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Abstract: This paper proposes a novel method to filter out the false alarm of LiDAR system
by using the temporal correlation of target reflected photons. Because of the inevitable noise,
which is due to background light and dark counts of the detector, the depth imaging of LiDAR
system exists a large estimation error. Our method combines the Poisson statistical model
with the different distribution feature of signal and noise in the time axis. Due to selecting a
proper threshold, our method can effectively filter out the false alarm of system and use the
ToFs of detected signal photons to rebuild the depth image of the scene. The experimental
results reveal that by our method it can fast distinguish the distance between two close
objects, which is confused due to the high background noise, and acquire the accurate
depth image of the scene. Our method need not increase the complexity of the system and
is useful in power-limited depth imaging.

Index Terms: Photon counting, depth imaging, time of flight, temporal correlation.

1. Introduction
Time of flight (ToF) light detection and ranging (LiDAR) systems have been widely used for many
applications including environmental monitoring, geological surveying, and underwater engineering
[1]–[3]. Photon counting LiDAR uses Gm-APD (Geiger-mode Avalance Photo Diode) as the single-
photon detector, which has the characteristic of single photon sensitivity and picosecond time
response. The use of Gm-APD can greatly enhance the detection of the extremely weak signal,
and acquire the depth image of large distance and high precision. For the depth imaging of LiDAR,
it is typical to first build a photon-count histogram over time, then use a time-inhomogeneous
Poisson process model to find a maximum likelihood estimate of scene depth [4], and finally apply
a traditional image denoising algorithm. However, in the presence of high background noise, the
echo signal is usually drowned in the noise, and the imaging accuracy of the maximum likelihood
depth estimate degrades significantly.
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Fig. 1. 3D imaging LiDAR.

Several methodologies of filtering out the false alarms generated by noise have been presented.
Daniel G. Fouche and Markus Henriksson reported the probability model of the LiDAR using Gm-
APD detectors [5]–[6]. They proposed an analysis of the detection probability and false-alarm
probability for the detectors working in Geiger mode, which has provided a theoretical basis for
further research. HongJin Kong developed a novel LiDAR system that was implemented by using
two Gm-APDs with intensity dividing [7]. An AND gate is used to compare the electrical signals
from the Gm-APDs, then the noise is filtered out. However, the energy of the laser-return pulse is
divided in half, which results in the target detection probability decreasing significantly especially in
the presence of strong background noise.

Zijing Zhang proposed a real-time noise filtering strategy that was called as the unit threshold
method [8]. This method was implemented by dividing the Gm-APD array into many elementary
units and using a threshold to filter out the noise. The use of Gm-APD array also results in the
loss of the received laser-return pulse energy per pixel, which cannot be used in power-limited
imaging. Apparently, this method is built in the aspect of system architecture and has increased the
complexity of the system. Therefore, we start to research a method that can effectively filter out the
noise by using imaging algorithm.

For taking a clear 3D image of the target in a short time, we propose a fast depth imaging denoising
strategy based on the temporal correlation of signal photons. Detections generated by laser-return
pulse have a strong temporal correlation in the time axis, which usually concentrate in the pulse
width of emitted laser. On the contrary, detections generated by noise distribute dispersedly and
randomly in the time domain. Based on this observation, we combine the mixture inhomogeneous
Poisson probabilistic model with the temporal correlation of signal photons. By our method, it is
capable of finding the correlative signal detections in the time axis and using the ToFs of correlative
signal detections to reestablish the depth image of the scene.

2. Imaging Model Analysis
The experimental 3D imaging LiDAR employing the denoising method proposed in this paper is
shown in Fig. 1 [9]. A laser pulse with a wavelength of 830 nm is emitted by the pulsed laser
source and passes through the X/Y scanning mirrors. The laser-return pulse and background light
are collected by the optical system, and then trigger the detector of Gm-APD that has a dead
time of 50ns and dark count of fewer than 100 counts per second. The response of Gm-APD is
recorded by the TCSPC (time-correlated single-photon counting) module with 4 ps minimum time-
bin width. The computer is used to coordinate the operation of different system parts. The ToF of
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Fig. 2. Detection probability of the correlative signal and noise. (a) signal-signal. (b) signal-noise.
(c) noise-signal. (d) noise-noise.

each photon detection event and the number of emitted laser pulse are recorded at every image
pixel.

2.1 Probability Analysis

Define b as the number of time bins within the range gate Tgate. Assume that the total number
of photon counts generated by background noise and dark current N is constant during the data
acquisition. Then the noise photon counts distributing in each time bin are n = N/b. Define S as the
total photon counts generated by laser-return pulse. Define g as the serial number of the target time
bin, which can be approximatively measured before the data acquisition. Thus, the probabilities of
signal and noise detections are [5]:

Ps ig = exp(−gN ) × {
1 − exp(−S − n)

}
. (1)

Pnoi = 1 − Psig − exp(−S − N ). (2)

Ignoring the effect of the laser-return pulse broadening, the signal detections possibly appear
only during the repetition period of laser pulse Tf (Tf = 400 ns in our experiments), and mainly
concentrate on the pulse width Tp (Tp = 200 ps in our experiments). The signal photon counts are
characterized by the short-duration illumination pulse [10], so the ToFs for signal counts have a
small variance. Thus, the criterion of finding out the correlative signal detections is:

|T1 − T2| ≤ Tp . (3)

Wherein, T1 and T2 are the ToFs (time-of-fight) of two detections, respectively. For the detection
probability of the correlative signal and noise, there are four interesting cases to consider, as follows:

2.1.1 The Current Detection is Signal, and the Next Detection is Signal: The time duration Tf

is divided into Tf/τ time bins, where τ is the width of each time bin. As shown in Fig. 2 (a), only
when the current detection is distributed in any areas of I, II, and III, it is possible to have temporal
correlation with the next detection. The probability of the signal detection distributed in each time
bin is τ/Tf

. Thus, the probability Pss that the current signal detection has a temporal correlation with
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the next signal detection is:

Pss = Psig × τ
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(4)

2.1.2 The Current Detection is Signal, and the Next Detection is Noise: As shown in Fig. 2(b),
when the time duration between the current signal detection and the next detection is in the range
of Tp , the above-mentioned two detections are correlative. The probability that the next detection is
noise is Pnoi . Thus, the probability Psn that the current signal detection has a temporal correlation
with the next noise detection is:

Psn = Pnoi × 2Tp

Tgate
(5)

2.1.3 The Current Detection is Noise, and the Next Detection is Signal: As shown in Fig. 2(c),
only when the current detection is distributed in any areas of I, II, and III, it is possible to have a
temporal correlation with the next detection. These three areas are divided into (Tf + 2Tp )/τ time
bins. The probability that the current noise detection is distributed in each time bin is τ/Tgate

, the

probability that the next detection is signal is Psig . Thus, the probability Pns that the current noise
detection has a temporal correlation with the next signal detection is:

Pns = Psig × τ
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(6)

2.1.4 The Current Detection is Noise, and the Next Detection is Noise: This case is similar to
2.1.1, as shown in Fig. 2(d). Only when it is distributed in the areas of I, II, and III, the current
detection is possible to have a temporal correlation with the next detection. The probability of the
noise detection distributed in each time bin is τ/Tgate

. The probability Pnn that the current noise
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Fig. 3. Flow diagram of our strategy.

detection has a temporal correlation with the next noise detection is:

Pnn = Pnoi × 2Tp Tgate − T 2
p

T 2
gate

(7)

Our purpose is to find out the correlative signal detections in the time axis per pixel. We use a
judgmental range moving along the time axis to find the correlative signal detections as shown in
Fig. 2 and Fig. 3. Each photon detection event is an independent process, so the probability Pssc

that at least K signal detections are correlative is:

Pssc =
M∑

m = K

Pss
m =

M∑

m = K

(

Psig × 2Tp Tf − T 2
p

T 2
f

)m

, (8)

where M is the number of detections within the judgmental range. The false-detection probability
Pnnc of our method is:

Pnnc =
M∑

m = K

(Psn + Pns + Pnn )m

=
M∑

m = K

(

Pnoi × 2Tp

Tgate
+ Psig × 2Tp

Tgate
+ Pnoi × 2Tp Tgate − T 2

p

T 2
gate

)m

. (9)

2.2 Strategy

The flow diagram of our strategy is shown in Fig. 3. Selecting a proper threshold K is the first
step of our strategy. According to Fig. 4, the threshold K has a direct effect on the value of Pssc

and Pnnc. In order to eliminate the influence of noise, the selection of a proper threshold should
try to make Pssc is the largest and Pnnc is the minimum. However, the reflected signal intensity of
each pixel is different and unknown. According to Fig. 4(a), the probability of correlative signal
detections Pssc is decreased with the increasing of the threshold K at the same signal intensity.
Thus, we should choose a small K. We set a warning line f of Pnnc to limit the interference of the
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Fig. 4. As shown in herein (a) and (b), there are different probabilities of Pssc and Pnnc (the vertical
axis) with different signal and noise intensities (the horizontal axis, photons per pixel (ppp)). In order to
effectivity filter out the noise, a proper threshold K is selected in advance as shown in herein (c).

noise detections [12]. Therefore, the criteria of selecting a proper threshold are: 1) the threshold
K should ensure Pnnc below the warning line f ; 2) under the condition of satisfying the above 1),
it is better to choose a smaller K. According to the intensity of background noise, which is mea-
sured before the data acquisition, the numerical results of selecting a proper threshold are shown
in Fig. 4(c) [12].

Define the obtained ToF dataset in the pixel (i , j) as {t l(i , j)}n
l = 1, where n is the number of detections

in (i , j). We use the detection t l(i , j) as the center, and find out the number of detections within the
scope of Tp before and after this detection as shown in Fig. 2. According to (3), the ToFs of the
correlative detections of t l(i , j) are:

{
tM (i , j) ∈ [

t l(i , j) − Tp , t l(i , j) + Tp
]
, 1 ≤ l ≤ n

}
. (10)

As shown in Fig. 3, if the number of these correlative detections M is smaller than the threshold
K , we continue to use the next detection as the center and find out the correlative detections of
the next detection; If the number of these correlative detections M is larger than the threshold
K , these detections are classified as correlative signal detections. The ToFs of these correla-
tive signal detections are used as the depth estimation in the pixel (i , j). Then, we transfer to
the next pixel until we find out the correlative signal detections of each pixel {t ls(i , j)}M

l = 1. Ulti-
mately, we obtain the depth image of the scene using the average ToFs of the correlative signal
detections:

Z i ,j = c/
2 ·

M∑

l = 1

t ls(i , j) · 1/
M (11)
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Fig. 5. Experimental results. (a) Scene. (b) Raw Data. (c) Result (different angle of view).
(d) Result (different angle of view).

3. Experiment Results and Analysis
The experimental scene is shown in Fig. 5(a). The distance between two objects is 10 cm, and the
distance between the latter object and the wall is also 10 cm. The distance between the experimental
scene and the LiDAR system is 20 m. A daylight lamp is used to simulate the solar background
environment, and the signal-background-ratio is that SBR = 1. The size of obtained depth image
is 300 × 300 pixels. We use RMSE (root mean-square error) as the evaluation criterion of depth
estimation:

RMSE (z, z′) =
√

1
n2

∑ ∑
(z − z′)

2
, (12)

where z is the real depth value and z′ is the depth estimation value.
The obtained raw data is shown in Fig. 5(b). For decreasing the interference of noise as much

as possible, the warning line of Pnnc is set as f = 0.2. The noise intensity is 25 photons per pixel.
According to Fig. 4(c), we set the threshold K = 3 in our experiment. The experimental results of
applying our method are shown in Fig. 5(c) and (d). Fig. 5(c) and (d) are the same processed results
shown in the different angles of view.

As shown in Fig. 5(b), due to the high noise environment, any point in time axis is possible to have
photon detections arising. The detections generated by the laser-return pulse are drowned in the
noise detections. According to Fig. 5(c) and (d), it’s intuitively shown that the detections generated
by background noise can be effectively filtered out by our method and the detections generated by
the laser-return pulse are found out.
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Fig. 6. Comparison between our method and the maximum likelihood depth estimation in the condi-
tion of SBR = 1. (a) Ground Truth. (b) MLE. (c) Abs.error (MLE) RMSE = 0.3851. (d) Our Method.
(e) Abs.error (Our Method) RMSE = 0.0487.

TABLE 1

Comparison of Imaging Accuracy and Dwell Time

SBR = 1 SBR = 10

RMES/m Dwell time/ms RMES/m Dwell time/ms

MLE 0.3851 0.7523 0.2062 0.7136

Our Method 0.0487 0.1094 0.0364 0.0533

The denoising results obtained by our method and the depth estimation based on maximum
likelihood (MLE) are compared in Fig. 6. Fig. 6(a) is the ground truth depth image of the experimental
scene. Fig. 6(b) is the depth image obtained by the maximum likelihood depth estimation and median
filter. Fig. 6(c) is the image of the absolute error between the maximum likelihood depth estimation
and ground truth. Fig. 6(d) and (e) are the depth image and the absolute error image of applying
our method, respectively.

As shown in Fig. 6(b) and (c), there is a large depth imaging error of applying the maximum
likelihood depth estimation, and the distance between two objects is hardly discriminated. The
reason is that the background noise is too strong, resulting in the noise detections arising in a
long time range. Even though it has spent a long dwell time in every pixel, there is a large error of
applying the maximum likelihood depth estimation. As shown in Fig. 6(d) and (e), by our method,
it is capable of discriminating the distance of two objects, and the ultimate depth image is close
to the ground truth. Comparing to the maximum likelihood depth estimation, the imaging accuracy
of applying our method has been increased by 8-fold. As shown in Table 1, the dwell time of the
depth estimation based on maximum likelihood is 7 times longer than our method. The acquisition
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Fig. 7. Results of employing different threshold. (a) Scene. (b) Raw Data. (c) K = 2. (d) K = 3.
(e) K = 4. (f) K = 5. (g) K = 6.

TABLE 2

Effect of the Threshold K

K = 2 K = 3 K = 4 K = 5 K = 6 MLE

RMSE/m 0.0245 0.0232 0.0300 0.0336 0.0367 0.2369

Dwell time/ms 0.0556 0.1501 0.1040 0.1296 0.1601 1.5124

time of our method is shorter, because it only uses the ToFs of the correlative signal detections to
rebuild the depth image. Meanwhile, when the number of correlative detections is satisfied with the
threshold K, it will immediately transfer to the next pixel. We have repeated the above experiment
but in the condition of SBR = 10. As shown in Table 1, comparing to MLE, the imaging accuracy of
applying our method has been increased by 5-fold in the condition of SBR = 10. Since there is more
signal in the condition of SBR = 10, our method can more easily find out the signal detections and
transfer to the next pixel. Thus, the dwell time of applying our method in the condition of SBR = 10
is shorter than that in the condition of SBR = 1 as shown in Table 1. In brief, our method has a
good real-time character and imaging accuracy in the high background light environment.

For demonstrating the effect of threshold K, we have carried out another experiment. The ex-
perimental scene that an object is placed in front of the wall at a distance of 5 cm is depicted in
Fig. 7(a). The background environment of this experiment is SBR = 1. The non-processed raw data
are shown in Fig. 7(b). And the results obtained by different thresholds are shown in Fig. 7(c)–(g).

As shown in Fig. 7 and Table 2, the imaging accuracy is slightly decreased with the increasing
of the threshold K. The main reason is that the signal detections in the judgmental range are
mixed with the noise detections due to selecting an improper threshold. Because the number of
the detections that are used for depth image reconstruction is increased with the increasing of the
threshold, the dwell time also becomes longer. When the threshold K is equal to 3, the depth image
obtained by our method is the closest to the ground truth, which is in accordance with the results
of the theoretical derivation.

Vol. 9, No. 5, October 2017 7803310



IEEE Photonics Journal Fast Depth Imaging Denoising With the Temporal

4. Conclusion
In this work, we propose a fast depth imaging denoising strategy based on the temporal correlation of
laser-return photons. Our method combines the different distribution feature of signal detections and
noise detections in the time axis with the Poisson statistical model, and it is capable of distinguishing
the signal photons between noise photons. As the noise detections are filtered out by our method, it
is able to obtain a more accurate depth estimation of the scene. Since we only use the ToFs of signal
detections, the depth image of employing our method is obtained in a short dwell time. Comparing
to traditional depth image processing method, by our method, it is capable of distinguishing the
distance between the close objects in the existence of strong background noise. The image accuracy
of applying our method is increased by 8-fold, and the dwell time of obtaining the depth image is
also 7 times shorter than the traditional method. Our method expands the application of LiDAR in
the high background light environment and is also useful in power-limited imaging.

References
[1] B. Schwarz, “LIDAR: Mapping the world in 3D,” Nat. Photon., vol. 4, no. 7, pp. 429–430, 2010.
[2] J. Stoker, D. Harding, and J. Parrish, “The need for a national lidar dataset,” Photogramm. Eng. Remote Sens., vol. 74,

pp. 1066–1068, Sep. 2008.
[3] F. Chen, G. M. Brown, and M. M. Song, “Overview of three-dimensional shape measurement using optical methods,”

Opt. Eng. vol. 39, pp. 10–22, 2000.
[4] B. I. Erkmen and B. Moision, “Maximum likelihood time-of-arrival estimation of optical pulses via photon-counting

photodetectors,” in Proc. IEEE Int. Symp. Inf. Theory, 2009, pp. 1909–1913.
[5] D. G. Fouche, “Detection and false-alarm probabilities for laser radars that use Geiger-mode detectors,” Appl. Opt.,

vol. 42, no. 27, pp. 5388–5398, 2003.
[6] M. Henriksson, “Detection probabilities for photon-counting avalanche photodiodes applied to a laser radar system,”

Appl. Opt., vol. 44, no. 24, pp. 5140–5147, 2005.
[7] H. J. Kong et al., “Smart three-dimensional imaging ladar using two Geiger-mode avalanche photodiodes,” Opt. Exp.,

vol. 19, no. 20, pp. 19323–19329, 2011.
[8] Z. Zhang, Y. Zhao, Y. Zhang, L. Wu, and J. Su, “A real-time noise filtering strategy for photon counting 3D imaging lidar

[J],” Opt. Exp., vol. 21, no. 8, pp. 9247–9254, 2013.
[9] S. Boyu, “Photon-counting laser radar 3d imaging system design and implementation[D],” Nanjing Univ. Sci. Technol.,

Nanjing, China, 2013.
[10] D. L. Snyder, Random Point Processes. New York, NY, USA: Wiley, 1975.
[11] W. He et al., “Adaptive depth imaging with single-photon detectors,” IEEE Photon. J., vol. 9, no. 2, Apr. 2017,

Art. no. 7801812.
[12] J. Rapp and V. K. Goyal, “A few photons among many: Unmixing signal and noise for photon-efficient active imaging,”

IEEE Trans. Comput. Imag., vol. 3, no. 3, pp. 445–459, Sep. 2017.
[13] A. Kirmani et al., “First-photon imaging,” Science, vol. 343, pp. 58–61, 2014.
[14] D. Shin, A. Kirmani, A. Colaco, and V. K. Goyal, “Parametric Poisson process imaging,” in Proc. IEEE Global Conf.

Signal Inf. Process., Dec. 2013, pp. 1053–1056.
[15] D. Shin, A. Kirmani, V. K. Goyal, and J. H. Shapiro, “Photon-efficient computational 3-D and reflectivity imaging with

single-photon detectors,” IEEE Trans. Comput. Imag., vol. 1, no. 2, pp. 112–125, Jun. 2014.
[16] H. Shim and S. Lee, “Hybrid exposure for depth imaging of a time-of-flight depth sensor,” Opt. Exp., vol. 22, no. 11,

pp. 13393–13402, 2014.
[17] Y. Liang et al., “1550-nm time-of-flight ranging system employing laser with multiple repetition rates for reducing the

range ambiguity,” Opt. Exp., vol. 22, no. 4, pp. 4662–4670, 2014.
[18] M. Umasuthan, A. M. Wallace, J. S. Massa, G. S. Buller, and A. C. Walker, “Processing time-correlated single photon

counting data to acquire range images,” IEE Proc.—Vis., Image. Signal Process., vol. 145, no. 4, pp. 237–243,
Aug. 1998.

[19] Jian Fang, “Time-correlated single photon counting laser ranging technology and system research [D],” Nanjing Univ.
Sci. Technol., Nanjing, China, 2016.

Vol. 9, No. 5, October 2017 7803310



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.4
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /sRGB
  /DoThumbnails true
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 0
  /ParseDSCComments false
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo false
  /PreserveFlatness true
  /PreserveHalftoneInfo true
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts false
  /TransferFunctionInfo /Remove
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
    /Algerian
    /Arial-Black
    /Arial-BlackItalic
    /Arial-BoldItalicMT
    /Arial-BoldMT
    /Arial-ItalicMT
    /ArialMT
    /ArialNarrow
    /ArialNarrow-Bold
    /ArialNarrow-BoldItalic
    /ArialNarrow-Italic
    /ArialUnicodeMS
    /BaskOldFace
    /Batang
    /Bauhaus93
    /BellMT
    /BellMTBold
    /BellMTItalic
    /BerlinSansFB-Bold
    /BerlinSansFBDemi-Bold
    /BerlinSansFB-Reg
    /BernardMT-Condensed
    /BodoniMTPosterCompressed
    /BookAntiqua
    /BookAntiqua-Bold
    /BookAntiqua-BoldItalic
    /BookAntiqua-Italic
    /BookmanOldStyle
    /BookmanOldStyle-Bold
    /BookmanOldStyle-BoldItalic
    /BookmanOldStyle-Italic
    /BookshelfSymbolSeven
    /BritannicBold
    /Broadway
    /BrushScriptMT
    /CalifornianFB-Bold
    /CalifornianFB-Italic
    /CalifornianFB-Reg
    /Centaur
    /Century
    /CenturyGothic
    /CenturyGothic-Bold
    /CenturyGothic-BoldItalic
    /CenturyGothic-Italic
    /CenturySchoolbook
    /CenturySchoolbook-Bold
    /CenturySchoolbook-BoldItalic
    /CenturySchoolbook-Italic
    /Chiller-Regular
    /ColonnaMT
    /ComicSansMS
    /ComicSansMS-Bold
    /CooperBlack
    /CourierNewPS-BoldItalicMT
    /CourierNewPS-BoldMT
    /CourierNewPS-ItalicMT
    /CourierNewPSMT
    /EstrangeloEdessa
    /FootlightMTLight
    /FreestyleScript-Regular
    /Garamond
    /Garamond-Bold
    /Garamond-Italic
    /Georgia
    /Georgia-Bold
    /Georgia-BoldItalic
    /Georgia-Italic
    /Haettenschweiler
    /HarlowSolid
    /Harrington
    /HighTowerText-Italic
    /HighTowerText-Reg
    /Impact
    /InformalRoman-Regular
    /Jokerman-Regular
    /JuiceITC-Regular
    /KristenITC-Regular
    /KuenstlerScript-Black
    /KuenstlerScript-Medium
    /KuenstlerScript-TwoBold
    /KunstlerScript
    /LatinWide
    /LetterGothicMT
    /LetterGothicMT-Bold
    /LetterGothicMT-BoldOblique
    /LetterGothicMT-Oblique
    /LucidaBright
    /LucidaBright-Demi
    /LucidaBright-DemiItalic
    /LucidaBright-Italic
    /LucidaCalligraphy-Italic
    /LucidaConsole
    /LucidaFax
    /LucidaFax-Demi
    /LucidaFax-DemiItalic
    /LucidaFax-Italic
    /LucidaHandwriting-Italic
    /LucidaSansUnicode
    /Magneto-Bold
    /MaturaMTScriptCapitals
    /MediciScriptLTStd
    /MicrosoftSansSerif
    /Mistral
    /Modern-Regular
    /MonotypeCorsiva
    /MS-Mincho
    /MSReferenceSansSerif
    /MSReferenceSpecialty
    /NiagaraEngraved-Reg
    /NiagaraSolid-Reg
    /NuptialScript
    /OldEnglishTextMT
    /Onyx
    /PalatinoLinotype-Bold
    /PalatinoLinotype-BoldItalic
    /PalatinoLinotype-Italic
    /PalatinoLinotype-Roman
    /Parchment-Regular
    /Playbill
    /PMingLiU
    /PoorRichard-Regular
    /Ravie
    /ShowcardGothic-Reg
    /SimSun
    /SnapITC-Regular
    /Stencil
    /SymbolMT
    /Tahoma
    /Tahoma-Bold
    /TempusSansITC
    /TimesNewRomanMT-ExtraBold
    /TimesNewRomanMTStd
    /TimesNewRomanMTStd-Bold
    /TimesNewRomanMTStd-BoldCond
    /TimesNewRomanMTStd-BoldIt
    /TimesNewRomanMTStd-Cond
    /TimesNewRomanMTStd-CondIt
    /TimesNewRomanMTStd-Italic
    /TimesNewRomanPS-BoldItalicMT
    /TimesNewRomanPS-BoldMT
    /TimesNewRomanPS-ItalicMT
    /TimesNewRomanPSMT
    /Times-Roman
    /Trebuchet-BoldItalic
    /TrebuchetMS
    /TrebuchetMS-Bold
    /TrebuchetMS-Italic
    /Verdana
    /Verdana-Bold
    /Verdana-BoldItalic
    /Verdana-Italic
    /VinerHandITC
    /Vivaldii
    /VladimirScript
    /Webdings
    /Wingdings2
    /Wingdings3
    /Wingdings-Regular
    /ZapfChanceryStd-Demi
    /ZWAdobeF
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 150
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages false
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 900
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.00111
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages false
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /ColorImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 150
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages false
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 1200
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.00083
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages false
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /GrayImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages false
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 1600
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.00063
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e55464e1a65876863768467e5770b548c62535370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc666e901a554652d965874ef6768467e5770b548c52175370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /DAN <>
    /DEU <>
    /ESP <>
    /FRA <>
    /ITA (Utilizzare queste impostazioni per creare documenti Adobe PDF adatti per visualizzare e stampare documenti aziendali in modo affidabile. I documenti PDF creati possono essere aperti con Acrobat e Adobe Reader 5.0 e versioni successive.)
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020be44c988b2c8c2a40020bb38c11cb97c0020c548c815c801c73cb85c0020bcf4ace00020c778c1c4d558b2940020b3700020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken waarmee zakelijke documenten betrouwbaar kunnen worden weergegeven en afgedrukt. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /PTB <>
    /SUO <>
    /SVE <>
    /ENU (Use these settings to create PDFs that match the "Suggested"  settings for PDF Specification 4.0)
  >>
>> setdistillerparams
<<
  /HWResolution [600 600]
  /PageSize [612.000 792.000]
>> setpagedevice


