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ABSTRACT In this paper, Higher-Order Super-Twisting control (HOST) is designed and implemented for
trajectory tracking control of four wheels Skid-Steered Mobile Robot (SSMR). The conventional Super-
Twisting (ST) Second-Order Sliding Mode Control (SOSMC) is robust, yet it has two main drawbacks for
such a system, 1) the chattering phenomena persists on the system inputs and outputs which leads to vibration
in the robot motors and 2) the SSMR system has a relative degree equal to two. Therefore, the ST control
design requires a sliding variable containing error derivatives, which only permit asymptotic convergence.
For that, a higher-order controller is required for this control structure, which is designed for second order
sliding variable, in order to obtain a robust controller with finite-time convergence. The HOST control can
reduce chattering in steady-state compared with conventional ST-SOSMC and converge the state variables
in finite time. The performance of this controller has been validated experimentally on Pioneer P3AT SSMR
robot. The experimental results show good performance under parametric uncertainty variations and external
disturbance with neglected chattering.

INDEX TERMS Trajectory tracking control, higher order sliding mode, super twisting algorithm, skid-
steered mobile robot.

I. INTRODUCTION
Autonomous mobile robots are used in several applications
mainly where human intervention or guidance is not possi-
ble. The Skid Steered Mobile Robot (SSMR) vehicle moves
by creating differential torques through wheel motors on
opposite sides. These robots are known for their mechanical
robustness as they do not need a steering system and can sim-
ply move on a rough surface. Their trajectory tracking control
is very difficult, as they tend to skid laterally on curved paths.
The mathematical model of the robot is divided into two parts
kinematic model and dynamic model [1]. In contemporary
literature, most controller designs take into account only the
kinematics of SSMR robots. In practice, however, trajectory
tracking requires robot dynamics to be taken into account in
the control design for robustness purposes [2].

In the literature, many papers address the trajectory track-
ing control of SSMR. In [3], a robust controller is pre-
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sented which uses exponential stabilizing state feedback and
it also generates friction estimations. This controller has been
shown to work for straight paths only, through simulation.
A modified Proportional-Integral-Derivative (PID) controller
has been developed in [4]. In [5], [6], the authors address
a method for finding controller gains according to actua-
tor saturation limits. This method is prone to steady state
errors, and it leaks for robustness against uncertainties. In [7],
an adaptive PID approach has been used, dependent upon
initial estimations, which may not be precise. This controller
has been shown good performance only on short trajectories.
Other approaches include fuzzy logic and model predictive
controllers are presented in [8], [9]; all of them suffer similar
drawback, which is the requirement of full knowledge of the
system behavior. In [10], the authors proposed a feedback
hierarchical controller for velocity tracking using a modular
observer to estimate the vehicle longitudinal velocity and
input-to-state stability theory. In [11], Adaptive Neural Net-
work based trajectory tracking control for SSMR is proposed.
Fuzzy logic controller has been implemented in [12]. Despite
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the good performance of the proposed controller in terms
of precision and speed response, the fuzzy logic controller
depends on the number of rules integrated into the control
design.

In [13], [14], a first order Sliding Mode Control (SMC)
is applied for trajectory tracking control. This controller has
good performance and no steady state error. SMC suffers
from high frequency oscillations in the system outputs. This
oscillation is the classical sliding mode drawback, and it is
known by chattering. The authors in [15]–[17] and [16]–[18]
used a Second-Order SMC (SOSMC) based on the Super-
Twisting algorithm (ST) and the proposed controller designs
showed good performance. In [19], [20], SOSMC has been
designed and experimentally implemented for quadrotor tra-
jectory tracking. SOSMC algorithms reduce chattering while
maintaining the steady state performance level. But as the
SSMR has a relative degree 2 with the respect to sliding
variables, therefore the sliding variables were designed using
derivative of the controller error in order to decrease the
relative degree of the system. The state variables converge
asymptotically to their steady states [21]. In case the sys-
tem uncertainty bounds are known, then robust controller
gains can be maximized in order to improve the controller
performance in terms of response time, which results in
chattering. For these reasons, Higher-Order Sliding Mode
Control (HOSMC) was developed in order to design a con-
troller for higher-order sliding variable by maintaining the
same features of a classical SMC [22]–[24]. The authors
in [25] proposed an adaptive SOSMC in which the gains
adapt dynamically to the system parametric variations. The
controller gains increase during transit state and decrease
when a predefined neighborhood of the sliding variable is
achieved. This algorithm is a good solution when the system
suffers from unknown parametric variations, and it reduces
the chattering at steady state.

In this work, the control design problem using Higher-
Order Super-Twisting (HOST) controller based on higher-
order sliding mode control is addressed [26]. HOST
controller is developed for perturbed chain of integrators for
arbitrary order. The controller ensures finite time conver-
gence of the sliding variable and its r th derivatives to zero,
by using a continuous control signal through the explicit
construction of strict homogeneous Lyapunov function. The
principal contributions are; First, the concept of higher-order
sliding variable is introduced in order to ensure a finite time
convergence of double chain of integrators. The higher-order
sliding mode controller is designed for controlling SSMR
system which has a relative degree equal to two with respect
to the sliding variable; Second, the chattering can be reduced
which improves the control performance. Hence, it provides
smooth operation of the robot motors without any vibration
due to its higher order controller design. This controller main-
tains the features of the conventional sliding mode controller,
such as robustness under parametric uncertainty and external
disturbance. The proposed control design has been validated
experimentally using the Pioneer P3AT SSMR robot. The

dynamic model used in this work is based on [3], [7]. Exper-
iments were conducted for comparing the proposed control
design performance with other algorithms in practice. Fur-
thermore, image processing has been applied to verify the
trajectory tracking of different algorithms.

The rest of the paper is structured as follows: the math-
ematical model of the system is presented in Section II.
In Section III, the Higher-Order Super-Twisting mode con-
troller is described. In Section IV, the proposed control design
is discussed. Experimental validation and comparison studies
are included in Section V. While Section VI contains con-
cluding remarks.

II. PROBLEM FORMULATION
The SSMRmodel is based on [7], which is subsequent to [3].
The main assumptions are:
• Robot speed below 10 km/h;
• Perfect longitudinal traction (no wheel slip);
• Rigid body movement restricted to 2D plane;
• Lateral effort on tires proportional to the vertical load.

The state vector is given by q = [x y θ ]T , where x and y
provide the vehicle center in the earth frame, and θ provides
orientation in the 2D frame. The state dynamics q are

q̇ =

 cos θ −d sin θ
sin θ d cos θ
0 1

[ ν
ω

]
, (1)

where ν and ω are the linear and angular velocities, and d is
the distance between the robot’s center of rotation and center
of gravity. The dynamic model is represented by the linear
and angular acceleration and given by the state vector η =
[ν ω]T . The model can be written as follows:

η̇ =


c3
c1
ω2
−
c4
c1
ν

−
c5
c2
νω −

c6
c2
ω

+


1
c1

0

0
1
c2

[ νr
ωr

]
, (2)

where, νr and ωr are the system’s control inputs, and they
are reference linear velocity and reference angular velocity
respectively. q and η are measured. With c1, . . . , c6 are posi-
tive constants that represent the robot’s physical parameters,
and they are given as follows:

c1 =
[
R
ka
(mk2r + 2Ie)+ 2krkdt

]
1

2krkpt
,

c2 =
[
R
ka
(Iek2d + 2k2r (Iz + mb

2))+ 2krkdkdr

]
1

2krkdkpr
,

c3 =
R
ka

mbkr
2kpt

, c5 =
R
ka

mbkr
kdkpr

,

c4 =
R
ka

(
kakb
R
+ Be

)
1

krkpt
+ 1,

c6 =
R
ka

(
kakb
R
+ Be

)
kd

2krkpr
+ 1, (3)
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with, m is the robot mass, Iz is the moment of inertia, R is
the electrical resistance of motors, kb is the electromotive
constant of motors, ka is the constant of torque motors, Be
is the coefficient of friction, Ie is the moment of inertia of
each group rotor-reduction gear-wheel, kr is the radius of the
wheels, b is the distance from the wheel to the gravity, kd
is the width of the robot. It is assumed that the robot servos
have proportional derivative controllers to control the rotation
speed of each motor, with proportional gains kpt > 0 and
kpr > 0, and derivative gains kdt > 0 and kdr > 0.

It is hard to estimate the exact values of the system param-
eters as they depend on the robot’s construction and specs
as well as the in-built velocity control loops. Each parameter
consists of two parts; estimated nominal value and uncertain
value [27]:

c1 = c01 + δc1, c2 = c02 + δc2,

c3 = c03 + δc3, c4 = c04 + δc4,

c5 = c05 + δc5, c6 = c06 + δc6, (4)

where c0i is the nominal value of parameter i, and δci repre-
sents uncertainty in its knowledge, i.e. |δci| ≤ δc0i < |c0i|,
where δc0i is a known positive bound. The expected variation
in the parameters of our system is estimated to be ±20% of
their nominal values.

A. CONTROL OBJECTIVE
The control objective for our robot is to track a given trajec-
tory:

qr = [xr , yr ]T . (5)

where xr and yr are reference positions defined in the earth
frame. qr is generated using a virtual kinematic model such
that it is C2 continuous with its Lipschitz constant dependent
upon the upper limit constraints on the robot’s velocities and
accelerations.

III. HIGHER-ORDER SLIDING MODE CONTROL
During the operation on terrain, a robot has to deal with
uncertain external conditions throughout. SMC is a simple
solution, which reacts immediately against system deviations
in presence of parametric variations as well as external dis-
turbance. However, this method has the drawback of ‘‘chat-
tering’’, i.e. high frequency oscillations in the system output.
Chattering can be avoided by acting on the higher-order time
derivatives of the system [28]. The HOST algorithm based
on HOSMC, proposed recently in [26], is adopted for this
application. This algorithm is a higher-order version of the
very well known conventional ST algorithm proposed in [29].
In section III-A, the major points of the design and proof
of HOST is presented. The interested reader can refer to
the original papers [26], [30] for more detailed discussion
about HOST. In section III-B, robust exact differentiator is
presented which is used to estimate the first time derivative
of the sliding variables.

A. HIGHER-ORDER SUPER-TWISTING ALGORITHM
Let us consider the following nonlinear system of relative
degree r :

ẋ = f (x)+ g(x)u,

y = s(x), (6)

where x ∈ Rn is the state vector whose dynamics depend
upon the smooth functions f and g. The control input is u ∈
R and s(x) represents the output function, which is also the
sliding variable. The control objective is to force this variable
and their r − 1 derivatives to zero. The r derivative of s(x) is:

sr = ϕ(t)+ γ (t)u(t). (7)

The functions ϕ(t) and γ (t) are assumed to be bounded, i.e.
∀u ∈ U and ∀x ∈ X ,

∃ ϕ̄ > 0, γ̄ > 0, and 0<γm ≤ γ (t)≤ γM , |ϕ̇(t)| ≤ ϕ. (8)

The HOST algorithm is defined by the following control law

u = kPv0 − kI

∫
∂rV1dt, (9)

where kI and kP are positive constants with kP > 1. ∂rV1 is
the partial derivative ofV1 with respect to the r−th coordinate
sr−1 and V is continuous positive function Rr

→ R+. v0 is
a feedback law and finite time stable.
In [26], two candidates for v0 have been proposed; Hong’s
controller and modified Hong’s controller. In this paper,
the Hong’s Controller is adopted as it is continuous, contrary
to the modified Hong’s controller, which suffers of some
discontinuity before convergence. Hence, the feedback con-
troller v0 and Lyapunov function V1 are determined using
a hybrid form between the continuous controller proposed
by [30] and the terminal sliding mode approach proposed
by [31]. This controller is constructed by induction method
starting by l1, l2, . . ., lr . At each iteration ‘‘i’’, the controller
ui stabilizes the ‘‘i’’ chain of integrators. The feedback con-
troller v0 is equal to the continuous function ur which is given
as a function of ui with i = 0, . . . , r − 1 and it is given as
follow

u0 = 0,

u1 = −l1
⌊
bseβ0 − bu0eβ0

⌉ p1
p0β0 ,

...

ui = −li

⌊⌊
si−1

⌉βi−1
− bui−1eβi−1

⌉ pi
pi−1βi−1

,

v0 = −lr

⌊⌊
sr−1

⌉βr−1
− bur−1eβr−1

⌉ pr
pr−1βr−1

, (10)

where li > 0, pi = 1+(i−1)κ , κ = −1/(r+1) < 0, β0 = p2
and βi = (β0 + 1)/pi+1 − 1, and with

bxeα = |x|α sign(x). (11)

The Lyapunov function V1 is given since v0 and V1 are
constructed simultaneously. Consider the Lyapunov function
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V0 which proves the stability of the controller v0

V0 =
r∑
i=1

Wi, (12)

whereWi is positive real-valued function and it is given by

Wi =
1

βi−1 + 1

(
|si−1|βi−1+1 + βi−1|ui−1|βi−1+1

)
− si−1 bui−1eβi−1 , (13)

Then, there exist l1, l2, . . . , lr > 0 such that the time deriva-
tive of V0 satisfies V̇0 ≤ −lV

((2+2κ)/(2+κ))
0 , where l > 0.

The Lyapunov function V1 is given as function of V0 which
also proves the stability of ‘‘r’’ chain of integrators. V1 is
given as

V1 = V λ0 /λ, (14)

with λ := 2/(2r − 1). Note that, 1 − λ = βr−1
βr−1+1

. Then,
the partial derivative ofV1 with respect to the r−th coordinate
sr−1 given in Eq.(9) can be written as follow

∂rV1 =

⌊
sr−1

⌉βr−1
− bur−1eβr−1

V
1

βr−1+1

0

. (15)

The global Lyapunov function W is constructed to be a
positive definite proper Lyapunov function. It’s homogenous
and a strong Lyapunov function, and it is given as

W = (V1 + ξ2/2)(3/2) − As(r−1)ξ, (16)

with

ξ (t) = −kI

∫ t

0
∂rV1dτ + φ(t)/γ (t), (17)

where ξ (0) = 0, and A is positive and small enough. Then,
the time derivative of the global Lyapunov function, Ẇ ≤
−mW 2/3 where m > 0. This proves that the controller u,
given in Eq.(9), stabilizes Eq.(7) to the origin in finite-time.

B. EXACT DIFFERENTIATOR
In order to estimate the derivative of the reference trajectory,
let us introduce the real time robust exact differentiator [32]

z0 = −ε2
√
L
√
|z0 − ρ|sign(z0 − ρ)+ z1,

z1 = −ε1 Lsign(z1 − z0),

where z0 and z1 are the real time estimates of ρ and ρ̇,
respectively. The differentiator is parametrized as ε1 = 1.1,
ε=1.5, which leaves L is to be tuned according to |ρ̈| ≤ ρ.

IV. CONTROL DESIGN FOR SSMR
For Multi-Input Multi-Output (MIMO) systems, HOSMC
requires two sliding variables. The sliding variables for the
SSMR, s1 and s2, are:

s1 = x − xr ,

s2 = y− yr (18)

where xr and yr are the position x and y of the reference
trajectory respectively.

The control structure can be seen in Fig.1.
Consider the first time derivative ṡ1 and ṡ2 of s1 and s2,

respectively.

ṡ1 = ν cos θ − dω sin θ − ẋr ,

ṡ2 = ν sin θ + dω cos θ − ẏr . (19)

It can be seen that the system control inputs [νr , ωr ]T do
not appear in the first time derivative of the sliding variables.
Therefore, the second time derivative s̈1 and s̈2 of s1 and s2 is
considered, and they are given as follows:

s̈1 =
(
c3
c1
ω2
−
c4
c1
ν +

νr

c1

)
cos θ − νω sin θ

− d
(
−
c5
c2
νω −

c6
c2
ω +

ωr

c2

)
sin θ

− dω2 cos θ − ẍr ,

s̈2 =
(
c3
c1
ω2
−
c4
c1
ν +

νr

c1

)
sin θ + νω cos θ

+ d
(
−
c5
c2
νω −

c6
c2
ω +

ωr

c2

)
cos θ

− dω2 sin θ − ÿr , (20)

The system control inputs [νr , ωr ]T appear in the second
derivative of the sliding variable then the relative degree of
the SSMRwith respect to the sliding variables is equal to two.
The second time derivative of s1 and s2 can be simplified;

s̈1 = φ1 + γ1νr ,

s̈2 = φ2 + γ2ωr , (21)

with

φ1 = φ01 + δφ1, γ1 = γ01 + δγ1,

φ2 = φ02 + δφ2, γ2 = γ02 + δγ2, (22)

where φ01, φ02, γ01 and γ02 are based on the nominal param-
eters c0i and δφ1, δφ2, δγ1 and δγ2 are fund by varying
parameters to + − 20% and they are based on the uncertain
parameters δc0i. The explicit form of functions φ1, φ2, γ1 and
γ2 are given in Appendix A.

In order to keep the controller gains low and decouple
the controllers, a FeedBack Linearization (FBL) is used for
simplifying the system by pre-compensation of the known
nonlinear part

νr = γ
−1
01 [v1 − φ01],

ωr = γ
−1
02 [v2 − φ02], (23)

where v1 and v2, control double chain of integrators,

s̈1 = v1 + δφ1 + δγ1νr ,

s̈2 = v2 + δφ2 + δγ2ωr , (24)

by applyingHOST control law given in Eq.(9), the controllers
v1 and v2 are given by

v1 = k1,Pv1,0 −
∫
k1,I∂2V1,1dt,
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FIGURE 1. Proposed control structure.

v2 = k2,Pv2,0 −
∫
k2,I∂2V2,1d . (25)

Applied Eq.(23) to Eq.(21), the sliding manifolds can be
written as follows

s̈1 = φ̂1 + γ̂1

(
k1,Pv1,0 −

∫
k1,I∂2V1,1dt

)
,

s̈2 = φ̂2 + γ̂2

(
k2,Pv2,0 −

∫
k2,I∂2V2,1dt

)
. (26)

with

φ̂1 = δφ1 − φ01
δγ1

γ01
,

φ̂2 = δφ2 − φ02
δγ2

γ02
,

γ̂1 = 1+
δγ1

γ01
,

γ̂2 = 1+
δγ2

γ02
, (27)

where φ̂1, φ̂2, γ̂1 and γ̂2 follow the same conditions given in
Eq.(8). The controller parameters are set as follows
k1,P = k2,P = 0.5 and k1,I = k2,I = 0.01.
To avoid the redundancy in the controller equations,

the functions used for the controller v1 and v2 are denoted
by j = 1, 2 respectively. vj,0 and ∂2Vj,1 are calculated as
presented in Eq.(10) and Eq.(15) for the second order. They
are given as

vj,0 = uj,2,

∂2Vj,1 =

⌊
ṡj
⌉βj,1
−
⌊
uj,1

⌉βj,1
V

1
βj,1+1

j,0

, (28)

where

uj,0 = 0,

uj,1 = −lj,1
⌊⌊
sj
⌉βj,0
−
⌊
uj,0

⌉βj,0⌉ pj,1
pj,0βj,0 ,

uj,2 = −lj,2
⌊⌊
ṡj
⌉βj,1
−
⌊
uj,1

⌉βj,1⌉ pj,2
pj,1βj,1 ,

Wj,1 =
1

βj,0 + 1

(
|sj|βj,0+1 + βj,0|uj,1|βj,0+1

)

− sj
⌊
uj,0

⌉βj,0 ,
Wj,2 =

1
βj,1 + 1

(
|ṡj|βj,1+1 + βj,1|uj,2|βj,1+1

)
− ṡj

⌊
uj,1

⌉βj,1 ,
Vj,0 = Wj,1 +Wj,2, (29)

with lj,1 = 0.8, lj,2 = 1.5, βj,0 = 0.5and βj,1 = 4,

V. EXPERIMENTAL IMPLEMENTATION AND RESULTS
A. EXPERIMENTAL SETUP
The experimental mobile robot setup consists of Pioneer 3AT
mobile robot (Fig.2). This robot has a differential drive, fed by
DC motors. A high-resolution quadrature encoder provides
feedback to the primary microcontroller, which contains the
PID velocity controller. The linear velocity, rotational veloc-
ity, linear acceleration and rotational acceleration are con-
strained to 0.7 m/s, 360 deg/s, and 0.2 m/s2, 360 deg/s2

respectively. An additional onboard PC is used to run higher
level control algorithms, communicating with the primary
microcontroller through a serial port at 5ms. The higher level
control is run on MATLAB with sampling time set to half the
communication rate, i.e. 10ms, to ensure good communica-
tion with the microcontroller. The system parameters c1, . . . ,
c6 are given as follows:

c1 = 0.27, c2 = 0.25,

c3 = −0.0005, c4 = 1,

c5 = 0.003, c6 = 1.1. (30)

B. EXPERIMENTAL RESULTS
The reference trajectory is chosen as a circular path parame-
terized as a function of time:

xr = cos(0.25t),

yr = sin(0.25t).

Experiments have been performed for different scenarios
in order to validate and compare the performance of the
proposed control design. Three complete circular cycles of
the trajectory, amounting to 75s in total, have been applied.
The first cycle is executed under nominal conditions where
no additional uncertainties have been considered, the second
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FIGURE 2. Pioneer 3AT SSMR.

cycle includes parametric uncertainty variations, and the third
cycle employs a sudden shift in the trajectory reference center
while returning the parameters to nominal:

xr = cos(0.25t)− 0.2,

yr = sin(0.25t)− 0.2.

All distances are given in meters. The robot is initialized on
(x = 0.2, y = 0, θ = 0) in the earth frame. The performance
of the presented HOST controller has been presented in rela-
tion with the conventional ST and PID algorithms.

1) COMPARISON BETWEEN ST AND PID ALGORITHMS
Let us first see how a conventional ST algorithm performs in
comparison to PID controller. The PID controller is designed
in order to control x and y to follow xr and yr , respectively.
The errors are given as follow:

e1 = x − xr ,

e2 = y− yr . (31)

The ST sliding variables have a relative degree one and they
are given as follow:

s1 = λ1e1 + ė1,

s2 = λ2e2 + ė2, (32)

with λ1 and λ2 are positive constants.
The error responses are shown in Fig.3 and Fig.4. It can be

seen that ST has faster response time against the PID, with
similar steady state performance during the first cycle. The
PID fails in the second cycle with hunting effect predominant.
ST also outperforms the PID in response time during the step
change of the third cycle. These results are further confirmed
in the x and y position plot shown in Fig.5 and Fig.6. Fig.7
shows the trajectory in the x-y frame for both ST and PID
controllers. Fig.8 and Fig.9 show the comparison of the con-
trol inputs νr and ωr , respectively. In the ST results, however,
chattering is very clear, which is also obvious physically as
the robot vibrates during experiments.

2) COMPARISON BETWEEN HOST AND ST ALGORITHMS
The comparison of HOST and ST algorithms is presented in
this section. The error responses e1 and e2 are shown in Fig.10

FIGURE 3. Error response e1, comparison between Super-Twisting and
Proportional Integral Derivative.

FIGURE 4. Error response e2, comparison between Super-Twisting and
Proportional Integral Derivative.

FIGURE 5. Position x response, comparison between Super-Twisting and
Proportional Integral Derivative.

FIGURE 6. Position y response, comparison between Super-Twisting and
Proportional Integral Derivative.

and Fig.11, respectively. Noted that, the error responses and
the sliding variables of the HOST are identical. During the
first and third cycles, the HOST has a similar convergence
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FIGURE 7. SSMR trajectories in the x-y plane, comparison between
Super-Twisting and Proportional Integral Derivative.

FIGURE 8. Linear velocity reference νr , comparison between
Super-Twisting and Proportional Integral Derivative.

FIGURE 9. Angular velocity reference ωr , comparison between
Super-Twisting and Proportional Integral Derivative.

rate as the ST. During the second cycle, the steady state
performance of the HOST far outranks that of the ST. The
physical performance is shown in the position plots Fig.12
and Fig.13. The trajectory obtained by the HOST is smoother
than the ST. The control inputs are presented in Fig.15 and
Fig.16. The chattering for linear velocity is significantly
reduced in steady state compared to the ST algorithm. The
angular velocity has kept almost the same behavior compar-
ing to ST and PID controllers. The proposed control design
using HOST stabilizes double chain of integrators, s̈1 and
s̈2, by the controllers v1 and v2 developed based on Eq.(25).
Theses controllers force the sliding variables to zero in finite-
time. It can be seen that the controllers act at time 25s and 50s,
in order to compensate the perturbation and the parametric

uncertainty. Moreover, the chattering is attenuated in all cases
comparing to the ST algorithm.

FIGURE 10. Error response e1, comparison between Higher-Order
Super-Twisting and Super-Twisting.

FIGURE 11. Error response e2, comparison between Higher-Order
Super-Twisting and Super-Twisting.

FIGURE 12. Position x response, comparison between Higher-Order
Super-Twisting and Super-Twisting.

3) IMAGE PROCESSING VALIDATION
In order to obtain a more significant physical analysis of
the robot’s performance, image processing was employed
during the experiments. ‘‘Go Pro Hero 5 Black camera’’ n
2.7k resolution and 30 frames per second with linear field of
view were used at 3 meters elevation above ground and area
coverage of 5 × 2.8 m2. The robot’s movement is tracked
using an LED mounted on top, while the experimental area
is darkened to improve the image processing speed. The
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FIGURE 13. Position y response, comparison between Higher-Order
Super-Twisting and Super-Twisting.

FIGURE 14. SSMR trajectories in the x-y plane, comparison between
Higher-Order Super-Twisting and Super-Twisting.

FIGURE 15. Linear velocity reference νr , comparison between
Higher-Order Super-Twisting and Super-Twisting.

FIGURE 16. Angular velocity reference ωr , comparison between
Higher-Order Super-Twisting and Super-Twisting.

images were processed using Video to Action Shot Sequence
(VASS) [33] implemented in Matlab Vision System Toolbox.
The algorithm is shown in Fig.17.

FIGURE 17. Flowchart of the image processing.

FIGURE 18. Image processing of SSMR trajectories in the x-y plane using
PID controller.

FIGURE 19. Image processing of SSMR trajectories in the x-y plane using
Super Twisting controller.

The captured videos used for image processing of the three
controller algorithms, PID, ST and HOST, can be seen in the
supplemental material of the paper, PID.mp4, ST.mp4 and
HOST.mp4, respectively. Fig.18, Fig.19 and Fig.20 show the
processed results of the robot performance using the PID, ST
and HOST controller respectively. The grid is included to the
figure in order to measure the real trajectory of the robot, and
two circles red and blue are included to compare with the
requested trajectory reference. The red circle is the trajectory
during period 1 and 2, and the blue circle is the trajectory
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FIGURE 20. Image processing of SSMR trajectories in the x-y plane using
Higher-Order Super Twisting controller.

during period 3. The distance between the grids is 20cm.
It can be seen that the performances of the controllers have
the same behavior with the results discussed in the previous
section.

VI. CONCLUSION
A robust trajectory tracking controller for skid steered mobile
robot is developed and implemented in this paper. The main
objective of the controller is to enable the SSMR to follow
a desired trajectory with respect to time through the linear
and angular velocities. The control objective is achieved
using a Higher-Order Sliding Mode based on Higher-Order
Super-Twisting algorithm. The controller has same features
of ST such as robustness against uncertainty and external
disturbances. In addition, HOST has finite time convergence
for higher-order control design and contribute in chattering
reduction. The proposed controller is implemented on an
SSMR Pioneer 3ATR platform for experimental validation.
The experimental results prove the effectiveness of the pro-
posed control design.

APPENDIX A

φ1 =

(
c03 + δc3
c01 + δc1

ω2
−
c04 + δc4
c01 + δc1

ν+

)
cos θ

− νω sin θ − d
(
−
c05 + δc5
c02 + δc2

νω −
c06 + δc6
c02 + δc2

ω

+
ωr

c02 + δc2

)
sin θ − dω2 cos θ − ẍr ,

γ1 =
νr

c01 + δc1
cos θ, (33)

φ2 =

(
c03 + δc3
c01 + δc1

ω2
−
c04 + δc4
c01 + δc1

ν +
νr

c01 + δc1

)
sin θ

+ νω cos θ − dω2 sin θ − ÿr

+ d
(
−
c05 + δc5
c02 + δc2

νω −
c06 + δc6
c02 + δc2

ω

)
cos θ,

γ2 =
ωr

c02 + δc2
cos θ. (34)
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