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Guest Editorial
Multimodal Modeling and Analysis
Informed by Brain Imaging—Part I

Abstract—Human brains are the ultimate recipients and asses-
sors of multimedia contents and semantics. Recent developments
of neuroimaging techniques have enabled us to probe human brain
activities during free viewing of multimedia contents. This special
issue mainly focuses on the synergistic combinations of cognitive
neuroscience, brain imaging, and multimedia analysis. It aims to
capture the latest advances in the research community working on
brain imaging informed multimedia analysis, as well as computa-
tional model of the brain processes driven by multimedia contents.

Index Terms—Affective computing, brain computer interface,
brain imaging, brain-informed multimedia analysis.

I. THE SCOPE OF THIS SPECIAL ISSUE

challenging problem facing multimedia content analysis
A is the semantic gap between the high-level perception
and cognition in the human brain and the low-level features
embedded in digital contents. The human brain is the ultimate
recipient and assessor of multimedia contents and semantics.
Deep understanding of the brain responses to multimedia will
fundamentally advance the computational strategies for multi-
modal representation, classification and retrieval.

We envision a future with a seamless integration between
cognitive neuroscience, a discipline related to the principle and
mechanisms of the brain, and computer science, a discipline
designing automated digital algorithms. Examples of such
integration include neural network algorithms, which could
reduce the semantic gap by mimicking the neural processes
in the brain. Conversely, applications of automated computer
algorithms have advanced our understanding of the brain. In
the recent years, we have witnessed the emergence of novel
brain-guided or brain-informed techniques in multimedia anal-
ysis and modeling, including computational visual attention
models, sparse representation techniques, and deep learning
techniques. These techniques have been applied to object
recognition, image categorization, image/video compression,
image/video retrieval, and video summarization.

The remarkable development of neuroimaging techniques
such as functional magnetic resonance imaging (fMRI), elec-
troencephalography (EEG), and magnetoencephalography
(MEG), has enabled us to probe the human brain in natural
settings such as free viewing of multimedia contents. This de-
velopment is leading a new trend that applies neuroscience and
neuroimaging to assisting multimodal analysis and modeling.
This new methodology has considerably narrowed the gaps
between the low-level multimedia features and the high-level
semantics. In parallel, neuroimaging combined with naturalistic
stimuli such as films and music also provide neuroscientists an
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intriguing opportunity to examine the brain circuitry underlying
natural experience.

II. CONTRIBUTION TO THE SPECIAL ISSUE

This Special Issue incorporates 17 papers. These papers ba-
sically can be classified into three themes. The first theme is to
probe human brain activities during viewing of multimedia con-
tents using fMRI or EEG and then apply neurophysiological sig-
nals or features to facilitate multimedia analysis such as affective
computing, video categorization, image retrieval, and face recog-
nition. The second theme is to explore how to use fMRI or EEG
or the combination of fMRI and EEG to examine the functional
and structure of the brain and apply the neuroimaging techniques
to clinical applications. The third theme is about brain—computer
interface (BCI), which interprets commands in the brain based on
invasive or noninvasive neural recordings, and uses these com-
mand to control computers and machines. This issue contains
Part I with the first nine papers. Below, we briefly summarize the
highlights of each paper.

Affective computing is a rapidly growing field that bridges
affective neuroscience and computer science. Much focus is on
how to infer emotional states based on neurophysiological sig-
nals. EEG is a particularly practical tool for affective computing
offering great potential for a variety of real life applications.
The question is how to extract the emotion-relevant information
from the multi-channel, multi-frequency EEG signals. In their
paper, “Investigating Critical Frequency Bands and Channels
for EEG-based Emotion Recognition with Deep Neural Net-
works,” Zheng and Lu [1] employ deep belief networks (DBN)
to identify the critical frequency and channels for valence recog-
nition. They find the profiles trained by DBN, based on a subset
of channels and frequency bands, could reliably and accurately
classify emotional valence. Their findings further suggest that
neural signatures associated with different emotions do exist
and they share commonality across sessions and individuals.

How music arouses the listener's specific emotion response in
the listener is not well-understood yet [2]. Inspired by the fact
that brain imaging techniques such as EEG and fMRI provide an
effective tool to probe the human brain activities during music
listening, Liu et al., [3] in their paper entitled “What Strikes the
Strings of Your Heart?—Multi-Label Dimensionality Reduction
for Music Emotion Analysis via Brain Imaging,” propose anovel
computational framework via EEG to explore the relationship be-
tween the music and evoked emotions. The user provided emo-
tion labels are refined by using the EEG consistency and then a
multi-label dimensionality reduction technology is applied to dis-
coverthe genuine correlation between music and emotion.

While much progress has been made in automated speech and
face recognition, accurate emotion recognition remains a major
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challenge. While earlier works mostly rely on unimodal infor-
mation such as neurophysiological signals and audio-visual fea-
tures separately, recent advances are made toward multimodal
integration for emotion tagging. In the article “Emotion Recog-
nition with the Help of Privileged Information,” Wang et al.
[4] propose a novel integration method that utilizes information
that is only available during training but not testing. Using three
multimodal databases that contain EEG response to emotional
video clips, they examine emotion recognition when training
was done with EEG responses alone, with the audio-visual fea-
tures of video clips alone, or with both together. They find when
both information is available during training, hence the aid of
privileged information, the accuracy of emotion classification
is greatly improved. Their findings have practical significance
for future work on emotion tagging.

A major challenge in multimedia analysis and application is
the retrieval of semantics from low-level audio-visual features.
Modern computational algorithms can exact this low-level
information with ease; they, however, have great difficulties in
forming semantic concepts based on these low-level features.
How to improve the performance of semantic categorization,
hence, is a major research goal of multimedia content analysis.
Recent progress has been made by learning from the neural
mechanisms of semantic processing excelled by the human
brain. In their article, “Decoding Semantics Categorization
during Natural Viewing of Video Streams,” Hu et al. [5] tackle
this problem of semantic categorization by integrating neu-
roimaging data during complex, naturalistic video streams.
They propose a novel framework that models semantic pro-
cessing based on functional interactions between large-scale
brain networks. Their results demonstrate this framework can
accurately retrieve semantics during naturalistic video viewing
and further reveal a significant contribution from the working
memory network to semantic categorization.

As shown in [6], human brain is capable of recognizing faces
across various viewpoints, illumination conditions, even in the
case of partial occlusion. In the paper entitled “An Iterative Ap-
proach for EEG based Rapid Face Search: A Refined Retrieval
by Brain Computer Interfaces,” Wang et al. [7] propose a face
image retrieval system by integrating face recognition algorithm
in computer vision and powerful cognitive function of human
brain measured by EEG signals, which achieves promising per-
formance.

Whether there is an aging effect in the early ERP to facial
emotion or not is debated amid controversial results [8], [9].
In the paper entitled “Age Effect in Human Brain Responses
to Emotion Arousing Images: The EEG 3-D-Vector Field To-
mography Modeling Approach,” Papadaniil et al. [10] develop
a novel method called 3-D-vector field tomography to investi-
gate the age-related differences in the N170 component of EEG
responses to emotionally arousing pictures. The results reported
in the paper show statistically significant age-related difference
in the amplitude of the N170 component for two emotions, i.e.,
anger and fear.

In the paper entitled “Perceptual Experience Analysis for
Tone-Mapped HDR Videos based on EEG and Peripheral
Physiological Signals,” Moon and Lee [11] examine the per-
ceptual experience of tone-mapped high dynamic range (HDR)

videos both explicitly by conducting a subjective questionnaire
assessment and implicitly by using EEG and peripheral phys-
iological signals. Their results show that tone-mapped HDR
videos are more interesting and more natural, and they offer
better quality than low dynamic range (LDR) videos. They
also report significant difference in the physiological signals
between tone-mapped HDR and LDR videos in the classifi-
cation under both subject-dependent and subject-independent
scenarios. This work potentially contributes to the field of high
dynamic range imaging.

FMRI has been shown to be a powerful tool for under-
standing human brain functional activities. Wang et al. [12]
in their paper entitled “Predicting Purchase Decisions based
on Spatio—Temporal Functional MRI Features Using Machine
Learning,” present a computational model to classify purchase
decisions based on the combination of spatio-temporal fMRI
features extracted from a few significantly activated brain
regions during decision-making. This model can achieve 71%
prediction accuracy.

In the paper entitled “4 Robust Gradient based Algorithm to
Correct Bias Fields of Brain MR Images,” Ling et al. [13] de-
velop a new method to estimate bias fields from brain MRI im-
ages by using a gradient based method and a low-order polyno-
mial fitting method. Experiments using both simulated and real
MRI images demonstrate the improved accuracy and robustness
to noises. This work has potential applications in human brain
mapping.

This issue includes the first part of the Special Issue with nine
papers. The next issue (December 2015) will include the second
part of the Special Issue with the publication of eight additional
papers.
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