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ABSTRACT Climate change is currently the biggest environmental threat, being the cities responsible for a
significant impact on greenhouse gas emissions. In this sense, the transport sector is among the main causes
for both emissions and the depletion of non-renewable resources. Considering this scenario, there is an
appeal to build more accessible, smart, sustainable and energy-efficient cities, promoting energy transition
in urban systems and increasing the quality of urban life. This review aims to analyse transport and urban
mobility studies that employ optimisation techniques to achieve environmental-related, sustainability, energy
transition or climate change mitigation goals. After an overview regarding modelling aspects of how such
goals were addressed, the nature of the objective functions, the perspectives considered, and the network
application, such studies were classified into five areas and further detailed. The areas comprise: (i) planning
and policy-making; (ii) environmental variables; (iii) demand and traffic management; (iv) technology and
energy; and (v) non-spatial measures. In this sense, future research directions should include optimisation
models that consider the social aspects of transport and the interests of passengers, operators, and the
community simultaneously, improve the modelling of environmental impacts to increase its robustness, and
deal with large network problems.

INDEX TERMS Climate change, greenhouse gas (GHG) emissions, optimising, passenger urban transport,
sustainable mobility.

I. INTRODUCTION and strategies to avoid and reduce unnecessary motorised

Cities have a significant impact from the point of view of
greenhouse gas (GHG) emissions, as most traffic, industry,
commerce, and over 50% of the world’s population is located
in urban areas. This number is expected to be around 68%
by 2050 [1]. The rapid growth of the urban population and
the consequent increase in demand for travel have also raised
awareness of the transport sector’s contribution to GHG
emissions and the urban effects of climate change [2].

In order to mitigate the effects of climate change, low-
carbon transport plans are needed, including a set of policies
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travels, shift existing travels to more efficient and low-carbon
modes by encouraging the use of public transport and
non-motorised modes, and improve transport technologies
to reduce GHG emissions by promoting fuel economy,
electric mobility and the use of sustainable energy sources.
A range of actions can be taken to change people’s mobility
behaviour and create a culture of sustainable mobility.
These include redistributing the road space giving priority to
public transport, cycle networks, and sidewalks, restricting
parking spaces, reducing road speeds, creating road price
schemes, enhancing multimodality experience for door-to-
door travels, raising the public awareness of the impacts
of transportation on the climate crisis, and also including
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public participation into transport and urban planning [3],
[4], [5], [6]. As for guidelines, the European Union strongly
recommends that European cities embrace the concept of
Sustainable Urban Mobility Plans (SUMPs). Around the
world, many cities have transport planning frameworks that,
if not officially denominated as SUMPs, closely resemble
them, embodying a comprehensive approach to fostering
sustainable transportation strategies [5].

Among transport techniques and technologies, optimisa-
tion processes can be considered prominent for building
smarter and more sustainable cities, as they may contribute
to generate city structures and forms that improve efficiency,
equity, and quality of life. Operations research, the field
where optimisation techniques are inserted, took great
advantage of technological advancements. Over the last
decades, enhancements in both methods and algorithms
allowed to tackle larger problems. In general, transportation
optimisation supports the decision-making process by apply-
ing advanced analytical methods, and can be applied into
the above-mentioned range of actions towards sustainable
mobility. Thus, optimisation techniques can contribute to
create sustainable mobility plans and to address the big global
challenges as climate change. However, global challenges
are highly complex and must be addressed interdisciplinary,
otherwise a field or area of research might become
insular [2], [7].

Optimisation techniques have been applied in transport
studies for a variety of reasons, but mainly for the design and
operation of networks. Previous reviews have analysed math-
ematical modelling and optimisation techniques in studies
involving network design (both of public transport and urban
transport networks) [8], [9] and route design [10]. However,
these reviews mainly focus on defining and classifying the
problems, and describing objective functions, constraints and
solution methods, sticking to an operational approach of the
transport problems. Guihaire and Hao [8] present a review
of optimisation formulations for the transit network design,
frequencies setting, and timetabling problems. In the review
of Guihaire and Hao Kepaptsoglou and Karlaftis [10], the
authors specifically focus on the routing problem, while
Farahani et al. [9] have extrapolated the analysis to the urban
network.

On the other hand, there are reviews that analyse environ-
mental and sustainable aspects in the transport sector, but
these are either comprehensive — as Sdoukopoulos et al. [11]
and Kraus and Proff [12], that had a similar work on analysing
and summarising sustainable transport criteria and indicators
or as is the case of Aminzadegan et al. [6] covering all modes
of transport including shipping and air and scales from urban
to international trips — or when the scale was restricted to
urban, the focus of analysis was usually a single mode of
transport as in [4], [13], [14], [15], and [16]. Miller et al. [4]
summarised strategies and instruments for low-carbon urban
transport, focusing on the avoid-shift-improve measures.
Kwan and Hashim [13] conducted a critical review to present
the relationship between public transport and sustainability,
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offering an overview of key concepts and how public trans-
port contributes to sustainability goals and recommendations
for planning, engineering, and researching sustainable public
transport. Kwan and Hashim [14] conducted a review on
co-benefits of mass public transport in climate change
mitigation. Reddy and Narayana [15] presented a review
on electric vehicles (EVs), where they determined five
major areas of optimisation (design, energy management,
optimal control, charging/discharging and routing). In terms
of shared bicycles, Si et al. [16] pointed that the main
topics regarding systems’ optimisation include design of
the network (stations and capacity), integration with public
transport, and operational aspects (such as the imbalance
between bicycle demand and station inventory).

Moreover, when presenting research gaps,
Farahani et al. [9] highlighted the need to include objective
functions and constraints that address environmental factors.
Also, Agatz et al. [2] advocate transportation optimisation
must support decision-making process regarding the United
Nations’ sustainable development goals (SDGs) [17]. In this
sense, the present study proposes to fill the gap of analysing
the literature in terms of how optimisation models considered
sustainability aspects in urban passenger transportation.
In this way, the aim of the article is to conduct a review of
transport and urban mobility studies that employ optimisation
techniques to achieve environmental-related, sustainability,
energy transition or climate change mitigation goals. The
survey seeks to present a more holistic approach to urban
mobility, rather than just focusing on operational aspects,
as presented in [4] and [13]. The main contribution of this
review, besides updating the previous ones, was to synthesise
information on how optimisation techniques can be used to
mitigate climate change through energy transition and urban
and transport planning.

The remainder of this article is as follows. Section II com-
prises the authors’ understanding of promoting sustainability
and sustainable urban mobility, and the benefits of sustainable
transport in the context of climate emergency. In Section III
the method used in this review is described. Section 1V
presents a general overview of the studies analysed, followed
by a discussion of decision variables and objective functions,
while the solution methods are shown in Section V. The
research gaps and future directions are drawn in Section VI.
Finally, the conclusions are brought in Section VII.

Il. SUSTAINABILITY AND URBAN MOBILITY
Despite the ongoing global push towards sustainability,
current urban development trends and patterns are still far
from this goal, thus, the challenging process of building
more ecologically conscious cities is a necessary undertake,
because the quality of life of present and future generations
depend on the promotion of an ecologically balanced, socially
just, and economically viable environment [18], [19], [20].
Sustainability has been brought into light in the last
few decades and although its concept is not definitive,
it is usually considered a paradigm of social thinking
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proposed to guide and shape the development of society
in its prominent spheres, including science and innovation,
technology, economics, urban planning, policy, and insti-
tutionalisation [18]. The Brundtland Commission Report
provides a generic definition of sustainable development:
“development that meets the needs of the present without
compromising the ability of future generations to meet
their own needs” [21]. Sustainability constitutes a state in
which society does not harm natural and social systems for
present and future generations, and economic, environmental,
and social values and goals are balanced, i.e. economic
development is balanced with environmental protection and
social equity and justice [18]. So, usually the concept of
sustainability is subdivided into three dimensions: economic,
environmental, and social [11], [12], [13], [21].

Mobility plays an important role in sustainable develop-
ment because of the pressure it exerts on the environment,
besides its economic and social impacts. The rise of the
term ‘‘sustainable mobility”” changed the traditional approach
of transport planning, which conceptualised transport as a
derived demand and as infrastructure to support economic
growth, to an approach that recognises the pitfalls of
unrestricted economic growth, incorporating social and
environmental objectives such as environmental protection
and democratic participation [22]. In previous decades,
transport planning sought to maximise network capacity,
traffic volumes, and operating speeds, whereas the proposed
sustainable mobility model focuses on people, relating to
concepts such as accessibility and increasing quality of
life through the regeneration of urban spaces. Sustainable
mobility still involves system (infrastructure and capacity)
planning, but now social aspects as mobility justice, participa-
tion, transport demand management and changing travellers’
behaviour come into light [3], [5], [11], [23].

Given the Avoid-Shift-Improve framework, sustainable
mobility stands for reducing the need to travel, reducing
distances through land-use related policies, implementing
policies for modal shift (from cars and motorbikes to active
and public transport modes), and improving technology for
reducing the impact of transportation in the environment [3],
[4], [5], [11], [12], [20]. Not exhaustively, criteria and
indicators regarding sustainable mobility (in economic, envi-
ronmental, and social dimensions) include contributions to
the economy and development, costs of the transport system
(including costs of externalities), efficiency and reliability
of the transport system, energy efficiency, social insertion
of sustainable and smart technologies, consumption of fossil
fuels, percentage of renewable and alternative energies in
relation to total consumption in the sector, pollutant and GHG
emissions, air quality, rates of respiratory diseases caused by
air pollution, accident rates, congestion rates, noise pollution,
fragmentation of urban space, access to public green and
leisure spaces, urban accessibility, affordability, social equity,
level of integration with urban planning, modal split, capacity
to shift demand from individual to public and active modes
and multimodality [11], [12], [13].
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Urban planning and the transport sector intersections
have been investigated in terms of indirect public health
benefits, which were associated with measures to reduce
GHG emissions, in this case considering the environmental
and social dimensions of sustainability [2], [24]. Reducing
or eliminating GHG emissions in the transport sector will
require a broad implementation of sustainable mobility
policies, which should start from the premise of integrating
different objectives (economic, health and environmental),
while considering the needs of different social groups.
Furthermore, it also requires integration with land use
policies, which can guide urban development in a way that
allows public transport and active modes to be the focus of
urban mobility [25], [26].

The transport sector is among the main contributors
to global warming and the depletion of non-renewable
resources. The sector is responsible for 14% of total GHG
emissions and 23% of CO, emissions. Passenger cars, two-
and three-wheelers and minibuses contribute about 75%
of CO, emissions from passenger transport, while public
transport (including buses and rail systems) generates about
7% of emissions, despite covering one fifth of passenger
transport globally [5]. Regarding particulate matter, the road
transport sector accounts for about 30% of global urban
emissions [7].

In this context, there is an urgent need to determine
more efficient ways of promoting sustainable and low-carbon
mobility strategies. In the literature, measures to achieve this
are categorised as structural / hard and as psychological / soft.
Structural measures are related to planning and management
(land use, transport networks, traffic, etc.), technology,
economy, or policy / regulation [4], [6]. The psychological
ones, on the other hand, consist of information and com-
munication measures, and are focused on managing the car
use demand by changing travellers’ attitudes and behaviour.
These measures may include, for example, educational
and awareness campaigns, organising services, coordinating
activities of different stakeholders, and personalising routes,
facilitating the use of sustainable modes [27].

Aminzadegan et al. [6] conducted a review to investigate
the variables affecting GHG emissions in different transport
modes and divided these variables — and their respective
reduction strategies — into four groups of hard measures
(planning and policy-making, technology, economy, and
demand). For road transport, the main solutions found
for the different groups were: (1) planning and policy-
making — urban planning with improved public transport
and encouraging the use of public and active transport
instead of private vehicles; (2) technology — adoption of
alternative fuel sources with lower carbon content, zero-
emission vehicles, fleet renewal and use of smart systems
for route improvement; (3) economic factors — imposing fuel
taxes or eliminating fuel subsidies, and converting external
costs into internal costs, so that accidents, pollutants, and
noise come to be considered as system costs and, in this way,
the investments in transport networks for individual vehicles
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would be perceived as costlier; and (4) demand — managing
choice of sustainable transport modes, residential densities
and employment, which potential effects include reducing
travel demand and dependence on motorised vehicles. On the
other hand, soft measures as travel behaviour changing
approaches can enhance the effectiveness of hard measures
and strengthen sustainable urban mobility systems, being,
therefore, an essential element of climate action [7], [27].
An effective reduction in GHG and urban pollutant
emissions requires a reduction in the need of travelling and
changing modes of travel, i.e. besides changing urban forms
into less car dependent ones, it is also necessary a decrease in
the use of individual motorised vehicles and an increase in the
use of public transport and active modes, such as cycling and
walking [6], [25], [26], [28], [29]. This way, policies — with
significant investment — are required to make sustainable
modes attractive and viable [28]. It is important to highlight
that isolated measures or strategies have smaller potential
effects than measures applied jointly. Furthermore, policies
involving technology application, such as the electrification
of bus fleets, can reduce emissions, but have smaller positive
effects on human health than policies promoting active
transport [29]. Thus, the combination of measures of different
natures presents itself as the best alternative to amplify the
environmental, economic, and social benefits that can be
extracted from sustainable transport systems [6], [28], [29].
In public transport, fleet electrification combined with
other mode-enhancing strategies, can be an attractant for
mode shift, not only for its technological nature but also
for the operational improvement of the public transport
system [6], [24], [25], [26]. Route improvements and fare
incentives can also be used as mode-shifting promoting
strategies [6]. In addition, the benefits of any public
transport system go beyond productivity itself (such as
improved service regularity) and include other aspects that
can impact on health, accident reduction, mobility, income
and household budgets [30]. In active transport, the additional
impacts involve direct health benefits, with a decrease in
the prevalence of physical inactivity and various diseases.
Although the increase in pedestrians and cyclists also
increases their exposures to air pollution and accidents,
except in extreme polluted environments, the positive effects
of physical activity strongly outweighed the negative effects
of traffic-induced injuries and exposure to air pollution [29],
[31]. Therefore, active and public transport modes play a
central role in building a smart mobility model that is envi-
ronmental, economical, and socially sustainable. New forms
of mobility like Mobility as a Service (MaaS), including,
for example, bike-sharing systems, may also make private
cars less attractive than public, shared or active transport
modes; integration of different fares, payment systems, and
modes may also improve the user experience with sustainable
modes [7], [32]. However, some MaaS solutions also raise
concerns. While private vehicle ownership can indeed be
replaced by shared vehicles or shared journeys, this may
not necessarily mean fewer kilometres travelled by car, and
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consequently, emissions reduction. Another point of concern
is that some MaaS services, such as ride-sourcing, can
replace journeys by public transport, since they offer greater
convenience for door-to-door journeys [33].

Once a decrease in using individual motorised vehicles is
achieved, the further step should be to reduce the emissions
of the remaining car fleet. In this sense, EVs can diminish
oil and natural gas resources consumption once they are
powered by renewable energy sources. Caution is needed,
however, as an increase in the use of EVs without a mode
shift or without a transition of energy production to renewable
sources may imply a reverse effect, increasing fossil energy
and non-renewable resources consumption [15], [34].

lll. METHOD

The methodology of this study comprises a systematic
review of the literature on transport and/or urban passenger
mobility studies that use optimisation techniques to achieve
environmental-related, sustainability, energy transition or
climate change mitigation goals.

Following the method proposed by Tranfield et al. [35], the
execution of this review has three main stages: i) planning
the review; ii) conducting the review; and iii) reporting and
disseminating the results. During the planning phase, the need
for a research review was identified, then a proposal for it
was prepared, as well as the protocol for conducting the
review. In the conducting stage, searches were carried out in
databases of scientific articles, followed by the application
of inclusion and exclusion criteria, and data extraction and
synthesis. Last, the dissemination of results includes the
writing of this survey, containing the recommendations for
furthering the research in the area.

In the planning stage of the review, an initial search was
conducted using the terms:

((“‘sustainab®*” OR “‘climate chang*’) AND (“‘urban
mobility” OR ‘“‘urban transport*””) AND (‘“‘optimisa-
tion” OR “optimization”’) AND (“review” OR “bib-
liometri*”” OR “‘state-of-the-art’”))

to check if any similar reviews already existed in the
literature. No papers similar to the one proposed in this study
were located, which encouraged the authors to proceed with
the initial proposal.

Once the alternatives for promoting sustainability in urban
mobility had been established, as presented in Section II, the
following inclusion and exclusion criteria were defined:

Inclusion:

o Transport and/or urban passenger mobility stud-
ies that employ optimisation techniques to achieve
environmental-related, sustainability, energy transition
or climate change mitigation goals.

Exclusion:

o The study is not related to the area / scope proposed in
this review;

o The study does not promote policies related to active
modes and public transport;
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o The study does not concretely include aspects of
sustainability and/or climate change, i.e. the terms are
only mentioned superficially and are not a focus of the
study;

o The scale of the study is not urban (or metropolitan), i.e.
it does not work with urban transport or urban mobility;

o The study is not about urban passenger transport /
mobility;

o The study does not apply optimisation techniques;

o The study has methodological issues and was excluded
because of quality standards;

o It is not possible to extract the questions from the
established protocol.

The review protocol also included the following extraction

questions:
Q1: Which modes of transport are considered in the
study?
Q2: What does the study analyse in relation to transport?
Categorisation into network infrastructure (roads or
stations), energy infrastructure (energy stations/vehicle
charging or distribution network), transport system
operation (which stage of system operation?), energy
operation, modal integration (which modes?), demand
management (how?).
Q3: What sustainability or climate change mitigation
strategies (e.g. emissions reduction) are used in the
study? Categorisation into policy, economic, technolog-
ical and demand management strategies.
Q4: What aspects of sustainability were considered?
Q5: Which perspectives are considered in the optimisa-
tion model? Categorisation into passengers or users of
the transport system, operators, citizens / government /
community.
Q6: What are the model’s decision variables?
Q7: What are the model’s objective functions?
Q8: What are the model’s solution methods?
Q9: What type of network is the optimisation model
applied to?
Q10: Is there a performance analysis of the solution
algorithm or the mathematical model?

Once the review protocol had been defined, the following

search term was established:

TITLE-ABS-KEY ((“sustainab*”” OR “‘climate chang*”
OR “‘environmental impact” OR “‘transport* emis-
sions”) AND (“public transport*” OR “transit” OR
“active transport*” OR “bicycle*” OR “bike*” OR
“cyclist” OR “walk*” OR “pedestrian*”” OR ‘“modal
split” OR ‘“‘modal share” OR ‘“‘urban mobility” OR
“urban transport*” OR “city mobility” OR “city
transport” OR “‘smart mobility” OR *“e-mobility”
OR “green transport” OR “green mobility” OR
((*‘city” OR “‘urban”) AND (“road network” OR
“transport infrastructure” OR “‘transport network’)))
AND (““optimisation” OR ““optimization’))

The searches were conducted on the SCOPUS platform

and updated until January 2023 to include all studies
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published until 2022. Filters were applied to the database to
keep only articles and reviews published in journals. As a
result, the initial search contained 659 articles, which titles
were analysed, and, subsequently, 348 had their abstracts
screened.

Alongside the reviewing process, studies not related to the
mobility/transport area were eliminated (n = 221), and also
those that mentioned sustainability or related terms in the
abstract, but whose content aimed to promote mobility by
private vehicles, with no technology or similar component to
limit emissions or reduce the impacts of the mode (n = 22).
Studies covering regional transport or even national transport
infrastructure were also excluded (n = 16), as well as studies
related to logistics and freight transportation (n = 101),
as they do not fall within this review scope. Finally, articles
initially returned with terms related to ‘“‘optimisation” or
“optimal” but which did not apply optimisation techniques
as a methodological proposal were excluded (n = 93). In the
final analysis, 166 articles were included in this review; at
the final stage, articles that did not meet the minimum quality
criteria (e.g. confusing modelling) (n = 11) or articles from
which the protocol questions could not be extracted (n = 29)
were also eliminated. Figure 1 shows the process of excluding
articles and the delimitation of the articles considered in the
final analysis.

For the results’ dissemination stage, the articles were
divided according to the following criteria: (i) planning
and policy-making — studies that focused on promot-
ing or improving sustainable transport modes, involving
mainly infrastructure and operation aspects (60 articles);
(ii) environmental variables — studies that explicitly include
environmental variables or transport emissions in their
optimisation models (38 articles); (iii) demand and traffic
management — studies integrating transport and land use
planning and those that aimed to improve congested networks
(23 articles); (iv) technology and energy — studies that
analyse technological enhancements and energy systems,
such as EVs and alternative fuel sources with lower carbon
content (40 articles); and (v) non-spatial measures — studies
that include economic and other non-spatial factors (five
articles). This structure was based on areas for controlling
GHG emissions in transportation (planning and policy-
making, demand, technology, and economics) presented
by Aminzadegan et al. [6], while the studies working
explicitly on environmental variables were accommodated in
an exclusive subsection.

It is worth mentioning that, as the studies in this research
deal with sustainable mobility and transportation, they are
aligned with the Avoid-Shift-Improve framework [3], [4],
[5], [11], [12], [20]. In this sense, the avoid strategy
comprises the demand management studies, where land
use and transport planning are analysed together; the shift
approaches are based on planning and policy-making, envi-
ronmental, traffic management, and non-spatial measures,
seeking for improvements on the active modes and public
transport; and the improve ones comprise studies focused on
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Identification 659
Exclusion
criteria
Screening 348
Exclusion
criteria
Elegibility 262
Exclusion
criteria
Inclusion 166

FIGURE 1. Studies’ selection flow diagram.

technology and energy, environmental, and traffic manage-
ment. As the Avoid-Shift-Improve-based approaches are
more intertwined, it is difficult to classify the optimisation
articles into a single category. In this way, the structure
proposed by Aminzadegan et al. [6] was considered to better
systematise the organisation of optimisation studies.

As most studies considered in this survey focused on more
than one of the above-mentioned aspects, they were classified
according to their main purposes, allowing to obtain a broad
oversight of the field, as presented in the next section.

IV. PROMOTING SUSTAINABLE MOBILITY THROUGH
OPTIMISING

A general analysis of the literature includes the aspects
considered in modelling optimisation problems, as presented
in Table 1. From the total number of articles included in
this review (166), 62 considered the environmental dimension
of sustainability, mostly related to reducing emissions and
energy consumption; these environmental variables will
be further explored in Subsection IV-B. However, only
10 and 11 of them also considered economical and social
aspects, respectively. One may argue that optimising costs

63028

Title screening

The study is not related to the area /

scope (n =211)

The study does not promote policies related
to active modes and public transport (n = 6)
The study is not about urban transport /
urban passenger mobility (n = 94)

Abstract screening

The scale of the study is not urban

or metropolitan (n = 7)

The study is not about urban passenger
transport / mobility (n=7)

The study does not apply optimisation
techniques (n =72)

Full-text analysis

The study is not related to the area /

scope (n=10)

The study does not concretely include aspects
of sustainability or climate change (n = 16)
The scale of the study is not urban

or metropolitan (n = 9)

The study does not apply optimisation
techniques (n = 21)

Lack of quality standards (n = 11)

It is not possible to extract the questions from
the established protocol (n = 29)

may indicate economic sustainability, and indeed this is
the main approach to address this dimension, but only
studies that explicitly state they are looking at this aspect
have been included in this general analysis. Regarding
the social dimension, problems addressed noise pollution,
accessibility, social equity, network fairness, travel times, and
the Gini coefficient. Only four articles considered the three
dimensions all together [36], [37], [38], [39].

Regarding how the problem was modelled, there were
single and multi-objective functions, besides problems for-
mulated at multiple levels. In terms of multiple levels,
frequently the lower level relates to trip distribution, modal
split and/or traffic assignment models [37], [40], [41], [42],
[43], [44], [45], [46], [47], [48], [49], [50], [51], [52],
[53]. Moreover, the perspectives were considered related to:
(i) passengers — considering their behaviour or interests (e.g.,
number of transfers, travel distance and time, and comfort);
(ii) operators — minimising costs or investments and maximis-
ing profit; and (iii) community — environmental and external
costs and integrating urban and transport planning. Most of
the articles focused on the operators’ perspective (59 of 166),
but some studies already analyse more than one perspective.
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It is worth mentioning that objective functions may not
necessarily be related to the transport mode or the application
of the model, as they may represent goals which can be
extrapolated to different modes and applications, such as
reduction of travel times or costs. Another remark is that the
same function can represent different perspectives. In order
to solve the optimisation models, the studies used both
mathematical programming-based commercial solvers and
heuristics/metaheuristics.

Network application regards where the model was tested.
Some authors applied their models to theoretical networks
or presented numerical examples, while others tested in
benchmark networks as Sioux Falls [44], [49], [52], [53],
[54], [55], Mandl [56], [57] and Nguyen—Dupuis [50], [58].
Nevertheless, in the vast majority of studies, the model was
tested on real networks or real case studies. Approximately
55% of the studies investigated cities in Asia, 20% in North
America (USA and Canada), 18.5% in Europe, only four
per cent in Latin America and two per cent in Oceania;
no case studies were found in African cities. From the
Asian applications, China was the country with more studies
(comprising 48 articles [38], [40], [41], [46], [59], [60], [61],
[62], [63], [64], [65], [66], [67], [68], [69], [701, [71], [72],
(73], [74], [75], [76], (771, [78], [79], [801, [811, [82], [83],
[84], [85], [86], [87], [88], [89], [90], [911, [92], [93], [94],
[95], [96], [97], [98], [99], [100], [101], [102]), from which
Beijing stands out with 17 studies [62], [63], [65], [74], [80],
[81], [83], [84], [85], [871, [88], [92], [93], [94], [96], [98],
[102]. Real networks or case study applications may include
universities’ campi [36], [103], [104], [105], [106], [107],
[108], neighbourhoods and districts [46], [80], [95], [98],
[102], [109], or studies that only consider some transport
lines/stations within a city or transport network [71], [81],
[86], [93], [96], [110], [111], [112].

A. PLANNING AND POLICY-MAKING

For planning and policy-making studies, optimisation tech-
niques were applied mainly for infrastructure and operation
planning, but some authors also considered other purposes as
integration with land use planning, traffic management, and
modal integration.

In terms of infrastructure planning, Murray and Feng [109]
was the only study that considered the mode of transport
of walking and the authors were looking to determine an
optimal street lighting scheme. For bike-sharing systems,
problems related to infrastructure considered the location
of stations [78], [148], [156], [174]. Focusing on specific
aspects of the studies, Hu et al. [174] defined as decision
variables the location of new stations, the removal of old
ones without affecting the performance of the system, and
the reallocation of docks between stations; Yang et al. [78]
considered dynamic demand in their problem; Askarzadeh
and Bridgelall [156] considered covered activity points,
such as the presence of transit stops, parks, restaurants,
commercial areas, industrial centres, and universities in areas
of high population density to determine the station areas;
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and Qian et al. [148] included disadvantaged communities
and park areas in their formulation. Related to rail systems,
Kang et al. [152] aimed at selecting the points of intersections
of the new railway alignment, while Chen et al. [154] sought
to determine the locations and capacity of rail-based park-
and-ride sites.

For multimodal networks, studies aimed to determine the
location and capacity of the transfer infrastructure to be
built [52], a set of alignments covering as much of the travel
demand as possible [176], and to design a multimodal public
transport system with taxi-sharing and subways, providing
door-to-door service [92]. Besides that, considering the
occurrence of natural disasters, Mera and Balijepalli [51]
proposed a model for road maintenance to improve the
resilience of the network.

For optimising operation strategies, the fleet management
was the main approach of bike-sharing systems, focusing
on distributing and repositioning bikes between stations, i.e.
rebalancing the fleet within the system [72], [82], [101],
[150], [175], [179], [182], [191], [192]. Wu et al. [179]
sought to elaborate an incentive plan for users to perform the
repositioning activities, Fan et al. [182] sought to determine
the fleet size, while Zhang et al. [82], Cao and Xu [192] and
Zhou et al. [101] elaborated repositioning plans, including
routes, scheduling of the operation [82] and number of
bicycles [192]. The study of Chang et al. [84] distinguishes
itself by incorporating damaged bicycles into the model.

Regarding bus systems, the modelling involved network
design (station location and routes), frequencies setting, bus
scheduling and fleet sizing. For the network design, studies
sought to determine public transport service area [147], bus
routes [76], [90], [195], route length [68], [74], number of
lines [74], and stop/station location [74], [76], [199]. For time
and vehicle related modelling, studies focused on frequencies
setting problems [53], vehicle scheduling [62], [67], [110],
[185], and timetabling strategies [79], [169]. Some authors
modelled more than one aspect, for example routes and
frequencies setting [194], routes and vehicle scheduling of
a customised bus service [89], routes and timetabling [187],
frequencies setting and timetable development [193], and
service area, frequencies, and vehicle scheduling [164];
Nesheli et al. [127] focused on real-time operation aspects
of bus systems, as vehicle holding time and boarding limit at
stops, and also deciding if the vehicle could skip certain stops.
Finally, for rail systems, studies focused on determining train
timetables and rolling stock schedule [63], a conflict-free
timetable for all trains running on a railway, considering mul-
tiplatform stations [172], frequencies setting and operational
aspects (stop scheme and operation time) [93], rail scheduling
and fleet management [100], and a transit-based evacuation
plan for rail transit line emergencies [71].

Infrastructure and operation planning, integration with
land use, traffic management, energy and modal integration
in the optimisation model were also combined in some
articles. For bike-sharing systems, studies integrated network
design (station location and/or capacity) and fleet sizing
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TABLE 1. Taxonomy of studies in terms of modelling aspects.

Modelling aspects Specification Articles References
Economical 10 [36-39, 107, 113-117]
Envi l 0 [36-38, 4044, 46, 48, 49, 55-61, 65, 66, 72]
Sustainability fvironmenta [81, 85, 87, 88,97, 102, 104, 113116, 118-146]
Social 11 [36-39, 49, 53, 59, 65, 135, 135, 147, 148]
[39, 55, 57, 60, 62, 64, 6672, 74—78, 80, 82-84]
Sinele obiecti o4 [86, 89, 90, 92-94, 96, 99103, 105-109]
ngle objective [111, 113, 114, 116-119, 122-128, 130, 132-135]
[137-139, 142, 143, 145-147, 149-186]
Objective functions Multiple levels 25 [37, 40-47, 49-54, 58, 61, 63,73, 95, 98, 112, 187-189]
Multi-obiecti 37 [36, 38, 48, 56, 59, 65, 79, 81, 85, 87, 88, 91, 97, 104, 110]
witi-objective [115, 120, 121, 129, 131, 136, 140, 141, 144, 148, 190-201]
Passengers 9 [68, 93,99, 127, 147, 151, 156, 174, 190]
[45, 47, 50, 54, 64, 69, 72-75, 77, 80, 84, 86, 92]
Overat s [96, 98, 100, 101, 103, 105-108, 111-113, 116, 117, 126]
perators [152, 154, 155, 159, 160, 163, 165-168, 170, 171, 173]
[175-178, 180185, 187, 189, 191, 192, 198, 201]
Passencers [51-53, 62, 63, 67, 70, 71, 76, 78, 79, 82, 83, 89, 90, 94, 95]
Perspectives . erga tors 39 [109, 110, 138, 150, 153, 157, 164, 172, 179, 186]
SP P ‘ [148, 158, 162, 169, 188, 193-197, 199, 200]
Passengers and community 4 [56, 135, 137, 161]
Operators . [36, 40, 46, 61, 66, 102, 114, 115]
and community [119-123, 128-131, 133, 136, 142, 146]
Passengers, ” [37-39, 41-44, 48, 49, 55, 57-60, 65, 81, 85, 87, 88, 91, 97]
operators, and community [104, 118, 124, 125, 132, 134, 139-141, 143-145, 149]
Theoretical networks [37,42, 43, 45, 47, 48, 55, 113, 121, 122, 124, 125, 135]
o mmerion] scambles 27 [143, 145, 147, 150, 164, 167, 169, 172, 178, 179, 182]
P [187, 189, 191]
Benchmark networks 12 [44, 49, 50, 52-58, 200, 201]
Network application (36, 3841, 46, 51, 59-103, 105-112, 114-119, 126-128]
Real networks 124 [130-134, 136142, 144, 146, 148, 149, 151-163, 165, 166]

[168, 170, 171, 173-177, 180, 181, 183-186, 188, 190, 192-199]

and management [73], [98], [134], [153], [186]. For buses,
Wu et al. [124] sought to determine optimal travel speed and
waiting time at bus stops to avoid waiting time at signalised
intersections, considering operation and traffic management.
For studies involving cars, the main topics were related to
road and traffic management. Luo and Yang [160] selected
roads for restoration to provide quick disaster response,
Bi et al. [83] developed reward mechanisms to improve travel
and energy efficiency of a road transportation network by
establishing a task recommendation system, and to prepare
urban transport systems for long-term disasters [94]. For
multimodal networks considering both bus and car traffic,
Khoo et al. [190] studied the implementation of exclusive bus
lanes and its period of operation, Li et al. [47] focused on bus
scheduling and fuel surcharges, Haitao et al. [173] proposed
a strategy to provide public transport priority in the perimeter
of urban networks, and Gao et al. [70] focused on traffic lights
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operation, aiming at providing bus priority on arterial roads.
At last, for a multimodal network to integrate buses to the
rail system, Almasi et al. [196] focused on network design
(routes), frequencies setting, and operational aspects (dwell
time).

Considering the perspective of passengers alone, studies
sought to minimise uncovered demand [174], distances in the
network [156], and passengers’ travel time [68], [93], [127],
[190], and maximise accessibility [147] and direct transfers
without waiting [127]. For the operators’ perspective alone,
studies aimed at minimising costs or maximising rev-
enue [84],[98], [100], [101], [152], [154], [160], [182], [185],
[192], minimising travelled distance or vehicle mileage [72],
[73], [74], [92], [175], [187], [191], minimising work-
load [73] and rebalancing amount [192], maximising covered
demand [73], [176], rebalancing utility [191], the total social
net benefit [47], and the average passenger flow [173].
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Studies that combine passengers’ and operators’ interests
usually combined functions of both perspectives. As some
problems are single objective, considering both perspectives
normally is done by including penalties or constraints for
unsatisfied demand [150], [186], travel times [164] or
service level [179] in a problem focused on the operators’
perspective; in the case of Hou et al. [71], contrary to
the main approach above-mentioned, the objective function
aimed at maximising the total number of stranded passengers
transferred due to rail emergencies, with constraints related to
the operators’ perspective, such as vehicle fleet, headway and
time constraints. For multi-objective or multi level problems,
the most frequent combination of functions was minimising
passenger’s travel time and operators’ costs. Nevertheless,
the whole range of functions aimed at: minimising costs
or maximising revenue [53], [63], [67], [83], [89], [94],
[110], [148], [150], [164], [179], [186], [194], [195], [196],
[199], minimising unsatisfied demand costs [110], [196]
and user costs to access the service [199], maximising
covered demand or ridership [52], [62], [76], [78], [153],
maximising accessibility [148] and network fairness [53],
and minimising distances [78], fleet size [169], vehicle’s
transportation time [82], passengers’ waiting time [63], [79],
[82], [169], passengers’ travel time [51], [90], [169], [193],
[194], vehicle mileage [193], energy consumption [79], vul-
nerability [51], intersection delay [70], train infeasibility [63]
and train delay [172]. Lastly, only two studies considered
all the three perspectives (passengers, operators, community)
simultaneously, and they sought to minimise design and
operation costs [134] and bus operational costs (delay, stops,
acceleration) [124].

It is worth mentioning that functions with costs may
represent rebalancing (in bike-sharing systems) [182], opera-
tion [53], [67], [100], [110], [164], [185], [194], [199], trans-
portation/travel [67], [101], [154], [194], [199], time [160]
or generalised [84], [152] costs. Also, revenue is used as
an umbrella term and may include other similar terms,
such as profit and benefit. This consideration was made in
order to improve the readability and clarity of this review
article. As final remarks, it is interesting to point out that
Luo et al. [72], Wu et al. [124], Nesheli et al. [127], and
Zhang et al. [134] analysed GHG emissions in their studies,
but the estimates were not included in the optimisation model.
More details of the studies presented in this subsection can be
found in the Appendix.

B. ENVIRONMENTAL VARIABLES
This subsection comprises studies that explicitly included
environmental variables or transport emissions in the optimi-
sation models. As most of these studies focused on reducing
emissions, optimisation has been applied to infrastructure,
energy, and operation planning, traffic management, modal
integration, and new mobility forms.

Although systems related to cycling are currently the
focus of several researches in urban mobility, the inclusion
of sustainability or environmental aspects in optimisation
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problems formulated for such systems is still scarce. In this
sense, only three studies could be considered within this
subsection. Doorley et al. [135], considering a network of
cars and bicycles, sought to design cycling networks. For
bike-sharing systems, Gdmez-Pérez et al. [131], in a network
design problem, aimed at determining the number and
location of stations, and Wu et al. [102] focused on creating
a bike rebalancing scheduling plan using EVs. For buses,
studies applied optimisation to design the main powertrain
components of electric buses (fuel cell, electric motor, and
battery) [120], [129], for locating charging facilities [36],
[39], [133], for network design (routes) and frequencies set-
ting [56], [57], [81], [118], fleet composition [81], [122], and
vehicle scheduling [81], [119], [123], [132]. In rail systems,
studies sought to determine station location [144] and to
elaborate a dynamic operation plan for a ventilation control
system in metro stations [138]. There were two studies that
focused on shared mobility, aiming at determining station
location [141], routes, scheduling, and fleet sizing of shared
systems in suburban contexts [142]. Studies that considered
only cars as mode of transport focused on road segment
deployment [114], traffic routing/management [44], [49],
[139], traffic signal plans [137], and on the deployment of
cordon-based pricing tolls [48].

Multimodal studies included a variety of mode com-
binations and decision variables. Si et al. [43] analysed
policy measures as congestion tolls and transit fares con-
sidering bicycles, buses, and cars. Li and Lu [87] aimed
at determining an optimal urban passenger transportation
structure, considering bicycles, buses, rail systems, and cars.
Meng et al. [55] proposed a model for multimodal traffic
assignment in a network with buses, electrical bicycles,
and cars. For networks considering buses and cars, Sharma
and Mathew [42] analysed the expansion of road network
capacity and Ye et al. [146] sought to determine the
deployment and operation of recharging facilities for buses
and private EVs. Asghari et al. [140] aimed at designing
a sustainable and efficient ride-sharing service (employee
transportation service), considering as alternative options
the private cars and the public transport by bus. Authors
investigated public transport (buses and rail systems) through
network design (station location and routes) and frequencies
setting [143], [145] and through an analysis for establishing
an effective subsidy scheme to reduce GHG emissions [61].
Feng et al. [40] investigated car ownership and number
of trips in a network considering cars and other modes;
Yang et al. [41] had a similar approach considering buses and
cars, focusing on estimating the maximum car ownership per
zone and subsequent network flow. Finally, Qiang et al. [66]
had a similar purpose of Li and Lu [87], but additionally
considering walking as a transport mode.

Regarding the objective functions, all the studies consid-
ered more than one perspective. Loy-Benitez et al. [138]
considered the passengers’ and operators’ perspectives
by minimising indoor PMjo concentration and ventilation
energy consumption of metro stations. Regarding passengers’
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and community’s interests, Duran et al. [56] and
Abudayyeh et al. [137] aimed at minimising total travel time
and CO, emissions, while Doorley et al. [135] sought to
maximise societal benefit through a function of travel and
infrastructure costs, health impacts, traffic collisions, and
environmental impacts. Other studies combined operators’
and community’s interests [36], [40], [61], [66], [102], [114],
[119], [120], [122], [123], [129], [131], [133], [142], [146],
and the three perspectives together [39], [41], [42], [43], [44],
[48], [49], [55], [57], [81], [87], [118], [132], [139], [140],
[141], [143], [144], [145]. The functions itself sought to
minimise uncovered/unsatisfied demand [141], passengers’
travel time/cost [42], [43], [44], [48], [49], [55], [56], [81],
[118], [144], staff dissatisfaction [140], minimise costs or
maximise revenue [36], [55], [57], [61], [81], [87], [102],
[114], [120], [122], [129], [131], [132], [133], [140], [141],
[142], [143], [145], minimise energy consumption [36],
[66], [114], [133], fuel consumption [120], [139], dis-
tances travelled by vehicles [118], ecological/environmental
impact [81], [87], [144], and minimise emissions or maximise
reduction in emissions [36], [42], [44], [48], [49], [56], [114],
[118], [119], [122], [123], [129], [131], [132], [133], [140],
[141], [146]. Some authors applied more specific functions as
maximise car ownership and total number of trips, with user
equilibrium assignment models at the lower level [40], [41],
minimise social-cost (congestion and environment pollution)
[43] and Gini coefficient [49], maximise environmental
equity [39], social welfare [48], [61], and transportation
utility [87]. As in the previous subsection, costs may
represent operation [102], [132], operators’ [57], [81], users’
[81], [143], agency’s [143], transportation/travel [48], [55],
[140], vehicle [120], external [57], generalised [55], [87],
[133], [145] or life cycle [36], [114], [122] costs. Also,
some authors considered sustainability through emissions
costs [102], [145].

At last, one important aspect is which emissions were
considered in the reviewed studies. Authors have included
carbon [87], [102], carbon monoxide (CO) [40], [41], [42],
[43], [48], [55], [61], [118], [122], [123], [145], carbon
dioxide (CO,) [41], [55], [61], [66], [81], [122], [123],
[131], [132], [137], [139], [140], [141], [142], GHG/CO,
equivalent [36], [114], [119], [120], [129], [133], [135],
[143], [144], [146], generic nitrogen oxide pollutants (NOy)
[42], [44], [49],[61],[122], [123], [132], [145], hydrocarbons
(HC) [42], [61], [123], [145], methane [61], sulphur dioxide
(SO,) [122], diesel exhaust emissions [57], and particulate
matter (PM [123], [132], PM> 5 [39], [119], [122] and PM g
[122], [138]). More details of the studies presented in this
subsection can also be found in the Appendix.

C. DEMAND AND TRAFFIC MANAGEMENT

This subsection analyses studies related to transport demand
management, covering strategies to avoid and reduce unnec-
essary motorised travels, and, therefore, emissions, such as
infrastructure and operation planning, integration with land
use planning, modal integration, and traffic management.
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In addition, the details of the studies presented in this
subsection can be verified in the Appendix.

1) URBAN PLANNING AND LAND USE

These studies have a slightly different pattern than the others,
as their decision variables focused mainly on allocating land
use and defining the urban densities, while the modelling
of the transport system was usually included as objective
functions or constraints of the problem. Also, most of
the studies were explicitly aligned with transit-oriented
development principles [38], [50], [59], [65], [85], [88], [91],
[97], [181].

Among these studies, the most common transport mode
was rail system [38], [59], [65], [85], [88], [91], [181],
followed by cars [37], [45], [50], [121]. There were two
multimodal studies [97], [151] and one that analysed
walking [177]. Authors who have worked with land use
allocation have focused on determining the type of use of a
given urban land parcel [37], [38], [50], [59], [85], [88], [97],
[121], [177], [181] and the densities of these parcels [38],
[59], [85], [88], [97]; Hammad et al. [37] also considered the
expansion of the road network and Shahraki and Turkay [121]
included other transportation decision variables (average
demand, route choice, average flow and capacity expansion
of each network link). Other decision variables include
determining the location of rail stations [65], analysing
scale independence in jobs-housing and commute efficiency
metrics [151], designing a sustainable urban land use and
transportation system [45], and elaborating a land use and
transportation development plan [91].

The studies were more interconnected than the studies
in the previous subsections in terms of perspectives of
passengers, operators, and community. There were similar
objective functions to those subsections, such as: minimising
travel costs [85], [88], [91], [151], travel times [37], [50], and
the total walking distance from station to destinations [97];
minimising the total system travel time by land use allocation
and path travel times [50]; maximising accessibility [65],
ridership [59], [65], [85], [88], [91], [97], [181], and net
suitability [177]; minimising the flow pattern (in stochastic
location and route choice equilibrium) and maximising
a robust risk-averse function [45]; maximising reliability
probability and utility, minimising CO emission, and max-
imising utility value [121]. However, as already mentioned,
most of the studies considered interconnected passengers’,
operators’, and the community’s interests.

As the main purpose of these studies was land use
allocation, the objective functions focused on maximising
land-use compactness [59], [65], [85], [88], [97], degree of
mixed land use [59], [97], land value [59], overall land use
status [88], economic and social value [38], and adaptability
degree, and minimising the conflict degree level between the
adjacent land cells or between land uses [59], [65], [85], [88],
[97], costs (buildings’ construction [37], connection costs
of all the metro trips resulting from the developments of
all the undeveloped land cells [85], land-compensation costs
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and road investment costs [91]), total carbon emissions from
users on the traffic network [37], [121], noise pollution [37],
pollution treatment and/or control costs [59], [65], [97], and
environmental impacts [38], [85], [88].

2) TRAFFIC MANAGEMENT ON CONGESTED NETWORKS
There were eight studies that applied traffic management
techniques and optimisation. The transport modes included
cars [58], [60], [136] and multimodal networks of bicycles,
buses, cars, rail, and shared mobility systems [95], of buses
and cars [157], and of buses, rail systems, and cars [125].
The decision variables included network design (corridors
and/or stations’ location, routes) [58], [64], [95], [125],
network modifications (to reverse road traffic flow or to leave
it unaltered) [136], frequencies setting [95], [125], [197],
fleet sizing [197], policy variables [58], [125], [157], modal
split [64], and traffic management [46], [60]. For decisions on
policy variables, Dantsuji et al. [157] sought to determine the
level of congestion pricing for the cars and the road space
required for both two modes (buses and cars), e.g., using
mixed or dedicated lanes, Li et al. [58] aimed to design a
toll model, and Amirgholy et al. [125] analysed different
scenarios with mixed network (bus), dedicated lanes (BRT)
and parallel network (metro). Traffic management strategies
included traffic signal plans [60] and traffic assignment
solutions [46].

Objective functions were related to minimise traffic den-
sity/volume [46], [136], [197], travel times [197], congestion
cost [157], total system travel disutility and each road user’s
travel disutility [58], passengers’, operators’, and external
costs [125], total passengers’ travel times, construction costs,
modal shift value, and balanced use value [95], travel delay,
stops, fuel consumption, and integrated performance index
(including CO, HC and NO, emissions) [60], total vehicles’
emissions cost [136], and to maximise traffic flow [46].
Atlast, as the decision variable of Feng et al. [64] was whether
to implement a policy instrument (bus fare, additional private
car toll, bus lane construction, and large-scale bus fleet
purchase) to change the current modal split into a more
sustainable one, the objective function aimed to minimise
the difference between the actual and desired proportion of
each mode after a combination of traffic demand management
policy instruments.

D. TECHNOLOGY AND ENERGY

Optimisation techniques in technology and energy studies
involved mainly energy infrastructure and operation plan-
ning, energy generation technologies, EVs, and electric
buses. In total, this subsection comprises 40 articles, which
details can be found in the Appendix.

Two studies analysed bike-sharing systems and personal
mobility. Balacco et al. [188] sought to determine the
number of docks at electric bicycle charging stations, with
a charging system based on pumps used as turbine, and
Kwag et al. [159] to determine the installation of wireless
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charging infrastructure (both static and dynamic) at tourist
locations, considering electric scooters.

Bus studies focused on determining charging facility
location [103], [163], [166], [167], [170], [184], [189], [198],
[200] and capacity [163], routes [163], [200], bus schedul-
ing [80], [155], [166], [167], fleet sizing [163], vehicle
design [103], [163], and fleet charging schedule [108], [165],
[180]. Regarding energy planning, Ifaei et al. [115] aimed at
determining the best option of photovoltaic (PV) panels to
be implemented on the roof of buses for the electrification
of public transport, and Elkamel et al. [105] at determining
the schedules of power-generating units in order to supply
an electric mobility system. Studies involving rail systems
focused on charging facility location [112], routes [86], rail
scheduling [96], and operational aspects (acceleration, speed)
[96], [111], [112].

In terms of cars, the studies sought to determine the
assignments of charge stations at workplaces [113], the
direction of the transfer of electricity between PV modules,
battery storage, EVs, and the grid [116], charging facility
location and capacity [158], [201], EVs routes [99] and
charging schedule [178]. Besides allocating EVs charging
stations, Gholami et al. [201] also aimed at including smart
photovoltaic inverters in distribution networks. Regarding
energy planning, He et al. [54] sought to determine optimal
electricity prices at public charging stations for EVs and
Chakrabarti et al. [130] to determine the operation of district
heat networks to recharge EVs. For shared mobility systems,
studies focused on charging facility location and capac-
ity [183], charging schedule [107], [117], fleet size [107],
designing the service area [126], and EV relocation plan [77],
[168], [183]. As remarks, Corinaldesi et al. [162] sought to
investigate the economic potential of deploying residential
car sharing systems, defining tenants’ investment and oper-
ation (investment decisions, PV system data, battery storage
capacity), and Lamedica et al. [107] proposed a model to
develop an e-mobility service for people with disabilities.

Last, Beltran et al. [149] aimed to determine the set of
terminals, routes, and frequencies of green vehicles for public
transport on a multimodal (buses and cars) network, besides
determining the network flows. In a multimodal network
with bicycles, buses, cars, and shared mobility systems,
Piazza et al. [106] sought to define and design electrical
services for a local energy community, which takes energy
from a microgrid based on the exploitation of renewable
energy sources and storage systems. Their study aimed at
determining many variables, such as: the number of new
PV panels; the number of new energy storage systems;
the number of new EVs (cars and bikes); the number of
new charging stations for EVs; the power exchanged with
the distribution grid; the power produced by the PV plant;
the power absorbed from/injected into the energy storage
systems; the power charged to/discharged from the electric
shuttle when connected to its charging system; the power
charged to EVs; and the satisfied transportation demand
of the EV sharing system. Brozynski and Leibowicz [128]
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aimed at developing an energy system for urban-scale
decarbonisation, determining a climate plan with emissions,
electricity generation, and private and public vehicle fuels’
mixes.

Recharging facilities include stations [113], [158], [166],
[170], [178], [183], [188], [189], [198], [200], [201], wireless
charging infrastructure, which can be divided into static (sta-
tions) [159] and dynamic wireless charging infrastructures
(roads) [103], [114], [159], and quick charger machine [184].
Renewable energy sources considered in the studies are
solar [106], [108], [114], [115], [116], [128], [162] and
wind [105], [128], [178].

Regarding the objective functions, most of the studies
considered the operators’ perspective. Nevertheless, the
passengers’ interests were modelled by minimising uncov-
ered demand [188], the monetary value due to delay of
all EV travellers that need recharging [158], and energy
consumption [99], [162]; Qin et al. [99] considered link
travel speeds and waiting times at signalised intersections in
the energy consumption modelling. Chakrabarti et al. [130]
included the minimisation of CO, emissions, considering
the community’s perspective. For operators’ interests, the
functions sought to minimise costs [54], [80], [103], [107],
[108], [113], [115], [116], [117], [128], [155], [158], [159],
[162], [165], [166], [167], [170], [178], [180], [189], max-
imise revenue [77], [105], [106], [112], [116], [126], [130],
[168], [183], minimise energy consumption [86], [96], [111],
[112], network losses and voltage deviation [189], [201],
power losses in the distribution grid [54], [201], the number of
active charging stations and the average extra stop time [198],
the number of charging facilities [184], vehicle-specific-
power [115], and maximise electrified vehicle mileage [163].
Passengers’ and operators’ interests were combined by min-
imising users’ costs and the number of fast chargers [200].
Considering passengers’, operators’ and community’s per-
spective, Beltran et al. [149] sought to minimise costs for
users, operators, and externalities in a multimodal transport
system. Costs may represent daily [165], annualised [113],
[115], [166], or life cycle [167], investment [159], purchas-
ing [80], [107], [113], [116], [170], construction [113], [116],
[158], [170], maintenance [116], operation [80], [108], [113],
[116], [117], [165], charging [107], [180], generalised [178],
and travel [54], [200] costs.

E. NON-SPATIAL MEASURES

According to Aminzadegan et al. [6], economic factors
as imposing fuel taxes or eliminating fuel subsidies, and
converting external into internal costs would be perceived
as costlier, presenting a potential to reduce emissions.
However, no studies were found in line with this issue.
The studies found in the literature involving non-spatial
measures sought to determine which was the best investment
(in modernised diesel jeepney or in e-jeepney) to a public
transport system [171], develop a monetary incentive plan
so a company can find the optimum commute plan for
its employees, encouraging them to change their existing
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commute behaviour [104], design an incentive plan for
passengers to switch from private to public transport service
to mitigate traffic congestion and achieve sustainability [161],
elaborate operational and subsidy plans for an urban rail
system [69], and to determine the fare for passengers, train
operation headway for operators, and an operational subsidy
to the sustainable development of an urban rail system [75].

Regarding the objective functions, studies sought to
maximise the value of the investment [171] and social
welfare [161], and to minimise the total equivalent social
cost of negative environmental impacts and total com-
mute time [104], the difference between operating costs
and income [69] and operational subsidy for flat and
distance-based fare regimes [75], considering operators’
and community’s perspectives. More details of the studies
presented in this subsection can be analysed in the Appendix.

V. ALGORITHMS AND COMMERCIAL SOLVERS
In order to solve the mathematical models of optimisation
proposed by the authors mentioned in the previous section,
it was used both mathematical programming-based com-
mercial solvers and heuristics/metaheuristics. In this sense,
Table 2 summarises the commonly used techniques. For stud-
ies using mathematical programming, commercial solvers as
IBM CPLEX® and Gurobi® are the most frequent ones. For
heuristic and metaheuristic techniques, genetic algorithms
(GA) are the most employed, especially the NSGA-II
(Non-dominated Sorting Genetic Algorithm II). Hybrid
heuristics, simulated annealing and particle swarm-based
algorithms were also found. Usually, authors have made
modifications, customisations or proposed enhancements
to the classic/canonical algorithm. The case that stands
out the most is the NSGA-II, that was improved/modified
by [42], [49], and [85]. Also, Almasi et al. [196] have
compared a GA (single objective) to the NSGA-II (multi-
objective). Hybrid heuristics mentioned in Table 2 comprises
a combination of a hybrid GA and the adaptive destroy-and-
repair algorithm [89], GA with local search [164], adaptive
GA and Granular Tabu Search [82], Large Neighbourhood
Search-GA [187], improved multi-objective backtracking
search GA [192], hybrid tabu search - immune GA [167],
variable neighbourhood search and enhanced simulated
annealing algorithm [84], genetic search with advanced
diversity control [95], and max—min ant system algorithm
integrated with the Frank—Wolfe and Dial algorithms [91].
Focusing on implementation and modelling, Table 3
summarises the model validation metrics, the commonly
used programming environments/languages, and the sim-
ulation platforms. Sensitivity analysis is the most often
used way to validate the performance of the optimisation
algorithms. However, other studies measure the algorithm
efficiency/performance by considering the CPU time and
convergence. Additionally, there were approaches that com-
pared their techniques’ behaviour with the state-of-the-
art or with the classic/canonical algorithms. Less frequent
validation strategies were made by comparing the proposed
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TABLE 2. Optimisation techniques commonly used in the state-of-the-art articles.

Techniques No. of articles References
[73, 84,98, 103, 108, 119, 126, 131, 133, 140, 141]
CPLEX® 22 [151, 155, 158, 159, 163, 165, 168, 177, 180, 185, 199]
Gurobi® 11 [39, 72,92, 106, 109, 146, 160, 162, 166, 170, 174]
Branch-and-bound / branch-and-price 4 [62, 101, 109, 150]
Column generation 2 [101, 184]
Simplex method 2 [43, 181]
Monte Carlo 2 [58, 134]
GA 30 [36, 38, 40, 46, 48, 56, 59, 60, 65, 71, 77-81, 88, 93, 97, 102]
[110-112, 120, 148, 149, 159, 172, 175, 188, 196]
NSGA-II 12 [42, 85, 115, 120, 129, 136, 142, 144, 189, 190, 196, 198]
Hybrid heuristics 10 [74, 82, 84, 89,91, 95, 164, 167, 187, 192]
Simulated annealing 6 [45, 51, 63, 67, 69, 158]
Particle swarm-based algorithms 5 [55, 66, 139, 191, 200]

techniques with commercial solvers and by comparing
the model results to real data. In terms of programming
environment/language, MATLAB, Python, GAMS (General
Algebraic Modelling System) and AMPL (A Mathematical
Programming Language) were the most used. It is important
to mention that MATLAB is still the most used due to
the integration in the same environment of the optimisation
technique and the mathematical model with the execution
of simulations of dynamical systems. Moreover, there are
authors that integrate traffic simulators and GIS (Geographic
Information System) softwares mainly with Python.

VI. FUTURE DIRECTIONS
Although there were some studies that directed their efforts
to investigate the social aspects of the transport sector, few
solutions considered these aspects in the optimisation field,
which focus relied mostly on operational aspects. Therefore,
some research opportunities rely on expanding the modelling
of optimisation problems including the analysis of benefits
generated for the community and/or considering the perspec-
tives of passengers, operators, and the community simulta-
neously. This can be addressed, for example, by designing
equitable operation systems to maximise the overall benefits,
considering benefits of public transport and bike-sharing
systems on reducing trips made by cars, assessing traffic
accidents and human health impacts, and analysing general
improvements in the quality of city life and the urban
environment, while also considering operational aspects.
To reduce existing urban inequalities, special attention should
be devoted to traditionally disadvantaged communities.
Related to each mode of transport, there are few studies
on cycling networks and on electric bicycles in bike-
shared systems, its operation and system deployment. For
public transport, especially buses, a large body of studies
already exists, but it is still possible to explore aspects of
sustainability within systems, expanding and incorporating
mainly the community perspective into analyses, since pas-
sengers’ interests (e.g. travel times) and operators’ interests
(e.g. costs and revenue) are widely documented. It is also
possible to explore power supply sources for electrical
systems, or alternative priority infrastructure schemes, such
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as dynamic or intermittent bus lanes. For cars and shared-
systems, analysing the impact of EVs penetration on the grid
should continue to be a research trend. Henceforth, much
remains to be investigated in terms of restricted parking
zones, roads with reduced speed, different congestion pricing
schemes, and integration of MaaS strategies with “tradi-
tional” transport systems, for example, integration between
bike-sharing systems and public transport, and the impact of
such measures on GHG emissions and climate change.

Another area for contributions concerns creating models
to integrate different modes of transport and integrating
transport systems and land use planning, or improving
current ones. There are several future research directions
to answer open questions. One of those is including trip
distribution, mode choice and traffic assignment problems
into the optimisation. As presented in section IV, so far this
was done by multi level formulations. Future studies may
include or improve travel choice behaviour, mode choice,
modal shift patterns, modal split, dynamic traffic assignment,
and other behavioural models for travellers’ route choice
into the optimisation models; the impacts of psychological
/ soft measures in modal shift patterns could also be included
and further investigated. The unanswered questions also may
be addressed by designing multimodal networks, developing
trip distribution, modal split, and trip assignment problems
considering the land use effect, and investigating the extent to
which changes in density and land use mixture would affect
transit share, trip length distribution, vehicle emission, and
pollution rates.

Another direction is including or expanding demand
models in the mathematical formulation of optimisation
problems, with demand anticipation models, dynamic/time-
varying demand, induced demand, uncertain demand, poten-
tial demand, demand changing factors, and estimating the dis-
tribution of passenger flow using sensor data, such as cellular
signalling data, for example. It is also possible to address
demand modelling by predicting the behaviour of passengers,
incorporating personal preferences, accounting behavioural
difference of heterogeneous users, incorporating psycholog-
ical factors into travel demand models, and by analysing
external influence (e.g. weather conditions) on demand.
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TABLE 3. Implementation and modelling aspects.

Aspects Specification No. of articles References
Algorithm efficiency or performance [43, 46,48, 52, 60, 62, 69, 79, 104, 117, 126]
(CPU time, convergence, etc) 29 [127, 132, 135-137, 147, 151, 152, 158]
i g ’ [154, 168, 178, 179, 187, 193, 199-201]
Comparison of solution approach 23 [37,42,55-57, 82, 84, 87, 89, 95-97, 100, 101]
to literature solution methods [110, 160, 172, 189, 191, 192, 194, 195, 197]
Comparlson' of solution approach 5 [63. 81, 140, 155, 180]
to commercial solvers
Validation Comparison of model results 5 [41, 70, 86, 100, 118]
and real data
Model efficiency 2 [93, 175]
[36, 45,47, 52, 53,58, 64,67, 69, 72]
[74, 75,77, 80, 82, 87, 88, 92, 94, 95, 98, 99]
Sensitivit lysi 67 [104, 106, 108, 111-115, 117, 119, 121]
CASILVILY anaiysts [124-126, 128, 129, 133135, 139-142, 144]
[145, 148-150, 157, 163-168, 171, 173]
[183-186, 190, 191, 196, 200]
AMPL 4 [37,93, 113, 168]
GAMS 11 [44, 103, 105, 121, 125, 130-133, 163, 178]
Programming language [36, 40, 41, 52, 54, 55, 59, 62, 64—66, 71, 73]
[82, 87, 89, 93, 95, 96, 99, 106, 107, 111, 112]
MATLAB 37 [114, 116, 138, 147, 148, 164, 171, 182, 187]
[191, 196, 198, 201]
Pvih 18 [37, 68, 80, 83, 86, 91, 92, 94, 98, 101]
ython [136, 160, 162, 172, 173, 192, 199, 200]
GIS 3 [104, 152, 156]
Simulation platforms
Traffic simulators (Aimsun, MATSim, 10 [60, 70, 83, 94, 124, 137, 139, 157, 190, 197]

Paramics, SUMO, VISSIM)

Besides demand aspects, sources of uncertainty should be
considered in future studies. Uncertainty may be considered
in travel times, network, parameters, demand, and energy
consumption rates. Traffic conditions may also represent a
source of uncertainty. Even though some studies are already
investigating congested networks, the trend of increasing
congestion keeps this as a direction of future studies, which
can be addressed by considering advanced traffic prediction
techniques, more extensive approaches for traffic inputs, such
as real time traffic conditions and interaction between mixed
traffic.

Regarding technology and energy, there are gaps
concerning vehicles and fuels, as further analysing
environment-friendly alternative fuels, hybrid and electric
vehicles, and evaluating the impact of a transition towards
hybrid and electric vehicles for private and public transporta-
tion, especially regarding the depletion of non-renewable
resources. The research gaps can be addressed by further
analysing these technological innovations, improving fuel
efficiency, environmental benefits, and air quality. One future
direction includes improving operational aspects of EVs,
as the size and operation of energy storage systems and the
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impact of charging types on the energy storage lifespan of
the vehicles. Also, there are unanswered questions regarding
the impact of digitalisation itself of transport systems, i.e.
how the insertion of technology — rather than vehicle
technology — can be used for reducing the consumption of
energy in transportation.

Another possibility of contribution concerns the inte-
gration of transport and energy planning, which is still
limited so far. Research opportunities regard integrating the
network operational demand and the power generation and
distribution systems, creating more realistic energy consump-
tion models, including detailed manufacturer’s information,
analysing the impact of EVs on the grid, and further
investigating different charging methods. Energy modelling
can also be enhanced by including a more detailed scheduling
of charging schemes to capture the effects of electricity
consumption rate fluctuating during the day, dynamic energy
consumption models, and dynamic charging policies. It is
also possible to expand the optimisation studies of the
energy systems that supply the mobility systems, investi-
gating alternative energy-saving schemes and the impact of
different renewable energy sources, and also introducing
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TABLE 4. Planning and policy-making studies.

Paper Transport mode  Decision variables Objective functions Solution approach Model vali-
dation
Sayarshad et al.  Bike-sharing Fleet management Maximise company’s benefit Branch and bound approach Yes
(2012) [150]
Frade and  Bike-sharing Network design (station capacity) Maximise covered demand - No
Ribeiro (2015) and fleet sizing
[153]
Huetal. (2019)  Bike-sharing Network design (station location Minimise uncovered demand Gurobi No
[174] and capacity)
Zhang et al. Bike-sharing Network design (station capacity) Minimise design and operation Monte Carlo method Yes
(2019) [134] and fleet sizing and management costs
Lahoorpoor Bike-sharing Fleet management Minimise rebalancing  vehicle Genetic algorithm Yes
et al. (2019) mileage
[175]
Wauetal. (2019)  Bike-sharing Fleet management Maximise daily profit Ranking and selection (R&S) method Yes
[179]
Yang et al. Bike-sharing Network design (station location) Maximise covered demand and Genetic algorithm No
(2020) [78] minimise distance to a bike station
Muren et al. Bike-sharing Network design (station location) Maximise covered demand, CPLEX No
(2020) [73] and fleet sizing and management minimise workload, and minimise
transport distance
Soriguera Bike-sharing Network design (station location Minimise generalised costs Continuous approximations Yes
and  Jiménez- and capacity) and fleet management
Meroiio (2020)
[186]
Fan et al. Bike-sharing Fleet sizing and management Maximise profit and minimise re- Mean value analysis (MVA) algorithm; No
(2020) [182] balancing costs Flow equivalent server (FES)
Jia et al. (2020)  Bike-sharing Fleet management Minimise travelled distance, and Multistart multi-objective particle swarm  Yes
[191] maximise rebalancing utility optimisation (MS-MOPSO)
Luo et al. Bike-sharing Fleet management Minimise  rebalancing  vehicle  Gurobi Yes
(2020) [72] mileage
Askarzadeh Bike-sharing Network design (station location) Minimise distance in the network Location-allocation optimisation model ina ~ No
and Bridgelall GIS platform
(2021) [156]
Chang et al. Bike-sharing Fleet management Minimise generalised costs Hybrid metaheuristic algorithm that in-  Yes
(2021) [84] corporates variable neighbourhood search
(VNS) and enhanced simulated annealing
(ESA) algorithm
Zhang et al. Bike-sharing Fleet management Minimise vehicle’s transportation Hybridisation of adaptative genetic algo-  Yes
(2021) [82] time and passengers’ waiting time rithm (AGA) and Granular tabu search
(GTS)
Qian et al. Bike-sharing Network design (station location) Maximise accessibility and annual  Genetic algorithm Yes
(2022) [148] revenue
Fu et al. (2022)  Bike-sharing Network design (station location —Maximise revenue Row generation approach; algorithm pro-  Yes
[98] and capacity) and fleet management posed by the authors
Cao and Xu Bike-sharing Fleet management Minimise rebalancing amount and Improved multi-objective backtracking  Yes
(2022) [192] costs search genetic algorithm (IMBSGA)
Zhou et al. Bike-sharing Fleet management Minimise transportation costs Algorithm proposed by the authors (based  Yes
(2022) [101] on column generation and branch-and-price
algorithm)
Ceder et al. Bus Network design (station location) Minimises operation costs and user  Evolutionary Algorithm and CPLEX Yes
(2015) [199] access costs
Maetal. (2016) Bus Service area Maximise accessibility Algorithm branch sprouting (ABS), Algo-  Yes
[147] rithm branch pruning (ABP), Algorithm
merge-cluster (AMC), Algorithm tree graft-
ing (ATG)
Wuetal. (2016) Bus Operational aspects (dwell time, Minimise bus operational costs (de-  Algorithm proposed by the authors (pseudo- ~ Yes
[124] speed) lay, stops, acceleration) code presented)
Liuetal. (2017) Bus Bus scheduling Maximise ridership Branch and bound approach Yes
[62]
Nesheli et al. Bus Operational aspects (vehicle hold- Minimise total passengers’ travel ILOG Yes
(2017) [127] ing/boarding time, vehicle skipping time and maximise direct transfers
stops)
Liu and Ceder Bus Bus scheduling Minimise total passengers’ travel Deficit function (DF)-based sequential No
(2017) [169] time, passenger load discrepancy search
and fleet size
Ceylan and Bus Frequencies setting and timetable ~Minimise total passengers’ travel —Metaheuristic harmony search (HS) Yes
Ozcan (2018) development time and vehicle mileage
[193]
Ruano-Daza Bus Network design (routes) and fre- Minimise passengers’ travel time Multi-objective global-best harmony search ~ Yes
et al. (2018) quencies setting and operation costs (MOGBHS)
[194]
Gong et al. Bus Bus scheduling Minimise passenger travel cost and ~ Simulated annealing algorithm Yes
(2019) [67] operation costs
Jiaetal. (2019) Bus Network design (routes) Minimise total passengers’ travel — Algorithm proposed by the authors (pseudo-  No
[68] time code presented; includes the shortest path)
Pefia et al. Bus Bus scheduling Minimise operation costs and unsat- ~ Multi-objective Cellular genetic algorithm  Yes
(2019) [110] isfied user demand
Ren et al. Bus Network design (station location Minimise vehicle mileage VrpPd software (adaptive large neighbour-  Yes

(2020) [74]

and routes)

hood search with simulated annealing);
pseudo-code presented
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TABLE 4. (Continued.) Planning and policy-making studies.

Rinaldi et al. Bus Bus scheduling Minimise operation costs Decomposition scheme; CPLEX Yes
(2020) [185]
Yang and Liu Bus Frequencies setting and bus Minimise passengers’ waiting time  Two-phase algorithm (genetic algorithm /  Yes
(2020) [79] scheduling and vehicle energy consumption subjective weighting using multi-criteria
analysis)
Wang et al. Bus Network design (station location —Maximise ridership Heuristic method No
(2021) [76] and routes)
Sun et al. Bus Network design (routes) and bus Minimise operator costs and pas- Heuristic algorithm integrating a hybrid ge-  Yes
(2021) [89] scheduling sengers in-vehicle cost netic algorithm (HGA) and the adaptive
destroy-and-repair (ADAR) method
Tang et al. Bus Network design (routes) Minimise passengers’ travel time Network-based algorithm (pseudo-code  No
(2021) [90] presented; includes the shortest path)
Guan et al. Bus Network design (routes) and bus Minimise vehicle mileage LNS-Genetic algorithm Yes
(2022) [187] scheduling
Jiang  (2022) Bus Frequencies setting Maximise the network fairness and  Artificial bee colony algorithm Yes
[53] minimise travel costs
Lin and Hsieh Bus Network design (routes) Maximise profit and minimise con-  Multi-source  bidirectional ~ Gaussian-  Yes
(2022) [195] struction and maintenance costs prioritised spanning tree (BiasSpan)
Luetal. (2022) Bus Network design (routes), frequen- Minimise operation costs Hybrid genetic algorithm with alocal search ~ Yes
[164] cies setting, and fleet sizing
Mera and Car Road management Minimise vulnerability and individ- ~ Simulated annealing based algorithm No
Balijepalli ual travel time
(2020) [51]
Luo and Yang Car Road management Minimise total time cost Gurobi Yes
(2021) [160]
Bi et al. (2021) Car Road management Minimise user’s rewarding costs CVXPY No
[83]
Bi et al. (2022) Car Traffic management Minimise user’s rewarding costs Algorithm proposed by the authors (pseudo-  Yes
[94] code presented)
Ye et al. (2021)  Multimodal Network design (station location Maximise the total number of trips  Successive linear programming (SLP) Yes
[52] and capacity) generated and minimise stochastic
user equilibrium functions
Khoo et al. Multimodal Network design (corridor location) ~ Minimise the average travel time Microscopic traffic simulation and NSGA-  Yes
(2014) [190] (bus, car) I
Li et al. (2016) Multimodal Bus scheduling and fuel surcharges ~ Maximise the total social net benefit ~ Heuristic algorithm (based on Yes
[47] (bus, car) Hooke—Jeeves approach)
Haitao et al. Multimodal Network design (corridor location) ~ Maximise the average passenger Proportional-integral-derivative (PID) con-  Yes
(2019) [173] (bus, car) flow trollers
Gao et al. Multimodal Traffic management Minimise intersection delay Algorithm proposed by the authors (pseudo-  Yes
(2020) [70] (bus, car) code presented; includes simulation)
Marseglia et al. ~ Multimodal Network design (corridor location) ~ Maximise covered demand Heuristic GreCon (greedy constructive in-  No
(2019) [176] (bus, rail) sertion of edges)
Almasi et al. Multimodal Network design (routes), frequen- Minimise passenger costs, operator ~ Genetic algorithms and NSGA-II Yes
(2021) [196] (bus, rail) cies setting, and operational aspects  costs and unsatisfied demand costs
(dwell time)
Wang et al. Multimodal Network design (station location) Maximise vehicle mileage savings Gurobi Yes
(2021) [92] (rail, shared
mobility)
Kang et al. Rail Network design (corridor location) ~ Minimise generalised costs A genetic and GIS-based algorithm Yes
(2014) [152]
Chen et al. Rail Network design (station location Minimise travel costs Genetic algorithm Yes
(2016) [154] and routes)
Yue et al. Rail Timetable development and rail Minimise passengers’ waiting time, ~ Simulated annealing algorithm Yes
(2017) [63] scheduling operation costs, and train infeasibil-
ity
Garrisi and Rail Timetable development Minimise train delay Genetic algorithm; Gurobi Yes
Cervell6-Pastor
(2019) [172]
Hou et al. Rail Evacuation plan for rail transit line ~Maximise the total number of Genetic algorithm No
(2020) [71] emergency stranded passengers transferred
Zhou et al. Rail Frequencies setting and operational ~ Minimise total passengers’ travel Genetic algorithm Yes
(2021) [93] aspects (stop scheme and operation  time
time)
Zhao et al. Rail Rail scheduling and fleet manage- Minimise operation costs Two-stage approach (pseudo-code  Yes
(2022) [100] ment presented)
Murray and  Walking Network design (public lightning Minimise costs Branch and bound approach / Gurobi No
Feng (2016) location)
[109]

new balancing alternatives to the grid. Finally, it may be
possible to improve current models into more realistic ones by
implementing pilot projects of some technologies. These pilot
projects could provide real data for improving optimisation
modelling.

The analysis of environmental impacts and emissions can
be further improved, as in the current studies they generally

appear as secondary objectives or have little emphasis. This
gap can be addressed by expanding the evaluation of the envi-
ronmental impacts of the proposed technologies and systems,
creating more sophisticated emission models, incorporating
other pollutants besides CO, and, consequently, analysing
not only the environmental but also human health impacts
and considering pollutant emissions from different modes of
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TABLE 5. Environmental variables studies.

Paper Transport mode  Emissions Decision variables Objective functions Solution approach Model vali-
dation
Gamez-Pérez Bike-sharing CO, Network design (station loca- Minimise costs and maximise e-constraint method No
et al. (2019) tion) annual reduction in CO2 emis-
[131] sions
Wauetal. (2023)  Bike-sharing Carbon Fleet management Minimise operation costs and  Genetic algorithm No
[102] carbon emission costs
Janosikova Bus CcO Network design (routes), fre- Minimise passengers’ travel Tchebycheff-norm scalarization Yes
et al. (2012) quencies setting time, kilometres ridden by all
[118] vehicles, and the total amount
of emissions
Gouge et al. Bus CO2 Bus scheduling Minimise global warming com- ~CPLEX Yes
(2013) [119] equivalent, mitment, PM» 5 and the total
PMs 5 emissions
Ribau et al. Bus CO; equivalent  Vehicle design Minimise vehicle cost, fuel con-  Genetic algorithm and NSGA-II No
(2014) [120] sumption, and life cycle CO»
emissions
Ercan et al. Bus CO, SOz, NO;, Bus fleet composition Minimise life cycle costs and ~ Simplex No
(2015) [122] PMo, and emissions
PM2V5, COz
Jiménez and Bus CO, CO, Fleet assignment Minimise emissions CPLEX No
Romdn (2016) THC, NO, and
[123] PM
Bi et al. (2018) Bus GHG / CO2 Network design (charging facil-  Minimise life cycle costs and  Genetic algorithm Yes
[36] equivalent ity location) GHG emissions; minimise life
cycle costs and energy con-
sumption
Ribau et al. Bus CO; equivalent  Vehicle design Minimise life cycle CO2 emis- NSGA-II and spherical pruning Yes
(2018) [129] sions and maximise financial multi-objective differential evolu-
aspects tion algorithm (spMODE-II)
Duran et al. Bus CO2 Network design (routes), fre- Minimise total travel time and  Multi-objective genetic algorithm  Yes
(2019) [56] quencies setting CO. emissions (MGA)
Xylia et al. Bus GHG / CO2 Network design (charging facil- Minimise generalised costs, en- CPLEX Yes
(2019) [133] equivalent ity location) ergy consumption, and annual
emissions
Sunand Apland  Bus CO2,NOyx,PM  Bus scheduling Minimise operating costs, time- ~ OSICPLEX Yes
(2019) [132] and zone-specific performance
criteria, and emission levels
Zhang et al. Bus CO2 Fleet procurement and sizing, Minimise operator’s cost and  Genetic algorithm Yes
(2020) [81] frequencies setting, scheduling ~ passengers’ waiting time cost
Sadeghi et al. Bus Diesel exhaust Network design (routes), fre- Minimise operator and external ~ Cuckoo search algorithm Yes
(2021) [57] emissions quencies setting costs
Zhou et al. Bus PM: 5 Network design (charging facil-  Maximise environmental equity ~ Gurobi No
(2021) [39] ity location)
Kolak et al. Car NO. Traffic management Minimise total emission and NLPEC No
(2013) [44] travel times
Sun et al. Car co Toll placement Maximise total social welfare  Genetic algorithm Yes
(2016) [48] and equity, and minimise CO
emissions and travel costs
Kolak et al. Car NO, Traffic management Minimise total emission, Gini ~ Self-regulated averaging (SRA)and No
(2018) [49] coefficient, and travel times adapted NSGA-II
Bi et al. (2019) Car Multiple GHG  Network design (road segment  Minimise life cycle costs, GHG ~ Genetic algorithm Yes
[114] pollutants / deployment) emissions, and energy
CO- equivalent
Nguyen and Car CO2 Traffic management Minimise fuel consumption Algorithm based on ants’ swarmin-  Yes
Jung  (2021) telligence
[139]
Abudayyeh Car CO2 Traffic signal plan Minimise the travel time and  Cross-entropy method Yes
et al. (2021) CO2 emissions
[137]
Si et al. (2012)  Multimodal (¢(0] Policy variables Minimise social-cost (conges-  Algorithm proposed by the authors  Yes
[43] (bicycle, bus, tion and environment pollution)  (pseudo-code presented)
car) and users’ generalised travel
cost
Meng et al. Multimodal CO, CO2 Multimodal traffic assignment ~ Minimises generalised travel Particle swarm optimisation Yes
(2016) [55] (bicycle, bus, costs
car)
Li and Lu Multimodal Carbon Urban passenger traffic struc- Maximise transportation utility, —Ideal point method, linear weight-  Yes
(2021) [87] (bicycle, bus, ture and minimise ecological impact  ing method, and layered sequence
rail, car) and generalised cost method
Doorley et al. Multimodal GHG / CO2 Network design (cycling lanes Maximise societal benefit Genetic algorithm Yes
(2020) [135] (bicycle, car) equivalent deployment)
Yang et al. Multimodal CO, CO2 Car ownership and link flow Maximise zonal car numbers Sensitivity analysis based algorithm  Yes
(2008) [41] (bus, car) and minimise travel times
Sharma and  Multimodal NO,, CO, and Network design (road segment Minimises travel times and total ~ An improved version of NSGA-II Yes
Mathew (2011)  (bus, car) HC deployment) emissions
[42]
Ye et al. (2022)  Multimodal GHG / CO2 Network design (charging facil- ~ Minimises GHG emissions Gurobi No
[146] (bus, car) equivalent ity location)
Asghari et al. Multimodal CO2 Network design (routes) Minimise total transportation  Algorithm based on Pareto strength ~ Yes
(2022) [140] (bus, car, costs, staff dissatisfaction, and  ant colony optimisation (PSACO)
shared total carbon emissions
mobility)

VOLUME 12, 2024
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TABLE 5. (Continued.) Environmental variables studies.

Griswold et al. Multimodal GHG / CO2 Network design (station loca-
(2014) [143] (bus, rail) equivalent tion and routes), frequencies
setting
Qin and Zhang  Multimodal COg2, CO, NO, Policy variables
(2015) [61] (bus, rail) and CH
Yang et al. Multimodal CO, NO,, and Network design (station loca-
(2022) [145] (bus, rail) HC tion and routes), frequencies
setting

Feng et al. Multimodal CO Car ownership and number of
(2008) [40] (car, other trips

modes)
Qiang et al. Multimodal CO2 Urban passenger traffic struc-
(2018) [66] (walking, ture

bicycle,  bus,

rail, car)
Loy-Benitez Rail PMio Ventilation control system
et al. (2021)
[138]
KhathawatcharakuRail GHG / CO2 Network design (station loca-
and Limsawasd equivalent tion)
(2022) [144]
Aydin et al. Shared CO2 Network design (station loca-
(2022) [141] mobility tion)
Gandomani Shared CO2 Network  design  (routes),
et al. (2022) mobility scheduling, fleet sizing
[142]

Minimise user and agency costs - No

Maximise social welfare and
operators’ profit

Minimise hourly generalised
cost  (user,
emission costs)
Maximise car ownership and to-
tal number of trips by car and
non-car modes, and minimise
combined trip distribution and
assignment model

Minimise energy consumption

Standard backward approach No

Successive substitution solution ap- ~ Yes
operator, and proach

Genetic algorithm No

Artificial fish swarm algorithm No

(AFSA)

Minimise indoor PM1o concen- ~ Multi-objective harmony search No

tration and ventilation energy (MOHS)
consumption
Minimise passengers’ travel NSGA-II Yes

time and environmental impact

Minimise costs, CO2 emissions,
and unsatisfied demand
Minimise costs

Lexicographic weighted Tcheby- Yes
cheff method
NSGA-II Yes

transportation in urban transport systems. The resilience of
urban transport networks can also be better integrated into
optimisation models.

Other research opportunities are related to the expansion
of studies involving life cycle cost analysis, investigating
the long-term environmental impacts and emissions, making
the proposed systems more sustainable in the context of
climate emergency. This analysis would shed light on the
discussion of where to direct our efforts towards a fair and
sustainable transition on energy and mobility systems. Few
studies were found in the area of economic studies and
non-spatial measures. Despite being difficult to indicate a
research trend, it is possible to point out that more studies
are needed in terms of fuel and energy transition economical
incentives, financing of public transport and active transport
systems, such as subsidy schemes to cheapen transport
fares as a measure of mode shift. Also, contributions can
be made regarding the demand impact of fare integration
within different modes, systems, and operators. The conflict
between different operators / stakeholders regarding the share
of revenue within Maa$ services remains not addressed in the
optimisation literature field.

Other enhancements can be achieved to push the transport
optimisation area further, for example, by formulating and
solving more complex multi-objective or bi-level optimi-
sation problems, incorporating online control algorithms
into the proposed models, exploring hybrid algorithms for
improving both computation efficiency and solution quality,
and comparing the optimisation results of different heuristic
algorithms. As a final remark, the problem of model/network
complexity persists, i.e. more complex models are usually
applied in theoretical networks, lacking real applications.
On the other hand, models applied in real networks tend to
be more simplified. Thus, problems related to large-scale
networks continue to have modelling, solution, and computa-
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tional difficulties. Future research directions include handling
large-scale network problems and extending the models to
more complex transport networks, such as the multimodal
networks mentioned above and metropolitan areas’ networks,
which have several modes and operators.

VIl. CONCLUSION

This survey described the trends in the field of sustainable
urban mobility optimisation, considering passenger trans-
portation. Besides updating previous surveys/reviews that
focused on transport network planning, this survey synthe-
sised information on how optimisation techniques may con-
tribute to promote more sustainable transport modes, decar-
bonisation of the sector, and reduction of GHG emissions.

Several modelling aspects were shown, such as sus-
tainability aspects (economical, environmental, and social),
the nature of objective functions, the interests considered
in the modelling, and the network application. Around half
of the studies explicitly considered sustainability in the mod-
elling, but most of them addressed only the environmental
aspect of it. Also, most of the mathematical formulations
were done with single objective functions and considering the
operators’ perspective. From that, it was possible to suggest
that future research could be more focused on social aspects
of transport optimisation, with more complex models (multi-
level and/or multi-objective), and take into consideration
the interests of passengers, operators, and the community
simultaneously. Although most of the studies were applied
in real networks, handling large-scale networks remains one
problem to be addressed in the future.

Most of the studies focused on planning the transport
networks (bike-sharing, bus and rail systems, multimodal
networks) by defining infrastructure and/or operation aspects
as location of stations, corridors, routes, frequencies, and
vehicle scheduling. Concerning sustainability, the studies
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TABLE 6. Demand and traffic management studies.

Paper Transport mode  Decision variables Objective functions Solution approach Model vali-
dation

Liet al. (2012) Car Network design (routes) and Minimise total system travel disutility and eachroad ~ Sample average approximation  Yes
[58] policy variables user’s travel disutility (SAA)
Li et al. (2014) Car Urban land use and transporta- ~ Minimise flow pattern and maximise a robust risk- ~ Sample average approximation  Yes
[45] tion system averse function (SAA); simulated annealing
Maetal. (2014) Car Traffic management Minimise travel delay, stops, fuel consumption, and ~ Genetic algorithm Yes
[60] integrated performance index (including CO, HC

and NO, emissions)
Shahraki and  Car Housing allocation and network ~ Maximise reliability probability and utility, min-  e-constraint method Yes
Turkay (2014) design (link flow and capacity)  imise CO emission, and maximise utility value
[121]
Huang et al. Car Traffic management Maximise traffic flow and minimise the traffic vol-  Genetic algorithm Yes
(2015) [46] ume
Hammad et al. Car Land use (allocation), road net-  Minimise noise pollution, buildings’ construction  Lexicographic optimisation al-  Yes
(2019) [37] work expansion costs, total carbon emissions from users on the traf-  gorithm; CPLEX

fic network, and individual travel times
Lin and Zhang Car Land use (allocation) Minimise the total system travel time by land use  Dirichlet allocation algorithm, No
(2020) [50] allocation and path travel times a simulation-based heuristic al-

gorithm
Salman and Car Network modifications (to re- Minimises maximum traffic density and total vehi- NSGA-II Yes
Alaswad verse road traffic flow or to cles’ emissions cost
(2020) [136] leave it unaltered)
Niedzielski Multimodal - Minimise travel costs CPLEX Yes
et al. (2013)
[151]
Caietal. (2022) Multimodal Network design (station loca- Minimise total passengers’ travel times, construc-  Hybrid genetic search with Yes
[95] (bicycle, bus, tion and routes), frequencies tion costs, modal shift value, balanced use value advanced  diversity  control
rail, car, shared setting (HGSADC)
mobility)

Armas et al. Multimodal Frequencies setting, fleet sizing ~ Minimise traffic density and travel times e-Sampling and v-Hood  Yes
(2018) [197] (bus, car) (AeSvH) algorithm
Feng et al. Multimodal Modal split Minimise the difference between the actual and  Algorithm proposed by the au-  Yes
(2018) [64] (bus, car) targeted proportion of each transport mode after a  thors (pseudo-code presented)

combination of TDM policy instruments are imple-

mented
Dantsuji et al. Multimodal Network design (corridor loca-  Minimise congestion cost Algorithm proposed by the au-  Yes
(2021) [157] (bus, car) tion), policy variables thors (pseudo-code presented)
Amirgholy Multimodal Network design (routes), fre- Minimise passengers, operator, and external costs GAMS/Baron Yes
et al. (2017) (bus, rail, car) quencies setting, policy vari-
[125] ables
Dong et al. Multimodal Land use (allocation and den- ~Maximise ridership, land-use compactness, and de-  Improved NSGA-III Yes
(2022) [97] (rail, car) sity) gree of mixed land use, and minimise conflict level

between different adjacent land parcels, the pollu-

tion treatment cost, and the total walking distance

from station to destinations
Li et al. (2010)  Rail Land use (allocation and den- Maximise ridership, land-use compactness, degree  Two phases / parallel genetic al-  No
[59] sity) of mixed land use, and land value, and minimise  gorithm

conflict level between adjacent land use and the cost

of pollution control
Maetal. (2018) Rail Network design (station loca- Maximise ridership, land-use compactness and ac- Immune genetic algorithm No
[65] tion) cessibility, and conflict degree between adjacent (IGA)

land uses and the cost of pollution control
Berawi et al. Rail Land use (allocation) Maximise ridership Simplex method No
(2020) [181]
Liuetal. (2020) Rail Land use (allocation and den- Maximise economic and social value, and minimise ~ Genetic algorithm No
[38] sity) environmental impacts
Feng et al. Rail Land use (allocation and den- Maximise ridership and the land-use compactness, Improved NSGA-II No
(2021) [85] sity) and minimise connection costs of all the metro trips

resulting from the developments of all the undevel-

oped land cells, the total time cost, conflict degree

level between the adjacent land cells, negative envi-

ronmental impacts
Ruan et al. Rail Land use (allocation and den- Maximise ridership, land use compactness, overall Immune genetic algorithm  Yes
(2021) [88] sity) land use status, and minimise total road travel time, (IGA)

conflict level between different land types in adja-

cent cells, and negative environmental impacts
Xu and Yan Rail Urban land use and transporta- ~ Minimise land-compensation costs, road investment ~ Max—min ant system (MMAS) No
(2021) [91] tion system costs, passengers’ travel time, and maximise adapt- ~ algorithm integrated with the

ability degree and ridership Frank—Wolfe and Dial algo-

rithms

Sinha and  Walking Land use (allocation) Maximise net suitability CPLEX No

Griffith (2019)
[177]

that included environmental objectives and the pollutants
were detailed, while demand and traffic management
covered studies that integrated urban planning and land
use to transport planning, and congested networks analysis.
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Technological enhancements as EVs and energy planning
were also presented, covering the type of recharging facilities
and systems and the renewable energy sources found. Lastly,
non-spatial measures covered only a few articles discussing
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TABLE 7. Technology and energy studies.

Paper Transport mode  Decision variables Objective functions Solution approach Model vali-
dation

Balacco et al. Bike-sharing Network design (charging facil-  Minimise uncovered demand Genetic algorithm No
(2021) [188] ity capacity)
Kwag et al. Bike-sharing Network design (charging facil-  Minimise investment costs Genetic algorithm No
(2021) [159] ity location)
Huang and Li Bus Bus scheduling Minimise costs Label-correcting algorithm Yes
(2016) [155]
Sebastiani etal.  Bus Network design (charging facil- ~ Minimise the number of active charging stationsand ~ NSGA-II No
(2016) [198] ity location) the average extra stop time
Liu and Song Bus Network design (charging facil- ~ Minimises the total cost of batteries and charging CPLEX No
(2017) [103] ity location), vehicle design facilities
Wei et al. Bus Network design (charging facil- ~ Minimise vehicle purchasing and charging stations’  Gurobi No
(2018) [170] ity location) construction costs
Tliopoulou etal.  Bus Network design (routes, charg-  Minimises passengers’ costs and the number of fast ~ Multi-objective particle swarm  Yes
(2019) [200] ing facility location) chargers optimisation (MOPSO)
Abdelwahed Bus Charging schedule Minimise charging costs CPLEX Yes
et al. (2020)
[180]
Ifaei et al. Bus Energy network technology Minimise the total annualised cost of the PVs and NSGA-II Yes
(2020) [115] vehicle-specific-power
Moon et al. Bus Network design (charging facil-  Minimise the number of charging facilities Column generation techniques Yes
(2020) [184] ity location)
Yao et al. Bus Bus scheduling Minimise vehicle purchasing and operation costs Genetic algorithm Yes
(2020) [80]
Elkamel et al. Bus Power generating schedule Maximise profit Bender’s decomposition and In-  No
(2021) [105] teger L-shaped method
Gairola and Bus Network design (routes, and Maximise electrified vehicle mileage CPLEX Yes
Nezamuddin charging facility location and
(2022) [163] capacity), fleet sizing, vehicle

design
Manzolli et al. Bus Charging schedule Minimise daily operation costs CPLEX Yes
(2022) [165]
Wang et al. Bus Network design (charging facil-  Minimise annualised costs Gurobi Yes
(2022) [166] ity location), bus scheduling
Wang et al. Bus Network design (charging facil-  Minimise lifecycle costs Hybrid TS-IGA (tabu search -  Yes
(2022) [167] ity location), bus scheduling immune genetic algorithm) al-

gorithm

Zaneti et al. Bus Charging schedule Minimise operation costs Dynamic approach based on a  Yes
(2022) [108] rolling horizon method
Zhang et al. Bus Network design (charging facil-  Maximise traffic flow and minimise the total cost; NSGA-II Yes
(2022) [189] ity location) minimise network losses and voltage deviation
Huang and Car Charging schedule Minimise annualised purchasing, construction, and ~CPLEX Yes
Zhou  (2015) operation costs
[113]
He et al. (2016) Car Energy price Minimise power losses in the distribution grid and ~ SID-PSM  algorithm (pattern ~ No
[54] total travel cost search method)
Chakrabarti Car Power generating schedule Maximise annual profit; minimise CO2 emissions The modelling tool GAMS No
et al. (2019)
[130]
Tayarani et al. Car Charging schedule Minimise generalised costs Conopt-4 Yes
(2019) [178]
Mercan et al. Car Energy management Minimise purchasing, construction, maintenance, Rule-based decision-making No
(2020) [116] and operation costs, and maximise total revenue
Kavianipour Car Network design (charging facil- ~ Minimise construction costs and delay’s monetary ~ CPLEX; simulated annealing Yes
et al. (2021) ity location and capacity) value of all EV travellers that need recharging
[158]
Qin et al. Car Network design (routes) Minimise energy consumption Algorithm proposed by the au-  Yes
(2022) [99] thors (pseudo-code presented)
Gholami et al. Car Network design (charging fa- Minimise power loss, voltage deviation, and voltage  Differential evolution (DE) /  Yes
(2022) [201] cility location), energy network  unbalance factor fuzzy Pareto dominance (FPD)

technology
Piazza et al. Multimodal Energy network sizing (power Maximise annual profit Gurobi Yes
(2021) [106] (bicycle, bus, and capacity)

car, shared
mobility)

Beltran et al. Multimodal Network design (routes), fre- Minimise operator’s, passengers’ and external costs ~ Heuristic route generation algo- ~ Yes
(2009) [149] (bus, car) quencies setting, flows on the rithm (HRGA) and genetic al-

multimodal network gorithm (GA)
Brozynski and  Multimodal Energy network technology Minimise costs CPLEX Yes
Leibowicz (bus, car)
(2018) [128]
Allen and Rail Operational aspects (accelera- Minimise net energy consumption Genetic algorithm Yes
Chien (2021) tion, speed)
[111]
He et al. (2021)  Rail Network design (routes) Minimise train traction energy consumption Differential evolution algorithm ~ Yes
[86] based on mutated dichotomy
Chen et al. Rail Rail scheduling, operational as-  Minimise substation energy consumption Pseudo-spectral method Yes
(2022) [96] pects (acceleration, speed)
Allen and Rail Network design (charging fa- Minimise energy consumption and maximise net Genetic algorithm Yes
Chien (2023) cility location), operational as-  benefit
[112] pects (speed)
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TABLE 7. (Continued.) Technology and energy studies.

Bruglieri et al.  Shared Fleet management
(2017) [168] mobility

He et al. (2017)  Shared Service area

[126] mobility
He et al. (2020)  Shared Network design (charging facil-
[183] mobility ity location and capacity), fleet

management
Wang et al. Shared Fleet management
(2021) [77] mobility
Falabretti and  Shared
Gulotta (2022)  mobility
[117]
Corinaldesi Shared
et al. (2022) mobility
[162]
Lamedica et al. ~ Shared
(2022) [107] mobility

Charging schedule

Energy network technology

Fleet, charging schedule

Maximise profit
Maximise profit

Maximise annual profit

Maximise daily profit

Minimise operator’s energy costs

Minimise purchasing and electricity charging costs

Nearest neighbourhood heuris-  Yes
tic
CPLEX Yes

Algorithm proposed by the au-  Yes
thors (pseudo-code presented)

Genetic algorithm Yes

Hybridisations of the artificial ~ Yes
bee colony algorithm

Minimise energy consumption and costs Gurobi No

CPLEX No

TABLE 8. Non spatial studies.

Paper Transport mode  Decision variables Objective functions Solution approach Model vali-
dation
Agaton et al. Bus Technology investment Maximise the value of the investment Dynamic optimisation Yes

(2019) [171]

Niu and Clark  Multimodal Incentive plan for modal shift

Maximise social welfare

Polynomial time approximation ~ No

(2021) [161] (bus, car) algorithm
Abdallah et al. Multimodal Transportation alternatives for ~ Minimise social cost of negative environmental im-  e-constraint method Yes
(2020) [104] (walking, business commuters pacts and commuting time

bicycle,

bus, shared

mobility, car)
Wang and Deng ~ Rail
(2019) [69]
Wang et al. Rail
(2020) [75]

Subsidy plan

Rail frequencies setting, fares,
and subsidy plan

Minimise the difference between operation costs
and income
Minimise operational subsidy

Simulated annealing algorithm  Yes

Algorithm proposed by the au-  Yes
thors (pseudo-code presented)

investments, subsidies, and fares of public transport systems.
In this sense, the main research gaps were identified in the
area of urban passenger transport optimisation. The main
conclusions point toward including social and human health
benefits and quality of life promoted by sustainable transport
systems into the optimisation models. Regarding studies of
non-spatial measures, it was clear the potential for expanding
analyses of fare, subsidies, and public transport financing
optimisation as measures of mode shift.

Besides synthesising information on how optimisation
techniques are already applied for mitigating climate change
through urban and transport planning, topics for future
investigation are also provided, as well as directions
for enhancements to the optimisation models, allowing
researchers to make use of this comprehensive survey to
further deepen their studies in the transport sector, essential in
the context of climate emergency in which we find ourselves.

As a final remark, it is also important to point out that,
although optimisation techniques are methodologies with
high computational power, they often lack tools for modelling
citizen participation processes, i.e. despite having excellent
mathematical and computational performance, the models
can fail in basic aspects related to sustainable mobility
planning such as democratic participation. It should also be
emphasised that the modelling process can be affected by
the biases of the researchers themselves. These limitations
must be carefully considered when applying optimisation in
the area of transport planning, especially when using these
techniques to elaborate or give support to sustainable mobility
plans.

VOLUME 12, 2024

APPENDIX A
PLANNING STUDIES
See Table 4.

APPENDIX B
ENVIRONMENTAL VARIABLES STUDIES
See Table 5.

APPENDIX C
DEMAND AND TRAFFIC MANAGEMENT STUDIES
See Table 6.

APPENDIX D
TECHNOLOGY AND ENERGY STUDIES
See Table 7.

APPENDIX E
NON-SPATIAL STUDIES
See Table 8.

ACKNOWLEDGMENT
The authors would like to thank the University of
Duisburg-Essen and the Federal University of Sdo Carlos for
the facilities provided.

REFERENCES

[1] United Nations, “World cities report 2022: Envisaging the future of
cities,” United Nations Hum. Settlements Programme (UN-Habitat),
United Nations, Nairobi, Kenya, Tech. Rep., 2022.

[2] N. Agatz, M. Hewitt, and B. W. Thomas, ‘““Make no little plans’:
Impactful research to solve the next generation of transportation
problems,” Netw. Int. J., vol. 77, no. 2, pp. 269-286, Mar. 2021.

[3] D. Banister, “The sustainable mobility paradigm,” Transp. Policy,
vol. 15, no. 2, pp. 73-80, Mar. 2008.

63043



IEEE Access

T. Borchers et al.: Comprehensive Survey and Future Directions on Optimising Sustainable Urban Mobility

[4]

(6]

[7]

[8]

[10]

[11]

[12]

[13]

[14]

[15]

[16]

[17]

[18]

[19]

[20]

[21]

[22]

[23]

[24]

[25]

[26]

[27]

63044

K. Nakamura and Y. Hayashi, ‘“Strategies and instruments for low-carbon
urban transport: An international review on trends and effects,” Transp.
Policy, vol. 29, pp. 264-274, Sep. 2013.

SLOCAT, “Transport and climate change global status report 2018,”
Partnership Sustain. Low Carbon Transp., Utrecht, The Netherlands,
Tech. Rep., 2018.

S. Aminzadegan, M. Shahriari, F. Mehranfar, and B. Abramovic, “‘Factors
affecting the emission of pollutants in different types of transportation: A
literature review,” Energy Rep., vol. 8, pp. 2508-2529, Nov. 2022.
SLOCAT, “Transport and climate change global status report 2nd
edition,” Partnership Sustain. Low Carbon Transp., Utrecht, The
Netherlands, Tech. Rep., 2021.

V. Guihaire and J.-K. Hao, “Transit network design and scheduling:
A global review,” Transp. Res. A, Policy Pract., vol. 42, no. 10,
pp. 1251-1273, Dec. 2008.

R. Z. Farahani, E. Miandoabchi, W. Y. Szeto, and H. Rashidi, “A review
of urban transportation network design problems,” Eur. J. Oper. Res.,
vol. 229, no. 2, pp. 281-302, Sep. 2013.

K. Kepaptsoglou and M. Karlaftis, “Transit route network design
problem: Review,” J. Transp. Eng., vol. 135, no. 8, pp.491-505,
Aug. 2009.

A. Sdoukopoulos, M. Pitsiava-Latinopoulou, S. Basbas, and P. Papaioan-
nou, ‘“Measuring progress towards transport sustainability through
indicators: Analysis and metrics of the main indicator initiatives,” Transp.
Res. D, Transp. Environ., vol. 67, pp. 316-333, Feb. 2019.

L. Kraus and H. Proff, “Sustainable urban transportation criteria and
measurement—A systematic literature review,” Sustainability, vol. 13,
no. 13, p. 7113, Jun. 2021.

P. Miller, A. G. de Barros, L. Kattan, and S. C. Wirasinghe, ‘“Public
transportation and sustainability: A review,” KSCE J. Civil Eng., vol. 20,
no. 3, pp. 1076-1083, Apr. 2016.

S. C. Kwan and J. H. Hashim, “A review on co-benefits of mass public
transportation in climate change mitigation,”” Sustain. Cities Soc., vol. 22,
pp. 11-18, Apr. 2016.

A. K. V. K. Reddy and K. V. L. Narayana, “Meta-heuristics optimization
in electric vehicles -an extensive review,” Renew. Sustain. Energy Rev.,
vol. 160, May 2022, Art. no. 112285.

H. Si, J.-G. Shi, G. Wu, J. Chen, and X. Zhao, ‘“Mapping the bike
sharing research published from 2010 to 2018: A scientometric review,”
J. Cleaner Prod., vol. 213, pp. 415-427, Mar. 2019.

United Nations, “Transforming our world: The 2030 Agenda for
sustainable development,” United Nations, New York, NY, USA, Tech.
Rep., 2015.

S. E. Bibri and J. Krogstie, “Smart sustainable cities of the future: An
extensive interdisciplinary literature review,” Sustain. Cities Soc., vol. 31,
pp. 183-212, May 2017.

S. E. Bibri and J. Krogstie, “On the social shaping dimensions of smart
sustainable cities: A study in science, technology, and society,” Sustain.
Cities Soc., vol. 29, pp. 219-246, Feb. 2017.

J. R. Kenworthy, “The eco-city: Ten key transport and planning
dimensions for sustainable city development,” Environ. Urbanization,
vol. 18, no. 1, pp. 67-85, Apr. 2006.

United Nations, “Report of the world commission on environment and
development—Our common future,” United Nations, Oslo, Norway,
Tech. Rep., 1987.

L. Giorgi, “Sustainable mobility. Challenges, opportunities and
conflicts—A social science perspective,” Int. Social Sci. J., vol. 55,
no. 176, pp. 179-183, Jun. 2003.

D. Banister, Unsustainable Transport: City Transport in the New Century.
Evanston, IL, USA: Routledge, 2005.

D. A. Sarigiannis, P. Kontoroupis, S. Nikolaki, A. Gotti, D. Chapizanis,
and S. Karakitsios, “Benefits on public health from transport-related
greenhouse gas mitigation policies in southeastern European cities,” Sci.
Total Environ., vol. 579, pp. 1427-1438, Feb. 2017.

W. Canzler and D. Wittowsky, “The impact of Germany’s energiewende
on the transport sector—Unsolved problems and conflicts,” Utilities
Policy, vol. 41, pp. 246-251, Aug. 2016.

G. Santos, H. Behrendt, and A. Teytelboym, “Part II: Policy instruments
for sustainable road transport,” Res. Transp. Econ., vol. 28, no. 1,
pp. 46-91, Jan. 2010.

K. P. De-Toledo, S. O’Hern, and S. Koppel, “Travel behaviour change
research: A scientometric review and content analysis,” Travel Behav.
Soc., vol. 28, pp. 141-154, Jul. 2022.

[28]

[29]

[30]

[31]

[32]

[33]

[34]

[35]

[36]

[37]

[38]

[39]

[40]

[41]

[42]

[43]

[44]

[45]

[46]

[47]

L. Chapman, “Transport and climate change: A review,” J. Transp.
Geography, vol. 15, no. 5, pp. 354-367, Sep. 2007.

J. Woodcock, P. Edwards, C. Tonne, B. G. Armstrong, O. Ashiru,
D. Banister, S. Beevers, Z. Chalabi, Z. Chowdhury, A. Cohen,
O. H. Franco, A. Haines, R. Hickman, G. Lindsay, I. Mittal, D. Mohan,
G. Tiwari, A. Woodward, and I. Roberts, ‘“Public health benefits of
strategies to reduce greenhouse-gas emissions: Urban land transport,”
Lancet, vol. 374, no. 9705, pp. 1930-1943, Dec. 2009.

E. A. Haddad, G. J. D. Hewings, A. A. Porsse, E. S. Van Leeuwen,
and R. S. Vieira, “The underground economy: Tracking the higher-order
economic impacts of the Sdo Paulo subway system,” Transp. Res. A,
Policy Pract., vol. 73, pp. 18-30, Mar. 2015.

H. M. Alessio, D. R. Bassett, M. J. Bopp, B. B. Parr, G. S. Patch,
J. W. Rankin, D. Rojas-Rueda, M. W. Roti, and J. R. Wojcik, “Climate
change, air pollution, and physical inactivity: Is active transportation part
of the solution?”” Med. Sci. Sports Exercise, vol. 53, no. 6, pp. 1170-1178,
Jun. 2021.

C. O. Cruz and J. M. Sarmento, “‘Mobility as a service’ platforms:
A critical path towards increasing the sustainability of transportation
systems,” Sustainability, vol. 12, no. 16, p. 6368, 2020.

K. Pangbourne, M. N. Mladenovic¢, D. Stead, and D. Milakis, “Ques-
tioning mobility as a service: Unanticipated implications for society
and governance,” Transp. Res. A, Policy Pract., vol. 131, pp. 35-49,
Jan. 2020.

R. Ruggieri, M. Ruggeri, G. Vinci, and S. Poponi, “Electric mobility
in a smart city: European overview,” Energies, vol. 14, no. 2, p. 315,
Jan. 2021.

D. Tranfield, D. Denyer, and P. Smart, “Towards a methodology for
developing evidence-informed management knowledge by means of
systematic review,” Brit. J. Manage., vol. 14, no. 3, pp.207-222,
Sep. 2003.

Z. Bi, G. A. Keoleian, and T. Ersal, “Wireless charger deployment for
an electric bus network: A multi-objective life cycle optimization,” Appl.
Energy, vol. 225, pp. 1090-1101, Sep. 2018.

A.Hammad, A. Akbarnezhad, A. Haddad, and E. Vazquez, ““Sustainable
zoning, land-use allocation and facility location optimisation in smart
cities,” Energies, vol. 12, no. 7, p. 1318, Apr. 2019.

L. Liu, M. Zhang, and T. Xu, “A conceptual framework and implementa-
tion tool for land use planning for corridor transit oriented development,”
Cities, vol. 107, Dec. 2020, Art. no. 102939.

Y. Zhou, X. C. Liu, R. Wei, and A. Golub, “Bi-objective optimization
for battery electric bus deployment considering cost and environmental
equity,” IEEE Trans. Intell. Transp. Syst., vol. 22, no. 4, pp. 2487-2497,
Apr. 2021.

T. Feng, J. Zhang, and A. Fujiwara, “An integrated modeling framework
for environmentally efficient car ownership and trip balance,” IATSS Res.,
vol. 32, no. 2, pp. 95-108, 2008.

Z. Yang, G. Chen, and B. Yu, “Car ownership level for a sustainability
urban environment,” Transp. Res. D, Transp. Environ., vol. 13, no. 1,
pp. 10-18, Jan. 2008.

S. Sharma and T. V. Mathew, ‘“Multiobjective network design for
emission and travel-time trade-off for a sustainable large urban trans-
portation network,” Environ. Planning B, Planning Design, vol. 38, no. 3,
pp. 520-538, Jun. 2011.

B. Si, M. Zhong, X. Yang, and Z. Gao, ‘““Modeling the congestion cost and
vehicle emission within multimodal traffic network under the condition
of equilibrium,” J. Syst. Sci. Syst. Eng., vol. 21, no. 4, pp. 385-402,
Dec. 2012.

O. L. Kolak, O. Feyzioglu, S. I. Birbil, N. Noyan, and S. Yalcindag,
“Using emission functions in modeling environmentally sustainable
traffic assignment policies,” J. Ind. Manage. Optim., vol. 9, no. 2,
pp. 341-363, 2013.

Z.-C.Li, Z.-K. Li,and W. H. K. Lam, “An integrated design of sustainable
land use and transportation system with uncertainty in future population,”
Transportmetrica A, Transp. Sci., vol. 10, no. 2, pp. 160-185, Feb. 2014.
B. Huang, Z. Pan, and G. Wang, “A methodology to control urban traffic
noise under the constraint of environmental capacity: A case study of a
double-decision optimization model,” Transp. Res. D, Transp. Environ.,
vol. 41, pp. 257-270, Dec. 2015.

Z.-C. Li, Y. Yin, W. H. K. Lam, and A. Sumalee, ‘“Simultaneous
optimization of fuel surcharges and transit service runs in a multimodal
transport network: A time-dependent activity-based approach,” Transp.
Lett., vol. 8, no. 1, pp. 35-46, Jan. 2016.

VOLUME 12, 2024



T. Borchers et al.: Comprehensive Survey and Future Directions on Optimising Sustainable Urban Mobility

IEEE Access

[48]

[49]

[50]

[51]

[52]

[53]

[54]

[55]

[56]

[57]

[58]

[59]

[60]

[61]

[62]

[63]

[64]

[65]

[66]

[67]

[68]

[69]

X. Sun, Z.-Y. Liu, R. G. Thompson, Y.-M. Bie, J.-X. Weng, and
S.-Y. Chen, “A multi-objective model for cordon-based congestion
pricing schemes with nonlinear distance tolls,” J. Central South Univ.,
vol. 23, no. 5, pp. 1273-1282, May 2016.

0. Kolak, O. Feyzioglu, and N. Noyan, “Bi-level multi-objective traffic
network optimisation with sustainability perspective,” Expert Syst. Appl.,
vol. 104, pp. 294-306, Aug. 2018.

H. Lin and Y. Zhang, “Transportation-oriented spatial allocation of land
use development: A simulation-based optimization method,” Simulation,
vol. 96, no. 7, pp. 583-591, Jul. 2020.

A. P. Mera and C. Balijepalli, “Towards improving resilience of cities:
An optimisation approach to minimising vulnerability to disruption due
to natural disasters under budgetary constraints,” Transportation, vol. 47,
no. 4, pp. 1809-1842, Aug. 2020.

J. Ye, Y. Jiang, J. Chen, Z. Liu, and R. Guo, “Joint optimisation of transfer
location and capacity for a capacitated multimodal transport network with
elastic demand: A bi-level programming model and paradoxes,” Transp.
Res. E, Logistics Transp. Rev., vol. 156, Dec. 2021, Art. no. 102540.

Y. Jiang, “Reliability-based equitable transit frequency design,” Trans-
portmetrica A, Transp. Sci., vol. 18, no. 3, pp. 879-909, Dec. 2022.

F. He, Y. Yin, J. Wang, and Y. Yang, “‘Sustainability Si: Optimal prices of
electricity at public charging stations for plug-in electric vehicles,” Netw.
Spatial Econ., vol. 16, no. 1, pp. 131-154, Mar. 2016.

M. Meng, C. Shao, Y. D. Wong, and J. Zhang, “Multimodal traffic
assignment with traffic emission effects,” Proc. Inst. Civil Eng. Eng.
Sustainability, vol. 169, no. 3, pp. 114-122, Jun. 2016.

J. Duran, L. Pradenas, and V. Parada, “Transit network design with
pollution minimization,” Public Transp., vol. 11, no. 1, pp. 189-210,
Jun. 2019.

M. Sadeghi, I. Aghayan, and M. Ghaznavi, “A cuckoo search based
approach to design sustainable transit network,” Transp. Lett., vol. 13,
no. 9, pp. 635-648, Oct. 2021.

Z.-C.Li, W. H. K. Lam, S. C. Wong, and A. Sumalee, ‘“‘Environmentally
sustainable toll design for congested road networks with uncertain
demand,” Int. J. Sustain. Transp., vol. 6, no. 3, pp. 127-155, May 2012.
Y. Li, H. L. Guo, H. Li, G. H. Xu, Z. R. Wang, and C. W. Kong,
“Transit-oriented land planning model considering sustainability of mass
rail transit,” J. Urban Planning Develop., vol. 136, no. 3, pp. 243-248,
Sep. 2010.

X.Ma,J. Jin, and W. Lei, ‘““Multi-criteria analysis of optimal signal plans
using microscopic traffic models,” Transp. Res. D, Transp. Environ.,
vol. 32, pp. 1-14, Oct. 2014.

F. Qin and X. Zhang, “Designing an optimal subsidy scheme to reduce
emissions for a competitive urban transport market,” Sustainability,
vol. 7, no. 9, pp. 11933-11948, Aug. 2015.

Y. Liu, C. Liu, N. J. Yuan, L. Duan, Y. Fu, H. Xiong, S. Xu, and J. Wu,
“Intelligent bus routing with heterogeneous human mobility patterns,”
Knowl. Inf. Syst., vol. 50, no. 2, pp. 383-415, Feb. 2017.

Y. Yue, J. Han, S. Wang, and X. Liu, “Integrated train timetabling and
rolling stock scheduling model based on time-dependent demand for
urban rail transit: Integrated train timetabling and rolling stock scheduling
model based on time-dependent demand for urban rail transit,” Comput.-
Aided Civil Infrastruct. Eng., vol. 32, no. 10, pp. 856-873, Oct. 2017.

S. Feng, X. Shen, and B. Hu, “Optimization of traffic demand
management policy in China: Towards a sustainable mode split,” Transp.
Planning Technol., vol. 41, no. 2, pp. 198-210, Feb. 2018.

X. Ma, X. Chen, X. Li, C. Ding, and Y. Wang, ‘“‘Sustainable station-level
planning: An integrated transport and land use design model for transit-
oriented development,” J. Cleaner Prod., vol. 170, pp. 1052-1063,
Jan. 2018.

Y. Qiang, G. Tian, Y. Liu, and Z. Li, “Energy-efficiency models of
sustainable urban transportation structure optimization,” IEEE Access,
vol. 6, pp. 18192-18199, 2018.

L. Gong, Y. Li, and D. Xu, “Combinational scheduling model considering
multiple vehicle sizes,” Sustainability, vol. 11,no. 19, p. 5144, Sep. 2019.
G.-L. Jia, R.-G. Ma, and Z.-H. Hu, “Urban transit network properties
evaluation and optimization based on complex network theory,” Sustain-
ability, vol. 11, no. 7, p. 2007, Apr. 2019.

Q. Wang and L. Deng, “Integrated optimization method of operational
subsidy with fare for urban rail transit,” Comput. Ind. Eng., vol. 127,
pp. 1153-1163, Jan. 2019.

VOLUME 12, 2024

[70]

[71]

[72]

[73]

[74]

[75]

[76]

[77]

[78]

[79]

[80]

[81]

[82]

[83]

[84]

[85]

[86]

[87]

[88]

[89]

[90]

[91]

Q. Gao, S. Zhang, G. Chen, and Y. Du, “Two-way cooperative priority
control of bus transit with stop capacity constraint,” Sustainability,
vol. 12, no. 4, p. 1405, Feb. 2020.

B. Hou, Y. Cao, D. Lv, and S. Zhao, “Transit-based evacuation for
urban rail transit line emergency,” Sustainability, vol. 12, no. 9, p. 3919,
May 2020.

H. Luo, F. Zhao, W.-Q. Chen, and H. Cai, “Optimizing bike sharing
systems from the life cycle greenhouse gas emissions perspective,”
Transp. Res. C, Emerg. Technol., vol. 117, Aug. 2020, Art. no. 102705.
H. Li, S. K. Mukhopadhyay, J.-J. Wu, L. Zhou, and Z. Du, “Balanced
maximal covering location problem and its application in bike-sharing,”
Int. J. Prod. Econ., vol. 223, May 2020, Art. no. 107513.

H. Ren, Z. Wang, and Y. Chen, “Optimal express bus routes design
with limited-stop services for long-distance commuters,” Sustainability,
vol. 12, no. 4, p. 1669, Feb. 2020.

Q. Wang, L. Deng, and G. Xu, “Operational subsidy optimization in
urban rail transit under the break-even mode: Considering two fare
regimes,” Comput. Ind. Eng., vol. 149, Nov. 2020, Art. no. 106739.

Z. Wang, F. Lan, Z. Lin, and L. Lian, “A heuristic method for bus
rapid transit planning based on the maximum trip service,” Sustainability,
vol. 13, no. 11, p. 6325, Jun. 2021.

N. Wang, S. Jia, and Q. Liu, “A user-based relocation model for one-
way electric carsharing system based on micro demand prediction and
multi-objective optimization,” J. Cleaner Prod., vol. 296, May 2021,
Art. no. 126485.

L. Yang, F. Zhang, M.-P. Kwan, K. Wang, Z. Zuo, S. Xia, Z. Zhang,
and X. Zhao, “Space-time demand cube for spatial-temporal coverage
optimization model of shared bicycle system: A study using big bike GPS
data,” J. Transp. Geography, vol. 88, Oct. 2020, Art. no. 102861.

X. Yang and L. Liu, “A multi-objective bus rapid transit energy saving
dispatching optimization considering multiple types of vehicles,” IEEE
Access, vol. 8, pp. 79459-79471, 2020.

E. Yao, T. Liu, T. Lu, and Y. Yang, “Optimization of electric vehicle
scheduling with multiple vehicle types in public transport,” Sustain.
Cities Soc., vol. 52, Jan. 2020, Art. no. 101862.

S. Zhang, A. A. Ceder, and Z. Cao, “Integrated optimization for
feeder bus timetabling and procurement scheme with consideration
of environmental impact,” Comput. Ind. Eng., vol. 145, Jul. 2020,
Art. no. 106501.

J. Zhang, M. Meng, Y. D. Wong, P. Ieromonachou, and D. Z. W. Wang,
“A data-driven dynamic repositioning model in bicycle-sharing sys-
tems,” Int. J. Prod. Econ., vol. 231, Jan. 2021, Art. no. 107909.

H. Bi, W.-L. Shang, Y. Chen, K. Wang, Q. Yu, and Y. Sui, “GIS aided
sustainable urban road management with a unifying queueing and neural
network model,” Appl. Energy, vol. 291, Jun. 2021, Art. no. 116818.

X. Chang, J. Wu, H. Sun, G. H. D. A. Correia, and J. Chen, ‘‘Relocating
operational and damaged bikes in free-floating systems: A data-driven
modeling framework for level of service enhancement,” Transp. Res. A,
Policy Pract., vol. 153, pp. 235-260, Nov. 2021.

X.Feng,Z. Tao, X. Niu, and Z. Ruan, “Multi-objective land use allocation
optimization in view of overlapped influences of rail transit stations,”
Sustainability, vol. 13, no. 23, p. 13219, Nov. 2021.

D. He, L. Zhang, S. Guo, Y. Chen, S. Shan, and H. Jian, “Energy-efficient
train trajectory optimization based on improved differential evolution
algorithm and multi-particle model,” J. Cleaner Prod., vol. 304, Jul. 2021,
Art. no. 127163.

Y. Li and S. Lu, “Study on the optimization of urban passenger traffic
structure based on multi-objective linear programming—A case study
of Beijing,” Environ. Sci. Pollut. Res., vol. 28, no. 8, pp. 10192-10206,
Feb. 2021.

Z. Ruan, X. Feng, F. Wu, C. Ding, and W. Hua, “Land use and transport
integration modeling with immune genetic optimization for urban transit-
oriented development,” J. Urban Planning Develop., vol. 147, no. 1,
Mar. 2021, Art. no. 04020063.

Q. Sun, S. Chien, D. Hu, and X. Chen, “Optimizing customized
transit service considering stochastic bus arrival time,” J. Adv. Transp.,
vol. 2021, pp. 1-19, Dec. 2021.

C. Tang, A. Ceder, Y.-E. Ge, and T. Liu, “Optimal operational strategies
for single bus lines using network-based method,” Int. J. Sustain. Transp.,
vol. 15, no. 5, pp. 325-337, Mar. 2021.

H. Xu and Y. Yan, “Integrated planning model of land-use layout and
transportation network design for regional urbanization in China based
on TOD theory,” J. Urban Planning Develop., vol. 147, no. 2, Jun. 2021.

63045



IEEE Access

T. Borchers et al.: Comprehensive Survey and Future Directions on Optimising Sustainable Urban Mobility

[92]

[93]

[94]

[95]

[96]

[97]

[98]

[99]

[100]

[101]

[102]

[103]

[104]

[105]

[106]

[107]

[108]

[109]

[110]

63046

R. Wang, F. Chen, X. Liu, X. Liu, Z. Li, and Y. Zhu, “A matching
model for door-to-door multimodal transit by integrating taxi-sharing and
subways,” ISPRS Int. J. Geo-Inf., vol. 10, no. 7, p. 469, Jul. 2021.

S. Zhou, H. Liu, B. Wang, B. Chen, Y. Zhou, and W. Chang, “Public
norms in the operation scheme of urban rail transit express trains: The case
of the Beijing changping line,” Sustainability, vol. 13, no. 13, p. 7187,
Jun. 2021.

H. Bi, W.-L. Shang, Y. Chen, K. Yu, and W. Y. Ochieng, ““An incentive
based road traffic control mechanism for COVID-19 pandemic alike
emergency preparedness and response,” IEEE Trans. Intell. Transp. Syst.,
vol. 23, no. 12, pp. 25092-25105, Dec. 2022.

Y. Cai, J. Chen, D. Lei, and J. Yu, “The integration of multimodal
networks: The generalized modal split and collaborative optimiza-
tion of transportation hubs,” J. Adv. Transp., vol. 2022, pp. 1-32,
Dec. 2022.

M. Chen, Q. Wang, P. Sun, and X. Feng, “Train control and schedule
integrated optimization with reversible substations,” IEEE Trans. Veh.
Technol., vol. 72, no. 2, pp. 1586-1600, Feb. 2023.

S. Dong, Y. Wang, M. Dou, Y. Gu, P. Zhang, and J. Gong, “A
multiobjective land use design framework with geo-big data for station-
level transit-oriented development planning,” ISPRS Int. J. Geo-Inf.,
vol. 11, no. 7, p. 364, Jun. 2022.

C. Fu, N. Zhu, S. Ma, and R. Liu, “A two-stage robust approach to
integrated station location and rebalancing vehicle service design in
bike-sharing systems,” Eur. J. Oper. Res., vol. 298, no. 3, pp. 915-938,
May 2022.

Z. Qin, H. Shao, F. Wang, Y. Feng, and L. Shen, “A reliable energy
consumption path finding algorithm for electric vehicles considering
the correlated link travel speeds and waiting times at signalized
intersections,” Sustain. Energy, Grids Netw., vol. 32, Dec. 2022,
Art. no. 100877.

S. Zhao, J. Wu, Z. Li, and G. Meng, “Train operational plan
optimization for urban rail transit lines considering circulation balance,”
Sustainability, vol. 14, no. 9, p. 5226, Apr. 2022.

Y. Zhou, Q. Li, X. Yue, J. Nie, and Q. Guo, “A novel predict-then-
optimize method for sustainable bike-sharing management: A data-driven
study in China,” Ann. Oper. Res., vol. 20, pp. 1-33, Sep. 2022.

X. Wu, J. Lin, Y. Yang, and J. Guo, “A digital decision approach
for scheduling process planning of shared bikes under Internet of
Things environment,” Appl. Soft Comput., vol. 133, Jan. 2023,
Art. no. 109934.

Z. Liu and Z. Song, “Robust planning of dynamic wireless charging
infrastructure for battery electric buses,” Transp. Res. C, Emerg. Technol.,
vol. 83, pp. 77-103, Oct. 2017.

M. Abdallah, A. M. Tawfik, S. Monghasemi, C. M. Clevenger, and
B. A. Adame, “Developing commute optimization system to minimize
negative environmental impacts and time of business commuters,” Int. J.
Sustain. Transp., vol. 14, no. 2, pp. 101-119, Jan. 2020.

M. Elkamel, A. Ahmadian, A. Diabat, and Q. P. Zheng, “Stochastic
optimization for price-based unit commitment in renewable energy-based
personal rapid transit systems in sustainable smart cities,” Sustain. Cities
Soc., vol. 65, Feb. 2021, Art. no. 102618.

G. Piazza, S. Bracco, F. Delfino, and S. Siri, ““Optimal design of electric
mobility services for a local energy community,” Sustain. Energy, Grids
Netw., vol. 26, Jun. 2021, Art. no. 100440.

R. Lamedica, M. Maccioni, A. Ruvio, F. Carere, N. Mortelliti,
F. M. Gatta, and A. Geri, “Optimization of e-mobility service for disabled
people using a multistep integrated methodology,” Energies, vol. 15,
no. 8, p. 2751, Apr. 2022.

L. A. L. Zaneti, N. B. Arias, M. C. de Almeida, and M. J. Rider,
“Sustainable charging schedule of electric buses in a university campus:
A rolling horizon approach,” Renew. Sustain. Energy Rev., vol. 161,
Jun. 2022, Art. no. 112276.

A. T. Murray and X. Feng, “Public street lighting service standard
assessment and achievement,” Socio-Econ. Planning Sci., vol. 53,
pp. 14-22, Mar. 2016.

D. Pefia, A. Tchernykh, S. Nesmachnow, R. Massobrio, A. Feoktistov,
I. Bychkov, G. Radchenko, A. Y. Drozdov, and S. N. Garicheyv,
“Operating cost and quality of service optimization for multi-vehicle-
type timetabling for urban bus systems,” J. Parallel Distrib. Comput.,
vol. 133, pp. 272-285, Nov. 2019.

[111]

[112]

[113]

[114]

[115]

[116]

[117]

[118]

[119]

[120]

[121]

[122]

[123]

[124]

[125]

[126]

[127]

[128]

[129]

[130]

[131]

L. Allen and S. Chien, “Application of regenerative braking with
optimized speed profiles for sustainable train operation,” J. Adv. Transp.,
vol. 2021, pp. 1-12, Sep. 2021.

L. Allen and S. Chien, “Optimizing locations of energy storage devices
and speed profiles for sustainable urban rail transit,” J. Infrastruct. Syst.,
vol. 29, no. 1, Mar. 2023, Art. no. 04023003.

Y. Huang and Y. Zhou, “An optimization framework for workplace charg-
ing strategies,” Transp. Res. C, Emerg. Technol., vol. 52, pp. 144155,
Mar. 2015.

Z. Bi, G. A. Keoleian, Z. Lin, M. R. Moore, K. Chen, L. Song,
and Z.Zhao, “Life cycle assessment and tempo-spatial optimization
of deploying dynamic wireless charging technology for electric cars,”
Transp. Res. C, Emerg. Technol., vol. 100, pp. 53—67, Mar. 2019.

P. Ifaei, H. Khiabani, M. J. Piran, and C. Yoo, “Techno-econo-
environmental feasibility of retrofitting urban transportation system with
optimal solar panels for climate change mitigation—A case study,”
J. Cleaner Prod., vol. 251, Apr. 2020, Art. no. 119639.

M. C. Mercan, M. O. Kayalica, G. Kayakutlu, and S. Ercan, “Economic
model for an electric vehicle charging station with vehicle-to-grid
functionality,” Int. J. Energy Res., vol. 44, no. 8, pp.6697-6708,
Jun. 2020.

D. Falabretti and F. Gulotta, ‘A nature-inspired algorithm to enable the E-
mobility participation in the ancillary service market,” Energies, vol. 15,
no. 9, p. 3023, Apr. 2022.

L. Janosikova, M. Kohani, M. Blaton, and D. Teichmann, “Optimization
of the urban line network using a mathematical programming approach,”
Int. J. Sustain. Develop. Planning, vol. 7, no. 3, pp. 288-301, Sep. 2012.
B. Gouge, H. Dowlatabadi, and F. J. Ries, ‘“Minimizing the health and
climate impacts of emissions from heavy-duty public transportation bus
fleets through operational optimization,” Environ. Sci. Technol., vol. 47,
no. 8, pp. 3734-3742, Apr. 2013.

J.P.Ribau, C. M. Silva, and J. M. C. Sousa, “Efficiency, cost and life cycle
CO, optimization of fuel cell hybrid and plug-in hybrid urban buses,”
Appl. Energy, vol. 129, pp. 320-335, Sep. 2014.

N. Shahraki and M. Turkay, “Analysis of interaction among land use,
transportation network and air pollution using stochastic nonlinear pro-
gramming,” Int. J. Environ. Sci. Technol., vol. 11, no. 8, pp. 2201-2216,
Nov. 2014.

T. Ercan, Y. Zhao, O. Tatari, and J. A. Pazour, “Optimization of transit
bus fleet’s life cycle assessment impacts with alternative fuel options,”
Energy, vol. 93, pp. 323-334, Dec. 2015.

F. Jiménez and A. Roman, “Urban bus fleet-to-route assignment for
pollutant emissions minimization,” Transp. Res. E, Logistics Transp.
Rev., vol. 85, pp. 120-131, Jan. 2016.

W. Wu, W. Ma, K. Long, H. Zhou, and Y. Zhang, “‘Designing sustainable
public transportation: Integrated optimization of bus speed and holding
time in a connected vehicle environment,” Sustainability, vol. 8, no. 11,
p. 1170, Nov. 2016.

M. Amirgholy, M. Shahabi, and H. O. Gao, “Optimal design of
sustainable transit systems in congested urban networks: A macroscopic
approach,” Transp. Res. E, Logistics Transp. Rev., vol. 103, pp. 261-285,
Jul. 2017.

L. He, H.-Y. Mak, Y. Rong, and Z.-J.-M. Shen, ““Service region design for
urban electric vehicle sharing systems,” Manuf. Service Oper. Manage.,
vol. 19, no. 2, pp. 309-327, May 2017.

M. M. Nesheli, A. Ceder, F. Ghavamirad, and S. Thacker, ‘“Environmental
impacts of public transport systems using real-time control method,”
Transp. Res. D, Transp. Environ., vol. 51, pp. 216-226, Mar. 2017.

M. T. Brozynski and B. D. Leibowicz, “Decarbonizing power and
transportation at the urban scale: An analysis of the Austin, Texas
community climate plan,” Sustain. Cities Soc., vol. 43, pp.41-54,
Nov. 2018.

J. P. Ribau, S. M. Vieira, and C. M. Silva, “Selecting sustainable electric
bus powertrains using multipreference evolutionary algorithms,” Int. J.
Sustain. Transp., vol. 12, no. 8, pp. 592-612, Sep. 2018.

A. Chakrabarti, R. Proeglhoef, G. B. Turu, R. Lambert, A. Mariaud,
S. Acha, C. N. Markides, and N. Shah, “Optimisation and analysis
of system integration between electric vehicles and U.K. decentralised
energy schemes,” Energy, vol. 176, pp. 805-815, Jun. 2019.

K. Gamez-Pérez, P. E. Arroyo-Lopez, and J. Gaytan-Iniestra, ““Support-
ing the strategic design of public bicycle sharing systems: The experience
of a large Mexican city,” Contaduria y Administracion, vol. 65, no. 3,
p. 180, Jul. 2019.

VOLUME 12, 2024



T. Borchers et al.: Comprehensive Survey and Future Directions on Optimising Sustainable Urban Mobility

IEEE Access

[132]

[133]

[134]

[135]

[136]

[137]

[138]

[139]

[140]

[141]

[142]

[143]

[144]

[145]

[146]

[147]

[148]

[149]

[150]

[151]

[152]

[153]

B. Sun and J. Apland, “Operational planning of public transit with
economic and environmental goals: Application to the Minneapolis—St.
Paul bus system,” Public Transp., vol. 11, no. 2, pp. 237-267, Aug. 2019.
M. Xylia, S. Leduc, A.-B. Laurent, P. Patrizio, Y. van der Meer,
F. Kraxner, and S. Silveira, “Impact of bus electrification on carbon
emissions: The case of stockholm,” J. Cleaner Prod., vol. 209, pp. 74-87,
Feb. 2019.

H. Zhang, X. Song, Y. Long, T. Xia, K. Fang, J. Zheng, D. Huang,
R. Shibasaki, and Y. Liang, “Mobile phone GPS data in urban bicycle-
sharing: Layout optimization and emissions reduction analysis,” Appl.
Energy, vol. 242, pp. 138-147, May 2019.

R. Doorley, V. Pakrashi, W. Y. Szeto, and B. Ghosh, “Designing cycle
networks to maximize health, environmental, and travel time impacts:
An optimization-based approach,” Int. J. Sustain. Transp., vol. 14, no. 5,
pp- 361-374, May 2020.

S. Salman and S. Alaswad, ‘“Mitigating the impact of congestion
minimization on Vehicles’ emissions in a transportation road network,”
Int. J. Ind. Eng. Manage., vol. 11, no. 1, pp. 40-49, Mar. 2020.

D. Abudayyeh, A. Nicholson, and D. Ngoduy, “Traffic signal optimi-
sation in disrupted networks, to improve resilience and sustainability,”
Travel Behav. Soc., vol. 22, pp. 117-128, Jan. 2021.

J. Loy-Benitez, Q. Li, K. Nam, H. T. Nguyen, M. Kim, D. Park,
and C. Yoo, “Multi-objective optimization of a time-delay compensated
ventilation control system in a subway facility—A harmony search
strategy,” Building Environ., vol. 190, Mar. 2021, Art. no. 107543.

T.-H. Nguyen and J. J. Jung, “Swarm intelligence-based green opti-
mization framework for sustainable transportation,” Sustain. Cities Soc.,
vol. 71, Aug. 2021, Art. no. 102947.

M. Asghari, S. M. J. M. Al-e-Hashem, and Y. Rekik, “Environmental and
social implications of incorporating carpooling service on a customized
bus system,” Comput. Oper. Res., vol. 142, Jun. 2022, Art. no. 105724.
N. Aydin, $. Seker, and M. Deveci, “Multi-objective optimization of car
sharing points under uncertainty for sustainable transportation,” IEEE
Trans. Eng. Manag., vol. 71, pp. 1959-1968, 2022.

R. Gandomani, M. Mohamed, A. Amiri, and S. Razavi, “System
optimization of shared mobility in suburban contexts,” Sustainability,
vol. 14, no. 2, p. 876, Jan. 2022.

J. B. Griswold, H. Cheng, S. Madanat, and A. Horvath, “Unintended
greenhouse gas consequences of lowering level of service in urban transit
systems,” Environ. Res. Lett., vol. 9, no. 12, Dec. 2014, Art. no. 124001.
P. Khathawatcharakun and C. Limsawasd, “ECO-conscious decision-
support model for optimizing stopping patterns in the mass transit
system,” Eng. Appl. Sci. Res., vol. 49, no. 1, p. 117, 2022.

Y. Yang, X. Jiang, Y. Yan, T. Liu, and Y. Jiang, “Joint optimization
of bimodal transit networks in a heterogeneous environment con-
sidering vehicle emissions,” J. Cleaner Prod., vol. 373, Nov. 2022,
Art. no. 133859.

Z.Ye,N. Yu,R. Wei, and X. C. Liu, “Decarbonizing regional multi-model
transportation system with shared electric charging hubs,” Transp. Res.
C, Emerg. Technol., vol. 144, Nov. 2022, Art. no. 103881.

Y. Ma, J. Li, and C.-P. Han, “A planning tool for maximising transit
services,” Transportmetrica B, Transp. Dyn., vol. 4, no. 1, pp. 1-22,
Jan. 2016.

X. Qian, M. Jaller, and G. Circella, “Equitable distribution of bikeshare
stations: An optimization approach,” J. Transp. Geography, vol. 98,
Jan. 2022, Art. no. 103174.

B. Beltran, S. Carrese, E. Cipriani, and M. Petrelli, “Transit network
design with allocation of green vehicles: A genetic algorithm approach,”
Transp. Res. C, Emerg. Technol., vol. 17, no. 5, pp. 475-483, Oct. 2009.
H. Sayarshad, S. Tavassoli, and F. Zhao, ‘A multi-periodic optimization
formulation for bike planning and bike utilization,” Appl. Math. Model.,
vol. 36, no. 10, pp. 4944-4951, Oct. 2012.

M. A. Niedzielski, M. W. Horner, and N. Xiao, “Analyzing scale
independence in jobs-housing and commute efficiency metrics,” Transp.
Res. A, Policy Pract., vol. 58, pp. 129-143, Dec. 2013.

M.-W. Kang, M. K. Jha, and R. Buddharaju, “Rail transit route
optimization model for rail infrastructure planning and design: Case study
of Saint Andrews, Scotland,” J. Transp. Eng., vol. 140, no. 1, pp. 1-11,
Jan. 2014.

I. Frade and A. Ribeiro, “Bike-sharing stations: A maximal covering
location approach,” Transp. Res. A, Policy Pract., vol. 82, pp. 216-227,
Dec. 2015.

VOLUME 12, 2024

[154]

[155]

[156]

[157]

[158]

[159]

[160]

[161]

[162]

[163]

[164]

[165]

[166]

[167]

[168]

[169]

[170]

[171]

[172]

[173]

[174]

X. Chen, Z. Liu, and G. Currie, “Optimizing location and capacity
of rail-based park-and-ride sites to increase public transport usage,”
Transp. Planning Technol., vol. 39, no. 5, pp. 507-526, Jul. 2016.

M. Huang and J.-Q. Li, “The shortest path problems in battery-electric
vehicle dispatching with battery renewal,” Sustainability, vol. 8, no. 7,
p. 607, Jun. 2016.

T. Askarzadeh and R. Bridgelall, “Micromobility station placement
optimization for a rural setting,” J. Adv. Transp., vol. 2021, pp. 1-10,
Sep. 2021.

T. Dantsuji, D. Fukuda, and N. Zheng, ‘“Simulation-based joint optimiza-
tion framework for congestion mitigation in multimodal urban network:
A macroscopic approach,” Transportation, vol. 48, no. 2, pp. 673-697,
Apr. 2021.

M. Kavianipour, F. Fakhrmoosavi, H. Singh, M. Ghamami, A. Zockaie,
Y. Ouyang, and R. Jackson, “Electric vehicle fast charging infrastructure
planning in urban networks considering daily travel and charging
behavior,” Transp. Res. D, Transp. Environ., vol. 93, Apr. 2021,
Art. no. 102769.

S.I. Kwag, U. Hur, and Y. D. Ko, “Sustainable electric personal mobility:
The design of a wireless charging infrastructure for urban tourism,”
Sustainability, vol. 13, no. 3, p. 1270, Jan. 2021.

Z. Luo and B. Yang, “Towards resilient and smart urban road networks:
Connectivity restoration via community structure,” Sustain. Cities Soc.,
vol. 75, Dec. 2021, Art. no. 103344.

L. Niu and A. Clark, “A differentially private incentive design for traffic
offload to public transportation,” ACM Trans. Cyber-Phys. Syst., vol. 5,
no. 2, pp. 1-27, Apr. 2021.

C. Corinaldesi, G. Lettner, and H. Auer, “On the characterization
and evaluation of residential on-site E-car-sharing,” Energy, vol. 246,
May 2022, Art. no. 123400.

P. Gairola and N. Nezamuddin, “Determining battery and fast
charger configurations to maximize E-mileage of electric buses under
budget,” J. Transp. Eng., A, Syst., vol. 148, no. 11, Nov. 2022,
Art. no. 04022100.

X. Lu, J. Han, P. Xu, H. Liu, and X. Chen, “An operation plan
optimization model for integrated customized and conventional bus
services based on cost analysis,” J. Adv. Transp., vol. 2022, pp. 1-14,
Jun. 2022.

J. A. Manzolli, J. P. F. Trovdo, and C. H. Antunes, “Electric bus
coordinated charging strategy considering V2G and battery degradation,”
Energy, vol. 254, Sep. 2022, Art. no. 124252.

Y. Wang, F Liao, and C. Lu, “Integrated optimization of charger
deployment and fleet scheduling for battery electric buses,” Transp. Res.
D, Transp. Environ., vol. 109, Aug. 2022, Art. no. 103382.

Y. Wang, C. Lu, J. Bi, Q. Sai, and X. Qu, “Lifecycle cost optimization
for electric bus systems with different charging methods: Collabora-
tive optimization of infrastructure procurement and fleet scheduling,”
IEEE Trans. Intell. Transp. Syst., vol. 24, no. 3, pp.2842-2861,
Mar. 2023.

M. Bruglieri, F. Pezzella, and O. Pisacane, “Heuristic algorithms for
the operator-based relocation problem in one-way electric carsharing
systems,”” Discrete Optim., vol. 23, pp. 56-80, Feb. 2017.

T. Liu and A. Ceder, “User and operator perspectives in public transport
timetable synchronization design,” Transp. Res. Rec., J. Transp. Res.
Board, vol. 2667, no. 1, pp. 154-163, Jan. 2017.

R. Wei, X. Liu, Y. Ou, and S. Kiavash Fayyaz, “Optimizing the
spatio-temporal deployment of battery electric bus system,” J. Transp.
Geography, vol. 68, pp. 160—168, Apr. 2018.

C.B. Agaton, C. S. Guno, R. O. Villanueva, and R. O. Villanueva, ““Diesel
or electric jeepney? A case study of transport investment in the Philippines
using the real options approach,” World Electr. Vehicle J., vol. 10, no. 3,
p. 51, Aug. 2019.

G. Garrisi and C. Cervell6-Pastor, “Train-scheduling optimization model
for railway networks with multiplatform stations,” Sustainability, vol. 12,
no. 1, p. 257, Dec. 2019.

H. Haitao, K. Yang, H. Liang, M. Menendez, and S. I. Guler, “Providing
public transport priority in the perimeter of urban networks: A bimodal
strategy,” Transp. Res. C, Emerg. Technol., vol. 107, pp. 171-192,
Oct. 2019.

Y. Hu, Y. Zhang, D. Lamb, M. Zhang, and P. Jia, “Examining and
optimizing the BCycle bike-sharing system—A pilot study in colorado,
U.S.,” Appl. Energy, vol. 247, pp. 1-12, Aug. 2019.

63047



IEEE Access

T. Borchers et al.: Comprehensive Survey and Future Directions on Optimising Sustainable Urban Mobility

[175]

[176

[177]

[178]

[179]

[180

[181]

[182]

[183]

[184]

[185]

[186]

[187]

[188]

[189]

[190]

[191]

[192]

[193]

[194]

63048

B. Lahoorpoor, H. Faroqi, A. Sadeghi-Niaraki, and S.-M. Choi, *“Spatial
cluster-based model for static rebalancing bike sharing problem,”
Sustainability, vol. 11, no. 11, p. 3205, Jun. 2019.

G. Marseglia, C. M. Medaglia, F. A. Ortega, and J. A. Mesa, “Optimal
alignments for designing urban transport systems: Application to seville,”
Sustainability, vol. 11, no. 18, p. 5058, Sep. 2019.

P. Sinha and D. A. Griffith, “Incorporating sprawl and adjacency
measures in land-use forecasting model: A case study of
Collin county, TX,” Trans. GIS, vol. 23, no. 4, pp.745-768,
Aug. 2019.

H. Tayarani, H. Jahangir, R. Nadafianshahamabadi, M. A. Golkar, and
A. Ahmadian, “Optimal charging of plug-in electric vehicle: Considering
travel behavior uncertainties and battery degradation,” Appl. Sci., vol. 9,
no. 16, p. 3420, Aug. 2019.

R. Wu, S. Liu, and Z. Shi, “Customer incentive rebalancing plan in
free-float bike-sharing system with limited information,” Sustainability,
vol. 11, no. 11, p. 3088, May 2019.

A. Abdelwahed, P. L. van den Berg, T. Brandt, J. Collins, and W. Ketter,
“Evaluating and optimizing opportunity fast-charging schedules in transit
battery electric bus networks,” Transp. Sci., vol. 54, no. 6, pp. 1601-1615,
Nov. 2020.

M. A. Berawi, G. Saroji, F. A. Iskandar, B. E. Ibrahim, P. Miraj, and
M. Sari, “Optimizing land use allocation of transit-oriented development
(TOD) to generate maximum ridership,” Sustainability, vol. 12, no. 9,
p. 3798, May 2020.

R.-N. Fan, F.-Q. Ma, and Q.-L. Li, “Optimization strategies for dockless
bike sharing systems via two algorithms of closed queuing networks,”
Processes, vol. 8, no. 3, p. 345, Mar. 2020.

L. He, G. Ma, W. Qi, and X. Wang, “Charging an electric vehicle-
sharing fleet,” Manuf. Service Oper. Manage., vol. 23, no. 2, pp. 471-487,
Apr. 2020.

J. Moon, Y. J. Kim, T. Cheong, and S. H. Song, “Locating battery
swapping stations for a smart e-Bus system,” Sustainability, vol. 12, no. 3,
p. 1142, Feb. 2020.

M. Rinaldi, E. Picarelli, A. D’Ariano, and F. Viti, “Mixed-fleet
single-terminal bus scheduling problem: Modelling, solution
scheme and potential applications,” Omega, vol. 96, Oct. 2020,
Art. no. 102070.

F. Soriguera and E. Jiménez-Merofio, “A continuous approximation
model for the optimal design of public bike-sharing systems,” Sustain.
Cities Soc., vol. 52, Jan. 2020, Art. no. 101826.

D. Guan, X. Wu, K. Wang, and J. Zhao, “Vehicle dispatch and
route optimization algorithm for demand-responsive transit,” Processes,
vol. 10, no. 12, p. 2651, Dec. 2022.

G. Balacco, M. Binetti, L. Caggiani, and M. Ottomanelli, “A novel
distributed system of e-vehicle charging stations based on pumps as
turbine to support sustainable micromobility,” Sustainability, vol. 13,
no. 4, p. 1847, Feb. 2021.

K. Zhang, Y. Chen, C. Cui, P. Wu, L. Miao, and B. Chen, “Electric-
bus charging stations multi-objective optimization planning on coupled
power and traffic networks,” [ET Intell. Transp. Syst., vol. 18, no. 4,
pp. 619-629, Nov. 2022.

H. L. Khoo, L. E. Teoh, and Q. Meng, “A bi-objective optimization
approach for exclusive bus lane selection and scheduling design,” Eng.
Optim., vol. 46, no. 7, pp. 987-1007, Jul. 2014.

Y. Jia, Y. Xu, D. Yang, and J. Li, “The biobjective bike-sharing
rebalancing problem with balance intervals: A multistart multiobjective
particle swarm optimization algorithm,” Complexity, vol. 2020, pp. 1-19,
Sep. 2020.

J. Cao and W. Xu, “A new intelligent rebalancing management method
for multiperiod and multiobjective bike-sharing system based on machine
learning-enabled signal processing techniques,” Wireless Commun.
Mobile Comput., vol. 2022, pp. 1-12, Jan. 2022.

H. Ceylan and T. Ozcan, ““Optimization of headways and departure times
in urban bus networks: A case study of Corlu, Turkey,” Adv. Civil Eng.,
vol. 2018, pp. 1-12, Dec. 2018.

E. Ruano-Daza, C. Cobos, J. Torres-Jimenez, M. Mendoza, and A. Paz,
“A multiobjective bilevel approach based on global-best harmony search
for defining optimal routes and frequencies for bus rapid transit systems,”
Appl. Soft Comput., vol. 67, pp. 567-583, Jun. 2018.

[195]

[196]

[197]

[198]

[199]

[200]

[201]

F. Lin and H.-P. Hsieh, “Multicriteria route planning for in-operation
mass transit under urban data,” Appl. Sci., vol. 12, no. 6, p. 3127,
Mar. 2022.

M. H. Almasi, Y. Oh, A. Sadollah, Y.-J. Byon, and S. Kang, “Urban
transit network optimization under variable demand with single and
multi-objective approaches using metaheuristics: The case of Daejeon,
Korea,” Int. J. Sustain. Transp., vol. 15, no. 5, pp. 386-406, Mar. 2021.
R. Armas, H. Aguirre, and K. Tanaka, “Bi-objective evolutionary
optimization of level of service in urban transportation based on traffic
density,” Cogent Eng., vol. 5, no. 1, Jan. 2018, Art. no. 1466671.

M. T. Sebastiani, R. Liiders, and K. V. O. Fonseca, “Evaluating
electric bus operation for a real-world BRT public transportation using
simulation optimization,” IEEE Trans. Intell. Transp. Syst., vol. 17,
no. 10, pp. 2777-2786, Oct. 2016.

A. Ceder, M. Butcher, and L. Wang, ““Optimization of bus stop placement
for routes on uneven topography,” Transp. Res. B, Methodol., vol. 74,
pp. 40-61, Apr. 2015.

C. Tliopoulou, I. Tassopoulos, K. Kepaptsoglou, and G. Beligiannis,
“Electric transit route network design problem: Model and application,”
Transp. Res. Rec., J. Transp. Res. Board, vol. 2673, no. 8, pp. 264-274,
Aug. 2019.

K. Gholami, S. Karimi, and A. Anvari-Moghaddam, ‘“Multi-objective
stochastic planning of electric vehicle charging stations in unbalanced
distribution networks supported by smart photovoltaic inverters,” Sustain.
Cities Soc., vol. 84, Sep. 2022, Art. no. 104029.

TATIANE BORCHERS was born in Campo Eré,
Brazil, in 1992. She received the B.Sc. degree in
civil engineering from the Federal University of
Rio Grande do Sul (UFRGS), Porto Alegre, Brazil,
in 2018, with an exchange period at the University
of Limerick, Limerick, Ireland (2015 - 2016), and
the M.Sc. degree in urban engineering from the
Federal University of Sdo Carlos (UFSCar), Sao
Carlos, Brazil, in 2021, where she is currently
pursuing the Ph.D. degree. She is also a Visiting

Researcher at the Institute of Mobility and Urban Planning (imobis),
the University of Duisburg-Essen, Essen, Germany. Her research interests
include active and public transportation, optimisation techniques, sustainable
and smart mobility, and transport networks planning.

DIRK WITTOWSKY received the Ph.D. degree
from the University of Karlsruhe, with a focus on
public transport information and user acceptance.
He is currently a Professor in mobility and urban
planning at the University of Duisburg-Essen
and has more than 20 years of experience as a
Researcher and a Practitioner. He studied civil
engineering in Essen, with a focus on sustainable
transport systems. His research interests include
the development and design of sustainable trans-

port systems, travel behavior analysis and transport modeling, digitalization,
and smart mobility.

RICARDO AUGUSTO SOUZA FERNANDES
(Senior Member, IEEE) received the B.Sc. degree
in electrical engineering from the Educational
Foundation of Barretos, Barretos, in 2006, and
the M.Sc. and Ph.D. degrees in electrical engi-
neering from the University of Sdo Paulo, Sdo
Carlos, Brazil, in 2009 and 2011, respectively. In
2015 and 2017, he was a Visiting Professor at the
Polytechnic Institute of Porto. He is currently an
Associate Professor with the Federal University of

i

Sdo Carlos, Sdo Carlos. His research interests include optimization, smart
cities, smart mobility, and machine learning.

Open Access funding provided by ‘University of Duisburg-Essen’ within the CRUI CARE Agreement

VOLUME 12, 2024



