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ABSTRACT The exploitation of aerial base stations (A-BSs) in conjunction with terrestrial base stations
(T-BSs) is envisioned as a promising solution to provide connectivity to devices and user-equipment (UE)
in crowded situations (viz. in the sports event) and emergency situations (viz. in the disaster management).
However, the use of A-BSs with existing terrestrial networks intensifies the inter-cell interference (ICI) to the
devices and UEs, therefore leading to a degraded signal-to-interference-ratio (SIR). This paper addresses this
issue by exploiting different radio access technology (RAT) (mmWave/microwave) for aerial and terrestrial
networks. Indeed, the network connectivity is always a top priority for all applications. However, there
are also some applications such as remote patient monitoring, and remote working, which requires both
coverage and high data-rates. But, most of the existing research claims the trade-off between the coverage
and the data-rate performance. Whereas this paper aims to improve coverage and rate simultaneously in an
aerial-terrestrial networks by employing an optimal combination of mmWave and microwave RAT based
on the proposed association strategy. The essential analysis of such an integrated network involves the
evaluation of parameters based on the analytic model. Hence, this paper analytically obtains the coverage
probability (CP) and average rate expressions for the proposed integrated aerial-terrestrial networks. The
analysis is supported by probabilistic models-based simulations that agree closely with analytical results.
The results claim that the proposed model leads to improved performance in terms of both CP and average
rate. Also, the paper provides parametric analysis for CP and rate with A-BSs height and A-BSs density to
enable its practical implementation in 5G/6G technologies.

INDEX TERMS Aerial-terrestrial networks, millimeter-wave RAT, microwave RAT, coverage probability,
average rate, stochastic geometry.

I. INTRODUCTION
While the deployment of commercial 5th generation (5G)
cellular network is underway in most countries, the research
community is talking about the use-cases, requirements and
enabling technologies of 6th generation (6G) cellular net-
work [1], [2]. Among their challenges, current 5G cellular
networks fall short of handling the connectivity of terrestrial
cellular network in the crowded situations (viz. in the sports
event) and emergency situations (viz. in the disaster manage-
ment) due to prominent non-line-of-sight (non-LoS) path and
severe shadowing influence via existing terrestrial cellular
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network [2]. Whereas 6G cellular networks are expected to
provide services everywhere and in all situations (i.e., even
in crowded and emergency situations) [1], [2]. The research
community has recognized the use of aerial networks in con-
junction with terrestrial networks (i.e., the aerial-terrestrial
networks) as key components to enhance the connectivity in
the crowded situations and emergency situations [2]. UAVs
can usually be used as aerial networks. In recent years, UAVs
have attracted the attention of wireless communications to
support terrestrial cellular networks [3]–[5]. It is highly prob-
able that the communication link between aerial base stations
(A-BSs) and user equipment (UE) will experience the LoS
path. Moreover, the A-BSs could be helpful in load balancing
of existing terrestrial cellular network. Although the use of
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A-BSs in conjunction with terrestrial base stations (T-BSs)
reduces some load on terrestrial cellular networks [6], [7],
it intensifies the inter-cell interference (ICI) to the devices
and UEs [4]. A visual picture of connectivity and interference
impact on referenceUE in a typical downlink aerial-terrestrial
cellular network is shown in Fig. 1, where we have considered
five A-BSs, four T-BSs, and a reference UE. In this figure,
both the T-BSs and A-BSs use microwave radio access tech-
nology (RAT). Further, Fig. 1 considers that the reference UE
(which is terrestrial-UE here) is served by one of the avail-
able A-BS, while it experiences interference from all T-BSs
and rest of the A-BSs. In other words, microwave-assisted
aerial-terrestrial networks lead to a significant reduction in
signal-to-interference-ratio (SIR) at the terrestrial UE. There-
fore, the challenge is to address the ICI issue, so that the use of
A-BS in already existing terrestrial cellular networks does not
increase the interference on the terrestrial devices and UEs.

FIGURE 1. Illustration of connectivity and interference in a typical
microwave-assisted aerial-terrestrial network.

UAVs have been identified to serve a variety of use
cases [6]–[10]. For instance, UAVs as A-BSs could be
helpful in load balancing of the existing terrestrial cellu-
lar network [6]–[8], especially in crowded situations (e.g.,
sports event [7], disaster management [6]). They can also
be used to temporarily enhance the connectivity at some
hotspots [9]. Network connectivity is a key requirement for
all these use-cases. Besides, there are also some use cases,
including remote patient monitoring [11], [12] and remote
working [13], which are more prevalent after the recent
COVID-19 pandemic [14]. Even for these use cases, the use
of aerial-terrestrial networks is a potential solution to provide
connectivity [13]. But these use cases require both good cov-
erage and high data-rate performance in localized areas [13],
[15], which cannot be achieved by existing aerial-terrestrial
networks.

From the above discussion, we have identified two impor-
tant challenges. The foremost challenge is that the exist-
ing infrastructure which refers to cellular data service via
microwave RAT faced strong ICI at microwave RAT. How-
ever, similar research has also been conducted at mmWave
RAT [8]. But, given the challenges of mmWave RAT in the
non-line-of-sight (NLoS) scenario (high path-loss and block-
age effects) [8], one cannot rely solely on mmWave RAT
for both T-BSs and A-BSs. This paper addresses this chal-
lenge of ICI by exploiting different RAT (millimeter-wave
(mmWave)/microwave) for aerial and terrestrial networks.
Since the mmWave RAT works well under LoS conditions.
Therefore, the utilization of mmWave RAT requires its instal-
lation at larger heights. So, this paper considers the mmWave
RAT for A-BSs and microwave RAT for T-BSs. Whereas,
a second challenge that has been identified is to provide good
coverage and high data-rate performance for some specified
use cases. These requirements of good coverage with high
data-rates cannot be achieved by existing aerial-terrestrial
networks. Whereas, our work claims the improvement in
coverage and the data-rate of the downlink aerial-terrestrial
network by employing an optimal combination of mmWave
and microwave RAT based on the proposed association strat-
egy. The proposed association strategy is presented in detail in
Section II. C. The key differences between thework presented
in this paper and the existing works are summarized below.
• The existing works on aerial-terrestrial networks con-
sider either the mmWave RAT or microwave RAT for
both the aerial and terrestrial layers. Whereas the work
presented in this paper considers an integrated mmWave
and microwave framework for aerial-terrestrial net-
works. This gap between the existing works and
presented work ensures that the use of A-BS in existing
terrestrial cellular networks does not increase interfer-
ence on terrestrial devices and UEs.

• The existing research on the aerial-terrestrial networks
is progressed in the direction of a trade-off between
coverage and data-rate. Whereas the work presented in
this paper claims the improvement in both coverage and
the data-rate of the downlink aerial-terrestrial networks.
This gap between the existing works and presented work
ensures the suitability of aerial-terrestrial networks even
for the use-cases, including remote patient monitoring
and remote working.

A. RELATED WORKS
The investigations of aerial networks have attracted a sig-
nificant attention by researchers from different perspectives.
The 3rd Generation Partnership Project (3GPP) has accepted
UAVs suitable for aerial networks [16], [17]. The UAVs
as A-BSs are widely discussed in the literature [18]–[20].
Specifically, the authors in [18] provide CP analysis of
downlink cellular networks. While the work in [19] con-
sidered the A-BSs placement problem to serve the maxi-
mum number of terrestrial UEs. An analytical framework
for evaluating the CP of cellular-connected aerial networks
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is provided in [20]. Note that, in the aforementioned work
[18]–[20], A-BSs are assigned microwave RAT. However,
the microwave RATs in A-BSs suffer from the challenge
of elevated interference. The interference attributes to the
dominance of the LoS link between A-BSs and UE. However,
the interference mitigation strategies in uplink and downlink
scenarios are addressed in [21]. Specifically, the authors con-
sidered the power control strategy to reduce interference in
the uplink scenario (e.g., by assigning lower power values to
UAVs than to terrestrial UEs), while considered a coverage
extension strategy to mitigate interference in the downlink
scenario. Similarly, the work in [22] addressed the interfer-
ence mitigation methods in the uplink scenario by formu-
lating an optimization problem based on UAVs uplink cell
associations and power allocations. Hence, the microwave
RAT assisted A-BSs require the compromise of power level.
Besides the interference issues, thesemicrowave-assisted net-
works may not even meet the high data rate required by some
applications.

A solution to the high data-rate demand can be found in
mmWave RAT. Recently, the work in [8] provides a compre-
hensive overview that investigates the feasibility of utilizing
mmWave RAT for the aerial networks. The performance of
the mmWave assisted aerial network is analyzed in the litera-
ture for the condition of heavy traffic in the hot-sport area [9].
It ensures that the mmWave supports a high data rate when
utilized at A-BSs. In addition to the performance in terms of
high data rate, the mmWave assisted aerial networks are ana-
lyzed for coverage performance [23]. Also, the coverage and
spectral efficiency analysis for the mmWave-assisted aerial
network are presented in [24]. In [6], the authors consider
an aerial network for the application to provide coverage to
cell-edge UEs in heterogeneous cellular networks. It can be
concluded from the discussion that the mmWave promises
unprecedented advantages over microwave RAT at A-BSs.

Note that, the more practical scenario is to use A-BSs
in conjunction with T-BSs to provide services to UEs.
Despite this fact, there is limited work that considers an
integrated aerial-terrestrial network [7], [25]–[30]. In partic-
ular, the integration of UAVs (aerial networks) with terres-
trial networks from the 5G perspective is presented in [25].
While the use of UAV as an A-BSs to help T-BSs by
offloading data traffic in crowded areas is presented in [7].
Specifically, the framework in [7] uses microwave RAT for
both T-BS and A-BS and aims to maximize the through-
put of the downlink single-cell network. However, in our
recent work [26], we focused on improving the CP of
aerial-terrestrial networks using microwave frequencies in
an orthogonal manner. Besides, the work in [27] considered
an integrated aerial-terrestrial network where both the T-BS
and A-BS share the same microwave spectrum, and analyses
downlink and uplink coverage performance. Similar to [27],
the authors in [28] investigated the coverage performance
of aerial-terrestrial network utilizing microwave RAT. More-
over, the work in [29] considers a downlink aerial-terrestrial
network comprising of T-BS and A-BS, where both stations

operate at microwave frequency and investigate coverage
and rate performance. In [30], the authors analysed the CP
and rate of A-UE in an integrated aerial-terrestrial network.
These works conclude that the concurrent transmissions from
both stations cause interference to each other, consequently
degrade the performance of the aerial-terrestrial network.

A stochastic geometry has emerged as a tractable approach
to model and analyze the performance of wireless systems via
spatial processes, such as the Poisson Point Process (PPP)
[23], [31]. Along with ensuring the tractability of mathe-
matical analysis, the PPP assumption assures accuracy in
approximating the actual cellular network topology. Most
prior work on terrestrial and aerial networks also model
the location of T-BSs and A-BSs, respectively, based on
PPP [23], [26], [32]–[37]. A similar stochastic geometry
analysis via PPP may also be conducted to model the location
of T-BSs and A-BSs in aerial-terrestrial networks.

B. OUR CONTRIBUTION
It is evident from the literature that the focus of the existing
research on the aerial-terrestrial networks is progressed in
the direction of a trade-off between coverage and rate. How-
ever, we believe, it is possible to obtain good coverage and
rate, considering the optimal combination of mmWave and
microwave RAT. To the best of our knowledge, this study
have not yet been presented in the literature to date. This
paper exploits the merits of mmWave and microwave RAT
to improve the performance of downlink aerial-terrestrial
network. The aim is to achieve high rate, while maintaining
the reliability for the UE. The main contributions of the paper
are summarized as follows:
• We model an integrated mmWave and microwave-
assisted aerial-terrestrial network. The mmWave RAT is
considered for A-BSs, while microwave RAT is consid-
ered for T-BSs. In addition, we introduced a novel asso-
ciation strategy for the modeled network that ensures
a high data rate along with a good CP of UE. The
association strategy is presented in Section II.

• We used the air-to-ground channel model, which con-
siders both LoS and non-LoS (NLoS) transmissions.
Using the stochastic geometry framework, an analytical
model is developed to analyze the downlink CP and the
average rate performance of themodeled network. These
analytical results are validated by simulation results.

• We analysed the impact of various parameters
(viz. CP and rate) on the network performance, and
draw some useful insights into the network design for
its practical implementation in 5G/6G technologies. It is
shown that differences in CP and average rate between
integrated and mmWave networks are significant at a
lower density of A-BSs. It means the role of T-BSs is
very crucial at a lower density of A-BSs. However, at a
higher density of A-BSs, the microwave-assisted T-BSs
in the integrated network acts as a backup link to A-BSs.

The summary of main symbols used in the paper are listed
in Table 1.
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TABLE 1. Summary of main symbols.

II. SYSTEM MODEL
A. NETWORK MODEL
We consider an aerial-terrestrial network consisting of A-BSs
and T-BSs, and focus on the downlink performance. The loca-
tion of T-BSs are modeled by homogeneous Poisson point

process (PPP) on R2, denoted by ψT
4
= {yi} where yi refers

to the location of ith T-BS, with a density λT [TBS/km2].
While the A-BSs are deployed at a height h, and their location
distribution form a another independent homogeneous PPP

on R2, denoted by ψA
4
= {xi} where xi refers to the location

of ith A-BS, with a density λA [ABS/km2]. It is worth men-
tioning that if A-BS are at different heights (i.e., in 3D space),
our framework is still applicable, since the performance of a
network of A-BSs with different heights closely matches that
of A-BSs deployed at the same height equal to the average of
A-BSs heights [29]. Without loss of generality, we assume
that a typical UE is located at the origin O of a Cartesian
system. Note that all T-BSs and A-BSs transmit at a fixed
power of PT and PA, respectively.
The A-BSs are assumed to be operated at mmWave RAT,

while the T-BSs are assumed to be operated at microwave
RAT. The reason for considering mmWave RAT for A-BS
is that A-BS often provides LoS channel links with ter-
restrial UEs, so mmWave RATs can significantly captivate
the benefits of such conditions to provide higher data rate.
Moreover, the directional antenna array model is considered
for mmWave RAT to compensate for the high path-loss and
reduce the co-channel interference, which is detailed in the

FIGURE 2. Illustration of the network model. The typical UE is located at
the origin of Cartesian system. Also, A-BSs and T-BSs are deployed in a
circular area according to PPP.

next subsection. While the omnidirectional antenna model is
considered for microwave RAT for tractability of analysis.
It is notable that our proposed work considers a static A-BS
scenario, however, the proposed work can also be extended
to a mobile A-BS scenario. In the mobile scenario, the beam
alignment between A-BS and UE is challenging, which needs
to be updated frequently [38]. Besides, in the literature, dif-
ferent algorithms are proposed to solve the beam alignment
issues [39]–[44]. In the mobile scenario, beam alignment
algorithms from the literature can be applied first, and then
on top of these algorithms, the scheme proposed in this paper
can be applied to improve network performance.

B. CHANNEL MODEL
The transmission of signal via wireless channel is modeled by
path-loss attenuation and small-scale fading. However, both
the aerial channel and the terrestrial channel have different
channel characteristics as follows.

1) AIR-TO-GROUND CHANNEL
According to [7], [9], air-to-ground links are either LoS or
NLoS. Their probability of occurrence depends on the build-
ings height and density, environment, and angle of elevation
in between the propagation path of typical UE and UAV.
In particular, UAV n is said to be in LoS, if a link connecting
typical UE and UAV n does not intersect any obstacles. Here,
the LoS probability is modeled as in [7],

p̂L(r) =
1

1+ C exp
[
− D ( 180

π
sin−1( hr )− C)

] . (1)

where C and D are constants that depend on the environment
whose value are detailed in Section V, and r is the distance
between typical UE and generic A-BS. Similarly, the NLoS
probability is given by complementary probability p̂N (r) =
1−p̂L(r). In the air-to-ground channel model, each UE linked
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to A-BSs by either a LoS or NLoS transmission. Accordingly,
the set of A-BSsψA can be decomposed into two independent
PPPs, i.e., ψA = ψA,L ∪ ψA,N . Where ψA,L and ψA,N denote
the set of A-BSs that are in LoS or NLoS state with the
reference UE, respectively.

In literature, Rayleigh distribution is the widely used fad-
ing model to characterized the NLoS links. While Rician
distribution is the appropriate fading model to character-
ized the LoS links [8]. However, Nakagami-m distribu-
tion due to its mathematical tractability is generally used,
which can approximate Rician distribution [29]. In particular,
Rician fading with Rician factor (K ) can be approximated to
Nakagami-m fading by setting shape parameter (m) according
to its relation with K , given by m = (K+1)2

2K+1 . Therefore, this
paper assume that LoS aerial links experience Nakagami-m
fadingwith shape parametermL and scale parameter� = 1

mL
,

while NLoS aerial links experience Rayleigh fading. How-
ever, the Rayleigh fading is the special case of Nakagami-m
fading, i.e., Rayleigh fading can be readily obtained from
Nakagami-m fading by setting m = 1. Therefore, both the
LoS and NLoS fading power between typical UE and A-BSs
located at point xj (denoted by ĝS,xj , where S = {L,N })
can be modeled using a Gamma distribution, that is, ĝS,xj ∼
G(mS , 1

mS
), where its probability density function (pdf) is

given by [29],

fĝS,xj (y) =
mSmS ymS−1exp(−ymS )

0(mS )
, (2)

where 0(mS ) is the Gamma function given by 0(mS ) =∫
∞

0 zmS−1exp(−z)dz. The path-loss for LoS (L) and NLoS
aerial links (N ) between the typical UE and the A-BSs located
at point xj is given by: L̂S (xj) = CSD̂

−α̂S
S,xj . Here, DS,xj denote

the distances between typical UE and the A-BSs located at
point xj for S = {L,N } aerial link transmissions. Also,
α̂S denote the path-loss exponents for the S = {L,N } aerial
link transmissions. Finally, CS denote the path-loss gain at
unit distance for S = {L,N } aerial link transmissions.
Antenna Model: We assume that the A-BSs use directive

beamforming to minimize co-channel interference and coun-
terbalance the high path loss [23]. In this work, the antenna
array for A-BSs are modeled as a uniform planar array with
NA elements to achieve directive beamforming. It is worth
mentioning that for the tractability of the analysis, these
antenna patterns can be well approximated by a sectored
antenna model [23], [45]. Accordingly, the effective antenna
gain of A-BS antenna (denoted byGA) is modeled as follows:

GA =

{
GM , if |ψ | ≤ ψM

2 .

gS , otherwise,
(3)

where GM and gS denote the main-lobes and side-lobes
gains, respectively, ψ denotes the sector angle, and ψM ∈
[0, π] denotes the beamwidth in degrees. On the other hand,
the interfering links can be modeled as a uniform random
variable in [−π, π] [46]. Hence, the effective antenna gains of
the interfering links (denoted byGI ) isGM with a probability
pm =

ψM
2π , and is gs with a probability ps = 1− ψM

2π .

2) TERRESTRIAL CHANNEL
We considered a standard power law path-loss model for
terrestrial links. Therefore, the path-loss for terrestrial links
between the typical UE and the T-BSs located at point yj is
given by: L(yj) = C0 D−αyj . Here, Dyj denotes the distance
between the typical UE and the T-BSs located at point yj.
Also, C0 = ( c

4π fµ
)2 defines the path loss gain at unit distance,

where c is the velocity of light, and fµ denotes the operat-
ing frequency for microwave RAT. Moreover, α denotes the
path-loss exponents of terrestrial link. Besides, we assume
that the terrestrial links experience Rayleigh fading, and we
consider an omnidirectional antenna model at T-BSs.

C. SINR CALCULATION AND ASSOCIATION STRATEGY
With the use of directional antennas, mmWave networks tend
to be noise-limited, rather than the interference-limited, as the
beamforming gain obtained by the use of directional antennas
significantly minimizes the impact of the co-channel interfer-
ence [46], [47]. Therefore, without loss of generality, we have
considered a noise-limited scenario for the mmWave RAT
[46], [47]. Unlike mmWave networks, microwave networks
are interference-limited [31]. Therefore, we have considered
an interference-limited scenario for the microwave RAT.

The instantaneous SNR (denoted by 3̂S ) of proposed inte-
grated aerial-terrestrial network at the typical UE when it
connects to either LoS or NLoS A-BS (i.e., S = {L,N })
located at point z0 ∈ ψA,S is given by

3̂S =
PAGM ĝS,z0 L̂S (z0)

σ 2F
, if z0 ∈ ψA,S , (4)

where PA denotes the transmit power of A-BS, ĝS,z0 denotes
the LoS or NLoS (i.e., S = {L,N }) channel fading
power from typical UE to serving A-BS located at point
z0, L̂S is the effective path-loss for aerial links as defined
in Section II. B. 1, σ 2 is the thermal noise power modeled
as additive white Gaussian noise, and F denotes the noise
figure.

The instantaneous SIR (denoted by ϒ) of proposed inte-
grated aerial-terrestrial network at the typical UE when it is
associated with T-BS located at point z0 ∈ ψT is given by

ϒ =
PT gz0L(z0)
IψT /z0

, if z0 ∈ ψT , (5)

where PT denotes the transmit power of T-BS, gz0 denotes
the channel fading power from typical UE to serving T-BS
located at point z0, L(z0) is the path-loss for terrestrial links
as defined in Section II.B.2, and IψT /zo is the aggregate
interference, which comes from set of all T-BSs except the
serving T-BS.

IψT /z0 =
∑

yj∈ψT /zo

PT gyjL(yj). (6)

Association Strategy: In the integrated mmWave and
microwave networks, each UE may connect to either A-BS
(i.e., with mmWave RAT) or T-BS (i.e., with microwave
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RAT) based on the association strategy. As discussed ear-
lier, mmWave and microwave RATs have different channel
characteristics (i.e., they have different path loss, blockage
sensitivity, noise-power, channel bandwidth), which offers
a trade-off between the coverage and data-rate performance
of mmWave and microwave RATs. For instance, microwave
RAT offers good coverage, but data-rate is limited. While
mmWave RAT offers good data-rate, but coverage is limited.
However, to benefit from both RATs, it is important to use
them appropriately. In other words, it is important to con-
sider an appropriate association strategy. The existing highest
SNR-based association strategy gives an association prefer-
ence to the RAT that provides the highest SNR. In the case
when the typical user meets the coverage requirements by
both mmWave and microwave RAT, the highest SNR-based
RAT selection approach does not always take advantage of
wideband mmWave RAT to provide enhanced rates. In other
words, the SNR-based RAT selection approach may limit
the average rate of the system in such a case despite hav-
ing the capability to increase the data rate. In this paper,
we have proposed a threshold based association strategy that
improves the average rate of an aerial-terrestrial networks
without compromising the coverage probability by employ-
ing an optimal combination ofmmWave andmicrowave RAT.
As per the proposed association strategy, the association of a
typical UE to either T-BS or A-BS is determined based on a
predefined threshold (Sth). In detail, the association strategy
first checks the SNR experienced by a typical UE from the
nearest A-BS. If the received SNR is greater than the prede-
fined Sth, the typical UEwould associate to A-BS. Otherwise,
it would associate with T-BS. It means the proposed associ-
ation strategy gives the association preference to mmWave
RAT based on Sth. Hence, with this association policy, we can
improve the rate of the aerial-terrestrial network. It is worth
mentioning that this association strategy also improves the
CP of the aerial-terrestrial network. However, to determine
the association of typical UE with either LOS A-BS or
NLOS A-BS, we considered a highest average received
power-based association strategy. In the calculation of high-
est averaged received power, we set the average small-scale
fading power to unity [29]. Based on the highest received
power association strategy and the assumption thatE[ĝL,xj ] =
E[ĝN ,xj ] = 1, ∀xj ∈ ψA, the serving A-BS is defined as
follows:

ẑ0 = argmax{CL Ŝ
−α̂L
L ,CN Ŝ

−α̂N
N }, (7)

where ŜL = min
∀xj∈ψA,L

D̂L,xj , and ŜN = min
∀xj∈ψA,N

D̂N ,xj .

III. COVERAGE ANALYSIS
The CP of UE is generally defined as the probability that
SINR achieved by a randomly chosen UE is greater than a
target SINR (T ):

Pc = P(SINR > T ). (8)

However, the CP computation for the proposed frame-
work includes the following steps. As discussed earlier in

FIGURE 3. Illustration of connectivity and interference in the proposed
integrated mmWave and microwave aerial-terrestrial network. Here, solid
black arrows show the desired signal links, while the dotted red arrows
show the interfering links.

previous Section, the reference UE is served by a single BS
i.e., by either LoS A-BS, NLoS A-BS, or T-BS. Let EQ,
Q = {L,N ,T } denotes three disjoint events that the typical
UE is associated with a LoS A-BS, NLoS A-BS, or T-BS,
respectively. Also, we define the event for the typical UE
is in coverage, which is denoted by C . The CP of UE is
computed based on the relation: PC =

∑
Q P[C|EQ]P[EQ],

Q = {L,N ,T }. The CP of UE is computed based on
the relation: PC =

∑
Q P[S|EQ]P[EQ], Q = {L,N ,T }.

Therefore, before proceeding to compute the expressions for
the CP, we derive expressions for the probabilities of UEs
association with A-BS (using S = {L,N } aerial transmission
link (denoted by AS , where S = {L,N }) or T-BS.

A. NEAREST INTERFERING BS
From the previous discussion, it can be noticed that inter-
fering T-BSs and A-BSs lie at a distance larger than 0 m,
h m, respectively, from the typical UE. However, the clear
insight on the distance of nearest interfering BS from the
typical UE can be given after knowing the association state
of typical UE (Q = {L,N ,T }). The following remark gives
clear information on the nearest interfering LoSA-BSs, given
that the typical UE is associated to NLoS A-BS. This result is
helpful for the computation of main results (i.e., calculation
of CP for the proposed network) of this paper.
Remark: Suppose that the typical UE is associated to

NLoS A-BS located at a distance r meters, then the nearest
interfering LoS A-BS is at least at distance dLN (r), which is
given by

dLN (r) =
(
CL
CN

) 1
αL
r
αN
αL . (9)

Proof: The average received power of typical UE from
the serving NLoSA-BS located at a distance r meters is given
by: Pr,N = PACN r−α̂N . The nearest interfering LoS A-BS
lies at a distance larger than dLN (r), which can be computed

using the relation PACN r−α̂N = PACLdLN
−α̂L (r). �
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B. DISTANCE DISTRIBUTIONS AND ASSOCIATION
PROBABILITIES
To calculate the average association probabilities, CP, and the
rate of UE, it is important to obtain the pdf of the distance
between the UE and the nearest serving T-BS and A-BS.
Lemma 1: The pdf of the distances between the typical UE

and the nearest LoS A-BS, and NLoS A-BS, denoted by fŜL (r),
and fŜN (r), respectively, are given by

fŜL (r) = 2πλArp̂L(r)exp
(
− 2πλA

∫ r

0
xp̂L(x)dx

)
, (10)

fŜN (r) = 2πλArp̂N (r)exp
(
− 2πλA

∫ r

0
xp̂N (x)dx

)
. (11)

Proof: See Appendix A. �
Lemma 2: The pdf of distance between the typical UE and

nearest serving T-BS, denoted by fR(r), is expressed as

fR(r) = 2πrλT exp(−πλT r2), (12)

where, r > 0.
Proof: The proof for fR(r) is provided in [31], hence

omitted here. �

C. ASSOCIATION PROBABILITIES
As per the association strategy for the proposed integrated
network, the typical UE is served by either LoS A-BS, NLoS
A-BS, or T-BS. The association probabilities for these three
cases are obtained below:

(i) Association with NLoS A-BS: The typical UE is
associated with NLoS A-BS, if it satisfies the following two
conditions. (a) the received SNR at the typical UE from the
nearest NLoS A-BS is greater than Sth, i.e., 3̂N > Sth, and
(b) the power received from the nearest NLoS A-BS is higher
than the power received from the nearest LoS A-BS. Combin-
ing these two conditions, the probability that the typical UE
is served by A-BS via NLoS aerial transmission link is given
by

AN = ALNAm,N , (13)

where Am,N and ALN are the mathematical notations, which
define the condition (a) and condition (b), respectively in a
probabilistic form. In particular, ALN defines the probability
that the power received from the nearest NLoSA-BS is higher
than the power received from the nearest LoS A-BS. While
Am,N defines the probability that the received SNR at the
typical UE from the nearest NLoS A-BS is greater than Sth.
The expression for ALN and Am,N are obtained as follows
(see lemma 3 and 4).
Lemma 3: The expression for ALN defined in (13) is given

by

ALN =
∫
∞

h
exp
(
− 2πλA

∫ dLN (r)

0
xp̂L(x)dx

)
fŜN (r)dr, (14)

where dLN (r) is given in (9), while fŜN (r) is given in (11).
Proof: See Appendix B. �

Lemma 4: The expression for Am,N defined in (13) is given
by

Am,N = 1− EŜN

[
exp(−�NnN )

∞∑
k=mN

(�NnN )k

k!

]
, (15)

where nN =
Sthσ 2F

PAGM L̂N (z0)
.

Proof: See Appendix C. �
(ii) Association with LoS A-BS: The typical UE is associ-

ated with LoS A-BS, if it satisfies the following two condi-
tions. (a) the received SNR at the typical UE from the nearest
LoSA-BS is greater than Sth, i.e., 3̂L > Sth, and (b) the power
received from the nearest LoS A-BS is higher than the power
received from the nearest NLoS A-BS. Combining these two
conditions, the probability that the typical UE is served by
A-BS via LoS aerial transmission link is given by

AL = ANL Am,L , (16)

where Am,L and ANL are the mathematical notations, which
define the condition (a) and condition (b), respectively in a
probabilistic form. In particular, ANL defines the probability
that the power received from the nearest LoS A-BS is higher
than the power received from the nearest NLoS A-BS. While
Am,L defines the probability that the received SNR at the
typical UE from the nearest LoS A-BS is greater than Sth.
The expression for ANL and Am,L are obtained as follows
(see lemma 5).
Lemma 5: The expression for ANL defined in (16) is given

by

ANL = 1− ALN . (17)

Proof: The proof of (17) follows from law of total
probability, i.e., ANL + A

L
N = 1. �

Lemma 6: The expression for Am,L defined in (13) is given
by

Am,L = 1− EŜL

[
exp(−�LnL)

∞∑
k=mL

(�LnL)k

k!

]
, (18)

where nL =
Sthσ 2F

PAGM L̂L (z0)
.

Proof: The proof follows the similar process as
Lemma 4, so omitted here. �
Remark: The probability that the typical UE is associated

with an A-BS is given by Aeff = AN + AL . This probability
defines the average fraction of UEs served by A-BSs.

(iii) Association with T-BS: The typical UE is served by
T-BS, if the received SNR at the typical UE from the nearest
A-BS (LoS or NLoS) is less than Sth.
Lemma 7: Given that typical UE is associated to a NLoS

A-BS, then pdf of distance between typical UE and serving
NLoS A-BS, denoted by fR̂N (r), is expressed as follows.

fR̂N (r) =
fŜN (r)

AN
exp
(
− 2πλA

∫ dLN (r)

0
xp̂L(x)dx

)
×

(
1− exp

(
− 2πλA

∫ f (Sth)

0
xp̂N (x)dx

))
. (19)
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Proof: See Appendix D. �
Lemma 8: Given that typical UE is associated to a LoS

A-BS, then pdf of distance between typical UE and serving
LoS A-BS, denoted by fR̂L (r), is expressed as follows.

fR̂L (r) =
fŜL (r)

AL
exp
(
− 2πλA

∫ dNL (r)

0
xp̂N (x)dx

)
×

(
1− exp

(
− 2πλA

∫ f (Sth)

0
xp̂L(x)dx

))
. (20)

Proof: This proof for LoS scenario follows the similar
process as Lemma 5, so omitted here. �

D. COVERAGE PROBABILITY CALCULATIONS: MAIN
RESULTS
We are now ready to present our main results on CP.
Theorem 9: The average CP contributed by A-BSs in an

integrated aerial-terrestrial networks is defined as,

PC,A = PC,A,LAL + PC,A,NAN , (21)

where PC,A,L and PC,A,N define the conditional CP i.e., CP
when the typical UE is associated to LoS A-BS and NLoS
A-BS, respectively. Also, these expressions for PC,A,L and
PC,A,N are given by:

PC,A,L = 1− ER̂L

[
exp(−�LxL)

∞∑
k=mL

(�LxL)k

k!

]
, (22)

PC,A,N = 1− ER̂N

[
exp(−�N xN )

∞∑
k=mN

(�N xN )k

k!

]
, (23)

where xS = Tσ 2F

PAGM R̂
−α̂S
S

such that S = {L,N }.

Proof: See Appendix E. �
The CP contributed by T-BSs in an integrated aerial-

terrestrial networks is defined as,

PC,T =
∑
S∈L,N

P[ϒT > T |3̂S < Sth]P[3̂S < Sth]. (24)

Theorem 10: The expression for the average CP con-
tributed by T-BSs in an integrated aerial-terrestrial networks
is given by,

PC,T =
∑
S∈L,N

EŜS

[
exp(−�n)

∞∑
k=m

(�n)k

k!

]

×ER
[
exp{−2πλTG(T , α)}

]
, (25)

where G(T , α) =
∫
∞

r

(
1 − 1

1+ TPT L(u)
L(z0)

)
udu, � = 1

m , n =

Sthσ 2F
PAGM L̂S (z0)

.

Proof: See Appendix F. �
Theorem 11: The effective CP of proposed integrated

mmWave andmicrowave framework for aerial-terrestrial net-
work is given by

PC,Eff = PC,T + PC,A. (26)

Proof: The effective CP of proposed integrated
mmWave andmicrowave framework for aerial-terrestrial net-
work can be obtained by adding the resulting expressions
of Theorem 10 (which gives the expression for PC,T ) and
Theorem 9 (which gives the expression for PC,A). �
It is worth mentioning that the closed form expression for

the final CP is not feasible, since we do not have a closed form
for the integration in (14) and (15) [29]. However, we can
still obtain insight of (26) making use of numerical evaluation
of the integrals, i.e., CP plot for the proposed network is
shown in Section V making use of numerical evaluation of
the integrals).

IV. AVERAGE RATE ANALYSIS
In this section, we derive the average rate expressions for the
proposed aerial-terrestrial network.
Theorem 12: The average rate of typical UE in the pro-

posed integrated aerial-terrestrial networks is given by,

R = RT +RLAL +RNAN , (27)

where RL and RN define the conditional average rate,
i.e., average rate of typical UE given that it is associated to
LoS A-BS and NLoS A-BS, respectively. WhileRT defines the
average rate contributed by T-BS. The final expressions for
RT ,RL , andRN are given by:

RT =

∫
t>0

∑
S∈L,N

EŜS

[
exp(−�n)

∞∑
k=m

(�n)k

k!

]
×ER

[
exp{−2πλTG(T , α)}

]
dt. (28)

RL = 1− ER̂L

[ ∫
t>0

exp(−�LxL)
∞∑

k=mL

(�LxL)k

k!
dt
]
, (29)

RN = 1− ER̂N

[ ∫
t>0

exp(−�N xN )
∞∑

k=mN

(�N xN )k

k!
dt
]
,

(30)

where G(t, α) =
∫
∞

r

(
1 − 1

1+ (exp(t)−1)PT L(u)
L(z0)

)
udu, � = 1

m ,

�L =
1
mL
, �N =

1
mN
, n = Sthσ 2F

PAGM L̂S (z0)
, and xS =

exp(t)−1)σ 2F

PAGM R̂
−α̂S
S

for S = {L,N }.
Proof: See Appendix G. �

V. RESULTS AND DISCUSSION
We assume that a typical UE is located at the origin O
of a Cartesian system. Also, it is assumed that T-BSs are
distributed according to PPP in a 2-D terrestrial layer,
while A-BSs are distributed according to another indepen-
dent PPP in a 2-D aerial layer located at a height of h
metres from terrestrial layer. Let the locations of T-BSs and
A-BSs are given by T (xT , yT ) and A(xA, yA, h), respectively.
Therefore, the distances between typical UE and T-BSs are

given by
√
x2T + y

2
T . While the distances between typical

UE and A-BSs are given by
√
x2A + y

2
A + h

2. The simulation
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TABLE 2. Simulation parameters [23], [29].

parameters with their values used to plot the results are listed
in Table 2.

For typical UE, we generate an exponential fading power
for the nearest serving T-BS and a gamma fading power for
the nearest servingA-BS.Moreover, we generate an exponen-
tial fading power corresponding to its terrestrial interferers
and a gamma fading power corresponding to its aerial inter-
ferers. Then, we compute the SIR of the terrestrial layer and
SNR of the aerial layer. The CP contributed by A-BSs and
T-BSs for the proposed network is then evaluated, which are
averaged over 105 iterations. The CP contributed by A-BSs
is calculated based on the following two conditions: (i) the
received SNR at UEs from the nearest A-BS must be greater
than Sth, that is, 3A > Sth; and (ii) the received SNR of
mmWave UEs must be greater than T , that is, 3A > T .
While the CP contributed by T-BSs is calculated based on the
following two conditions: (i) the received SNR at UEs from
the nearest A-BS must be less than Sth; and (ii) the received
SIR from associated microwave T-BS is greater than T , that
is, ϒT > T . The average rate (R) of the proposed network
is evaluated according to the Shannon formula, that is, using
the relation,R = E[ln(1+ SINR)], which are averaged over
105 iterations.

A. COVERAGE ANALYSIS
Fig. 4 compares the CP of proposed networks with con-
ventional mmWave networks1 and conventional microwave
networks.2 It can be observed from Fig. 4 that the proposed
networks has higher CP than conventional mmWave net-
works and microwave networks. The reason for the higher
CP compared to the conventional mmWave network is that
the use of microwave RAT in the proposed network can com-
pensate for the effects of high path loss and blockage effect
at the mmWave frequency. Whereas the reason for the higher
CP than the microwave network is that the proposed network
uses the mmWave RAT for A-BSs and microwave RAT for

1conventional mmWave network is the one that considers mmWave RAT
for both T-BSs and A-BSs.

2conventional microwave network is the one that considers microwave
RAT for both T-BSs and A-BSs [29].

FIGURE 4. CP comparison of proposed network with conventional
mmWave and microwave network. Here, Sth = 0 dB, and h = 100 m.

T-BSs, hence eliminates the dominant LoS interference from
A-BSs to UEs. Moreover, it can be seen that the analytical
results closely match with the simulation results.

The individual CP contributed by T-BSs and A-BSs in the
proposed network is shown in Fig. 5. Note that, Sth = 0 dB
is taken to compute the CP. As discussed earlier, the CP
contributed by A-BSs is calculated as P[3A > max(T , Sth)].
Therefore, for the considered scenario with Sth = 0 dB and
T < 0 dB, the CP contributed by A-BSs can be simplified as
P[3A > Sth], which is independent of T . Therefore, the CP
contributed by A-BSs is constant till T = 0 dB. While for
T > 0 dB, the CP contributed by A-BSs can be simplified
as P[3A > T ]. Therefore, the CP decreases with the increase
in T after T > 0. On the other hand, the CP contributed by
T-BSs decreases with an increase in T .

B. RATE ANALYSIS
Fig. 6 shows the average rate variation of the typical UE
with the density of A-BSs (ABS/km2) for mmWave network,
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FIGURE 5. CP contributed by mmWave-assisted A-BSs and
microwave-assisted T-BSs in the proposed network. Here, Sth = 0 dB,
Gm = 20 dB, and h = 100 m.

FIGURE 6. Average rate variation of the typical UE with density of A-BSs
(ABS/km2) for mmWave network, microwave network, and proposed
network. Here, Sth = 0 dB, Gm = 20 dB, and h = 100 m.

microwave network, and proposed network. The following
observations can be made from the plots:
• The proposed network has a higher average rate than
the both microwave-assisted aerial-terrestrial network
and themmWave-assisted aerial-terrestrial network. The
reason is that the association strategy for the proposed
network gives the association preference to A-BSs (that
are assigned a mmWave RAT) based on the value of Sth,
which ensures higher data rates without compromising
CP. However, at higher A-BS densities, the average rate
for the proposed network approaches the average rate for
the mmWave network.

FIGURE 7. CP versus height of A-BS for mmWave network, microwave
network, and proposed network. Here, Sth = 0 dB, Gm = 20 dB,
h = 100 m.

TABLE 3. LoS probability parameters [29].

• The average rate for the proposed network and mmWave
network increase with A-BS density. This is because
as the density of A-BS increases, the probability that a
typical UE is associated with an LoS A-BS increases.
Thus, the probability that a typical UE is associated with
an interference dominated T-BS decreases. This combi-
nation of association probability with T-BS and A-BS
effectively improves the signal power while reduces
the interference power, and therefore the average rate
increases with A-BS density.

C. IMPACT OF A-BS HEIGHT
Fig. 7 shows the variation of CP with the height of A-BS
for mmWave network, microwave network, and proposed
network. It can be observed from Fig. 7, the plots of CP
for all networks exhibit the similar trend, i.e., the CP ini-
tially increases with the height of A-BS and then decreases.
Note that, for each network, there is a height at which the
CP is maximum. For the proposed network and mmWave
assisted aerial-terrestrial network, the probability that the
UEs experience LoS condition with A-BSs initially increases
with the increase in A-BS height while the path-loss due
to mmWave RAT is less dominating than the gain provided
by LoS links. Hence, in this region, the CP increases with
the height of A-BS. However, with a further increase in
A-BS height, the CP decreases, even though UE may be
served by LoS A-BS. This is due to the fact that as the
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FIGURE 8. Average rate variation with respect to height of A-BS for
mmWave, microwave, and proposed network. Here, Sth = 0 dB, and
Gm = 20 dB.

height of A-BS increases beyond a certain value, signal power
decreases owing to increase in path-loss with A-BS height.
Likewise, for microwave-assisted aerial-terrestrial network,
the probability for a UE to experience LoS condition with
A-BSs initially increases with the increase in A-BS height.
As a result, both signal power and interference power from
A-BSs decreases. However, the signal power dominates the
interference power up to a certain A-BS height, beyond this
value the interference power begins to dominate the signal
power. Hence, the CP initially increases with the height of
A-BS and then decreases.

Fig. 8 shows the variation of average rate with respect
to the height of A-BS for mmWave network, microwave
network, and proposed network. As can be seen from Fig. 8,
the different curves for all the networks exhibit the same
trend, i.e., the CP initially increases with the height of A-BS
and then decreases. The reason for this is similar to the CP
plots in Fig. 7.

D. IMPACT OF BS DENSITY
Fig. 9 plots the CP with respect to A-BS density for the
mmWave network, microwave network, and proposed net-
work. It can be observed that CP for the proposed network
increases with A-BS density. This is because as the density of
A-BS increases, the probability that a typical UE is associated
with an LoS A-BS increases. As a result, the probability of
typical UE associating with an interference dominated T-BS
decreases. This combination of association probability with
T-BS and A-BS effectively improves the signal power while
reduces the interference power, and therefore the CP of pro-
posed network increases with A-BS density. The individual
CP contributed by T-BSs and A-BSs in the proposed network
is shown in Fig. 10. As expected, the CP contribution by

FIGURE 9. CP versus A-BSs density for mmWave network, microwave
network, and proposed network. Here, Sth = 0 dB, Gm = 20 dB, and
h = 100 m.

FIGURE 10. Plot shows the CP contributed by A-BSs, T-BSs, and A-BSs +

T-BSs in the proposed network with the A-BSs density (ABS/km2). Here,
Sth = 0 dB, Gm = 20 dB, and h = 100 m.

A-BSs increase with the increase of A-BSs density. Thus,
the load on T-BSs decreases.

E. IMPACT OF ENVIRONMENT
To analyze the impact of environment on the performance of
proposed system, the values for LoS probability parameters
under different environment are listed in Table 3. In Fig. 11,
we compare the CP of proposed network for different envi-
ronments. As expected, the CP decreases as the surroundings
becomes denser (i.e., as the height and density of building
increases). The reason is that for dense scenario, the proba-
bility for typical user to experience a NLoS conditions with
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FIGURE 11. CP versus T for different aerial channel environments. Here,
Sth = 0 dB, Gm = 20 dB, and h = 100 m.

FIGURE 12. Average rate versus density of A-BSs (ABS/km2) for different
aerial channel environments. Here, Sth = 0 dB, Gm = 20 dB, and
h = 100 m.

A-BSs decreases. Hence the received power from serving
A-BSs decreases. Consequently, the role of interference dom-
inated T-BSs becomes more prominent. Hence, the effective
CP decreases as the surroundings becomes denser. Fig. 12
compare the average rate of proposed network for different
environments. The comparison presents the same observa-
tions, as presented by CP comparisons for different envi-
ronments, i.e., average rate decreases as the surroundings
becomes denser.

VI. CONCLUSION
In this work, we consider the downlink aerial-terrestrial net-
work, where both the mmWave and microwave interfaces

are used together. The performance of such a network is
analyzed in terms of CP, and average rate. Further, the perfor-
mance of the proposed network is compared with mmWave
network. The results claim that the proposed model leads
to improved performance in terms of both CP and average
rate. Also, the paper provides parametric analysis for CP
and rate with A-BSs height and A-BSs density to enable its
practical implementation in 5G/6G technologies. It is shown
that differences in CP and average rate between integrated
and mmWave networks are significant at a lower density
of A-BSs. It means that the role of T-BSs is very crucial
at a lower density of A-BSs. However, at a higher density
of A-BSs, the microwave-assisted T-BSs in the integrated
network acts as a backup link to A-BSs.

It is noteworthy that our proposed work provides analysis
for static A-BS scenarios. However, the work proposed under
the static A-BS scenario can be extended to the mobile A-BS
scenario. In addition, beam alignment between BS and UE
is a challenging problem in mobile networks, allowing the
present work to be extended to include beam alignment issue
in the future work.

APPENDIX A
PROOF OF LEMMA 1
Consider a LoS scenario, where the typical UE communicates
with the nearest LoSA-BS separated by a distance r . Since all
UEs communicate with the nearest LoS A-BSs, no other LoS
A-BSs lie nearer than the distance r . The cdf of the distance
between the typical UE and the nearest LoS A-BS is given by

FŜL (r) = 1− P[No LoS A-BS nearer than r]

= 1− P[ŜL > r]
(a)
= 1− exp

(
− 2π

∫ r

0
xλL(x)dx

)
(b)
= 1− exp

(
− 2πλA

∫ r

0
xp̂L(x)dx

)
. (31)

Here (a) follows from the void probability of PPP, while (b)
follows from the fact that λL(x) = λAp̂L(x). Finally, the pdf
of ŜL(r) is computed using the relation: fŜL =

d
dr FŜL (r). The

resulting expression proves the lemma for LoS scenario.With
the same steps as for calculating fŜL , one can also prove the
lemma for fŜN (i.e., for NLoS scenario).

APPENDIX B
PROOF OF LEMMA 3
Let ALN denotes the probability that the power received from
the nearest NLoS A-BS is higher than the power received
from the nearest LoS A-BS. Hence, the probability that the
typical UE is associated to A-BS via NLoS aerial transmis-
sion link is given by

ALN = P
[
PACN Ŝ

−αN
N > PACL Ŝ

−αL
L

]
= P

[
ŜL >

(CL
CN

) 1
αL Ŝ

αN
αL
N

]
(a)
= P

[
ŜL > dLN (ŜN )

]
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(b)
=

∫
∞

h
P
[
ŜL > dLN (r)

]
fŜN (r)dr . (32)

Here the step (a) in (32) follows from (9).While the step (b)
is to conditioned the resultant expression over the nearest
NLoS A-BS (i.e., average over pdf fŜN ). Finally, use the void
probability of PPP to complete the proof of ALN .

APPENDIX C
PROOF OF LEMMA 4
Am,N defines the probability that the received SNR at the
typical UE from the nearest NLoS A-BS is greater than Sth.

Am,N = P[3̂N > Sth] = P
[
PAGM ĝN ,z0 L̂N (z0)

σ 2F
> Sth

]
= EŜN

[
P
(
ĝN ,z0 >

Sthσ 2F

PAGM L̂N (z0)

)]
. (33)

Since ĝN ,z0 ∼ G(mN , �N =
1
mN

), we can further
solve Eq. (33) by deriving the cumulative distribution func-
tion (CDF) of the random variable XN = gN ,z0 , as below:

FXN (xN ;mN , �N ) = P[gN ,z0 ≤ xN ]

=
γ (mN , �N xN )

0(mN )
; xN ≥ 0, mN ≥ 0,

(34)

where γ (mN , �N xN ) is the lower incomplete gamma func-
tion, given by, γ (mN , �N xN ) =

∫ �N xN
0 tmN−1exp(−t)dt ,

and 0(mN ) is the gamma function, given by 0(mN ) =∫
∞

0 tmN−1exp(−t)dt = (mN − 1)!. Therefore, (33) becomes

= 1− EŜN

[∫ �N xN
0 tmN−1exp(−t)dt

(mN − 1)!

]
. (35)

For m > 0, (35) can also be expressed by the series expan-
sion as given in (33). This completes the proof of lemma.

APPENDIX D
PROOF OF LEMMA 7
The pdf of R̂N (r) is computed from the pdf of ŜN (r), i.e., the
pdf of R̂N (r) is the pdf of ŜN given that the typical UE is
associated with a NLoS A-BS (i.e., given that event EN has
occurred). It can be written as

fR̂N (r) =
d
dr

P(R̂N (r) ≤ r) =
d
dr

P(ŜN (r) ≤ r|EN )

=
d
dr

P(ŜN (r) ≤ r,EN )
P(EN )

. (36)

Using (32), the numerator in (36) can be expressed as
follows:

P(ŜN (r) ≤ r,EN )
(a)
= P

(
{ŜN (r) ≤ r} ∩ {ŜL(r) > dLN (r) ∩ ŜN (r) < f (Sth)}

)
= P

(
{ŜN (r) ≤ r ∩ ŜL(r) > dLN (r)} ∩

× {ŜN (r) ≤ r ∩ ŜN (r) < f (Sth)}
)

(b)
=

∫ r

h
P(ŜL(r) > dLN (r))P(ŜN (r) < f (Sth))fŜN (r)dr . (37)

Here the step (a) in (37) is follows from (32), where

f (Sth) =
(

Sthσ 2F
PAGMCN

)− 1
α̂L . Note that the lower limit of inte-

gration in step (b) is h, because the nearest NLoS A-BS from
the typical UE is at atleast a distance h. Now using the void
probability of PPP, we get

P(ŜN (r) ≤ r,EN )

=

∫ r

h
exp

(
− 2πλA

∫ dLN (r)

0
xp̂L(x)dx

)
×

(
1− exp

(
− 2πλA

∫ f (Sth)

0
xp̂N (x)dx

))
fŜN (r)dr .

(38)

Finally, substituting (38) into (36), and then differentiating
the resulting expression gives (19), which completes the proof
of lemma.

APPENDIX E
PROOF OF THEOREM 9
Given that the typical UE is associated with a LoS A-BS,
the conditional CP PC,A,L is given by

PC,A,L = P[3̂L > T ]

= ER̂L

[
P
(
ĝL,z0 >

Tσ 2F

PAGMCL R̂
−α̂L
L

)]
. (39)

Since ĝL,z0 ∼ G(mL , � =
1
mL

), we can further
solve Eq. (39) by deriving the cumulative distribution func-
tion (CDF) of the random variable X = gL,z0 , as below:

FX (x;m, �) = P[gL,z0 ≤ x]

=
γ (mL , �LxL)
0(mL)

; xL ≥ 0, mL ≥ 0, (40)

where γ (mL , �LxL) is the lower incomplete gamma func-
tion, given by, γ (mL , �LxL) =

∫ �LxL
0 tmL−1exp(−t)dt ,

and 0(mL) is the gamma function, given by 0(mL) =∫
∞

0 tmL−1exp(−t)dt = (mL − 1)!. Therefore, PC,A,L in (39)
becomes

PC,A,L = 1− ER̂L

[∫ �LxL
0 tmL−1exp(−t)dt

(mL − 1)!

]
. (41)

Here, xL = Tσ 2F

PAGM R̂
−α̂L
L

. For m > 0, (41) can be expressed

by the following series expansion,

PC,A,L = 1− ER̂L

[
exp(−�LxL)

∞∑
k=mL

(�LxL)k

k!

]
. (42)

This completes the proof of Theorem 1. The proof of the
conditional CP PC,A,N follows a similar method as that of
PC,A,L , therefore omitted here.

APPENDIX F
PROOF OF THEOREM 10
TheCP contributed by T-BSs in an integrated aerial-terrestrial
network is defined as

PC,T = P[ϒ > T |3̂S < Sth]P[3̂S < Sth]. (43)
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Upon applying Bayes’ rule, (43) can be rewritten as

PC,T = P[ϒ > T , 3̂S < Sth]

= P
[PT gz0L(z0)

IψT /z0
> T ,

PAGM ĝS,z0 L̂S (z0)
σ 2F

< Sth
]
.

(44)

Since both gz0 and ĝS,z0 are assumed to be independent,
Pc,T can be simplified as

PC,T = P
[
PT gz0L(z0)
IψT /z0

> T
]

×P
[
PAGM ĝS,z0 L̂S (z0)

σ 2F
< Sth

]
. (45)

Here, the second term in (45) can be solved as follows:

P
[
PAGM ĝS,z0 L̂S (z0)

σ 2F
< Sth

]
= 1− EŜS

[
P
(
ĝS,z0 >

Sthσ 2F

PAGM L̂S (z0)

)]
. (46)

Here ŜS = {ŜL , ŜN } define the distances from typical UE
to nearest LoS A-BS (ŜL) and NLoS A-BS (ŜN ). Eq. (46) can
be further solved by following the same steps as in (39)-(42).
Therefore, the final simplified expression is given as

P
[
PAGM ĝS,z0 L̂S (z0)

σ 2F
< Sth

]
= EŜS

[
exp(−�SnS )

∞∑
k=mS

(�SnS )k

k!

]
, (47)

where nS =
Sthσ 2F

PAGM L̂S (z0)
. While the first term in (45) can be

solved as follows:

P
[
PT gz0L(z0)
IψT /z0

> T
]
= ER

[
P
(
gz0 >

TIψT /z0
PTL(z0)

)]
. (48)

Here ER(.) denotes the expectation over the distance form
the typical UE to nearest T-BS. Since gz0 ∼ exp(1), (48) can
be expressed as

P
[
gz0 >

TIψT /z0
PTL(z0)

]
= ER

[
EIψT /z0

[
exp

(
−

TIψT /z0
PTL(z0)

)]]
= ER

[
LIψT /z0

(
T

PTL(z0)

)]
, (49)

where LIψT /z0 (s) denotes the Laplace transform of random
variable IψT /z0 (s) evaluated at s. According to the Laplace
transform definition

LIψT /z0 (s) = EIψT /z0
[
exp

(
− sIψT /z0

)]
= EψT /z0,gT ,yj

[
exp

(
− s

∑
yj∈ψT /zo

PT gyjL(yj)
)]

= EψT /z0

[ ∏
yj∈ψT /zo

Egyj
[
exp

(
− sPT gyjL(yj)

)]]
.

(50)

Using the fact that random variable gyj follows an exponen-
tial distribution with unit mean, i.e., gyj ∼ exp(1), (50) can be
written as

LIψT /z0 (s) = EψT /z0

[ ∏
yj∈ψT /zo

1
1+ sPTL(yj)

]

= exp
{
− 2πλT

∫
∞

r

(
1−

1
1+ sPTL(u)

)
udu

}
.

(51)

Note that the lower limit of the integral in (51) is r due to
the fact that all the interfering T-BSs are at least a distance
greater than r . Substituting s = T

PT L(z0)
in (51), we get

LIψT /z0

(
T

PTL(z0)

)
= exp

{
− 2πλT

∫
∞

r

(
1−

1

1+ TPT L(u)
L(z0)

)
udu

}
= exp{−2πλTG(T , α)}, (52)

whereG(T , α) =
∫
∞

r

(
1− 1

1+ TPT L(u)
L(z0)

)
udu. Substitute the final

expression of (52) in (49), we get the resultant expression for
the first term of (45). Then, multiply the obtained expression
with (47) to obtain the resultant expression for Pc,T , given
by (25). This completes the proof of Theorem 8.

APPENDIX G
PROOF OF THEOREM 12
The average rate is generally defined as R = E[ln(1 + ϒ)]
(nats/Hz). For any positive random variable X , E[X ] =∫
t>0 P(X > t)dt . Therefore, the average rate contributed by
T-BSs in proposed aerial-terrestrial network can be expressed
as

RT =

∫
t>0

P[ln(1+ ϒ) > t]dt

=

∫
t>0

P[ϒ > exp(t)− 1]dt. (53)

Using (53) and definition of CP, RT can be obtained
from (25) by substituting T = exp(t)−1, and then integrating
the resultant expression over t . This completes the proof of
Theorem 10 for T-BSs. The prrof for L,N follows the same
steps as that ofRT , so omitted here.
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