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ABSTRACT In this paper, we introduce an efficient adaptive algorithm based onB-spline neural networks for
trajectory tracking of angular position for industrial inductionmotors. This strategy is developed in a two-axis
reference frame and the regulation algorithm is based on four main stages: a) flux observer; b) internal
control loop; c) determination of required electrical currents and; d) calculation of the three-phase input
voltages. The strategy considers an algebraic regulation scheme based on the model. The control parameters
are tuning online to attain the best dynamic behavior, besides, the proposed adaptive controller is subject to
non-modeled components as an 84-pulse voltage source converter included in this study. These two aspects
make the main contribution of this article. The proposed high-performance strategy for trajectory tracking
of angular position is demonstrated by simulation results using the parameters of two induction motors of
500 hp and 50 hp, respectively.

INDEX TERMS Adaptive regulation, angular position trajectory tracking, efficient driver, high performance,
induction motors.

I. INTRODUCTION
Nowadays, the industry demands more efficient strategies
for motor operation, particularly in highly demanding
applications. In this context, the induction machine continues
to gain more significance in industrial processes where it
was not widely utilized until a few years ago, thanks to the
rapid development of power electronics. Consequently, any
study must consider the impact of using power electronic
devices. The control of angular rotor position is a crucial
requirement in the industry, typically addressed by direct
current (DC) motors or permanent magnet synchronous
motors [1]. However, induction motors could also participate
in these rigorous tasks; nevertheless, their operation must be
guaranteed in terms of reliability, security, and efficiency.
Moreover, new growing applications such as electric vehicles
see the induction motors as a very important alternative, but
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the advantages of their use must be guaranteed by the control
strategy [2].

Important control strategies for induction motors are avail-
able in scientific literature such as field orientation control,
direct torque control, model predictive control, sliding mode
control, and intelligent control techniques. However, the
dependency on model parameters, complexity, and highly
demanding computational effort of intelligent techniques
causes a gap that needs to be covered with new efficient
strategies including the effect of power electronic drives [3].
A strategy for rotor position control of induction motors
based on field-oriented control, incorporating a scheme that
utilizes neural networks to address time-varying dynamics
and a non-linear structure is presented in [4]. Additionally,
it involves fractional-order proportional-integral controllers,
which have been tuned using an artificial bee colony
optimization algorithm. In [5] an adaptive scheme based
on fuzzy neural networks is presented for rotor position
control of induction motors which emulates the conventional
proportional-integral (PI) controller. That scheme requires
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two groups of parameters to be trained in hidden layers to
reach the desired control performance, which was adapted
for the study case. In the same line of adaptive control
techniques, [6] presents a control of induction motors using
an adaptive high gain observer based on a model reference
adaptive system. The success of that scheme lies in the
correct estimation of the model and a speed adaptation
mechanism. In [7], speed control of induction motor (IM)
by fractional sliding mode control in combination with radial
basis function (RBF) neural network. In that case, the RBF
configuration is formed with three layers, five nodes in
the hidden layer, and two input signals, the error and its
derivative. The RBF’s output feeds the fractional sliding
mode control to obtain the optimal control rate and to
reduce the speed-observed chatter of the bearing-less IM.
A common feature of these schemes is the constraints that
must be included for each neural network architecture and
learning rule. Which does not necessarily have the desired
best performance when the test system changes. Besides that,
relevant neural network architectures are proposed to improve
the control algorithm performance, mainly to avoid the
problems related to delays in the transmission of information,
uncertainties of parameters, and some possible faults in
the neuron connection of the neural network architecture
as present in [8] and, [9]. An analysis of a possible
reconfiguration of the neural network architecture due to the
disconnection of some neurons inside the hidden layers could
be evaluated as present in [8].
On the other hand, the impact of the power electronic

drivers in the control scheme, also, has been evaluated.
In [10] a nine-switch inverter is used to regulate two IM
using model predictive control but to overcome problems of
closed-loop instability in the design stage the cost function
was formulated as a Lyapunov energy function. In addition,
in [11] a driver based on a dual inverter configuration is
proposed which compensates for the reactive power of the
five-phase induction motor. In that scheme, an inverter with
a capacitor is controlled to compensate for the increasing
reactive voltage drop inside the motor as the speed increases.
Paper [12] presents a proposal of a voltage source inverter
to control the speed and power flow of a squirrel-cage
induction motor. The features that they try to solve are to
create a smooth startup, a stable control strategy, and a power
factor correction using capacitor banks. In other special
configurations of drivers for variable pole–phase induction
motors, the problems related to magnified space harmonics
at air gap and the harmonic offset injected in reference waves
for pulse width modulation try to reduce in [13] employing a
three-switch leg (3SL)/phase inverter topology.

Thus, efficient control strategies for induction motors
are an open research topic, where demand new proposed
schemes operating harmoniously with driver based on power
electronics covering a wide range of operation conditions of
IM, motor’s parameters uncertainties, non-linear phenomena
present, reduction of parameter dependency on the control

design stage, diminished sinusoidal waveform distortion
and reactive power consumption. And the possibility of
rotor position control without external mechanical elements
coupling with the shaft of the induction motor. The main
contributions of this paper are i) a new control strategy for
the rotor position of induction motors free of gears based
on algebraic formulation; ii) adaptive tuning of control gains
to adjust itself to uncertainties and non-modeled phenomena
based on B-spline neural networks (BSNN); iii) efficient
operation of 84-pulse voltage source converter (VSC) drive
to feed the induction motor and cover any requirement of the
position and load torque.

The motor driver is crucial for precise position and speed
regulation in electric motors. Serving as the interface between
control algorithms and the motor itself, it modulates the
electrical signals, ensuring accurate motor performance. This
precision is essential in applications ranging from industrial
automation to robotics, where consistent and controlled
motion is paramount for optimal efficiency and functionality.

In the context of using three-phase motors, several merit
figures are commonly used to assess the performance and
efficiency of the motor. These merit figures include the
Power Factor (PF), which is the cosine of the angle between
the voltage and current waveforms in a three-phase system
and represents the ratio of real power (useful power) to
apparent power (total power); Displacement Power Factor
(DPF), that considers the phase shift between the voltage
and current waveforms; Total Harmonic Distortion (THD),
which quantifies the harmonic distortion in the voltage or
current waveform. Power per Phase (P/phase), as the average
power consumed by each phase in a three-phase system.
The Regular monitoring and analysis of these parameters are
essential for maintaining a reliable and efficient three-phase
motor system.

VSCs have been implemented in industry for a lot of
applications, including STATCOM, active filters, UPS, and
machine drives among others [14]. Nevertheless, most of
them use a topology that can present a high THD due to
low number of pulses or levels. Multipulse VSCs used for
high power configurations have demonstrated their capability
to improve conversion efficiency, such as in [15], however,
the main application is the reactive compensation for voltage
regulation, but fast variations related to high-power motor
position control have not been verified. The utilization of an
84-pulseVoltage Source Converter (VSC) extends its applica-
bility across various scenarios where an inverter is essential.
While conventional inverters with lower pulse counts are
commonly employed, the distinctive feature of an 84-pulse
VSC lies in its ability to offer finer control and smoother
waveform output. This makes it particularly advantageous in
applications demanding higher precision, reduced harmonic
distortion, and enhanced overall performance compared to
inverters with lower pulse count. However, this expected
performance could take advantage of the high-performance
adaptive control algorithm accomplishing it. For this reason,
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the proposed position control is designed based on an
induction motor model, but the integration of B-spline
neural networks reaches robustness and adaptability. The
adaptability and fast learning capability of the BSNN allow
improvement in the performance of the proposed control
scheme in contrast to other important algorithms presented
in the literature. In this way, this proposed control strategy
is derived to improve two fundamental aspects as a response
to motors industry applications: i) secure and reliable
expansion of the induction motor industrial applications in
tasks of trajectory tracking position control and ii) propose
efficient controllers which have fast response, robustness and
adaptive behavior with reduced dependence onmodels, motor
parameters and prior knowledge of severe transient events.

As can be analyzed in the previous paragraphs, the
global industry is constantly evolving, enhancing various
aspects of its operational efficiency, cost-effectiveness, and
environmental footprint. In this context, induction motors are
gaining prominence due to their superior features in design,
operation, and maintenance, especially in applications that
were less common in previous decades. However, accom-
panying this growth, the motor is exposed to more complex
and highly demanding scenarios in terms of load variability,
and severe disturbances not considered in the design stage.
Thus, the control strategy requires attributes such as faster and
more efficient responses. In this way, the proposed strategy
is focused to cover two fundamental aspects in considering
those requirements: i) secure and reliable expansion of the
induction motor industrial applications in tasks of trajectory
tracking position control and ii) propose efficient controllers
which have fast response, robustness and adaptive behavior
with reduced dependence on models, motor parameters
and prior knowledge of severe transient events. In this
paper, these features are attained with the correct definition
of the adaptive control scheme based on B-spline neural
networks working synergically with a VSC of 84 pulses.
The election of this neural network topology covers these
aspects due to architecture based on a hidden layer and
fast response exhibiting an adaptive behavior using an
instantaneous learning rule working online with the motor.
Hence, it is possible to learn of new events, operation
conditions or possible perturbations. Unlike other neural
network architecture, the offline training of this configuration
does not require an extensive set of input-output data. This
stage is executed to define the operation in a steady state,
the learning rate, and the convergence of the instantaneous
learning rule. The rapid response is achieved by employing a
smaller number of neurons, specifically, three in the proposed
scheme’s hidden layer. This choice strikes a balance between
achieving high dynamic performance and minimizing the
computational load.Moreover, the performance of the control
adaptive strategy does not depend on the case of the induction
motor in terms of power, voltage, or electrical current.

This research paper introduces an Electric Motor Drive
System designed to accurately follow the required voltage

and current specified by the load. Merit figures such as
frequency profile and voltage profile depict the necessary
variations, while the power factor serves as an indicator of
the excellent performance achieved by the Voltage Source
Converter (VSC). To attain this performance, the proposed
controller along with the B-Spline Neural Networks are
introduced with an effective architecture and online learning
rule. Thus, the proposed control algorithm guarantees high
performance in steady and transient states, facing uncer-
tainties and nonmodeled nonlinear dynamics as the ones
related to 84-pulse VSC components whichwere not included
in the control design stage. Moreover, the B-spline neural
network architecture and its learning rule can deal with fast
perturbations due to the low number of calculations required
to determine the best position control parameters.

This paper is organized as follows: Section I outlines the
problem addressed by this research. Section II introduces the
induction motor model used. Section III provides detailed
information on the position control scheme. Section IV
illustrates the 84-pulse driver, employed for precise motor
control. Section V presents the regulatory results obtained,
and finally, Section VI remarks the research findings of this
paper.

II. MODELING OF THE INDUCTION MOTOR FOR
REGULATING PURPOSES
Considering the model in a three-phase reference frame of
the induction motor it is possible using the transformation
presented in section IV-A arrive to at a model in two axes.
Thus, the induction machine for regulation purposes could
be modeled in this reference frame of two axes as,

dISa
dt

= −γ ISa + ηβψRa + βnpωψRb +
1
σLS

usa

dISb
dt

= −γ ISb + ηβψRb − βnpωψRa +
1
σLS

usb

LR
dψRa
dt

= −RRψRa − LRnpωψRb + RRMISa

LR
dψRb
dt

= −RRψRb + LRnpωψRa + RRMISb

dθ
dt

= ω

J
dω
dt

=
npM
LR

(ISbψRa − ISaψRb) − bω − τL (1)

where θ is the angular position; ω is the rotor speed; isa
and isb are the stator currents per phase; ψRa and ψRb are
the magnetic flux in the rotor; usa and usb are the stator
voltages per phase, which act as input control variables; τL
is the load torque. Also, LR and RR are the rotor inductance
and resistance per phase, respectively; LS and RS are the
stator inductance and resistance per phase, respectively; M
is the mutual inductance constant; J is the rotor inertia
moment; b viscous damping coefficient; np is the number of
pairs poles. Some auxiliary parameters were defined based
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on machine data as,

η =
RR
LR
, γ =

M2RR
σL2RLS

+
RS
σLS

β =
M

σLRLS
, σ = 1 −

M2

LRLS

Now, a complex coordinate representation of the induction
motor dynamics can be derived as

dIS
dt

= β(η − jnpω)ψR − γ IS +
1
ρLS

us

d
dt

|ψR|
2

= −2η|ψR|2 + 2ηMRe(ψ̄IS )

dθ
dt

= ω

J
dω
dt

=
npM
LR

Im(ψ̄IS ) − bω − τL (2)

The variables in the complex notation for this representa-
tion of the induction motor are,

us = usa + jusb = |us|ejφ1 (3)

IS = ISa + jISb = |IS |ejφ2 (4)

ψR = ψRa + jψRb = |ψR|ejφ3 (5)

|ψR|
2

= ψRa
2
+ ψRb

2 (6)

|IS |2 = ISa2 + ISb2 (7)

λ = arctan
(
ψRb

ψRa

)
(8)

ρ = arctan
(
ISb
ISa

)
(9)

Re
(
ψ̄RIS

)
= ψRaISa + ψRbISb (10)

Im
(
ψ̄RIS

)
= ψRaISb − ψRbISa (11)

where ψ̄R is the conjugate complex of ψR. Re (·) and Im
(·) are the real and imaginary of the complex number (·),
respectively.

III. ADAPTIVE SCHEME FOR POSITION CONTROL OF
INDUCTION MOTORS
In this paper, the proposed control scheme for adaptive
angular position tracking consists of the design of a controller
defined by two stages. First, the angular position of the motor
shaft is conducted to a desired position, θ∗(t), trajectory by
the regulation of the stator currents. The second stage consists
of a control loop to define the stator currents monitoring the
required paths of the stator currents in the first stage I∗Sa(t)
and I∗Sb(t), through the voltages of the stator.

A. INTERNAL CONTROL LOOP
First consider the complex model, (2), of the induction motor
to design an angular position and magnetic flux control
scheme, using the stator phase currents ISa and ISa as control

variables. For control design purposes, can be rewritten as,

d2θ

dt2
=
npM
JLR

uθ −
b
J
ω −

1
J
τL (12)

d
dt
9 = −

2RR
LR

9 +
2RRM
LR

u9 (13)

with 9 = |ψ |
2.

To follow reference trajectories for the angular position
θ∗(t) and the square flow modulus 9∗(t) we propose
auxiliary controllers as,

uθ =
JLR
npM

[
d2θ∗

dt2
− α3,θ

d
dt
eθ − α2,θeθ − α1,θ

∫ t

0
eθdt

− α0,θ

∫ t

0

∫ t

0
eθ (τ )dτdt +

b
J
ω

]
(14)

u9 =
LR

2RRM

[
d9∗

dt
− α2,9e9 − α1,9

∫ t

0
e9dt

− α0,9

∫ t

0

∫ t

0
e9 (τ )dτdt +

2RR
LR

9

]
(15)

where

eθ = θ − θ∗

e9 = 9 −9∗ (16)

The parameter values of control are selected by the next
proposed stable polynomials for the close loop dynamics,

Pθ (s) = (s+ pθ )4 = s4 + 4pθ s3 + 6p2θ s
2
+ 4p3θ s+ p4θ

(17)

P9 (s) = (s+ p9 )3 = s3 + 3p9s2 + 3p39s+ p39 (18)

thus,

α0,θ = p4θ , α1,θ = 4p3θ
α2,θ = 6p2θ , α3,θ = 4pθ (19)

α0,9 = p39 , α1,9 = 3p29
α2,9 = 3p9 (20)

with pθ , p9 > 0. To attain an adaptive performance of
the proposed control scheme, in this paper, a strategy based
on B-spline neural networks is introduced to overcome the
inherent problem in the control design stage of parameters
uncertainty and unmodeled nonlinear phenomena.

First, the parameters p/theta and p/Psi are defined with
a constant value greater than zero which could even remain
constant. However, the dynamic performance of the control
algorithm might be degraded when facing other complex
operation conditions as described previously or the presence
of uncertainties or nonmodeled phenomena. Thus, we defined
in the proposed scheme an initial value of these two control
gains, and the training procedure for the proposed B-spline
neural network architecture begins in an offline way to ensure
steady-state performance, hence the training algorithm itself
searches for the best gain values to cover some operation
conditions and unknown transient events. Once this is done,
in the online stage, the instantaneous learning rule (explained
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in section III-E), accompanies the BSNN behavior which
causes the control gains to be now dynamic, therefore, the
optimum values are determined depending on the scenarios to
which the induction motor is subjected. Under this condition,
the proposed algorithm alone determines the optimal values
of the control gains, avoiding the dependence on the model
and parameters.

Now, under this consideration, the reference signals of
electrical currents are defined as,

I∗S =
ψR

9
(u9 + juθ ) (21)

thus,

I∗Sa =
1
9
(ψRau9 − ψRbuθ )

I∗Sb =
1
9
(ψRbu9 + ψRauθ )

(22)

B. REQUIRED INPUT VOLTAGE FOR POSITION CONTROL
Considering the dynamics of electrical currents, ISa and
ISb, described in (1) and based on the required trajecto-
ries of these variables, (22), it is proposed to determine
the input voltages with adaptive control parameters, αi,a,
and αi,b,

usa = σLS

[
dI∗Sa
dt

− α2,aeIa − α1,a

∫ t

0
eIa dt

− α0,a

∫ t

0

∫ t

0
eIa(τ ) dτdt

+ γ ISa − ηβψRa − βnpωψRb

]
(23)

usb = σLS

[
dI∗Sb
dt

− α2,beIb − α1,b

∫ t

0
eIb dt

− α0,b

∫ t

0

∫ t

0
eIb(τ ) dτdt

+ γ ISb − ηβψRb + βnpωψRa

]
(24)

with eIa = ISa − I∗Sa and eIb = ISb − I∗Sb. In the same way,
we proposed to determine the control parameters by,

α0,a = p3a, α1,a = 3p2a, α2,a = 3pa (25)

α0,b = p3b, α1,b = 3p2b, α2,b = 3pb (26)

with pa, pb > 0. Also, we proposed to include an adaptive
performance with the correct definition of these values by
BSNN.

C. FLUX OBSERVER
A flux observer is implemented to improve the transient
response of the control strategy,

d
dt
ÎSa = −γ ÎSa + ηβψ̂Ra + βnpωψ̂Rb

+
1
σLS

usa + kaea (27)

d
dt
ÎSb = −γ ÎSb + ηβψ̂Rb − βnpωψ̂Ra

+
1
σLS

usb + kbeb (28)

d
dt
ψ̂Ra = −

RR
LR
ψ̂Ra − npωψ̂Rb +

RRM
LR

ÎSa

+

(
ηβ +

RRM
LR

)
ea − βnpωeb (29)

d
dt
ψ̂Rb = −

RR
LR
ψ̂Rb + npωψ̂Ra +

RRM
LR

ÎSb

+

(
ηβ +

RRM
LR

)
eb + βnpωea (30)

where ea = ISa − ÎSa and eb = ISb − ÎSb, and ̂ denotes
the estimated signal. Asymptotic estimation of the magnetic
flux signals can be thus verified by employing the Lyapunov
function

V =
1
2
e2a +

1
2
e2b +

1
2
e2ψa +

1
2
e2ψb (31)

with

d
dt
V = − (γ + ka) e2a − (γ + kb) e2b

−
RR
LR
e2ψa −

RR
LR
e2ψb (32)

The observer parameters must be then selected such as
ka, kb > −γ . The magnetic flux estimation errors are
represented as: eψa = ψRa−ψ̂Ra and eψb = ψRb−ψ̂Rb. Also,
these parameters can be tuned using neural networks to attain
adaptive behavior, for instance, considering positive values.
Also, it can be defined as constant by, ka = 5γ, kb = 5γ . The
Lyapunov function described in this paper was introduced
in our previously published work [16]. However, what sets
this study apart is the reduced reliance on motor parameters.
Here, the gains ka and kb are dynamically determined through
a BSNN scheme, mirroring the methodology applied to
determine gains in other controllers. The initial conditions
of the flow observer could be selected depending on the
characteristics of the induction motor data, for example,
ψ̂Ra(0) = 1, ψ̂Rb(0) = 0. The other variables are specified
at zero as initial conditions if the motor is considered turned
off.
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FIGURE 1. Proposed adaptive control scheme.

D. CONTROL SIGNALS
The required electrical currents trajectory, (22), including
now the proposed flux observer leads to,

I∗Sa =
1

9̂
(ψ̂Rau9 − ψ̂Rbuθ )

I∗Sb =
1

9̂
(ψ̂Rbu9 + ψ̂Rauθ ) (33)

where 9̂ = ψ̂2
Ra + ψ̂2

Rb.
Thus, the required control signals for the angular position

are (14) and, considering the flux observer strategy, (15) is
now defined by,

u9 =
LR

2RRM

[
d9∗

dt
− α2,9e9 − α1,9

∫ t

0
e9dt

− α0,9

∫ t

0

∫ t

0
e9 (τ )dτdt +

2RR
LR

9̂

]
(34)

also from (16) the flux error is determined using e9 =

9̂ − 9∗. Similar to other control parameters proposed in
this paper, these αi,9 are calculated dynamically by BSNN
strategy. In summary, (23) and (24),

usa = σLS

[
− α2,aeIa − α1,a

∫ t

0
eIadt

− α0,a

∫ t

0

∫ t

0
eIa(τ )dτdt

]
(35)

usb = σLS

[
− α2,beIb − α1,b

∫ t

0
eIbdt

− α0,b

∫ t

0

∫ t

0
eIb(τ )dτdt

]
(36)

Fig. 1 presents the proposed adaptive control schemewhere
variable interaction can be appreciated. The observed errors,
ex(t), serve as input to the BSNN, and depending on the
operating condition of the IM, fine adjustments are made to
the controller gains, pm, and kn, respectively.

FIGURE 2. B-spline neural network with the proposed architecture.

E. ADAPTIVE PERFORMANCE OF CONTROL PARAMETERS
Nowadays, the high performance of digital microprocessors
permits a combination of control strategies based on models
with those based on measurements. However, dynamic
performance must be guaranteed by the engineers in the
design stage, also, with a compromise between low demand
and computational complexity of those strategies to attain the
desired behavior in a real-time environment.

In our proposed regulation scheme, the applicability
of the proposed control scheme is extended to cover
more demanding operation conditions different from those
analyzed in the design stage, using an adaptive algorithm
based on B-spline neural networks. Therefore, the control
parameters pa, pb, ka, kb, pθ and p9 from (23), (24), (27), (28),
(14), (34), respectively, could be determined adaptatively
following actual dynamic operation condition of induction
motor and specific load torque.

In this paper, a class of neural networks is selected due
mainly to two powerful features: a) adaptability in a real-time
environment considering the low computational demand in
processing the output signal and, b) convergence capabilities
of the learning rule. The first characteristic comes from
its reduced architecture which consists of three stages, two
layers consisting of inputs and outputs, respectively, and one
hidden layer defined by basis functions’ output, Fig. 2. The
second feature is attained by the correct definition of knot
vector which considers the expected values of input signals
and so, establishes the shape of the basis functions together
with the learning rate. Therefore, the proposed adaptive
control gains, in this paper, are determined by,

pm = ypw, with m = a, b, θ,9

kn = ykw, with n = a, b (37)

where yp and yk represent the outputs of the basis functions
arranged in a row vector of an appropriate size for the number
of neurons, as response of the input error, eIa, eIb, eθ , e9 , ea
and eb, respectively. A key issue to attain the expected steady
state and dynamic performance depends on the definition of
basis functions. In this paper, the hidden layer of the artificial
neural network architecture is defined by three neurons which
include three uni-variate fourth-order functions known as
basis functions. Due to the presented strategy the deviations
of desired values are the inputs the three knot vectors are: i)
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[-4.5 -1.5 1.5 4.5]; ii) [-0.05 0.35 0.75 0.115] and; iii) [-0.115
-0.75 -0.35 0.05]. The weighing factors are updated to attain
the best dynamic performance adapting on their own to the
new operating condition by the algebraic sum. In this case,
using an architecture based on three neurons,w1

w2
w3

km+1

=

w1
w2
w3

km +

1w1
1w2
1w3

km (38)

The weighing factor updating,1wkm, is determined by an
instantaneous learning rule,

1wkm =
ζekmi (t)

∥ykm(t)∥22
ykm(t) (39)

where km represents the current value; ei represents the actual
error (inputs); y(t) is the output of the basis functions; and ζ
is the learning rate determined as a previous step. This update
of the weighing factors is carried out with a low number
of calculations due to the NN architecture, thus, is suitable
for an online implementation. The learning rule convergence
is guaranteed using a correct choice of the learning rate, ζ ,
typically defined with values smaller than one. In the offline
stage (training stage) this value is adjusted very small like
1e−3, after depending on the dynamic response of the inputs’
changes can be adjusted with larger values. To attain the
results presented in this paper the learning rate was defined
as ζ = 2e− 3 considering the fast dynamics produced by the
power electronic driver. The proposed control strategy begins
with offline training of the BSNNwith approximate values of
control gains, and after, an online continuous learning process
to adapt the control strategy performance to the unknown
operation conditions of the induction motor.

In the design stage of the proposed position control
algorithm, it is important to know approximated values of the
motor parameters in advance, considering that the strategy
begins from an approximated mathematical model. Besides
that, information about typical operating conditions of the
motor for a stable state and possible transient scenarios must
be included in the offline training of the B-spline neural
network scheme. The input signals should be normalized
to develop a fine-tuning of the learning rate to ensure the
convergence of the learning rule. In the offline training,
if the BSNN is conditioned considering these main aspects
of the position control algorithm, it will cope with unknown
complex scenarios and nonmodeled dynamics not included
in the control design stage as, for example, the dynamics
of the power electronic components inside the VSC driver.
Thus, it is possible to reduce the complexity and prior
requirements of the controller structure while high dynamic
performance facing unknown scenarios and uncertainties
is guaranteed. The proposed control scheme exhibits high
steady state and transient performance and desirable features
for real-time applications such as robustness, adaptability,
and low computational demand.

IV. DESIGN OF AN EFFICIENT ELECTRIC MOTOR DRIVE
SYSTEM
A. TWO TO THREE PHASE CONVERTER
The coordinate reference for the three-phase power system is
a three-axis system with a 120-degree phase shift. However,
to facilitate the control implementation and analysis, the
adoption of orthogonal coordinates is preferable.

In this paper, the transformation matrix used is,uSauSb
uS0

 =

√
2
3

 1 −
1
2 −

1
2

0
√
3
2 −

√
3
2

1
√
2

1
√
2

1
√
2


uS1uS2
uS3


if the three-phase source is balanced,

uS0 =
1

√
3
(uS1 + uS2 + uS3)

The inverse transformation matrix is,uS1uS2
uS3

 =

√
3
2


2
3 0

√
2
3

−
1
3

1
√
3

√
2
3

−
1
3 −

1
√
3

√
2
3


uSauSb
uS0


This transformation is applied in this work to achieve the

presented results.

B. THE 84-MULTI-PULSE CONVERTER
An Electric Motor Drive System (EMDS) is a complex
system that includes various components designed to control
and regulate the operation of the induction motor. The
purpose of the motor drive system is to efficiently convert
electrical power into mechanical power, providing precise
control over the motor’s speed, torque, and position. A Volt-
age Source Converter (VSC) is typically used in EMDS
to provide precise and efficient control on the speed and
position of the shaft. By using the Neutral Point Reinjection
(NPR) technique that involves injecting currents into the
neutral point of the DC-link capacitors, several advantages
arise. Examples of advantages are: enhancement of the
voltage and current quality caused by the reduction of the
harmonic distortion, increasing of the converter Efficiency,
reduction in losses and stress on the switches, energy
savings and increased overall system efficiency and dynamic
performance. 84 pulses VSC has demonstrated to be a good
implementation of the NPR technique [17], [18].

The signal involving the thee phase system is known as
Vmodule, and it defined by (40), which means it is a constant
for balanced systems with constant amplitude.

Vmodule =

√
v2a + v2b + v2c (40)

It is of paramount importance to consider the significance
of maintaining reduced amplitudes and lower frequencies
for achieving effective speed and position control during
startup and under varying the operating conditions. Voltage
Source Converters (VSCs) play a crucial role in finely tuning
amplitudes and frequencies to ensure efficient control. These
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adjustments are particularly vital as deviations in torque
or position demand substantial energy and can introduce
significant voltage system distortions.

Synchronizing the phase and tracking of the required
amplitude of a three-phase voltage signal to ensure the
motor performance can be found in [16], [19], and [20].
Determining the frequency of this dynamic signal presents
a challenging endeavor.

Phase-Locked Loop (PLL) uses the strategy presented in
[16], [19], and [20] and it is illustrated in Eq. (41).

ωt = 2

[
−tan−1

(
α√

α2 + β2 − β

)
+
π

2

]
(41)

This equation presents α, and β which are obtained
as the three-phase voltage signals in Stationary Reference
Frame [21].

[
α

β

]
=

2
3

[
1 −

1
2 −

1
2

0
√
3
2 −

√
3
2

]ab
c

 (42)

In (42) a, b, c are the three-phase balanced voltages or
currents, as we can use this for obtaining the phase angle for
both signals.

Using PLL, the Power Factor for phase-a is obtained as

cos
(
ωtva − ωtia

)
(43)

the argument
(
ωtva − ωtia

)
is the difference between the

angle of the voltage of phase-a
(
ωtva

)
and angle of current of

phase-a
(
ωtia

)
.

The complete controller comprises an 84-pulse VSC,
with control signals determined in a digital processor
using Equations (14), (34)-(39), and measured variables
(Figure 1) including three-phase instantaneous currents and
rotor position. The output signals of these equations involve
basic mathematical operations suitable for straightforward
implementation in common processors. The proposed 84-
pulse VSC architecture exemplifies the efficient implemen-
tation of the developed position control strategy. While the
presented results consider its dynamics, during the control
design stage, these dynamics are treated as non-modeled or
uncertain elements, successfully compensated by the adaptive
strategy.

V. EVALUATION OF THE REGULATION PROPOSED
STRATEGY
A. TEST CASE: 500 HP MOTOR
An asynchronous 500 hp motor is first used to demonstrate
the scope of the proposed regulation scheme. The induction
motor parameters are taken from [21] for 500 and 50 hp,
respectively. In this case, some drastic operation conditions

FIGURE 3. Trajectory tracking for angular position, case A.

FIGURE 4. Demanded load torque and electric torque, case A.

are evaluated, and the required trajectory angle tracking is:

θ∗
=



0o if t < 5 sec,
45o if 5 ≤ t < 40 sec,

−45o if 40 ≤ t < 85 sec,
−90o if 85 ≤ t < 120 sec,

0o if t ≥ 120 sec

The trajectory from the initial to the final desired values
is determined by a Bézier function, with a duration of
15 seconds for each transition, Fig. 3. It can be appreciated
that the actual angular rotor position is tracking the required
angular position although different requirements of load
torque are presented.

Also, the motor is subject to variations in load torque
with a transition of ten seconds from the initial to the final
value, Fig. 4. At the beginning, the load torque is zero,
after which, three new values of torque are demanding 600,
1250, and 1980 Nm, respectively. Notably, as the load torque
approaches the nominal power, the adaptive control scheme
effectively maintains the required angular rotor position.
Despite these load torque variations, the scheme ensures
other variables remain within physically permissible limits,
exemplified by the electromagnetic torque aligning with the
demanded load torque, as illustrated in Fig. 4.
On the other hand, Fig. 5 exhibits that the magnetic flux

follows the optimal reference values for different load torque
with a compromise between applied magnitude voltage
and demanded electrical current. Thus, a reliable operation
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FIGURE 5. Required trajectory tracking for the magnetic flux, case A.

FIGURE 6. Dynamic evolution of the control gains, case A.

condition is guaranteed below the maximum allowable values
for a steady state condition of this motor.

The control parameters are updated online by the proposed
strategy based on B-spline neural networks. The behavior of
the dynamic gains is shown in Fig. 6. Here, it presents the
evolution of the control gain, pθ , defined in (19), p9 , in (20)
due to the operation requirements of the induction motor.
Also, the responses of the other four control gains associated
with the dynamics of estimated electric currents, pa, pb,
in (25) and (26), and ka, kb in flux observer scheme (27)
and (28), respectively. All control gains are updated based on
the requirements of the induction motor.

To attain the steady state and transient performance of the
proposed controllers defined in section III, it is necessary to
generate a three-phase input currents as a response to the load
torque are presented in Fig. 7. The zoomed box illustrates
the currents are very close to sinusoidal shape, which can be
associated to a smooth behavior of the motor. The magnitude
values are bounded within the nominal motor parameters.

The EMDS based in 84 pulses Voltage Source Converter
described in IV-B is used to be able to feed the current

FIGURE 7. Electric currents demanded by the induction motor, case A.

FIGURE 8. Applied three-phase input voltage, case A.

of Fig. 7. The variations of the are exhibited in Fig. 8.
The adaptive control strategy or this proposal is evaluated
including some fast dynamics associated with the power
electronics components where the three-phase voltage is
not exactly an alternating sinusoidal wave, but a staircase
with low harmonic distortion, which is presented inside the
zoomed box.

The EMDS has to be able to provide a voltage profile vari-
able to produce the desired shaft position, as it is illustrated
in Fig. 9. Controllers and voltage source converters, rely
typically on filtered signals as the depicted in black on this
figure for computing the desired output. The signal illustrated
in blue is the one demanded by the system. It’s important to
clarify that the strategy of this paper presents the advantage
of not incorporating filtering stages for the voltage module.
The figure illustrate that, even with high-frequency variations
on the voltage module, the resulting position is according to
behavior the expected.

Torque variations are related to the frequency fluctuations
during motor startup, and shifts in shaft position. To illustrate
this, we incorporate Fig. 10. In this figure, the blue signal
vividly displays abrupt transitions when the (PLL) detects
the 2π phase angle. The black signal, in contrast, portrays
the frequency variations after the application of a Low Pass
Filter (LPF). It is important to emphasize that, in this study,
we employ the unfiltered signal to illustrate our approach
effectively, as it allows us to capture the intricate nuances
of the system dynamics without any signal smoothing or

38520 VOLUME 12, 2024



R. Tapia-Olvera et al.: Efficient Adaptive Regulation Strategy for Control Position of IMs

FIGURE 9. Voltage module for 500 hp induction motor.

FIGURE 10. Frequency profile required for 500 hp induction motor.

FIGURE 11. Power of Phase-a for 500hp induction motor.

filtering. Again, the figure intends to illustrate that the
resulting position is according to expectations, even with
high-frequency variations.

The devised approach takes into account aminimal reactive
power for executing the designated tasks. In Fig. 11, the
generated power is depicted, where segments below zero
signify the reactive power. As depicted, nearly consistently,
the power remains positive, indicating a negligible demand
for reactive power.

Power factor is calculated with the strategy of (42), and
presented in Fig. 12. As the reactive power is close to zero,
the power factor is near to unity for most of the analyzed
time.

FIGURE 12. Power Factor for Phase-a for 500hp induction motor.

FIGURE 13. Trajectory tracking for angular position, case B.

B. TEST CASE: 50 HP MOTOR
In order to contrast the applicability of the regulation strategy
and its adaptability to induction motors of different power
and parameters, a 50 hp three-phase IM is used. In this
case, different desired trajectories covering new desired
angular rotor positions are defined, and drastic load demand
requirements are used. Here the prerequisite of angular
position is,

θ∗
=



0o if t < 20 sec,
−90o if 20 ≤ t < 55 sec,
90o if 55 ≤ t < 75 sec,
38o if 75 ≤ t < 125 sec,

142o if t ≥ 125 sec

Following the case A, the angular position reference
tracking is reached with high precision and avoiding high
overshoots, as presented in Fig. 13.

Besides that, the system is subject to changes in load torque
as depicted in Fig. 14. First, the load demands 49.5 Nm, then,
a drastic increment of the load is presented to attain the full
torque. After that, the load diminished one-third to attain a
value of 132 Nm. Finally, an increase is exhibited to reach
171.6 Nm.

The electrical currents required to the expected behavior
are within the limits for an induction motor of this power,
Fig. 15, while the three-phase input voltage is presented in
Fig. 16. The waveforms fulfill the requirements for induction
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FIGURE 14. Demanded load torque and electric torque, case B.

FIGURE 15. Electric currents demanded by the induction motor, case B.

FIGURE 16. Applied three-phase input voltage, case B.

motor controls considering applied voltages and demanding
electrical currents. Also, with an adaptive control scheme as
proposed in this paper, it is possible to reduce the dependence
on previous knowledge of motor parameters.

The performance of the proposed control scheme for a
50 hp inductionmotor was attainedwith the same architecture
of BSNN and parameters design the motor’s parameters were
replaced by the corresponding to this power. As can be
seen, the behavior of this particular motor has high dynamic
performance such as the 500 hp IM, thus, the adaptive control
scheme fulfills the requirements for different power and
parameters of induction motors for angular position control
tasks. Thus, the dynamic evolution of the control gains is
presented in Fig. 17. Two correspond to the internal control
loop, also, two correspond to the control loop of electrical

FIGURE 17. Dynamic evolution of the control gains, case B.

FIGURE 18. Voltage module for 50 hp induction motor.

currents, and two of the flux observer. The values of the
control gains begin with a predefined value determined by
the previous stage offline (training rule), so their magnitudes
are updated to guarantee the expected dynamic performance
until a new steady state condition is reached. The results show
more drastic changes when a transient event is presented,
the learning rule updates the weighting factors attaining a
fast transient response with stable performance. This strategy
enhances the convergence to an optimum due to the search
space is bounded by the basis functions and the learning rate
analyzed in section III-E.

The variable voltage profile required to produce the desired
shaft position, is portrayed in Fig. 18. Blue signal is the one
used for the strategy presented on this paper, but black signal
is added for comparison with traditional systems with low
pass filters.

The frequency fluctuations for this case are illustrated in
Fig. 19. As in previous case, the blue signal is the one used for
the position tracking while the black uses a Low Pass Filter.
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FIGURE 19. Frequency profile required for 50 hp induction motor.

FIGURE 20. Power of Phase-a for 50hp induction motor.

FIGURE 21. Power Factor for Phase-a for 50hp induction motor.

For this motor, a minimal reactive power for executing the
designated tasks is required. In Fig. 20, the demanded power
is depicted. The portions below zero indicate the reactive
power required for operation.

Power factor presented in Fig. 21. As the reactive power
demanded is higher than previous case, the power factor is
lower, but most of the analyzed time is higher than 0.9.

VI. CONCLUSION
This paper proposes a control scheme for regulating rotor
position in high-efficiency induction motors. The approach
includes a thorough analysis of the performance of the
voltage converter source, establishing a crucial link between

control scheme and the power stage. Furthermore, the
suggested control strategy facilitates seamless extension
to motors of several power ratings. The uncertainties and
non-modeled phenomena are dynamically compensated with
the incorporation of B-spline neural networks working
synergically with a strategy based on the model. Thus, the
use of adaptive strategies makes it possible to cover a wide
range of operation conditions andmotor parameter variations.
Several merit figures were included to verify the good the
performance of the proposed strategy. Among them, the
Power Factor attained was higher than 0.9 in both cases
analyzed. Reactive Power was presented as the negative
portion of the instantaneous power, and it was verified that
is close to zero. The shape of the voltage and current was
included to verify the closeness to the ideal sinusoidal signal,
even-though stair cased signal was produced by the EMDS
based in 84 pulses VSC.

Based on the analysis and results presented in this paper,
the proposed position control scheme exhibits desirable
features for highly demanding real-time applications, besides
that, the requirements of detailed mathematical models were
diminished. Accordingly, the immediate next step consists of
the implementation of the whole system in the laboratory to
verify the appropriateness of the proposal in particular study
case. The mathematical operations related to the controller
decision making will be translated to a digital controller.
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