and the corresponding analytical CBP results
(Bc) of the SC-SCmodel. Based on Fig. 4, we observe that: a)
analytical and simulation results are almost identical, b) the
increase of offered traffic-load results in an increase of the
corresponding CBP and c) the SC-SC model cannot capture
the behavior of the MC-SC model since the latter refers to a
multiservice loss model.

In Figs. 5-7, we consider the first, the second and the third
RRH, respectively. More specifically, in Fig. 5, we consider
the first RRH and present the analytical and simulation CBP
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FIGURE 4. CBP due to lack of computational RUs.

FIGURE 5. CBP due to lack of radio RUs in the 1st RRH.

results of Br,1,k for the three service-classes of the MC-SC
model and the corresponding analytical CBP results for the
SC-SC model. In the case of the SC-SC model, point 1 in
the x-axis of Fig. 5 refers to α1 = 6 erl while point 31

FIGURE 6. CBP due to lack of radio RUs in the 2nd RRH.

FIGURE 7. CBP due to lack of radio RUs in the 3rd RRH.

refers to α1 = 42 erl. Similarly, in Fig. 6, we consider
the second RRH and present the analytical and simulation
CBP results ofBr,2,k for the two service-classes of theMC-SC
model and the corresponding analytical CBP results for the
SC-SC model. In the case of the SC-SC model, point 1 in the
x-axis of Fig. 6 refers to α2 = 5 erl while point 31 refers
to α2 = 35 erl. Finally, in Fig. 7, we consider the third
RRH and present the analytical and simulation CBP results of
Br,3,k for the two service-classes of theMC-SCmodel and the
corresponding analytical CBP results for the SC-SC model.
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FIGURE 8. Total CBP (1st RRH – all service-classes).

In the case of the SC-SC model, point 1 in the x-axis of Fig. 7
refers to α3 = 4 erl while point 31 refers to α3 = 28 erl.
According to Figs. 5-7, we observe that: a) analytical and
simulation CBP results (due to insufficient radio RUs) are
almost identical in the case of the MC-SC model which is
anticipated since the MC-SC model has a PFS for the steady-
state probabilities, b) the CBP results obtained via the SC-SC
model cannot be adopted in order to capture the behavior of
theMC-SCmodel and c) the CBP results (due to lack of radio
RUs) increase as the offered traffic-load increases but after a
point they start to decrease. This behavior can be justified
by the fact that the CBP results due to lack of computational
RUs, already presented in Fig. 4, increase as the offered
traffic-load increases and therefore more radio RUs become
available in the corresponding RRHs. Similar conclusions
have been drawn for the fourth, fifth and sixth RRH, and
therefore the corresponding CBP results are not presented
herein

In Figs. 8-10, we consider again the first, the second and the
third RRH, respectively, and present the corresponding values
of the total CBP (determined via (6) with the aid of (15), (16)).
Based on Figs. 8-10, we observe that: a) analytical and sim-
ulation results are almost identical, b) the increase of offered
traffic-load results in an increase of the corresponding total
CBP and c) the SC-SC model cannot capture the behavior of
the MC-SC model.

As a final comment we point out that the accuracy of the
analytical CBP results (compared to simulation) has been
tested for various traffic description parameters and not only
those presented in Table 2. In all cases, analytical and simu-
lation results are almost identical a fact that could be antici-
pated since the MC-SC model has a PFS for the steady state
probabilities.

FIGURE 9. Total CBP (2nd RRH – all service-classes).

FIGURE 10. Total CBP (3rd RRH – all service-classes).

IV. GENERALIZATION - THE MC-MC MODEL
In this section, we propose the MC-MC model which gen-
eralizes the proposed MC-SC model by assuming that RRHs
can be grouped in clusters according to their capacity in radio
RUs.

A. THE ANALYTICAL MODEL
Consider the C-RANof Fig. 11where the RRHs are separated
from the centralized V-BBU (of capacity T computational
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FIGURE 11. The MC-MC model.

RUs) and are grouped into Z different clusters. Cluster z
(z = 1, . . . ,Z ) includesMz RRHs whose capacity is Cz radio
RUs.

Them-th RRHof cluster z (m = 1, . . . ,Mz) accommodates
Poisson arriving calls from Kz,m different service-classes.
A call of service-class k (k = 1, . . . ,Kz,m) arrives to the
z,m-th RRH according to a Poisson process with a mean
arrival rate of λz,m,k and requires brz,m,k radio RUs and b

c
z,m,k

computational RUs, with brz,m,k = bcz,m,k . An accepted call
remains in the z,m-th RRH for a generally distributed service
time with mean µ−1z,m,k if the required RUs are available at the
time of the call’s arrival, i.e., if the occupied radio RUs in
the z,m-th RRH do not exceed the value of Cz − brz,m,k and
the occupied computational RUs do not exceed the value of
T − bcz,m,k . Otherwise, the call is blocked and lost.
Let nz,m,k ≥ 0 be the number of in-service calls of

service-class k (k = 1, . . . ,Kz,m) in the z,m-th RRH.
Then, the number of all in-service calls of all service-classes
in all RRHs can be expressed by the steady-state vec-
tor n = (n1,1,1, . . . , n1,1,K1,1 , . . . , nz,m,1, . . . , nz,m,k , . . . ,
nz,m,Kz,m , . . . , nZ ,MZ ,1, . . . , nZ ,MZ ,KZ ,MZ

) and the system’s
state space � can be expressed via:

� =


n :nz,m,k ≥ 0,

Kz,m∑
k=1

nz,m,kbrz,m,k ≤ Cz,

Z∑
z=1

Mz∑
m=1

Kz,m∑
k=1

nz,m,kbcz,m,k ≤ T


. (17)

To determine the steady-state probability distribution
P(n), the following additional steady-state vectors are
required: n−z,m,k = (n1,1,1, . . . , n1,1,K1,1 , . . . , nz,m,1, . . . ,
nz,m,k − 1, . . . , nz,m,Kz,m , . . . , nZ ,MZ ,1, . . . , nZ ,MZ ,KZ ,MZ

),

FIGURE 12. State transition diagram for service-class k calls in the
z, m-th RRH (MC-MC model).

n+z,m,k = (n1,1,1, . . . , n1,1,K1,1 , . . . , nz,m,1, . . . , nz,m,k +
1, . . . , nz,m,Kz,m , . . . , nZ ,MZ ,1, . . . , nZ ,MZ ,KZ ,MZ

). In addition,
let P(n−z,m,k ),P(n

+

z,m,k ) be the corresponding steady-state
probability distributions. By further assuming that
n−z,m,k ,n,n

+

z,m,k belong to the system’s state space �, Fig. 12
presents the state transition diagram for service-class k calls
in the z,m-th RRH.

Based on Fig. 12, we have the following global balance
equation (rate-in = rate-out) for state n (see (18)) as well as
the following local balance equations (rate-up = rate-down)
for the adjacent states: a) n−z,m,k and n (see (19)) and b) n and
n+z,m,k (see (20)):

λz,m,kP(n−z,m,k )+ (nz,m,k + 1)µz,m,kP(n+z,m,k )

= λz,m,kP(n)+ nz,m,kµz,m,kP(n), (18)

λz,m,kP(n−z,m,k ) = nz,m,kµz,m,kP(n), (19)

λz,m,kP(n) = (nz,m,k + 1)µz,m,kP(n+z,m,k ). (20)

The system of (18), (19) and (20) is satisfied by the PFS of
(21) for n ∈ �, z = 1, . . . ,Z and m = 1, . . . ,Mz:

P(n) =
1
G

Z∏
z=1

Mz∏
m=1

Kz,m∏
k=1

α
nz,m,k
z,m,k

nz,m,k !
, (21)
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where: αz,m,k = λz,m,k/µz,m,k is the offered traffic-load
(in erl) for calls of the service-class k in the z,m-th RRH,
G ≡ G(�) =

∑
n∈�

∏Z
z=1

∏M
m=1

∏Kz,m
k=1 α

nz,m,k
z,m,k /nz,m,k ! refers

to the normalization constant.
Having calculated the values of P(n) via (21), we can

determine the CBP of service-class k calls in the z,m-th RRH:
a) due to lack of radio RUs, Br,z,m,k and b) due to lack of
computational RUs, Bc,z,m,k . In addition, we can compute the
total CBP, Btot,z,m,k , as follows:

Btot,z,m,k = Br,z,m,k + Bc,z,m,k . (22)

The values of Btot,z,m,k can be determined either via a
brute forcemethod (see Subsection IV-B) or via a convolution
algorithm (see Subsection IV-C).

B. THE BRUTE FORCE EVALUATION METHOD
The values of Br,z,m,k can be computed via (23):

Br,z,m,k =
∑

n∈�Cz,<T
z,m,k

P(n), (23)

where �
Cz,<T
z,m,k = {�

Cz
z,m,k ∩ �<T

z,m,k}, �
Cz
z,m,k = {n : Cz −

brz,m,k <
∑Kz,m

w=1 nz,m,wb
r
z,m,w ≤ Cz}, �<T

z,m,k = {n :∑Z
x=1

∑Mx
y=1

∑Kx,y
w=1 nx,y,wb

c
x,y,w ≤ T − bcz,m,k}. Note that the

set �
Cz,<T
z,m,k includes the blocking states that refer to the lack

of radio RUs and excludes the blocking states that refer to the
lack of computational RUs.
Similarly, by denoting �T

z,m,k = {n : T − bcz,m,k <∑Z
x=1

∑Mx
y=1

∑Kx,y
w=1 nx,y,wb

c
x,y,w ≤ T }, the set that includes

all those blocking states that refer to the unavailability of
computational RUs as well as the blocking states that refer
to both insufficient radio and computational RUs, we can
compute the CBP of service-class k calls due to lack of
computational RUs via:

Bc,z,m,k =
∑

n∈�T
z,m,k

P(n). (24)

To circumvent the enumeration/processing of � which is
essential for the implementation of the brute force method
we propose a convolution algorithm in the next subsection
that leads to the efficient CBP determination.

C. CBP BASED ON A CONVOLUTION ALGORITHM
The proposed convolution algorithm is based on the PFS of
the MC-MC model and consists of the following three steps:

STEP 1
In this step, the occupancy distribution of each RRH is
computed. To this end, we initially compute the occupancy
distribution for each service-class k of the z,m-th RRH
(k = 1, . . . ,Kz,m, m = 1, . . . ,Mz, z = 1, . . . ,Z ), qz,m,k (j),
assuming that only calls of service-class k exist in the

z,m-th RRH:

qz,m,k (j) =


αiz,m,k
i! qz,m,k (0), for 1 ≤ i ≤ b Cz

brz,m,k
c,

j = ibrz,m,k
1, for j = 0
0, otherwise,

(25)

where i expresses the number of in-service calls of service-
class k in the z,m-th RRH and j the corresponding occupied
radio RUs. The values of qz,m,k (j) should be normalized via
Gz,m,k =

∑Cz
j qz,m,k (j) and are denoted via q′z,m,k (j) =

qz,m,k (j)/Gz,m,k .
Having computed the values of q′z,m,k (j), we proceed with

the determination of the aggregated occupancy distribution of
the z,m-th RRH excluding the first service-class calls,Qz,m(−1):

Qz,m(−1) = q′z,m,2 ∗ . . . ∗ q
′
z,m,k ∗ . . . ∗ q

′
z,m,Kz,m , (26)

where the convolution operation between q′z,m,v ≡ q′a and
qz,m,w ≡ q′b is computed via:

q′a ∗ q
′
b =


q′a(0)·q

′
b(0),

1∑
x=0

q′a(x)·q
′
b(1−x),

. . . ,

Cz∑
x=0

q′a(x)·q
′
b(Cz−x)


. (27)

Finally, the computation of the normalized occupancy dis-
tribution of the z,m-th RRH, q′z,m, is based on the convolu-
tion operation qz,m = Qz,m(−1) ∗ q

′

z,m,1 and the normalization

q′z,m(j) = qz,m(j)/Gz,m where Gz,m =
∑Cz

j=0 qz,m(j).

STEP 2
In this step, we proceed with the determination of the aggre-
gated occupancy distribution of all RRHs apart from the
z,m-th one, via:

Q(−(z,m)) = q′1,1 ∗ . . . ∗ q
′

z,m−1 ∗ q
′

z,m+1 ∗ . . . ∗ q
′
Z ,MZ

. (28)

The convolution operation between two occupancy distri-
butions q′v and q′w is given by (13), while the normalized
values of Q(−(z,m))(j), denoted as Q′(−(z,m))(j), can be obtained
via Q′(−(z,m))(j) = Q(−(z,m))(j)/G(−(z,m)) where G(−(z,m)) =∑T

j=0Q(−(z,m))(j).

STEP 3
In this step, we initially determine the convolution operation
Q′(−(z,m)) ∗ q

′
z,m. This operation leads to the unnormalized

values of Qz,m(j) which can be normalized via G∗z,m =∑T
j=0Qz,m(j), resulting in:

Q′(j) =
Qz,m(j)
G∗z,m

. (29)

To determine the values of Q′(j), we may consider any of
the z,m RRHs since all of them have the same capacity (Cz)
and the same occupancy distribution.
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FIGURE 13. The proposed methodology in the MC-MC model.

TABLE 3. CBP comparison between the MC-SC and the MC-MC models.

Based on (29), we can now compute the CBP due to
lack of computational RUs and radio RUs via (30) and (31),
respectively:

Bc,z,m,k =
T∑

j=T−bcz,m,k+1

Q′(j), (30)

Br,z,m,k ) =
1

G∗z,m

Cz∑
x=Cz−brz,m,k+1

q′z,m(x)

×

T−brz,m,k∑
y=x

Q′(−(z,m))(T − b
r
z,m,k − y). (31)

Figure 13 summarizes the proposed methodology which is
essential for the CBP determination in the MC-MC model.
The method is analogous to the one shown in Figure 3.
Initially, it is important to determine the steady-state proba-
bilities via a PFS. Since the proposed model can be analyzed
with the aid of a reversible Markov chain, we obtain the
PFS of (21). Based on the PFS, a convolution algorithm is
proposed for the exact CBP determination.

D. AN APPLICATION EXAMPLE
Contrary to the MC-SC model, in the MC-MC model RRHs
can be grouped in clusters according to their capacity in radio
RUs. The purpose of the following application example is to
show how the existence of different clusters may affect CBP.

In what follows, we consider again the C-RAN example
of Section III whose traffic parameters per service-class are
summarized in Table 2. In that example, we assume that the
six RRHs have the same capacity C = 10 radio RUs while
T = 30 computational RUs. In the case of the MC-MC
model, we consider again the same six RRHs (servicing the
same service-classes) but we assume that Z = 3 clusters
exist. The first cluster (z = 1) includes only the first RRH
whose capacity is now C1 = 12 RUs. The second cluster
(z = 2) includes the next four RRHs whose capacity is now

C2 = 11 RUs. Finally, the third cluster (z = 3) includes
the sixth RRH whose capacity is now C3 = 4 RUs. The
choice of C1, C2 and C3 is based on the following criteria:
a) the total amount of radio RUs in both the MC-SC and the
MC-MC models remains the same, i.e., 60 radio RUs and b)
the capacity of the first RRH has been increased (from 10 to
12 radio RUs) since this RRH accommodates calls from three
service-classes, while the capacity of the last RRH has been
decreased (from 10 to 4 radio RUs) since it accommodates
only calls of a single service-class with b3,1,1 = 1 RU.
Assuming that the offered traffic-load, αz,m,k = 1 erl for

all service-classes in all RRHs, Table 3 presents the analytical
CBP results for both models and all service-classes in all
RRHs. Based on Table 3, we see that: a) the MC-SC model
cannot capture the behavior of the MC-MC model, b) even a
slight change in the values of Cz can affect the CBP due to
lack of radio RUs (Br,z,m,k ) or computational RUs (Bc,z,m,k ).
Besides, we would like to point out that the CBP behavior in
the MC-MC model when the offered traffic-load increases is
similar to that of the MC-SC model (see Section III) while
the simulation CBP results of the MC-MC model are almost
identical to the corresponding analytical CBP results and
therefore are not presented herein.

V. CONCLUSION
In this paper, we propose two multirate loss models,
the MC-SC and the MC-MC models, for the perfor-
mance evaluation of a C-RAN that accommodates many
service-classes whose calls arrive in the RRHs according to
a Poisson process and have different resource requirements.
New calls are accepted in the serving RRH for a generally
distributed service time, if their resource requirements (in
terms of radio and computational RUs) are available. Other-
wise call blocking occurs. We showed that both models have
a PFS for the determination of the steady-state probabilities
and provided convolution algorithms for the efficient CBP
calculation. The accuracy of these algorithms was verified
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via simulation. As a future extension of this paper, we will
study either single or multi-cluster C-RAN that accommodate
many service-classes whose in-service calls may occupy RUs
between a minimum and a maximum value, expressing the so
called ‘‘elastic traffic’’ [45], [46].

APPENDIX A
PSEUDOCODE
In Appendix A, we provide the pseudocode for the software
implementation for both the brute force method and the con-
volution algorithm in the case of the proposedMC-SCmodel.
In the pseudocode, we use the notation of section II (whenever
possible). To this end, the main notation is the following:
M the number of RRHs;
C capacity of each RRH (radio RUs);
T capacity of V-BBU (computational RUs);
Km the number of service-classes served by the m-th

RRH;
n steady-state vector, which contains the number,

nm,k , of all in-service calls of all service-classes in
all RRHs.

A. BRUTE FORCE METHOD
The implementation of the brute force method relies on
procedures 1 to 5. More specifically, to describe the brute
force method we start with the determination of the system’s
state space �. The latter can be considered as an array of
steady-state vectors. Procedure 1 (spaceBuild) requires
the following parameters:
n steady-state vector;
m the m-th RRH;
k service-class k of the m-th RRH;
Tsum expresses the occupied computational RUs in the

steady-state vector, n;
Csum expresses the occupied radio RUs in the steady-state

vector, n, m-th RRH.
To determine the system’s state space �, we call procedure 1
assuming a zero steady-state vector n (all elements, nm,k , are
0) and m← 1, k ← 1, Tsum← 0, Csum← 0.
Procedures 2 (productForm) and 3 (G) implement the

PFS of (5). More specifically, by dividing the result of
productForm(n) with G, we obtain the probability of
steady-state n, P(n).
Procedures 4 and 5 implement the CBP Br,m,k (7) and

Bc,m,k (8), respectively.

B. CONVOLUTION ALGORITHM
The implementation of the convolution algorithm relies on
procedures 6-19.
Procedure 6 (convolution) implements the discrete

convolution operation of two distributions qv and qw,
defined on the set [0, j] ⊂ Z and requires the following
parameters:
qv variable structure that describes the first

distribution;

Procedure 1 State Space �, spaceBuild
Require: n,m ≤ M , k ≤ Km,Tsum,Csum
while Tsum ≤ T do
if k + 1 ≤ Km then
spaceBuild(n←n,m←m, k←k+1, Tsum←Tsum,
Csum←Csum) {call spaceBuild for next service-
class, k + 1}

else
spaceBuild(n←n,m←m+1, k←1, Tsum←Tsum,
Csum←0) {call spaceBuild for next RRH,m+1}

end if
if Tsum + bcm,k ≤ T and Csum + brm,k ≤ C then
Increase the element nm,k of the state n by 1 {add
service-class k call to the m-th RRH}
Tsum←Tsum + bcm,k {occupy computational RUs by
the added call}
Csum←Csum + brm,k {occupy radio RUs by the added
call}
Add state n to the system’s state space �

end if
end while

Procedure 2 Unnormalized Probability of Steady-State n,
productForm
Require: steady-state n
Ensure: P
P← 1
for m← 1 to M do
for k ← 1 to Km do
P← P× αnm,km,k /nm,k !

end for
end for

Procedure 3 Normalisation Constant, G
Ensure: G
G← 0
for all n ∈ � do
G← G+ productForm(n)

end for

qw variable structure that describes the second distri-
bution;

j the upper bound of the set [0, j].
Procedure 6 is required in procedures 10, 11, 12, 13, 16.

STEP 1
The first step of the proposed convolution algorithm involves
procedures 7, 8, 9, 10, 11 and 12.
Procedure 7 represents (9). It accepts as parameters

the service-class k calls serviced in the m-th RRH and
the amount j of radio RUs that are occupied by those
calls.

To obtain the normalization constant G−1m,k , we can use
procedure 8. Here, we increase the value of j by brm,k in
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Procedure 4 CBP Due to Insufficient Radio RUs, Br,m,k
Require: m ≤ M , k ≤ Km
Ensure: Br,m,k
Br,m,k ← 0
for all n ∈ � do
Coccupied ← occupied radio RUs in the m-th RRH by
calls that belong to steady-state n
Toccupied ← occupied computational RUs by calls that
belong to steady-state n
if C − brm,k < Coccupied and Toccupied ≤ T − bcm,k then
Br,m,k ← Br,m,k + productForm(n)/G

end if
end for

Procedure 5 CBP Due to Insufficient Computational RUs,
Bc,m,k
Require: m ≤ M , k ≤ Km
Ensure: Bc,m,k
Bc,m,k ← 0
for all n ∈ � do
Toccupied← occupied computational RUs in steady-state
n
if Toccupied > T − bcm,k then
Bc,m,k ← Bc,m,k + productForm(n)/G

end if
end for

Procedure 6 Convolution Operation, convolution
Require: qv, qw, j
Ensure: (qv ∗ qw)(j)
q← 0
for i← 0 to j do
q← q+ qv(i)× qw(j− i)

end for

Procedure 7 Occupancy Distribution of Service-Class m, k ,
qm,k (j)
Require: m ≤ M , k ≤ Km, j
Ensure: Unnormalized probability that j radio RUs are occu-
pied by service-class k calls in the m-th RRH.
if j = 0 then
return 1 {second case of (9)}

end if
i← b j

brm.k
c {the number of in-service calls of service-class

k in the m-th RRH}
if i ≤ 0 or i > C or j mod brm.k > 0 then
return 0 {third case of (9)}

end if
return

αim,k
i! {first case of (9)}

each iteration, since the domain of (9) is j ∈ {ibrm,k :
i = 0, . . . , bC/brm,kc}.
Procedure 9 is a simple division of the previously defined

procedures 7 and 8.

Procedure 8 Normalization Constant, Gm,k
Require: m ≤ M , k ≤ Km
Ensure: Normalization constant for qm,k , Gm,k
Gm,k ← 0
for j← 0 to C with step brm,k do
Gm,k ← Gm,k + qm,k (j)

end for

Procedure 9 Normalized Occupancy Distribution, q′m,k (j)

Require: m ≤ M , k ≤ Km, j
Ensure: Probability that j radio RUs are occupied by

service-class k calls in the m-th RRH.
return qm,k (j)/Gm,k

Procedure 10 Aggregated Occupancy Distribution of the m-
Th RRH Excluding Calls of the First Service-Class, Qm(−1)
Require: m ≤ M
Ensure: Qm(−1)(j), for j ∈ [0,C]
Qm(−1)← q′m,2
for k ← 3 to Km do
InterAgg an empty distribution
for j← 0 to C do
InterAgg← convolution(Qm(−1), q

′
m,k , j)

end for
Qm(−1)← InterAgg

end for

Procedure 11 Normalization Constant, Gm
Require: m ≤ M
Ensure: Normalization constant for Qm(−1) ∗ q

′

m,1, Gm
Gm← 0
for j← 0 to C do
Gm← Gm + convolution(Qm(−1), q

′

m,1, j)
end for

Procedure 12 Occupancy Distribution of the m-Th RRH,
q′m(j)
Require: m ≤ M , j
Ensure: Probability that j radio RUs are occupied in them-th
RRH
return convolution(Qm(−1), q

′

m,1, j)/Gm

The process to calculate (10) is shown in procedure 10.
The aggregated convolution between several distributions
requires the calculation of all intermediate convolutions.
In procedure 10, this is accomplished by declaring a tempo-
rary distribution variable InterAgg.

The first step is completed with procedures 11 and 12.
The latter returns the values of the occupancy distribution of
the m-th RRH, which are necessary for the next steps of the
algorithm.
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Procedure 13 Aggregated Occupancy Distribution of All
RRHs Apart From the m-Th One, Q(−m)(j)
Require: m ≤ M , j ≤ T
Ensure: Q(−m)(j)
Q(−m) ← occupancy distribution of the first RRH that is
not the m-th one
for l all other RRHs except the one above and them-th one
do
InterAgg an empty distribution
for j← 0 to T do
InterAgg← convolution(Q(−m), q′l, j)

end for
Q(−m)← InterAgg

end for

Procedure 14 Normalization Constant, G(−m)

Require: m ≤ M
Ensure: Normalization constant for Q(−m) distribution
G(−m)← 0
for j← 0 to T do
G(−m)← G(−m) + Q(−m)(j)

end for

Procedure 15 Normalized Occupancy Distribution of All
RRHs Apart From the m-Th One, Q′(−m)(j)

Require: m ≤ M , j ≤ T
Ensure: Probability that j computational RUs are occupied
by calls in all RRHs except the m-th one
return Q(−m)(j)/G(−m)

Procedure 16 Normalization Constant, G∗m
Require: m ≤ M
Ensure: Normalization constant for Q(−m) ∗ q′m, G

∗
m

G∗m← 0
for j← 0 to T do
G∗m← G∗m + convolution(Q(−m), q′m, j)

end for

STEP 2
Procedures 13, 14 and 15 form the second step of the algo-
rithm.

Procedure 13 resembles procedure 10, since it also com-
putes the aggregated convolutions, even though different dis-
tributions are involved and the domain is enlarged up to T ,
i.e., j ∈ [0, . . . ,T ].
Procedure 14 calculates the normalization constant G(−m)

for the distribution Q(−m).
The result of the second step of the algorithm is the calcu-

lation of Q′(−m)(j) and it is produced via procedure 15.

STEP 3
To obtain the normalized values of the occupancy distribution
of the computational RUs, procedures 16 and 17 are required.

Procedure 17Occupancy Distribution of the MC-SCModel,
Q′(j)
Ensure: Probability that j computational RUs are occupied

return convolution(Q(−1), q′1, j)/G
∗
m

Procedure 18 CBP Due to Insufficient Computational RUs,
Bc,m,k
Require: m ≤ M , k ≤ Km
Ensure: Bc,m,k
Bc,m,k ← 0
for j > T − bcm,k to T do
Bc,m,k ← Bc,m,k + Q′(j)

end for

Procedure 19 CBP Due to Insufficient Radio RUs, Br,m,k
Require: m ≤ M , k ≤ Km
Ensure: Br,m,k
Br,m,k ← 0
for x > C − brm,k to C do
sum← 0
for y← x to T − brm,k do
sum← sum+ Q′(−m)(T − b

r
m,k − y)

end for
Br,m,k ← Br,m,k + q′m(x)× sum

end for
Br,m,k ← Br,m,k/G∗m

Finally, to obtain CBP, via (15) and (16), one can apply
procedures 18 and 19, respectively.

APPENDIX B
TUTORIAL
We consider a C-RAN as in the setup of the proposedMC-SC
model with M = 2 RRHs of capacity C = 3 radio RUs and
T = 4 computational RUs. Them-th RRH (m ∈ {1, 2}) serves
calls from Km different service-classes and let bm,k = bcm,k =
brm,k be the amount of RUs required by a service-class k call in
the m-th RRH. The first RRH serves K1 = 2 service-classes.
The first service-class calls of the first RRH require b1,1 = 1
RUs, while the second service-class calls require b1,2 = 2
RUs. The second RRH serves K2 = 1 service-class and the
calls of this service-class require b2,1 = 1 RUs. The mean
arrival rate of all calls is λ1,1 = λ1,2 = λ2,1 = 1 and the mean
service time is µ−11,1 = µ−11,2 = µ−12,1 = 1, thus, the offered
traffic load is α1,1 = α1,2 = α2,1 = 1 erl.
The cardinality of �, as described by (1), for the above

C-RAN example, is |�| = 18 states. All steady states
n = (n1,1, n1,2, n2,1) are presented in the first column of
Table 4 while the corresponding values of P(n) are pre-
sented in the second column. Column j presents the occupied
computational RUs by the in-service calls of steady-state n.
Columns j1 and j2 present the occupied radio RUs in the
first and the second RRH, respectively. Finally, we denote
with Ar and Ac the availability of radio and computational
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TABLE 4. State space �.

RUs, respectively. We also introduce the following visual
encoding: the symbol � means there are available RUs and
the symbol ⊗ means that the RUs are not sufficient for the
next call. By placing three such visual encodings in a row,
we can describe the availability of RUs for each type of
incoming calls. Based on the above, the first icon refers to
the first service-class calls in the 1st RRH. The second icon
refers to the second service-class calls in the 1st RRH. Finally,
the third icon refers to the first service-class calls in the 2nd
RRH. Thus, the columns Ar and Ac presents the availability
of radio and computational RUs, respectively, for the next
incoming call of all service-classes in both RRHs.

As an example, let us examine the fourth row from Table 4
which refers to the steady-state n = (0, 0, 3), i.e., to the
state where three calls of service-class 1 are serviced in
the second RRH. This steady-state occurs with probability
P(n) = 2/137. In state (0, 0, 3), in-service calls occupy j = 3
computational RUs from the V-BBU, j1 = 0 radio RUs from
the first RRH and j2 = 3 radio RUs from the second RRH.
The field Ar shows that the second RRH has no available
radio RUs for service-class 1 calls and therefore if a call of
service-class 1 arrives at the second RRH it will be blocked
and lost. The field Ac shows that the V-BBU cannot provide
enough computational RUs for a new call of service-class 2 of
the first RRH, thus if a call of service-class 2 arrives at the first
RRH it will be blocked and lost. On the other hand, if a call
of service-class 1 arrives at the first RRH it will be accepted.

Based on Table 4, we can apply the brute force method in
order to initially obtain the sets �

C,<T
m,k and �T

m,k and then
calculate the values of Br,m,k and Bc,m,k as described in (7)
and (8), respectively. To decide whether a state belongs to
the set �

C,<T
m,k we need the field Ar to indicate that there are

no sufficient RUs (⊗) and the field Ac to indicate that there
are sufficient RUs (�) for the next call of service-class m, k .
To decide whether a state belongs to the set �T

m,k we only
need the field Ac to show that there are no sufficient RUs (⊗)
for the next call of service-class m, k . To this end, we have:

�
C,<T
1,1 = {(1, 1, 0), (3, 0, 0)} → Br,1,1 = 14/137

�
C,<T
1,2 = {(0, 1, 0), (2, 0, 0)} → Br,1,2 = 18/137

�
C,<T
2,1 = {(0, 0, 3)} → Br,2,1q = 2/137

�T
1,1 =

{
(0, 1, 2), (1, 0, 3), (1, 1, 1),

(2, 0, 2), (3, 0, 1)

}
→ Bc,1,1 =

25
137

�T
1,2 =


(0, 0, 3), (0, 1, 1), (0, 1, 2),

(1, 0, 2), (1, 0, 3), (1, 1, 0),

(1, 1, 1), (2, 0, 1), (2, 0, 2),

(3, 0, 0), (3, 0, 1)

→ Bc,1,2 =
65
137

�T
2,1 =

{
(0, 1, 2), (1, 0, 3), (1, 1, 1),

(2, 0, 2), (3, 0, 1)

}
→ Bc,2,1 =

25
137

In what follows, we apply the proposed convolution algo-
rithm for this example.

STEP 1
For each service-class k of each m-th RRH, compute the
values of qm,k (j) using (9) (qm,k (0) = 1 and αm,k = 1).
Service-class 1, first RRH:

j = 1→ q1,1(1) = (11/1!)1 H⇒ q1,1(1) = 1

j = 2→ q1,1(2) = (12/2!)1 H⇒ q1,1(2) = 1/2

j = 3→ q1,1(3) = (13/3!)1 H⇒ q1,1(3) = 1/6

The summation of the above, along with q1,1(0) = 1,
results in the normalization factor G1,1 = 2 2

3 . The cor-
responding normalized values of q′1,1(j) are the following:
q′1,1(0) = 3/8; q′1,1(1) = 3/8; q′1,1(2) = 3/16; q′1,1(3) =
1/16.

Service-class 2, first RRH 1:

j = 2→ q1,2(2) = (11/1!)1 H⇒ q1,2(1) = 1

Since the normalization factor isG1,2 = 2, the correspond-
ing normalized values of q′1,2(j) are the following: q

′

1,2(0) =
1/2; q′1,2(2) = 1/2.
Service-class 1, second RRH:

j = 1→ q2,1(1) = (11/1!)1 H⇒ q2,1(1) = 1

j = 2→ q2,1(2) = (12/2!)1 H⇒ q2,1(2) = 1/2

j = 3→ q2,1(3) = (13/3!)1 H⇒ q2,1(3) = 1/6

Since the normalization factor is G2,1 = 2 2
3 , the cor-

responding normalized values of q′2,1(j) are the following:
q′2,1(0) = 3/8; q′2,1(1) = 3/8; q′2,1(2) = 3/16; q′2,1(3) =
1/16.

Next, we determine the aggregated occupancy distribu-
tion of the m-th RRH excluding calls of the first service-
class, Qm(−1). Since the first RRH serves two service-classes,
the Qm=1(−1) ≡ q′1,2.

1Note that service-class 2 calls (in the 1st RRH) require b1,2 = 2 RUs
and therefore for j = 2, there is only one call, i = 1, while q1,2(1) or q1,2(3)
cannot occur, thus q1,2(1) = q1,2(3) = 0.
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The goal of step 1 is the determination of the normalized
occupancy distribution of the m-th RRH, q′m. To this end,
we first calculate qm = Qm(−1) ∗ q

′

m,1.
For the first RRH, we have:

j = 0→ q1(0) = q′1,1(0)q
′

1,2(0) = 3/16

j = 1→ q1(1) =
1∑

x=0

q′1,1(x) · q
′

1,2(1− x) =
3
8
· 0+

3
8
·
1
2

= 3/16

j = 2→ q1(2) =
2∑

x=0

q′1,1(x) · q
′

1,2(2− x) =
3
8
·
1
2
+

3
8
· 0

+
3
16
·
1
2
= 9/32

j = 3→ q1(3) =
3∑

x=0

q′1,1(x) · q
′

1,2(3− x) =
3
8
· 0+

3
8
·
1
2

+
3
16
· 0+

1
16
·
1
2
= 7/32

The normalization factor G2,1 = 7/8. The corresponding
normalized values of q′1(j) are the following: q

′

1(0) = 3/14;
q′1(1) = 3/14; q′1(2) = 9/28; q′1(3) = 1/4.
For the second RRH, we have that q′2 ≡ q′2,1 (since the

RRH services only one service-class), i.e., q′2(0) = 3/8;
q′2(1) = 3/8; q′2(2) = 3/16; q′2(3) = 1/16.

STEP 2
Determine the values of Q′(−m). Since we have two service
classes, the Q′(−1) ≡ q′2 and Q

′

(−2) ≡ q′1.

STEP 3
Calculate Qm(j) = Q′(−m) ∗ q

′
m for the first RRH.

j = 0→ Q1(0) = q′2(0)q
′

1(0) = 9/112

j = 1→ Q1(1) =
1∑

x=0

q′2(x) · q
′

1(1− x) =
3
8
·
3
14
+

3
8
·
3
14

= 18/112

j = 2→ Q1(2) =
2∑

x=0

q′2(x) · q
′

1(2− x) =
3
8
·
9
28
+

3
8
·
3
14

+
3
16
·
3
14
= 54/224

j = 3→ Q1(3) =
3∑

x=0

q′2(x) · q
′

1(3− x) =
3
8
·
1
4
+

3
8
·
9
28

+
3
16
·
3
14
+

1
16
·
3
14
= 60/224

j = 4→ Q1(3) =
4∑

x=0

q′2(x) · q
′

1(4− x) =
3
8
· 0+

3
8
·
1
4

+
3
16
·
9
28
+

1
16
·
3
14
+ 0 ·

3
14
= 75/448

The normalization factor G∗1 = 411/448. The correspond-
ing normalized values of the computational occupancy distri-
bution Q′(j) are the following: Q′(0) = 36/411; Q′(1) =
72/411; Q′(2) = 108/411; Q′(3) = 120/411; Q′(4) =
75/411.

The same values are also obtained for the second RRH,
i.e., G∗2 ≡ G∗1 = 411/448.
Via (15), we calculate the CBP due to the lack of com-

putational RUs for calls of service-class k in the m-th RRH,
as follows:

Bc,1,1 =
4∑
j=4

Q′(j) = Q′(4) = 75/411

Bc,1,2 =
4∑
j=3

Q′(j) = Q′(3)+ Q′(4) = 195/411

Bc,2,1 =
4∑
j=4

Q′(j) = Q′(4) = 75/411

Via (16), we calculate the CBP due to the lack of radio RUs
for calls of service-class k in the m-th RRH:

Br,1,1 =
1
G∗1

3∑
x=3

q′1(x)
3∑

y=x

Q′(−1)(3− y)

=
448
411
·
1
4
·
3
8
=

42
411

Br,1,2 =
1
G∗1

3∑
x=2

q′1(x)
2∑

y=x

Q′(−1)(2− y)

=
448
411
·
9
28
·
3
8
=

54
411

Br,2,1 =
1
G∗2

3∑
x=3

q′2(x)
3∑

y=x

Q′(−2)(3− y)

=
448
411
·
1
16
·
3
14
=

6
411

REFERENCES
[1] A. Checko, H. L. Christiansen, Y. Yan, L. Scolari, G. Kardaras,

M. S. Berger, and L. Dittmann, ‘‘Cloud RAN for mobile networks—A
technology overview,’’ IEEE Commun. Surveys Tuts., vol. 17, no. 1,
pp. 405–426, 1st Quart., 2015.

[2] M. Zhu, J. Gu, X. Zeng, C. Yan, and P. Gu, ‘‘Delay-aware energy-saving
strategies for BBU pool in C-RAN: Modeling and optimization,’’ IEEE
Access, vol. 9, pp. 63257–63266, 2021.

[3] I. A. Alimi, A. L. Teixeira, and P. P.Monteiro, ‘‘Toward an efficient C-RAN
optical fronthaul for the future networks: A tutorial on technologies,
requirements, challenges, and solutions,’’ IEEE Commun. Surveys Tuts.,
vol. 20, no. 1, pp. 708–769, 1st Quart., 2018.

[4] E. Aqeeli, A. Moubayed, and A. Shami, ‘‘Power-aware optimized RRH
to BBU allocation in C-RAN,’’ IEEE Trans. Wireless Commun., vol. 17,
no. 2, pp. 1311–1322, Feb. 2018.

[5] N. A. Mohammedali, T. Kanakis, M. O. Agyeman, and A. Al-Sherbaz,
‘‘A survey of mobility management as a service in real-time inter/intra slice
control,’’ IEEE Access, vol. 9, pp. 62533–62552, 2021.

[6] F. Mukhlif, K. A. B. Noordin, A. M. Mansoor, and Z. M. Kasirun, ‘‘Green
transmission for C-RAN based on SWIPT in 5G: A review,’’ Wireless
Netw., vol. 25, no. 5, pp. 2621–2649, Jul. 2019.

[7] L. Wang and S. Zhou, ‘‘On the fronthaul statistical multiplexing gain,’’
IEEE Commun. Lett., vol. 21, no. 5, pp. 1099–1102, May 2017.

VOLUME 9, 2021 125123



I.-A. Chousainov et al.: Multiservice Loss Models for Cloud Radio Access Networks

[8] L. M. P. Larsen, A. Checko, and H. L. Christiansen, ‘‘A survey of the func-
tional splits proposed for 5G mobile crosshaul networks,’’ IEEE Commun.
Surveys Tuts., vol. 21, no. 1, pp. 146–172, 1st Quart., 2019.

[9] T. Ismail and H. H. M. Mahmoud, ‘‘Optimum functional splits for
optimizing energy consumption in V-RAN,’’ IEEE Access, vol. 8,
pp. 194333–194341, 2020.

[10] I. Ahmad, T. Kumar, M. Liyanage, J. Okwuibe, M. Ylianttila, and
A. Gurtov, ‘‘Overview of 5G security challenges and solutions,’’ IEEE
Commun. Standards Mag., vol. 2, no. 1, pp. 36–43, Mar. 2018.

[11] A. Santoyo-Gonzalez and C. Cervello-Pastor, ‘‘Network-aware placement
optimization for edge computing infrastructure under 5G,’’ IEEE Access,
vol. 8, pp. 56015–56028, 2020.

[12] B. Dai and W. Yu, ‘‘Energy efficiency of downlink transmission strategies
for cloud radio access networks,’’ IEEE J. Sel. Areas Commun., vol. 34,
no. 4, pp. 1037–1050, Apr. 2016.

[13] Y. Li, T. Jaing, K. Luo, and S. Mao, ‘‘Green heterogeneous cloud radio
access networks: Potential Techniques, performance trade-offs, and chal-
lenges,’’ IEEE Commun. Mag., vol. 55, no. 11, pp. 33–39, Nov. 2017.

[14] B. Tian, Q. Zhang, Y. Li, and M. Tornatore, ‘‘Joint optimization of surviv-
ability and energy efficiency in 5G C-RAN with mm-wave based RRH,’’
IEEE Access, vol. 8, pp. 100159–100171, 2020.

[15] M. Masoudi, S. S. Lisi, and C. Cavdar, ‘‘Cost-effective migration toward
virtualized C-RAN with scalable fronthaul design,’’ IEEE Syst. J., vol. 14,
no. 4, pp. 5100–5110, Dec. 2020.

[16] J. Liu, S. Zhou, J. Gong, Z. Niu, and S. Xu, ‘‘On the statistical multiplexing
gain of virtual base station pools,’’ in Proc. IEEE Global Commun. Conf.,
Austin, TX, USA, Dec. 2014, pp. 2283–2288.

[17] A. Avramova, H. Christiansen, and V. Iversen, ‘‘Cell deployment optimiza-
tion for cloud radio access networks using teletraffic theory,’’ in Proc. Adv.
Int. Conf. Telecommun. (AICT), Brussels, Belgium, Jun. 2015, pp. 96–101.

[18] A. Checko, A. P. Avramova, M. S. Berger, and H. L. Christiansen,
‘‘Evaluating C-RAN fronthaul functional splits in terms of network level
energy and cost savings,’’ J. Commun. Netw., vol. 18, no. 2, pp. 162–172,
Apr. 2016.

[19] J. Liu, S. Zhou, J. Gong, Z. Niu, and S. Xu, ‘‘Statistical multiplexing gain
analysis of heterogeneous virtual base station pools in cloud radio access
networks,’’ IEEE Trans. Wireless Commun., vol. 15, no. 8, pp. 5681–5694,
Aug. 2016.

[20] I.-A. Chousainov, I. Moscholios, P. Sarigiannidis, A. Kaloxylos, and
M. Logothetis, ‘‘An analytical framework of a C-RAN supporting random,
quasi-random and bursty traffic,’’ Comput. Netw., vol. 180, Oct. 2020,
Art. no. 107410.

[21] I.-A. Chousainov, I. Moscholios, and P. Sarigiannidis, ‘‘Congestion prob-
abilities in a multi-cluster C-RAN servicing a mixture of traffic sources,’’
Electronics, vol. 9, no. 12, p. 2120, Dec. 2020.

[22] M. Stasiak, M. Glabowski, A. Wisniewski, and P. Zwierzykowski,Model-
ing and Dimensioning of Mobile Networks: From GSM to LTE. Hoboken,
NJ, USA: John Wiley, 2011.

[23] I. Moscholios and M. Logothetis, Efficient Multirate Teletraffic Loss Mod-
els Beyond Erlang. Hoboken, NJ, USA: Wiley, Apr. 2019.

[24] M. Gła̧bowski, A. Kaliszan, and M. Stasiak, ‘‘Modelling overflow sys-
tems with distributed secondary resources,’’ Comput. Netw., vol. 108,
pp. 171–183, Oct. 2016.

[25] I. D. Moscholios, V. G. Vassilakis, M. D. Logothetis, and
A. C. Boucouvalas, ‘‘State-dependent bandwidth sharing policies for
wireless multirate loss networks,’’ IEEE Trans. Wireless Commun.,
vol. 16, no. 8, pp. 5481–5497, Aug. 2017.

[26] V. G. Vassilakis, I. D. Moscholios, and M. D. Logothetis, ‘‘Efficient
radio resource allocation in SDN/NFV based mobile cellular networks
under the complete sharing policy,’’ IET Netw., vol. 7, no. 3, pp. 103–108,
May 2018.

[27] S. Hanczewski, M. Stasiak, and J. Weissenberg, ‘‘Queueing model of a
multi-service system with elastic and adaptive traffic,’’ Comput. Netw.,
vol. 147, pp. 146–161, Dec. 2018.

[28] I. D. Moscholios, V. G. Vassilakis, N. C. Sagias, and M. D. Logothetis,
‘‘On channel sharing policies in LEO mobile satellite systems,’’
IEEE Trans. Aerosp. Electron. Syst., vol. 54, no. 4, pp. 1628–1640,
Aug. 2018.

[29] P. I. Panagoulias and I. D. Moscholios, ‘‘Congestion probabilities in the
X2 link of LTE networks,’’ Telecommun. Syst., vol. 71, no. 4, pp. 585–599,
Aug. 2019.

[30] M. Gła̧bowski, A. Kaliszan, and M. Stasiak, ‘‘A palm-jacobaeus loss
formula for multi-service systems with separated resources,’’ Appl. Sci.,
vol. 10, no. 11, p. 4019, Jun. 2020.

[31] M. Gła̧bowski, M. Sobieraj, M. Stasiak, and M. Dominik Stasiak, ‘‘Mod-
eling of Clos switching structures with dynamically variable number of
active switches in the spine stage,’’ Electronics, vol. 9, no. 7, p. 1073,
Jun. 2020.

[32] P. I. Panagoulias, I. D. Moscholios, P. G. Sarigiannidis, and
M. D. Logothetis, ‘‘Congestion probabilities in OFDM wireless
networks with compound Poisson arrivals,’’ IET Commun., vol. 14,
no. 4, pp. 674–681, Mar. 2020.

[33] M. Glabowski, E. Leitgeb, M. Sobieraj, and M. Stasiak, ‘‘Analytical mod-
eling of switching fabrics of elastic optical networks,’’ IEEE Access, vol. 8,
pp. 193462–193477, 2020.

[34] M. Gła̧bowski, D. Kmiecik, and M. Stasiak, ‘‘On increasing the accuracy
of modeling multi-service overflow systems with Erlang-Engset-Pascal
streams,’’ Electronics, vol. 10, no. 4, p. 508, Feb. 2021.

[35] X. Wang and L. Gao, When 5G Meets Industry 4.0. Singapore: Springer,
2020.

[36] M. Gła̧bowski, A. Kaliszan, and M. Stasiak, ‘‘Asymmetric convolution
algorithm for full-availability group with bandwidth reservation,’’ in Proc.
Asia–Pacific Conf. Commun., Ottawa, ON, Canada, vol. 4516, Jun. 2006,
pp. 878–889.

[37] M. Gła̧bowski, A. Kaliszan, and M. Stasiak, ‘‘Convolution algorithm
for state-passage probabilities calculation in limited-availability group,’’
in Proc. 4th Adv. Int. Conf. Telecommun., Athens, Greece, Jun. 2008,
pp. 215–220.

[38] Q. Huang, K.-T. Ko, and V. B. Iversen, ‘‘A new convolution algorithm for
loss probability analysis inmultiservice networks,’’Perform. Eval., vol. 68,
no. 1, pp. 76–87, Jan. 2011.

[39] S. Hanczewski, A. Kaliszan, and M. Stasiak, ‘‘Convolution model of a
queueing system with the cFIFO service discipline,’’ Mobile Inf. Syst.,
vol. 2016, pp. 1–15, Jan. 2016.

[40] I. D. Moscholios, V. G. Vassilakis, M. D. Logothetis, and
A. C. Boucouvalas, ‘‘A probabilistic threshold-based bandwidth sharing
policy for wireless multirate loss networks,’’ IEEE Wireless Commun.
Lett., vol. 5, no. 3, pp. 304–307, Jun. 2016.

[41] S. G. Sagkriotis, S. K. Pantelis, I. D. Moscholios, and V. G. Vassilakis,
‘‘Call blocking probabilities in a two-link multirate loss system for Poisson
traffic,’’ IET Netw., vol. 7, no. 4, pp. 233–241, Jul. 2018.

[42] S. V. Rice, A. Marjanski, H. M. Markowitz, and S. M. Bailey, ‘‘The SIM-
SCRIPT III programming language for modular object-oriented simu-
lation,’’ in Proc. Winter Simul. Conf., Orlando, FL, USA, Dec. 2005,
p. 10.

[43] R. Jain, The Art of Computer Systems Performance Analysis. Hoboken, NJ,
USA: Wiley, 1991.

[44] S. Robinson, ‘‘A statistical process control approach to selecting awarm-up
period for a discrete-event simulation,’’ Eur. J. Oper. Res., vol. 176, no. 1,
pp. 332–346, Jan. 2007.

[45] I. D. Moscholios, M. D. Logothetis, and A. C. Boucouvalas, ‘‘Blocking
probabilities of elastic and adaptive calls in the Erlang multirate loss model
under the threshold policy,’’ Telecommun. Syst., vol. 62, no. 1, pp. 245–262,
May 2016.

[46] S. Hanczewski, M. Stasiak, and J. Weissenberg, ‘‘Amodel of a systemwith
stream and elastic traffic,’’ IEEE Access, vol. 9, pp. 7789–7796, 2021.

ISKANTER-ALEXANDROS CHOUSAINOV
received the B.S. degree from the Department of
Mathematics, University of the Aegean, in 2002,
and the M.Sc. degree in information systems from
Hellenic Open University, in 2017. He is currently
pursuing the Ph.D. degree with the Department
of Informatics and Telecommunications, Univer-
sity of Peloponnese, Tripoli, Greece. His research
interests include teletraffic engineering and perfor-
mance evaluation of 5G networks.

125124 VOLUME 9, 2021



I.-A. Chousainov et al.: Multiservice Loss Models for Cloud Radio Access Networks

IOANNIS D. MOSCHOLIOS was born in Athens,
Greece, in 1976. He received the Dipl.-Eng. degree
in electrical and computer engineering from the
University of Patras, Patras, Greece, in 1999,
the M.Sc. degree in spacecraft technology and
satellite communications from the University Col-
lege London, U.K., in 2000, and the Ph.D. degree
in electrical and computer engineering from the
University of Patras, in 2005. From 2005 to 2009,
he was a Research Associate with the Wire Com-

munications Laboratory, Department of Electrical and Computer Engineer-
ing, University of Patras. From 2009 to 2013, he was a Lecturer with the
Department of Telecommunications Science and Technology, University of
Peloponnese, Tripoli, Greece. From 2013 to 2018, he was an Assistant
Professor with the Department of Informatics and Telecommunications,
University of Peloponnese. He is currently an Associate Professor with the
Department of Informatics and Telecommunications, University of Pelopon-
nese. He has published over 185 papers in international journals/conferences
and has coauthored the book Efficient Multirate Teletraffic Loss Models
Beyond Erlang (IEEE Press, Wiley, April 2019). His research interests
include teletraffic engineering, and simulation and performance analysis of
communication networks. He is an IARIA Fellow and a member of the
Technical Chamber of Greece (TEE). He has served as a Guest Editor for IET
Communications, IET Networks, Applied Sciences, and Mobile Information
Systems. He has also served as an Associate Editor for IEICE Transactions
on Communications.

PANAGIOTIS SARIGIANNIDIS (Member, IEEE)
received the B.Sc. and Ph.D. degrees in computer
science from Aristotle University of Thessaloniki,
Thessaloniki, Greece, in 2001 and 2007, respec-
tively. He has been an Associate Professor with the
Department of Electrical and Computer Engineer-
ing, University of Western Macedonia, Kozani,
Greece, since 2019. He has been involved in
several national, European, and international
projects. He is currently the Project Coordina-

tor of three H2020 projects, namely H2020-DS-SC7-2017 (DS-07-2017),
SPEAR: Secure and PrivatE smArt gRid, H2020-LC-SC3-EE-2020-1
(LC-SC3-EC-4-2020), EVIDENT: bEhaVioral Insgihts anD Effec-
tive eNergy policy acTions, and H2020-ICT-2020-1 (ICT-56-2020),
TERMINET: nexT gEneRation sMart INterconnectEd ioT, while he coor-
dinates the Operational Program MARS: sMart fArming with dRoneS
(Competitiveness, Entrepreneurship, and Innovation) and the Erasmus+KA2

ARRANGE-ICT: SmartROOT: Smart faRming innOvatiOn Training.
He also serves as a Principal Investigator for the H2020-SU-DS-2018
(SU-DS04-2018), SDN-microSENSE: SDN-microgrid reSilient Electrical
eNergy SystEm, and in three Erasmus+KA2, such asARRANGE-ICT: pArt-
neRship foR AddressiNGmEgatrends in ICT, JAUNTY: Joint undergAduate
coUrses for smart eNergy managemenT sYstems, and STRONG: advanced
firSTRespONders traininG (Cooperation for Innovation and the Exchange of
Good Practices). He has published over 200 papers in international journals,
conferences, and book chapters, including IEEE COMMUNICATIONS SURVEYS

AND TUTORIALS, IEEE TRANSACTIONS ON COMMUNICATIONS, IEEE INTERNET
OF THINGS JOURNAL, IEEE TRANSACTIONS ON BROADCASTING, IEEE SYSTEMS

JOURNAL, IEEE WIRELESS COMMUNICATIONS MAGAZINE, IEEE OPEN JOURNAL OF

THECOMMUNICATIONS SOCIETY, IEEE/OSA JOURNALOF LIGHTWAVE TECHNOLOGY,
IEEE ACCESS, and Computer Networks. His research interests include
telecommunication networks, the Internet of Things, and network security.
He participates in the Editorial Boards of various journals, including Interna-
tional Journal of Communication Systems andEURASIP Journal onWireless
Communications and Networking.

MICHAEL D. LOGOTHETIS (Senior Member,
IEEE) received the Dipl.Eng. and Ph.D. degrees
in electrical engineering from the University of
Patras, Patras, Greece, in 1981 and 1990, respec-
tively. From 1982 to 1990, he was a Teaching
and Research Assistant with the Laboratory of
Wire Communications, University of Patras. From
1991 to 1992, he was a Research Associate with
NTT’s Telecommunication Networks Laborato-
ries, Tokyo, Japan. He was a Lecturer with the

Department of Electrical and Computer Engineering, University of Patras,
where he was elected as a (Full) Professor, in 2009. He has participated
in many national and EU research programs dealing with telecommuni-
cation networks and office automation. He has authored over 220 confer-
ence papers/journal articles and has coauthored the book Efficient Multirate
Teletraffic Loss Models Beyond Erlang (IEEE Press, Wiley, April 2019).
His current research interests include teletraffic theory and engineering,
traffic/network control, and simulation and performance optimization of
telecommunications networks. He organized (General Chair) the IEEE/IET
CSNDSP 2006 and IEICE ICTF 2016. He is a member of the IARIA
Fellow, the IEICE, the FITCE, and the Technical Chamber of Greece. He has
served as a TPC member for several international conferences, while he has
chaired many technical sessions. He was a Guest Editor of five journals
Mediterranean Journal of Electronics and Communications,Mediterranean
Journal of Computers and Networks, IET Circuits, Devices and Systems, IET
Networks, and Ubiquitous Computing and Communication Journal.

VOLUME 9, 2021 125125


