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ABSTRACT The saturation of a shale gas reservoir is used to characterize the fluid content within the pores
and to calculate the free gas content and reserves of the reservoir. Thus, accurately evaluating the saturation
of a shale gas reservoir is of great significance. However, little research has been performed to quantitatively
evaluate the saturation relative to other parameters used for evaluating the gas content. Moreover, because
the conductive mechanism of shale gas reservoirs is very complex, the existing electric saturation model is
insufficient. In this paper, based on the results of our analysis, we postulate that the organic pores in shale
gas reservoirs are full of gas; furthermore, clastic pores also contain some gas. Thus, an improved model
based on the original petrophysical model and the theory of shale density characteristics is proposed, and a
calculation scheme based on the saturation model of shale gas reservoirs is deduced. The simulation results
indicate that the improved model is less sensitive than the original model to changes in the total organic
carbon content (TOC), and the water saturation calculated when the TOC is equal to 0 can be less than 100%,
which is more consistent with the actual geological conditions of shale gas reservoirs. Because the saturation
model incorporates an exceedingly large number of parameters, we propose the use of a genetic algorithm to
automatically optimize those parameters. An evaluation of the Longmaxi formation-Wufeng formation shale
gas reservoir in the Yongchuan block of the southern Sichuan Basin reveals that the optimized parameters
are consistent with the geological conditions. The prediction accuracy of the proposed method is also higher
than that of the original method, especially for the Wufeng formation, for which the number of samples
is very small. Moreover, the absolute error is reduced by nearly 10%, which reflects a high accuracy. The
proposed model can enhance accuracy through further improving the determination of shale gas reservoir
characteristics and thus has the potential to be improved further. This method can also partially resolve
problems by evaluating the saturation of shale gas reservoirs and hence could be helpful for core and well
logging evaluations of the saturation, especially in overmature shales.

INDEX TERMS Saturation, nonelectric, organic shale, petrophysics, organic pore, clastic pore.

I. INTRODUCTION
Shale reservoirs represent a very broad class of reservoirs
that contain highly abundant reserves. Because shales serve
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as source rock reservoirs, the occurrence of fluid in a shale gas
reservoir is much more complex than that in a conventional
reservoir [1]. Natural gas exists as free gas within pore spaces,
adsorbed gas in liquid and solid states within organic pore
spaces, and dissolved gas within water [2]. Thus, a high
free gas content is beneficial for the development of shale
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gas reservoirs. The extraction of different types of gases
ranges in difficulty; hence, it is very important to evaluate the
various phases of gas present [3]–[4]. In this regard, relevant
research has shown that one of the most fundamental parame-
ters for accurately calculating the gas volume of various phase
states is the saturation parameter [5]–[8].

Water saturation (Sw) refers to the ratio of the water pore
volume to the rock pore volume; together with porosity and
permeability, water saturation constitutes a basic reservoir
parameter and is essential for calculating the amount of
reserves [9]–[10]. For a purely gas layer (without oil), the gas
saturation is equal to 1-Sw, and thus, only one parameter must
be calculated accurately for a shale gas reservoir. Evaluating
the saturation accurately is even more important in a shale
gas reservoir than in a conventional reservoir because the
saturation is also used to calculate the free gas content and
adsorbed gas content. In other words, either directly or indi-
rectly, the saturation determines all the gas-bearing param-
eters of a shale gas reservoir. Consequently, the saturation
represents the most basic parameter for a shale gas reservoir.
However, its importance can be obscured by the introduction
of additional parameters to evaluate the gas content. There-
fore, accurate saturation calculations for shale gas reservoirs
using existing model calculations are highly important, albeit
difficult.

Although many studies have been performed on saturation
models based on the rock resistivity characteristics of sand-
stone and carbonate reservoirs, few researchers have applied
similar research to shale reservoirs. Through a study on the
traditional water saturation model, Amiri et al. predicted that
the use of a correction factor to reduce the water saturation
was incorrect [11]–[12]. Ali et al. proposed a correction
model for the Archie formula based on a compensation for
the kerogen-clay conductivity [13]. Moreover, Zhang et al.
proposed another correction model for the Archie formula
based on the total organic carbon content (TOC) [14]–[19].
In essence, the models used to calculate the saturation uti-
lizing the resistivity characteristics of shale gas reservoirs
have not been systematically studied. To complicate matters
arising from an insufficient focus on the saturation parameter,
the pores of shale gas reservoirs exist mainly at the micro- to
nano-scale [20]; hence, as a consequence of their complex
pore structures [21], diverse pore types [22], diverse fluid
occurrence states [23], large wettability changes [24] and
diverse matrix mineral compositions [25], shale gas reser-
voirs are highly complex. These characteristics also greatly
affect the conductivity, making it difficult to obtain resistivity
saturation models for shale gas reservoirs.

Alternatively, some scholars have employed nonelectric
methods to calculate the shale saturation. For instance, Wang
et al. proposed a method for calculating the gas satura-
tion using the elastic modulus [26], while Gui et al. pre-
sented an approach using the fluid bulk compressibility [27].
Furthermore, Tan et al. proposed a technique to calculate
various types of porosities and performed saturation cal-
culations using the nuclear magnetic resonance (NMR) T2

spectrum [28]. All of the abovementioned methods have
achieved success to some degree; unfortunately, because they
lacked theoretical bases, they also possessed notable limita-
tions. Accordingly, Alfred et al. developed a method to calcu-
late the shale rock saturation using density characteristics to
ascertain the differences between organic and inorganic pores
in shale gas reservoirs [29]. Their method, which treats rocks
within a shale gas reservoir unconventionally, has achieved
good results when evaluating the saturation of shale reser-
voirs. However, this method is currently the only available
approach for calculating the saturation of shale reservoirs
based on theoretical models. Moreover, this model was pro-
posed many years ago when the geological understanding
of shale gas was inadequate; as a result, this model does
not consider the fluid state in inorganic pores. In addition,
their approach employs empirically based assumptions, and
thus, the model parameters can be determined only through
experience.

Thus, we believe that an accurate theoretical model is
urgently needed to evaluate shale gas reservoirs and calculate
the reservoir saturation. In this paper, the fluid occurrence
in different pore types is analyzed, and the unreasonable
hypotheses of previous models are corrected. Correspond-
ingly, an improved theoretical model for calculating the sat-
uration through a detailed theoretical derivation is presented,
and the use of optimization theory is proposed to quantita-
tively solve the parameters within the model and evaluate the
saturation. Based on an evaluation of actual data from shale
gas reservoirs, the saturation of which is difficult to calculate
using resistivity data, we conclude that the new model boasts
a higher precision, reliability and accuracy and is both more
reasonable and more suitable for providing continuous quan-
titative and accurate evaluations of the saturation of shale gas
reservoirs.

II. ANALYSIS OF PORE TYPES AND THE NATURAL GAS
CONTAINED THEREIN
The microstorage space classification scheme of shale gas
reservoirs is diverse, as it includes comprehensive classifi-
cations based on the pore size, the pore production struc-
ture and the pore genesis type. Slatt et al. established a
three-dimensional morphological model of pores in organic
matter and proposed that pore types in shale include clay
pores, organic pores, dung pellet pores, granular pores, and
microfracture channel pores [30]. Loucks et al. postulated
that pores can be classified into 3 basic types, namely, inter-
granular pores, intragranular pores and organic pores [31].
Yu subsequently developed a comprehensive classification
scheme of pore production structures in shale gas reser-
voirs [32]. Based on the work of Slatt, He et al. constructed
a systematic and complete classification scheme of shale
reservoirs according to the pore genesis type [33].

Shale rocks boast a far greater number of pore types than
any other type of rock. This variety of pore types compli-
cates the migration of hydrocarbons through shales after the
generation of oil and gas, leading to the complexity that is
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characteristic of shale reservoirs. Therefore, even if the satu-
ration of a shale reservoir is evaluated using the nonelectric
method, the differences in fluid occurrences in different types
of pore spaces must still be clarified. Nevertheless, although
many classifications of pores within shale gas reservoirs have
been developed, no shale gas reservoir pore classification
scheme considers the occurrence characteristics of fluids.
Accordingly, we classify pore types into organic pores, clastic
pores (intragranular pores, intergranular pores, cracks, etc.)
and clay pores according to their genesis and wettability and
analyze the various corresponding porosity types.

Organic pores, which refer to generally well-developed
pores in the interiors of organic particles within shale, are
widely developed within shales and constitute one of the most
important characteristics of source rocks [34]–[35]. With
maturation, the organic matter in shale begins to transform
and produce organic pores that contain oil and gas. Although
the organic matter often decreases with increasing maturity,
the number of organic pores accounting for the total volume
of organic matter grows rapidly. These organic pores repre-
sent the only sources of oil and gas in shale reservoirs [36].
Furthermore, as organic pores are produced during diagene-
sis, such pores are likely to contain a mixture of oil and gas
without water. During the short-term migration that occurs
later in the maturation of shale, the volume of organic pores
gradually expands following fluid generation; thus, the pres-
sure inside these pores significantly increases. Subsequently,
oil and gas are squeezed into other pore spaces [37]. There-
fore, organic pores are most certainly composed of oil and
gas.

The genesis of mineral clastic pores is related mainly to the
type, content and dissolution of granular minerals. Accord-
ing to the differences in their genesis and in the minerals
formed, mineral clastic pores can include intergranular pores
formed by the dissolution of shale matrix minerals such as
quartz and feldspar, intergranular pores formed by mineral
cleavage cracks, and intercrystalline pores formed by pyrite.
Relevant studies have also indirectly indicated that mineral
clastic pores, especially inner and intergranular pores, exhibit
a mixed wettability and can aid in the migration of flu-
ids, nearly guaranteeing that oil and gas will exist in the
regions above hydrocarbon pores [38]–[39]. During actual
shale gas exploitation, formation water will typically fail to
flow outward, indicating that moveable fluids in clastic pore
spaces are replaced by hydrocarbons with an increase in the
organic pore pressure [40]–[41]. In 2018, Hu et al. conducted
tracer migration experiments and reported both that shale
presents a unique "double channel" migration mechanism in
three-dimensional space and that clastic pores exhibit spotted
dog-type mixed wettability characteristics [42]. The above
studies all indicated that mineral clastic pores usually contain
oil and gas and may even occupy all moveable spaces within
clastic pores; thus, these types of pores must be considered
during evaluations of the shale reservoir saturation.

Clay minerals constitute one of the most important mineral
components of shale rocks. The clay content in a shale can

FIGURE 1. Shale rock volumetric model produced by the combination of
three pore systems.

range from 16.8% to 70.1%, and the clay minerals are usually
dominated by illite. Most articles have reported that clay
pores exhibit strongly hydrophilic characteristics and that the
wettability of clay pores is attributable to water; hence, clay
mineral pores are considered to be filled with water in our
petrophysical model.

III. THEORY AND METHOD
After a brief analysis of the gas-bearing properties of various
organic shale pores, the fluid occurrence characteristics of
different pore types are clarified. Through this clarification,
we construct a new, more suitable petrophysical model that
is different from the shale petrophysical model proposed by
Alfred et al. Accordingly, we analyze this difference through
a simulation later in this paper. The basic premise of the
model of Alfred et al. is twofold: first, organic pores in
organic shales are rich in hydrocarbons; second, not all inor-
ganic pores should be classified collectively because they
contain different types of pores, different pore sizes, and
different wettabilities. Based on the results of our analysis,
we believe that inorganic mineral clastic pores contain a
certain hydrocarbons and may even be occupied by oil and
gas, leaving only bound water within the pores. In addition,
the fluids within clay mineral pores, which are assumed to
be filled with water, must be discussed. Based on the above
information, a new petrophysical model is proposed.

The proposed model is defined as having three pore
systems: an organic domain containing organic matter and
organic pores, a clastic mineral domain containing mineral
clastic pores and non-clay minerals, and a clay mineral
domain containing clay mineral pores and clay minerals. The
hypothesized model is shown in Fig. 1.

In Fig. 1, ρk is the density of organic matter, ρfk is the
density of the fluid in the pores of organic matter, ρnc is
the density of non-clay minerals, ρfnc is the density of the
fluid in the pores of non-clay minerals, ρc is the density of
clay minerals, ρfc is the density of the fluid in the pores
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FIGURE 2. Shale matrix rock physics model.

of clay minerals, ρbk is the density of the entire organic
matter domain, ρbnc is the density of the entire clastic mineral
domain, ρbc is the density of the entire clay mineral domain,
PORk denotes the proportion of organic pores in organic
matter, PORnc denotes the proportion of non-clay pores in
clastic minerals, PORc denotes the proportion of clay pores
in clay minerals, Vk signifies the volume of the entire organic
domain, Vnc signifies the volume of the entire clastic mineral
domain, Vc signifies the volume of the entire clay mineral
domain, and the sum of the volumes of the 3 abovementioned
domains is 1. In each pore domain, red represents saturated
oil and gas, blue represents saturated water, and red and blue
together represent both oil and gas (excluding oil in a shale
gas reservoir) as well as water in the pores. We use this
generalized petrophysical model for further derivation and to
obtain a saturation model based on the proposed petrophysi-
cal model.

A. MATRIX VOLUMETRIC MODEL
We extract and reorganize the matrix component of the shale
petrophysical model to obtain the matrix volumetric model of
shale. The corresponding matrix volumetric model is shown
in Fig. 2.

1) ORGANIC MATTER VOLUME CHARACTERIZATION
Based on Fig. 2, the following equations can be obtained (1):{

Kk = Kkρk + Kcρc + (1− Kk − Kc) ρnc
ρnm = Kcρc + (1− Kc) ρnc

(1)

Here, ρm is the density of the entire matrix, Kk denotes the
proportion of organic matter in the matrix, ρk is the density of
organic matter, Kc denotes the proportion of clay minerals in
thematrix, ρk is the density of organicmatter, ρc is the density
of clay minerals, and ρnm is the density of non-clay minerals.
Taking these differences into consideration and substituting
the second formula in equation (1) into the first formula,
the following formula is derived:

Kk = (ρm − ρnm) / (ρk − ρnc) (2)

Subsequently, ρnm in equation (2) is replaced with the second
formula in equation (1):

Kk = (ρnc − ρm + Kc (ρc − ρnc)) / (ρnc − ρk) (3)

Then, the second formula in equation (1) is transformd:

Kc = (ρnc − ρnm)
/
(ρnc − ρc) (4)

Thus, through the proposed shale matrix petrophysical
model, the proportions of organic matter and clay in the
matrix can be obtained. An accurate representation of the pro-
portion of organic matter is helpful for deriving the saturation
in the following section.

2) CONVERSION OF THE TOTAL ORGANIC CARBON
CONTENT
The TOC is a very common parameter used to characterize
the relative size of organic matter [43]–[44]. Coring experi-
ments and logging methods can be used to effectively deter-
mine the TOCs of shale reservoirs. Therefore, the TOC is
introduced here as a parameter in our model. Then, assuming
that the influence of asphalt does not need to be considered
(i.e., a low asphalt content is negligible), the volume of
organic matter can be represented as follows:

Kk = TOCρm
/
Ckρk (5)

where Ck is the proportion of the organic carbon content in
the organic matter (commonly between 0.8 and 0.95) and ρk
is the density of organic matter. The density of organic matter,
which is related to the maturity, is often difficult to accurately
determine experimentally.
By combining equations (2) and (5), ρm is eliminated from

the system, and the result is as follows:

Kk=TOC (Kcρc+(1− Kc) ρnc)(Ckρk−TOCρk+TOCρnc)

(6)

The above formula shows that the ratio of organic matter
in the matrix is related to the ratio of clay minerals in the
matrix, the ratio of the organic carbon content in the organic
matter, the TOC, and the densities of various minerals in the
matrix. After determining the above parameters, the ratio of
organic matter in the matrix Kk can be calculated accurately.
For a drill core, the organic matter density can be deter-
mined experimentally by investigating the specific density of
the organic matter; furthermore, the TOC can be accurately
obtained by experimental measurements of the TOC (i.e.,
the carbon content of organic matter that is either dissolved
in or suspended on water), and the densities of various min-
erals in the matrix can be determined by X-ray diffraction
(XRD) and whole-rock experiments. Consequently, the vol-
ume of organic matter Kk within the shale core can be
determined.
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FIGURE 3. Shale rock volumetric model resulting from the combination of
three pore systems (after derivation).

B. SHALE ROCK VOLUMETRIC MODEL
After characterizing both the volume of organic matter in
the matrix and the volume of clay minerals, we constructed
an entire shale rock volumetric model to determine the total
density ρb and total porosity (POR) of the rock. After the
introduction ofKk andKc into themodel, the characterization
of the matrix elements in the volumetric model of the entire
rock changes (Fig. 3).

Fig. 3, which modifies primarily the matrix characteriza-
tion, presents the petrophysical model derived from the shale
matrix petrophysical model. Such changes will be explained
in the subsequent deduction. First, for the petrophysical
model, we have the following:

Vk + Vc + Vnc = 1 (7)

vk = Kk (1− POR) (8)

vnc = (1− Kk − Kc) (1− POR) (9)

vc = Kc (1− POR) (10)

According to the matrix model results, the following can
be obtained:

Vk = vk + PORkVk = Kk (1− POR) / (1− PORk)
Vc = vc + PORcVc = Kc (1− POR) / (1− PORc)

Vnc = 1− Vk − Vc
(11)

After characterizing the volume of each part using equa-
tions (9) and (11), a formula for calculating the porosity
can be deduced according to equation (11), (12) as shown
at the botttom of this page, where POR denotes the total
porosity. Then, the bulk density of the entire system can
be characterized. The volumetric model of the entire matrix
should be composed of three domains, including the matrix
and fluid components. The bulk density of the entire rock
system can be represented by equation (13):

ρb = Vkρbk + Vcρbc + (1− Vk − Vc) ρbnk (13)

Based on the detailed explanation provided in our previous
paper, the pore spaces in the proposed model are occupied
by a combination of oil, gas and water. Therefore, the corre-
sponding density of each domain is characterized as (14), as
shown at the bottom of this page.

Equation (14) is derived from the proposed petrophys-
ical model and is consistent with the discussion provided
in Section II. Unlike the petrophysical model in [25], there
are more factors to consider here. Combining equations (13)
and (14), we can calculate the bulk density. By setting each
parameter as a constant and changing the relative sizes of
organic pores, clastic pores, and clay pores, the effects of var-
ious porosity changes on the final total porosity and system
bulk density can be observed.

First, we determine the effects of variations in the organic
porosity. The proportion of organic pores in organic matter is
set as 0.1, 0.2, 0.3, 0.4, and 0.5. The other parameters are set
as follows: PORnc−0.04, PORc−0.10, DENnm−2.70 g/cm3,
DENnc − 2.82 g/cm3, DENc − 2.55 g/cm3, DENk − 1.30
g/cm3, DENh−0.25 g/cm3, DENw−1.00 g/cm3, Snch−0.5,
and Ck − 0.8.

Second, we examine the effects of variations in the clastic
porosity. The proportion of clastic pores is set as 0.02, 0.04,
0.06, 0.08, and 0.1. The other parameters are set as follows:
PORk−0.2, PORc−0.1, DENnm−2.70 g/cm3, DENnc−2.82
g/cm3, DENc−2.55 g/cm3, DENk−1.30 g/cm3, DENh−0.25
g/cm3, DENw − 1.00 g/cm3, Snch − 0.5, and Ck − 0.8.
Finally, we ascertain the effects of variations in the clay

porosity. The proportion of clay pores is set as 0.02, 0.04,
0.06, 0.08, and 0.1. The other parameters are set as follows:
PORnc−0.04, PORc−0.10, DENnm−2.70 g/cm3, DENnc−

2.82 g/cm3, DENc−2.55 g/cm3, DENk−1.30 g/cm3, DENh−

0.25 g/cm3, DENw − 1.00 g/cm3, Snch − 0.5, and Ck-0.8.
Figs. 4-6 show the simulation results of the petro-

physical model proposed in this paper. First, under the

POR = 1− (1− PORnc) (1+ (Kk/(1− PORk)+ Kc/(1− PORc)) (1-PORnc)/(1-Kc − Kk))/(1− Kc − Kk) (12)


ρbk = ρhPORk + ρ (1− PORk)
ρbnk = ρhPORncSnch

+ρ + wPORnc(1− Snch)+ ρnc(1− PORnc)
ρbc = ρwPORc + ρc(1− PORc)

(14)
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FIGURE 4. The porosity of porosity in organic matter to affect the parameters in the system.

FIGURE 5. The porosity of clastic minerals to affect the parameters in the system.

FIGURE 6. The porosity of clay minerals to affect the parameters in the system.

conditions that the porosities of organic matter, clastic min-
erals and clay minerals all remain unchanged, the porosity of
the shale rock constantly increases with a continuous increase
in the TOC, while the bulk density constantly decreases.
As shown in Fig. 4, with the growth of organic pores in the
organic matter, the growth rate of the total porosity constantly
increases, indicating that the maturity of the shale reservoir
also constitutes a key factor in conjunction with the TOC in
determining the pore space size distribution within a shale
reservoir [45]. A change in the organic porosity also leads
to a decrease in the rock bulk density, and the rate at which
the bulk density decreases begins to increase with an increase

in the proportion of organic pores. As shown in Fig. 5,
the total porosity of the shale reservoir increases with an
increasing clastic porosity; however, with an increasing TOC,
the increase in the amplitude gradually slows down. This
slowing is attributed to the decreasing impact of the clastic
porositywith a decrease in the relative clasticmineral content.
However, in an actual shale reservoir, the clastic porosity is
rather small, and thus, the influence of the total porosity is
not as great as the organic porosity. In the case in which other
parameters are determined, an increase in the clastic porosity
will reduce the rate of increase of the total porosity. The
effect of a change in the clastic porosity on the bulk density is
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FIGURE 7. Differences in the results of two rock physics models for calculating saturation.

similar to the effect on the total porosity. As seen in Fig. 6, the
difference in clay mineral porosity has no effect on the rate of
increase of the total porosity, and its effect on the decrease in
the bulk density is also minimal. Moreover, as shown in Figs.
4-6, an improvement in the number of organic pores is most
helpful for developing a shale reservoir. Therefore, for shale
reservoirs, the development of organic pores constitutes the
decisive factor with regard to reservoir quality.

C. SHALE ROCK VOLUMETRIC MODEL
The proposed petrophysical model is used to characterize the
water saturation. In the constructed pore space of the model,
only organic pores and clastic pores contain oil and gas, and
thus, the water saturation can be represented as follows:

Sw = 1− (PORkVk + PORncVncSnch)
/
POR (15)

where Sw denotes the water saturation. In other words,
the water saturation can be calculated after establishing both
the proportion of organic pores within the known organic
matter and the proportion of clastic porosity within clas-
tic minerals. In the shale petrophysical model proposed by
Alfred et al., only organic pores contain oil and gas, and the
corresponding water saturation formula is as follows:

Sw = 1− PORkVk
/
POR (16)

Equations (15) and (16) highlight the differences between
the saturation calculations of the original model and the
improved model. The saturation calculation model becomes
even more complicated after considering the inclusion of
hydrocarbons in the clastic pores. This result shows that the
model of Alfred et al. is too simple to guarantee a sufficient
saturation calculation accuracy. Similar to the saturation cal-
culation model, the porosity calculations of these models are
also different.

Due to the differences between the hypothetical petrophys-
ical model and the model proposed in this paper, the porosity
calculation formula is also different:

POR = 1− (1− PORk) (TOC (ρnk − ρk)+ Ckρk)

× (ρbnk − ρb) /(TOCρnk (ρbnk − ρbk)) (17)

where ρnk denotes the density of a mineral without organic
matter and ρbnk denotes the density of a domain without
organic matter. By comparing the saturation model pro-
posed in this paper with the organic shale petrophysical
model developed by Alfred et al., the influences of the
organic porosity on the saturation parameters in both mod-
els can be determined. In the proposed model, the pro-
portion of organic pores is set as 0.1, 0.2, 0.3, 0.4, and
0.5. The other parameters are set as follows: PORnk =

PORnc − 0.04, PORnk = PORnm − 2.70 g/cm3, DENnc −

2.82 g/cm3, DENc − 2.55 g/cm3, DENk − 1.30 g/cm3,
DENh − 0.25 g/cm3, DENw − 1.00 g/cm3, and Ck − 0.8.
In Fig. 7, the relationship between the water saturation

model and the TOC based on the original petrophysical model
is shown on the left, while the water saturation model based
on the petrophysical model proposed in this paper is shown on
the right. The test results demonstrate that thewater saturation
parameter in the new model should change more slowly with
a change in the TOC. In theory, the TOC is 0, and there is
no hydrocarbon source. However, under actual conditions,
underground oil and gas exist and likely migrate over short
distances through the clastic porosity (the longitudinal con-
centration difference may enable short migration distances
up to 14 m [44]). Therefore, the vertical variation in the
saturation of a shale reservoir is generally small, and no shale
reservoir is completely full of water. Usually, as long as the
shale gas formation being evaluated is close to a source rock
with a higher TOC, it is difficult for the water saturation
to approach 100%, even if the TOC is close to 0. Substan-
tial quantities of block data can prove this phenomenon.
Therefore, a TOC of 0 does not conform to the hypothesis
constituting the organic shale petrophysical model proposed
in this paper. Natural gas may be transported from adjacent,
high-quality reservoirs over a short distance. In an actual
evaluation, the predicted saturation result can be adjusted
by adjusting the saturation with the clastic porosity. After
considering the presence of fluids within the clastic porosity,
changes in the saturation are gentler and more consistent
with the characteristics of shale, namely, self-generation, self-
storage and short-distance migration. Therefore, based on the
characteristics of shale reservoirs, the proposed model can

VOLUME 7, 2019 51447



L. Zhu et al.: Improved Theoretical Nonelectric Water Saturation Method for Organic Shale Reservoirs

FIGURE 8. Yongchuan block location (red area in the figure).

better satisfy the needs for an evaluation of the shale reservoir
saturation.

The compaction and diagenesis of clastic pores also deter-
mine the clastic pore size. Oil and gas can enter a shale
and become stored through only larger pore sizes; similarly,
smaller pore sizes can make it difficult for hydrocarbons to
migrate over even short distances, leading to low hydrocarbon
saturation within clastic pores. Thus, to select the hydrocar-
bon saturation in clastic porosity, the shale lithology must be
considered. Generally, even if the differences in the mineral
composition are not substantial, the shale rock lithology will
vary due to differences in the stratigraphic age, diagenetic
stage and mineral type. For example, the dissimilarity in the
mineral composition between a siliceous shale and a carbona-
ceous shale may not be remarkable, but the clastic pores in a
siliceous shale will certainly be better preserved than those in
a carbonaceous shale, and thus, the clastic porosity should be
higher to enable hydrocarbon saturation [46].

IV. ACTUAL MODEL VALIDATION
After analyzing the spatial oil-gas properties of shale reser-
voirs based on geological data and deriving the proposed
volumetric petrophysical shale model, an expression for the
water saturation is obtained. In this section, data from the
Yongchuan block in the Sichuan Basin are used for a trial
evaluation of the water saturation to verify the model pro-
posed in this paper.

A. DATA
The Yongchuan block in the southern Sichuan Basin is
selected to verify the proposed model. The target strata of
this block are the Upper Ordovician Wufeng formation and
the Lower Silurian Longmaxi formation, which is a typical
organic-rich clay shale reservoir [47]. The lithologies of the
reservoir are silica shale, carbonaceous shale and black shale
(the silicon shale is generally developed in the Wufeng for-
mation, whereas the carbon shale and black shale are devel-
oped mainly in the Longmaxi formation). The TOC range is
0-7.83% with an average value of 2.07%. The total poros-
ity, which is measured using a gamma-ray imager (GRI),

FIGURE 9. TOC distribution range of samples participating in all
experiments.

ranges from 1.05% to 8% with an average of 4.02%. The
water saturation ranges from 18.21% to 82.45% with an
average of 57.51%; the saturation in the high-quality layer
is 38.7%, which is lower than the average saturation of most
conventional reservoirs. The vitrinite reflectance ranges from
1.83% to 2.43% with an average of 2.17%. The total gas
content range is 0.49 m3/t−7.66 m3/t, and the average value
is 3.92 m3/t. The entire area is similar to the Jiaoshiba block,
which contains a continuous, overmature shale reservoir with
a high reservoir quality. Nevertheless, due to the lack of devel-
oped faults, highlymature organicmatter, high reservoir pres-
sures and generally well-developed organic shale reservoirs
in the Longmaxi formation and Wufeng formation within
the Sichuan basin, an accurate calculation of the reservoir
saturation is of great significance.

We take well A2 in the Yongchuan block as an example
to test the saturation model. Numerous core plungers are
employed to experimentally obtain the core TOC, min-
eral composition, clay type, true density and bulk den-
sity of the rock, GRI porosity and GRI water saturation.
A CS-230 instrument was used to measure the TOC. The
mineral composition and clay type were determine using an
Ultima IV instrument, and the true density and bulk density
of the rock were ascertained using an MDMDY-350 instru-
ment. DJ-200 electronic balances and a PENTAPYC 5200e
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FIGURE 10. Average mineral composition distribution of samples
participating in all experiments.

FIGURE 11. Distribution of clay minerals in samples from all experiments.

FIGURE 12. Bulk density distribution range of samples participating in all
experiments.

pycnometer were used to determine theGRI porosity andGRI
water saturation. A total of 127 cores participated in the TOC
experiment, whereas 117 were involved to reveal the mineral
composition. The number of cores involved in the experiment
to determine the clay type was 109, 87 cores were used to
measure the true density and bulk density of the rock, and
52 were taken to quantify the GRI porosity and GRI water
saturation. Among them, a total of 16 cores were measured
simultaneously for all of the above experiments. The large
number of measured parameters makes it difficult to display
them in the form of a table. Therefore, the ranges of the

FIGURE 13. Grain density distribution range of samples participating in
all experiments.

FIGURE 14. Porosity distribution range of samples participating in all
experiments.

FIGURE 15. Water saturation distribution range of samples participating
in all experiments.

reservoir parameters obtained from the samples participating
in all experiments are shown in Figs. 9-15.

Figs. 11-18 show the ranges of the various parameters for
the parallel samples. The TOC distribution is primarily 0-4%
but ranges mainly from 1 to 3%. The block density ranges
from 2.5 to 2.8 g/cm3 but varies mainly between 2.6 and
2.7 g/cm3. The grain density ranges from 2.5 to 2.8 g/cm3,
and the porosity fluctuates between 3 and 7% but ranges
primarily from 4 to 5%. The parallel samples have a widely
distributed water saturation in the range of 30-90%, but it pri-
marily varies between 50 and 70%. The clay and quartz min-
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FIGURE 16. Cross operation.

FIGURE 17. Mutation operation.

eral contents are the highest among the mineral components
in the parallel samples; among the clay mineral components,
the illite content is the highest. In general, the main reservoir
parameters of the parallel samples are consistent with the
average reservoir parameters of the studied block, indicating
that the conclusions obtained from the above data are repre-
sentative.

B. DETERMINING THE PARAMETERS OF THE PROPOSED
SHALE PETROPHYSICAL MODEL BASED ON A GENETIC
ALGORITHM
Genetic Algorithm (GA) is a computational model that sim-
ulates the natural evolution of Darwin’s biological evolution
theory and the biological evolution process of genetics. It is a
method to search for optimal solutions by simulating natural
evolutionary processes. The three most important operations
in the genetic algorithm are selection operation, crossover
operation, and mutation operation. Among them, the selec-
tion operation of the population can eliminate the inferior
solution, and the fundamental purpose of the crossover pro-
cess and the mutation process is to increase the diversity of
the alternative solutions.

1) SELECTION OPERATION
This operation refers to the selection of individuals from
the previous generation population with a certain probability
of entering the next generation population. The better the
individual fitness is, the greater the probability of being
selected for the next population generation. The selection
operation is the most fundamental guarantee for obtaining the
optimal parameters, and it also represents the fundamental
manifestation of the survival of the fittest philosophy within
a genetic algorithm; in other words, the best individual is
ultimately retained through many iterations.

2) CROSSOVER OPERATION
This operation combines two individuals in the encoded
population to produce new individuals by exchanging
one or more chromosomal locations. The purpose of the
crossover operation is to increase the diversity of the popu-
lation to avoid falling into local minima. The schematic is
shown in Fig. 16.

3) MUTATION OPERATION
This operation refers to the selection of an individual in a
population and the selection of a point in the chromosome to
conduct a mutation to create a new individual. The mutation
operation is illustrated in Fig. 17.

We use the abovementioned genetic algorithm while tak-
ing equation (15) as the optimized model and determine
the density of organic matter, porosity of organic pores,
porosity of clastic pores, hydrocarbon saturation in clastic
pores and conversion rate of organic carbon. Our inputs
include the total core porosity, core TOC, volumetric density
of various parts of the core (calculated from the results of
core mineral composition measurements), and core water
saturation.

Since the coefficients of the equation that must be deter-
mined are derived from equation (15), the corresponding
objective function is:

ObjFunction = min |Sw (target)− Sw (predicted)| (18)

where Sw(target) is the actual saturation value, which can be
obtained experimentally, and Sw(predicted) is the predicted
saturation value, which is the result calculated by the opti-
mized parameters. The optimization algorithm ensures that
the parameters corresponding to the optimal water saturation
are the best for continuous optimization. This method can
obtain the best parameter results for a particular reservoir,
significantly improving the prediction. For other shale reser-
voirs, although we still recommend the determination of spe-
cific parameters, the parameters determined in this fashion
retain a certain referential significance, and the parameters
can be used to evaluate the saturation.

Before optimizing the parameters, it is necessary to first
determine the optimal ranges of those parameters, thereby
reducing the difficulty of the optimization and yielding an
excellent accuracy. The density of organic matter usually
ranges from 1.1 g/cm3 to 2.0 g/cm3, and the density of
organic matter increases with increasing thermal maturity.
The organic porosity does not typically exceed 50%. Due to
the compactness of shale gas reservoirs, the total porosity
of shale gas is usually less than 10%, while the organic
porosity usually exceeds 10%. Thus, the clastic porosity is
usually no greater than 10%. The water saturation of clastic
pores should be greater than that of bound water. In addition,
the proportion of the organic carbon content in organic matter
is generally considered to fall between 0.85 and 0.9. There-
fore, the corresponding overall ranges are set as follows:
DENk = 1.1 − 2.0g/cm3, PORk = 0.1 − 0.5, PORnc =

0.01− 0.1, Snch = 0.3− 0.7, and Ck = 0.8− 0.95.
The optimal parameters of the Longmaxi formation and

Wufeng formation are determined separately. Meanwhile,
to facilitate a comparison, we also apply the formula for
calculating the water saturation obtained from the original
petrophysical model for optimization, and we employed the
acquired parameters to calculate the corresponding satura-
tion. The parameters calculated using the new method and
the original method are listed as follows. For the Long-
maxi formation using the new method, PORk = 0.2481,
DENk = 1.93 g/cm3, PORnc = 0.0306, Snch = 0.4961,
and Ck = 0.9324. For the Longmaxi formation using the
original method, PORk = 0.2061, DENk = 1.02 g/cm3, and
Ck = 0.8. For the Wufeng formation using the new method,
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FIGURE 18. Using genetic algorithm to optimize the parameters of research block saturation model (a. original model to
optimize the parameters of Longmaxi formation; b. new model to optimize the parameters of Longmaxi Formation; c.
original model optimizes the parameters of the Wufeng formation; b. new model to optimize the parameters of Wufeng
formation).

PORk = 0.1472, DENk = 1.928 g/cm3, PORnc = 0.0383,
Snch = 0.5387, and Ck = 0.9036. Finally, for the Wufeng
formation using the original method, PORk = 0.1804,
DENk = 1.035 g/cm3, and Ck = 0.8. The optimization
results obtained by the corresponding methods are shown
in Fig. 18, where the ordinate refers to the average abso-
lute error (AAE) of the calculated saturation. The calculated
saturation results for the Longmaxi formation and Wufeng
formation are shown in Fig. 19.

We combined Fig. 18 and Fig. 19 to perform a compar-
ative analysis of the obtained results. First, based on the
optimization curve for the Longmaxi formation, it is easier
to optimize the new model than the original model under the
same parameter settings in the genetic algorithm. When the
number of iterations reaches 5, the proposed model begins
to enter a stage characterized by a gently decreasing error,
whereas the original model enters a stage with a gentle error
after reaching 25 iterations. This result shows that it is easier
to optimize the parameters of the new model and that the
proposed model is more correct. In addition, based on the
AAE values obtained from the final optimization, the AAE

of the calculated saturation with the optimal parameters of
the new model is lower than that of the original model,
indicating that the former is more reliable. Regarding the
optimization results of the Wufeng formation, the optimiza-
tion of the new model is obviously less difficult, and the
saturation optimization error is much smaller than that of
the original model. From the perspective of the optimiza-
tion process, the new model is more in accordance with the
actual situation of a shale reservoir. Based on the parame-
ters obtained by the optimization, the densities of organic
matter determined by the original method for the Longmaxi
and Wufeng formation are 1.02 g/cm3 and 1.035 g/cm3,
respectively, which obviously do not agree with the conclu-
sions of related research. These findings demonstrate that the
reliability of the original model is questionable. As shown
in Fig. 23, the prediction results of the new model are better
than those of the original model, especially for the Wufeng
formation.

Next, to ascertain the differences between the Wufeng and
Longmaxi formations ascertained via the original method and
the newmethod, field emission scanning electronmicroscopy
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FIGURE 19. Prediction results of optimization parameters. (a) Original model. (b) New model.

FIGURE 20. FE-SEM results of shale gas reservoirs in Longmaxi Formation and Wufeng Formation(a. A2 well, 4089.63m,
Longmaxi Formation, massive organic matter, showing organic pore diameter up to several hundred nanometers; b.
A2 well, 4094.68m, Wufeng formation, large organic matter, showing less development of organic pores, and the shape is
prismatic; c. A2 well, 4087.84m, Longmaxi Formation, massive organic matter, a large number of organic pores are
visible, the pore size is hundreds of nanometers, and the connectivity is good; d. A2 well, 4093.33m, Wufeng Formation,
massive organic matter, organic pores visible in organic matter, pore size from tens of nanometers to 200 nanometers).

results (Fig. 20) of the Longmaxi and Wufeng formations in
the studied block are selected for analysis.

Fig. 20 (a) and Fig. 20 (b) clearly demonstrate that the
Longmaxi and Wufeng formations exhibit substantial differ-
ences in the organic pore quantity, pore size, and plane poros-
ity difference. Furthermore, the degree to which organic pores

are developed in the Longmaxi formation is obviously better
than that in the Wufeng formation, proving that the proposed
model correctly reveals the remarkable difference in the pro-
portion of organic pores between the Longmaxi and Wufeng
formations. In addition, Fig. 20 (c) and Fig. 20 (d) show
that the morphologies of the organic pores in the Longmaxi

51452 VOLUME 7, 2019



L. Zhu et al.: Improved Theoretical Nonelectric Water Saturation Method for Organic Shale Reservoirs

FIGURE 21. Prediction results of optimization parameters (a. new model,new parameter; b. original model,new
parameter; c. original model,original parameter).

formation and Wufeng formation are very inconsistent; the
organic pores of the Longmaxi formation are mainly circular,
whereas those of the Wufeng formation are mainly irregu-
larly angular in shape. Relevant studies have shown that the
Wufeng formation was subjected to obvious tectonic com-
pression and slippage along bedding planes, which caused a
drop in the overburden that resulted in changes to the shale
pore morphology and even pore closure within the Wufeng
formation. This tectonism constitutes the main reason for the
reduction in organic porosity within the Wufeng formation
despite the small difference in the maturity [48]–[49]. After
organic pores are squeezed, the gas within those organic pores
will overflow into other types of adjacent pores. Without this
mechanism, we cannot elucidate why the stages of maturity
of the Wufeng formation and Longmaxi formation are the
same; nevertheless, this explanation obviously shows that
the organic pores were compressed and that surplus free gas
entered the clastic pores. This reasoning is also consistent
with the estimated increase in the gas saturation in the clas-
tic pores of the Wufeng formation within our optimization
results, demonstrating that the proposed model is consistent
with the current geological understanding of the Longmaxi
and Wufeng formations. Therefore, the content of free gas
in the Wufeng formation is higher than that in the Long-
maxi formation. In addition, the siliceous minerals in the
Wufeng formation are mostly biogenetic, and their existence

is conducive for the maintenance of micropores in shale.
Moreover, the porosity of clastic pores in the Wufeng forma-
tion should be larger than that of clastic pores in the Longmaxi
formation, which is also consistent with the optimization
results of the genetic algorithm. Therefore, it is necessary
to consider the presence of hydrocarbons in clastic pores
when calculating the saturation of shale reservoirs with a high
maturity, especially when the pores have been subjected to
tectonic compression [50].

The core results are shown in units of depth (see Fig. 21).
Among them, the yellow area represents the Longmaxi for-
mation, and the purple area represents the Wufeng forma-
tion. As observed in Fig. 21, the calculated water saturation
using the original method is significantly larger because the
selection of those parameters is based on experience, and
the original parameters in this paper are estimated through
the literature [29]. Employing the original method with the
original parameters generally results in a higher water sat-
uration, especially for the 4020 m-4040 m depth section,
the 4070 m-4090 m depth section and the Wufeng forma-
tion depth section. Superior to other methods, the proposed
method is more consistent with the trend of the core and does
not erroneously estimate the saturation. This result indicates
that the proposed saturation model based on the fluid occur-
rence characteristics of the shale pore system is successful.
Related studies have shown that the highest-quality interval in
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the entire Longmaxi formation-Wufeng formation reservoir
section usually extends from the bottom of the Longmaxi
formation to the Wufeng formation. In contrast, the accuracy
of the calculated saturation using the original method is low,
and it is also easy to miss potential high-quality reservoirs.
It is obviously difficult to calculate the exact saturation value
(especially for the Wufeng formation) without considering
the presence of hydrocarbons in clastic pores. However, from
the longitudinal variations revealed by the core water satura-
tion calculations, the saturation results obtained by both the
original method and the new method are not consistent with
the core trend, indicating that the proposed model still has
room for improvement. In general, the advantage of the new
method over methods that calculate the saturation based on
the resistivity (i.e., research on the conductive mechanism
of shale is in its infancy) is that the proposed petrophysical
model does not need to consider the combination of pores
with the pore structure or other parameters [51]–[52]. In other
words, the proposed method is simple and practical, and it
can assist with the exploration and development of shale gas
reservoirs.

V. DISCUSSION
The saturation parameter of a shale gas reservoir not only
reflects the fluid content in pores, which is consistent with a
conventional reservoir, but also aids in accurately calculating
the free gas content, which is very meaningful for shale
gas reservoirs. However, it is difficult to apply conventional
electric saturation models to shale gas reservoirs as a result
of their complexity. In 2012, a saturation calculation method
based on the density curve that improved the reliability of
the saturation calculation was proposed; however, at that
time, the existing geological understanding of shale gas reser-
voirs was insufficient, and thus, it was simply assumed that
only organic pores in shale gas reservoirs contain gas. In
contrast, this paper considers that clastic pores (especially
intergranular pores and inner granular pores) in addition to
organic pores are also characterized by a mixed wettability
and serve as channels for fluid seepage. Moreover, natural
gas also exists in clastic pores. Based on this understanding,
in this paper, we propose a new kind of shale petrophysical
model and derive a new theoretical saturation model in detail.
By comparing the differences between the developed method
and the original technique, the simulation results show that
the proposed model is less affected by the TOC because
organic pores do not constitute the only reservoir space.

Since all of the parameters in the proposed method are
microscopic, it is difficult to accurately determine those
parameters without conducting specific experiments. Instead
of simply selecting approximate values, as is the case in the
original method, we propose the use of a genetic algorithm
to determine the optimal model parameters. Accordingly,
the optimal model parameters of a shale gas reservoir in
the southern Sichuan Basin are determined. It is believed
that the optimal parameters, including the organic matter
density, determined by the new model are consistent with

the geological characteristics of shale gas reservoirs. The
saturation of well A2 is also calculated. The results show that
the method proposed in this paper can calculate the saturation
of shale gas reservoirs more accurately than can the original
method; furthermore, the ability of the newmodel to estimate
the tectonic compression of a shale gas reservoir is superior
to that of the original model. Thus, the proposed model,
which expands the methodology utilized to evaluate the satu-
ration of a shale gas reservoir by incorporating a nonelectric
method and improves the corresponding interpretation accu-
racy, is more helpful than the original model for evaluating
the saturation of a shale gas reservoir. For other shale gas
reservoirs, we recommend a reasonable determination of the
range of parameters in combination with actual geological
conditions. For example, for a less mature reservoir, the
corresponding organic pores have a smaller organic porosity,
and so on..

Currently, some components of the hypothesized model
must be further studied. At present, our research regarding
the new model is ongoing. First, does gas exist in clay pores?
Clay pores usually exhibit water wettability, but it is still
possible for clay pores with large pore sizes to contain oil and
gas. Second, will hydrocarbon fluids in an adsorbed state have
an impact on the calculation of the saturation (especially for
reservoirs whose adsorbed gas content varies greatly along
the vertical direction)? Both of these questions require further
study in the future. Nevertheless, the proposed method for
evaluating the saturation of shale rock based on nonelectric
features has substantial research value.

VI. CONCLUSIONS
In this paper, we propose an improved nonelectric method
for calculating the saturation within a shale gas reservoir.
The improved model references the newer geological theory
regarding shale reservoirs and improves the reliability and
accuracy of the saturationmodel. From the research presented
in this paper, we can obtain the following conclusions.

Based on an analysis of different shale gas pore types,
we believe that clastic pores in addition to organic pores con-
tain natural gas and serve as very effective seepage channels.
Based on this conclusion, we propose a new petrophysical
model based on shale density characteristics.

By deriving a petrophysical model, we obtain a new satu-
ration evaluation model based on the density characteristics
of shale reservoirs. After considering the presence of fluids
in clastic pores, the proposed model can better meet the
requirements of evaluating the reservoir saturation. Consid-
ering that the proposed model contains an excessive number
of parameters, making it difficult to practically evaluate the
saturation of a shale reservoir, the use of a genetic algorithm
is proposed to automatically optimize the model parameters.
Based on data from the Longmaxi and Wufeng formations in
the Yongchuan block in the southern Sichuan Basin, the opti-
mization results show that the new model is more correct
than the original approach and that the determined parameters
are more reasonable. The results of a final evaluation also
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indicate that the accuracy of the new model proposed in
this paper is higher than that of the original model. The
results of a core calculation are more consistent with the
core measurements and are less affected by the TOC; hence,
the new technique can aid in evaluating the saturation of a
shale reservoir. The above results indicate that it is necessary
to make targeted improvements to the theoretical model for
the geological features of shale; nevertheless, we believe that
this approach can provide guidance for subsequent research
regarding evaluations of the saturation of shale gas reservoirs.

ACKNOWLEDGMENT
The authors would like to express their deep thanks to all the
editors of the IEEE-Access, for their enthusiasm, patience,
and tireless efforts. Finally, they are very grateful to experi-
enced anonymous reviewers for their constructive advice on
how to make the paper significantly.

REFERENCES
[1] X. Ge, Y. Fan, Y. Xiao, J. Liu, D. Xing, andD. Gu, ‘‘Quantitative evaluation

of the heterogeneity for tight sand based on the nuclear magnetic resonance
imaging,’’ J. Natural Gas Sci. Eng., vol. 38, pp. 74–80, Feb. 2017.

[2] B. Yu, ‘‘Particularity of shale gas reservoir and its evaluation,’’ Earth Sci.
Frontiers, vol. 19, no. 3, pp. 252–258, 2012.

[3] Q. Li, X. Pang, L. Tang, G. Chen, X. Shao, andN. Jia, ‘‘Occurrence features
and gas content analysis of marine and continental shales: A comparative
study of Longmaxi Formation and Yanchang Formation,’’ J. Natural Gas
Sci. Eng., vol. 56, pp. 504–522, Aug. 2018.

[4] Y. Li et al., ‘‘Insights into interactions and microscopic behavior of shale
gas in organic-rich nano-slits bymolecular simulation,’’ J. Natural Gas Sci.
Eng., vol. 59, pp. 309–325, Nov. 2018.

[5] P.-X. Zhang, ‘‘Logging evaluation of shale gas: A case study of marine
shale in southeastern Sichuan,’’ Special Oil Gas Reservoirs, vol. 19, no. 2,
pp. 12–15, 2012.

[6] J. Zhao, C. Shen, L. Ren, and X. Tan, ‘‘Quantitative prediction of gas
contents in different occurrence states of shale reservoirs: A case study
of the Jiaoshiba shale gasfield in the Sichuan Basin,’’ Natural Gas Ind.,
vol. 37, no. 4, pp. 27–33, 2017.

[7] J. Zhang, ‘‘The nine-property relationship of log evaluation and its research
method,’’Well Logging Technol., vol. 42, no. 3, pp. 257–260, 2018.

[8] K. Ji, S. Guo, and B. Hou, ‘‘A logging calculation method for shale
adsorbed gas content and its application,’’ J. Petroleum Sci. Eng., vol. 150,
pp. 250–256, Feb. 2017.

[9] C. Fang, Z. Huang, Q. Wang, D. Zheng, and H. Liu, ‘‘Cause and signif-
icance of the ultra-low water saturation in gas-enriched shale reservoir,’’
Natural Gas Geosci., vol. 25, no. 3, pp. 471–476, 2014.

[10] L. Adeoti, A. E. Ayolabi, and L. James, ‘‘An innovative technique for
estimating water saturation from capillary pressure in clastic reservoirs,’’
J. Afr. Earth Sci., vol. 135, pp. 41–53, Nov. 2017.

[11] M. Amiri, M. H. Yunan, G. Zahedi, M. Z. Jaafar, and E. O. Oyinloye,
‘‘Introducing new method to improve log derived saturation estimation in
tight shaly sandstones—A case study from mesaverde tight gas reservoir,’’
J. Petroleum Sci. Eng., vols. 92–93, no. 11, pp. 132–142, 2012.

[12] M. Amiri, G. Zahedi, and M. H. Yunan, ‘‘Reducing predictive uncertainty
in log-derived water saturation models in a giant tight shaly sandstones—A
case study from mesaverde tight gas reservoir,’’ J. Natural Gas Sci. Eng.,
vol. 23, pp. 380–386, Mar. 2015.

[13] A. Kadkhodaie and R. Rezaee, ‘‘A new correlation for water saturation
calculation in gas shale reservoirs based on compensation of kerogen-clay
conductivity,’’ J. Petroleum Sci. Eng., vol. 146, pp. 932–939, Oct. 2016.

[14] L. Zhu et al., ‘‘Prediction of total organic carbon content in shale reservoir
based on a new integrated hybrid neural network and conventional well
logging curves,’’ J. Geophys. Eng., vol. 15, no. 3, pp. 1050–1061, 2018.

[15] L. Zhu, C. Zhang, C. Zhang, X. Zhou, J. Wang, and X.Wang, ‘‘Application
of Multiboost-KELM algorithm to alleviate the collinearity of log curves
for evaluating the abundance of organic matter in marine mud shale reser-
voirs: A case study in Sichuan Basin, China,’’Acta Geophys., vol. 66, no. 5,
pp. 983–1000, 2018.

[16] P. Zhao, H. Ma, V. Rasouli, W. Liu, J. Cai, and Z. Huang, ‘‘An improved
model for estimating the TOC in shale formations,’’Mar. Petroleum Geol.,
vol. 83, pp. 174–183, May 2017.

[17] X. Ge, Y. Wang, Y. Fan, Z. Fan, and S. Deng, ‘‘Determination of
Total Organic Carbon (TOC) in tight reservoir using Empirical Mode
Decomposition-Support Vector Regression (EMD-SVR): A case study
from XX-1 Basin, Western China,’’ Appl. Sur. Sci., vol. 2015, no. 1,
pp. 593–598, 2015.

[18] B. Zhang and J. Xu, ‘‘Methods for the evaluation of water saturation
considering TOC in shale reservoirs,’’ J. Natural Gas Sci., Eng., vol. 36,
pp. 800–810, Nov. 2016.

[19] J. Xu, L. Xu, and Y. Qin, ‘‘Two effective methods for calculating
water saturations in shale-gas reservoirs,’’ Geophysics, vol. 82, no. 3,
pp. D187–D197, 2017.

[20] W. Ji, S. Yan, Z. Jiang, C. Lei, P. Wang, and Q. Liu, ‘‘ Micro-nano
pore structure characteristics and its control factors of shale in Longmaxi
Formation, southeastern Sichuan Basin,’’ Acta Petrolei Sinica, vol. 37,
no. 2, pp. 182–195, 2016.

[21] X. Guo, Y. Li, R. Liu, and Q. Wang, ‘‘Characteristics and controlling
factors of micropore structures of the Longmaxi Shale in the Jiaoshiba area,
Sichuan Basin,’’ Natural Gas Ind. B, vol. 1, no. 2, pp. 165–171, 2014.

[22] S. Han, J. Zhang, B. Horsfield, S. Jiang, W. Li, and Q. Chen, ‘‘Pore
types and characteristics of shale gas reservoir: A case study of lower
paleozoic shale in Southeast Chongqing,’’ Front. Earth Sci., vol. 20, no. 3,
pp. 247–253, 2013.

[23] K. Jiao, S. Yao, W. U. Hao, L. I. Miaochun, and Z. Tang, ‘‘Advances
in characterization of pore system of gas shales,’’ Geol. J. China Univ.,
vol. 20, no. 1, pp. 151–161, 2014.

[24] J. O. Alvarez and D. S. Schechter, ‘‘Application of wettability alteration
in the exploitation of unconventional liquid resources,’’ Petroleum Explor.
Develop., vol. 43, no. 5, pp. 832–840, 2016.

[25] S. Su et al., ‘‘The effects of shale pore structure and mineral components
on shale oil accumulation in the Zhanhua sag, Jiyang depression, Bohai
Bay Basin, China,’’ J. Petroleum Sci. Eng., vol. 165, pp. 365–374, 2018.

[26] L. Wang, X. Wang, S. Wu, and R. Cao, ‘‘Study on computation of gas
condensation using elastic modules,’’ Ournal Southwest Petroleum Univ.,
vol. 33, no. 4, pp. 69–72, 2011.

[27] J. Gui, H. Xia, Y. Zou, and H. Gong, ‘‘A new method to calculate the
gas saturation of the sand and shale formations based on logging rock
mechanics parameter,’’ Petrol. Drill. Tech., vol. 43, no. 1, pp. 82–87, 2015.

[28] M. Tan, K. Mao, X. Song, X. Yang, and J. Xu, ‘‘NMR petrophysical
interpretation method of gas shale based on core NMR experiment,’’
J. Petroleum Sci. Eng., vol. 136, pp. 100–111, Dec. 2015.

[29] D. Alfred and L. Vernik, ‘‘A new petrophysical model for organic shales,’’
Petrophysics, vol. 54, no. 3, pp. 240–247, 2013.

[30] R. D. O. Slatt and N. Brien, ‘‘Pore types in the Barnett and Woodford gas
shales: Contribution to understanding gas storage and migration pathways
in fine-grained rocks,’’ AAPG Bull., vol. 95, no. 12, pp. 2017–2030, 2011.

[31] S.-B. Chen, Y.-M. Zhu, G.-Y. Wang, H.-L. Liu, W. Wei, and J.-H. Fang,
‘‘Structure characteristics and accumulation significance of nanopores in
Longmaxi shale gas reservoir in the southern Sichuan Basin,’’ J. China
Coal Soc., vol. 37, no. 3, pp. 438–444, 2012.

[32] R. G. Loucks, R. M. Reed, U. Hammes, and S. C. Ruppel, ‘‘Spectrum of
pore types and networks in mudrocks and a descriptive classification for
matrix-related mudrock pores,’’ AAPGBull., vol. 96, no. 6, pp. 1071–1098,
2012.

[33] B. Yu, ‘‘Classification and characterization of gas shale pore system,’’
Earth Sci. Fronl., vol. 20, no. 4, pp. 211–220, 2013.

[34] T. Cao and Z. Song, ‘‘Effects of organic matter properties on organic pore
development and reservoir,’’ Sp. Oil Gas Reserv., vol. 23, no. 4, pp. 7–13,
2016.

[35] X. Ge et al., ‘‘Investigation of organic related pores in unconventional
reservoir and its quantitative evaluation,’’ Energy Fuels, vol. 30, no. 6,
pp. 4699–4709, 2016.

[36] Y. Yuan, Z. Ji, B. Shen, Y. Yang, N. Qiu, and G. Teng, ‘‘Research
progress on main controlling factor of hydrocarbon-forming organisms
in gas-bearing property,’’ B. Mineral. Petrol. Geochem., vol. 36, no. 2,
pp. 332–338, 2017.

[37] J. Li, W. J. Jin, L. Wang, Q. Z. Wu, J. Lu, and S. B. Hao, ‘‘Quantitative
evaluation of organic and inorganic pore size distribution by NMR: A case
from the silurian Longmaxi Formation gas shale in fuling area, Sichuan
Basin,’’ Oil Gas Geol., vol. 37, no. 1, pp. 129–134, 2016.

VOLUME 7, 2019 51455



L. Zhu et al.: Improved Theoretical Nonelectric Water Saturation Method for Organic Shale Reservoirs

[38] Q. Lan, M. Xu, M. Binazadeh, J. M. Wood, and H. Dehghanpour, ‘‘A com-
parative investigation of shale wettability: The significance of pore con-
nectivity,’’ J. Natural Gas Sci. Eng., vol. 27, pp. 1174–1188, Nov. 2015.

[39] M. R. Yassin, M. Begum, and H. Dehghanpour, ‘‘Organic shale wettability
and its relationship to other petrophysical properties: A Duvernay case
study,’’ Int. J. Coal Geol., vol. 169, pp. 74–91, Jan. 2017.

[40] Q. Liao, H. Hu, J. Lin, Z. Liu, and X.Mu, ‘‘Petroleum exploration prospect
of the jurassic tight reservoirs in central Sichuan Basin,’’ Oil Gas Geol.,
vol. 32, no. 54, pp. 815–822, 2011.

[41] J. Li, S. Tao, Z. Wang, C. Zou, X. Gao, and S. Wang, ‘‘Characteristics of
jurassic petroleum geology and main factors of hydrocarbon accumulation
in NE Sichuan basin,’’ Natural Gas Geosci., vol. 21, no. 5, pp. 732–741,
2010.

[42] Q. Hu, H. Liu, M. Li, Z. Li, R. Yang, and Y. Zhang, ‘‘Wettability, pore
connectivity and fluid-tracer migration in shale oil reservoirs of paleogene
Shahejie Formation inDongying sag of Bohai BayBasin, east China,’’Acta
Petrol. Sin., vol. 39, no. 3, pp. 279–288, 2018.

[43] C. Zou et al., ‘‘Types,characteristics,genesis and prospects of conven-
tional and unconventional hydrocarbon accumulations: Taking tight oil and
tight gas in China as an instance,’’ Acta. Petrolei Sinica, vol. 33, no. 2,
pp. 173–187, 2012.

[44] Y. Han, B. Horsfield, and D. J. Curry, ‘‘Control of facies, maturation
and primary migration on biomarkers in the Barnett Shale sequence in
the Marathon 1 Mesquite well, Texas,’’ Mar. Petroleum Geol., vol. 85,
pp. 106–116, Aug. 2017.

[45] J. Zou, R. Rezae, Q. Xie, L. You, K. Liu, and A. Saeedi, ‘‘Investigation of
moisture effect on methane adsorption capacity of shale samples,’’ Fuel,
vol. 232, pp. 323–332, Nov. 2018.

[46] T. Liu, Y. Li, Y. Zhang, S. Liu, and Y. Cai, ‘‘Evidences of biogenic silica
of Wufeng-Longmaxi Formation shale in Jiaoshiba area and its geological
significance,’’ J. China Univ. Petroleum, vol. 41, no. 1, pp. 34–41, 2017.

[47] P. Zhao et al., ‘‘Estimating thermal maturity of organic-rich shale from
well logs: Case studies of two shale plays,’’ Fuel, vol. 235, pp. 1195–1206,
Jan. 2019.

[48] J. Han, B. Chen, X. Zhao, C. Zheng, and J. Zhang, ‘‘Development charac-
teristics and influential factors of organic pores in the permian shale in the
lower Yangtze region,’’ Natural Gas Ind., vol. 37, no. 10, pp. 17–25, 2017.

[49] P. Wang, C. Zou, X. Li, L. Jiang, J. Li, and J. Mei, ‘‘Main geological
controlling factors of shale gas enrichment and high yield in Zhaotong
demonstration area,’’ Act. Petrol. Sin., vol. 7, pp. 745–753, 2018.

[50] H. Li, D. Liu, P. Peng, and Q. Wang, ‘‘Tectonic impact on reservoir
character of Chongqing and its neighbor area,’’ Natural Gas Geosci.,
vol. 26, no. 9, pp. 1705–1711, 2015.

[51] J. Lai et al., ‘‘A review on pore structure characterization in tight sand-
stones,’’ Earth-Sci. Rev., vol. 177, pp. 436–457, Jun. 2014.

[52] J. Lai, G.Wang, Z. Fan, Z. Zhou, J. Chen, and S.Wang, ‘‘Fractal analysis of
tight shaly sandstones using nuclear magnetic resonance measurements,’’
AAPG Bull., vol. 102, no. 2, pp. 175–193, 2018.

LINQI ZHU received the M.Sc. degree in earth
exploration and information technology from
Yangtze University, Wuhan, China, in 2014, where
he is currently pursuing the Ph.D. degree with the
College of Geophysics and Petroleum Resources.
His research interests include unconventional
reservoir petrophysics, digital core modeling,
the application of machine learning in logging
interpretation, and inversion of horizontal well
resistivity curve.

CHONG ZHANG received the Ph.D. degree from
the China University of Petroleum, in 2010, and
the Ph.D. degree in geological resources and geo-
logical engineering. He is primarily involved in
logging evaluation method and technical research
of complex reservoir.

CHAOMO ZHANG received the Ph.D. degree
from Tongji University, in 2000, and the Ph.D.
degree in marine geology. He is primarily involved
in logging formation evaluation and reservoir
description. He is a very famous petrophysicist.

ZHANSONG ZHANG received the Ph.D. degree
from the China University of Geosciences,
Beijing, in 2000, and the Ph.D. degree in minerals
survey and exploration. He is primarily involved in
log interpretation, logging geology, and reservoir
description. He is a very famous petrophysicist.

XUEQING ZHOU received the M.Sc. degree in
earth exploration and information technology from
Yangtze University, China, in 2018, where she is
currently pursuing the Ph.D. degree with the Col-
lege of Geophysics and Petroleum Resources. Her
research interests include unconventional reser-
voir petrophysics, petrophysical characterization
of fracture systems, study on acoustic characteris-
tics of crack rocks, and the influence of diagenesis
on the physical properties of rocks.

BOYUAN ZHU received the bachelor’s degree
in exploration technology and engineering from
the Yangtze University School of Engineering and
Technology, in 2018. He is currently pursuing the
M.S. degree with the College of Geophysics and
Petroleum Resources, Yangtze University, China.
His research interests include metamorphic rock
logging interpretation.

51456 VOLUME 7, 2019


	INTRODUCTION
	ANALYSIS OF PORE TYPES AND THE NATURAL GAS CONTAINED THEREIN
	THEORY AND METHOD
	MATRIX VOLUMETRIC MODEL
	ORGANIC MATTER VOLUME CHARACTERIZATION
	CONVERSION OF THE TOTAL ORGANIC CARBON CONTENT

	SHALE ROCK VOLUMETRIC MODEL
	SHALE ROCK VOLUMETRIC MODEL

	ACTUAL MODEL VALIDATION
	DATA
	DETERMINING THE PARAMETERS OF THE PROPOSED SHALE PETROPHYSICAL MODEL BASED ON A GENETIC ALGORITHM
	SELECTION OPERATION
	CROSSOVER OPERATION
	MUTATION OPERATION


	DISCUSSION
	CONCLUSIONS
	REFERENCES
	Biographies
	LINQI ZHU
	CHONG ZHANG
	CHAOMO ZHANG
	ZHANSONG ZHANG
	XUEQING ZHOU
	BOYUAN ZHU


