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ABSTRACT In recent years, electronic word of mouth (e-WOM) has been widely used by consumers on
different online platforms. The numerous studies have emphasized the growing importance of e-WOM
for the consumer decision-making process, particularly in the tourist sector. There are various factors
that will influence the adoption of e-WOM by the users but among all these factors, credibility is of
paramount importance. Changes in the platform, new consumer trends, and possible fake information require
a continuous update and analysis of the factors that can influence the e-WOM perceived credibility and e-
WOM adoption on TripAdvisor and other social tourism platforms. In the present study, we analyzed the
following five factors that can impact e-WOM perceived credibility and e-WOM adoption: 1) volume of
e-WOM; 2) source credibility; 3) rate extremism; 4) consumer involvement, and; 5) perceived e-WOM
credibility. For the analysis, the Elaboration Likelihood Model (ELM) and PLS-SEM were used. The
sample consisted of a total of 221 participants who responded to the questionnaire. The results revealed
that, with the exception rate extremism, the four remaining factors have a significant impact on e-WOM
perceived credibility and adoption. Therefore, these factors are important drivers of the e-WOM perceived
credibility resulting in the e-WOM adoption. The results of the present study provide meaningful practical
implications for hotel or social tourism platforms managers in terms of possible strategies to improve their

online reputation.

INDEX TERMS e-WOM, ELM, reviews, reputation management, tourism, marketing, credibility.

I. INTRODUCTION

Due to the rapidly evolving technologies and the wide
spread of the Internet, traditional word-of-mouth has evolved
into a new form of communication: electronic word of-
mouth (e-WOM). e-WOM was defined by Goldsmith and
Horowitz [1] as a communication on the Internet, which can
be diffused by many Internet applications such as online
platforms, blogs, review sites, and Social Networking Sites
(SNS). Examples of e-WOM media are commerce websites
such as Amazon, SNS like Facebook, Instagram or Twit-
ter, as well as platforms such as TripAdvisor or Expedia.
Likewise, Litvin et al., [2] proposed to define e-WOM as
all informal communications directed at consumers through
Internet-based technology related to the usage or characteris-
tics of particular good and services, or their sellers.

The associate editor coordinating the review of this manuscript and
approving it for publication was Omar Khadeer Hussain.

As a result of wide range of communication channels
facilitated by Web 2.0 [3], [4], traditional face-to-face
word-of-mouth has changed into e-WOM. Nowadays, con-
sumers face richer information environments than before [5]
and use online social platforms to communicate their opin-
ions about products, services, and to exchange their purchase
experiences prior to making a purchasing decision [6], [7].

According to Litvin, Goldsmith and Pan [2], these new
forms of communication platforms provide a link between
suppliers and consumers, making it possible to share informa-
tion and opinions between businesses and consumers, as well
as among consumers. Therefore, e-WOM should be consid-
ered as a form of communication that provides a mechanism
to shift power from companies to consumers [8]. These com-
ments and reviews are of a paramount importance for the
success of products and services in several industries [9] and
particularly in the tourism sector [10], [11] where e-WOM
serves as one of the principal sources of information to make
a purchase.
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Of all the platforms that allow e-WOM to be made and
reviewed by other users, TripAdvisor, the world’s most pop-
ular community about travel, has been most extensively stud-
ied [2], [12], [13]. TripAdvisor has over 5 million registered
users who visit the platform on average 30 million times per
month [14].

Of all the factors that influence user behavior when adopt-
ing the opinions of other users on this platform, credibility
is of a great importance [12], [15]-[17]. Credibility also
influences the reputation of a tourism company, which is
why it is important for the adoption of e-WOM and for the
management of a company’s online reputation.

Therefore, in the present study, we aim to determine the
importance of credibility of e-WOM for its adoption and
its impact on the adoption of e-WOM on TripAdvisor. The
management of the credibility of e-WOM will influence the
management of online reputation of tourism companies [18].
The novelty of our work lies in our focus on the credibility of
e-WOM on the most important online platform in the tourism
sector, TripAdvisor. In addition, while the method we have
used to measure the credibility and adoption of e-WOM—
the ELM model—has been previously used in the tourism
sector, it was not yet employed to identify the credibility and
adoption of e-WOM. Therefore, the present study bridges the
gap in the literature.

The remainder of this paper is structured as follows. On a
brief discussion of the impact of e-WOM on tourism desti-
nation choice (Section I-A) and a review of the literature,
followed by the formulation of the hypotheses to be tested
in the present study (Section II), we present the method-
ology (Section III) and the results of testing the structural
model (Section IV). The paper concludes with a discussion
of implications of our findings (Section V) and conclusions
(Section VI).

A. THE IMPACT OF E-WOM ON TOURISM

DESTINATION CHOICE

Similarly to online product reviews, consumer-generated
online reviews inform and influence future travelers who con-
sider this information when making their purchase decisions.
As argued by Litvin et al. [2], there are several reasons why e-
WOM is particularly important in the hospitality and tourism
industry. First, hospitality and tourism services are high-risk
purchases with a high level of customer involvement. Second,
seasonal and perishable services lead to marketing stress on
providers. Third, as the industry is still in the early stage
of developing strategies for managing online interpersonal
influence, the competition in this sector is intense and man-
aging online interpersonal influence effectively may provide
important competitive advantages.

Online reviews play an important role in purchasing travel
services [19]. According to Google statistics, over 80%
customers search for information on their future holidays
online. Users visit on average 26 websites and spend over
2 hours searching for the right place and the right deal [20].
According to Anderson [21], the percentage of consumers
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who consult online travel reviews before purchase is rapidly
growing, and over $10 billion in online tourist purchases are
influenced by online reviews.

While online review websites are continuously growing in
both impact and size [22], the effect of e-WOM and online
reviews on consumer behavior has been extensively studied
vis-a-vis information searching, holiday planning, and pur-
chase decisions.

In the hospitality industry, due to the characteristics of
services such as heterogeneity, intangibility, and inseparabil-
ity between service production and consumption, consumers
struggle to evaluate a service prior to consumption [23].
These characteristics of hospitality services, as well as the
fact that their quality is often unknown before consumption,
increase the perceived risk in the purchase decision process.

In this context, e-WOM has become an important source
of information for consumers. However, not all information
that users get on social platforms is processed and, therefore,
not all information can influence their behavior. Accordingly,
in the present study, we focus on credibility as a factor
modification of user behavior. This information is relevant
for hotel managers who want to manage online reputation
of their companies. It is also useful for the companies that
want to improve the online shopping behavior of their users,
as e-WOM credibility predicts e-WOM adoption.

II. LITERATURE REVIEW

Numerous studies have been conducted on the impact of
e-WOM in the hospitality industry [17], [24]. For instance,
Xie et al. [25] reported that negative e-WOM is more power-
ful than positive e-WOM in influencing consumers’ booking
intentions. Furthermore, Ye et al. [26] showed that posi-
tive online reviews can significantly increase the number of
bookings in a hotel, and that the variance in online hotel
reviews can have a negative impact on the amount of online
sales. Finally, Ladhari and Michaud [13] demonstrated that,
although online reviews (both positive and negative) increase
consumers’ awareness of a hotel’s existence, negative reviews
tend to make consumer attitudes to that hotel more negative
(see also Table 1 for other previous studies).

Ill. RESEARCH METHODOLOGY AND

HYPOTHESES DEVELOPMENT

In the last years, the influence of user recommendations on
user behavior on online platforms has been investigated using
different models, such as the Model Technology Acceptance
Model (TAM) proposed by Davis [30] or the ELM model
proposed by Petty and Cacioppo [31]. While the e-WOM
adoption process in online environments can be studied using
the TAM model, taking into account the aim of the present
study, it is of a particular interest to use a model that allows
a research to additionally consider the way in which infor-
mation is being processed. The Elaboration likelihood model
(ELM) developed by Petty and Cacioppo [31] is based on
the theory of human information processing and makes it
possible to investigate how information processing can lead
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TABLE 1. Previous studies.

Authors Description

A study of the influence of e-WOM on decision

Wang [17] making in online travel booking

A study of the impact of e-WOM on decision

Chen and Xu [27] making in online holidays booking among
TripAdvisor users
Ladhari and An analysis of the effects of e-WOM on hotel
Michaud [13] booking intentions
. Development of the ELM model to measure the
Mauri and

influence of e-WOM on hotel potential customers’

Minazzi [28] purchasing intentions

Jalilvand and
Samiei [29]

A study of the impact of e-WOM on tourism
destination choice

A study of the role of e-WOM perceived
credibility in hotels and the impact of e-WOM on
consumer consideration

Vermeulen and
Seegers [16]

A study of the influence of e-WOM on destination

Tham et al. [24] image and choice

to purchase decision outcomes [32]-[34]. Therefore, in the
present study, the ELM model [31], [35], [36] will be used.

A. ELABORATION LIKELIHOOD MODEL (ELM)

AND e-WOM

ELM is a model that can be adjusted to different research
purposes. In previous research, the ELM model has been
widely used in the tourism sector to study e-WOM [37].
For instance, Park and Kim [38] used the ELM model to
measure the influence of the type of reviews and the number
of reviews that have an impact on purchase intention. Further-
more, Gupta and Harris [39] analyzed customer consideration
and choice, while Lee et al. [40] focused on the quality and
quantity of comments necessary to predict purchase intent.

According to Yan et al. [41], ELM is a model that identifies
two routes of information processing. On the one hand, there
is the central route that allows the user to distinguish the key
information from the less relevant information. This route
is involved when an individual processes information of a
great relevance. Argument quality and decisive information
are considered significant central cues here. By contrast, there
is a peripheral route that is engaged when the information to
be processed is of a low interest to the individual, or when it
is difficult for that individual to process the information. The
commitment to the information received by the individual is
then low.

Therefore, it is important to know the degree of relevance
of the content of a message to an individual, because the
greater the importance, the greater the probability that the
individual will process the information, and that this infor-
mation will influence this/her behavior. Peripheral cues are
source credibility, information consistency, information vol-
ume and information rating.
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In the present study, we focus on one of the variables
that make up the ELM model—namely, the credibility of
the content published on TripAdvisor. This credibility can
influence behavior of users who may either decide to process
the information and modify their behavior accordingly or,
alternatively, decide not to process such information and,
therefore, not modify their behavior on TripAdvisor.

Accordingly, the variables from the ELM model used in
present study are as follows. e-WOM volume is responsible
for measuring the total of the recommendations in the sample
used. Source credibility is one of the elements that precede
the credibility of an online review and is a key element when
a user is measuring the general credibility of the information
contained in online reviews. Recommendation rating mea-
sures the average quality of a company based on user ratings t
on the platform and is important for the management of online
reputation. Consumer involvement is a variable that deter-
mines the information processed by the consumer because,
if there is no involvement, it will not be possible to determine
if there is credibility. Perceived e-WOM credibility, refers
to the credibility of a message published online and is the
central element of our research. Finally, we also consider
e-WOM adoption through which users will be adopting the
e-WOM and the content it contains for their decision making
on TripAdvisor.

B. HYPOTHESES DEVELOPMENT

The volume of the recommendations refers to the amount of
comments that a company or product has received on a social
platform such as TripAdvisor [42]. According to Petty and
Cacioppo [31], consumers perceive a larger quantity of online
reviews as more informative.

Following Cheung and Thadani [43], the number of rec-
ommendations is one of the most studied stimulus cues in
e-WOM communication. The volume of e-WOM has been
demonstrated to increase the awareness about the product,
as well as to increase product popularity and sales [44]-[46],
even in the case of negative reviews [16], [47]. Furthermore,
Fan et al. [48] found that, when a product has high volume
of e-WOM, this is generally taken to mean that many peo-
ple purchased the product so that, for them, the volume of
e-WOM has a positive influence on perceived credibility of a
product among consumers.

Based on the above, we propose the following hypothesis:

HI1: e-WOM volume would positively affect perceived
e-WOM credibility.

Credible information is important for building consumer
trust. When consumers trust the source, they will accept the
presented information [49]. Consumers search for evidence
to judge the credibility of the source of the message both
offline [50]-[52] and online [53]. According to Wathen and
Burkell [54], source credibility is a key factor in assisting
a consumer to judge online information. The credibility of
the source can be conferred by the administrator of the plat-
form or earned by an individual due to the relevance of its
publications [8] presenting the source as trustworthy [55]
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and influencing the credibility of e-WOM [49]. Based on the
above, we propose the following hypothesis:

H2: Source credibility would positively affect perceived e-
WOM credibility.

Rate extremism refers to the existence of extremely
positive e-WOM comments about a product or a company
on online platforms [56]. When a significant number of cus-
tomers positively rate a product or a service, these comments
affect decisions of other users who are evaluating the possi-
bility of acquiring that product or service [57].

One of the most established ways of checking e-WOM
value is looking at its rating by others [53]. Online customer
rating is increasingly considered by potential consumers as a
signal of quality [58]. Therefore, a larger number of positive
ratings indicates a stronger objectivity and a more widespread
familiarity with the product [59], both of which increase its
perceived credibility [58].

Therefore, the following hypothesis can be formulated:

H3: Rate extremism would positively affect perceived
e-WOM credibility.

According to the ELM [31], involvement in the processing
of information through the central route or the peripheral
route refers to personal relevance or importance of a prod-
uct or service [43]. Even tough in the original ELM model
is consider to have a moderating effect [35], [36], [60], [61].
Based on the work developed by Schlesinger and Giingerich
(2011) [60] in which they relate product involvement with the
credibility of these product for sponsorship effectiveness.

We purpose that those consumers that present high involve-
ment and read carefully the content of the review are more
likely to experience eWOM Credibility. By contrast, when
the involvement of consumers is low, they use peripheral
cues or information shortcuts, rather than the entire content,
to evaluate a message so that, those who experience low
consumer involvement will not read the eWOM and can
ever experience credibility of the content they have not read
[31], [40], [46]. When an individual has high involvement,
s/he will process the content of the information through the
central route, which will determine the credibility of e-WOM
[36], [63].

In this sense, based on the above, we propose the following
hypothesis:

H4: Consumer involvement would positively affect per-
ceived e-WOM credibility.

Credibility was defined as an individual assessment of
whether or not the presented information is reliable and
trustworthy as judged by that person’s own expertise and
knowledge [64]. Information adoption, according to Cheung
and Thadani [43], is the process of consumers’ purpose-
ful engagement in information use. McKnight et al. [65]
argued that consumers will adopt the e-WOM to help them
make purchase decisions only when they believe that the
received information is credible. Furthermore, Sussman and
Siegel [33] indicated that a consumer who perceives a review
to be credible has more confidence in adopting e-WOM
and using it to make purchase decisions. A consumer who
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believes online information to be credible has no reason to
forego adoption [49], [66]. Fan et al. [48] and Chih et al. [55]
and Cheung et al. [53] proved that online information credi-
bility positively impacts the adoption.

Therefore, the following hypothesis can be formulated:

HS: Perceived e-WOM credibility would positively affect
e-WOM adoption.

Based on the hypotheses discussed above, we propose the
following research model (see Figure 1).

eWOM Volume
H1
eWOM Source
Credibility H2
Perceived eWOM .
Credibility — H5 ——»| eWOM Adoption
eWOM Rate H3

Extremism

H4

Consumer
involvement

FIGURE 1. Proposed research model.

IV. METHODOLOGY AND DATA ANALYSIS

The present study aimed to investigate the main factors that
positively customer purchase decisions in the tourism sec-
tor. In order to obtain a larger and a more representative
sample, online surveys were conducted. The total sample
consisted of 221 questionnaires completed during the month
of May 2018. These questionnaires were collected through
a self-administered online questionnaire, with the dissemina-
tion of the questionnaire by email to a convenience sample.

For item rating, a 5-point scale was used in the survey. This
approach is the most recommended for online surveys, as it
offers ease of response and helps collect information about
the intensity of the feelings of the people surveyed [67]. The
scale ranged from 1 = “‘strongly disagree” to 5 = ** strongly
agree”.

As can be seen in Table 2, the sample was composed
mainly of women (65.2%), compared to (34.8%) of men.
The predominant age profile was 18 to 24 years old (68.7%),
while the proportion of the respondents aged between 45 and
54 years was only 1.4%. Regarding the level of education,
participants with a bachelor’s degree were most common
(52.9%), while there were very few participants with a PhD
degree (1%). Finally, in terms of online shopping experience,
it was from 1 to 3 years (37.6%) in most participants, while
9% of the participants had online shopping experience of over
7 years.

A. DATA ANALYSIS

For data analysis and hypotheses verification, the model of
structural equations originating from the variances (SEM)
was used. This model makes it possible to carry out statistical
analysis of the tested relationships through the prediction of
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TABLE 2. Sample characteristics (n = 221).

Classification Variable Frequency  Percentage
variable
Female 144 65.2%
Gender Male 77 34.8%
<18 3 1.4%
18-24 152 68.7%
25-34 43 19.5%
Age 35-44 16 7.2%
45-54 3 1.4%
>55 4 1.8%
High School and below 84 38%
Education Bachelor’s Degree 117 52.9%
level Masters 18 8.1%
Ph. D. 2 1%
Less than 1 49 22.2%
Online 1-3 83 37.6%
shopping 4-5 55 24.9%
experience 6-7 14 6.3%
(years) >7 20 9%

the dependent variables and allows for the quantification of
direct and indirect effects of some variables on other variables
[68], [69].

Among the different SEM techniques, we chose the par-
tial least squares (PLS), which is one of the most complete
SEM techniques for the analysis of factor, structural, and
composite models that allows for the measurement of latent
variables[70], [71].

A survey by Reinartz et al. [72] who reviewed over 30 stud-
ies on business management and marketing, it was recom-
mended to use PLS when the sample is not large [69], [73].

In the present study, we decided to use PLS-SEM
instead of AMOS because the number of observations was
not particularly high (n = 221), as well as because the

TABLE 3. Measurement items.

object was relatively new, and the theory for an online
environment is not sufficiently consolidated yet following
Reyes-Menendez et al. [20] and Palos-Sanchez et al. [69].
In addition, PLS-SEM is also strongly recommended when
an exploratory approach is used [74]. Data analyses were
performed using the SmartPLS 3 software [75].

The process of data analyses was split into two phases
[70], [76]. In the first phase, we evaluated the measuring
instruments (measurement scales), and, in the second phase,
in order to establish whether or not the proposed relationships
were consistent, the structural model was evaluated.

B. MEASUREMENT MODEL
As specified above, we first conducted analysis of the individ-
ual reliability of the items of the measurement scale. This was
done by computing the loads (A) and Cronbach’s alpha. The
load analysis was carried out using the criteria proposed by
Carmines and Zeller [77], which involved establishing a mini-
mum acceptance threshold to be part of the construct of 0.707,
eliminating thus all items with loadings below 0.707 [78].
The minimum threshold (0.707) guarantees that all items
represent at least 50% of the variance of the underlying
construct [69]. Similarly, Cronbach’s alpha was analyzed by
the criterion initially proposed Nunnally and Bernstein [79]
who set the minimum threshold of the values obtained in 0.70.
Once the different items that do not meet the minimum val-
ues for individual reliability were deleted, the reliability anal-
ysis as performed using the criterion proposed by Bagozzi
and Fornell [80]. According to this criterion, the minimum
threshold should be 0.61. Similarly to the analysis of the
convergent validity that evaluates average variance extracted
(AVE) by means of the criterion proposed Fornell and Larcker
[81], this criterion fixes the minimum value of the constructs
to 0.5. As can be seen in Table 3, the analyzed constructs

Constructs Items Correlation loading ~ CA CR AVE
(Vol) The number of hotel reviews on TripAdvisor is large. 0.76
e-WOM volume (Vo2) The quantity of hotel information given by consumers on TripAdvisor is 0.94 070 0.84 0.73
large. )
(SC1) The writer of hotel reviews on TripAdvisor is an expert of the product. 0.80
e-WQM source (SC2) The writer of hotel reviews on TripAdvisor is knowledgeable about the 0.85 0.79 0.88 071
credibility product.
(SC3) The writer of hotel reviews on TripAdvisor is trustworthy. 0.88
¢-WOM rate (RE1) The overall hotel rate given by other consumers is high. 1.00 100 100  1.00
extremism
C (CI1) The product is of a concern to me. 0.79
in(\)/?jslenrﬁzm (CI2) The product is important for me. 0.88 0.78 0.87 0.70
(CI3) The product is relevant to me. 0.82
. (PeC1) TripAdvisor online hotel review is factual. 0.87
E:;gﬁ;:ﬁd e-WOM (PeC2) TripAdvisor online hotel review is accurate. 0,87 0.82 0.88 0,74
¥ (PeC3) TripAdvisor online hotel review is credible. 0,83
(Ad1) I will follow the suggestions of TripAdvisor's hotel information given 0.89
e-WOM adoption by consumers. ’ 0.74 0.89 0.80
(Ad2) TripAdvisor's hotel reviews motivate me to make a purchase decision. 0.90

Note: CA= Alpha de Cronbach; CR= Composite Reliability; AVE= Average Variance Extracted

68872

VOLUME 7, 2019



A. Reyes-Menendez et al.: Impact of e-WOM on Hotels Management Reputation

IEEE Access

TABLE 4. Measurement model: Discriminant validity.

Fornell-Larcker criterion Heterotrait-monotrait ratio (HTMT)

P/e- e- e- e- Ple- e-
Constructs L womic 5¢ womia  WOMNV  WOMRE ¢l wome  SC eWOMA  womv
CI 0.834
Ple-
WOM/C 0.460 0.858 0.568
SC 0.294 0.613  0.843 0.345 0.739
e-WOM /A 0.424 0.659 0,440 0.893 0.550 0.847 0.549
e-WOM /V 0.403 0.443 0,352 0,517 0.856 0.548 0.555 0.404 0.705
e-
WOM/RE 0.216 0.297  0.201 0.273 0.377 1.000 0.243 0.328 0.216 0.316 0.476

Note: CI=Consumer Involvement, P/e-WOM/C= Perceived e-WOM credibility, SC=source credibility,
e-WOM/A=e-WOM adoption, e-WOM/V= e-WOM volume, e-WOM/RE= e-WOM rate extremism

were reliable, and they all explained more than 50% of the
variance of their own items [70], suggesting that all constructs
exceeded the minimum values of composite reliability and
convergent validity.

Finally, in order to validate the measurement instruments,
the discriminant validity analysis was carried out. With this
analysis, we verified that each construct measured different
concepts [82]. Table 4 shows the correlations between the
studied constructs. As can be seen in Table 4, in line with
Fornell and Larcker’s [81] criterion and this fulfilling all
the conditions in all the constructs of the model, the square
roots of the AVE of each construct were greater with their
items than with the items of other constructs of the model.
In addition, we also conducted the most current Heterotrait-
monotrait analysis (HTMT; see Table 4). The results of this
analysis confirmed that all constructs reached discriminant
validity, and that none of the confidence intervals contained
the value one, suggesting that all variables were empirically
different [83].

V. STRUCTURAL MODEL ANALYSIS

In the second phase of data analysis, we evaluated the
structural model. Said differently, we analyzed he predic-
tive capacities of the model and the relationships proposed
between the studied constructs (see Table 5 and Figure 2 for
the results). In order to measure the predictive relevance of the

TABLE 5. Results of hypotheses testing.

model, the analysis is carried out based on the evaluation of
collinearity by means of the algebraic sign, and by the magni-
tude and significance of the analyzed coefficients: path coef-
ficients (), the R? values (variance explained), size of the
effect f 2 and the Qtest2 (validated cross-redundancy) [84].

First, we ensured there was no multicollinearity between
antecedent constructs of each of the endogenous constructs
[85]. All VIF indices of the model constructs were below 5,
showing that there was no multicollinearity problem in the
data [70].

As for the predictive power analysis that indicates the
amount of variance of a construct explained by another pre-
dictive construct (coefficient of determination R2), based on
previous studies [73], [74] that set the cutoff points at 0.75
as relevant, 0.50 as moderate, and 0.25 as weak, we ensured
that the values of our constructs were within that range (per-
ceived e-WOM credibility, R? = 0.493; e-WOM adoption,
R2 = 0.434).

Regarding the redundancy indexes with cross valida-
tion (Q?), which serves to examine the predictive relevance
of a theoretical / structural model [86], in our results, the Q2
indexes were greater than zero, so it was concluded that the
proposed model had satisfactory predictive relevance.

Finally, all relationships predicted by our hypotheses were
supported by the results (except for the relationship e-WOM
Rate extremism — Perceived e-WOM credibility).

Path Statistics t
coeff(8) | (B/STDEV) P 3 Supported
e-WOM Volume —Perceived e-WOM Credibility 0.142 2.476 0.067 0.028 Yes**
e-WOM Source credibility —Perceived e-WOM Credibility 0.473 7.587 0.000 0.372 Yes***
e-WOM Rate extremism —Perceived e-WOM Credibility 0.096 1.605 0.0542 0.015 n.s.
Consumer involvement —Perceived e-WOM Credibility 0.243 4.548 0.000 0.094 Yes***
Perceived e-WOM Credibility —»e-WOM Adoption 0.659 15.478 0.000 0.767 Yes***

R?: Perceived e-WOM Credibility = 0.493; e-WOM Adoption = 0.434

R? adjusted: Perceived e-WOM Credibility = 0,484; e-WOM Adoption = 0.432

Q”: Perceived e-WOM Credibility = 0.335; e-WOM Volume = 0.331

Note: For n=5000 subsamples, for t-distribution (4999) Students in single queue *p < 0.05 (1(0.05;4999) = 1.645);
**p <0.01 ((0,01;4999) = 2,327); ***p < 0.001 ((0.001;499) = 3,092), n.s.: Not significant.
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eWOM Volume \

| B=0,142; t=2,476**

eWOM Source
Credibility

[ Perceived eWOM eWOM Adoption
B=0,473; t=7,587 Credibility > 4
s R2=493% 50659 R=434%
eWOMRate [.- v -
Extremism t=15,478%**

B=0,243; t=4,548***

Consumer /

involvement

FIGURE 2. Final research model.

Therefore, H1, H2, H4 and HS5 were accepted, while
hypothesis H3 had to be rejected (see Figure 2).

V1. IMPLICATIONS

TripAdvisor is the most important e-WOM platform in the
tourism sector. Credibility is a key element in e-WOM, par-
ticularly with regard to the amount of false news and reviews
circulating on social platforms. While consumers continue to
rely on reviews as a credible means of information to make
their purchase decisions in the tourism sector, false news and
reviews have made consumers increasingly skeptical about
the services offered in the tourism sector.

Along with its impact on the adoption of the content found
in the reviews, credibility of online reviews also influences
the reputation of companies that have a profile on these
platforms. That is why it is necessary to strategically manage
the content on platforms such as TripAdvisor.

The results of the present study identify which of the
factors initially proposed by Petty and Cacioppo [31] indeed
have an impact on consumers and thus should be included in
the final model (see Figure 2). These factors should be taken
into account by any tourist company (like TripAdvisor) for an
effective management of the company’s online reputation.

While previous studies present a moderating effect
between the variable Consumer Involvement to the variable
Perceived eWOM Credibility [31], the analysis indicates that
the moderator effect has no significance and its > is non-
existent, supporting the purposed research model where a
direct and non-moderating relationship is shown.

As demonstrated in previous studies, there are two routes
of information processing of products or services. Depending
on the importance of a product or service for an individ-
ual, different factors will influence the customer’s decision.
Therefore, companies or professionals who want to enhance
the credibility of their products or services on platforms such
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as TripAdvisor should carefully consider these factors and be
aware of how users process corresponding information.

Our results demonstrate that credibility of online platforms
is a key factor that determines the adoption of online com-
mentaries on platforms such as TripAdvisor. In the present
study, we used a methodology previously used in tourism and
in research on e-WOM, but not yet to specifically measure
the credibility and adoption of reviews on social tourism
platforms such as TripAdvisor. Therefore, we demonstrated
that, in order to study e-WOM in tourism, methodologies
other than the widely used TAM model can be used. In our
case, we demonstrated that the ELM model can be effectively
used to measure the adoption of e-WOM on TripAdvisor and
that, due to its particularities, such as taking into account the
route of information processing, the ELM model can serve
as a particularly suitable model for identifying the credibility
and adopting e-WOM on TripAdvisor.

VIl. CONCLUSIONS

In recent years, e-WOM has become increasingly important
in the tourism sector. While not all information in this sector
is always perceived as credible by users, e-WOM remains to
be an important source of information for decision making in
the tourism sector. As demonstrated by our results, e-WOM
determines consumer behavior on TripAdvisor.

Among five factors that we focused on in the present study,
credibility proved to be the most important, since it serves
as a predictor of the adoption of e-WOM. Our findings also
suggest that the ELM model makes it possible to predict the
adoption of e-WOM. This model is particularly suitable for
measuring individual information processing. Since credibil-
ity requires processing of information included in reviews
published by other users, it is necessary for consumers to be
involved during the process.
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The first three hypotheses addressed in the present study
were supported by our results. Therefore, it can be concluded
that e-WOM positively affects perceived e-WOM credibility,
source credibility positively affects perceived e-WOM cred-
ibility, and consumer involvement positively affects e-WOM
credibility. One of the novelties of our work is this direct
relationship between Consumer Involvement and Perceived
eWOM Creibility.

However, our hypothesis that rate extremism would posi-
tively affect perceived e-WOM credibility had to be rejected.
This outcome can be attributed to fact that a larger num-
ber of extremely positive ratings may appear suspicious to
consumers [58], [59]. In fact, extremely positive rates can
be interpreted by users as not credible. Users are increas-
ingly accustomed to receiving information present in e-WOM
and, with time, they acquire the ability to discern when a
comment is credible and when it is not. Considering that it
is highly unlikely for all consumers to be satisfied with a
product or tourist service, extremely positive ratings might be
interpreted by users as incredible information. Accordingly,
it is recommended that companies ensure that the feedback
to them on platforms such as TripAdvisor contains only real
comments and also several less positive comments, as the
latter type of comments can generate greater consumer trust
and credibility of an offered product or service.

Our expectation that credibility can predict the adoption of
e-WOM was also confirmed by the results of the analysis.
Therefore, it can be concluded that a trustworthy comment
will be taken into account by a consumer, while a comment
that does not generate confidence will be discarded.

The present study has several limitations, such as a rather
limited data sample. In terms of directions of further research,
it would be desirable to use the ELM model to investigate the
credibility of e-WOM in sectors other than the tourism sector.
Another interesting possibility is to apply this model to study
variables other than credibility.
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