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Big Heart Data: Advancing Health Informatics
Through Data Sharing in Cardiovascular Imaging

Avan Suinesiaputra, Pau Medrano-Gracia, Brett R. Cowan, and Alistair A. Young

Abstract—The burden of heart disease is rapidly worsening due
to the increasing prevalence of obesity and diabetes. Data sharing
and open database resources for heart health informatics are im-
portant for advancing our understanding of cardiovascular func-
tion, disease progression and therapeutics. Data sharing enables
valuable information, often obtained at considerable expense and
effort, to be reused beyond the specific objectives of the original
study. Many government funding agencies and journal publishers
are requiring data reuse, and are providing mechanisms for data
curation and archival. Tools and infrastructure are available to
archive anonymous data from a wide range of studies, from de-
scriptive epidemiological data to gigabytes of imaging data. Meta-
analyses can be performed to combine raw data from disparate
studies to obtain unique comparisons or to enhance statistical
power. Open benchmark datasets are invaluable for validating data
analysis algorithms and objectively comparing results. This review
provides a rationale for increased data sharing and surveys re-
cent progress in the cardiovascular domain. We also highlight the
potential of recent large cardiovascular epidemiological studies
enabling collaborative efforts to facilitate data sharing, algorithms
benchmarking, disease modeling and statistical atlases.

Index Terms—Anatomical models, cardiac atlas, cardiac MRI,
data sharing.

I. INTRODUCTION

CARDIOVASCULAR disease (CVD) is the world’s lead-
ing cause of morbidity and mortality. Healthcare costs

from CVD are rising due to the increasing prevalence of obe-
sity, diabetes and metabolic syndrome. The results of the global
burden of disease study show that ischemic heart disease was
the leading cause of disability-adjusted life years in 2010 [1].
In many countries, obesity is likely to overtake tobacco as the
leading risk to health by 2016 [2].

The ability to integrate data from multiple sources and across
many variables has significant potential for the evaluation and
treatment of patients. These methods enable deeper charac-
terization of a particular patient, and more precise mapping
to similar patients in pertinent subpopulations [3]. Efficient
characterization of subpopulations requires data harmonization,
new analytical algorithms and analysis of heterogeneous
data. This approach relies on data sharing infrastructure and
high-throughput database resources in large epidemiological
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studies as well as in small experimental studies, which would
otherwise require a large cost or effort to reproduce.

Data sharing for scientific advancement is well established
in many fields. In genomics, databases have existed for many
years for archiving and curating data [4]. In neuroscience, large
repositories are available for specific disease groups or general
atlases [5]. Efforts are now being made to facilitate data shar-
ing in the cardiovascular domain [6]. This review highlights the
rationale and the need for data sharing in the cardiovascular
research community, and outlines current efforts to provide in-
frastructure and tools for data sharing. Examples are given by
atlas-based analysis of cardiac remodeling and ongoing com-
munity efforts to establish benchmarking platforms for cardiac
image analysis.

II. LARGE-SCALE CARDIOVASCULAR POPULATION STUDIES

A large part of our current understanding of multivariable
risk factors in the etiology of CVD arose from the Framingham
heart study, which began in 1948 and is still continuing with
over 1200 publications. The Framingham scores assess cardio-
vascular risk factors of hypertension, smoking, lipid profile,
obesity, diabetes and inactivity; the pathophysiological progres-
sion from hypertension to heart failure; the relationship be-
tween atrial fibrillation and stroke; and the value of population-
based longitudinal studies [7]. With the advent of large-scale
databases and data mining methods, it has recently become pos-
sible to identify relationships across many different types of
information [8].

A wealth of data is now available from noninvasive cardiac
imaging examinations. Prospective longitudinal studies derived
from large-scale imaging data have been established to investi-
gate the pathogenesis of cardiac diseases [9], [10]. Longitudinal
studies, which follow patients over time, enable scientists to
understand the evolution of cardiac disease from subclinical
manifestations to clinical symptoms. The combination of imag-
ing data with other diagnostic information and biomarkers gives
a new rich field of big heart data (defined for the purposes of
this review as imaging studies combined with clinical assess-
ments in large study cohorts on an unprecedented scale). These
present significant opportunities for new discoveries to reduce
the burden of CVD.

Table I lists existing large-scale cardiovascular studies with
collection of gigabytes of imaging data. The Multi-Ethnic Study
of Atherosclerosis (MESA) study was initiated in 2000 to focus
on the manifestation of subclinical to clinical CVD before signs
and symptoms develop in the heterogeneous population of the
US [11]. The study has sampled 6814 men and women aged 45–
84 years old across six centers. The analysis of the ten
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TABLE I
MAJOR CARDIOVASCULAR EPIDEMIOLOGICAL STUDIES WITH THE INCLUSION

OF IMAGING DATA

Study Country Images Start Size Group Age

MESA [11] USA ECG, CT,
MRI

2000 6814 Hispanic,
Chinese, White,

African-
American

45–84

JHS [12] USA ECG, CT,
MRI

2000 5302 African-
American

21–84

UK Biobank [9] UK MRI, ECG,
DEXA

2006 100 000 Multi 40–69

CPTP [13] Canada MRI 2009 10 000 Multi 35–69
Iceland MI [14] Iceland MRI 2004 936 European 67–93

Framingham
Offspring [15]

USA MRI 2002 1707 Multi NA

EuroCMR [16] Europe MRI 2012 27 781 Multi 47–70

year follow-up has recently been completed for around 3000
participants [17]. The MESA study was the first major
population-based study to use cardiac MRI [18]. Data sharing
is provided by the MESA study through their ancillary studies
and publication protocols.

The UK biobank [9] is an extensive collection of cardiac data,
including questionnaires, physical examinations and biological
samples, from 500 000 men and women aged 40–69 in 22 cen-
ters across the UK. An imaging enhancement substudy began
in April 2014 with the aim of imaging 6000 participants during
the pilot phase. If successful, 100 000 participants will be im-
aged with MRI over a 5–6 year period, which will be the largest
prospective cardiac imaging dataset worldwide. Imaging modal-
ities include cardiac MRI, abdominal MRI, brain MRI, carotid
ultrasound, and DEXA.

The Jackson Heart Study (JHS) was designed to determine
the root causes of CVD in 5302 African–American individu-
als aged 21–84 years living in the southeastern USA (Jackson,
Mississippi) [12], [19], [20]. This group experiences increased
mortality from CVD as well as higher incidence of hypertension,
obesity and diabetes. A unique aspect of JHS was the association
of neighborhood disadvantages in terms of economic, sociocul-
tural, behavioral, dietary and physical activity measures with
cardiometabolic risk factors [21], [22]. The JHS provides a rare
insight into the interactions between genotype and phenotype
in a high-risk population. In terms of imaging data, the JHS
has collected 3000 CT and MRI examinations containing heart
function and calcium scores [23].

Other studies such as the Canadian Partnership for Tomorrow
Project (CPTP) with 10 000 participants, ICELAND MI with
936 patients with myocardial infarction, and the Framingham
Offspring Study with 1707 follow-up cardiac MRI scans added
more imaging data for cardiac research. While not a study per
se, the EuroCMR registry has the main goal to evaluate the prog-
nostic potential of cardiac MRI as well as its cost-effectiveness.
More than 27 000 consecutive patients have been enrolled from
57 centers in 15 countries. Similarly, the global CMR registry
has been established to collate MRI patient data from around
the world with 44 000 cases contributed to date.

Fig. 1. Three components of medical data sharing: data contributor, organizer
and user. The data contributor controls the acceptance of user request, while
the organizer manages, stores and also enriches the original clinical data with
derived analyses. This figure was adapted from [6].

III. SHARING MEDICAL DATA

With the ability to mine multidimensional relationships in
diverse datasets, sharing patient medical records across clinical
providers and researchers becomes a key factor to improve qual-
ity of care, to reduce healthcare costs and to minimize human er-
rors [24]. However, sharing medical data remains a big challenge
due to the extremely granular nature of healthcare data. Hospi-
tals, imaging centers, healthcare institutions and clinics must en-
force strict guidelines to uphold patient data privacy and security.
Therefore, central to enable medical data sharing is a secured
protection of patient data, such as mandated by the Health Insur-
ance Portability and Accountability Act (HIPAA) in the US or
the Data Protection Act (DPA) in the UK. Ensuring patient data
privacy is essential before sharing medical records to a wider
community.

In general, there are three entities in data sharing: data con-
tributors, organizers and users (see Fig. 1). The data contributor
is a provider who wants to release their data to a wider research
community without breaching agreements with patients and
other clinical interests. Data contributors must ensure informed
consent is obtained, which is compatible with data sharing, in
conjunction with local ethics committee or institutional review
board (IRB) approval. They can only contribute anonymized
or deidentified data. The deidentification process removes any
health information that can be used to identify an individual,
e.g., name, dates (except for year), social security, location or
other unique identifiers. These can be stored in the metadata,
concealed as filename, or even hidden in clinical narratives [25].
Several automated deidentification algorithms are available (see
a survey in [26]).

To ensure that IRB and data distribution criteria are met, data
contributors are usually involved in the approval of data use ap-
plications. Alternatively, data contributors can approve specific
types of research activities, which do not require further indi-
vidual approval. For example, the left ventricular consensus
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TABLE II
EXISTING MEDICAL DATA SHARING INFRASTRUCTURES THAT INCLUDE CARDIAC DATA

Name Domain Accessibility Studies (size) Data type URL

CAP Cardiac Registration Asymptomatic (2450) MRI www.cardiacatlas.org
Guest Myocardial infarction (465) Finite element

Normal human heart atlas (1) Contours
Mixed normal, hypertrophy, heart failure (45) Binary images

AMDB Cardiac Registration Unspecified Geometrical models amdb.isd.kcl.ac.uk

iDASH Breast Registration Breast MRI (153) R data idash.ucsd.edu
Sequencing data Guest Clinical logs (62) MRI
Cardiac Radiology reports (2363) Text files
Colon CT colonography (103) CT
Lung Diabetes mellitus data (17) GPS data
Physical motion Laboratory test data (13 000) CSV files
Lab tests Lung CT (398+) JPEG images
General medicine Coronary artery disease data (20 000)

ICU record (53)
Motion sensor data (16)

CVRG Cardiac Open Normal canine heart (7) MRI cvrgrid.org
Failing canine heart (5) CT
Normal human (1)
Canine heart atlas (1)
Ischemic human CT (13)
Non-ischemic human CT (12)

PhysioNet Cardiac Open European ST-T database (79) ECG www.physionet.org
Brain Long-term ST database (43)
Biomedical signals Arrhythmia database (23)

Noise stress test (14)
Heart rate database (10)
Congestive heart failure (15)
Partial epilepsy (7)
QT database (100)

VIP Various organs Registration Unspecified Simulated data www.creatis.insa-lyon.fr/vip

segmentation project [27] uses a subset from the DETER-
MINE cohort [28], where the data contributor has given
approval to use 200 MRI cases of patients with myocardial
infarction specifically for the development of automatic seg-
mentation algorithms. In another framework called PCARE
[29], patients also function as data contributors, who con-
trol how their data are being shared to unaffiliated healthcare
organizations.

For the organizer who wants to set up data sharing infras-
tructure, the main challenges are to ensure the integrity of the
data and to establish seamless integration, storage and manage-
ment of a massive amount of heterogeneous data, which may
include images, laboratory tests, diagnostic records, biologi-
cal and physiological models. The information technology to
share multidimensional data over the Internet has matured in
the last decade. Several data sharing infrastructure alternatives
have been proposed in various domains, such as [6], [29]–[31].

The organizer may also be involved in processes which en-
rich the original patient data to make the data more useful for
broader research activities. Such data enrichment activities in-
clude ontological annotations, manual labeling, model fitting
and population analysis (see Fig. 1).

User responsibility can be defined by a data distribution agree-
ment, which dictates the specific type of research, commitment
to secure the data within their host computer, and a poten-
tial intellectual property agreement. All conditions or restric-
tions on data use should be specified in the data distribution
agreement.

IV. EXISTING CARDIAC DATA SHARING

In the cardiac domain, efforts have been initiated to establish
infrastructures for data sharing by providing anonymized base-
line examinations, imaging data and other derived computations,
such as anatomical models and statistical shape analysis. Table II
summarizes existing medical data sharing infrastructures, which
also include cardiovascular data.

Established in 2010, the Cardiac Atlas Project (CAP) is a
worldwide consortium to host large cardiac image data with
derived finite element models of the heart and associated diag-
nostic information [6]. Over 3000 cardiac MRI cases have been
contributed to the database, which are being used by more than
20 research groups worldwide for various research activities.
CAP is a registered ancillary study of MESA and has developed
methods to translate results between MESA and other studies
using atlas-based bias correction methods [32]. Patient-specific
models of the heart provide a standard coordinate system, which
map the heart according to anatomical location. CAP has de-
veloped methods to pool data from different sources in a stan-
dardized manner, and to correct bias arising from imaging or
analysis protocol. CAP is endorsed by the Society of Cardio-
vascular Magnetic Resonance, which maintains an upload site
where cases can be contributed to the atlas project [33].

The anatomical models database (AMDB) is a web accessible
framework to share and reuse cardiovascular models [30], [31].
AMDB stores various cardiac geometry models, accessible for
any researchers to perform a simulation or a benchmarking study
in cardiac electrophysiology (EP) and mechanics. The aim of
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AMDB (formerly known as euHeart) is to allow multiscale
computational modeling of the heart [34]. AMDB employs a
web service tool that personalizes a geometric heart model given
binary images of the heart and cardiac parameters [35].

The integrated data analysis, anonymization and sharing
(iDASH) is a general framework to provide a scalable tool
to share and access medical data, including cardiac diseases
[36]. The iDASH stores and shares heterogeneous data from
multiple domains (see Table II). A specific infrastructure that
shares only electrocardiogram (ECG) signals is provided by
PhysioNet. Currently, PhysioNet stores and freely shares large
scale deidentified recorded physiologic signals, time series and
other related biomedical data [37]. These are healthy subjects
and patients with various diseases, including sudden cardiac
death, congestive heart failures, sleep apnea, aging, epilepsy
and gait disorder. The CardioVascular Research Grid (CVRG)
provides an infrastructure to securely and seamlessly access
complex data of cardiovascular studies, including an automated
ontological labeling of anatomical differences [38]. CVRG
is currently establishing an easy access platform with cloud-
based and browser-based tools without the need to install
complex software. The Virtual Imaging Platform (VIP) is an-
other openly accessible online data sharing platform, which fo-
cuses more on computationally extensive biomedical simulation
processes [39].

V. APPLICATION: POPULATION-BASED CARDIAC REMODELING

The human heart is continuously remodeling (changing
shape) in response to pathology, aging, environmental and ge-
netic factors. Cardiac remodeling can be maladaptive when
linked to heart failure progression [40], [41], but remodeling
can be adaptive during normal growth or intensive physical ex-
ercises. Even in the early stages of heart failure, adaptive remod-
eling can be observed because the heart maintains its function
in spite of pressure or volume overloading in the acute phase
of cardiac injury [42]. There is a transition from adaptive to
maladaptive remodeling in the progression of heart disease, but
when and how this transition occurs still remains unknown [43].
As illustrated in Fig. 2, population-based studies that combine
cardiac shape, function and other clinical data can characterize
these remodeling processes.

As the heart remodels, its geometry, mass, composition and
volume changes. The shape of the heart can become less el-
liptical and more spherical [44]. Ventricular sphericity (width
to height ratio) has been observed in symptomatic patients and
associated with decreased survival [45] and adverse remodel-
ing [46]. Increased LV chamber dimension [47], lower systolic
dimension change [48] and hypertrophy [49] have also been ob-
served in asymptomatic individuals. Fig. 3 shows how LV size
and sphericity were increased from normal volunteers to patients
with heart failure in a subset of cases from CAP database.

The understanding of cardiac remodeling processes is particu-
larly important in quantifying effects of treatment and reverse re-
modeling [50]. Several studies have been actively investigating
how remodeling occurs in the population by using statistical

Fig. 2. Cardiac remodeling process over time (green = adaptive remodel-
ing due to growth, red = maladaptive remodeling). Individual dots illustrate
image acquisition. The availability of big heart data may enable prediction of
remodeling and risk stratification of individuals at risk.

Fig. 3. Multivariate map constructed from the first two Principal Components
Analysis of left-ventricular shape at end-systole. Heart failure cases with and
without infarct show elevated size and sphericity with these measures. However,
hypertrophic cases are similar in these measures to normal volunteers. Data were
taken from public domain Sunnybrook cardiac dataset available from the CAP
database.
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shape and function tools [51]–[56]. For instance, Principal Com-
ponent Analysis (PCA) on the cardiac shapes of 102 adults born
preterm (30 weeks) and 102 age matched healthy volunteers
have shown different shape indices in adults who were born
preterm, compared with normal term controls [53]. A statisti-
cal cardiac atlas built from 1991 asymptomatic individuals has
shown a relationship between traditional risk factors (hyper-
tension, smoking, sex and diabetes) with LV remodeling [56].
These studies have demonstrated the power of geometrical heart
shape models to identify cardiac remodeling in certain subpop-
ulations or in later life.

VI. APPLICATION: BENCHMARKING

A major advantage of data sharing is the availability of stan-
dardized datasets that can be used to develop, validate and com-
pare (benchmark) new automated algorithms. Benchmarking is
important to evaluate the relative efficacy of the growing num-
ber of proposed automated methods. Objective comparisons are
more difficult to perform if each published method presents
results using private data and incompatible platforms.

Community-based efforts have been made to provide plat-
forms for benchmarking existing and emerging algorithms
through “challenges.” A left ventricular segmentation challenge
was held in 2009 using 45 cases from a mixed patient dataset
(normal, heart failure, myocardial infarction and hypertrophy)
[57]. These data are in the public domain and can be accessed di-
rectly via the CAP website. A similar challenge was run in 2011
with more cases (200 patients with myocardial infarction) [58],
which subsequently established a platform for collaboration be-
tween research groups to define a common consensus ground
truth for the myocardial segmentation [27]. Other benchmarking
frameworks utilizing cardiac data sharing include cardiac mo-
tion [59], segmentation of scar tissue in the left atrium [60], and
automated extraction of centerlines in coronary arteries [61].
Future challenges and benchmarking studies are planned, in-
cluding cardiac mechanics, EP and correcting breathing motion
artifacts in perfusion MR images.

VII. CHALLENGES

The main challenge in data sharing is the willingness of
providers to release data anonymously to a wider community.
Fortunately, there is a progression toward open access data led
by national funding agencies, such as the National Institutes of
Health in the US and the National Health Services in the UK.
These efforts are driven by the need for higher reproducibility
of research outcomes. The onus is now on organizers to provide
robust and user-friendly data sharing platforms. They must guar-
antee to both providers and the general public that patient data
have been deidentified properly, data integrity are maintained,
and data dissemination occurs in the most secure way.

Standardization is a key technical challenge in data sharing.
The DICOM standard for storing pixel and nonpixel data (pa-
tient information, 3-D image geometry, examination records,
acquisition parameters, etc.) can change from vendor to vendor
or even software version. Picture archiving and communication
system (PACS) allows radiographic images being stored and

transferred electronically within and between hospitals. Open
source PACS architectures, such as dcm4chee [62], enable quick
deployment of a web-accessible imaging data server for public
use. Data standardization is even more difficult for nonradio-
graphic image data. Initial efforts have been proposed, including
the standardization of a modeling language (FieldML) to link
different organs and tissues [63], an open ECG format [64] and
cardiac EP key data elements [65].

Rapidly evolving technology is also a major challenge. In-
compatibility of different platforms and outmoded data formats
lead to inability to reuse legacy data. Repositories need to de-
velop data curation plans that offer realistic future-proofing to
mitigate technology obsolescence.

VIII. FUTURE PERSPECTIVES

A. Novel Geometry-Based Cardiovascular
Risk Predictors

CVD primary prevention seeks to reduce risk and to prevent
disease progression. Improving risk profile has led to consider-
able reduction in morbidity and mortality due to CVD, yet CVD
remains the leading cause of death and disability in developed
countries. Traditional CVD risk assessments disregard the ge-
ometrical shape of the heart. Heart shape contains information
about how the heart remodels over time, as well as global and
regional function. Early diagnosis and risk stratification can be
improved by augmenting current risk assessment with shape-
based risk predictors [66], a process which can be accelerated
by sharing cardiac data. More accurate risk prediction can lead
to better targeted interventions in the future.

B. Disease Modeling

The availability of cardiac shape models will enable devel-
opment of computer-aided diagnosis applications [32], [67].
Subtle differences in cardiac motion, which are inherently dif-
ficult to assess, can be objectively quantified by a statistical
model of population distributions. Such applications will allow
better tracking and monitoring of the progression of a cardiac
disease over time. This becomes essential in rapidly progressing
diseases such as pulmonary arterial hypertension, where regu-
lar assessment is needed before tailoring the treatment in each
patient [68].

C. Personalization

Collecting individual data gains statistical knowledge about
the population; a valuable resource which can be brought back
to the individuals [69] by means of personalized treatment
[34], [70], [71]. Preliminary studies in personalization include
the prediction of fiber orientation in the left ventricle [72],
heart geometry personalization [73], [74], predicting cardiac
resynchronization response [75] and generating an artificial
patient-specific model for presurgical planning [76]. Personal-
ized medicine shows considerable promise, particularly when
connected with the availability of big heart data.
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IX. CONCLUSION

Data sharing is becoming essential to the further develop-
ment of the field of cardiovascular research. Large databases
are now being developed which bring together disparate types
of data and enable multivariate greater-depth analysis of infor-
mation on each patient. In particular, population-based tools
have proven useful for comparing an individual’s anatomy to a
population, comparisons between subpopulations, and the de-
tection, quantification and monitoring of disease progression.
Data-sharing initiatives will aid in the development and valida-
tion of automated data analysis methods.
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and O. Dössel, “Towards personalized clinical in-silico modeling of atrial
anatomy and electrophysiology,” Med. Biol. Eng. Comput., vol. 51, no.
11, pp. 1251–1260, Nov. 2013.

[75] M. Sermesant, R. Chabiniok, P. Chinchapatnam, T. Mansi, F. Billet, P.
Moireau, J. M. Peyrat, K. Wong, J. Relan, K. Rhode, M. Ginks, P. Lam-
biase, H. Delingette, M. Sorine, C. A. Rinaldi, D. Chapelle, R. Razavi,
and N. Ayache, “Patient-specific electromechanical models of the heart
for the prediction of pacing acute effects in CRT: A preliminary clinical
validation,” Med. Image Anal., vol. 16, no. 1, pp. 201–215, Jan. 2012.

[76] J. Weese, A. Groth, H. Nickisch, H. Barschdorf, F. M. Weber, J. Velut,
M. Castro, C. Toumoulin, J. L. Coatrieux, M. De Craene, G. Piella, C.
Tobón-Gomez, A. F. Frangi, D. C. Barber, I. Valverde, Y. Shi, C. Staicu, A.
Brown, P. Beerbaum, and D. R. Hose, “Generating anatomical models of
the heart and the aorta from medical images for personalized physiological
simulations,” Med. Biol. Eng. Comput., vol. 51, no. 11, pp. 1209–1219,
Nov. 2013.

Authors’ photographs and biographies not available at the time of publication.



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.4
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /sRGB
  /DoThumbnails true
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 0
  /ParseDSCComments false
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo false
  /PreserveFlatness true
  /PreserveHalftoneInfo true
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts false
  /TransferFunctionInfo /Remove
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
    /Algerian
    /Arial-Black
    /Arial-BlackItalic
    /Arial-BoldItalicMT
    /Arial-BoldMT
    /Arial-ItalicMT
    /ArialMT
    /ArialNarrow
    /ArialNarrow-Bold
    /ArialNarrow-BoldItalic
    /ArialNarrow-Italic
    /ArialUnicodeMS
    /BaskOldFace
    /Batang
    /Bauhaus93
    /BellMT
    /BellMTBold
    /BellMTItalic
    /BerlinSansFB-Bold
    /BerlinSansFBDemi-Bold
    /BerlinSansFB-Reg
    /BernardMT-Condensed
    /BodoniMTPosterCompressed
    /BookAntiqua
    /BookAntiqua-Bold
    /BookAntiqua-BoldItalic
    /BookAntiqua-Italic
    /BookmanOldStyle
    /BookmanOldStyle-Bold
    /BookmanOldStyle-BoldItalic
    /BookmanOldStyle-Italic
    /BookshelfSymbolSeven
    /BritannicBold
    /Broadway
    /BrushScriptMT
    /CalifornianFB-Bold
    /CalifornianFB-Italic
    /CalifornianFB-Reg
    /Centaur
    /Century
    /CenturyGothic
    /CenturyGothic-Bold
    /CenturyGothic-BoldItalic
    /CenturyGothic-Italic
    /CenturySchoolbook
    /CenturySchoolbook-Bold
    /CenturySchoolbook-BoldItalic
    /CenturySchoolbook-Italic
    /Chiller-Regular
    /ColonnaMT
    /ComicSansMS
    /ComicSansMS-Bold
    /CooperBlack
    /CourierNewPS-BoldItalicMT
    /CourierNewPS-BoldMT
    /CourierNewPS-ItalicMT
    /CourierNewPSMT
    /EstrangeloEdessa
    /FootlightMTLight
    /FreestyleScript-Regular
    /Garamond
    /Garamond-Bold
    /Garamond-Italic
    /Georgia
    /Georgia-Bold
    /Georgia-BoldItalic
    /Georgia-Italic
    /Haettenschweiler
    /HarlowSolid
    /Harrington
    /HighTowerText-Italic
    /HighTowerText-Reg
    /Impact
    /InformalRoman-Regular
    /Jokerman-Regular
    /JuiceITC-Regular
    /KristenITC-Regular
    /KuenstlerScript-Black
    /KuenstlerScript-Medium
    /KuenstlerScript-TwoBold
    /KunstlerScript
    /LatinWide
    /LetterGothicMT
    /LetterGothicMT-Bold
    /LetterGothicMT-BoldOblique
    /LetterGothicMT-Oblique
    /LucidaBright
    /LucidaBright-Demi
    /LucidaBright-DemiItalic
    /LucidaBright-Italic
    /LucidaCalligraphy-Italic
    /LucidaConsole
    /LucidaFax
    /LucidaFax-Demi
    /LucidaFax-DemiItalic
    /LucidaFax-Italic
    /LucidaHandwriting-Italic
    /LucidaSansUnicode
    /Magneto-Bold
    /MaturaMTScriptCapitals
    /MediciScriptLTStd
    /MicrosoftSansSerif
    /Mistral
    /Modern-Regular
    /MonotypeCorsiva
    /MS-Mincho
    /MSReferenceSansSerif
    /MSReferenceSpecialty
    /NiagaraEngraved-Reg
    /NiagaraSolid-Reg
    /NuptialScript
    /OldEnglishTextMT
    /Onyx
    /PalatinoLinotype-Bold
    /PalatinoLinotype-BoldItalic
    /PalatinoLinotype-Italic
    /PalatinoLinotype-Roman
    /Parchment-Regular
    /Playbill
    /PMingLiU
    /PoorRichard-Regular
    /Ravie
    /ShowcardGothic-Reg
    /SimSun
    /SnapITC-Regular
    /Stencil
    /SymbolMT
    /Tahoma
    /Tahoma-Bold
    /TempusSansITC
    /TimesNewRomanMT-ExtraBold
    /TimesNewRomanMTStd
    /TimesNewRomanMTStd-Bold
    /TimesNewRomanMTStd-BoldCond
    /TimesNewRomanMTStd-BoldIt
    /TimesNewRomanMTStd-Cond
    /TimesNewRomanMTStd-CondIt
    /TimesNewRomanMTStd-Italic
    /TimesNewRomanPS-BoldItalicMT
    /TimesNewRomanPS-BoldMT
    /TimesNewRomanPS-ItalicMT
    /TimesNewRomanPSMT
    /Times-Roman
    /Trebuchet-BoldItalic
    /TrebuchetMS
    /TrebuchetMS-Bold
    /TrebuchetMS-Italic
    /Verdana
    /Verdana-Bold
    /Verdana-BoldItalic
    /Verdana-Italic
    /VinerHandITC
    /Vivaldii
    /VladimirScript
    /Webdings
    /Wingdings2
    /Wingdings3
    /Wingdings-Regular
    /ZapfChanceryStd-Demi
    /ZWAdobeF
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 150
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 150
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages false
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /ColorImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 150
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages false
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /GrayImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 600
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e55464e1a65876863768467e5770b548c62535370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc666e901a554652d965874ef6768467e5770b548c52175370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /DAN <>
    /DEU <>
    /ESP <>
    /FRA <>
    /ITA (Utilizzare queste impostazioni per creare documenti Adobe PDF adatti per visualizzare e stampare documenti aziendali in modo affidabile. I documenti PDF creati possono essere aperti con Acrobat e Adobe Reader 5.0 e versioni successive.)
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020be44c988b2c8c2a40020bb38c11cb97c0020c548c815c801c73cb85c0020bcf4ace00020c778c1c4d558b2940020b3700020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken waarmee zakelijke documenten betrouwbaar kunnen worden weergegeven en afgedrukt. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /PTB <>
    /SUO <>
    /SVE <>
    /ENU (Use these settings to create PDFs that match the "Suggested"  settings for PDF Specification 4.0)
  >>
>> setdistillerparams
<<
  /HWResolution [600 600]
  /PageSize [612.000 792.000]
>> setpagedevice


