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ABSTRACT Recently, intelligent reflective surface (IRS)-aided systems are becoming a prospective
technology in realizing for sixth generation (6G) wireless communication era because of extremely low
power transmission, seamless coverage and their superiority. These network systems can allow many
users and devices to connect to each other, extending the coverage. To empower IRS-aided systems, non-
orthogonal multiple access (NOMA) can be leveraged to work with IRS technique enabling further benefits
such as mass connectivity, flexible resource allocation and improved performance. Increasing connected
devices and expanding coverage means devices have the potential to interfere with each other. Recent studies
focusing on researching and analyzing the performance of the IRS-supported NOMA network have not taken
into account or not fully calculated the impact of interference on system performance. In this study, we first
analyze the effect of co-channel interference (CCI) at users in downlink IRS-NOMA systems. In particular,
the CCIs generated by the terminals deployed randomly in the coverage area affect the signal reception at
the user in the downlink. In this network model, the channel conditions that follow the Rayleigh distribution
and the CCI statistical model are independent and identically distributed. We analyze and evaluate network
performance by extracting closed-form expressions of outage probability, ergodic capacity, total achievable
rate then highlighting the adverse effects of CCI on IRS-NOMA. In addition, to improve the performance
of the IRS-NOMA downlink, we present a framework of theorical analysis to look more insights of users’
performance, i.e. diversity order. Our analytical derivatives are verified through computer simulations based
on Monte-Carlo and intuitive comparisons with the benchmarks.

INDEX TERMS Intelligent reflecting surface, non-orthogonal multiple access, outage probability, ergodic
rate, co-channel interference.

NOMENCLATURE
AWGN Additive white Gaussian noise.
B5G Beyond fifth generation.
6G Sixth generation.
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BER Bit error rate.
BPSK Binary phase shift keying.
BS Base station.
CDF Cumulative density function.
CCI Co-channel interference.
CSI Channel state information.
IRS Intelligent reflecting surfaces.
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IoT Internet-of-things.
UAV Unmanned aerial vehicle.
MIMO Multi-input-multi-output.
NOMA Non-orthogonal multiple access.
OMA Orthogonal Multiple Access.
OP Outage probability.
PDF Probability distribution density.
SIC Successive interference cancellation.
UE User.
ER Ergodic rate.

I. INTRODUCTION
In the era of wireless communications, speed, capacity,
and stable connectivity are the most important aspects to
achieve hyper-connectivity. With the tremendous support of
their predecessors, next generation wireless networks are
about to revolutionize communications in a wide range of
fields such as artificial intelligence, edge computing, sensing
technologies, internet-of-things (IoT), virtual and augmented
realities, and many more futuristic applications [1], [2], [3],
[4]. However, along with the exponential increase in the
evolution of technologies, the day-to-day requirements of
wireless system evolution are also increasing, like unlimited
spectrum requirements, advanced connectivity. To achieve
these possibilities, various kinds of research are being
suggested. The recent techniques such as IRS [5] and
NOMA [6] are such developments in the field of wireless
systems.

NOMA has been one of the most promising techniques
in the field of wireless communication since the evolution
of such access technique allows multiple users to acquire
the same time and frequency slots, exploiting the power
domain, and allocating different power levels to distinguish
at the receiver [6]. NOMA offers important advantages such
as improved spectral efficiency, user fairness, and system
capacity. In [7], the non-regenerative massive-MIMO-
NOMA relay systems were introduced here to enhance
the system SE and further enlarge the coverage range. The
authors used the MMSE-SIC decoding method to decode the
received information. The system capacity and sum rate were
addressed by the closed-form expressions with the help of
matrix theories. Research has demonstrated that the number
of transmitting antennas and the number of users have a
positive but decreasing correlation with system performance
and total speed. However, deploying the MIMO-NOMA
system requires expensive costs, complex techniques, and in
some complex terrain areas it is difficult to deploy effectively.

Meanwhile, IRS is a device made up of multiple tiny-size
programmable meta-surface elements inserted on a plane
surface which has the capacity to reflect, refract, or scatter
incoming electromagnetic waves in a controlled manner.
The scope of the IRS is its deployment ability in any
position or place as per the requirements since it is a small
and plane device. By adjusting the phase, amplitude, and
polarization of the reflected signals, IRS can optimize the

wireless channel and overcome signal propagation challenges
such as path loss, interference, and multipath fading. With
their ability to shape and steer signals, IRS offers several
advantages including increased signal strength, extended
coverage, enhanced energy efficiency, and improved quality
of service.

A. RELATED WORK
In [8], [9], and [10], the authors presented an extensive
survey of the current state of NOMA research, including
its key concepts, advantages, and applications. They also
delved into various aspects of NOMA system design,
such as power allocation, user pairing, and interference
management techniques. Additionally, the article identifies
and discusses several open research challenges in NOMA,
including resource allocation optimization, user fairness, and
scalability issues. Meanwhile in [9], the authors discussed the
motivation behind NOMA, highlighting its ability to increase
system capacity and spectral efficiency compared to conven-
tional orthogonal multiple access schemes. They provided a
detailed overview of the NOMA concept, including its key
principles, such as power domain multiplexing and succes-
sive interference cancellation. The paper also investigates the
performance of NOMA through simulations, demonstrating
its advantages in terms of user fairness, coverage, and
capacity enhancement. Furthermore, the authors discuss
potential challenges and open research issues associated
with NOMA, paving the way for further investigations and
advancements in this area. In [10], the authors examined
the impact of imperfect channel state information (CSI) on
the system performance and evaluates the achievable rate
and error probability. The paper provides insights into the
design and optimization of NOMA systems under realistic
channel information assumptions. Meanwhile, in [12], the
authors addressed the issue of user fairness in decode-forward
relaying NOMA schemes with imperfect successive interfer-
ence cancellation (SIC) and CSI. It considers a relay-assisted
NOMA system and proposes an improved user fairness
scheme that accounts for imperfect SIC and CSI at the
relay. The paper presented performance evaluations and
simulations to demonstrate the effectiveness of the proposed
scheme in achieving fairness among users. In [11], the
authors addressed the challenge of achieving fairness among
users in a NOMA system and propose a fairness index
based on the achievable rates of users. The paper considered
a fairness-aware resource allocation scheme that aims to
improve fairness among users while maintaining high system
performance. In [13], the authors study the impact of
imperfect CSI. This is due to channel estimation errors
and feedback delays as well as imperfect sequential noise
cancellation on the performance of uplink NOMA networks
with randomly deployed mobile terminals. The results of the
study show that estimation errors reduce the coding gain
for low SNR. However, the degradation effect of channel
estimation error on uplink NOMA becomes negligible when
SNR is high. Additionally, the results also depict that the
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feedback delay does not negatively affect the uplink NOMA
for low SNR. However, it reduces the coding gain for high
SNR and the imperfect successive denoising and ordering
of the decoding process results in a loss of coding gain for
high SNR. In [14], the authors studied the adverse effects
of randomly deployed CCI interference communicating over
NOMA on the performance of an uplink network supporting
half/duplex relaying and amplification. Among them, non-
orthogonal CCI affected the relay and BS reception. The
authors calculated the system performance parameters and
confirmed that the lagrangemultiplier optimization technique
was used to optimize the location of the relay, the transmitted
power and the power allocation factor for NOMA. The results
show that non-orthogonal CCI seriously degrades the system
performance.

In [15], the authors focused on scenarios to highlight
benefits of IRS, which also results in challenging situation for
ensuring secure communications. The authors proposed an
IRS-assisted transmission scheme that utilizes the reflective
properties of the intelligent surfaces to enhance the secrecy
rate. By intelligently adjusting the phase shifts of the IRS
elements, the proposed scheme aims to optimize the signal
alignment at the legitimate receiver while creating intentional
interference at the eavesdropper. The paper provides theoreti-
cal analyses and simulations to demonstrate the effectiveness
of the proposed scheme in achieving secure and confidential
communication in scenarios where the eavesdropper’s CSI is
not known. In [16], the authors focused on two key aspects:
passive beamforming and deployment design of the IRS.
The authors proposed a passive beamforming strategy for the
IRS to maximize the received signal power at the intended
destination while suppressing self-interference. By carefully
adjusting the phase shifts of the IRS elements, the proposed
strategy aims to achieve enhanced signal reception at the des-
tination and improved cancellation of self-interference in full-
duplex communication. Additionally, the paper addresses the
deployment design of the IRS by considering factors such
as the placement of the IRS and the number of elements.
The authors provide theoretical analysis and simulations
to evaluate the performance of the proposed strategies in
terms of signal-to-interference-plus-noise ratio and capacity.
In [17], the authors proposed an IRS-assisted interference
mitigation scheme where the IRS elements are strategically
deployed to enhance the signal quality at the unmanned
aerial vehicle (UAV) and suppress interference to the ground
users. The proposed scheme utilizes the passive beamforming
capabilities of the IRS to enhance the received signal power at
the UAVs while minimizing interference to the ground users.
The paper provides theoretical analyses and simulations to
demonstrate the effectiveness of the IRS-assisted interference
mitigation scheme in improving the system performance in
terms of signal-to-interference-plus-noise ratio and outage
probability. In [18], the authors investigated the utiliza-
tion of intelligent reflecting surfaces (IRS) in multiple
access systems with user pairing, specifically comparing the

performance of NOMA and Orthogonal Multiple Access
(OMA) schemes. The paper explores the question of whether
NOMA or OMA should be employed in IRS-assisted
multiple-access scenarios. The authors propose a framework
that considers user pairing and power allocation strategies
for both NOMA and OMA. They evaluate the system
performance in terms of achievable rates and user fairness
under different scenarios. The paper provides insights into the
benefits and trade-offs of NOMA and OMA in IRS-assisted
multiple access systems and identifies the conditions under
which each scheme can offer advantages. In [19], the authors
focus on securing NOMA networks against eavesdropping
attacks by leveraging the reflective properties of the IRS.
The authors propose a secure transmission scheme that
optimizes the beamforming at the transmitter, the phase shifts
at the IRS, and the power allocation among NOMA users.
By strategically adjusting the IRS phase shifts, the proposed
scheme aims to create intentional signal cancellation at the
eavesdroppers, while ensuring reliable communication with
legitimate users. The paper provides theoretical analysis
and simulations to evaluate the secrecy rate and system
performance in terms of secure communication.

In [20], the authors investigated the use of IRS to
enhance the secrecy performance in NOMA systems by
optimizing the beamforming and power allocation strategies.
The authors propose a secure transmission scheme that
considers both legitimate users and potential eavesdroppers.
They analyzed the secrecy outage probability and derive
analytical expressions for the secrecy rate. Meanwhile,
in [21], the authors explored the use of multiple distributed
IRSs to improve the security of NOMA communications. The
authors propose a secure transmission scheme that optimizes
the IRS phase shifts and power allocation among NOMA
users. By strategically adjusting the IRSs, the scheme aims
to create intentional interference at potential eavesdroppers,
while ensuring reliable communication with the intended
recipients. These articles contribute to the understanding
and advancement of secure NOMA networks by leveraging
intelligent reflecting surfaces. They highlight the potential
of IRS in enhancing the physical layer security of NOMA
systems, providing insights into the design and optimization
of secure transmission schemes for wireless communication
systems. In the work [23], the authors study the impact of CCI
on the leakage rate of NOMA networks in the power-domain
supported by illegal relays. The analysis results show that
since invalid forwarding is affected by a limited number
of friendly jammers and CCI jammers, its achieved rate is
low and saturates at high SNR. The results also show that
CCI causes a loss in system coding gain on user outage
performance. In the work [24], the authors study imperfect
CSI caused by channel estimation errors and feedback delay
effects in leakage rate analysis for cooperative NOMA
networks. The results show that the channel estimation error
causes system coding gain loss while the feedback delay
does not have any effect on the user’s OP at the untrusted
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relay terminal in the mode low SNR. Conversely, the channel
estimation error effects become negligible while the feedback
delay causes system coding gain losses to the user’s OP
at the untrusted relay terminal at high SNR. However,
recent studies focusing on analyzing the performance of
IRS-NOMA systems have not considered or have not fully
calculated the effect of nearby devices or systems. Therefore,
it could be necessary to look at the impacts of interference on
the IRS-NOMA systems’ performance.

B. MOTIVATIONS AND OUR CONTRIBUTIONS
The impacts of CCI could be crucial problem in design of
wireless networks, and its consideration in the analysis and
design of such systems is necessary because of the reuse of
frequency channels to improve spectrum efficiency. In this
paper, we emphasize on a IRS-NOMA network model at
the downlink. Considering the users affected by the CCI are
identical and we rely on the proposed model to re-examine
mathematical expressions for the performance parameters of
the system and thereby evaluate the system performance. The
detailed system model and the system performance metrics
can be listed as follows:

• We propose a model of IRS-NOMA system in downlink
mode, with CCI affected at users. We construct the
probability distribution density function (PDF) and
cumulative probability distribution (CDF) expressions
of the new channel model, considering the number of
IRS reflective elements and if the links between the
base station (BS) to the IRS and the IRS link to the
user (UE) are possible links with a Rayleigh fading
distribution.1

• Next, we calculate the instantaneous and average SINR
at the users of the system, derive low complexity
closed-form expressions for the outage probability (OP)
and ergodic rate (ER) of the system.

• Finally, we simulate to prove and verify between theory
and analysis. The simulation results show the superiority
of the IRS at higher IRS meta-surface elements.

A comparison of our work with other related papers is also
presented in Table 1. In addition, our main contributions are
summarized as follows:

• We evaluate the performance of the IRS-NOMA system
when subjected to CCI at users with different amounts
of interference. We analyze the impact of CCI on the
performance of the IRS-NOMA system when the power
allocation coefficients of NOMA are changed.

• We derive expressions to achieve explicit system
performance analysis, i.e. OP and ER for UEs for
IRS-NOMA system which can be fairly compared with
the benchmark namely IRS-OMA system. We also

1The Rayleigh fading model has become the basic analytically tractable
model which produces initial analysis and important insights into IRS-
NOMA systems. There have beenmany research projects applying the fading
Rayleigh model, such as [33], [34], and [35] and references therein. This
assumption stems from the fact that even if the line of sight links between
BS-IRS and IRS-UE are blocked, widespread dispersion still exists.

FIGURE 1. System model.

compute diversity order to look insights the system
performance.

• To confirm the superiority of IRS, we compare the
performance of the IRS-NOMA system and the bench-
mark (IRS-OMA system) with the influence of CCI. The
expected performance is illustrated through simulations
to conclude that the number of CCI source, number
of meta-surface elements at IRS, power distribution
coefficients are considered as the main parameters that
make crucial impacts on the system performance.

C. ORGANIZATION AND NOTATIONS
The rest of the paper is organized as follows. Section II
presents IRS-NOMA network model in downlink under
the impact of CCI. Section III examines some distribu-
tion of related channels. Section IV presents analysis of
system performance. Numerical results and discussion are
presented in Section V. Finally, Section VI. concludes the
paper.

The main notations of this paper are as follows: Pr (.)
denotes the probability operator; E [.] denotes the expectation
operator; fX (.) and FX (.) denote the PDF and the CDF,
respectively; CN (., .) is a circularly symmetric complex
Gaussian distribution; and ∼ stands for ‘‘distributed as’’;
|.| is absolute operator; Ei (.) denotes the exponential integral
function [27, Eq. (8.211.1)]. An identity matrix of sizeM×M
is denoted by IM ; (.)H denotes the conjugate and Hermitian
transpose; a diagonal matrix with s1, . . . , sM on the diagonal
is denoted by diag (s1, . . . , sM ). 0 (·) is the gamma function,
and γ (·, ·) is the lower incomplete gamma function.

II. IRS-NOMA SYSTEM MODEL UNDER THE IMPACT
OF CCI
We investigate the IRS-NOMA network model in downlink
mode under CCI at UEs. Specifically, the BS has single
antenna to communicate with groups of single antenna users.
In this scenario, we just analyze performance of a user
pair including UE1, UE2, where these users are exposed to
multiple identical CCI. The BS communicates directly with
UE2 without IRS support, at UE2 there is the impact of many
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TABLE 1. Comparison of the our paper with similar studies.

identical CCI, shown in Fig. 1.2 Assume that the number of
CCI disturbances at UE1 and UE2 are the same and there
are M CCI sources. In addition, the distance between each
CCI signal to UE1 and UE2 is equal to 1. IRS has Nx meta-
surface elements and IRS has its reflecting matrix defined
theoretically as 2 = diag(β1ejθ1 , β2ejθ2 , . . . , βNx e

jθNx ), j =
√

−1, where βk ∈ [0,1] is the reflectance amplitude and
θk ∈ [0,2π ) is the phase shift of the k-th element that can
be adjusted by IRS (k = 1, 2, . . . ,K ).

A. ANALYSIS OF CHANNEL MODEL
Considering the BS-IRS-UE1 channel, it is assumed that
all channels are flat fading channels while the BS knows
the complete CSI. In particular, the receivers at IRS-NOMA
system can estimate the channel to obtain an accurate CSI.
The BS-IRS and IRS-UE links can be LoS or NLoS for
different cases. The channel parameter between the BS and
the IRS is the same, denoted GIRS ∈ C1×Nx . The channel
parameter between the IRS and the UEs is the same, denoted
gUE1 ∈ CNx×1. They are represented as vector spaces
GIRS =

[
G1,G2, . . . ,GNx

]
and gUE1 =

[
g1, g2, . . . , gNx

]T ,
respectively. All elements inGIRS and gUE1 follow a Rayleigh
fading distribution CN (0, 1). In a BS-UE2 link, assuming a
flat fading channel, and at a BS with complete CSI, the GU
channel gain follows a Rayleigh fading distribution, GU ∼

CN (0, 1). At all UEs affected by M sources of CCI, the
CCI channel coefficient is hI ,i with (i = 1, . . . ,M). The CCIs
all have a statistically independent Rayleigh fading model
CN (0, 1). Therefore, the UEs are influenced by the sum of
M CCI sources that are statistically independent and have a

Rayleigh fading distribution γI =

M∑
i=1

PI ,i
∣∣hI ,i∣∣2, where PI ,i is

the i-th CCI noise power. According to [22] the PDF function
of the sum of M sources of CCI terms that is statistically
independent and has a Rayleigh fading distribution which is

2To improve system performance, we can cluster users, where users are
divided into multiple groups and NOMA is deployed in each group, and
different groups are allocated orthogonal bandwidth resources. By adopting
user grouping, the complexity of receiver design is reduced and the problem
of error propagation caused by SIC is also alleviated [36], [37]. We leave
such a design and its analysis as interesting future work.

determined as follows:3

fγI (y) =
yM−1

(PI�I )
M (M − 1)!

exp
(

−y
PI�I

)
, (1)

where �I = E[h2I ,i], PI = PI ,i. 4

B. ANALYSIS OF SIGNALS AT DOWNLINK
The transmitted signal of the BS is represented as

x =

√
α1PssUE1 +

√
α2PssUE2, (2)

where, Ps is the transmit power at the BS; sUE1, sUE2 are the
signals that the BS transmits to UE1 and UE2, respectively;
α1, α2 are called the power allocation factors of the BS
sending signals to UE1, UE2, respectively. The α1 and α2
parameters satisfy the condition α1 + α2 = 1. Assuming that
UE1 is affected by M sources of CCI, and similar for UE2.
The signal received at the UEs can be represented as follows:

The received signal at UE1 is given by

yUE1 =

(
GIRS2gUE1d

−
αGIRS

2
IRS d

−
αgUE1

2
UE1

)
x

+

M∑
i=1

√
PI ,ihI ,isI + nUE1. (3)

The received signal at UE2 is given by

yUE2 =

(
GUE2d

−
αGUE2

2
UE2

)
x +

M∑
i=1

√
PI ,ihI ,isI + nUE2, (4)

where dIRS is the distance from BS to IRS, dUE1 is the
distance from IRS to UE1, dUE2 is the distance from BS
to UE2, nUE1 is defined as Gaussian noise at UE1, nUE2 is
defined as Gaussian noise at UE2, nUE1 and nUE2 has the
same variance as σ 2. It is assumed that n2UE1 = n2UE2 = 1.

3In the NOMA downlink network with CCI action at the UEs, the CCIs
are considered i.i.d. and i.n.i.d. [29]. There is still loss of generality in our
model considering only CCI as i.i.d.

4In practice, UEs are affected by CCIs with different capacities. However,
the assumption that they have the samemaximum transmit power is still valid
as described in recent 5G specifications [38]. We therefore denote as the
maximum transmit power of the CCI terminals.
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C. SIGNAL-TO-INTERFERENCE-PLUS-NOISE RATIO AT
THE UES
Signal-to-interference-plus-noise ratio (SINR) is defined as
the ratio of the average effective signal power divided
by the average noise power plus the average noise
power. Therefore, the SINR at the UEs is determined as
follows:

At UE1, the sUE2 signal is treated as a noise signal, then
we have a SINR at UE1:

SINRUE1 =
γSα1

γSα2 + γI + 1
. (5)

At UE2, the sUE1 signal is treated as a noise signal, then
we have a SINR at UE2:

SINRUE2 =
γUα2

γUα1 + γI + 1
, (6)

where γS = |GIRS2gUE1|2d
−αGIRS
IRS d

−αgUE1
UE1 PS ; γU =

|GUE2|2d
−αGUE2
UE2 PS ; γI =

MI ,i∑
i=1

PI ,i
∣∣hI ,i∣∣2.

III. THE CHANNELS’ STATISTICS
In this section we calculate the statistics of the system
channels.

A. THE IRS’S PARAMETERS
Assume the quality of the BS-IRS-UE channel is best for
the UE users. To do this, one can adjust the parameters
of the IRS so that it is optimal. That is, we maximize

|GIRS2gUE1| =

∣∣∣∣∣ Nx∑k=1
βkGIRS,kgUE1,ke

jθk

∣∣∣∣∣, where GIRS,k and

gUE1,k is the k-th element ofGIRS and gUE1 respectively. This
can be achieved by intelligently adjusting the θk phase shift
for each element, that is, the phases of allGIRS,kgUE1,kejθk are
set the same. After applying the optimal {θk} [25], βk = β,
we have:

|GIRS2gUE1|2 = β2

( Nx∑
k=1

∣∣GIRS,k
∣∣ ∣∣gUE1,k ∣∣)2

. (7)

B. THE CHANNEL STATISTICS
We construct the closed-form expressions CDF and PDF for

random variable X =

Nx∑
k=1

∣∣GIRS,k
∣∣ ∣∣gUE1,k ∣∣, where ∣∣GIRS,k

∣∣,∣∣gUE1,k ∣∣ are two random variables with Rayleigh distribution
with variance of 1 and statistically independent. Since∣∣GIRS,k

∣∣, ∣∣gUE1,k ∣∣ are two random variables with Rayleigh
distribution, the product

∣∣GIRS,k
∣∣ ∣∣gUE1,k ∣∣ is also a random

variable with a double Rayleigh distribution. The result X is
the sum ofNx random variables with statistically independent
double Rayleigh distribution, according to [26]. The PDF
function and the CDF function of X can be approximated
as the first term of the Laguerre series expansion defined

FIGURE 2. PDF function of X with different number of IRS reflectance
elements.

FIGURE 3. CDF function of X with different number of IRS reflectance
elements.

as follows:

fX (x) =
xa

ba+10 (a+ 1)
exp

(
−
x
b

)
, (8)

FX (x) =
γ
(
a+ 1, xb

)
0 (a+ 1)

, (9)

where a =
�2
1

�2
− 1, b =

�2
�1

, with �1 = E[X ] and
�2 = 4Var[X ].
Using the Monte-Carlo simulation method by Matlab

software with the number of different Nx reflector elements
of the IRS, We can simulate the PDF and CDF as follows
(Fig. 2, Fig. 3)
Theorem 1: Let X be the sum of Nx random variables with

a statistically independent double Rayleigh distribution. The
expectation and variance of X are determined as follows:

E[X ] =
Nxπ
2

(10)

Var[X ] = Nx

(
1 −

π2

16

)
(11)

Proof: Please refer to Appendix I
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Theorem 2: Given the random variable γS =

β2

(
Nx∑
k=1

∣∣GIRS,k
∣∣ ∣∣gUE1,k ∣∣)2

d
−αGIRS
IRS d

−αgUE1
UE1 PS , the PDF and

CDF functions of γS are defined as follows:

fγS (y) =
y
a−1
2

2ba+10 (a+ 1) n
a+1
2

exp
(

−
1
b

√
y
n

)
, (12)

FγS (y) =

γ
(
a+ 1, 1

b

√
y
n

)
0 (a+ 1)

, (13)

where n = β2d
−αGIRS
IRS d

−αgUE1
UE1 PS .

Proof: Please refer to Appendix II
Theorem 3: Given a random variable γS then the expecta-

tion of E [γS ] and E
[
γ 2
S

]
is determined as follows:

E[γS ] =
b2n0 (a+ 3)

0 (a+ 1)
, (14)

E
[
γ 2
S

]
=
b4n20 (a+ 5)

0 (a+ 1)
, (15)

where a =
Nxπ2

16−π2 − 1, and b =
16−π2

2π .
Proof: Please refer to Appendix III

Theorem 4: Given the random variable γU =

|GUE2|2d
−αGUE2
UE2 PS , the PDF and CDF functions of γU are

defined as follows:

fγU (y) =
1
2m

exp
(
−

y
2m

)
, (16)

FγU (y) = 1 − exp
(
−

y
2m

)
, (17)

where m = d
−αGUE2
UE2 PS .

Proof: Please refer to Appendix IV
Theorem 5: Given a random variable γU then the expecta-

tion of E [γU ] and E
[
γ 2
U

]
is determined as follows:

E [γU ] = 2m, (18)

E
[
γ 2
U

]
= 2!(2m)2. (19)

Proof: Please refer to Appendix V
Theorem 6: Given a random variable γI then the expecta-

tion of E [γI ] and E
[
γ 2
I

]
is determined as follows:

E [γI ] = MPI�I , (20)

E
[
γ 2
I

]
= M (M + 1) (PI�I )

2. (21)

Proof: Please refer to Appendix VI

IV. SYSTEM PERFORMANCE ANALYSIS
In this section, we calculate the downlink IRS-NOMA
network performance parameters with the impact of CCI
interference at the UEs.

A. OUTAGE PROBABILITY
The OP is an important parameter commonly used to measure
the performance of a wireless system. The OPs of UE1 and
UE2 are calculated as follows:
For UE1, the OP is given by

OPUE1 = Pr (SINRUE1 < γth) . (22)

Substituting (5) into (22), we get

OPUE1 = Pr
(

γSα1

γSα2 + γI + 1
< γth

)
. (23)

We can transform (23) to get (24)

OPUE1 = Pr
(

γS <
γth (γI + 1)
α1 − γthα2

)
. (24)

Set γthS =
γth

α1−γthα2
, by applying statistical probability

theory, we have

OPUE1 =

∞∫
0

FγS (γthS (y+ 1)) fγI (y) dy. (25)

Substituting (13) into (25), we get

OPUE1 =

∞∫
0

γ

(
a+ 1,

√
γthS (y+1)

nb2

)
fγI (y) dy

0 (a+ 1)
. (26)

Set t = 1 − 2exp(−y), which leads to dy =
1

1−t dt , and
perform the simple mathematical transformation, we get

OPUE1 =

1∫
−1

PUE1 (t) fγI
(
ln
(

2
1−t

))
(1 − t)

dt, (27)

where PUE1 (t) =

γ

a+1,

√
γthS

(
ln
(

2
1−t

)
+1
)

nb2


0(a+1) . Using the

Chebyshev-Gauss quadrture integration method, we can
calculate OPUE1:

OPUE1 =

L∑
i=1

ϖiPUE1 (ti) fγI
(
ln
(

2
1−ti

))√
1 − t2i

1 − ti
, (28)

where ϖi =
π
L , ti = cos (2i−1)π

2L .
We consider theOP ofUE1 at high SNR. The transmit SNR

is ρ =
PS
σ 2 . At high SNR: when ρ → ∞ then FγS (y) can be

approximated as follows [39]

FγS (y) =

γ
(
a+ 1, 1

b

√
y
n

)
0 (a+ 1)

≈

(
1
b

√
y
n

)a+1

0 (a+ 1)
. (29)

Theorem 7: When ρ → ∞ then OP∞

UE1 is determined as
follows:

OP∞

UE1 =

(
1
b

√
γth

(α1−γthα2)n

)a+1
exp

(
1

PI�I

)
0 (a+ 1) (PI�I )

M (M − 1)!
M2, (30)
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whereM2 can be obtained by

M2 = (−1)j
M−1∑
j=0

[
C j
M−1

(
1

PI�I

)−(e−j)

0

(
e− j,

1
PI�I

)]
,

(31)

where e =
a+1
2 +M .

Proof: Please refer to Appendix A
For UE2, the OP is given by

OPUE2 = Pr (SINRUE2 < γth) . (32)

Substituting (6) into (29) we get

OPUE2 = Pr
(

γUα2

γUα1 + γI + 1
< γth

)
. (33)

Transform (30) to get (31)

OPUE2 = Pr
(

γU <
γth (γI + 1)
α2 − γthα1

)
. (34)

Set γthU =
γth

α2−γthα1
.

Applying statistical probability theory to the channel
model with CCI noise, we have

OPUE2 =

∞∫
0

FγU (γthU (y+ 1)) fγI (y) dy. (35)

Substituting (1) and (17) into (32) we get

OPUE2 =

∞∫
0
PUE2 (y)yM−1exp

(
−y
PI�I

)
dy

(PI�I )
M (M − 1)!

, (36)

where PUE2 (y) = yM−1
(
1 − exp

(
−

γthU (y+1)
2m

))
.

Transform (33) to get (34)

OPUE2 = 1 − B

∞∫
0

(
yM−1exp (−Cy)

)
dy, (37)

where B =
exp
(
−

γthU
2m

)
(PI�I )

M (M−1)!
, C =

γthU
2m +

1
PI�I

.

Using [27, eq 3.351], we have

OPUE2 = 1 − B (M − 1)!C−M . (38)

We consider theOP ofUE2 at high SNR. The transmit SNR
is ρ =

PS
σ 2 . At high SNR: When ρ → ∞, FγU (y) can be

approximated as follows [29]

FγU (y) = 1 − exp
(
−

y
2m

)
≈

y
2m

. (39)

Theorem 8: When ρ → ∞ then OP∞

UE2 is determined as
follows:

OP∞

UE2 =
γth
[
M (M + 1) (PI�I )

2
+ 1

]
2m (α2 − γthα1)

. (40)

Proof: Please refer to Appendix B

B. DIVERSITY ORDER
The diversity order is a crucial performance measurement
used to evaluate OP’s attenuation under the impact of transmit
SNR at the transmitter. In the principle, the diversity order
refers to a quantity asymptotically as the SNR goes to infinity.
The diversity order is defined as

DUE = −
∂ log

(
OP∞

UE

)
∂ log ρ

= −
ρ

OP∞
UE

∂OP∞
UE (ρ)

∂ρ
. (41)

For UE1:

DUE1 = −
ρ

OP∞

UE1

∂OP∞

UE1 (ρ)

∂ρ
. (42)

Set λUE1 =
1
b

√
γth

(α1−γthα2)β2d
−αGIRS
IRS d

−αgUE1
UE1

, DUE1 is defined

as

DUE1 = −
ρ(

λUE1√
ρ

)a+1

∂

((
λUE1√

ρ

)a+1
)

∂ρ
. (43)

So we can determine DUE1 as follows

DUE1 =
a+ 1
2

. (44)

For UE2:

DUE2 = −
ρ

OP∞

UE2

∂OP∞

UE2 (ρ)

∂ρ
. (45)

Set λUE2 =
γth
[
M(M+1)(PI�I )

2
+1
]

2d
−αGUE2
UE2 (α2−γthα1)

, DUE2 is defined as

DUE2 = −
ρ

λUE2
ρ

∂
(

λUE2
ρ

)
∂ρ

. (46)

So we can determine DUE2 as follows

DUE2 = 1. (47)

C. ERGODIC RATE ANALYSIS
The ER is a parameter commonly used to analyze and
evaluate the performance as added metric along with OP.
The theoretical ERs of the respective UEs are calculated as
follows:

RUE1 = E
(
log2 (1 + SINRUE1)

)
, (48)

RUE2 = E
(
log2 (1 + SINRUE2)

)
. (49)

We first consider ER analysis of the UE1.
Substituting (5) into (45), we have

RUE1 = E
[
log2

(
1 +

γSα1

γSα2 + γI + 1

)]
. (50)

Transform (47) to get (48)

RUE1 = E
[
log2

(
γS + γI + 1

γSα2 + γI + 1

)]
. (51)
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It is noted that

I1 = E
[
log2 (γS + γI + 1)

]
, (52)

I2 = E
[
log2 (γSα2 + γI + 1)

]
. (53)

We have

RUE1 = I1 − I2. (54)

We calculate I1 via these steps.
Applying the calculation in [28], we can compute I1

I1 =
ln (1 + E [γS + γI ])

ln 2

−
E
[
(γS + γI )

2]
− E2 [γS + γI ]

2(1 + E [γS + γI ])2 ln 2
. (55)

It is worth noting that γS and γI are random, statistically
independent variables

I1 =
ln (1 + E [γS ] + E [γI ])

ln 2

−
E
[
γ 2
S

]
+ E

[
γ 2
I

]
− E2 [γS ] − E2 [γI ]

2(1 + E [γS ] + E [γI ])2 ln 2
. (56)

Applying the results obtained above to (53), we have

I1 =log2

(
1 +

nb20 (a+ 3)
0 (a+ 1)

+MPI�I

)

−

b4n20(a+5)
0(a+1) +M(PI�I )

2
−

(
nb20(a+3)

0(a+1)

)2
2 ln (2)

(
1 +

nb20(a+3)
0(a+1) +MPI�I

)2 . (57)

By doing the same I1, we calculate I2

I2 =
ln (1 + α2E [γS ] + E [γI ])

ln 2

−
α2
2E
[
γ 2
S

]
+ E

[
γ 2
I

]
− α2

2E
2 [γS ] − E2 [γI ]

2(1 + α2E [γS ] + E [γI ])2 ln 2
. (58)

Applying the results obtained above to (55), we have

I2 = log2

(
1 + α2

nb20 (a+ 3)
0 (a+ 1)

+MPI�I

)

−

α2
2b

4n20(a+5)
0(a+1) +M(PI�I )

2
− α2

2

(
nb20(a+3)

0(a+1)

)2
2 ln (2)

(
1 + α2

nb20(a+3)
0(a+1) +MPI�I

)2 . (59)

Comment 1: The saturated ER of UE1 reaches near the
threshold of high SNR. Therefore, at high SNR, ρ → ∞,
applying the results of the work [39], we can approximate
the ER of UE1 as follows: When ρ → ∞, infer γS → ∞,
therefore R∞

UE1 is calculated

R∞

UE1 = log2

(
1 + lim

γS→∞

γSα1

γSα2 + γI + 1

)
. (60)

Then, R∞

UE1 is computed by

R∞

UE1 = log2

(
1 +

α1

α2

)
. (61)

Now, we move on ER analysis of the UE2:

Substituting (6) into (46)

RUE2 = E
[
log2

(
1 +

γUα2

γUα1 + γI + 1

)]
. (62)

By setting

T1 = E
[
log2 (γU + γI + 1)

]
. (63)

also setting

T2 = E
[
log2 (γUα1 + γI + 1)

]
. (64)

We have

RUE2 = T1 − T2. (65)

By doing the same I1, we calculate T1 and T2

T1 =
ln (1 + 2m+MPI�I )

ln 2

−
(2m)2 +M(PI�I )

2

2(1 + 2m+MPI�I )
2 ln 2

, (66)

T2 =
ln (1 + 2α1m+MPI�I )

ln 2

−
(2α1m)2 +M(PI�I )

2

2(1 + 2α1m+MPI�I )
2 ln 2

. (67)

Comment 2: The saturated ER of UE2 reaches near the
threshold of high SNR. Therefore, at high SNR, ρ → ∞,
applying the results of the work [39], we can approximate
the ER of UE2 as follows: When ρ → ∞, infer γU → ∞,
therefore R∞

UE2 is calculated

R∞

UE2 = log2

(
1 + lim

γU→∞

γUα2

γUα1 + γI + 1

)
. (68)

Then, R∞

UE2 is computed by

R∞

UE2 = log2

(
1 +

α2

α1

)
. (69)

D. IRS-OMA PERFORMANCE PARAMETERS OF THE SAME
MODEL
In this section we calculate the performance parameters of
the IRS-OMA model with the impact of CCI interference at
the UEs. Compare the performance between the IRS-NOMA
system and the IRS-OMA system. We can consider OMA as
a special case of NOMA. For a fair comparison we assume
that each UE receives its resources the same as in the NOMA
case. The SINR at UEs in OMA mode can be calculated as
follows:

SINR at UE1 and UE2:

SINROMAUE1 =
γS

γI + 1
, (70)

SINROMAUE2 =
γU

γI + 1
. (71)

The OPs of UE1 and UE2 are calculated as follows:
Considering on UE1,

OPOMAUE1 = Pr
(
SINROMAUE1 < γth

)
. (72)
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Transforming (69) we get (70)

OPOMAUE1 = Pr (γS < γth (γI + 1)) . (73)

We have

OPOMAUE1 =

∞∫
0

FγS (γth (y+ 1)) fγI (y) dy. (74)

Transforming (71) we get (72)

OPOMAUE1 =

∞∫
0

γ

(
a+ 1, 1

b

√
γth(y+1)

n

)
fγI (y) dy

0 (a+ 1)
. (75)

By similar calculation OPUE1, OPOMAUE1 is determined as
follows

OPOMAUE1 =

L∑
i=1

ϖiPOMAUE1 (ti) fγI
(
ln
(

2
1−ti

))√
1 − t2i

1 − ti
, (76)

where POMAUE1 (ti) =

γ

a+1,

√
γth

(
ln
(

2
1−ti

)
+1
)

nb2


0(a+1) .

At user UE2, we compute

OPOMAUE2 = Pr
(
SINROMAUE2 < γth

)
. (77)

Transform (74) to get (75)

OPOMAUE2 = Pr (γU < γth (γI + 1)) . (78)

Applying statistical probability theory, we have

OPOMAUE2 =

∞∫
0

FγU (γth (y+ 1)) fγI (y) dy. (79)

By similar calculation OPUE2, OPOMAUE2 is determined as
follows

OPOMAUE2 = 1 − B1 (M − 1)!(C1)
−M , (80)

where B1 =
exp
(
−

γth
2m

)
(PI�I )

M (M−1)!
and C1 =

γth
2m +

1
PI�I

.
The ERs of UE1 and UE2 are calculated as follows:
At user UE1, we compute The ER of UE1 is defined as

follows:

ROMAUE1 = E
(
log2

(
1 + SINROMAUE1

))
. (81)

Substitute (67) into (78)

ROMAUE1 = E
[
log2

(
1 +

γS

γI + 1

)]
. (82)

Transform (79) to get (80)

ROMAUE1 = E
[
log2 (γS + γI + 1)

]
− E

[
log2 (γI + 1)

]
. (83)

Set IOMA1 = E
[
log2 (γS + γI + 1)

]
and IOMA2 =

E
[
log2 (γI + 1)

]
.

We have

ROMAUE1 = IOMA1 − IOMA2 . (84)

FIGURE 4. OPs of UEs with different IRS reflector numbers.

By similar calculation RUE1, ROMAUE1 is determined as follows

IOMA1 = I1, (85)

IOMA2 =
1
ln 2

[
ln (1 +MPI�I ) −

M(PI�I )
2

2(1 +MPI�I )
2

]
. (86)

At user UE2, we compute The ER of UE2 is defined as
follows:

ROMAUE2 = E
(
log2

(
1 + SINROMAUE2

))
. (87)

Substitute (68) into (84)

ROMAUE2 = E
[
log2

(
1 +

γU

γI + 1

)]
. (88)

Transform (85) to get (86)

ROMAUE2 = E
[
log2 (γU + γI + 1) − log2 (γI + 1)

]
. (89)

Set TOMA1 = E
[
log2 (γU + γI + 1)

]
and TOMA2 =

E
[
log2 (γI + 1)

]
.

We have

ROMAUE2 = TOMA1 − TOMA2 . (90)

By doing similar calculations, RUE2 and ROMAUE1 , R
OMA
UE2 are

determined as follows

TOMA1 = T1, (91)

TOMA2 = IOMA2 . (92)

V. SIMULATION RESULTS AND DISCUSSIONS
In this part, we simulate the OP, ER according to range of SR,
using Monte Carlo simulation method on Matlab software to
prove the correctness of the theory. The simulation settings
are set as shown in Table 2.

In Fig. 4, we simulate the OPs of the UEs. In which, the
number of IRS reflector elements is 5, 10, and 20 elements,
respectively. In this mode, the power allocation factor for
UE1 is 0.8, UE2 is 0.2. At UE1 and UE2 are affected by
six CCI elements. Without loss of generality, we assume
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TABLE 2. Simulation parameters [39].

FIGURE 5. OPs of UEs with different power allocation factors.

that the distance loss coefficients for the CCI noises are
the same and equal to 1. The simulation results show that
the simulation and analysis results are consistent. That has
proved the accuracy of the theory that we built. From the
simulation results, we can see that when the number of IRS
reflectors changes, the OPs of UE1 change significantly.
Specifically, a small OP value corresponds to a small SNR
when the number of IRS reflectors is large. In addition, the
OP slope of UE1 is much larger than the slope of UE2, which
proves the performance of IRS-NOMA network is better than
many NOMA networks.

In Fig. 5, we examine the OPs of the UEs in some settings.
In which, the power allocation factor of NOMA is 0.3, 0.6 and
0.9 for UE1 and 0.7, 0.4 and 0.1 for UE2 respectively.
In this mode, the IRS reflecting element is 10 elements.
At UE1 and UE2 are affected by six CCI sources. In this
case, we also assume that the distance attenuation coefficient
of the CCI term is the same and equal to 1, the power
of the CCI noise equal to 1. The simulation results show
that the simulation and analysis results are consistent. The
simulation results show that when the power allocation factor
of NOMA changes, the OPs of the UEs change significantly.
Specifically, a small OP value corresponds to a small SNR
when the number of IRS reflectors is large. This proves
that the performance of IRS-NOMA and NOMA networks

FIGURE 6. OPs of UEs with different number of CCI elements.

depends greatly on the power allocation factor. In addition,
UE1’s OPs have a much steeper slope than UE2’s OPs,
which proves that IRS-NOMA network performance is better
than many NOMA networks even when the power allocation
factor for IRS-NOMA network is smaller.

In Fig. 6, we simulate the OPs of the UEs. In which,
the power allocation factor of NOMA is 0.8 for UE1 and
0.2 for UE2 respectively. In this mode, the IRS meta-surface
is 10 elements. At UE1 and UE2 are affected by different
number of CCI sources. We also assume that the distance
attenuation coefficient of the CCI disturbances is the same
and equal to 1, the power of the CCI disturbances equal to 1.
The simulation results show that the simulation and analysis
results are consistent. From the simulation results, we can
see that when the number of impacts on the system changes,
the OPs of the UEs change significantly. As can be clearly
seen in Figure 6, if the system model is disturbed by a single
external terminal with fixed transmit power, the performance
curve reaches 10−6 at an SNR of about 57 dB. On the other
hand, if the number of interfering devices increases to 6,
the loss in the coding system will decrease exponentially.
Meanwhile, there are still a large number of users achieving
diversity order in high SNRmode. This was discussed in [40].
This proves that the performance of IRS-NOMA networks is
highly dependent on the amount of CCI interference affecting
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FIGURE 7. ERs of UEs with different IRS reflector numbers.

the system. In addition, the simulation results show that
the anti-interference ability of IRS-NOMA network is much
better higher transmit SNR.

We simulate Fig. 7 the ERs of UEs in NOMA mode with
a power allocation factor of 0.8 for UE1 and 0.2 for UE2,
respectively. In this mode, the number of reflector elements
of the IRS changes to 5, 10, and 20 reflectors, respectively.
At UE1 and UE2 affected by the number of CCI elements
is 6 elements. We also assume that the distance attenuation
factor of the CCI disturbances is the same and equal to 1, and
the power of the CCI disturbances is equal to 1. The results
show us that there is a good agreement between simulation
and analysis results. From the simulation results, we can see
that when the number of IRS reflectors changes, the ERs
of UE1 change accordingly. In particular, as the number of
IRS elements increases, the ERs achieve larger values with
smaller SNRs. This proves that the ER of the IRS-NOMA
network with a large number of IRS reflectors is better than
the ER of a IRS-NOMA network with a small number of
IRS reflectors even when the system is affected by CCI
noise. In addition, we find that the ERs of the UEs in the
IRS-NOMA network are better than the ERs of the UEs in
the NOMA network.

In Fig. 8, we simulate the ERs of UEs in NOMAmodewith
variable power allocation factors of 0.3, 0.6, 0.9 for UE1 and
0.7, 0.4, respectively. 0.1 for UE2. The UE1 and UE2 affected
by the number of CCI sources is 6. We also assume that the
distance attenuation factor of the CCI disturbances is the same
and equal to 1, and the power of the CCI disturbances is
equal to 1. The results show us that there is a good agreement
between simulation and analysis results. From the simulation
results, we can see that when the NOMA’s power allocation
factor changes, the ERs of the UEs change accordingly.
In particular, as the power allocation factor increases, the ERs
of the UEs achieve larger values with smaller SNRs. This
proves that the ER of the IRS-NOMA network depends on
the power allocation factor even when the system is affected
by several levels of CCI.

FIGURE 8. ERs of UEs with different power allocation factors.

FIGURE 9. ERs of UEs with different number of CCI elements.

We simulate the ERs of UEs in NOMA mode with a
power allocation factor of 0.8 for UE1 and 0.2 for UE2,
respectively, and all detailed are represented in Fig. 9. In this
mode, the IRS reflector number is 10 reflectors. At UE1 and
UE2 are affected by the number of CCI sources changing
by 1,3, 6 noise elements, respectively. We also assume that
the distance attenuation factor of the CCI disturbances is the
same and equal to 1, and the power of the CCI disturbances
is equal to 1.The results show us that there is a good
agreement between simulation and analysis results. From the
simulation results, we can see that when the number of CCI
noise parts changes, the ERs of the UEs change accordingly.
In particular, as the number of CCI fractions increases, the
ERs of the UEs achieve smaller values with larger SNRs. This
proves that CCI noise has a huge impact on the performance
of IRS-NOMA and NOMA networks.

In Fig. 10, we simulate the OPs of the UEs of the
IRS-NOMA system and simulate the OPs of the UEs of the
IRS-OMA system. In particular, the number of reflection
elements of IRS is 5 and 20 elements, respectively. In NOMA
mode, the power allocation factor for UE1 is 0.4, UE2
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FIGURE 10. Comparison of OPs in the IRS-NOMA system and the
IRS-OMA system.

FIGURE 11. Comparison of ERs in the IRS-NOMA system and the
IRS-OMA system.

is 0.6. At UE1 and UE2, both systems are affected by 6 CCI
disturbances. The simulation results of Fig. 10 show us
that in the NOMA system, the NOMA system has higher
performance than the OMA system. In addition, we see that
in the same system model, the influence of CCI interference
on the OPs of UEs in the NOMA system is worse than in the
OMA system.

In Fig. 11, we simulate the ERs of the UEs of the
IRS-NOMA system and simulate the ERs of the UEs of the
IRS-OMA system. In particular, the number of reflection
elements of IRS is 5 and 20 elements, respectively. In NOMA
mode, the power allocation factor for UE1 is 0.4, UE2
is 0.6. At UE1 and UE2, both systems are affected by 6 CCI
disturbances. The simulation results of Fig. 11 show us
that in the NOMA system, the NOMA system has higher
performance than the OMA system. In addition, we see that
in the same system model, the influence of CCI interference
on the ERs of UEs in the NOMA system is worse than in the
OMA system.

Through simulation results in Figs 10 and 11, we conclude
that the performance of IRS-NOMA network and NOMA
network that is not supported by IRS depends on the
power allocation factors as well as the amount of CCI
source affecting on the system. In addition, simulation
results have demonstrated that IRS-NOMA network has
better CCI immunity than traditional NOMA network, and
IRS-NOMA network performance is better than traditional
NOMA network.

VI. CONCLUSION
This paper has studied the impact of CCI on users in IRS-
NOMA network. In the model we propose the CCI could
be independent and identically distributed. We calculated the
OPs of the UEs in IRS-NOMA, constructing closed-form
expressions of the OPs. In addition, we calculate the ERs of
the UEs in IRS-NOMA and in NOMA, construct closed-form
expressions of the ERs. To prove the accuracy of the theory,
we simulated the OPs of the UEs and the ERs of the UEs in
IRS-NOMA. Our analysis and simulation results have proved
that the performance of IRS-NOMA is better than IRS-OMA
even under CCI interference. Simulation analysis results also
demonstrated that IRS-NOMA has better resistance to CCI
interference than NOMA which is not supported by IRS.
On the other hand, as the number of CCI noise increases,
the performance of the network is significantly affected,
especially in NOMA networks that are not supported by the
IRS. This, once again proves the superiority of the IRS not
only to increase the performance of the network, to increase
the coverage, but also to be resistant to CCI interference.
On the other hand, the results of simulation analysis also
prove that changing the power allocation factor in NOMA
also greatly affects the performance of the network. The
analysis results show that if we allocate NOMA power
properly, we can not only increase the performance of the
network but also reduce the influence of CCI interference.
Furthermore, the design of IRS-NOMA that can be optimized
when reinforcement learning can be leveraged as our future
research direction.

APPENDIX A
PROOF OF THE PROPOSITION 1
We have:

E[X ] = E

[ Nx∑
k=1

∣∣GIRS,k
∣∣ ∣∣gUE1,k ∣∣] . (A.1)

According to the expected property (A.1) is rewritten as:

E[X ] =
Nx∑
k=1

E
[∣∣GIRS,k

∣∣ ∣∣gUE1,k ∣∣]. (A.2)

Since
∣∣GIRS,k

∣∣ and ∣∣gUE1,k ∣∣ are independent RVs, (A.2) can
be rewritten as

E[X ] =
Nx∑
k=1

E
[∣∣GIRS,k

∣∣]E [∣∣gUE1,k ∣∣]. (A.3)
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On the other hand,
∣∣GIRS,k

∣∣ and ∣∣gUE1,k ∣∣ have variance of 1,
so E

[∣∣GIRS,k
∣∣] = E

[∣∣gUE1,k ∣∣] =

√
π
2 , Inferred

E[X ] =
Nx∑
k=1

π

2
=
Nxπ
2

. (A.4)

On the other hand:

Var[X ] = E
[
(X − E [X ])2

]
. (A.5)

Similar to the calculation above, we can easily find

Var[X ] = Nx

(
1 −

π2

16

)
. (A.6)

The proof of Proposition 1 is completed.

APPENDIX B
PROOF OF THE PROPOSITION 2
We have:

FγS (y) = Pr [γS < y] . (B.1)

Transforming (B.1) we get (B.2)

FγS (y) = Pr
[
X2 <

y
n

]
. (B.2)

Transforming (B.2) we get (B.3)

FγS (y) = Pr
[
X <

√
y
n

]
. (B.3)

Transforming (B.3) we get (B.4)

FγS (y) = FX

(√
y
n

)
. (B.4)

Then, we have

FγS (y) =

γ
(
a+ 1, 1

b

√
y
n

)
0 (a+ 1)

. (B.5)

Move on other way, we have

fγS (y) =
(
FγS (y)

)′
=

y
a−1
2

2ba+10 (a+ 1) n
a+1
2

exp
(

−
1
b

√
y
n

)
. (B.6)

The proof of Proposition 2 is completed.

APPENDIX C
PROOF OF THE PROPOSITION 3
We have:

E[γS ] = n
∫

∞

0
x2fX (x) dx. (C.1)

Substituting (8) into (C.1) we have

E[γS ] =
n

ba+10 (a+ 1)

∫
∞

0
xa+2exp

(
−
x
b

)
dx. (C.2)

By using [27, eq.3.381 (4)], (C.2) can be written in the
closed form as

E[γS ] =
0 (a+ 3) b2nPS

0 (a+ 1)
. (C.3)

Other way

E
[
γ 2
S

]
=

∫
∞

0
y2fγS (y) dy. (C.4)

Substituting (12) into (C.4) we have

E
[
γ 2
S

]
=

∞∫
0
y
a+3
2 exp

(
−

1
b

√
y
n

)
dy

2ba+10 (a+ 1) n
a+1
2

. (C.5)

Set z =
√
y, deduce 2zdz = dy

E
[
γ 2
S

]
=

∫
∞

0 za+4exp
(
−

z
b
√
n

)
dz

ba+10 (a+ 1) n
a+1
2

. (C.6)

By using [27], eq 3.381 (4), (C.6) can be written in the
closed form as

E
[
γ 2
S

]
=

(
b
√
n
)a+5

0 (a+ 5)

ba+10 (a+ 1) n
a+1
2

=
b4n20 (a+ 5)

0 (a+ 1)
. (C.7)

The proof of Proposition 3 is completed.

APPENDIX D
PROOF OF THE PROPOSITION 4
We have:

FγU (y) = Pr [γU < y] . (D.1)

Inferred

FγU (y) = Pr
[
|GUE2|2 <

y
m

]
. (D.2)

Transforming (D.2) we get (D.3)

FγU (y) = Pr
[
|GUE2| <

√
y
m

]
. (D.3)

According to the inferred probability theory

FγU (y) = FGUE2

(√
y
m

)
. (D.4)

Since, |GUE2| is a random variable with RV distribution,
we have the CDF of γU :

FγU (y) = 1 − exp
(
−

y
2m

)
. (D.5)

In other way, we have

fγU (y) =
(
FγU (y)

)′
=

1
2m

exp
(
−

y
2m

)
. (D.6)

The proof of Proposition 4 is completed.
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APPENDIX E
PROOF OF PROPOSITION 5
We have:

E [γU ] =

∞∫
0

yfγU (y) dy. (E.1)

Substituting (16) into (E.1) we have

E [γU ] =
1
2m

∞∫
0

y.exp
(
−

y
2m

)
dy. (E.2)

By using [27, eq 3.351 (3)], (E.2) can be written in the
closed form as

E [γU ] =
1
2m

(
1
2m

)−2

= 2m. (E.3)

In other way, E
[
γ 2
U

]
is expressed by

E
[
γ 2
U

]
=

1
2m

∫
∞

0
y2exp

(
−

y
2m

)
dy. (E.4)

By using [27, eq 3.351 (3)], (E.4) can be written in the
closed form as

E
[
γ 2
U

]
= 2!(2m)2. (E.5)

The proof of Proposition 5 is completed.

APPENDIX F
PROOF OF PROPOSITION 6
We have:

E [γI ] =

∫
∞

0
yfγI (y) dy. (F.1)

Substituting (1) into (F.1) we have

E [γI ] =

∫
∞

0 yMexp
(

−y
PI�I

)
dy

(PI�I )
M (M − 1)!

. (F.2)

By using [27, eq 3.351 (3)], (F.2) can be written in the
closed form as

E [γI ] = MPI�I . (F.3)

In other way, E
[
γ 2
I

]
is given by

E
[
γ 2
I

]
=

∫
∞

0
y2fγI (y) dy. (F.4)

Substituting (1) into (F.4) we have

E
[
γ 2
I

]
=

∫
∞

0 yM+1exp
(

−y
PI�I

)
dy

(PI�I )
M (M − 1)!

. (F.5)

By using [27, eq 3.351 (3)], (F.5) can be written in the
closed form as

E
[
γ 2
I

]
= M (M + 1) (PI�I )

2. (F.6)

The proof of Proposition 6 is completed.

APPENDIX G
PROOF OF PROPOSITION 7
We have:

OP∞

UE1 =

∞∫
0

(
1
b

√
γth(y+1)

(α1−γthα2)n

)a+1
yM−1exp

(
−y
PI�I

)
dy

0 (a+ 1) (PI�I )
M (M − 1)!

.

(G.1)

Transforming (G1) we have

OP∞

UE1 =

(
1
b

√
γth

(α1−γthα2)n

)a+1
M1

0 (a+ 1) (PI�I )
M (M − 1)!

. (G.2)

whereM1 is

M1 =

∞∫
0

(y+ 1)
a+1
2 yM−1exp

(
−y
PI�I

)
dy. (G.3)

We calculateM1 as follows Let z = y+ 1, dz = dy

M1 =

∞∫
1

z
a+1
2 (z− 1)M−1exp

(
−z+ 1
PI�I

)
dz. (G.4)

Transforming (G4) we get (G5)

M1 = exp
(

1
PI�I

) ∞∫
1

z
a+1
2 (z− 1)M−1exp

(
−z
PI�I

)
dz.

(G.5)

M1 = exp
(

1
PI�I

)
M2. (G.6)

whereM2 is

M2 =

∞∫
1

z
a+1
2 (z− 1)M−1exp

(
−z
PI�I

)
dz. (G.7)

We calculateM2 as follows

M2 =

∞∫
1

z
a+1
2

M−1∑
j=0

C j
M−1z

M−1−j(−1)jexp
(

−z
PI�I

)
dz

(G.8)

Transforming (G8) we get (G9)

M2 = (−1)j
M−1∑
j=0

C j
M−1

∞∫
1

z
a+1
2 +M−j−1exp

(
−z
PI�I

)
dz

(G.9)

Set e =
a+1
2 +M

M2 = (−1)j
M−1∑
j=0

C j
M−1

∞∫
1

ze−j−1exp
(

−z
PI�I

)
dz (G.10)
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Appling the formula in [ [27], eq 3.381(3)], M2 is rewritten
as

M2 = (−1)j
M−1∑
j=0

[
C j
M−1

(
1

PI�I

)−(e−j)

0

(
e− j,

1
PI�I

)]
(G.11)

SubstitutingM2 intoM1 and replacingM1 intoG2 we have

OP∞

UE1 =

(
1
b

√
γth

(α1−γthα2)n

)a+1
exp

(
1

PI�I

)
0 (a+ 1) (PI�I )

M (M − 1)!
M2

(G.12)

The proof of Proposition 7 is completed.

APPENDIX H
PROOF OF PROPOSITION 8
We have

OP∞

UE2 =

∞∫
0

(
γth (y+ 1)

2m (α2 − γthα1)

)
fγI (y) dy. (H.1)

At this step, (H.1) is equivalent to (H.2)

OP∞

UE2 =

γth

∞∫
0

(y+ 1) yM−1exp
(

−y
PI�I

)
dy

2m (α2 − γthα1) (PI�I )
M (M − 1)!

. (H.2)

Transforming (H. 2) we get (H. 3)

OP∞

UE2=

γth

[
∞∫
0
yMexp

(
−y
PI�I

)
dy +

∞∫
0
yM−1exp

(
−y
PI�I

)
dy

]
2m (α2 − γthα1) (PI�I )

M (M − 1)!
(H.3)

By using the formula in [ [27], eq 3.351(3)], OP∞

UE2 is
expressed by

OP∞

UE2 =
γth
[
M (M + 1) (PI�I )

2
+ 1

]
2m (α2 − γthα1)

. (H.4)

The proof of Proposition 8 is completed.
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